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IR HETERE AFIATIE IBM SPSS Modeler H1[1Y) IBM SPSS Statistics H#: 37 Scripts

Script 88!
IBM SPSS Modeler i F =REFTU[H Script:

- HiAi Script fi# {7 2% BN A RR TR E B i — IR BN, AT DURE B B Ll & A s B
F“Efiﬁf AIERIA Script, IR W] DAFEE SR (IR T REE BR AL,  #RIER% BT Script MIANE HR A9 #AR N
o

« B33 Script BULMIRFE FRIAR IR A BN, EMREFEINT SO Blan, o] DUER&SZ3K Script [
IRFERAE 22 I HS I

« SuperNode Script {# {745 SuperNode H{iN%A. SuperNode Script RTE4& SuperNode AT, &R
DA SuperNode Script #%iill SuperNode WARIFHATFS, BRAE& G ORIFEEGEFE) SuperNode, A]
PAEFZAE & Script 14 SuperNode 302 &5 O i & N A

g Script
Script AT R B &THRHE B RUVESE N BlaZ sR i — i 7, BRI Script AT FEE S8 HB i rp 4% i 6 Bh A RE
EHATIET . FTDMER TER R Scripty BIEEHEZR 4wl Bl 5 /i B i — A& 7Y Script,
i TERIRNE ) BIESEAFEER IR Script 54K
1. e T HIRERF, i
HIRMNE > PUT
2. F— T PUTIER DASE R B #i B R AY Script,
A BRI Script BEEAETEET A T H A B R AT NEITESE:
« KSERTTFAERVIBAL Script WAMEAZITE,
« 1§ Script (17 AT,
« FIJE[ Script,
« FINTERS Scripts,
o 4R Script (TEJR. BIR. 8, B B HEAME RAMREIEE)




« HUTEE E R Script,

o HUTHAE Script HHUFEELT,

o TEHATHARIELE Script, (A TE Script BB THIREMIIEN R, A SRUHLLER, )

« M2# Script BYEETE, WARBBULMEERR, SIS HRBURTEHEEER NI E s i ThRR,

sk 7€ 16.0 kRBA4A, SPSS Modeler f#ifH Python Scripting i85 . 16.0 ZHifIFTEAER#H SPSS

Modeler FiRFA R Scripting 585, BIREAE R Scripting, RIBEFTHE M Script 287, fEPUTHEE L, &
e GER Script) BT/, AMZIZEE Python s &R,

AT DR E U T RN 2 S BUT Scripte ZAERHRBUT RIS HAT Script, i HA%ZHE Script BIFUTIEF 1

17, sHEETRZ Script,  BLEELE B R B B DUE s Pt s B, (R, THRREE ATERUT

HImAE T ZBS I Script,  BIMEHERCRIEZNS I Script, tn] DLERIEHEFEHEBT Script,

Script fmEEESEAL T NFILIRE, BLEDIREA B Script S :

« CHUSRIARR, KORFHRUREE T, SCEE (BB UG,

« fTEm5E,

 EERELE; EIAEE N BAA N B, BT RR R R A R I

- BN BB 2,

A DA IBM SPSS Modeler #7R B 474 E 2K H R sB ik s R B O L7, BRSNS

TE, BT > IH > BRI R,

TP IE T RE SR IR B B s e 14 Ctrl + Space, A DAfFBUESSEMENTEE, MHIvERaEEE

i ERBE), A1EI% Enter SERTIEAPTIE S T, AS R H B NI AMBBORA T, #51% Esc #,

FREGIEARRIREREEFIE, I H o] DAFATERUT Script B2 BVE Script ARRBIEATREAY,  HSHEE G & —(E0E

S ISR B TR A S ARG, SO IR Script S F Rt H e RS ER (D, mEiE s EREE

XF) BT, AR AFEBOR B ERAE A, A%, AFEEEEENBILHUTHY Script IREERR
(FB %y Scripting BRFEERR) HEIEGETEY, CFEBESHRSRIAER L, DUEEHEREES

PR IBHE, SCFE ARG A S @R RTI CBREX Script g4 -->) o

1ENFERS, FFEESHY Scripting BRIGE -

« fEFBITIE Script ST IESTARHUT Script,

« Scripting 355 &I H,

QNSREENT THT Scripting BRI ERR, AVEKNERR S FIE I,

ak: 1 Script EASINRHTERIRA G B Script BEFS Script BN ER, FEZA TIEAR RS T M Em

{EAE Script HEHHEFEARR] R,

ERI7E Script $8f7: F4RTRAT RS

BRI, FRTTAT RIS AR AT, B, SRR, T DA TR R, DAY A R 1 F S i
o, EALOEENEL, REET Do &

f&8)) IBM SPSS Modeler Script, #&n] DAEESZ AR IR 1%, BEHBAESIEEREUSREN B8tk 5
an, AIDARE TERIRNZY) BEEAE (TH > BIRNA > Script) #UT RFIERIR Script A IR #E A
druglearn.str ({iijA IBM SPSS Modeler Z44EHE Y /Demos/streams/ EAIFH) -

stream = modeler.script.stream()

neuralnetnode = stream.findByType("neuralnetwork", None)

results = []

neuralnetnode.run(results)

appliernode = stream.createModelApplierAt(results[0], "Drug", 594, 187)
analysisnode = stream.createAt("analysis", "Drug", 688, 187)

typenode = stream.findByType("type", None)
stream.linkBetween(appliernode, typenode, analysisnode)
analysisnode.run([])

THIE BRI Script #H A —1T7,
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o F—{TEESR Al BRI AL,

« TEE AT, Script f§54K MEMKARE | HE AN,

« TE5 =179, Script M7 A] DAEE A AU TAS RIS B

« TEEEPUATH, A¥ENT TRpaRAEek ) B, BRI S =T R E RATE RN,
« ESEFATH, 12 AR 5 R N AR P A I S L B RG TRON BRI AR

« FESESTH, SRS Drug BT EIES,

o FESBEATH, Script iS4k type Hi%h,

« 1E55)UTH, Script ’KIERESE AT /RSB ERGBL )47 G & B N2 O R F R
o 1B, BUTHTETRSDAA TR

AT DA Script 7E5ER4E (e EZBAMBALG) BT,

Jython FAEEA/ MRS

Jython #&EHE Script #raE 24 Java NycAHEE, AR H Java MRS VM) #UT, (E)Z, Java BHEENCH
WSFE A/ IV T RR . [Rltk, & Jython AR AAGCAHERE, FIREEESEIVM Ei, IBM SPSS
Modeler AR IS REH 234,

AR ORI PR B s s (Ban, (8 PSR B Bt B — A e, SRR D ERA) %5
Jython Script, WIETHRE, RIREFRZATHE 2 HINCE THERFRESR, BCEEABMETER, SEHE
g 2o T A A S TCAH S R 2R

&Izt Script

M7\ Script ) BEEHHE TR 2 sl 5 17 25O TAERY Scripte BRUR TR, RO 7THIREA. f#
7. BEAFIHAT Script FIHRE,

FFEC a3 Seript) BIEEAE, FEEUT DA ERIE:
TRk, HEE
T.H > B3\ Script
¥rER{ Script A] AR T EAIF Script sBiAa & IR 23X Script FEKEH, F2B5% 1 5 TR
Scripty F#, DIEUSFHEZEH,
Bzt Script £6fl: FEFMENEE

J3730 Script AR ERFLIRIE, IRaA MIE AR, 55— ME i R A 2R BRI, 58 — (8 ER R A I 3
HERA, SFHECREY T REHRIRETRR, R0 Script AIRERA T

taskrunner = modeler.script.session().getTaskRunnexr()

# Modify this to the correct Modeler installation Demos folder.
# Note use of forward slash and trailing slash.
installation = "C:/Program Files/IBM/SPSS/Modeler/19/Demos/"

# First load the model builder stream from file and build a model

druglearn_stream = taskrunner.openStreamFromFile(installation + "streams/druglearn.str", True)
results = []

druglearn_stream.findByType("c50", None).run(results)

# Save the model to file
taskrunner.saveModelToFile(results[0], "rule.gm")

# Now load the plot stream, read the model from file and insert it into the stream
drugplot_stream = taskrunner.openStreamFromFile(installation + "streams/drugplot.str", True)
model = taskrunner.openModelFromFile("rule.gm", True)

modelapplier = drugplot_stream.createModelApplier(model, "Drug")

# Now find the plot node, disconnect it and connect the

# model applier node between the derive node and the plot node
derivenode = drugplot_stream.findByType("derive", None)
plotnode = drugplot_stream.findByType("plot", None)
drugplot_stream.disconnect(plotnode)
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modelapplier.setPositionBetween(derivenode, plotnode)
drugplot_stream.linkBetween(modelapplier, derivenode, plotnode)
plotnode.setPropertyValue("color_field", "$C-Drug")
plotnode.run([])

al: B AR —M Scripting EESE 2 G, 525 13 5 IScripting 385 M

%Lz Script Efjl: E4ETHEERIEIET

B JChAM iz AT, RSB R, A RS R, B A N —
A%, ZFASE S EBNTEE B R 5 EE R 15 6L,

stream = modeler.script.session().createProcessorStream("featureselection",
True)

statisticsimportnode = stream.createAt("statisticsimport"”, "Statistics
File", 150, 97)

statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/
customer_dbase.sav")

typenode = stream.createAt("type", "Type", 258, 97)
typenode.setKeyedPropertyValue("direction", "response_01", "Target")

featureselectionnode = stream.createAt("featureselection", "Feature
Selection", 366, 97)

featureselectionnode.setPropertyValue("top_n", 15)
featureselectionnode.setPropertyValue("max_missing_values", 80.0)

featureselectionnode.setPropertyValue("selection_mode", "TopN")
featureselectionnode.setPropertyValue("important_label", "Check Me Out!")
featureselectionnode.setPropertyValue("criteria", "Likelihood")

stream.link(statisticsimportnode, typenode)
stream.link(typenode, featureselectionnode)
models = []
featureselectionnode.run(models)

# Assumes the stream automatically places model apply nodes in the stream
applynode = stream.findByType("applyfeatureselection”, None)

tablenode = stream.createAt("table", "Table", applynode.getXPosition() + 96,
applynode.getYPosition())

stream.link(applynode, tablenode)

tablenode.run([])

It Script 837 7 — A DEEANE R ARTR RS, R T fEEN response_01 Bt (i) &%
TEA Target, SRBENIIT TTHREEE ) HiB5, I Script EHRE B EA LA E B AL E DA R AT
I E, AERAGSFERE B RIS IR,  [3R4%) HiBL%IH TN selection_mode il top_n
FihifeE /) 15 (E R E BRI, 525 222 HAY lfeatureselectionnode W& ) T/, DIESHEZEH,

SuperNode Script

JEIE{EH IBM SPSS Modeler HY Scripting 5585, R AN F AT A #01 SuperNode H1#Y Script, 18L&
Script RTE& 4 SuperNode HHATH, 3lff B H TEE 2 #iAR B int el R 9 SuperNode WA AR E BT HUTIRE
i/, {# M SuperNode Script, #&t10] DALE ER I AR ¥II T 2218 Script,

Bilan, (BT EieE —EE & R IRABATIER, i H SuperNode & 745 T8 GLAE R & B 8 H B A0 Hi R,
AT e BB E ER A SR ZAERT A AL TAG I ) ERBSHUHRIG. AT T, EMEEIT, Al DU —EE
HUTRRE BEBUEHTEGHY SuperNode Script, AR HILHIREFERIE (BN, ~FIYESURREE) o] IEHIT
T ) BRI

£ SuperNode Script AT DS E SRENES, #0E77 EBAE Hfth Script HHEEITRRE—1. B, &R
PAE B ERIA Script 82 B F1E AT SuperNode s{HEEEMIBIINE, FH2ME 401 HYY MF 21 %
SuperNode N ) F#, DIBISEZEM, I7EEHRAEMER SuperNode PAN #%%4 SuperNode,
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ak: R A& R A %01 SuperNode AESI#IFT H & Script, AT SuperNode ¥t5EHERT Script A28 R 72 F R &
SuperNode FRFA] o

e X ERIRY SuperNode Script H3E1E:
PRI AT 4T SuperNode, AR SuperNode JIRESRIE £
SuperNode Script...

5K superNode 7 EIRY SuperNode Script H:EiE:
FIE A ##%— N SuperNode =4, SRBICHIHINGER HIEE:
SuperNode Script...

SuperNode Script &&fjl

41 SuperNode Script ‘5 & SuperNode AR EITREHITIE .  IHEIE RTAECR B Jof Tt e Bk, DA
(B RETR A T A ERG RF ] 58 Fh L R R R A B

execute 'Set Globals'
execute 'gains'

execute 'profit'

execute 'age v. $CC-pep'
execute 'Table'

SHEFNARFRIHE SuperNode,
IEEEFIER A AN AT $HE A fRBREHE SuperNode:

stream = modeler.script.stream()
superNode=stream.findByID('id854RNTSD5MB")
# unlock one super node
print 'unlock the super node with password abcd'
if superNode.unlock('abcd'):

print ‘'unlocked.'
else:

print 'invalid passwozrd.'
# lock one super node
print 'lock the super node with password abcd'
superNode.lock('abcd')

B AP EEHRFRT
i€ 16.0 fiRBH4A, 1EIHE SPSS Modeler, AT DOSEHRA I8 B GHAE A HUELLE 53 i FH A7 — 280K Script, TR
] Scripting #f 5 EAEIERIES [ R, AN@E Iy 20 1 MR T 2R Script J2 il B el DU AERF
BRI TR T2
AT DAAH & BB o P B R AR R AR T AR AN, i, A ATRE R 2K B Th 525 M 3t e 7 B 5 A B I
RERT AE HR i R e — (R BRFR R B, (e RS B 5 il p AR, It b i 21 25 fE R 1
SRR (Ban, FUSRHEDIRSH & R, ZEOERI S 1A NMEFIRHEIE R SE) WIETE, WRIEREE )
HrECONEE R, IRERIE AT DATDE g 88 5, DARHL L S-S5 A s 5 B o Y 30 re S [ o
aks FH7ATE READ R F XA T DTS 5t Script 26568, DRI M8 AR B T BB 08 R i
o JEIRE R E A] BB EREESE, BN, I8 PTRETEIRE (M AR IAUHT G A5 7C SRS AV RITRS, I B o — (&
28 b, BT DA IR SCRITAA IR, A R AEE IR
— TRAATE IR TER I, MR IREE AR
- TEEE TR, BRI A (E,
— TR BT, BHRBITREE N A — BRI,
- HkaE RO B, AR ERAROE,
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o AT 1RT DAGE I EARSR TR S 8 R R AR AR il um B BG BV BT 77 =X, RTRERVEIGIGN

- IREBAENER true JBJE false, &2 EHUTHIES

- EFREHIEEE R TR R IE T AT,
AR TR R THRmNA ) BEEHERR THUT) B EUER, AR ATLE R ol R 22 sk b i (Y &
%ﬁ%ﬁf?ﬁﬁﬁbuiﬂﬁ%ﬁﬁﬁ%mL’ﬁbu?@%ﬁ—@%ﬁ%ﬁ%ifﬁ%ﬁi, EARF 5% A E 7108 L B 1 2 B el R R 180
7o
fEnT DodEIE N E =Ry AR E AR TR (T R
o {3 B EEAE TR D RE

1.7 TTH) ThRgkd, =

HRIRMNE > T

2. 8% —F THUT) BEDURHE H i IRA Script,
« PEERRH:

1. R — NEIRG, AR R T .

2. EEUHRA T DIRERIEIH,
« MEHEEEETWEE TR, % TRRNAERER.

QNSRS RIS — UG B E B R E U TR R, FRTE THUT) AR ERBOBE /RT3, AR
UG EOE R AR

BiRPrEE
@, ] DLE BRI A E RS, AT RERYEBIAN T
o FETEIRBERATERIR, AR AT,
o FRESTECEEBAT IR, SO EEEI(E,
o FARTECECRAT BRI,  BUCHUTIRF RS NI\ — BRI L
o AR BOE BB AR ERRTEE
E%E%?ﬁ FPUT) R RE AR R R AR, AR TRE, SERCEE/ T T
SN

GUSRFEGE 7B T T T 3, BT R IRy, A SR A [ R AR AR RN, AT DA
SRR R TR AY Script FE3UHS, Wifg—T NERE ) FARRA NP E..., KERSE] Script AifHds
Wy EE THUT) EREEREE, DFRERIE 0% Script) FUTHRX, H Script M iNEERTEmHR T
TSRS, SR DA F 22800 el S5 HE S TH A P [l A, IR1R A 2 m] E Script AfHAR HIEITIE— 2
E%TE’\J Scripte FATER, BT k... K, EBEERIVEMEIFRIUTHR R GRUREELR Script

I g1 SE IBM SPSS Collaboration and Deployment Services TAEFR#fTH-AH SPSS Modeler #i7i, A
] DATE ZH AR L R IR R e I B 52 Y, 1S 2K %, IBM SPSS Collaboration and Deployment Services
TAE4miE 2R IE H i B SPSS Modeler THH ., a0, GNSRAEAE BRI HRE e 1 A1 e [ A S5 DA fi 22 5 {10 0 P 2
SERFIR A R AR, RIS LehE RIS SPSS Modeler AR IEREM 44, {HH IBM SPSS Collaboration and
Deployment Services Deployment Manager 1Y T455 | fEE i A MY E € TH H B,

BRTEEE, REm YIS R:
1. EBRER S S LUE SIS B BT EEDAM A . GRIE S R, SRR RS R,
2 (ETHENY, EHR-ERBEABNBY, GRE—SVH, H2HELRREY,

3. S K BN T A BRI R EZ AR Z 5 0P, THRIEI T, R RIE ST a3, =
FETGE A L BB, aHE— NBRLUREEIE A, IR A % A IR i e L sl s o
NEF
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e vl ) Pl sl pb i d e b

(AR S | $ERT DUE AR AR U TR L ZOE A5, BN, anSRERSE BT o0, AREA] DU
MHMSBENER R, W HAEERARTH;, ERITHRRR, R TR RE S 8RR T R R
RS EARINEZRE, 8 DERBRRT ) BEHER] e R,

A LHHCHEIAE, FHEIR DEE) FESE TANBRRSIS.. 1%, SO0 R #EIE— T R
RIS > e FRARR S5 (BD BB/ T > e BRI () . R
TR B UL EEAE, AR RSATRE S H B A IS — 2 RAL, B0, RS,

WRoE BIRT ], FHEE MY

BARHER, 0] DUERCTR S HA—{E#E:

o IRSW - B0, IR R A, SRELA SRS BB RIRE 2 B8R E RN

« HNSW -, AMEE Y R, HREERA SRS ERIGUE R & i EE,

o BB - BN, IR IR TN —EE R, R B RS N A A ELIR U REE 2 A B E AL

o EBGNE -, CEAMOEIE AT, IR, AR ETR Y A AE IR ERE R B8R E E

RENE, EEEFESRPUTIEERSOE HERIEE, 0] DOERC NI H A —{E8%0E:

- 2, (EEEERBRZE - RN EHRS Y - (AR AT A, TERT TR R HERTR 28

- HdG, (EAESOEEEENE - AN - MHRIEI NI, BB H R E ARG, 17— T
SEAZ BN DARARL MSEHRENRS ) YAt RS R EAVENRS, RSB S, fEn] DOZEIER R H A
—{E TR ER OB I R R VSRR R e R RS AR, R, B, . dmd. FEHEiE A,

- %, EEEOEIERINE - SN EEEE - (ERTETL T AT, fERT TS B A SR R A N A
TERIROMINE,  (EE ORI RS B - SR RGN - BINCR A AT, SRR P R LB A CE AT
i, fEA] DASRER R A H A — (38 -

- iR (EELOERURRS Y - LA AT, ORI HROEE E R A SR A BRIV EiTRE, 4 — BT
TSN ARG DEEHRERG ) SIREAE IR AR ST R ARSI ERTR 2, En] DOZ BRI A H—
18] 7 B RE 5 A 8 B AR R R E AV G oRIR. AR, BT, @R . MELEUE AR,

« BN, 14— TSP RTE B AT RUR DEINIGL ) BIE0HE, MR DA7E S 6 AE AhosS B B 2
RIBACBAERIFIRINL, TAHBE N, 205 8 B NEBUHINEBRIMAL .

ZEMNE, (EEEEBUBRZSE - (Ha RN A - (R T, SRR A Z B RERE,

R&AT DA A o rp — {80 -

- HBG (EEEOERRRS W - ERA T, B 2 B 0 r (5 S R RO R, 17— TR
S CABH R SIS ) BIEEAE SR AR, A RYI AR, AT DUBIEIER R A —{E
HR A AR SRR MERUR R e A ERG . AR, 8. BIE. R dmt, R eE AL,

o WRREHG L,  BRHERS R AT LB R AL

« {HIH, Z— NEIBMPRTE R AT RS DRIE ) BIEEHE, fEn] DR REHE s U AR TR AR
BRI (EL

AR A FH A A QAR A A B T 0 i P 5 B S 0 O R Tt 2 B E B8 E BN ARG R N AV (EL, 4N, AR SR AR eI
BB & ERREAT 0 Hrll 8 P SOE R R E R BARG 15, R AT RE & BA — a4 R SRR o &5 RE A [
fett, DA —BR 7 BESRHCE R @, RIS mAL T, ] DURN B, S i vk
AT BT, B ER S HE B AL SRR H AT S B3, (] DE s a8y BEiEn]
DA AT A S 7R A S L

A LHARCEREAE, FHSEI NEE) FEREEA TARFNEEL.. 148, SN AR — TR HiR
SR : TR /BT > € SR

HRor B, HEE NI

SAg, EREEIENEIEREE, ATEHIRS B R N A o TIE R,
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- IREEHRRZ Y, HEERSE, RREEEER S ERN, fSE T EEE GRS
D RIS i% 2 BEUE 2 HE,
- JREREEU, EIUE LI RIS B 2 B B IR L

- FHGHIER Cell, ZHIF RS BERE DRI ISR Cell FRV(HE, FETETHEHEAERERS, RREA
CSCIE NPT

- FEEA. WRETFH RSB AFES B ERAAE, FRBUHOEHE, R DEE) 745
BRI, SRS —E TR AR AP TR ST R

o IROEIREBNG, FHEERATTER USGZ R P AN A, RRREEANZNERE, EiE
NHFH A EREIE, AT DABOE TN A
- BB, WAREMMERBNRRSIE, WFHREN, H2R% 7 B TS AR R T A R 8
K51 .
- AR E. ERBRRSIBEESERREMA WA ENTE,
- EREIRFR. ERAERNARSIEFREEIRMRA -PEARN A7 R,

QNSRRI B T IR, B RSN E R PRGNS, BN, an B AR [HRES TG
B HAERE 2 BRI, R A] DATEEARL i A - $28 5% HES 1 3 £ 3

EEY A S BRI (L

B, JEATDARER] DEBURAL) BFEEHESE R — {8 =l 2 (AR L

HEry 753 R DO R A1 H —ESETE Y T FH RO T HE R DA AR -

- B2 EfAER BRI N ER ST TERGR, AR RIIE

o S BRI T RENE P B ALOEST HE 7 DU

o B! AR R LI P R R, ISR IR R R P e T AR R B

118 B — OZ B — AR L sl B P 4243 Crl S B8R Shift W B 77 IR AOB I EMRAL,  JA0E RT AR FHTE B
T SR A R AROSE AL A, BB SR R e T B R A P B T R A

FER, PIALERAUMIAIFEOETE, DAERDRIE R AR R R 2 e TR N A RIBIAL, B, ansR Al
IR AR Ry B RS 8, IR SRR 7 R % 7 FR AR AL

SRR BT
TR NEUT, 0T DARIERT & 1 R Y BRI N A 2R il A om e B OB T 77 32X, mTRERVEIGIAN T :
- RIBLAENER true 1B E false, ZH2 G THIE,,
o EFRRGE E R ATIE 2 BT T,
AIDATE R [T AR FER LR e R ARG, HEER TR, sEER0E /T8
1T
WREE TR TE T X, ABRIE RS T R, BRI R TEORER I AR, AT A
IR A AR N TRR SR Y Script #2215, Wi —T Mgl ARG AL ..., FEli k=
Script #riEAy; F2 81T EREREEGEE, DERHERE OEH Script) #7485, i H Script £z
R THmE 7. EREMWE, B DT 2808 B HEH BT AR E R F, RBFEAEAAIE Script 4wiH
A TIE— P BETH Script, FAER, BEE— T L .., ECEZREADEE TR G BREES
1 Script #,

RROEWRME, FsEm NAIPER:

Lﬁrﬁﬁﬁj¥%%%EMﬁ¢,E—?r%%ﬁﬁjﬁﬁé é,u%mr%%%ﬁﬁ%ﬁﬁﬁﬂjﬁ

AifE,  EMLEIEEHEA, w] DAFEE ST BB AT AT & BRI,
2. 15 TR BTRIE S BESHE, fee PHINE:
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a. i, EEEHHZRERRITIEE, R FRIER A AR TEEERES ) BRI BT R
B RYHAEENEZ, AR DUSRERGS R TIEIE, DA NSRRI TR
Hi. TE# . FU‘;‘%J gt THaH ) HiE,

b. VERMRIERIRE, T ST HIR A ERT SHIRIE, AT DE REIP EIE IR R rh— (A i
;!Z%Jlﬁﬁ@ﬁ\ kst EL Cell BURMINL, FEXTERAE T80 Fi A B9 SR ) OB IR A5
il o
- RS Y R HITE PRS2 Y, AREEZSUER T, flW, EEFRTUZRR, R

DIMNTR 2 5%, A%, WAEEEMEMRAE, BERRNER T

o BERREEEL, PCIROLATE ERANERSEEG BN, ERTRER S IR AL BuME. BOKEEEEE
%, RREERTENER ¥ ME,

. E*ﬁﬁﬁ{ﬂaﬂéﬁ Cell, ERJHITEBLAEIERIGENRS, ARFERMEPRIFIFM, AR Z
TR

o SRR, WNSRAAZHUARRBUTHIRS, SEEDUEHE, EPURIERE, I ETHERH M,

3.EHBELER M 2 Tl B, EHEIERGE TR ZEAIRIE, ISR TR R R A 8T S R R A
159 DI REURAE % T AR SRR 70 P A T B R AIRAT 5 BL R A

AR, AHERURIERF PUTERRANMRCE; ZAEE T B NS BERANIRIE, 35— PHBERIF DI
A IRRAE Y% AR A (A A b s T R SR I

SN, BERTME TiRfF ) FERERRYRERSOE T YEHE:

o MRNEFF BFAIRPHEITRIL, EPUEIH AR % T 8 ERBURIEF B S AR TR E BrE
WRPEEITRAEMR, L BB TARLE IR SR 2 "true” BIEIRS,

« —RPUTEERS A CIEBURNAE B R FETRIERA P, @RISR, WRE AR
{H% "true", BB T BRIk AF BRI RO BIRG, IR — (8RO T RAE,

« FEH RGP ZANETTRIE, ETIHEEIOR, HEPUTE —ERBETEE R R EE "true" KIEAIHETRS

HITHIAHET Script

A] DUEA 2 A 5 TS T Script,  l40, TEERIA Script B 73N Script BEEHER,  T#U4TIH Script) %8115
HUTEEE) Script:

1: T8ITIE Script) %8
TPUTEBERIAT ) TZE I TAEAE Script HriSEHAN B —1 7Bl MR T A A [

>

B 2: THITEERIT) &l

A PABER R A175 BT Script:

- FEER{AL Script B2 Script BEEHEH, $4— T T#HUTIL Script) B THUTEERIIT) %,
- FEPUTIL Script BT 2 THRAT 77 EIEIL FHUT R,

 WENMRDIZERBEAEN -execute R, FH2HEE 57 HIY MEATETI80 T8, DESHEZE
o

ak: ISRTE TSuperNode Scripty ¥EHHEHEERPUTIE Script, AIIFTEHIT SuperNode RF#fT SuperNode
Script,

thif Script $11T

CERJR Script) BIEEHEFRMALE ({F1k ) $%8MASTE Script BUTIBREFBED, (A bt n] DUKEE Script f1
LAl H AT ER AT T,
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F%/0ML

AITESHE Script SR FIORIE (FLS Script AIBEAT CLEM VBB sl [#45) MiBhi

ORI (kIR BEHE, 1E LR — ARSI, % CtrleF A{ZHUEIERRE, RERFES

(BRGSO R, P, R BN AR, ATUEE [ BRI S EE R o

G RN Thes (e et o

1. BRSO A, 1 CtrleF ATTRH TEH/HUR ) BRE,

2 MANERBIF, RORILEEIEH TR R,

3. IR (WSRANE)

4. TR MR,

5. 5 — FEURER F ADREINE, sif— F 2 M P 3 R 2 B,

6. FUIFRETEARG, LN, T — XTI F3 B, ATEM E— I, S% CtrieF,
AT B A A,

f R

WABISH, {5 AR R AW S B myvar B myVar BT, SEREHERE, BUCCF

KeSE AR TR AT

PEaRAT, TR R LR SRR NI, MRCUEI, spider (s T R 7 45

spiderman B¢ spider-man,

—BFoR, EEREHEMERFRAGEER GRS N ) o WIRCHEE, SRR S 5 o 58 5
f B & 2 HAE,

SISy, TR AR B O TH IR A 1 =5 i
IEFORGE

HEAERRRN, SRRk WEMFITel#ffTyon) « FooAEEE (Wa®ld) | (EAE
FEARB T UMFARR AITEEITRE) » SSARNFORABRAT,

& 1: FIUAEMIA

FIL FRFE

X FIT X

\\ RAERFTC

\On ZVEAMERFIEOn (0<=n<=7)
\Onn & JVENEMFIT 0nn (0<=n<=7)
\Omnn & JUENAERFIT Omnn (0 <=m <=3,0<=n<="7)
\xhh E M ERFTT Oxhh

\uhhhh F IR ERFTT Oxhhhh

\t EALES (\u0009")

\n ATHF (\uOOOA')

\r [EI BT ('\u000D")

\f HEFF ('\uo00C))

\a R (88) 7T (\u0007')

\e BEHAT (\u001B")

\cx x ¥ FERY I T

10 IBM SPSS Modeler 18.5 Python Scripting £l H &i{L. Fft




x® 2: FEF AR

ESTv il iR

[abc] a. b, 3 c (fEEEEAD

[~abc] Fra. b, 5 c ZHMIFTEFIT (FHETE)
[a-zA-Z] aflze ARz, 5 (HE)

[a-d[m-p]] aFldsmz|p () . rlHEES [a-dm-p]

[a-z&&[def]]

afllzfid, e. B f (FH)

[a-z&&["bc]]

aflz, BRbMchh (HHEIE) . WAMHEER [ad-Z]

[a-z&&["m-p]]

aflz, mMAEm 2 p MHEE) . WAFEES [a-lg-z]

& 3: AR EERNFITER

e R FICEN FATFIH
R (FTREEUN AT REBAT48 L AFMETT)
\d EEEF: [0-9]
\D JEgy: [10-9]
\s ZHEFTT: [ \t\n\xOB\f\r]
\S R FIC: [Ms]
\w HEFIt: [a-zA-Z_0-9]
\W B FIT: [M\w]

7= 4: FRIRMERIR

SRR EEBTY LR

A TE

$ TR

\b B AR

\B R B AR

\A i A\ I BHER

\Z PREAZRF RSN (NRA) , WARETE
\z PN

% 1 & Scripting 1 Scripting 355 11
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% 2 7 Scripting i85

Scripting s S BIER

JEi& IBM SPSS Modeler [ Scripting T B, #A] DAEEN.—LE Script, JE£E Script 7] PATE SPSS Modeler f#i
BT FHAT. R EYEIHITIEORETE, R LATE SPSS Modeler HEREHUTIELE Script,

IBM SPSS Modeler H1i Script P4 Scrlptlng #E S Python #iE, IBM SPSS Modeler fff# FIAIFE/L Java FY
Python B {ERE %4 Jython, Scripting & 5 & RN 3EE

- FZR2FEEIRL, B, HE. i EAM IBM SPSS Modeler #7198,
« A DAFZRIREB LY —4] Scripting BAEkHE 4.
« RS, S HMYIHERIER Scripting RRGES .
o XEFESCFHE R, B,

N &Hi#EA T Python Scripting i85, Python [ Jython B 1L TE IBM SPSS Modeler Wif47 Scripting
INFIEAGE D, BENEH P SIRIERE N LI L HHAE o

Python #l1 Jython

Jython & Python Scripting i =1 SIVEME, EDh Java il 5 R M5 Java FAME TG, Python J2 Tl
Y DT RESS KRN Scripting 35 5. Jython IREH, NAEHEA I Script 355 AR IRHE, 1mHHHE
Python AN[Al, Jython A DAfEAE(A 4% Java @Eﬂ%%ﬁ (IVM) KRB AT, TR e R R R AT DA
(6 JVM _LFY Java F25RRE, I Jython, J&R] DA 22 Bl {FEH Python &5 5 AUEEIEFI KR 0 DR

{E%—8E Scripting 585, Python (X Jython BfE) ZAEE zﬁlgiﬁlﬂﬂkﬁéﬁﬁ%, M B BT
X S NG, AT DATE xEﬁf‘FE‘ﬁﬁA)\ﬁﬁ Bl—XEffi A\—1T, Python & — RN
Scripting 85 ; ‘BEI%H Java FITESREDER, Python BRXVEME R TR, REUISTEN IS LR e HiE
1TiERE (TEftmediishaiig) » MEERRX (Bt e EE) DEMESHEINE (FUKEER) 1457
RIS TG AT AL A TMH&L@UﬁEﬁi‘Hﬁﬁ%ﬁﬁ Fs#EE, {H7Z, Script B A —LLaEs, B,
mﬁA1ﬁﬁﬁﬂiﬁ$§E@%@lT%£‘F%§§§§§, H R EESITE A T2 8IRR BN T, A S Eiz e
iRo TEIEAEIEIUTN, W] LAGREE GBI TR X DUESESERR,

Python i¥FFANE (BLEFTEERAINES) HAaWir, Fi, ZaIAEHZATRESARIREE LY, Fik
R (FIANECFFT8) BRI R A E A2 Y, Python 23R IMAT 2. A —H3Z SR
HEH, HREEAREZRE None,

F R Python #1 Jython Scripting FIBEIR A/ AL, —LE4#i 3 Script, 2R http://www.ibm.com/
developerworks/java/tutorials/j-jython/j-jython1.html I http://www.ibm.com/developerworks/java/
tutorials/j-jython2/j-jython2.html,

Python Scripting

A% Python Scripting & & T/ 7 7€ IBM SPSS Modeler A4 % Script R AT BEE AR, HAGLHEHE
SMREEE AN, B AR AR SRR B % B O Python Script, DAE7E IBM SPSS Modeler H{i
o

S
FERSESE (=) SEREEIR, BN, = Z5HME "3" TEIRMGAE S "x" HUBREY, faa] DUE A R AIBRER:

x =3


http://www.ibm.com/developerworks/java/tutorials/j-jython1/j-jython1.html
http://www.ibm.com/developerworks/java/tutorials/j-jython1/j-jython1.html
http://www.ibm.com/developerworks/java/tutorials/j-jython2/j-jython2.html
http://www.ibm.com/developerworks/java/tutorials/j-jython2/j-jython2.html

FHRE A A 7 R R R R HRIRAG B, BN, ZSIFE "a string value" FRIRAGZEEL "y"

BriA

y = "a string value"

NI 7 — L5 EE E AN BB PR3 N e,

ST AR 5

R 5 — RN EEER

(3 oA

X <y x 2/ PR y?

X >y X BRI y?

X <=y X B/ NREEER y?

X >= y X B RINEEFR y?

X ==y X BLER y?

X =y X NER y?

X <>y X NER y?

X +y & y B x AEm

X -y 7€ x ik y

X *xy 1% x Felly

X /'y 1 x BREAy

X *% y Kx By RE
BE

HHEETRFY. HHRAIDUSERIRBIITR, MiEERNTTR A DUR R, AT DS BAR

RS, BEEHTE, BPREIRAUTR, HEPITRBE T REE N,

#Hi 3l

(]
[1]
["Mike", 10, "Don", 20]

(f1,071,08,9]]

=17; =2; z = 3;
X

X y
[1, x, ¥y, x +y]

RERT AR B BCT B, pilan

mylistl = ["one", "two", "three"]

1&g, RILAMFBUE AR ETTR, Hlin:

mylist[0]
IBRPEEC TS

one
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Tz B,

WEEEITR (BE) EH,

W& 4R (METHRTRNMEREOTR) IiFE

E‘O

FHRAEH, SEFERER =z B8 R

TLRTBH,

RBURE, HHEERA 7B R,




TiHEIN (L]) PRB TR 2R, EARAE R ER TR, AL 0 MBS A TR MRS,

A DUBBGE PR —RITR; EMAUIEL Hln, x[1:3] IR x NS _ME (TR, RR
TR H BB E 2R 5 [

F R AERN AR BT ITT, FHRSRE RO 7 RT3 P R EREE 7, 6
an, "abcdef"[1:4] AFAEREHL "bed ",

£ Python 1, FICHRER 1 BF K,

FHXTIEBEHEES R =5 RARE R, EHESIRE RN T RARERSTT, M =598 E R T Al
DASTT, FERATDAUHESI5E (') REES (5 (") (E. SI9RTICRlRERLE 9 —ERBEH A5 198 T oCal Bk i fy 5]
EFIT, JRRVATHEDE SRR (\) FIT.

il

"This is a string"

'This is also a string'

"It's a string"

'This book is called "Python Scripting and Automation Guide".'
"This is an escape quote (\") in a quoted string"

Python Fl#fr a5 B BEASE 22 DASAR 0 BRI R SRR DU A R iR, I H AR B R B E
FRFRIR S IR, fian:

"This string uses ' and " 'that string uses ".'

IEEESCN

This string uses ' and that string uses "

FHRXE-EAMNTE. PRPGRE-ETA

xR 6: FRFE
Jiik ii}73
s.capitalize() B s PUTEFEERE
s.count(ss §,start §,end??) 8 ss 7f s[start:end] FAHIRIXEL
s.startswith(str §, start §, end}?) HIECAFE 2R s 26 A str BASA
s.endswith(str {, start {, endi?}) IR PIFE2 s B850 str &2
s.expandtabs({size?) 1 Tab B A48, THEL size % 8
s.find(str §, start {, end?}) £ s il str B —EHEEE, AHRAE], JRE
s.rfind(str §, start §, endi}) 4ERA -1, rfind HEZELEETES,

P, 1 s IR str I0F (I DRI RS, D
s:rindex(str :{, start :{, end??) H‘J‘gl ValueError, rindex fE4GEIAHE T

s.isalnum HIER IFE 2 F 7 B R S R R i 5
s.isalpha HEA G2 B 7B R AT FRETF R
s.isnum HIE AGE 2 B 7 R 2 A A BUE T 5
s.isupper W GE 2R RS AR RE
s.islower AR CGE2H TR RS e/ NE

55 2 % Scripting 55 15



R 6 FERIE (A

Jiik ik
s.isspace P e sp ety iy
s.istitle B A SR TR RS A FRRENRE T BT
s.lower() B A NS
s W AT
2 title() 2 B
R A2 E TR

s.join(seq)

i seq HRYFHSEAICA, DA s fER iR IT

s.splitlines({ikeep})

1% s EIAZAT, WHE keep & true, HBERIHEH
AT

s.split({sep §, maxi})

fHf sep (FHiK sep &%) 1F s nE|A IE
T, ®EZ7E max IR

s.1just(width) FESE Xy width BIRIRIAR, % ER e /e

zigﬁizévgﬂggg) TEEE A width PIRAIH, A7 AR

s.zfill (width) TEEE A width BIRRAIH, %78 E eS| R
F 0 EEATHETE,

s.1lstrip() FEERATE SIS

s.rstrip() BEREH =&

s.strip()

PR ATEA R RS A%

s.translate(str §,delc})

1ERER delc HRUEMITIC 2%, {6 RS AR
s, strEZERES == 256 WFH,

s.replace(old, new {, max})

EHFH new BURATAEL max & old T

st

LR SR (BOFTR) # I RYGEMR, A —1T EHSRZRIVITHE X B & P ki@ —akor, HE
BRME, fank ] DAREIMBALR. AR RE R -

#The HelloWorld application is one of the most simple

print 'Hello World' # print the Hello World line

PRIRTURE?

Python (BUATGGEIAIER B, J8H, SEFEAWBITHZE —~pidX, FRexpression fllassignment
BRSO, EBUR A b — R #7488 (B0 1 58 for) FIA. AT DAFEARES - AEABRIA & R
M EMASATEERET, WEREATHRE 2B, AELEE D% () KRR EHEBE .

FERBAA] DAy 2247, GRS, E0EI T —1TRIBR L H AR AR (\) &5, Bian:

x = "A 100000000000000000000Ng string" + \
"another 10000000000000000000Nng string"

QUSRS ESIN (). 55N ([1) BOREEIN (13) W, AREERGA X AT DAFE (T AR R 1% 1 53 A #T 1T,

AR ASRER, B

x = (1, 2, 3, "hello",
"goodbye", 4, 5, 6)
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ID

ID AR, RS FEBIFBE i TamA, 1D A UBERRE, EHEMKE SN FREFITsRAR
FIT (L) BAEE, DURARBASER 2 RE T G RGN E A, £58 @y oigm, 10 Al e SRR
7, PAREESCTRE, 0 2| 9 BT HRATIThHE,

Jython R —LEfR BB T AR R MR, IRBEERE Tan#,  IELE R 70 2y RAIRESE:

« PIARGIE5]: assert, break. class. continue, def, del, elif, else. except. exec,
finally. for. from. global. if. import. pass. print. raise. return. try flwhile

« Z2H13EE: as, import Al in
« B and. in, is. lambda. not il or
A HANE BT g4 SyntaxExrror,

RESIER

AU I 2 1E TR A R B BRI A7 B PR A, (SR AT DARRRE REEA R 1£,
elif, else. for. while, try. except. def fllclass, BUERIAXAFSIATHE BHFIC (0) WIRHE
R, il

if x == 1:
y =2
z =3

elif:

y =4
z =5

(A HE BB I TE R, MAZR Java —EREE RIS, ARSI S A G 1 T ER ZH M HE 2[R — 2
Ho ERNABMHEERABERAS R, B, S-S, B Sm A2 Tab &
HEHETT. ASTRMZHEAN Tab, BAHAIRINE IR RATLEIES — MBI, SAK#E4L SyntaxError,

ARSI SRR . (USRI B 58) WAl DAEFEE—1TH, APA5E00E, flan:

if x ==1:y =2; z = 3;

195 | E{FiX4G Script

15 1 EUENRAS Script IFHA M, KAERRA] AEBEM Script THHEFRETER, EF1THEIX5IE
FHERIEE sys . argv FIVEEITEIX, FHTES len(sys.axgv) AJ DUEETEIAENEH, Hlan:

import sys

print "testl"

print sys.argv[0]
print sys.argv[1]
print len(sys.argv)

FELFERIF, import 5 MNEEANEAE sys 25, DAER] DAERS IEERIFFAER T, Flin argv,
A PAGE R R AT B IR Y Script:

/u/mjloos/testl mike don
SRy N

/u/mjloos/testl mike don
testl

mike

don

3
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L1t
print WRFISSIENEIAHEITIN. MRBOARBHIGE, FEAGIERLFHY T,

print "This demonstrates the use of a",
print " comma at the end of a print statement."

TGRS -
This demonstrates the use of a comma at the end of a print statement.
for BATNHR BAHS IR, Bilan:

mylistl = ["one", "two", "three"]
for 1v in mylistl:

print lv
continue
TESLEGIH, KRTE 8 mylistl /08 3 7, A%, [HYIENZEERENITR, SETRERGH—1T. EiFE
BURA g
one
two
three

TR EFIh, REEET 1v AHRERATE R mylistl HEETTRE, W% for B E AR EFFETTRN
SRS, SEES 1] LR EREREREMAERL D,

if BRRTUR R BRI, BRI EHEAREITRAE, WARBCRIEAE R M true 5L false,  HI4N:

mylistl = ["one", "two", "three"]
for 1v in mylistl:
if 1v == "two"

print "The value of 1lv is ", 1lv
else

print "The value of lv is not two, but ", lv
continue

fEFIh, WREEE T Ly 17 TRME W8 1v BES two, APESIHEE —EFH, ZTFHEARR 1v
AEAZ two IREI T AR, IS EEBCTR S :

The value of 1lv is not two, but one
The value of 1lv is two
The value of 1lv is not two, but three

HEBGE
ET DA math HUE{FEUA R IBCR T, ROk, BRI, RUFTA A 1 2 T

EyCE A

xR 7. BEHE

Jitk ik

math.ceil (x) 1% x B L FRIE 21 B E], BRI x
INEEEY

math.copysign(x, y) EHEHE y 77980 x, copysign(l, -0.0) fEH[H
-1

math.fabs (x) {E[E] x FAEEHE

math.factorial (x) 0] x P&, N5 x 2E AR, IETE4
ValueError,
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R 7. BEBELE (EE

Jitk ik

math.floor (x) B x B RBRVE A T2 BEEUER R, BI/INABER x B
KREEE

math.frexp(x) fE[E] x AIEREL (m) FIHEEL (e) MEAECE (m, e)o m
TR, e BREEL, ERMIIFIME x == m *
2x%xe, WIH x &2, HIEMD (0.0, 0), #AHIEE
0.5 <= abs(m) < 1,

math.fsum(iterable) H[A] iterable H{E SR B4R

math.isinf(x) MEFEHS x 2EAENEZAANER

math.isnan(x) METFEE x 2754 NaN (FF8)

math.ldexp(x, i) I\ x % (2%x1i), MAEARE FRZEE frexp B
R

math.modf (x) A x BNBRIREEE 77, IS EAS AT A x 19
Ty9E, A HARRIFEEEL

math.trunc(x) EHOE#&E A Integral 1Y Real fE x.

math.exp(x) {E[A] exxx

math.log(x[, base]) H[E PR EE base &IRAY x FIEE, R KRIEE
base, FARESIGER] x 1Y H AL

math.loglp(x) f#[A] 1+x (base e) MJHAREIE

math.logl10(x) {EEI DA 10 Z5JRRHY x HIHHEL

math.pow(x, y) E[E] x IRF7 y. Bl x %8 NaN, pow(1.0, x)
Ml pow(x, 0.0) —H&{EM 1,

math.sqrt(x) fEE] x HFETTHR

PRECERRESN, MBI 7 AN =ARETE, TR TiE%T5TA,

RE=ZAHE
Ttk M
math.acos (x) {81[a] DASTUEE R IR x A S BREZ
math.asin(x) {80[m] DASTEE R IR x A SIESX
math.atan(x) {8[m] DASEE RN x A REY]
math.atan2(y, x) {E[E] AMEE R R atan(y / X)o
math.cos (x) {EE AT RN x FIBRIZ,
math.hypot(x, vy) {8 0] B LS BN sqrt (xxx + yxy). BRI
BB (x, y) MAERRE,
math.sin(x) {81[a] AR R IR x A IESX
math.tan(x) {81[m] DASEERIR Y x AU IEY]
math.degrees(x) A x DRI i 2 1
math.radians (x) A x A8 P At 2 s
math.acosh(x) {E[E] x FY) S B RO (E
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KR8 =L (B

Ttk I

math.asinh(x) {8Im] x F) S B i E 5% E
math.atanh(x) {81[m] x F Sz B i AR E DME
math.cosh (x) 8] x A EE A ERIA(E
math.sinh(x) ] x A& ERIA(E
math.tanh (x) f8[a] x YRR AREDME

EEMEBEEE, math.pi WESEEHE pi. math.e MESBERE e,

{5 F4E ASCII FiT

PH AR ASCII FJT, Python FRZERHHEME 7= ER 4RI AN RS 2 Unicode, 7E IBM SPSS Modeler H, &
Python Script £¢ ] UTF-8 1 T4mfE, 182 & 1E ASCII FIrHIAZE%E Unicode 4, R4 Script KU1 T4
i, JBZ[K % SPSS Modeler L% Python #iaanak & 245 UTF-8,

stream = modeler.script.stream()
filenode = stream.createAt("variablefile”, "T X F./— F", 96, 64)

H2, ARG EA A ERIEER,

af§8,af af afwars

3: $EREER I B &34k ASCII FrohIENREARS

A IERE, [R& Python EAFHR X FH GEIRA ASCII F 5,
Python JEIBTE T B SCFRITHMY u FITTE R ZIRIEE Unicode FHE XL F:

stream = modeler.script.stream()
filenode = stream.createAt("variablefile”, u"F 2 F./— F", 956, 64)

TGS Unicode 7, 3 HiFIEMERURIZ R

=
=1
=8
o=

FARS—E
4: ERBETIIE &R ASCII F e Ei B 23

£/ Python Hl Unicode 2 —fEFH R LE, ©lH 7V ASKAFRIEERE, 208 7 2B TEET 1 Hari
NARRE AR LB,
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H R HBVIETUEE
TR PR A SR EREA o AR F RN s, AP E ORI T Rt S
e T RBSIOTAER,  Python J&—RREIIAMIEIOE 5. LA Python EFAIIIE ELA ROV

o BB, BEV IR REBEAANE, i A HA] DI IR ROEI TR is M1 dis not MBI ILH
E,\JO

- IR, FEVIFELHRESR ARG, Bt (B ERIEE) AT R H,

< 7%, BEVFELHRERIRIEHGRE, T5EAT AR E A,

Python $2{#t 1 SR m A RIRE B RAIRFRL:

o« FORBIIFENL, BRIZARNEZIFEA, VIR B A RRET S BB R,

- MR, Python SIREMRZEAIR, FTA Python BRI ARG ZAME, i HA] DI vJAI &

O
- HARRBEEHIEE, Python AFFIRE M. FRR, A% eEEBERITT IR SN A7 B0E 8
P BRIENE T HRESEE R %,

&R

£ Python JEAIIH, w] DUESREEEAI 7515, B Java AfF], &R DATE Python HEH AR RS (BliA) &
REEBEOAMER, Kk, #]P&EEZ Python HEIRBEHIALIR Java HHTEF,

£ Python /1, JHAZMEH] class BUAERM, class PRIAKATE AT

class name (superclasses): statement

219
class name (superclasses):
assignment
function

TE PRI, AT USRI T DAL ASIRBRA R, 18 LB SR L a2 BRI A ArE BB B R
Mo &R DR BEEAE DL ERYREUER, ELERBUE RIS T A, EERIE FR RN,

fEF—@E v (R, REEERI) |, JRIR RN —, ] DURE 2 B BT 3 2 2 IR A — 1.

e v Chlli=at]
SRR RETEER (SU) BT, s PR ESCERI ), B SRR, S R 2
JEATIRIL, B, S TSR

class MyClass:
pass

B T pass BRI, HZTE—EBRAAGERSEN, HARE DML EE T NPT ETBIE,
AR TGRS B MyClass HIE B

x = MyClass()

CEERI=EE

82 Java AN, FPma] DAE Python FRIAIEERIE GF G R M. A —~EERI G E, Flan, ZEEp)
XOHTEEE T, SRTERXE DI EREHTE:

x.attrl = 1
x.attr2 = 2
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x.at%rN =n

EEIFRIBIEMTT %
(EASEASE AR AV BT R R M, AEMIERRI e AR B R Tk, TTAECERIRER CER
WX self) {ERER (518, BN, ZoEsmR—LHERIEIEMTTIER, f&n] Dim A RAICHS:

class MyClass
attrl = 10 J#class attributes
attr2 = "hello"

def methodl(self):
print MyClass.attrl #reference the class attribute

def method2(self):
print MyClass.attr2 i#reference the class attribute

def method3(self, text):
self.text = text #instance attribute
print text, self.text #print my argument and my attribute

method4 = method3 #make an alias for method3
FESARR, (M A RIS AT SRR MU 2 0, 14 MyClass . attrl, BEZZ(EFH self S8
FREFMEHERBIENZI; Hltl self. text, TEEEBIINE, EEZMSRERAM (Bl

MyClass.attrl) SUEAERIER (Fla0 x.attrl, HA x ZHEAIEG) REEESEilEEr2
Mo ERRISNE, MEZEMERINEGIREITA B ERBBAI2I,; Fi x. text,

PeRE R

A DAEIE A S EOREE R R, S BRE R B SEfT R REE SRS __ xxx 5L
_xxx_yyy (B, #HMIERTPERG) K148, AR Python HIKTERF B Bk &5 A4 RHT 08 BRI 4408 DU
R, Ban:

class MyClass:
__attr = 10 4#private class attribute

def methodl(self):
pass

def method2(self, p1, p2):
pass

def __privateMethod(self, text):
self.__text = text #private attribute

B Java AN[Fl, 1E Python FREREA self FREFTAEHEFIZEBIZM; RIEESHE this,

K%

WEEEIT R D RE R i AP R NREH BT, Python RIRFSCERBLARRI Z EHAK, BAERFRH
RETFAE — (@R, 2 BRI ] DA R 2 (R A

R BB B H A RSO F AR E R, EREE K Python BAIFKA] LU, 7£ Python Y Jython
BEH, HEERE—{E Java FHIET B HIIRAE R,  IEFRIZALEEH,

AR P R B M SO T IR M B SRR MR, 3 B S S M5 ROREER,  FEA B B BT A P v
Al DAE RS g M5 7, o] DATEARAI BAE A R RI R E M E G, 3 BT DA BRI ER; EE2
eI N RS e SRS LR IIL 8 STRGIR

#if)
class Classl: pass #no inheritance

class Class2: pass

class Class3(Classl): pass #single inheritance
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class Class4(Class3, Class2): pass #multiple inheritance
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% 3 ¥ 1t IBM SPSS Modeler HiifT Scripting

Script 288!

£ IBM SPSS Modeler #1, A 3 fEEAIA] Script:

« HBIR Script, FHRATEHI AR B R AV T B e AR B R,

« SuperNode Script, F*#2i SuperNode 1T Ao

« J7 BPEERIEZE Script, R HTRES Z AR Y B3 i af B T o

T4 7 1£ IBM SPSS Modeler 1Y Script WERIRYZAE 71X, fER] DAEEATIE L2 77 IR AR A7 B 75 4 SPSS
Modeler JhfE, 535, ELTTIRIBTES 35 HEY I3 4 & Scripting APL) A1 AR T 2 B MR (1 B B4

%, SuperNode HiRFIERER

ZHIGIT, HRREMEEFRIRE —NE, iR ICHEEMARBRRIER SuperNode H il F Y AR AR 24N
e WEEEIN, IR R R TRIETER S, B2, Script HRIPESEILARFE T LT #RAZ S
&, 183 Script S5 A\ B ERZATIE M {f L7 f F LS i X,

i

£

:

1L

HifE T IBM SPSS Modeler SXPFRRY, FIETHGEITRE, BN, SEEFIEIT. HBRITEA UGS, B
{EL. Script, LUK B HAR BRI H M .

SuperNode &3

SuperNode &7t /2 SuperNode HFT YRR, HUERERIR—4L, THESHEASE—EREHEL,
SuperNode 8 it BLAEEHE BRI A7 (R4 T AN 2 g

o 2EPLSATAT Script BLE A SuperNode 7l SuperNode tHEHH, M AS2EL SuperNode B i7i4s Y AHRE
Eﬁﬁo

« SuperNode Ef i B HNF s A\ Bl H B2 2R 618G, BEUR SuperNode FORERY, 15 LE A5 iR FH A
B RRE AFNHT2E SuperNode Hii, ff HAE#NT SuperNode 2 1& € H B3 7 g Loz AR Hi RS

El=

[ 2305 Ml ) R 2R AR AR AU SuperNode BRI SCERAVINRE, GIANHTHEANMHERENRE, DA AS S EiRG < e e

PITHRR

AR BRFFAT BT AR A TP TEIRG, I B e B B Script JHAY:
modeler.script.stream().runAll(None)
AR AT BRI A H R R R T SR

stream = modeler.script.stream()
stream.runAll (None)

FEMLEIRI, HRIRFEFES RS stream BB, AR EZBHAER G, K%y Script @H R E
PR ER TR T P A R, AT AR 17 HS I A B BGRE A — (E SN R AY Scripto



Scripting IRIEE &

modeler.script fAHIR ML 7 EH BT Script WERIRERR, RS TREA B H)FE A SPSS
Modeler Script 1, MBEHETR TLAT 4 RS, BLe B fhn] IF BB TERIRM Script:

« session() BRI, HIRMEIE] Script FIFEBIIESE, IMFEBERE TR 5 IRIREE i AN IR B T &
Y SPSS Modeler &3 (AR R FEAE > 5B 49 SPSS Modeler Server) o

« stream() BREL, IMERER] DABLER R Script A& SuperNode Script BC &, I REUKHE RIEA [EERST
HER A Script B2 SuperNode Script A ER 7o

« diagram() PR, IHERERTDAEL SuperNode Script BC A,  EREUEEE SuperNode WA, ¥R
HAh Script @7, HpA W[ ) Py 7 B stream() EKEUHHIFL,

B, ICPRERT LSRR SuperNode Script BCE ], I BRI EGIFE R A IEAE I THY Script BY

« supernode () &
SuperNode,

NEASAEE 1S P11 R B H

& 9:modeler.script HEMEE
Script % session() stream() diagram() supernode ()
I AE S FEMEINEZ Script I | B2 stream () #H[A | ANiEH

{E[m] H Al 528 B

(fian, etk

Fi2 -stream J#EIH

EIXRYERT) 8L

None,
HRif [ R B AR 2 {8 AR Hil stream() HHIA | RNiEH
SuperNode HRIE A (BN {8[8] SuperNode & | f2#[A] SuperNode

i

modeler.script BHIEEFR T — I HARIELL L Script (77, exit(exit-code)

Script A=A Ffrf2 4 AR B RS,

AERUE RATH A —R77AZ runAll (List). M7 B0RSUTITA I THIR, BT ERRGI 2 A4 RO s
PR s EE AR B 2 PR A T LA

ER I T I8 5 2 AR AR [ T St DA Eofth e, 5 B
SR8, flan:

stream = modeler.script.stream()

results = []

stream.runAll (results)

HITSERE, TTRME Tesults T BAEECITRIAE L T AP

SRIAER

PR AT L 3T

Script A] BATIE B R —fEiCanmoE

%(Jlbﬁ%?ﬁ?ﬁLﬁT*‘E%ﬁ TEHUTHR IR Z BB BMIEE S
1. fEAH R ER R R 2 B RS
2. ST L B AR IR R E

SRS

AR T 2 EE BB @R, JEETTTAE PRIEITRA,
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*® 10: ARSI ZE
itk (L e U Wt

s.findAll(type, label) ®E E[a A e A A &
BRI, FEA A AT DAy
None, TEIEREIHNL A H A

2%,

s.findAll (filter, ®£a [R5 2 B 8 A8 Fr e S I A A Hi g

recursive) MRS, WRIERHEES True,
AR A = ?ai%(fﬁ?‘]ﬁ’]ﬁﬁ
SuperNode,

s.findByID(id) IR {Ei[a] B Arde 4 1D AU EREL sk

None (ANSRATFAENCIHERES) o
T4 == 8 ] FR i1l 2% E A7 R O

s.findByType(type, label) |HiZh {E[B] BLA P LAY sAS
Hidh, BTN A DA None,
FEIBREIG I NI H A 2 8L,
WA Z BT, FREE T
Wi LR — iR, WREE
FEAFHY SRS, AR 2

None,

s.findDownstream(fromNode | & PERTHR LAY SRS P T =,

s) 2R [B] AR AL E RS R I B G
o ERBIAE A G Y
[FIEE

s.findUpstream(fromNodes) |%#& TEATTR BLRY TR TS B A T =,
{5 [E] AR AL BT RGO e G £
o (G B AR R AT AL
FIES

s.findProcessorForID(Stri | Hi%h HB] LA Frigfit 1D fUHiBhek

ng id, boolean recursive) None (WNIERATETEMIHEIRY)

GRAREE AR S true, RItIEHE
= I R AT A S R

flgn, anREBIREE Script TEFHVEME NEYESS ) SiB5, AR DAFEH N4 Script 2KEKEN5% TETELS )
(£

stream = modeler.script.stream()
node = stream.findByType("filter", None)

5h, WRCAHDEHTEN ID (NERGEEEER TERE ) R AR) | JIREEA] DUE A I 1D AR FR AR,
o :

stream = modeler.script.stream()
node = stream.findByID("id32FJT71G2") # the filter node ID

RENE

fRL, AR, AR AR B A] DA B AE R Z BRI N DARCERI N, 82 A0l B R B S Y
TTREONEL,  NERASMEE 1 R R B E Y N B 75,

% 3 # {£ IBM SPSS Modeler Hi#1T Scripting 27



*® 11: ARFRNREVMHENENT &

Jitk Ak Wl
p.getPropertyValue (proper | ¥ EEfeE NARMEEL None (A0
tyName) ANEELNE)

p.setPropertyValue (proper | ANEH
tyName, value)

AREAEE N A HE,

p.setPropertyValues(prope | ANiEH
rties)

ROEEENAHIME, AR R
THEE H AR S —ERERNEAE
#, DA JETEE SN AR E,

p.setKeyedPropertyValue(
propertyName, keyName,
value)

getkeyedPropertyValue( Yt (BBl 7E P9 A B N R B ) S B
BiopertiName,pkey%ame) None (ﬁnﬁgziz?{EEtP§2§Eﬁ
#) o
e REARE YA HIE A8

fgn, anSRERGEAR ARG B [EEES ) SRAE, ARERTPAER TS Script:

stream = modeler.script.stream()
node = stream.findByType("variablefile", None)
node.setPropertyValue ("full_filename", "$CLEO/DEMOS/DRUG1n")

o, EATREMEMRIE DRI EROBIEMAL, MBI, EFREMA BN, Fln:

stream = modeler.script.stream()

# Locate the filter node ...

node = stream.findByType("filter", None)

# ... and filter out the "Na" field
node.setKeyedPropertyValue("include", "Na", False)

BB A RS e R

FERLGRILT, EATRER B MBUA BRI Hr ek, B ER TN GRS I RIS

1. FENTEBG,
2. IS E B BB A B

e HvA:E
LG T SR TR, T IE R AT R,

*® 12: AREIEERTT A

Jiik {e R Wt
s.create(nodeType, name) [i%h SN AR B R A B R AR R
HEE R E R ERTL

s.createAt (nodeType, i
name, X, Y)

T B e e RE A ) S B G T
WEFEE BRP R ENE, W
HRx<08y<0, HERKEN

H,
s.createModelApplier (mode | &% EENTATAE B PR YRR L Y
10utput, name) (AR 5
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flgn, ZAEERFIHRALAY DR HiRG, ] DUEER A Script:

stream = modeler.script.stream()
# Create a new type node
node = stream.create("type", "My Type")

S H RS AR RS

FER AN R HTRGE, IS (AT ERG LR R R T, RRA AL, ARIRAR A T S A A R
HSRASENRGRITT R, IBEETTTATE FRIEITHRAL,

R 13: FISREEAE M ARFRIEAERY TS R

Jiik ST sl i

s.link(source, target) AN AE AR i 67 505 B A B P A N
s,

s.link(source, targets) |RiEH AR i B R B P 2 (AL 7 B AP Y A {18
SRl pdihfE ava o Ee

s.linkBetween(inserted, ANEH T E A ER BB ORI S,

source, target) M EEHE) B ES, e

GIVNEOEE LA G bt VA A AR ]
HREE B A, % B SR BR AR
FiRG B AR H R AR B e
#ho

s.linkPath(path) ANiEH FEENBEE ] < RN L, 58
—{lE B R A 22 58 A EEE, T
8 TR S A 2 58 — (B RS,

idligtiin
s.unlink(source, target) |[AEH FERR R 6 B E A 8 <~ A
] B R R4
s.unlink(source, targets) | A FEBRA R G B B A0S B rh Y
Pk 2 R ] B R R4
s.unlinkPath(path) ANTEH RPRENRE T RFCE M (Tl
s.disconnect (node) ANiE A PR AL BB E € B i A AR
HoAth 8 > [ A 54
s.isValidlLink(source, boolean U0 SRAEFE 7 1A 2 5 £ 8 il A T
target) Z B gsE R E M, AT

ZREE True, MITTTAMRERE
W EY) = A R i, AR
BhIE 5 A AR L alAS DUN H AR
SEA0A] ARG S, M ERREE N
RSN GEB R P S EEIER,

RIS Script KT 5 TEIESE:

1S, TEEUESR) SRR, DRI SR TR SRR,
2. RS L TR R Rk,

3. 18 [BEUES) WMAER ERUE RN,

A ARPRA R E B TR T2E5 ) o
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5. 81T [RAg) Hil,

stream = modeler.script.stream()

filenode = stream.createAt("variablefile", "My File Input ", 96, 64)
filternode = stream.createAt("filter", "Filter", 192, 64)

tablenode = stream.createAt("table", "Table", 288, 64)
stream.link(filenode, filternode)

stream.link(filternode, tablenode)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
filternode.setKeyedPropertyValue("include", "Drug", False)

results = []

tablenode.run(results)

EEAN. EHiRnMIpRERRS
B AR b, B AR P S, R RAEHOA T AUAREA, BRI E 81

Titko
& 14: FAREN. BEXRRMIBRETREBI 5%
Ttk {E AL wtHH
s.replace(originalNode, ANiEH HBRFEE B e E iR, R
replacementNode, G 6 AT B BT B 06 JH R 8 E £
discardOriginal) Tfito
s.insert(source, nodes, THH TR L) B b 4 A B S A
newIDs) Ko ABCE PR ALTE B R Y i A
B SR i, newIDs
TEATHE 7~ I 2 A T (I T B 2 A
ID, BREEZERI RS
ID, fBRE AT E HiEEEA
Mi—ID, ERRIEARIEHRTREHEE
ERIAERIRIE T T, AZE R R AT
BOEA True, 77 A E R
NHIBEHTE B, s B R E 2R
BERINERE (B, MEAS— € Bl A\
HEAEHEIEFERD .
s.delete(node) ANiEH fetaE i MPRFE € Eilh. 5%
HIR A E IR E BB
s.deleteAll (nodes) ANEH fetaE B PR A H8 1 EiE,
WS FR I P SR AR 5 SRR E H
o
s.clear() ANJE TE4EE B I BRI 6

iEsh R Y BN RS
AR S Lol RO AR —TEE LR, ERUEIR R T — LA R R T, T

PREI TR,
7 15: FAZRaHR!_EiE N T iR R 75 A
Tiik {8 Y Wt
s.iterator() [REERT {EIEIFHEHEE 5 i S R ER R

FRIREER T, AIRAE next ()
BRI BT A R PERH 2 [ S R R T
ek, ARSI BN E R EE R T
91T %0
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xR 15: FBAHER) B T En 5k (E)
Jitk e mE U St
s.predecessorAt(node, EIE {HEI iR At EI B 4E € BT BlE
index) *¥8i None (GNRZR5|EH#
&)
s.predecessorCount(node) |[int a2 AL ET R R R RT B AESE
#,
s.predecessors(node) THH {E[a] R BLERRL A B R AT BAE 2,
s.successorAt(node, 50 e i (it E s Te € BEE EIE
index) #0l None (WIRRS|@HH
E) o
s.successorCount (node) int HE iRt EiE N BB EIEE
#,
s.successors(node) BE R iR B BRI E IR,

AbREFREIEE

B[ Scripting Z1% clear {E2 ISR, HlU:

« clear outputs AAEE MR ZGE A & IBRAT A E L IH H .

« clear generated palette FHRTERAYIEH & F G BRI A AL 5 B,
« clear stream FJABBREBIRIINE,

Python Scripting S74& —4HM{AI R E; removeAll () 52 FIATEBREA. B DASARAVE R, )
an:

- ARRERUE A

session = modeler.script.session()
session.getStreamManager.removeAll ()

- {HkR HE S

session = modeler.script.session()
session.getDocumentOutputManager () .removeAll ()

. [HFREEAVEPEER

session = modeler.script.session()
session.getModelOutputManagexr () .removeAll ()

NS BN RS RIAERA E

FRE ) Ty WAE AR AR, B4R R AR L 68, B E ARSI AR AT R, (ARG AR At 1
—LEn] AR SR R R HH B R A T T

NERASALE TR RIS EET RS R 1D, SRR 751,
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16 FAREVSE R Z ID. BIBAAREAVE

Jiik

(L IE U

Wt

n.getlLabel()

string

EEfs T s MER. A
1ENZ custom_name ZIFFHF
il HNA use_custom_name
RIEITRERIENT, BREA 2
—WENE;, G, E&2
getName () HIME,

n.setlLabel (label)

AN

REEE B RER, W
TEBAIEEAFH, IREEEHE
FEEE N custom_name, ifi H
@14 False IEEHANE
use_custom_name, PAMFEfEERY
BAREESL; MR, gl TRiaE
4N custom_name, M
True 8 EANE
use_custom_name,

n.getName()

string

{BIAIEE AL A

n.getID()

string

{E[EHEE EEEH ID,  BRICENIH
ETRAIRF AT & AL —EH7 1D, A%
R 2 ER T A R 7 A TR A
IRf, 1D iRl B, — A e 17,
DASEAE B R ER I E OR B 678 1D,
EUZ, NS C A7 RS A R
Hirh, R E Ol AR HRG L 2
HY A 2% Hoid B —{E# 1D,

RAEMEIR 1 AT AT H B R A AR B R T TR

&= 17: ARBSER Z AR EMN TG A

Jiik E Ak st

n.getTypeName() string {8 L &G Scripting 4/, It
2 A IPER DR S E VA il ST
Il

n.isInitial() ik R EIR R VIAER (B, AR
FRIMABHIA AL B RV EIRG) | AREE
T3 Z5REE] True,

n.isInline() fark AR TR RATNER (BT, AR
R R ERS) | IRER T TEAS
&[5l True,

n.isTerminal() Atk AR TR R AR IR (BT, AR
RIS AL B RV EIRG) |, AR
i EAHERE True,

n.getXPosition() int E[E RS TE R R Y x LB (WS
E‘.O

n.getYPosition() int Rl EiBETE B R y AL B R
o

n.setXYPosition(x, ) AN BUE EEGTE BRI AL E,
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*® 17: ARBUSER Z AR EMRTS E ()

Jitk e mE U St
n.setPositionBetween (sour | A& H POE BRI N E, DAMEE
ce, target) LR PR AL A Ei G [
n.isCacheEnabled() L WS E R BB, ARER b 7 1A
[ True, HHIFEE False,
n.setCacheEnabled(val) ANTEH HIY RO EBE R, R
B EL G LB REE A2 AR
fe, AR PLBUEITIE R,
n.isCacheFull() EITZZ WS E N, HIEE True, &
HIji{E#MH False,
n.flushCache() AR 1B M ETEE AL, AN SR ECR

RO EE AR, AR5 A ANEAE
ffEM
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% 4 ¥ Scripting API

Scripting API f§7}

Scripting API 2 i35 & ANF] 1Y) SPSS Modeler IREMITEEL, B RIEREAMIAE 77i%2 APT BIAHAGER Sy, FIDA
£ Script WIEHIFBUS L T IEMABITIE— S IIEA, (B2, WRESE APIIER, HIZEMH 5B
IR A E N\ APL:

import modeler.api

I HE A\ BRIA U2 2 8 Scripting APT #if5 it 6221,

fE (IBM SPSS Modeler Python Scripting API 2% Fft) StffHh, Bl DAEKEEE Scripting APL $2 LA XETI
FIEMZ 8N 52 RE T

g6 1: ERBLRERIESEES

5 26 HY Tadkfifts — @Rt 7 BN GE A ERh AR RV 25 R MR AR FR R i S E RS A A, e

SRIUT, WERTE B RS, A Bt Sl NodeFilter BHIMIAR £indAll () J7ikKE

. &S NIIMED R

1. B2 HRIEM NodeFilter WMiE(E accept () /7RI B ETHRARHTER,

2. (BT RERI R B BIACREIY B £indALL () 751k, EREEBIFTETTS accept () J3TEAHERATHEIK
FifiEko

LGRS AN E H I P RO BB PR BRG] ) B R T B R AR TR BR ek A T IE L HT R A PR

B

import modeler.api
class CacheFilter(modeler.api.NodeFilter):
"""A node filter for nodes with caching enabled"""
def accept(this, node):
return node.isCacheEnabled()

cachingnodes = modeler.script.stream().findAll(CacheFilter(), False)

fifjl 2. AFEAEENRESEREENBRHIEREN
kG [F) 5 FH 5 BRI PSAPL, A DUEEFENY PSAPI BRI BN ME R RAY AR E A 2
session.getServerFileSystem() HI75i%,

;ﬁﬂ%ﬁ{ﬁﬂ%ﬁﬂ?Tll[l@ﬁ%@ﬁﬁ%‘%ﬁé@%ﬁi IBM SPSS Modeler Server f{ i # 9 S P RE AR TS H SR BURE 58
gaflo

import modeler.api
stream = modeler.script.stream()
sourceNode = stream.findByID('")
session = modeler.script.session()
fileSystem = session.getServerFileSystem()
parameter = stream.getParameterValue('VPATH')
serverDirectory = fileSystem.getServerFile (parameter)
files = fileSystem.getFiles(serverDirectory)
for £ in files:
if f.isDirectory():
print 'Directory:’
else:
print 'File:'
sourceNode.setPropertyValue('full_filename', f.getPath())
break
print f.getName(),f.getPath()
stream.execute()



meta EH. BRAEEBEN

FH R H I R R ETRG AR EOEREAE S, [ARRES iR A (R R - n] RIS AL R B R B4, £ Modeler UT
R, SR DARE R AR AOE EE H BUR G UM, U RN 2% R AR

Script ] DUZ A EE 1E H ERGAUM A AT BOE R, SRILLEEnEs, i A Sl B A2 AR Y, 6
an, THER) ERMERECEOEITERN T, EAEERIR, BLRERE (Blan,  TRTAE) RS RDETEE
HOMAGZ, THARETES (Blan, DEmEds) fiR) Al Eirar e R,

£ RHIEIfH, Script $RFAEIEE IBM SPSS Modeler druglearn.str 8, AfstEHE— @A E & —E
A Hp—fE AL RS, 1% DU

1 0E TEERL) R AT O R R,

2. i RS R A B E R AL T
3. [EHUCHEE ARG DR #E.
A, SR TR IR R,

5. PUTR R E R,

ak: 7€ druglean. str BfRHHAT Script Z i, #HACISHF Scripting 38 5 % E 4 Python GZAR R ZTEERR
IBM SPSS Modeler HEZIY, FILE Scripting 58 5 a2y Legacy) o

import modeler.api

stream = modeler.script.stream()

filternode = stream.findByType("filtexr", None)
typenode = stream.findByType("type", None)
c50node = stream.findByType("c50", None)

# Always use a custom model name
c50node.setPropertyValue ("use_model_name", True)

lastRemoved = None
fields = typenode.getOutputDataModel()
for field in fields:
# If this is the target field then ignore it
if field.getModelingRole() == modeler.api.ModelingRole.OUT:
continue

# Re-enable the field that was most recently removed
if lastRemoved != None:
filternode.setKeyedPropertyValue("include", lastRemoved, Tzrue)

# Remove the field
lastRemoved = field.getColumnName ()
filternode.setKeyedPropertyValue("include", lastRemoved, False)

# Set the name of the new model then run the build

c50node.setPropertyValue ("model_name", "Exclude " + lastRemoved)
c50node.run([])

DataModel #7417 IR RHE R FR AL K s s 28 77 T I8R5 TATE PRI T4,

* 18: FAZREFERAI EMRVARRIE MY DataModel ¥ 7575

Jitk S St

d.getColumnCount () int e[ AR AR P A A1

d.columnIterator() REEE T HElt TER) i ANEF S
HREEE T, REEEED
HRE B,

d.nameIterator() REBIEET HEdz TER) FANERFE R AR
YR REEE T,

d.contains(name) TRk W It DataModel FETES B T
BRI, AREEE True, &
HI{E[E False,
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% 18: FARTFEUR (IS EMRIAERIE R DataModel ¥4 75 7% (HE4R)

Jiik ATk Wl
d.getColumn (name) B {1 (EACIRESEi=y=e=y i) R

d.

getColumnGroup (name)

ColumnGroup

HEfsEOMREEAH, WEEARTELEL
YEMEEAH, RIMEE None,

d.getColumnGroupCount() |int ] g RS R AR A

d.columnGroupIterator() REBEET AR B A (e A SR A AR Y
BERE T,

d.toArray() Bl FefRpEy SRR, 4% TH

R EANEFF BEITHER

BHERA. (RPIPE) B R BB R 28 T 15,

NIRRT 5L IR,

* 19: ARFHERIBAENR Column ¥+ 757%

Jiik A EEE] Wt

c.getColumnName () string {8 R 44 il

c.getColumnLabel () string EERIAIEER, 0 RAE A E B
B AT SR, R 5
Ho

c.getMeasureType () MeasureType S [al R O R,

c.getStorageType() StorageType R RIR AR

c.isMeasureDiscrete() 1Atk NS 2B, AREEE True,
EHHE A5 G BRI R 2 B AL
fiflo

c.isModelOutputColumn() Atk QNSRS R, IR (]
TIer

c.isStorageDatetime() ZiTE ARRR GEAF 2R, H s
Blac(E, ACEMEE True,

c.isStorageNumeric () Ttk WRRR R 2R e E Y, AR
&[] True,

c.isValidValue(value) EHTEN MRIEEEB ILFEFERL, HBEE
E[E] True, WEHREHIARAIMH
fH, FAEEEM valid,

c.getModelingRole() ModelingRole S5 [ A ) A A

c.getSetValues() Yl R A AR, A RAEANA
HEMARES, AIEE None,

c.getValuelabel (value) string HEIE P EEE, WRAFAER
{EAH BRI AR, IR ER ([ =
FH,

c.getFalseFlag() v E[EIREY "false" fRA2UE, WIHR(E
ANBHERE N2 AR,  RIME[E
None,

c.getTrueFlag() Yt SO "true" $EEME, WHRE

ABAEE AR IS, RIfEE

None,
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& 19: AREENERAERAEN Column Mtk 75 7% (HEAE)

Jiik {ai gy el

c.getLowerBound () Yt EERERER NRE, RERA
sE A SR, AEE
None,

c.getUpperBound() Yt EEIEPER_ERRAE, SREAHA
HEMAZEER, AlfEE
None,

FEER, FBUME R Z 8T 24E DataModel YIE A B HESR 750715, BN, FYIMEBIARESE
ERR

dataModel.getColumn("someName") .getModelingRole ()
dataModel.getModelingRole ("someName")

FENEE R

PUTHAR BB U MR AR Y F, ISR CE AT RE TR, tRTRER IR At EAE R T
HUE R

ELAREIGIH, druglearn.str EBRFHRFAERRAVEEES, EIHCHEFIF, FPITERRPTEEER, WH
SRS TEF RS, 1%, Script EEBHUTASE, BUTEREEITMEEE &R & 1% 4 IBM SPSS
Modeler 8! (. gm) %, HEAIEHEH A PMML,

import modeler.api
stream = modeler.script.stream()

# Set this to an existing folder on your system.
# Include a trailing directory separator
modelFolder = "C:/temp/models/"

# Execute the stream
models = []
stream.runAll(models)

# Save any models that were created
taskrunner = modeler.script.session().getTaskRunnexr()
for model in models:
# If the stream execution built other outputs then ignore them
if not(isinstance(model, modeler.api.ModelOutput)):
continue

label = model.getLabel()
algorithm = model.getModelDetail () .getAlgorithmName ()

# save each model...
modelFile = modelFolder + label + algorithm + ".gm"
taskrunner.saveModelToFile(model, modelFile)

# ...and export each model PMML...

modelFile = modelFolder + label + algorithm + ".xml"
taskrunner.exportModelToFile(model, modelFile, modeler.api.FileFormat.XML)

TESEITE BRI AL T — AR T SR TSIH—MREE,  NRMHEE T IR R R B 77T,

& 20: ARHITARIERBIIERRITERIERIN A

Jitk EAEEY EILl]
t.createStream(name, R AN R AT ER. FEIER,
autoConnect, autoManage) AR DAAN N 77 SN BRI i AN 7]

i B BN IE L8 HR I A A S IR 5% 1
autoManage HIZERRE %
False,
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R 20: ARMIT—RIEENEEIITRER NS X BE)

Jiik {8 gy el

‘e ) AN i A6 Ik A8 201 AR Rt A
.exportDocumentToFile( e

documentOutput, filename, Hjj:ﬁgggo

fileFormat)

t.exportModelToFile (model | NiEH e E RS A B RE 2

Output, filename, =2

fileFormat)

t.exportStreamToFile(stre | RNiEH i FHAEE YRR 2248 UK R i ke L1 22

am, filename, fileFormat) FEZ,

t.insertNodeFromFile (file | &i%h etEEE R TPEE RO R B E R, R

name, diagram) B HAG A PTR A E 5B

B, AR AR RN E I E A
{£#1 SuperNode ¥t

t.openDocumentFromFile (£i | Xt T E A R R Il 5[] S A

lename, autoManage)

t.openModelFromFile (filen | f%Uig PEFEE R ZE sl BN A2 R,

ame, autoManage)

t.openStreamFromFile (file | Hifi PEFEE M S sl BN A2 B H

name, autoManage)

T — ANEH 1S EFRIFE B RS R AL E,

documentOutput, filename)

t.saveModelToFile (modelOu | i@ AR 17 245 E IR R AL E

tput, filename)

t.saveStreamToFile (stream | AjEH 1 ER IR 17 245 E IR R E

, filename)

ERIRIEER

Python &5 = 124t T)&I# try. . .except HSEIAEIIATRAVTTIR, W LAE Script P75 IR A& B
ANIRTE, Sl ERPRASELEY Script A LR FTE,

1£ DU Script #H, E&tE S IBM SPSS Collaboration and Deployment Services Repository B
B, HAEERTREEE S LB IMRIL, BIAN AT REAR IE MR ff 7 B B\ R B (2 R R S8 3R,  1F Script
W, IS PTREEE W ModelerException (IBM SPSS Modeler EAERIFTA BH ARIERATA H
modeler.api.ModelerException) .

import modeler.api

session = modeler.script.session()
try:
repo = session.getRepository()
m = repo.retrieveModel("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"
except modeler.api.ModelerException, e:
print "An error occurred:", e.getMessage()
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ak: HEEE Scripting /3R] BE S S B HIEEME Java BIIAMARTL; IBEEFIAMNRM G AERTAE B
ModelerException, ZEffEIBELEFISMAIL, BT LAERMANN except EIRAIFERTA Java FISMNAT, Hil
an:

import modeler.api
import java.lang.Exception

session = modeler.script.session()
try:
repo = session.getRepository()
m = repo.retrieveModel("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"
except modeler.api.ModelerException, e:
print "An error occurred:", e.getMessage()
except java.lang.Exception, e:
print "A Java exception occurred:", e.getMessage()

Stream. Session 5 SuperNode 2:£{

SYRE T —REA T, ARERITRIAEREM AR B Script FiEEERAERS, S8 HE
HEF s B RAER, RlEsR A RE SuperNode 2 BIFRAS AYIE H EiFE 1T 28, SRiRERIR
SuperNode FEAIEE T —4HH ParameterProvider ¥ E RIVKEL, W FRISHTR, FEEAEESRM T
getParameters () FEAY, (MM éHERE] 2 2812 L bR B P 1

& 21: ParameterProvider ¥){ & 2 I 5K X

Jiik Ak il
p.parameterIterator() REBEFET A e 2 B R R B E R
T
e S S R SHER HE A AR ELRN 28N 2 80E
e ) %k None (WAL ELH 17

EHESE) o &SR UZFEY

A IER I # Snapshot, ifi H.
AT MuE A R A S
TR B

p.getParameterlLabel (param |string HEl5E 2 BRI ERE None (40
eterName) RAFEMHEZ2ED
p.setParameterlLabel (param | i@ BOETEE 2 B
eterName, label)
R YT HEEE 28I REZE None (A0
pérameteIName) RAGFHENEHEZED)

<3 o g A
p.setParameterStorage ( Zﬁﬂﬁﬁﬁ RXEE$EiEé§§yEqﬁ%T_O
parameterName, storage)
p.getParameterType (parame | S & E7! H[El5E 2 8RR E None (40
terName) RAFEHEZ2E)
p.setParameterType (parame | it BOETEE 2 B EE,
terName, type)
p.getParameterValue (param | ¥fF EEfsE 2 8EE None (A0
eterName) ANEEHEZED .
p.setParameterValue (param | RiEH TR E 2 BHIE,

eterName, value)
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FERHIFEBIF, Script BE T —L Telco ¥R U RAARICTIERNERIIIEE, I8, AF6EA] R
REERRSE. TR, FE DERY HRTHENZBRSBIEE R PRI R, RRARERIERE &
FHEZ BT,

HEFEBNEAEE, ERE % Script AGEL T NERY EiR, WHRKCRE NERY #RFRRAPERES
[EWERIE, (B2, ERiuEHZFCAER, BIitE@EtErs e 2 et 7a Ha#sl,

#fl Script FIE —E 0 AN BRI 28, ZAHAR2 8IS FIERARRIES, 55h, 1t Script 12
HAESR R 70 ST B 7 ST e N7 G, MRS S R A E ik,

import modeler.api
stream = modeler.script.stream()

# Initialize a stream parameter
stream.setParameterStorage("LowestRegion", modeler.api.ParameterStorage.INTEGER)

# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use_field_format_for_storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)
aggregatenode.setPropertyValue("keys", ["region"])
aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)
selectnode.setPropertyValue("mode", "Discard")

# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "'region' = '$P-LowestRegion'")

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)
stream.link(statisticsimportnode, selectnode)

stream.link(selectnode, typenode)
stream.link(typenode, c50node)

LR Script KL R A H A

() - —
telco.saw Angregate Tahle
-@>
. ) —» C?k.
Select Type churn
5: 855 Script £RAIERTR

Hfl Script B RHIER S FFSBITALN IR 0 SOR R T3RA% ) EfiRG,

J## First execute the table node
results = []
tablenode.run(results)

% 4 & Scripting API 41



# Script BURFIE D AR FECAT T5A% ) EIBGATAEE RO RAR T, B8R, It Script ¥ ¥R PRSI
PUTREES, DEIHCFIERARIRAIEI,

# Running the table node should produce a single table as output
table = results[0]

# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet()

min_income 1000000.0

min_region None

# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount()
while row < rowcount:
if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(row, 0)
row += 1

Script #Y NAIHR 7 AP [E NN B AR A ISR AR 3 E S RIS [ "LowestRegion" HifiZ2 L, AR, 1EIEH
MR AR HERR T I E EISATRTL T, Bt Script T BES

# Check that a value was assigned

if min_region != None:
stream.setParameterValue("LowestRegion", min_region)
else:
stream.setParameterValue ("LowestRegion", -1)

# Finally run the model builder with the selection criteria
c50node.run([])

SERLNHER Script 40N 7T FiRe

import modeler.api
stream = modeler.script.stream()

# Create a stream parameter
stream.setParameterStorage ("LowestRegion", modeler.api.ParameterStorage.INTEGER)

# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use_field_format_for_storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)
aggregatenode.setPropertyValue("keys", ["region"])
aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)
selectnode.setPropertyValue("mode", "Discard")

# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "'region' = '$P-LowestRegion'")

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)
stream.link(statisticsimportnode, selectnode)

stream.link(selectnode, typenode)
stream.link(typenode, c50node)

J## First execute the table node
results = []
tablenode.run(results)

# Running the table node should produce a single table as output
table = results[0]
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# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet()

min_income = 1000000.0

min_region = None

# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount()
while row < rowcount:
if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(row, O)
row += 1

# Check that a value was assigned
if min_region != None:

stream.setParameterValue ("LowestRegion", min_region)
else:

stream.setParameterValue ("LowestRegion", -1)

# Finally run the model builder with the selection criteria
c50node.run([])

EiE(E

BEIE R st B A EMO R S TR AR R s &, A] DME B IR N SRR B UG e A,  TEsBim, o]
DURAREAFEEIEE, E—BEEBRS a0, FMBER RS Z RN, PBHERAE T3 BIsE)
FBE TR BB TR, MiAZIEIA Scripting SRIELATRIEE, 1T DUEIEFEIY £ IR
getGlobalValues () J5iZaRA7HLE% B AN B EL

GlobalValues P& 3 NS BRIV B,
& 22: GlobalValues ¥4 E ZHIKIEL

Ttk (EAE L St
g.fieldNameIterator() REEET B3 2D BA — {8 B I E A A AR
(ARG, (e —E R EEE T,
g.getValue(type, Yt {E[E 45 7 KRR (57 44 R Y R S
fieldName) 8¢ None (WIREAZNE) . HER

RAHI LI RE AT RE & (2 [0 5 AR E R
R HIEH TEIR R E 2 BT

g.getValues(fieldName) E B E EHEE AL A R EATE H
[ 5% None (AR EZMRALIZ A BT
HEHE)

GlobalValues.Type E#FEA] FHREF RS, "THNEBREWT:

« MAX: HRAZAY B R AE,

« MEAN: HROZHIFE1E,

« MIN: fRf7AYE/IME,

« STDDEV: MRAZAIFEHER,

 SUM: MR ERY AR,

fan, N Script A TN HIAZHEE, S8 TR EsE ) st A
import modeler.api

globals = modeler.script.stream().getGlobalValues()
mean_income = globals.getValue(modeler.api.GlobalValues.Type.MEAN, "income")
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ERZ BT - |WILI\ Script

TEF 2 E B, EF R Script, B PATE IBM SPSS Modeler UT N 4w R AN 743728 Script, tA]
DATEHEIRISE N RS2 3K Script fE&TE 1T 28U T,

NHIFEILIK Script KRR E S i, Horh— (B A A AR, T 28 (8 R A P R A8 S TR ELAY 70 £

# Change to the appropriate location for your system
demosDir = "C:/Program Files/IBM/SPSS/Modeler/18.5.0/DEMOS/streams/"

session = modeler.script.session()
tasks = session.getTaskRunner ()

# Open the model build stream, locate the C5.0 node and run it
buildstream = tasks.openStreamFromFile(demosDir + "druglearn.str", True)
c50node = buildstream.findByType("c50", None)

results = []

c50node.run(results)

# Now open the plot stream, find the Na_to_K derive and the histogram
plotstream = tasks.openStreamFromFile(demosDir + "drugplot.str", True)
derivenode = plotstream.findByType("derive", None)

histogramnode = plotstream.findByType("histogram", None)

# Create a model applier node, insert it between the derive and histogram nodes
# then run the histgram

applyc50 = plotstream.createModelApplier(results[0], results[Q].getName())
applyc50.setPositionBetween(derivenode, histogramnode)
plotstream.linkBetween(applyc50, derivenode, histogramnode)
histogramnode.setPropertyValue("color_field", "$C-Drug")

histogramnode.xun([])

# Finally, tidy up the streams

buildstream.close()
plotstream.close()

NHIFEE IR RIE AT D@ TR 75 CE BT IR TR (Fra SRR TR ST RRD o SRR,
AL Script A SR 77 =,

for stream in modeler.script.streams():
print stream.getName()
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¥ 5 ¥ Scripting %15

REMENGAEF Script FEIGRIEAT, CIEESCERREUT. 1E Script FHERF 4l 2515 DU /7 HX IBM SPSS
Collaboration and Deployment Services f#17JE FHHIPIIFSE,

e AT

YUTHRTIRE, AHETHRRGTE SRR ENER AT HAR iR, SO, fn] Rl s =B I ARIE 7 A3
1T EEMERRIPITIET, ERRNAREIIER HUT) SR8 Bl NP ER:

1. FTB—fE=H Script,
2. 1— N T BA IR Script 1281 A9 TE L B IAT Script.
3. M TFEER IR Script AR ZC A NE 58 56 2 S8 A SR U TIE

HERRITEE

AT DARERT for S A IR HHIAT A GAEI T, HIan, NHIRE Script RIS FTA B T
AR NEEAs ) HEEH AR R E KR,

AIDMEEA NEIEAS) SRS am A M I Script, BMEER EAREIETATA 2 antt, N FHy
TR AR 3 T8 e 8 T ] A 8 i AL iR A4 R B 2 R

# Alternative 1: using the data model nameIterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
# nameIterator() returns the field names
for field in node.getInputDataModel ().nameIterator():
newname = field.uppexr()
node.setKeyedPropertyValue("new_name", field, newname)

# Alternative 2: using the data model iterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
# iterator() returns the field objects so we need
# to call getColumnName() to get the name
for field in node.getInputDataModel().iteratoxr():
newname = field.getColumnName() .uppex()
node.setKeyedPropertyValue("new_name", field.getColumnName(), newname)

It Script 7 H Al BB AT S rhigf T E, WWiaaE S E e e n A e, WHEE, HFEE Script #hE
FElRZ R P i MGz, A field.upper() 8{ field.getColumnName () .uppexr () BEREUIF B
HAKE,

77HY IBM SPSS Collaboration and Deployment Services {77 Y
it

A& H IBM SPSS Collaboration and Deployment Services fi#17J#E FOFZHE, AREE AT DA Script $621E R
P REFRIREI . @R REFE, S DEREERENR. TR ZRE e R EEER
PRUBE AR BA TR 14 Y 2R ARG BR

iE}EZE IBM SPSS Collaboration and Deployment Services {#{F&E

TP, WAJH I SEiEIE SPSS Modeler {8 FH# /M A9 T H I RERBOEIE 15 1T 2 BLZ R 7 R A 3L
HAR, FEMHEE, 5520 % 61 ERY FIBM SPSS Collaboration and Deployment Services f# 17 &
AR5 o




FHHTFE
A DA P B RS B (78, Bilan

repo = modeler.script.session().getRepository()

e EFEP R4
fE Script /1, M retrievex MBCRERAMEYME, RSB, AL @R, TREPER TR
FHLE R B 2
& 23: #BY Scripting BRI
PR [l A7 Y RE
EN repo.retrieveStream(String path, String version, String label, Boolean
autoManage)
BUGE repo.retrieveModel(String path, String version, String label, Boolean
autoManage)
o repo.retrieveDocument(String path, String version, String label, Boolean
autoManage)
Hii®h (Node) repo.retrieveProcessor(String path, String version, String label,
ProcessorDiagram diagram)

Bian,  fasaT DA T 20 R B G 17 Jek A i E R O
stream = repo.retrieveStream("/projects/retention/risk_score.str", None, "production", True)

I TE B BRI B risk_score.str Hifi. 1% production sk BIEHIE B RARA, 1M
%285 E SPSS Modeler B AR (Bl4n, N5 SPSS Modeler &M A] &, AlEmE HI
ERMEET) o FEABRTE, BHEARBIMEERNREHRA, sEEH TR

stream = repo.retrieveStream("/projects/retention/risk_score.str", "0:2015-10-12 14:15:41.281",
None, Tzrue)

ks UNRIRAFIEEER S WL 25 None,  FIRESHHER [ B Al AR

EfAFERFEFDT
S Scripting fERTE P REEYIME, SHMHH storex M#, FRISHEUR TR store BRBIIREZ,

2 24: {#7F Scripting ThEE

PRy fafi 17 L fiE

B repo.storeStream(ProcessorStream stream, String path, String label)

HUGE repo.storeModel(ModelOutput modelOutput, String path, String label)

Lrifan) repo.storeDocument(DocumentOutput documentOutput, String path, String
label)

i repo.storeProcessor(Processor node, String path, String label)

fign, AT DU AR EURE AT ARARE) risk_score. str &ii:
versionIld = repo.storeStream(stream, "/projects/retention/risk_score.str", "test")

AR B R BT B BRI, AR " test" FREREBLL AR IRETRAN, IR RIS AIRRA BIRRAE R,
sk AR R BRI T ARCA T TR, S BRI None,
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ERfHEERERX

BB BRI, AT DU am R AFAH P CT S RS 2 B, @B A
createFolder () BB BRI, 0 RHIEHFIHFR:

newpath = repo.createFolder("/projects", "cross-sell")

HEHEIFIRAE " /projects” BRIRHTE 4% "cross-sell" HIFTE RIS, ZE BRI R 2
BRI,

BEFmA T EERK, FE# A renameFolder () KEL:

repo.renameFolder("/projects/cross-sell", "cross-sell-Q1")

FE2EREERMAINERIRI TR, M A28EiE s E R4,
TR &R, FE#H deleteFolder () BREL:

repo.deleteFolder("/projects/cross-sell")

HEMMERREE M+

¥R Script, ZERTDASHE —EP1F,  DARG R H A A S — BUA A BOR R R A . 18 n] DURERREHE E
SHE RV

SHE MR ERSEE VI HIRE 5% -

repo.lockFile (REPOSITORY_PATH)
repo.lockFile (URI)

repo.unlockFile (REPOSITORY_PATH)
repo.unlockFile (URI)

BHAREGERIEEI1E, REPOSITORY_PATH 45 1E RN B, SN E B 2251985 RS DALE
MEREAERTIC, BEANESERE,

repo.lockFile("/myfolder/Streaml.str")
repo.unlockFile("/myfolder/Streaml.str")

BRIt 24N, IBR] DA — G IR BIRS (URT) midEREF R A2k 48 B B, URI WEESTFE
spsscr:, [ARPAMESERTEIESISER, A EREGE T DELABRSERTIT, SHEOHEERIEE N, Bl
RSP DL %20 A 23 M8, URI REEIEYE, #fla .

repo.lockFile("spsscr:///myfolder/Streaml.stx")
repo.unlockFile("spsscr:///myfolder/Streaml.str")

TR, VST EM Y RIRTA A - (R EHE sl i PR aH 2 B RRA

EEEBIRIEHIZS

FECEN N, AIREFREAE Script HELEENE, Hldn, ErIREFREFIC BRI ERIRIR, s H
1

o EERHE AR ) B RG A H R A
« BARNFARSSHITEATT
o EFETE par tER (FHEEHERRSHY T34T) EERELNZEHER) PREREBGNE

TEB A FAE AT, AT A — T EARYE Blowfish B LR AL mISERN (ARG, 520 http://
www.schneier.com/blowfish.html) . #fi5&, 7] AR SRBEIE S HFEFE] Script #8 ZAE175 8+,
A databasenode #l databaseexportnode HIEiIBENZ epassword 1 SmiE S,

1. HEARWBEL, S TTR) hiERmhiEE:
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http://www.schneier.com/blowfish.html
http://www.schneier.com/blowfish.html

2.1 TEWS) SCFHER TR E — 8,

3. 4% 1 Silils 75 B GRS A —(E e AR RS,
A 4Z— N THER) TEEH 1% o b A 15 S 2 BT T 3
5. iSRS _EEIFTRRR Script SRS EH,

Script &
BB~ R TBrat Script) $HEEHE TR EMALERE R, o] AR R Script 03,

)

6: EB37 Script TEFIER
Script M A AR ISR IPE R 3 B R4S H B Ak, MRS T, St — PRZHEE N B NE
R BERHE DAL (s R R SR

5 SITHIT Scripting
JEIEAE Script ] AUTIEHE EMHE NP HITIIESE, BE) IBM SPSS Modeler I, HFRTERRL1THE
TEM BT —E B4 Script,  fil4n:

client -script scores.txt -execute

-script HEEFREAFEE Script, 1M -execute MIEFREITH Script RPN ETES.

B mihRASBVEE

TELARGRRAH) IBM SPSS Modeler HYEEIZAY Script 18 H I8 5% 7552 Bl ] DATE H AThRAHIES T, AN, B
[ SREAE v AE B A2 i (R iHmeRoE) |, iR e Aim A R R B B e 0, B E
PR3 A SE R DR O VR 2 R A U R — A BVRIEIE (TR > %0 > {8080 > D A9
o BN, AT RETR EAE L ARTIRAS P EY Script,  FER%RARA s 7R [ 450 ECA R e ) R A A 2R e I i A
HTHORE AL SR S K

FE HATARAHEE LY Script 1£ DARTHIRRA H a] BESETR 1E 5184 T

GUERAEEERRA ST Script S T IR (BREMIK) K52, RIEMER ISR Script (598523

1%, EFRER SRS, B, EH generated BT EH model BUfX, H clear generated &
# clear generated palette BfX, IHHETEAY Script 3R FT AT, (B R—1ZEHHE,

FHBRFARITER

%% IBM SPSS Modeler EiEGZERm i P:, BIAGRL, B RMFRRSE R, Hpdr2m s Script r Az
FIERSITRVE E, SERHHBIN AR ey (IR SA ), AT DO AR 258 i 7 s
FRAREGH DI A A DO Lt 7 e 17 H0S EAE R 7 IR % ol A7 s PR ROAS Bl Tl

Bilan, 22 BFERIER g A PR 2% PMML B XML S TURAGRBIERIRY & AR, BN DR SRR Sl A A B 118 7
HRECE PR, B A AERE A Tan (i DU DU A SR A TS, (A PMML RO
TR T AT BCE AT XML YA, il :

stream = modeler.script.stream()
# Assume the stream contains a single C5.0 model builder node
# and that the datasource, predictors and targets have already been

# set up
modelbuilder = stream.findByType("c50", None)
results = []

modelbuilder.run(xresults)
modeloutput = results[O]

# check how many contents are there and what are their names
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tags = modeloutput.getContentModelTags ()
print "Content Model Tags :" , tags

# Now that we have the C5.0 model output object, access the

# relevant content model

cm = modeloutput.getContentModel ("PMML")

if (cm != None) :
# The PMML content model is a generic XML-based content model that
# uses XPath syntax. Use that to find the names of the data fields.

# The call returns a list of strings match the XPath values
dataFieldNames = cm.getStringValues("/PMML/DataDictionary/DataField",

||name||)

print "Data Field Names:" , dataFieldNames

£ Script 1, IBM SPSS Modeler 374% R4 N AR :

o FUE BB A TEE AR ZRR ) 5 B R AR B R

« XML WABR AR FEC A XML A REERT N2

« JSON WA BRI ATEELLA ISON A& 17 I N A

- ERRGEET RN A B F A BCE B E R S AR a T &
o BB DY AR A 17 B AR R A s AR e i e T AR RIS 2 RS A
TR, FAIEEAEE RIRN A

o e A

o A

* SLRM

- TCM

« flT5 Python Hi%Zs

« ffiH Spark Hi%h

o PR Rk R A R
o JEfAEAY

« STP

RENFIRE

RIS AR 7 BRI, R I BRI R B E R, e REA2H 2 ERER R —

RIS (BN e R .

API
& 25: API
8] Jiik il
int getRowCount () {211 33 {18 R A R B A7
int getColumnCount () {511 12 {18 2R A& B ARME L
String getColumnName (int {E[al45 E MR R AR Y 42 8.
columnIndex) BERZESENR 0,
StorageType getStorageType (int EO+57E Fets s H AR o 78 A
columnIndex) BEZESENRA 0,
Object getValueAt (int rowIndex, |[REHEEFIFEIEMNRIEITREIIE,
int columnIndex) FIRG I FIR RS EELER 0,
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| 25: API (#£48)

{8l 73tk Wt

void reset() B BRER M Py A AR BRI O AR ART N
TR

ERREFNERH

I AR & 471 L L I R R PN AR R i ) B R

& 26 EnELAN & L

[IEEL LTHIEA #f#a% ID

table table "table"

&5l Script

stream = modeler.script.stream()
from modeler.api import StorageType

# Set up the variable file import node
varfilenode = stream.createAt("variablefile", "DRUG Data", 96, 96)
varfilenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIN")

# Next create the aggregate node and connect it to the variable file node
aggregatenode = stream.createAt("aggregate", "Aggregate", 192, 96)
stream.link(varfilenode, aggregatenode)

# Configure the aggregate node

aggregatenode.setPropertyValue("keys", ["Drug"])
aggregatenode.setKeyedPropertyValue("aggregates", "Age", ["Min", "Max"])
aggregatenode.setKeyedPropertyValue("aggregates", "Na", ["Mean", "SDev"])

# Then create the table output node and connect it to the aggregate node
tablenode = stream.createAt("table", "Table", 288, 96)
stream.link(aggregatenode, tablenode)

# Execute the table node and capture the resulting table output object
results = []

tablenode.run(results)

tableoutput = results[0]

# Access the table output's content model
tablecontent = tableoutput.getContentModel ("table")

# For each column, print column name, type and the first row
# of values from the table content
col =0
while col < tablecontent.getColumnCount():
print tablecontent.getColumnName(col), \
tablecontent.getStorageType(col), \
tablecontent.getValueAt (0, col)
col = col + 1

fE Scripting TBREH) A28, i HHELUR
Age_Min Integer 15
Age_Max Integer 74

Na_Mean Real 0.730851098901
Na_SDev Real 0.116669731242
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Drug String drugyY
Record_Count Integer 91

XML & 5EEY

XML AT R BRI XML BN

XML NS AR FEUUE R XPath FRINATeHE, XPath RRAE LT, BT HERMIMEZEEN
TCEEB M, XML NARBRIER S S DA R s 2 R aCANET, 11 XPath 2B\ Bl H gL
4NEN, JSEISE Python Script HiEEfTREAL B8 N fE B,

XML AR 05— DLy B P AU A XML SCAFRI R, I Python Script 5125 RES (4 A H W 22 1Y

Python F2 U A HIHT XML,

API

= 27: API

8] 7iik st

String getXMLAsString() AR TEAUEE] XML,

number getNumericValue (String AR ASHIASE R, (EEER %
xpath) BE (N, sHEBPRIEERRAH

FFHTTRIES)

boolean getBooleanValue (String {15 AT E E B ASR R A RIE TS
xpath) Y Boolean 455,

String getStringValue(String e [0] B4 7 BE ISR A 8 PR (B B

xpath, String attribute)

XML Hi#s{E,

List of strings

getStringValues(String
xpath, String attribute)

ol (g, Hrp S ATa S
ST S SAHATHY B ME(E B XML HiRG
{H,

List of lists of strings

getValueslList(String
xpath, <List of strings>

o (g, Hrh S Arh S
TERSHTTHIRE MEE, AT ERE

value:list of string)

attributes, boolean & XML #iBs{E,
includeValue)
Hash table (key:string, getValuesMap (String EE—EEER, SRR

xpath, String
keyAttribute, <List of
strings> attributes,
boolean includeValue)

J&8 LBl XML EiRG(E 1 2 5t, i
P32 8 MEAE 1 2% AR EL

boolean isNamespaceAware () {80 XML FIH7 282 75 ME R 2 7
i, FHEAEZ False,

void setNamespaceAware (boolean | 5% & XML HIHT %2 & IEIE iR 44 7%

value) i, BRI reset (), PA

T CRABAE TN ER FH AR B2 5

void reset() TEPRELE AR (flan, PREXEY
DOM Y1) FE BRI F A Ar] PO 55
78,

ERESFNER L

AR 41 o B 0 MR N AR i R O R
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* 28: HiEAFIE L

iR it A4 1% [ff£ 4% ID
Most model builders Most generated models "PMML"
"autodataprep" n/a "PMML"
&) Script

R EBUNZ R Python Script fUHERTREAN R AR :

results = []

modelbuilder.run(results)
modeloutput = results[O]

cm = modeloutput.getContentModel ("PMML")

dataFieldNames
predictedNames

MiningField[@QusageType="'predicted']", "name")

JSON REIEE

cm.getStringValues("/PMML/DataDictionary/DataField", "name")
cm.getStringValues("//MiningSchema/

JSON NABAIFATZ AL ISON AN A RIS R, MARTISEAE 7HA APT, FIRRTE (Bog W-IY & ATE 217
BEERITEDL T, A FFRE S fEUE,

API

& 29: API

{8l Jitd: wtA

String getJSONAsString() DA BT {2 [E] JSON A
Object getObjectAt(<List of EEFEE SRR, 1RAERY

cbjecta> path,
JSONArtifact artifact)
throws Exception

W RE A2 E, TEEEBN
T, #EHNERR, EEE
AIRER TR, BB EBEUR A,
g # & JSON #fF (JSON ¥ffak
JSON [#51))

Hash table (key:object,
value:object>

getChildValuesAt(<List of
object> path,
JSONArtifact artifact)
throws Exception

ANERAEE I FEI] ISON 4,
BRI R FUE, A HIE
Mz, FAEHHIEETEH, M
FRABRER DUE T, B &
BEA AR, SE 2 JSON
(JSON ¥yf8k IJSON [E51)

List of objects

getChildrenAt(<List of
object> path path,
JSONArtifact artifact)
throws Exception

AR AR E RS FEI] ISON FfE%l),
HI R B 5% B A8 P P A T B
HANERISE, HORERNERE
T, B BEEEimM, SE2
JSON ## (ISON ¥4 ISON
BA)

void

reset ()

TEPRELE Py AR (i, PRERE
DOM ¥F) AR BRIt A (A7) P F etk
17,
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ARk
AR 21 e B R MR P AR i A R

& 30: EiRANEIH

iR it A4 1% [#if£ 4% ID
"applykmeansas" n/a "JISON_MV"
"applyxgboosttree” n/a "JISON_MV"
&) Script

41 Script EH#H ISON #EHZE:

applykmeansas = stream.findByType("applykmeansas",6 None)
mvjson = applykmeansas.getContentModel ("JSON_MV")
print(mvjson.getJSONAsString())

applyxgboosttree = stream.findByType("applyxgboosttree",h None)
mvjson = applyxgboosttree.getContentModel ("JISON_MV")
print(mvison.getISONAsString())

RSt ER N E IR R HG T ERNEIEE
WS T RN SR A BOIRLE A DLy AR st B st R (st RE) o ASErENA A
FATATZERT DATE — BRI (7 - Rl SRR o i — OB E 2 st R RO SRt B R
AREAY AR AT EORHI A0 S s
« Count
« UniqueCount
e ValidCount
« Mean
- Sum
e Min
« Max
« Range
e Variance
« StandardDeviation
e StandardErrorOfMean
- Skewness
« SkewnessStandardError
- Kurtosis
e KurtosisStandardError
« Median
- Mode
« Pearson
- Covariance
« TTest
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« FTest

HCLE{E 00 R B ET R, 7 L At {0 P i T

A S S E A F R E A -

Mgiatetrl) EBVERRSET R, (EFEE TAHB RO, & AT DU U CH St aH &

PRI EEVE SRR, (ETEE TR BRI, B R DUE R R R

CPEEIE ERETE LR — OB B R SR P Bt A 4 A T L A R B A 5
A B N AN S R R R R E B RG AT DIRE, IR R EiRS Y A RE

ColumnStatsContentModel API

3 31: ColumnStatsContentModel API
{8im] T3tk Wt
List<StatisticType> getAvailableStatistics() | AR HE#EER,
Wi AR A BRALER A H B A B st
ERE,
List<String> getAvailableColumns() (C G/ N < ¢ RN P
Number getStatistic(String ([ B 2 MR AH BRI Y A s 1A
column, StatisticType
statistic)
void reset() TH BR B 3 A B i AT
Bl ARG

PairwiseStatsContentModel API

& 32: PairwiseStatsContentModel API

primaryColumn, Object
primaryValue, String
secondaryColumn,
StatisticType statistic)

{8 Jitk Wi
List<StatisticType> getAvailableStatistics() |fEEIHAETIA AT S EHE R
A AR A RRACER L H BB A St
EREE,
List<String> getAvailablePrimaryColumn | {#EIE 5 HAAFHE R FE EMA
s() Mo
List<Object> getAvailablePrimaryValue |fHBEIEEHEHA RN
s() {Ho
List<String> getAvailableSecondaryColu | EME B & HEH B R B
mns () it
Number getStatistic(String {65 B MR A R O 4 5 B M
primaryColumn, String
secondaryColumn,
StatisticType statistic)
Number getStatistic(String L[] B = A R 45 1 M A T P 472

AHE{E,
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X 32: PairwiseStatsContentModel API (44&)

4w Jitk i
void reset() 1B BRBLI Py A A BB A AR AT N
HBGE (7L
EREAFNEH
IEFRAR & 21| Lt B A M R A PO AR 2 i ) £ R
& 33 EARLFN &L
iR it 44 0 ¢ ey ID Fri&E
"means" "means" "columnStatistics"
Qa5 GIED)
"means” "means” "pairwiseStatistic
sII
CP W)
"dataaudit" "means" "columnStatistics"
( TERIFEZ) HiEh)
"statistics" "statistics" "columnStatistics" |{EEREREMNEA &
A,
(MatErlEiRs)
"statistics" "statistics" "pairwiseStatistic |{#E BB &
s" £,
€ ian=tE0E)
&5l Script

from modeler.api import StatisticType
stream = modeler.script.stream()

# Set up the input data
varfile = stream.createAt("variablefile",
varfile.setPropertyValue("full_filename",

"File", 96, 96)

# Now create the statistics node. This can produce both
# column statistics and pairwise statistics
statisticsnode = stream.createAt("statistics",
statisticsnode.setPropertyValue("examine", ["Age", "Na",
statisticsnode.setPropertyValue("correlate", ["Age",
stream.link(varfile, statisticsnode)

results = []
statisticsnode.xrun(xesults)
statsoutput = results[0]
statscm = statsoutput.getContentModel ("columnStatistics")
if (statscm != None):

cols = statscm.getAvailableColumns()

stats = statscm.getAvailableStatistics()

print "Column stats:", cols[0], str(stats[0]), " =",
statscm.getStatistic(cols[0], stats[0])

"$CLEO/DEMOS/DRUG1N")

“Stats", 192, 96)
IIKII:])

llNall ,

"K' )
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statscm = statsoutput.getContentModel ("pairwiseStatistics")
if (statscm != None):

pcols = statscm.getAvailablePrimaryColumns()
scols = statscm.getAvailableSecondaryColumns()
stats = statscm.getAvailableStatistics()

corr = statscm.getStatistic(pcols[0], scols[0], StatisticType.Pearson)

print "Pairwise stats:", pcols[0], scols[0], " Pearson = ", corr
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4 6 B FR1T5 1

WO ERES

fEn] A R R A IHE 21T AR E) IBM SPSS Modeler , 1 FAfizR,

Microsoft Windows

1. fEZ45 7 IBM SPSS Modeler (&G L, Bk DOS s 28~ P&

2. UJ# = 1BM SPSS Modeler (14, [Installpath]\Program
Files\IBM\SPSS\Modeler\18.5\bin),

3. WRZ PLAE #iEizCRE) IBM SPSS Modeler /1 1H, #5#i A modelerclient 154, BHEZFELENSIE;
flan:

modelerclient -stream report.str -execute
] DUGE R AT A 5 [ () AR = AR ds. SRR, BT Script SRR 25 E HALSHL,

Mac 0S

1. Kt IBM SPSS Modeler ) Mac 0S 52 B84E (5140 [Installpath] /Applications/IBM/SPSS/
Modeler/18.5/IBM SPSS Modeler.app/Contents/Mac0S),

2. HEDHHHEZURE) IBM SPSS Modeler /M, #EHUTRELES B Modeler $54; f1l40:

./modeler -stream report.str -execute

ERIELITEIH

EAI DUHE ST 18 (R ATERE) NS modelerclient 6%, PASHE IBM SPSS Modeler FYJIE
ny,

TFAEZ MR HIINE2A TS 1 OERY, AR RER Py A S O TR,

& 34: 15175 | By EEY

51 8o LA

ECL- FH2BEE 58 HIY FR&5 1%y 8, DESEZ
Eillo

S5 8L FHZBE 59 HIY 25 %y 8, DIEISE
E2-Cil"

rIAR AR IEAR 5 | X R R 60 HAY MARSSELMS 18y 8, DI
1FHEZE .

IBM SPSS Collaboration and Deployment Services |#52R45 61 HfY lIBM SPSS Collaboration and

A7 AR 5 |8 Deployment Services fi# 778 B4R 5 |8 F7E, DI
(EEiES-CIR

IBM SPSS Analytic Server #4515 [#( 2% 61 HRY FIBM SPSS Analytic Server jH43
5180 FE, DEISEZEH,




fan, RILAMER -server. -stream il -execute MEACHERZBFRE, MEWMAMHITHNL, 4T

NG

modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

FRTERL, B SR P O 2 ST, AN A A IR AR 5 | B
A DA 5 [ h L S S 2 8UH, Filn:

modelexrclient -stream mystream.str -Pusername="Joe User" -execute

fEMAT DA -state Ml -script R, DPUEME N3 HI1EAT IBM SPSS Modeler {KEEF Scripts
ak: ANRTEAE &S 2 8L, ARV EAE S | SRATIT AN B RRER, 1B RE - 7E fifad 5~ B IR RS BRaZ 5 |

e

PRIGIELITSIE

A EHHECITIREE, S5(EH modelerclient f5 RIS [ BORE) IBM SPSS Modeler, JE@hkn] DUER

A E LT AR AN TR AT

ORI DME T LIERE 280 BRiHE (T LHE) JIRER -> TRoE LIEEER2

B ) R EETEIAN 2 BOE TR,

b L 2

ERAGHIT AT H B R AT B R AT [

K 35: RERSIER

518

1325/

@ <commandFile>

@ FFSRIRNE S, ERANIEEIETEHE, # modelerclient iBEIM @
SRR S BURE, EFERZ M R BHEETIRME, MRERLSTH 8. W
TGN, H2HEE 62 HIY NHEZMES 8 T,

-directory <dir>

REHR TEH#k, TEAmMRINT, % HEFERHREBCE R,  #
fii]: -directory c:/ 8¢ -directory c:\\

-server_directory
<dir>

FERECE TR IRES H 5%, 8@ -directory HATRHEER TIE H S i
II:HO

-execute

TE BN BB TIRCENIRF s N ER AL, ARBEEY Script,  WNERAE BRI Eik B = AME
# T Script, HI Script # B4 T,

-stream <stream>

BN NTEE R ER T, ] DAREE 28 R, (R A% — 8T I ER i ek
SE 7y H AT HR L

-stream_passwozrd
<password>

ENRE, WMACHEEWBRSRR. Hli, ErTDHITUH TS clemb. exe

-stream enc-streaml.str -stream_password Passl1234 -execute

-script <script>

BN AFEE R BAL Scripte QIRTTANIE, PRAVMEGIRREZ SN, HARRCE
AIFRTERE Script, {ETERENRHERTEA—{# Script,

-model <model>

TERENR R A E AU AR (L gm ARATRESD) o

-state <state>

TERENRE, BATEERICREFIREE,

-project <project>

WMATEE R, ERERE A HE,

-output <output>

TEMEIR A CREFREHIEE (. cou MHIESR) .

-help

RURERATS BB, TR RIAR, i RATE s | B RURs =,

-P <name>=<value>

MRBEMEN 28, WMATHRBOEHRNE (NE2E) .
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g‘ &ﬂ%gﬁ%%ﬁﬁﬂhi&i?ﬁﬁﬁﬁo B EIREIE, FEfE TSR DhRERFEESLE LIEH ek
vl kg ek H 85

HAZEES

FEAATEIEUT, &RT DU S B A S ES AR S 18, TERERr A Z @B, AREfE L, 7
an, BB TRIER A report. str Ml train. str BEAR, &0/ DAERM FES:

modelerclient -stream report.str -stream train.str -execute

£ IBM SPSS Collaboration and Deployment Services {#77E SN\ %

[Rl 2 0] DATERE 228 4iE IBM SPSS Collaboration and Deployment Services fEfE/E (WIERC1ZHE) #HAEE
Yitk, FRDARER S E spsscr: & GEA) file: (GHEMARE LAY &457R IBM SPSS Modeler =Y
GRT ivAr= = =1 B N )i TR 2

e -stream

e -script

e -output

- -model

- -project

10T DA 7B A2 URT DTS @RI E, flaN -stream "spsscr:///folder_1/

scoring_stream.str", UWIRFTE spsscr: FH, HIFE/EMFETELH5EE IBM SPSS Collaboration
and Deployment Services fi#i 7 /& I AROELR, Fit, SEEMWIESERZ LR RY#EH):

modelerclient -spsscr_hostname myhost -spsscr_port 8080
-SpsSsCcr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder_1/scoring_stream.str" -execute

R, (EIE217TH WZEH URL, AZHE1% REPOSITORY_PATH SAERVAHEEIGES, (ARSI R
Script, ) £ IBM SPSS Collaboration and Deployment Services #17/&E FR¥I{4-HT URI RUGEAIE R, 52
RI% A5 ERY T{£HL IBM SPSS Collaboration and Deployment Services {178 FRRIYIM0 FRE,

a5 GO
SUATFELE IBM SPSS Modeler ({5 FHUTIIRININGE, (ERES173IH0T, (8 -P I, LRSS -P

<name>=<value> FRZH,
S8 DU AT —IE:
. Y2 (1, E#E CLEM RRAAREANZ28) .

- MIEZE, MAEHENE, HESEETHREBREBRTHRNRE, WTRAHRER, 528 % 65
[y THIRE A HEBL .

- BLIT2Y, IR EME IBM SPSS Modeler FRIFEAY,
fan, AT DRGSR F A2 AR RN B ISR A F D1 THIE, 40 RFR:

m

modelerclient -stream response.str -P:databasenode.datasource="{\"ORA
10gR2\" ,userl,mypsw, falset}t"

Hig 8 databasenode HiEiNAEN datasource Z2EUSUHF, WFHEREN, 20 F81HM
Fdatabasenode W& J o

INSRER D ARG, AR — 2B true, ZFHIER, TERDRHEE ¥ 44 R R R S Hi T A e
ATEsts (EAR, BRIFEATE R G #H 20 R I E R S ATE )

%6 E 5217518 59



sk QISRAEE ILERRS, RGBSR S 9E N, M fE AR 2 BB TR Bilan, niR iR
A R TR E B 44 2% Source _ABC, FARERMLIHH AN RAfR:

modelerclient -stream response.str
-P:databasenode.\"Source_ABC\".datasource="{\"ORA 10gR2\",
userl,mypsw,truet"

FURERIAS 2 B 2 IEATE TR ZA SRR, Q1R8I TML BRI TRE B R -

clemb -server -hostname 9.115.21.169 -port 28053 -username administrator
-execute -stream C:\Share\TM1_Script.str -P:tmlimport.pm_host="http://9.115.21.163:9510/
pmhub/pm"
-P:tmlimport.tml_connection=§\"SData\",\"\",\"admin\",\"apple\"?}
-P:tmlimport.selected_view=§\"SalesPriorCube\",\"salesmargin®\"%

ak: W datasource WAHINEREAR S —Ea 2 E=E, 5 (WA M55 ) SUREE, IREE
AIDMER TR s (95 MU EE A7 T, flan: "{\"db2v9.7.6_linux\"3}" B¢
"S\"TDATA 131\"}", Wb, —HDARES|SERIAIEIIE(E datasource FEH, W0 RAIEFIAR

A~ "I\"SQL Server\",spssuser,abcd1234,falset",

RIAREZEAR 518X

-server JEIEE &5 H] IBM SPSS Modeler fEsZ B 2 A FARES, MiEM -hostname, -use_ssl., -
port. -username. -password } -domain & HZKE 1 IBM SPSS Modeler dilidERE £ ARSI
RARAEE -server 5|81, RIf A FEEEEAR v (Al AR 2R

i)t
SR ) R -

modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

AR

modelerclient -server -cluster "QA Machines" \
-spsscr_hostname pes_host -spsscr_port 8080 \
-spsscr_username asmith -spsscr_epassword xyz

FEER, EREMARAS#EETEIEIE IBM SPSS Collaboration and Deployment Services (& B2 5
%, At -cluster 518U /HBR 17 BEHAEIE (spsscr_*) —EffifH, WFAHREM, @E2MEE S
61 HfFJ FIBM SPSS Collaboration and Deployment Services fi# {7 & B4R 5 8

7 36: EARZSERTI 2L

Gl i 1325/
-server DRI R 25 N34T IBM SPSS Modeler, [FlRH#i S -hostname, -

port. -username. -password I -domain B E/\F ARk,

-hostname <name> AR es ) F 2 f8, (EEFRIReAEHR] H,

-use_ssl Fe g AR FEZH ] SSL (Secure Sockets Layer), Ja 2 &AM ; FEREA A
fiFFH SSL,

-port <number> fEE FIARARIIRSE, (EE AR RT

-cluster <name> feEfafARAsHE (MAZEmANAIRS) BFEL; 58T RS

hostname. port fluse_ssl 5|#, &MA=m%ES, FGEF] IBM SPSS
Collaboration and Deployment Services {7 FHEEMME— URI, fAR:S
# 1 IBM SPSS Collaboration and Deployment Services HH i@ 74 25
B, E2R% 61 HRY FIBM SPSS Collaboration and Deployment
Services ffif7H HART 8L T8, DEISEZEH.
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& 36: [EAREFIELRS | BX (AR

518

13 2%/

-username <name>

ERANEAFIRSSHI R E AR, (EERIRESREAART,

-password <password>

IERMRBA ARG RS, e FRGEA AR,
ak: NRARGEH -password 519, IRERSIHR R N\ &S,

-epassword
<encodedpasswordstring>

BEHANEANARESB MBI BN, AR AT,
wE: AT DAE IBM SPSS Modeler JEFFE R [T B IhRER P EA SmIEHNS,

-domain <name>

IERMRBA R ARSI, (£ AR A R ARl H,

-P <name>=<value>

MIRFREMEZ . ] HIRREHRNE (MEZE) .

IBM SPSS Collaboration and Deployment Services f#77/&E #4375 2%

R ARE BT 1T AR G A ELHE IBM SPSS Collaboration and Deployment Services HHRI#14, HIAETEE
—{E$& 5% IBM SPSS Collaboration and Deployment Services f#17/&E HIERGHELR, Hla0:

modelerclient -spsscr_hostname myhost -spsscr_port 8080
-SpsSscr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder_1/scoring_stream.str" -execute

TR AT A R AR 5 [ A B

& 37: IBM SPSS Collaboration and Deployment Services 117 E4R5 | £X

518

17 %/

IP address>

-spsscr_hostname <hostname or | ZZ%% IBM SPSS Collaboration and Deployment Services 7= 1

frI AR oA A% M TP (7 41k,

-spsscr_port <number>

IBM SPSS Collaboration and Deployment Services f##17 /& %528
ARIUIRSE (EE, FHRR(EZ 8080) .

-spsscr_use_ssl

Fe AR ERZ (3 F] SSL (Secure Sockets Layer), 12/ iIE; 78
FEAE A AMEH SSL.

-SpsSscr_username <name> A2l IBM SPSS Collaboration and Deployment Services fi# {7 i

HIfE FH & 40 R

-spsscr_password <password> | % AZ|IBM SPSS Collaboration and Deployment Services f# {7 &

AR TS

password>

-spsscr_epassword <encoded | FZR%Ef A IBM SPSS Collaboration and Deployment Services f# 17

JoE ) A A 2 S

-spsscr_providername <name> | A% A\ IBM SPSS Collaboration and Deployment Services 17

J# BB RIFRMLE  (Active Directory B¢ LDAP) , WIHRMHHE4A (&
Ui E) PR, EEANELEN,

IBM SPSS Analytic Server #4525 | 8%
AR ELE R TE 1T REFEEEL IBM SPSS Analytic Server FRIS#If:, AREELZETEE BL IBM SPSS Analytic

Server MBRUEAR,

ak: I HTAIARAS FUTERRAL B2 E SPSS Modeler Server ZH), {# & tr] DUEE T.H > Analytic Server
SR R B O i E AR A EHAR,

TNERA AT A AR 5 [ A B
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2R 38: IBM SPSS Analytic Server 8435 | €k

518 13 %/

-analytic_server_username FHAE N\ IBM SPSS Analytic Server Ffi & % #.

-analytic_server_password FHA%E N IBM SPSS Analytic Server FJ%H5,

-analytic_server_epassword | F/A%E A IBM SPSS Analytic Server &SI 4w G 215,

-analytic_server_credential | FJ/A% A IBM SPSS Analytic Server fJE2&E,

HEZE5188

JHIBERELRIEH @ 7598, 0] DAFEPENYRHEE R SHER S 025 8, B EERT AR e A TIEY,
%ﬁﬂL‘Aﬁﬂlﬂ’ﬁ%%é&i%ﬁﬁé*ﬁ%ﬁﬁﬁ%&fﬁuo Blan, FAREHES & <commandFileName> fir 2 MaRE
FRFEE S 8

modelerclient @<commandFileName>
R, RIS 90 SENREA RS EREER, WTRFR:

modelerclient @ "C:\Program
Files\IBM\SPSS\Modeler\nn\scripts\my_command_file.txt"

TR DN S ATE P RS E TS 18, ST —E518.  Flan:

-stream report.str
-Porder.full_filename=APR_orders.dat
-Preport.filename=APR_report.txt
-execute

EREANM2 e MR, WHEBE LT R

« BIFECIEH—1T,

« NELEAESREHNE @CommandFile 5%,
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REZSEEE

Al DAy EfiRG, Hi,. HEM SuperNode fEE ZEARING, FLENAEAHAHRIEM, Bl 4
Mo TRERE A TTRSER) , AENFAH SR R MR,  HM P w R M R iirEsE, Bl
QnpREXER SuperNode 174y, RNEEAEEEME I E N (B4 E FIRCE FEAE A IHETRNETERE) AN, &
PAZ A HL A7 SR A

« AIJEME Script BRNE (WATEFR) , MFHEEEM, FH20 % 63 HIY TWAEE o
« AJ{E SuperNode 28 FH HiBE N2,
« TEMX®) IBM SPSS Modeler ¥, SiBiNAthn] DLAEFSSATIEEN—E5 ((FFH -P EED .
£ IBM SPSS Modeler [ Script #fS BRI ERT, SR BRNBTEFERAMNESE, AT, EMfE
2 EEE e ER RAT N A
NEEE
Al DAEF NAIRBE R E WA

OBJECT.setPropertyValue (PROPERTY, VALUE)
1%
OBJECT.setKeyedPropertyValue (PROPERTY, KEY, VALUE)

A PABE A S AIRE IR A OME :

VARIABLE = OBJECT.getPropertyValue (PROPERTY)
EIN
VARIABLE = OBJECT.getKeyedPropertyValue (PROPERTY, KEY)

Hr OBJIECT 2HiZssk#it, PROPERTY @R XS HBIEENAN RS, M KEY 23 RIIB-NEMRS|H#
B, BN, THEEERARSIOAIRSEHE,, AERETERE RS FrE MR g khElE Age

iz :

filternode = modeler.script.stream().findByType("filtexr", None)
filternode.setPropertyValue("default_include", True)
filternode.setKeyedPropertyValue("include", "Age", False)

fHF SR £indByType (TYPE, LABEL) BR%{P]CAERZ IBM SPSS Modeler H{f TG Hilh, WEZR/DE
ZE—{# TYPE 8¢ LABEL,

LA AEN
Script SiESEBAEHILNE, RERFEENFTHITEN T RE

- TEEEOERINA RIS, BIAERIENRS, B8 ER e AR,
- JRft—MEn] —IRfEE 2N ERIRE

EETENSEK

WA R HAE S IRIERRT CEEL, B EER) /Y Script MIREIERE RS DUEIEREEINT, &
LNATRERZ M LR ID AR ERS, WA T, B, @IEasERN, SMEaTmMme (EH



B IR BARERBRRIRE, & T 2RI E,

NEEas ) ER s EEMRA (IR true B2

false) fffF —MEKIHH, WNARMERRER (BHEES) True B False, fR&%4 % mynode A N
te) HIRREE Bl B 4% Age HUMIAL, ZERPAIL T B, HtEARE T Age FINE include HI(HRK

EA False, W RATR:

mynode.setKeyedPropertyValue("include"

~HRESENTMEEL

, "Age", False)

BRI S, TR E R e R 2 NS, ISR A2 EEGTR L e L,

FERLEARIUT, MRANAMHERS, #HTh:

sortnode.setPropertyValue("keys",
"Ascending"], ["Na", "Descending"]

[["K", "Descending"], ["Age",
D

RERE VAR 5 —EEEIER, ERIAERETEE < A o] DAIERXERS ERE s TIENA, KHmR, ZEEST
FERN A N A SOE B EE T 210, ERRPREANA, I, W05RAEE G A SR R ) W P i
SEMRALINE, FNHEIRTE M EBOE L AR AR A — 200, M EES R, U HEEATTNERNE,
A RS AE T RHE L RToE IR E N, femigk s bR EE A,

TEHTREN AR RS, IR A B Script,

& 39 EREZEPERNZFERER

abs KEHE

len RIE

w/IME R/IME

max &AME
correl el

covar Eay L

num WHE Y
pct [Epaiae
transp i#E0A

xval R e

var S e (TE2RIR SR )

EiREM s EE

£ IBM SPSS Modeler Ha] DAL 77 S BRI A I N Y, IOREE M 1 Script BU—887>, (EZMRNE
A Script (9—# 0 H AE B 2B B i sk (E SR AT BBk sURPEER Script BY— 850 FH DUET B B A8 BRI N 78
fiEfE BBk, ERIEETE SuperNode WEHIHIRENARIGEHR S, MEFRIEXRM S, NAER
METEATIEIEA HE) IBM SPSS Modeler, i -p IR BTG ATIEAURY—HR iRy, AT DUSE I ER IR A 2K

B B HR IR
7= 40: EIREFN R RN B EN
W €

S.max_size

SRS s TN max_size,
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R 40: BN B RNB &G (EE)

L €S
. . S A s NEIBINE max_size, WHZE
s:samplenode.max_size ThEA | il
LI H Al e PR B Py 2 ize (HE

:samplenode.max_size %21?%i%%$§j<$ﬁﬁ' HHINA max_size (S
. . AR A s INEESIINS max_size, WHA
s:sample.max_size TREA | e
t.direction.Age VWRE| TREAY ) iSRG t PRI A
:.max_size ox JETRPRIE < WA JETE E F B A RR el A B R,

#ifj] s: sample.max_size siAAAR— T E S HETBER A 28,

#ifl t.direction.Age #l, & ICA8ENREE VL LU A (8 BI(E RO 08 58 M sE ks, SLLe@ MRl AR
TRk . R MERE DAL S A

ENRGPI B R ER

SRR HAENASE, SENAMAEREER, M DURE AERNE T, e E, HR
WARERRHI R EMER, R MZasRE, AN HEEER, Hoh, EENAE2 A DIsE&EER

#ifE, M40 Discard. PairAndDiscard #l IncludeAsText, MHFGIRERAHME, Rl HIRER, HE
JEEERAME true B¢ false BN EHEAENS ., GUEERMAIERAIW T2 EE: 0ff, OFF, off.

No. NO. no. n. N. f. F. false. False, FALSE 5k 0, {HfFFLEN NEBNBERE HEE, A HE
HEA A E 1E true, #H true Fl false RFRIF—B0K T DU RIRIE, ) FEAFMNSERES, NE
AR S SR N AT TR, MEASH T AR AR

BRABRANE
IBM SPSS Modeler HiffI{R 2 NZ0E AT H%: (245 SuperNode) .

xR 41 —RREEERNE

WA BRERY WE ]

use_custom_name i

name string FE ECEE AT P AT 6 B 44 AR O M Y
7w (B#EHEED .

custom_name string fe & Hi B Y B 5] 248

tooltip string

annotation string

keywords string e B 14 R Mgt 1) [ 9 7 1 LA 4

ML (40 ["Keywordl"
"Keyword2"]) .

cache_enabled i

AR S IRE RN IESTN A, B
S 200053, supernode w, BRREmSIE (Pl
terminal_supernode rggl_lncome) 29, HEATDM
Fﬁﬁ%j@f?_ EFEA (A userinputnode
g filternode) .

nOde—type source_supernode

Scripting

&

7 B NAES G 65



SuperNode P& LA FITA HAMERREH WAL EBIR GR. H2RE 401 HAY 58 21 & SuperNode WA

T, DS EZ &,
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4 8 & RN

JEIE Script % AT LU HI A IRNE . HSMEPRNGE, SHEERITITIRSE R ER Script:

stream = modeler.script.stream()
stream.setPropertyValue ("execute_method", "Script")

ol
FIREN A N2 I8 H AT R AP RIERS, 40 NATREYERAL Script AR R — @

stream = modeler.script.stream()
annotation = stream.getPropertyValue("annotation")

annotation = annotation + "\n\nThis stream is called \"" + stream.getlLabel() + "\" and
contains the following nodes:\n"

for node in stream.iterator():
annotation = annotation + "\n" + node.getTypeName() + " node called \"" + node.getlLabel()
+ II\II n

stream.setPropertyValue("annotation", annotation)
WG I FH TR N AL T — AL S B A HTREAOTE B, IR RS S N BRTRAY R, AR RRVRERR R
aandE:

This stream is called "druglearn" and contains the following nodes:

type node called "Define Types"

derive node called "Na_to_K"

variablefile node called "DRUG1n"

neuralnetwork node called "Drug"

c50 node called "Drug"
filter node called "Discard Fields"

R N BB SR RN 3R,
®42: BRNA
WA ARG jeg ek utl P2

execute_method Normal

Script




R 42: BRND (B

WHEHE

BORPER

WA

date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YYYY"
"DD.MON.YY"
“DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

g 0 YYYY

ww WK YYYY

date_baseline

By

date_2digit_baseline

By

time_format

"HHMMSS"

“HHMM"

n MMSS n

"HH:MM:SS"
“HH:MM"

"MM:SS"

“(H)H: (M)M: (S)S"
“(H)H: (M)M"
“(M)M: (S)S"
"HH.MM.SS"
“HH.MM"

"MM.SS"
“(H)H.(M)M. (S)S"
“(H)H. (M)Mm"
“(M)M. (S)S"

time_rollover

TEAE

import_datetime_as_string

JEAR

decimal_places

By

decimal_symbol

Default

Period

Comma

angles_in_radians

TEAE

use_max_set_size

JEAR

max_set_size

By
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R 42: BRND (B

WA ARG gk Eptl NN
ruleset_evaluation Voting
FirstHit
refresh_source_nodes iy FHAE BRI TH B BhEE R R sk
TR SRS
script string
annotation string
hame string ak: WEINA AR, GNSRAHEE AR
R RE, 1EREZ ] H AR
hn AR
parameters i LN AT DAYESE N2 3R Script H
HHT IS,
nodes a2 R R,
encoding SystemDefault
"UTF-8"
stream_rewriting boolean
stream_rewriting_maximise | boolean
_sql
stream_rewriting_optimise_cl boolean
em
execution
stream_rewriting_optimise_sy boolean
ntax_
execution
enable_parallelism boolean
sql_generation boolean
database_caching boolean
sgl_logging boolean
sgql_generation_logging boolean
sql_log_native boolean
sql_log_prettyprint boolean
record_count_suppress_inp | boolean
ut
record count_feedback int |Z#
erval
boolean WRAE A true, AREEEERRFER

use_stream_auto_create_node_
settings

FRARBOE, SRS EERERE =
UF RO

B8 E HBMNA 69



R 42: BRND (B

N4 Brpi RS
) boolean WSAE A true, APE{ERTEER
create_model_applier_for_new Egiz%ﬁﬁﬁﬂﬂjﬁji%g%iEEEQfFﬁHEPHﬁ
models REIYTE BT R4S, AT — T
BRIERE,
ks W RAEE A Y2 IBM SPSS
Modeler Batch 58 15 hiz, FRE
JEAE Script ARG B E
o
create_model_applier_upda| .. . . TE % H B HT G ALY £ A e AR
te_links createDisabled S ASREA
doNotCreate
create_source_node_from_b | boolean WISRAE 2 true, AREIEARGEER
uilders T T A AR R g G IR A BRI
FHHRR BB A BB A IRE, AT —
A9 ) 20 T i
create_source_node_update| . . ﬁ%ﬁﬁ@ﬂ%ﬁ@ﬂ@ﬁﬁﬁ%ﬂ#@ﬁ%%@
_links createDisabled R,
doNotCreate
has_coordinate_system boolean W E % true, HREAHG FEAE 2R 5%
E TR B BB
coordinate_system string BRI R B R SR A4 T,
deployment_area ModelRefresh ER BRI T, R
Scoring WAEFE % None, FREEA € fifi FH
None HihHEEHE,
scoring_terminal_node_id |string HERRPRED D, ERTR
& ER I AT (] 4 it B B
scoring_node_id string EEEFE D 7 S I
model_build_node_id string TS R () AR R
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4 9 B RIFEEN A

BB — RS

BT A TR S B 38 P PO AR A 77 IR, 1T 1 3 R L 0 B ) T T 3
&nf5l 1

varfilenode = modeler.script.stream().create("variablefile", "Var. File")
varfilenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1In")
varfilenode.setKeyedPropertyValue("check", "Age", "None")
varfilenode.setKeyedPropertyValue("values", "Age", [1, 100])
varfilenode.setKeyedPropertyValue("type", "Age", "Range")
varfilenode.setKeyedPropertyValue("direction", "Age", "Input")

&5f5 2
It Script EEHE & GRS R &4 % Region MG, MR AE L L,

from modeler.api import StorageType
from modeler.api import MeasureType

# Create a Variable File node that reads the data set containing

# the "Region" field

varfilenode = modeler.script.stream().create("variablefile", "My Geo Data")
varfilenode.setPropertyValue("full_filename", "C:/mydata/mygeodata.csv")
varfilenode.setPropertyValue("treat_square_brackets_as_lists", True)

# Override the storage type to be a list...
varfilenode.setKeyedPropertyValue("custom_storage_type", "Region",
StorageType.LIST)

# ...and specify the type if values in the list and the list depth
varfilenode.setKeyedPropertyValue("custom_list_storage_type", "Region",
StorageType.INTEGER)
varfilenode.setKeyedPropertyValue("custom_list_depth", "Region", 2)

# Now change the measurement to indentify the field as a geospatial value...

varfilenode.setKeyedPropertyValue("measure_type", "Region",
MeasureType.GEOSPATIAL)
# ...and finally specify the necessary information about the specific

# type of geospatial object
varfilenode.setKeyedPropertyValue("geo_type", "Region", "MultilLineString")

varfilenode.setKeyedPropertyValue("geo_coordinates", "Region", "2D")
varfilenode.setKeyedPropertyValue("has_coordinate_system", "Region", True)
varfilenode.setKeyedPropertyValue("coordinate_system", "Region",

"ETRS_1989 EPSG_Arctic_zone_5-47")



&K 43: KIFEF—RANE

N4 Brpgis RSt
direction Input A AR INE,
Target g
Both NODE.direction.FIELDNAME
None ik BN In F0 Out, TERKIRAFAIRES
EIREEMA SR,
Partition
Split
Frequency
RecordID
type Range AR, GNRASEZINA LT & Default, FARBEASTE
FRATE values WARE, 4 value_mode #%
Flag TE % Specify, ANEUCKEHES Read, MR
value_mode BE.#&E % Pass 58 Read, HREEE SR
2 type & MRS,
Set
g
Typeless
. NODE. type.FIELDNAME
Discrete

Ordered Set

Default

storage Unknown AL AR M R G I N
String g

Integer NODE.storage.FIELDNAME
Real
Time
Date

Timestamp
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& 43: RIREFE—MRNE (8

WA AR gkl WA
check None R R R S B A A P 2R 5 | N
Nullify HiEkgt:
Coerce NODE.check.FIELDNAME
Discard
Wazrn
Abort
values [value value] BEER (HE) MamE, S—EER/ME, &

B—EE2RAE, ¥HRP% (BE) BifL, EfhE
Fih H, SPEEEmA, 5 —EERE false, &E
—E(ERFR true, FREZNENTBHHHE
value_mode W& E 2 Specify, 17 e eiREHE
B —EERER, flan, WRE—EE R
string, HEGETF AT A% E A String,

AERS

NODE.values.FIELDNAME

value_mode Read HEE N — IR RHMEIE R E FERAE B 77 K
Pass g
Read+ NODE.value_mode.FIELDNAME
Current FE, NRERFLLENABRSOE A Specify; B
EfH, T values W&,
Specify
default_value_mode |Read FeE FHTER 77 B Fr B R A1,
Pass g
NODE.default_value_mode
A LUEE S value_mode N, BEiErEMAIAY
EEEE,
extend_values AR H# value_mode % E % Read Wii¥ER., #%4 THI

AR B A ERT B EE B AMN(E, *E % FRI
FESEBUA E AT U,

HliEs:

NODE.extend_values.FIELDNAME
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R 43: RFEEHE—RNE HEE)
WEABN BRPE PRSI
value_labels string RRtEEEEE, HER, WHESEEME,
enable_missing iy EROE Ay TR, RIRREE B IRE R IEHE,

ERFR S

NODE.enable_missing.FIELDNAME
missing_values [value value...] fEER N ERERIERHE,

kg

NODE.missing_values.FIELDNAME
range_missing A HWNEHRER TR, fE2GAMirERERE (2

H) #iE,

ERFR S

NODE.range_missing.FIELDNAME
missing_lower string # range_missing % true I, {5 EIREHE N

T

kg

NODE.missing_lower.FIELDNAME
missing_upper string B range_missing % true Ff, {5 EEIREHEN

R,

ERFR S

NODE.missing_upper.FIELDNAME
null_missing iy HINNERE A TR, M8 (EARRERERS

$null$ FARERME) BAHAERE,

kg

NODE.null_missing.FIELDNAME
whitespace_missing |jiZ BRNAHRES TH, #8528 (B8, Tab fik

ITHF) HERSE OB I {ES

ERFR S

NODE.whitespace_missing.FIELDNAME
description string FHIATEE RO AR B B,
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& 43: RIREFE—MRNE (8

WA BoRDmRY MRS

default_include TR RIINE, HAIEE THRAT 2 EAMR AR 2 & TR
iz
NODE.default_include
)
set mynode:filternode.default_include
= false

include JHAR R H R 0 58 2 6 1 B (A A A SR N 2
NODE.include.FIELDNAME

new_name string

measure_type Range / WRSINEFECUR type, KA AT DU 3 E 2 B AL

MeasureType.RANGE

Discrete /
MeasureType.DISCR
ETE

Flag /
MeasureType.FLAG

Set /
MeasureType.SET

OrderedSet /
MeasureType.ORDER
ED_SET

Typeless /
MeasureType.TYPEL
ESS

Collection /
MeasureType.COLLE
CTION

Geospatial /
MeasureType.GEOSP
ATIAL

MR &, AFRPSZ Python Scripting, BT DA
%y setter B EUEHEH P —1# MeasureType {H, 1M
getter —f7E MeasureType {H_Ef#[A],
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& 43: RIREFE—MRNE (8

WHEHHE BOREAY WA

collection_measure |Range / RSN GREA O TEE) |, HRSINEGE
MeasureType.RANGE | & B JLAf {EAH Be A I B 587,

Flag /
MeasureType.FLAG

Set /
MeasureType.SET

OrderedSet /
MeasureType.ORDER

ED_SET
Typeless /
MeasureType.TYPEL
ESS
geo_type Point et AL, RS INAEERIMAAERE
RS YRR, I8 B E TS BRI — R
MultiPoint
LineString
MultilineString
Polygon
MultiPolygon
has_coordinate_syst [boolean RS AL, ENA G E RO E S HA B
em EN
coordinate_system string SHEM S AL, LRGN S E FR AR A7 A EEAE
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& 43: RIREFE—MRNE (8

WHEHHE

WA

custom_storage_type

Unknown /
MeasureType.
WN

String /
MeasureType.
G

Integer /
MeasureType.
ER

Real /
MeasureType.

Time /
MeasureType.

Date /
MeasureType.

Timestamp /
MeasureType.
TAMP

List /
MeasureType.

UNKNO

STRIN

INTEG

REAL

TIME

DATE

TIMES

LIST

RS INAEFELUR custom_storage, [KAR]LAH
REZMCHBIRGEF, AFRZ Python
Scripting, IBR] A% setter PREUEIRH A —{E
StorageType fH, T getter —f#{E StorageType
(ENREAE

custom_list_storage
_type

String /
MeasureType.
G

Integer /
MeasureType.
ER

Real /
MeasureType.

Time /
MeasureType.

Date /
MeasureType.

Timestamp /

STRIN

INTEG

REAL

TIME

DATE

SHENEEMINL, R INAE GfeC ARMER 7

i,

MeasureType.TIMES
TAMP
custom_list_depth | SHENEEGL, HARSINA R AR
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& 43: RIREFE—MRNE (8

N4 gkl WA

max_list_length T AT R 2 4 A s RS sl R A R, B8
feEFEE T AE SN TR E KR EERENRE L
PR

max_string_length T fERT R EETER, BRI R AL SQL ARE #:

IRIFER]. EMANERTRARTHRIE, BgELER
AN A & B B

asimport &

T rIikEs ARIRATEETE THadoop 7 AR SR ML (HDFS) ) E#UTHR I,

L1

node.setPropertyValue("use_default_as", False)
node.setPropertyValue("connection",
["false","9.119.141.141","9080", "analyticserver", "ibm", "admin", "admin",6 "false

II’IIII’IIII’IIII’IIII])
& 44: asimport RA
asimport W% Brpi RS
data_source string B R JE R 44 R,
use_default_as boolean WML True, R AR
options.cfg fEREHAELEMTHR
SirlEl Ay EAR, WA
False, R I EREGAYELR
connection ["string","string", "strin |5 M RIARES HEARFEANE R
g", THHENE, 8%
"string","string","string|["is_secure_connect",
", "string", "server_url",
"string" ,"string","strin|"server_port",

gu, "String" ,"String"]

"context_root",
"consumer", "user_name",
"password", "use-
kerberos-auth",
"kerberos-krb5-config-
file-path", "kerberos-
jaas-config-file-path",
"kerberos-krb5-service-
principal-name", "enable-
kerberos-debug"] Hr:
is_secure_connect: fHEHER
i 22 iR, HiBARA true 5
false, use-kerberos-auth:
fetH 27 kerberos $71], H
{62 true 8¢ false, enable-
kerberos-debug: f&HH 2 & #
Hi kerberos B RIEREER N, H
{84 true B false,
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cognosimport FiIZENE
@ IBM Cognos KR Hi%E &1 Cognos Analytics ¥ K}HEERE A& KL,

Ll

node = stream.create("cognosimport", "My node")
node.setPropertyValue("cognos_connection", ["http://mycogsrv1:9300/p2pd/
servlet/dispatch",

True, "", "", ""1)

node.setPropertyValue("cognos_package_name", "/Public Folders/GOSALES")
node.setPropertyValue("cognos_items", ["[GreatOutdoors].[BRANCH].
[BRANCH_CODE]", "[GreatOutdoors]

. [BRANCH] . [COUNTRY_CODE]"1])

& 45: cognosimport BiBENA
cognosimport HifiNg | ERPEY RS
mode Data feEZMEA Cognos 8} (THEL) B2
He
Ho
Report
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2 45: cognosimport EIEENA (HE4E)

cognosimport iM%

BRI

WA

cognos_connection

["string",flag,"string",
"string" ,"string"]

7 Cognos frl kA AR G F 40 B RN TH B
N, A
["Cognos_server_URL",
login_mode, "namespace",
"username", "password"]

Hrp:

Cognos_server_URL BHEHIFE
Cognos fAlAR##AY URL,

login_mode feH @G HHERLEAN
(& true Bf false) ; WREA
true, HITNFIMNEZRA "".

namespace 57EHREANFARZRHI L4
AR,

username il password 2 H2KEA
Cognos frIAR#R A F & 2 R A TS,

B Y EHEMmAE login_mode:

- anonymousMode, ##0:
['Cognos_server_url',
‘anonymousMode ',
“namespace", "username",
"password"]

« credentialMode, filil:
['Cognos_server_url',
'credentialMode’,
"namespace", "username",
"password"]

« storedCredentialMode, #il4l:
['Cognos_server_url',
'storedCredentialMode’,
"stored_credential_name"]

Hr stored_credential_name &

17 JHE R Cognos sRrE M4 R,

cognos_package_name

string

IEEAREHHE N RIIPFRY Cognos EFFHY
FRAERIAARE, fBlan:

/Public Folders/GOSALES

ab: LA ERGA G
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2 45: cognosimport EIEENA (HE4E)
cognosimport HifiNg | BRPEMY M2
cognos_items ["field" "field", ... ,"field"] P A —E s 2 a4 5.
field ¥\ % [namespace].
[query_subject].[query_item]
cognos_filters it [IvA FE BRI E A — EE (@ I 2R Y
#fo
cognos_data_paramet |[i&H ERTE N2 EIIE, 2/(EECE DA
ers FEINEE(E, ZAEECH DUEESIERE, i (E
- H DA EIE A
iAW
[["param1", "value"],...,["paramN",
"value"]]
cognos_report_direc |#Hf: S EE AR B B RREELRY Cognos
tory PRASE, -
/Public Folders/GOSALES
ik A EREEA B,
cognos_report_name |#Hfz SRR R 5 R A B P R BRI A 44
o
cognos_report_param |[i&EH HWE2HAE, SARE/MENCE DT IS
eters fF, ZEECH DUSREERE, i (E e A
T tEs A,
X
[["param1", "value"],...,["paramN",
"value"]
databasenode &
P ERTDAER MEkHE ) #iBhaiEE ODBC (BARGRE R HEARDIGE) 2 EHEMERF
% FREANE R, 45 Microsoft SQL Server, Db2. Oracle %,

il

import modeler.api

stream = modeler.script.stream()

node = stream.create("database",

node.setPropertyValue("mode", "Table")
node.setPropertyValue("query", "SELECT * FROM drugln")

"My node")

node.setPropertyValue("datasource", "Drugln_db")
node.setPropertyValue("username", "spss")
node.setPropertyValue("password", "spss")
node.setPropertyValue("tablename", ".Drugln")
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& 46: databasenode NA

databasenode W% BRPE REE ]
mode Table FEE 2o DA 8 i A ¥ ah e st HE i 2
RHEZEMG, SFEERHDUEBMH SOL &
Query FHIEE N B R,
datasource string EREAR (AiE2E N HNED
username string R EEARGFATE R (BEa20 N 77 kT
iF) o
password string
credential string IBM SPSS Collaboration and Deployment
Services HEFRIEEE N A, HHNER]
FAE R username 1 password N7,
IR ) {6 FH 35 A4 A R 5 15 0 JE B B R
ek ifr 75 (58 FH 5 A AR AN A WS AR AT
use_credential P E A True B¢ False,
epassword string FEE —E RIS B RAE Script Hila
W5 s TERE N H,
FHZRE 47 HRY Ui AR A0 4w 5 A 215
T, DEUSEZEHM, EPUTEEs,
A 2,
tablename string BRI FAS 24 R
strip_spaces None FogE 7 A TR RS B 2 A A 3R IE
Left
Right
Both
use_quotes AsNeeded fEETE MR SR E RN 2 S H 5 | 95E
FAEARR A8 (FIAnAE B & S B BATT
Always FEHIEITR)
Never
query string T E BAR R AP E R SOL 4R,

ak: AR datasource WAHIERIEAMI S, ARELE ] DUEM M AR FEERATEN A, P

R #H datasource. username fl password AP A :
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& 47: databasenode NZA - BFIZREH
databasenode W% Brpgi RESHET
datasource string s

[database_name,username, passwor
d[,true | falsel]

B 15— (1 22 A B RS 256
ARG true, WETEREZATE
BT,

NSRS R AR, AT IS, NE, W R AR B A A RS, IR username
&8¢ password W&,

datacollectionimportnode R®&

- EERHCER BRHRE N BB AR B T 45 8 25 7 I (I Y B RHICER DR ME N TR R &
Bkl A R BRI SURA A o L B R

sl

node = stream.create("datacollectionimport", "My node")
node.setPropertyValue("metadata_name", "mrQvDsc")
node.setPropertyValue("metadata_file", "C:/Program Files/IBM/SPSS/
DataCollection/DDL/Data/

Quanvert/Museum/museum.pkd")
node.setPropertyValue("casedata_name", "mrQvDsc")
node.setPropertyValue("casedata_source_type", "File")
node.setPropertyValue("casedata_file", "C:/Program Files/IBM/SPSS/
DataCollection/DDL/Data/

Quanvert/Museum/museum.pkd")
node.setPropertyValue("import_system_variables", "Common")
node.setPropertyValue("import_multi_response", "MultipleFlags")
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2 48: datacollectionimportnode RNA

datacollectionimportnode | ¥R Pzt
Mz
metadata_name string MDSC %%, FF#{E DimensionsMDD

FORIERE FAREE BORHIER meta BRI
o HARTREREES:

mrADODsc

mrI2dDsc

mrLogDsc

mrQdiDrsDsc

mrQvDsc
mrSampleReportingMDSC
mrSavDsc

mrSCDsc

mrScriptMDSC

K9K{E none /R ANTF1E MDSC,

metadata_file string 17 meta ERIAYRE R LR,
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& 48: datacollectionimportnode NB (44E)

datacollectionimportnode | ¥R
W5

WA

casedata_name string

CDSC 48, FIRERIEES:

mrADODsc
mrI2dDsc
mrLogDsc
mrPunchDSC
mrQdiDrsDsc
mrQvDsc
mrRdbDsc2
mrSavDsc
mrScDSC
mrXmlDsc

F%k{E none $8/RANFAE CDSC,

casedata_source_type Unknown
File
Folder
ubL

DSN

faHY CDSC HZRIFREAY,

casedata_file string

H casedata_source_type % File [,

AlfsE W S ROER IR R,

casedata_folder string

casedata_source_type % Folder

F, RIFEE E &SRB R R,

IE B

casedata_udl_string string

Ik

& casedata_source_type % UDL I,
Rl 2SR EIE R E R JETEE OLD-DB
AT

casedata_dsn_string string

# casedata_source_type % DSN, H
ZERARIFTEE ODBC HAR T,

casedata_project string

6 BRI BRI i U R R,
AT DAt N R ARG, B HAthiBl s
HEREA, HBoE e A2 H.
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& 48: datacollectionimportnode NB (44E)

datacollectionimportnode | ¥R Pz IH
Mz
version_import_mode All TE F A R P 77 7
Latest
Specity
specific_version string H version_import_mode % Specify
IRf, BIlE FRELRE N R RHIAR A,
use_language string TEF B B R E 5 S AR
language string R use_language MIfEZ True, HIEFR
MEARZEMANGES T, 58S 5EAZEN
BRI YR — AT A,
use_context string EREOEEANFFCNIRRETR, BRE
FEA] F AR BB EAH R YRR A
context string W% use_context M{EA true, HIEFR
BANREER, RIETHEEZLZOERH
I 5E— AT R ER S E 2%
use_label_type string TEFB M A e e,
label_type string W use_label_type HI{EHA true, HIE
FEEE AR, BB 2 Z
BRI — ] AR,
user_id string EA B SREAREHE NRVERLE, ] IEEE
LR 1D RIS 2R BCE R AR R
password string
import_system_variables Common g e LR A WPLE 22 48 50 8
None
All
import_codes_variables AR
import_sourcefile_variabl [jfiZ
es
import_multi_response MultipleFlags
Single

excelimportnode &

Excel FE A EiEEAITE Microsoft Excel DA xlsx #EEBAEMEANE R, ~FEZ ODBC Rl

EXCELT AR
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ol

#To use a named range:

node = stream.create("excelimport", "My node")
node.setPropertyValue("excel_file_type", "Excel2007")
node.setPropertyValue("full_filename", "C:/drug.xlsx")
node.setPropertyValue("use_named_range", True)
node.setPropertyValue("named_range", "DRUG")
node.setPropertyValue("read_field_names", True)

#To use an explicit range:

node = stream.create("excelimport", "My node")
node.setPropertyValue("excel_file_type", "Excel2007")
node.setPropertyValue("full_filename", "C:/drug.xlsx")
node.setPropertyValue ("worksheet_mode", "Name")
node.setPropertyValue("worksheet_name", "Drug")
node.setPropertyValue("explicit_range_start", "Al")
node.setPropertyValue("explicit_range_end", "F300")

& 49: excelimportnode RNA

excelimportnode W% gkt REatti]
excel_file_type Excel2007
full _filename string SEEREAL, BT,
use_named_range BN EnfAfEEHEE, WRA true, HIFEFHA
named_range WA RIEEEINEE, (HZ
W 5L At TR A R B B
named_range string
worksheet_mode Index fEE R IEBE R AR E R TIER,
Name
worksheet_index = FREI TAERIVIERSE, BRI — (8 T
RHFERER 0, 5 _E TIERFEES 1,
DACRRHE,
worksheet_name string FHEE TAERI AR,
data_range_mode FirstNonBlank e it e #E E 0 77 =o
ExplicitRange
blank_rows StopReading # data_range_mode % FirstNonBlank
IR, fEEzayEETT
ReturnBlankRows
explicit_range_start string H data_range_mode % ExplicitRange
IRF, Fi5 e 2 o E o [ O e B
explicit_range_end string
read_field_names Ttk FE 2 2 75 M5 7 i [ 1 56 — 51 VR AL
() %758,
scanlLineCount B T & B G R AR R Y B, THEME
#5200,
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extensionimportnode &

E'@_ i THEMRRE A 5, A AT R B8 Python for
= Spark Script ARE A&},
Python for Spark &3l

JHHHHE Script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension_importer", "extension_importer")
node.setPropertyValue("syntax_type", "Python")

python_script = """

import spss.pyspark

from pyspark.sql.types import =*

cxt = spss.pyspark.runtime.getContext()

_schema = StructType([StructField('id', LongType(), nullable=False), \
StructField('age', LongType(), nullable=True), \

StructField('Sex', StringType(), nullable=True), \

StructField('BP', StringType(), nullable=True), \
StructField('Cholesterol', StringType(), nullable=True), \
StructField('K', DoubleType(), nullable=True), \

StructField('Na', DoubleType(), nullable=True), \

StructField('Drug', StringType(), nullable=Tzrue)])

if cxt.isComputeDataModelOnly():
cxt.setSparkOutputSchema (_schema)
else:
df = cxt.getSparkInputData()
if df is None:
druglist=[(1,23,'F', 'HIGH', 'HIGH',0.792535,0.031258, 'drugY'), \
(2,47,'M','LOW', "HIGH',0.739309,0.056468, 'drugC'),\
(3,47,'M',"LOW', 'HIGH',0.697269,0.068944, 'drugC'),\
(4,28,'F', 'NORMAL', 'HIGH',0.563682,0.072289, 'drugX'),\
(5,61,'F','LOW', "HIGH',0.559294,0.030998, 'drugY'),\
(6,22,'F', 'NORMAL', '"HIGH',0.676901,0.078647, 'drugX'),\
(7,49,'F', 'NORMAL', 'HIGH',0.789637,0.048518, 'drugY'),\
(8,41,'M','LOW', 'HIGH',0.766635,0.069461, 'drugC'),\
(9,60, 'M', "NORMAL', 'HIGH',0.777205,0.05123, 'drugY"'),\
(10,43,'M',"LOW', "NORMAL',0.526102,0.027164, 'drugY')]
sglcxt = cxt.getSparkSQLContext()
rdd = cxt.getSparkContext().parallelize(druglList)
print 'pyspark read data count = '+str(zdd.count())
df = sglcxt.createDataFrame(rdd, _schema)

cxt.setSparkOutputData(df)

node.setPropertyValue ("python_syntax", python_script)

R gl

JHHHE Script example for R
node.setPropertyValue ("syntax_type", "R")

R_script = """# 'JSON Import' Node v1.0 for IBM SPSS Modeler
# 'RISONIO' package created by Duncan Temple Lang - http://cran.r-project.org/web/packages/
RJISONIO

# 'plyr' package created by Hadley Wickham http://cran.r-project.org/web/packages/plyr
# Node developer: Danil Savine - IBM Extreme Blue 2014
# Description: This node allows you to import into SPSS a table data from a JSON.
# Install function for packages
packages <- function(x)i{

X <- as.character(match.call()[[2]])

if (!require(x,character.only=TRUE)){

install.packages (pkgs=x,repos="http://cran.r-project.org")
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require(x,character.only=TRUE)

k
# packages
packages (RISONIO)
packages (plyr)
JHHE This function is used to generate automatically the dataModel
getMetaData <- function (data) {
if (dim(data)[1]<=0) {

print("Warning : modelerData has no line, all fieldStorage fields set to strings")
getStorage <- function(x){ireturn("string")?

t else {

getStorage <- function(x) {1
res <- NULL
#if x is a factor, typeof will return an integer so we treat the case on the side
if(is.factor(x)) {
res <- "string"

t else §
res <- switch(typeof(unlist(x)),

integer = "integer",
double = "real",
character = "string",
"string")

return (res)

3
¥

col = vector("list", dim(data)[2])
for (i in 1:dim(data)[2]) %
col[[i]] <- c(fieldName=names(datal[i]),

fieldlLabel="",
fieldStorage=getStorage (data[i]),
fieldMeasure="",
fieldFormat="",
fieldRole="")

3
mdm<-do.call(cbind,col)
mdm<-data.frame (mdm)
retuxrn(mdm)
3t
# From JSON to a list
txt <- readlLines('C:/test.json')
formatedtxt <- paste(txt, collapse = '')
json.list <- fromJSON(formatedtxt)
# Apply path to json.list
if(strsplit(x="'true', split='
' ,fixed=TRUE) [[1]]1[1]) %
path.list <- unlist(strsplit(x='id_array',6 split=','))

i=1
while (i<length(path.list)+1)4{
if(is.null(getElement(json.list, path.list[i])))1{
json.list <- json.list[[1]]

telsef
json.list <- getElement(json.list, path.list[i])
i<- i+l
¥
3
# From list to dataframe via unlisted json
i<-1

filled <- data.frame()
while(i < length(json.list)+ 1){
unlisted.json <- unlist(json.list[[i]])
to.fill <- data.frame(t(as.data.frame(unlisted.json, row.names = names(unlisted.json))),
stringsAsFactors=FALSE)
filled <- rbind.fill(filled,to.fill)
i<- 1+
%
# Export to SPSS Modeler Data
modelerData <- filled
print(modelerData)
modelerDataModel <- getMetaData(modelerData)
print(modelerDataModel)

node.setPropertyValue("r_syntax", R_script)
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2 50: extensionimportnode W&

extensionimportnode W% BrPgi RS

syntax_type r FEEHITHIE Script - R &
Python (FHER(EZR) »

Python

T_syntax string AT R Scripting 5872

python_syntax string %iﬁﬁ?%]PWMOnScﬁpﬂngﬁg
2o

fixedfilenode &

EIERESS ) FRGREHE N S RASCTAERRRERL, RB, HMRARE FYBAE R 7

() R FLELA [ AR EE, B e A (R ek B Y e 3 DA M b 2R
4ol
node = stream.create("fixedfile", "My node")

node.setPropertyValue("full_filename",

node.setPropertyValue("record_len", 32)
node.setPropertyValue("skip_header", 1)
node.setPropertyValue("fields",

10], ["Cholesterol",

12, 22], ["Na", 24, 25],
node.setPropertyValue("decimal_symbol",
node.setPropertyValue("lines_to_scan", 30)

["K", 27, 271,

"$CLEO_DEMOS/DRUG1N")

[["Agelll 1’ 3]’ [IlseX"I 5’ 7]’ ["BP"I 9’

["Dxug", 29, 32]11)
"Period")

% 51: fixedfilenode RIA

fixedfilenode N% BRI REaELl]
record_len L& feE BB I T ITEL
line_oriented AR Bl BT R R R T
decimal_symbol Default R BRI T H Y/ NECRE A REAY
Comma
Period
skip_header B FEE 5 — IR EC IR BHEH L ZNE A T, AR
MG RRARE R,
auto_recognize_datetime A fEEEARIFE R RS & H Bhak il B HHE R
FIEﬁo
lines_to_scan L&
fields HE LN,
full_filename string FHEIMERNESRE (EEEHR .
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& 51: fixedfilenode WA (Ht#E)

fixedfilenode W%

WA

strip_spaces

None
Left
Right

Both

HEE N B  E O 2B 0 At

invalid_char_mode

Discard

Replace

TEERm N PR BRI T (2H, 0 BB
ITHRIS AT AFER TID) |, BT
TEHUBHEE B —FTe T 9%,

invalid_char_replacement

string

use_custom_values

custom_storage

Unknown
String
Integer
Real
Time
Date

Timestamp
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& 51: fixedfilenode WA (Ht#E)

fixedfilenode W% BORPITR WA

custom_date_format "DDMMYY" MG TEFRE T HET RSt A A B
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YY"
“MM.DD.YYYY"
“"DD.MON.YY"

“DD.MON.YYYY"
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& 51: fixedfilenode WA (Ht#E)

fixedfilenode N%

BORPITR

WA

"DD/MM/YY"

“DD/MM/YYYY"

"MM/DD/YY"

"MM/DD/YYYY"

“DD/MON/YY"

"DD/MON/YYYY"

MON YYYY

q 0 YYYY

ww WK YYYY

custom_time_format

"HHMMSS "

"HHMM"

"MMSS"

"HH:MM:SS*"

"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"

"(H)H: (M)M"

"(M)M: (S)S"

"HH.MM.SS*"

"HH.MM"

"MM.SS"

"(H)H.(M)M. (S)S"

"(H)H. (M)M"

"(M)M. (S)S"

MEGTEREE 1 B RT R BRI N A A B A
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& 51: fixedfilenode WA (448)
fixedfilenode W% Bk REEL]
custom_decimal_symbol i {2 EE B BRI MFEREA B,
encoding StreamDefault FEE SR 7715
SystemDefault
"UTF-8"

gsdata_import BIZNA

0 (A TP ] ) A AT th [ i s T e B A R PR P B 5

& 52: gsdata_import HIEENA

gsdata_import HiBiN% BRI WA

full_filename string S NEE AN shp FEREATHE R,

map_service_URL string G\ B E 2 R AR URL,

map_name string EEH T map_service_URL K, EMHA
g?ﬁl, 7 LA 5 4 AR5 P e R e A

jsonimportnode N&

JSON ZRJEHiEL € fE A\ JSON HE-H &R,
[JSON]

& 53: jsonimportnode RNA
jsonimportnode N% BRpi RSt
full filename string SERREAL, HUAERRLE,
string_format Aif% fEE JSON FHIHg, FERERZ
records,
{1
auto_label ELfE 18.2.1.1 ARHHTI,

sasimportnode &

£ B SAS [EAHIB AT SAS ERIHE A Z| IBM SPSS Modeler H,
| |5RS]
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node = stream.create("sasimport", "My node")
node.setPropertyValue("format", "Windows")
node.setPropertyValue("full_filename", "C:/data/retail.sas7bdat")
node.setPropertyValue("membexr_name", "Test")
node.setPropertyValue("read_formats", False)
node.setPropertyValue("full_format_filename", "Test")
node.setPropertyValue("import_names", True)

2 54: sasimportnode W&
sasimportnode W% Brpg RESHLT
format Windows DPNGZESIN] 25w
UNIX
Transport
SAS7
SAS8
SAS9
full_filename string AR EEES (RSB
member_name string ?Ei% TR SAS (Bl E 2 I A B
read_formats i fete s AE R EBOE PR (FlansEE
BHE)
full_format_filename string
import_names NamesAndLabels T 1E ME IRy S s B 2 R AR AR 77 150
LabelsasNames

simgennode NZ&

PRREAE A ) FRGTR L T — AR SRR O B 75 7% - (R B4R R AT i (LR
] PR R, aE (BB A RS R T TRLRRACIE | BRI R o3 i B B A
Kl BEEARE (e BRI A b R PR TR0 GS S, SRR L

2 55: simgennode A

simgennode W% BRPEERY NN

fields LN E aH 2 B H I

correlations SR LN el

keep_min_max_setting boolean

refit_correlations boolean

max_cases BE B/IME 2 1000, HRAEA
2,147,483,647
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2 55: simgennode A (44&)

simgennode W% Brpi RS
create_iteration_field boolean

iteration_field_name string

replicate_results boolean

random_seed T

parameter_xml string DA T e E 2 8 XML

fields &35l
EBRAE TYEENSEHEI N B2 E0

simgennode.setPropertyValue("fields", [
[fieldl, storage, locked, [distributionl], min, max],
[field2, storage, locked, [distribution2], min, max],
[field3, storage, locked, [distribution3], min, max]

D
distribution @ Mi&MHIE S, HAMRIRESEMEARE/ERERTER, SEMEE AT 770E
E= N

[distributionname, [[parl], [par2], [par3]]]

simgennode = modeler.script.stream().createAt("simgen", u"Sim Gen", 726, 322)
simgennode.setPropertyValue("fields", [["Age", "integer", False, ["Uniform",[["min",6"1"],

["max","2"11], "*, "*]])
fan, FENT A BA IR A BER AL OB, AT DAEER R4 Script:

simgen_nodel = modeler.script.stream().createAt("simgen", u"Sim Gen", 200, 200)

simgen_nodel.setPropertyValue("fields", [["Education", "Real", False, ["Binomial", [["n", 32],

["prob", 0.7111, ", ""11)

“HEADMMERFES 8 n F prob,  HR IR M SRR/ IMEMRARME, FILIEmE2 80 E R

TR,
it BARREEERE distribution; TU&L HEl fields WE—ELMH A,

Y EFIRE R A R RER P BCEEY, s E, EESMELE NegativeBinomialFailures #l
NegativeBinomialTrial FFi’Jﬁﬁ\)\?% thresh,

stream = modeler.script.stream()
simgennode = stream.createAt("simgen", u"Sim Gen", 200, 200)

beta_dist = ["Fieldl", "Real", False, ["Beta",[["shapel","1"],["shape2",6"2"]]1], "", ""]

binomial_dist = ["Field2", "Real", False, ["Binomial",[["n" “1“] ["prob", ”1“]]] " "]

categorical_dist = ["Field3", "String", False, [”Categorical”, [[”A” 0.3],["B",0.5], [“C“ 0.2]111, "", ""]

dice dist = ["Fieldd", "Real”, False, ["Dice". [["1" ,"8.5"],["2","0.5"]] ], ERAY

exponential_dist = ["Field5", "Real", False, [ Exponential", [["scale",6"1"]11, ””, "

fixed_dist ["Field6", "Real", False, [“Fixed“ [["value","1" 111, "", ""]

gamma_dist = ["Field7", "Real", False, ["Gamma", [["scale",6"1"], [”shape”,” "111, ", ""]

lognormal_dist = ["Field8", "Real", False, ["Lognormal", [["a", “1“] ["b","2" 111, "", ""]

negbinomialfailures_dist = ["Field9", "Real", False, [”NegatlveBlnomlalFallures” [["prob","®.5"],["thresh","2"11], "", ""]
negbinomialtrial_dist = ["Field10", "Real", False, [”NegativeBinomialTrials“,[[“prob“,“O.Z“],[“thresh“,“l“]]], R
normal_dist = ["Field11", "Real", False, ["Normal", [["mean","1"] ,["stddev",6"2"111, "", ""]

poisson_dist = ["Field12", "Real", False, [“Poisson“ [[“mean“ “1“]]] e, o

range_dist = ["Field13", "Real", False, ["Range", [[”BEGIN” “[l 3]"] [”END” "[2, 4]”] [”PROB” ”[[0 5] [6.511"111, ", ""]
triangular_dist = ["Field14", "Real", False, [“Trlangular , [["min", ngy 1, ["max","1"], [ mode", "1"] ““, "]

uniform_dist = ["Field15", "Real", False [”Unlform , [["min","1"], [ max","2" ,o,

weibull dist = ["Field16", "Real". False, ["Weibull". [["a","0"], [ubu i u] [ucululu]]] g

simgennode.setPropertyValue("fields", [\
beta_dist,

binomial_dist, \

categorical _dist, \

dice_dist, \

exponential_dist, \

fixed_dist,

gamma_dist, \

lognormal_dist, \
negbinomialfailures_dist, \

96 IBM SPSS Modeler 18.5 Python Scripting 1 H B/t it



negbinomialtrial_dist, \
normal_dist, \
poisson_dist, \
range_dist, \
triangular_dist, \
uniform_dist, \
weibull_dist

1Dl

FERR (R EAEEH

EREE NYERER SR B2

simgennode.setPropertyValue("correlations", [
[fieldl, field2, correlation],
[fieldl, field3, correlation],

[field2, field3, correlation]

D

FHBATERT UZ AR +1 B -1 2 RIEfT 8,

AT DR T e e B TR . (RIS E RO B PEER I

RAER 0o WRAFAEAENTARMMNL, TRBIEZAEAHBAMAER (SRM8) ERCEMBMEE, DAL FRIR
ZfHe  WNRAFAERFINL, IR TERRG,

statisticsimportnode &

o IBM SPSS Statistics fZE B¢ IBM SPSS Statistics {H MY .sav ¥s & X AN FEELE
- IBM SPSS Modeler HHf B S G MR SEERL

RSN EEN, #H2B% 379 HIY Fstatisticsimportnode W% o

tmlodataimport BiZiNE

IBM Cognos TM1 2R JEHiB5/E Cognos TM1 ¥ F}HERE A\ B #l

2 56: tmlodataimport EiZENE

tmlodataimport fiZiN% BRP M2
credential_type inputCredential 5% | FiZ+E HZBFEFEAY,
storedCredential
input_credential 1HE H credential_type % inputCredential
R, fEEAE. (1R H M,
stored _credential name string ® credential_type %

storedCredential If; f87F C&DS falfiRgs I
EREAi DRy

selected_view

["field" "field"]

HENA, WEFTE TML BRIk
DANERT AR E (R R SPSS) Y
S, BIan:
TM1_import.setPropertyValue("selec
ted_view", ['plan_BudgetPlan',
'Goal Input'])

is_private_view

f67F selected_view B e HAHMRE, FEHE
{E42 false,
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% 56: tmlodataimport BiEENE (#48)

tmlodataimport fHiZEM%

WA

selected_columns

["field" ]

e B EM: HEetsE —HEE,

Bilgn:
setPropertyValue("selected_columns
", ["Measures"])

selected_rows ["field" "field"] FEEER A,
fian:
setPropertyValue("selected_rows",
["Dimension_1_1", "Dimension_2_1",
"Dimension_3_1", "Periods"])

connection_type AdminServer fEtEAER, THE{E A AdminServer,

TM1Server

admin_host string REST API i F AR URL, WIER
connection_type & AdminServer, Hiiit
N AN,

server_name string # admin_host BEE TML fAIARSR 944
W5 connection_type /2 AdminServer,
R A 2 N2

server_url string TM1 fAlfl#s REST API B URL, A5

connection_type & TM1Server, HItN%E
Fy Wb,

tmlimport EiFENE (B/8X)

IBM Cognos TM1 ZRJF i B¢ Cognos TM1 B} FE N HL,

ak: HETRGTE Modeler 18.0 HEEIR, HUEIRS Script &F#2 tmlodataimport,

& 57: tmlimport BREENE

tmlimport fHiBiNE

RO

WS

pm_host

string

aE: AR 16.0 Mz 17.0 ik

T, Hlan:
TM1_import.setPropertyValue("pm_ho
st", 'http://9.191.86.82:9510/
pmhub/pm")

tml_connection

["field","field", ... ,"fi

eld"]

FE: fEE AR 16.0 ik 17.0 i

B TML fAIRAEAR A RN B N A, 1
_A&: [ "TM1_Server_ Name","tml_
username","tml_ password"]

fian:
TM1_import.setPropertyValue("tml_c
onnection", ['Planning Sample',
"admin", "apple"])
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R 57: tmlimport BARENE (4R)

tmlimpoxt iM%

WA

selected_view

["field" "field"]

TBEHENE, GENE TML &R AT R
DANCERLTT A E (R RIE A SPSS) HY
ZE,  Blan:
TM1_import.setPropertyValue("selec
ted_view", ['plan_BudgetPlan',
'Goal Input'])

selected_column

["field" ]

T EREM: HRsEE—EEE,

B :
setPropertyValue("selected_columns
", ["Measures"])

selected_rows

["field" "field"]

fa e Y,

fian:
setPropertyValue("selected_rows",
["Dimension_1_1", "Dimension_2_ 1",
"Dimension_3_1", "Periods"])

twcimport EiZRNA

TWC ZRIF B¢ The Weather Company (IBM H—{EZR) BEAKRRER,, &AL
‘ 5 FH e 2R B S A1 o7 B P JRE R s PR S SRR, 0 T DA S B A5 £ P e M e LA e ) ]
F R SRR E 52 KSR SR BN SE MR 7T 58, DA BB AP TR 8K

& 58: tweimport BiZENEA

twcimport iM% g a k] MNA S
TWCDataImport.latit |real PSR [-90.0790.0] feE s EE
ude
TWCDataImport.longi |real DM [-180.07180.0] FEELEIEH,
tude
TWCDataImport.licen |string 6 EME The Weather Company J&EHL 17
seKey HE 58,
TWCDataImport.measu |English fEEME AL, PIREAVEA English,
rmentUnit Metric 8¢ Hybrid, Metric 2THz
Metric {Ho
Hybrid
TWCDataImport.dataT |Historical FEE i N R SRR, RIRERYIE
ype 72 Historical 8¢ Forecast,
Forecast Historical 2¥E%{E,
TWCDataImport.start |} W% TWCDataImport.dataType 15

Date

7E Historical, HIPAE yyyyMMdd
e e H ¥,
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& 58: tweimport BiEENE (448)
twcimport HiFiNA Bl REE ]
TWCDataImport.endDa |#&E} W% TWCDataImport.dataType 15
te 5E Historical, HIDMER yyyyMMdd
FeE &5 R 5,
TWCDataImport.forec |6 WA TWCDataImport.dataType &
astHour JE T Forecast, AfE/E 6. 12, 24 5
48 1E %/ NRHE,
12
24
48

userinputnode &

MEE R HR ] RS RR IR IR L AR SR, BUBIB AR A Bk A

_' ho BIAN, AT — (R G DA A, EAR A
4l
node = stream.create("userinput", "My node")

node.setPropertyValue("names", ["testl", "test2"])
node.setKeyedPropertyValue("data", "testl", "2, 4, 8")
node.setKeyedPropertyValue ("custom_storage", "testl", "Integer")
node.setPropertyValue("data_mode", "Ordered")

& 59: userinputnode RNA
userinputnode W% Bk WEE ]
data
names R ISR ] B RGP AR PR 44 R TS B A
FELL B o
custom_storage Unknown A] FHTAREE B2 ] S E AL G 7 RS [aE
&,
String
Integer
Real
Time
Date
Timestamp
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2 59: userinputnode WA (H48)

userinputnode W%

WA

data_mode

Combined

Ordered

ANERIEE T Combined, HIAZEENR
INERMEREEH & EER R, EAENR
PREUE A S ERA P E R EER product,
WRIEE T Ordered, FAREEIEEGETERA
MR —EEREE R, EE
F1A) ST B B S 77— {1 B AR (57 A B R B KB
1% 2 Fr R HE R D BT S ME

values

ik LA EH userinputnode. data B
K, NEEELEH,

variablefilenode N%&

HER RS ARAE .

MRS BRI AN SO ORRD, Hoac st & e 8E ML H ¥
BHARKER) FRER, BREETFREERE HAARE RS,

i)
node = stream.create("variablefile", "My node")
node.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
node.setPropertyValue("read_field_names", True)
node.setPropertyValue("delimit_other", True)
node.setPropertyValue("other", ",")
node.setPropertyValue("quotes_1", "Discard")
node.setPropertyValue("decimal_symbol", "Comma")
node.setPropertyValue("invalid_char_mode", "Replace")
node.setPropertyValue("invalid_char_replacement", "|"
node.setKeyedPropertyValue ("use_custom_values", "Age", True)
node.setKeyedPropertyValue("direction", "Age", "Input")
node.setKeyedPropertyValue("type", "Age", "Range")
node.setKeyedPropertyValue("values", "Age", [1, 100])
& 60: variablefilenode NA
variablefilenode W% BRPEY WA
skip_header B FEIE 915 aC o5 HA BH 22 R Y =TT 8L
num_fields_auto TR EEITHn=ES2 kel al: ) VAL SRk A
AP TRF A 1k
num_fields B FEE € FRECE R HEL,
delimit_space TS Fe et ZEH R B E MR #E I ) FoT
delimit_tab JiEAE
delimit_new_line itz
delimit_non_printing TR
delimit_comma TR B IS EGE B R R F AR/ NECES RO AL 7>
FEFTSEE, 1% delimit_other &RE%
true, SRZMEM other WAHHZRTEE 7
SRR 5%,
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2 60: variablefilenode WA (44E)

variablefilenode N% BRI WEas]
delimit_other TS AErHH other WA E HET 73 FRTF
5%
other string 1£ delimit_other % true ¥, @ EfE
FHH) 73 Ba T 5%
decimal_symbol Default FeE IR E R IE A B/ NECES
Comma
Period
multi_blank TR 15 2 AR AR 2 11 7 P e A 4 BT 7 5
TR,
read_field_names TR T RHE RS — Y E A
strip_spaces None FE IR 327 B FR I B R R I 25 4
Left
Right
Both
invalid_char_mode Discard eERHEm AP RREN T (BE. 0 8B
ITHRIEH T AFERNTIT) |, SRR
Replace FILBFEE R —F T 9%
invalid_char_zreplacement string
break_case_by_newline A FEEAT FRTT IR AR TR
lines_to_scan ey feE B f R R R R TEL
auto_recognize_datetime TR fEEfEARIFE R 2 A B B3R H #EL
H%FEﬁo
quotes_1 Discard i 7E 1% B ) i 3 75 =Ko
PairAndDiscard
IncludeAsText
quotes_2 Discard fe AR BRI EM T X
PairAndDiscard
IncludeAsText
full _filename string FHEIERZ SR (BEER
use_custom_values TS
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2 60: variablefilenode WA (44E)

variablefilenode W%

BRPER

WA

custom_storage

Unknown
String
Integer
Real
Time
Date

Timestamp
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2 60: variablefilenode WA (44E)

variablefilenode W%

BRPER

WA

custom_date_format

"DDMMYY"

"MMDDYY"

"YYMMDD"

"YYYYMMDD"

“YYYYDDD"

DAY

MONTH

"DD-MM-YY"

"DD-MM-YYYY"

"MM-DD-YY"

"MM-DD-YYYY"

"DD-MON-YY"

"DD-MON-YYYY"

"YYYY-MM-DD"

"DD.MM.YY"

"DD.MM.YYYY"

"MM.DD.YY"

"MM.DD.YYYY"

“DD.MON.YY"

“DD.MON.YYYY"

EE OIEE BT PR B,
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2 60: variablefilenode WA (44E)

variablefilenode W%

BRPER

WA

“DD/MM/YY"

“DD/MM/YYYY"

"MM/DD/YY"

“MM/DD/YYYY"

“DD/MON/YY"

"DD/MON/YYYY"

MON YYYY

q 0 YYYY

ww WK YYYY

custom_time_format

"HHMMSS"

n HHMM n

"MMSS*

"HH:MM:SS"

"HH:MM"

"MM:SS*

"(H)H: (M)M: (S)S"

"(H)H: (M)M"

"“(M)M:(S)S"

"HH.MM.SS"

"HH.MM"

"MM.SS"

"(H)H.(M)M. (S)S"

“(H)H.(M)M"

“(M)M.(S)S"

EE BT BRI Rk A 8,
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2 60: variablefilenode WA (44E)

variablefilenode N% BRI WEas]
custom_decimal_symbol it v EE Ef5E BT RS RA B,
encoding StreamDefault FEE SCF AT 77 15
SystemDefault
"UTF-8"

xmlimportnode N%&

XML A IFERBGE XML AR R A i, m] DAME A B8R S el el B s RO

il

node = stream.create("xmlimport",
node.setPropertyValue("full _filename",
node.setPropertyValue("records",

"My node")

M, EEMERRTEA AR, DR XML A5,

"c:/import/ebooks.xml")
"/author/name")

& 61: xmlimportnode A

xmlimportnode M%¥ BRpER WEE ]

read single AR EERER (FER) , sBHBEPRIAR
XML FEZE,

directory

recurse AR feE R B INEETE E H A 1 B
1) XML $& %,

full_filename string (WETEH) EEAZ XML R 72
kg% (AR read = single) .

directory_name string (g BAEHRE N XML RE R H 83158
BRI RE (AR read =
directory) .

full schema_filename string FEREEE XML 458519 XSD 5% DTD fE %
HTERE RIS RIRE R AR, ANSRIEE I T I
S8, RIE XML ARTERE 38 s B At

records string XPath #/RzX (fl4n, /author/name) ,
FDUE FFL s AR, BIRAEARTFIE R I8
FIHoTE, B —EHEieR.

mode read EIFTEER (FHR) , sdeE BB IE
Ho

specify
fields EEARNIEE OCrEMEMN) E8E, B8

FHI BRI E & XPath Rz,
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4 10 B GCPR{ RN A

appendnode N&

CEREAN ) ERAGFSEAS SRR, A DU & R CHE R A RIRTE R,

L]

node = stream.create("append", "My node")
node.setPropertyValue("match_by", "Name")
node.setPropertyValue("match_case", True)
node.setPropertyValue("include_fields_from", "All")
node.setPropertyValue("create_tag_field", True)
node.setPropertyValue("tag_field_name", "Append_Flag")

& 62: appendnode &

appendnode W% B N2t
match_by Position AT DARRIRMR AL AE 3= BRI A A2 B B A
BRI A2 8 AR B I RHER
Name
match_case AR U SR A7 22 FB R IR [ 20 R/ NES
include_fields_£from Main
All
create_tag field AR
tag_field_name string

aggregatenode W%

}}- Mast) EiRGRREHIG A6 AL S AR 8%,

il

node = stream.create("aggregate", "My node")

# dbnode is a configured database import node
stream.link(dbnode, node)

node.setPropertyValue("contiguous", True)
node.setPropertyValue("keys", ["Drug"])
node.setKeyedPropertyValue ("aggregates", "Age", ["Sum", "Mean"])
node.setPropertyValue("inc_record_count", True)
node.setPropertyValue("count_field", "index")
node.setPropertyValue("extension", "Aggregated_")
node.setPropertyValue("add_as", "Prefix")



2 63: aggregatenode NA

aggregatenode N% g kil W2
keys BE HIH AT FEREFRAIMNL, B0, 405 Sex
1 Region BR5IBEARAL, AR MAIF BN
S EHNEEE—HE (UEE—HS)
#AF BA — R G508,
contiguous TR QSRR TE SEAEAH R A Sr S A i A
FHHAE—EE (fFlan, SRy [SMA_ /Y
T ANEITHEY) o TSR] DABE ALEE,
aggregates — RSN S, eI ERETRERN
BRI LUK A ige i SR S s 5,
aggregate_exprs PN, AT AR ARG R
AR ERT, Flun:
aggregatenode.setKeyedPropertyValue
("aggregate_exprs", "Na_MAX",
"MAX('Na')")
extension string HEHRENRMIEEFESR TR (BAW
T77) &
add_as Suffix
Prefix
inc_record_count AR N EEIMENL, fEEREZ /Dl NGLERKTE
S —1E SR R Bk
count_field string feE sl sRat B A4,
allow_approximation Ttk 1E AT fEIARAS U TRER AT HIET 48
sHERATIEUE,
bin_count Y fEE AR AR Tor4H ) %k

balancenode &

) R IE BRI PR IR, I e e R R, Figfs @l T
> PR R 3R A A R 2 R A R Bk L 451

il

node = stream.create("balance",

"My node")

node.setPropertyValue("training_data_only", True)
node.setPropertyValue("directives", [[1.3, "Age > 60"], [1.5, "Na > 0.5"]])

& 64: balancenode NB

balancenode W% Bk WA EH

directives MR B T B - M A e A SRS A N 2
(2B R A R#ERHD

training_data_only it feEE PRIkl WRBRHPRHE

oy HIEARAL, SR %R
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I BTG A DA AR 2K
[[ number, string 1\ [ number, string] \ ... [number, string ]].

sk REFRORA R NI A (EHES (58 | RIWEEEMain BBty \ " "\ " FItlRfT
AT, R DA S [ BATE R H.

cplexoptnode A

CPLEX Optimization i n] % 8 AR LG FE S (OPL) AR AR i FH 1R HEEL
% £ (CPLEX) B (b, IINEEZ RiFE IBM Analytical Decision Management & fFi
Rt UAREZE, BRI LIAE SPSS Modeler FR{# CPLEX Hi%l, M ANTEE

IBM Analytical Decision Management,

& 65: cplexoptnode RB

cplexoptnode W% BRpgi RS

opl_model_text string % CPLEX Optimization STl &4
BAERAE R OPL (REMERREFES
SCript *lﬂjfﬁo

opl_tuple_set_name string 1B/2 OPL BB H BN RN E R EAH SR

YoM, EBARLEIHH, H—-BANER
Script HEE, B {E I8 I AR A HE L A

R A R A 7 355 Bl
data_input_map R NG B R IR A E AR, BRI

H, H—MABEE Script 83RE, CIEHE
2 4 i1 28 SR 20 P A 57 S L,
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2R 65: cplexoptnode WA (H48)

cplexoptnode W% Brpgis RESHET

md_data_input_map AL A TS B OPL A 28 B {8 e AH Bl 4 FEE AR (v S )
RiIE GEARERD Z BIRfRA S,
FH 7 AT DA S A A T 20 B 2 A R AR
¥, fEAE Script, &0 LB EZ
WA —RMEEUE A S, HREAE
FURREREZE AT,
L (TR AR AR K
BRPRIFEER, ERPRIFEAEEE, nIDIE
ERIRIE N hiiE B REl,  filan, BR
0_Products_Type, 1EHA 0,
BRPRIERS, ERPRIFENERRG] (R
50) o TEHERIETIRE,
RIS, ERRIFERARIRER GE
) o ErATEERRIE N i E AR
#, #lan, ¥ 0_Products_Type, &K
IR EiEE % Products,
CEfER, EREAT CPLEX
Optimization EiFGHISChi iR, BRI PATE
ERIRIE N hiiE B REl,  filan, R
0_Products_Type, HZHIEA Type,
HABE AW, ERRFENEHESR, ©
RZEE OPL HiE FlN A5 REARIT.
HALRRNI A8,  ERARIEHESH RN 4
. ENZHEL OPL (HAHS ERTEFRN
RERHTT
EFARER, WAL, WTREAV(E 2
int, float & string,
BRI AR, BRI 2R,
LR
[[0,0, 'Product', 'Type', 'Products', 'pr
od_id_tup','int', 'prod_id'],
[0,0, 'Product', 'Type', 'Products', 'pro
d_name_tup', 'string’,
"prod_name'],
[1,1, 'Components', 'Type', 'Components'
7comp_id_tup','int','comp_id'],
[1,1, 'Components', 'Type',
"Components', 'comp_name_tup', 'string’
, 'comp_name']]

opl_data_text string FAIA OPL B3R 7 52 8 sl 8 R E 5

output_value_mode string AJREMI(E A raw B dvar, WISRIEE T

dvar, JRER(EAFHWALE Tt R
T57E OPL HH AT tH P 1 bR B B
M, WMEAEE T raw, B EEE@LH
FRERER, T B R S
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2R 65: cplexoptnode WA (H48)
cplexoptnode W% Brpgis RESHET

decision_variable_name string OPL HEZRN BIER B M, 5
output_value_mode W& E S dvar
e, AN,

objective_function_value_ |[string S L e SE B B AR R BB R A 44 R
fieldname FER A% _OBJIECTIVE,
output_tuple_set_names string EARE R EFOTH AR, En

BRI BRIRSG], I P B AR R H —
i,  TtHoTAH) @AZHEL OPL ARRUIRIR
BEER -, WREZMAERS, A

ZRBLZHDUER () 5

B —{EAHAY I 2 Products, ¥ERY

OPL EF /4 dvar float+
Production[Products];

ZARME A G151 2
Products,Components, #ffEf) OPL &
F 4 dvar float+
Production[Products]

[Components];

decision_output_map LN ARTEE OPL H e 2% 01 i H Pty sk 5 il gy HH AR 52 2 R
E@Wﬁgﬁﬂﬁo BHEPNE —EEEE RS
g R}

SRS, OPL Fh 2 H s B f
GEA R, PIRERYEZA int, float B¢

string,

fth RIS, AR (tHeREH) iy
TR AR

g -

[['Production', 'int', 'res'],

['Remark', 'string', 'res_1']J['Cost',
"float', 'res_2']]

derive_stbnode RN&

. ST FRARIRARRE, ASRERIRS TR OT A TSRS IR,
a8 A2 T R TR 2

il

node = modeler.script.stream().createAt("derive_stb", "My node", 96, 96)

# Individual Records mode

node.setPropertyValue("mode", "IndividualRecords")
node.setPropertyValue("latitude_field", "Latitude")
node.setPropertyValue("longitude_field", "Longitude")
node.setPropertyValue("timestamp_field", "OccurredAt")
node.setPropertyValue("densities", ["STB_GH7_1HOUR", "STB_GH7_3OMINS"])
node.setPropertyValue("add_extension_as", "Prefix")
node.setPropertyValue("name_extension", "stbh_")
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# Hangouts mode

node.setPropertyValue("mode", "Hangouts")
node.setPropertyValue("hangout_density", "“STB_GH7_30MINS")
node.setPropertyValue("id_field", "Event")
node.setPropertyValue("qualifying_duration", "3OMINUTES")
node.setPropertyValue("min_events", 4)
node.setPropertyValue("qualifying_pct", 65)
2 66: Space-Time-Boxes EiZENA
derive_stbnode MN% BRpE WEaE]
mode IndividualRecords
Hangouts
latitude_field it v
longitude_field RAL
timestamp_field it v
hangout_density adic B2, 20 densities ABREA
%% FE A
densities [density,density,..., HEEEE T8,
density] STB_GH8_1DAY,
Rk BHAMRLE R AR, FAIERRM], BRhi
WEVE, PIDMEH GHL 3 GHA5 FHEE, #H%
RS, AT LA A
EVER
1YEAR
1MONTH
1DAY
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2HOURS
1HOUR
30MINS
15MINS
1OMINS
5MINS
2MINS
IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SEC
id_field it v
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% 66: Space-Time-Boxes EIZENA (HE4E)
derive_stbnode W% gkl N2

. . . ‘\‘§ ==t
qualifying_duration A~ WHRT R

12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2Houzrs
1HOUR
30MIN
15MIN
10MIN
5MIN
2MIN
1MIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SECS

min_events T TRRAEREEEES 2,
qualifying_pct B ARSI 1 B 100 2 R,

add_extension_as .
- - Prefix

Suffix

name_extension string

distinctnode N%&

FHEE ) HIREIERSPREERCER, T7 RIS — A AR R R IR, BB TR IR
=t S —{IE RC BT A (] R M R R DR B R R I

Ll

node = stream.create("distinct", "My node")
node.setPropertyValue("mode", "Include")
node.setPropertyValue("fields", ["Age" "Sex"])
node.setPropertyValue("keys_pre_sorted", True)

& 67: distinctnode W&

distinctnode W% jeg ekl M EH

mode Include RE AT DAAS 38 — A Rt s S e B R BRI
Hh AT DAKE BEEE — 40N SR A BE SR ST AR

Discard 1 BGOSR A R AR R

grouping_fields TEE 1| H P A e R mr k2 A5 A T PR AR
#E: 7 IBM SPSS Modeler 16 f#), &kt
WA,

composite_value N E TE FH 2B N i,

composite_values SENEILE FH2 B N i,
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&K 67: distinctnode WA (#4&

distinctnode W% BRPEERY W2

inc_record_count A FRNTREAMEAL, feERE 2/ D NG TE
A — Ml R S BT

count_field string FeE sl sREt BUAL A4 R,

sort_keys AR LA k: 7€ IBM SPSS Modeler 16 RE, kit
N2

default_ascending AR

low_distinct_key_count |jEfZ feE R B A /D& #RA /s D &R G [HERAL
ME—1E,

keys_pre_sorted T fee B A HRZRS MERI TG sC i AL i A\ h i
HHTE—i,

disable_sql_generation |

composite_value RZABYEEHI
composite_value WA —HAsaNT~:

node.setKeyedPropertyValue ("composite_value", FIELD, FILLOPTION)

FILLOPTION &% [ FillType, Optioni, Option2, ...1.

) -
node.setKeyedPropertyValue ("composite_value", "Age", ["First"])
node.setKeyedPropertyValue("composite_value", "Age", ["last"])
node.setKeyedPropertyValue ("composite_value", "Age", ["Total"])
node.setKeyedPropertyValue ("composite_value", "Age", ["Average"])
node.setKeyedPropertyValue("composite_value", "Age", ["Min"])
node.setKeyedPropertyValue ("composite_value", "Age", ["Max"])
node.setKeyedPropertyValue ("composite_value", "Date", ["Earliest"])
node.setKeyedPropertyValue("composite_value", "Date", ["Latest"])

node.setKeyedPropertyValue ("composite_value", "Code", ["FirstAlpha"])
node.setKeyedPropertyValue ("composite_value", "Code", ["LastAlpha"])

HEBIHR E 2518, 1S5 SRR Y, fin:

node.setKeyedPropertyValue("composite_value", "Name", ["MostFrequent", "FirstRecord"])
node.setKeyedPropertyValue ("composite_value", "Date", ["LeastFrequent", "LastRecord"])
node.setKeyedPropertyValue ("composite_value", "Pending", ["IncludesValue", "T", "F"])
node.setKeyedPropertyValue("composite_value", "Marital", ["FirstMatch", "Married", "Divorced",
"Separated"])

node.setKeyedPropertyValue ("composite_value", "Code", ["Concatenate"])
node.setKeyedPropertyValue("composite_value", "Code", ["Concatenate", "Space"])
node.setKeyedPropertyValue ("composite_value", "Code", ["Concatenate", "Comma"])
node.setKeyedPropertyValue ("composite_value", "Code", ["Concatenate", "UnderScore"])

composite_values PZAHIEEHI
composite_values WA —BAEa0T:

node.setPropertyValue("composite_values", [
[FIELD1, [FILLOPTION1]],
[FIELD2, [FILLOPTION2]],

1)
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i

node.setPropertyValue("composite_values", [

D

[IIAgeII' [IIFiIStII]]'

["Name", ["MostFrequent", "First"]],

["Pending", ["IncludesValue", "T"]],

["Marital", ["FirstMatch", "Married", "Divorced", "Separated"]],
["Code", ["Concatenate", "Comma"]]

extensionprocessnode N%&

e e SRS, AT DS BRI R BCE A,
%- Wi &M R Scripting 8¢ Python for Spark Scripting ¥f
F B RVE PR,
Python for Spark &ifjl

JHHHE script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension_process", "extension_process")
node.setPropertyValue ("syntax_type", "Python")

process_script = """

import spss.pyspark.runtime
from pyspark.sql.types import x

cxt = spss.pyspark.runtime.getContext()

if cxt.isComputeDataModelOnly():
_schema = StructType([StructField("Age", LongType(), nullable=True), \
StructField("Sex", StringType(), nullable=True), \
StructField("BP", StringType(), nullable=True), \
StructField("Na", DoubleType(), nullable=True), \
StructField("K", DoubleType(), nullable=True), \
StructField("Drug", StringType(), nullable=Tzrue)])
cxt.setSparkOutputSchema(_schema)
else:
df = cxt.getSparkInputData()
print df.dtypes[:]
_newDF = df.select("Age","Sex","BP","Na","K", "Drug")
print _newDF.dtypes[:]
cxt.setSparkOutputData(_newDF)

node.setPropertyValue ("python_syntax", process_script)

R gifl

JHHHF script example for R

node.setPropertyValue ("syntax_type", "R")

node.setPropertyValue("r_syntax", """day<-as.Date(modelerData$dob, format="9%Y-%m-%d")
next_day<-day + 1

modelerData<-cbind(modelerData,next_day)

varl<-c(fieldName="Next day",fieldlLabel="",6fieldStorage="date",fieldMeasure="",6fieldFormat="",
fieldRole="")

modelerDataModel<-data.frame(modelerDataModel,varl)""")
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& 68: extensionprocessnode W&
extensionprocessnode N | &RHHA! W2
o
syntax_type r FeEHATIRE Script — R 8 Python (FEZ%{E
ZR) o
Python
T_syntax string SEEITHI R Scripting 78,
python_syntax string FEATHY Python Scripting 58%,
use_batch_size AR TR LR i B
batch_size i3 feE B B TE AR B R G R R,
AL TR AR (135
convert_flags StringsAndDoubles T A TSR 5 P18 T,
LogicalValues
convert_missing e A ETRE R A R NA [HIEIHE,
convert_datetime A FHTA S H B H BARE A% s S 24 R
H HA/IRs A =X I,
convert_datetime_class [ ... . F e A H HAER H 3R R A 2 ) st it
POSIX1t Fyfr kg NAIEH,

mergenode N&

Sy e A L NG 2 | A VA RN R S e e TP VAN [ e n it 2 S =

> HREHRIEAFER AEHERH, PlanmEs R ERACiEE A gk,
#ify
node = stream.create("merge", "My node")

# assume customerdata and salesdata are configured database import nodes
stream.link(customerdata, node)

stream.link(salesdata, node)

node.setPropertyValue("method", "Keys")
node.setPropertyValue("key_fields", ["id"])

node.setPropertyValue ("common_keys", True)
node.setPropertyValue("join", "PartialOuter")
node.setKeyedPropertyValue("outer_join_tag", "2", True)
node.setKeyedPropertyValue("outer_join_tag", "4", True)
node.setPropertyValue("single_large_input", Tzue)
node.setPropertyValue("single_large_input_tag", "2")
node.setPropertyValue("use_existing_sort_keys", True)
node.setPropertyValue("existing_sort_keys", [["id", "Ascending"]])
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& 69: mergenode WA

mergenode N7 g kil M2
method Order {EERLH e S e M e E RE R I HIE
FETEDE, BEMEH M ERS
Keys N ARG PHE R S | SR A B & A RME R RD
Bk, JEEEINETEEGRIRES O s, 85
. ELEAHEEERE M NITE IR EERE
Condition R ESIECE; AR R RCR] DAEqe
2= NE 7 EHE = 2 AR T THE T
Rankedcondition
condition string 5 method #% &% Condition, fEEHE
s BERDBRAIR 1R,
key_fields b=RE A
common_keys AR
join Inner
FullOuter
PartialOuter
Anti
outer_join_tag.n AR EHENAEF, nz NEBERE ) HisiEd
FURIIEER S, TR, PILAEE 2 (A
%, AR E R R A T RER A 5E
LESTRE N
single_large_input AR feE R TR,  DARE—{hm A B At
i AFH EEEA —EAE SR i A (B
single_large_input_tag |string % TERCKRERIEE | HEEHEHEURTEE
A, R, NI
outer_join_tag WAEMHHIEAE RF (E
HEELE) | [KNARTE RaeeE — @i A\ &
R,
use_existing_sort_keys |j#fZ fEEENEZ S ORE— e 2 RS A

AEITHER

existing_sort_keys

[['string, 'Ascending']\
['string", 'Descending']]

faE EHE R K AR 751,

primary_dataset string 45 method %A Rankedcondition, &%
BB AN TEERE, BRI S
AR,

rename_duplicate_field |fitk 5 method % Rankedcondition, /8

s MECER Y, ARG FERER S
AR B AN A R R 228 [F] A iz, AREE AR
H I8 LB R A T A AH AR AT 1 A 2

merge_condition string

ranking_expression string
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& 69: mergenode WA (W4E)

mergenode N%¥

BORPER

WA

Num_matches

Eic3 4

I merge_condition Al
ranking_expression fE[E]AHATIEEL,
BN 1, BK% 100,

rfmaggregatenode A

I—E]_Eg\

SRR, HEEH (RFM) RE ) HiBA B ERUG% P WERRZ S NE RN Bk

EAEFIRBERIERL, MR HFTA RIEREE 5 BoRS
R H R, MFMFRETIR S8 HE,

AR, HABIIH R TR EL
PARIE 222 7 B M R R

i)
node = stream.create("rfmaggregate", "My node")
node.setPropertyValue("relative_to", "Fixed")
node.setPropertyValue("reference_date", "2007-10-12")
node.setPropertyValue("id_field", "CardID")
node.setPropertyValue("date_field", "Date")
node.setPropertyValue("value_field", "Amount")
node.setPropertyValue("only_recent_transactions", True)
node.setPropertyValue("transaction_date_after", "2000-10-01")
& 70: rfmaggregatenode A
rfmaggregatenode N% BRpE Pz St
relative_to Fixed FeE st AL 5 RIBER RS 4G H B,
Today
reference_date H A {£7f relative_to H%E{E Fixed R4 R]
Mo
contiguous T WRIERERREST T FESCHET, DMERTA ID
TR FL S — R IR R R R, ARERE
B IHIER TE AT DA PR gl PR
id_field o VA T 7E szl r A 25512 5 Je AR 5
date_field it A P 1 22 FH AR G L RN SE AR Y H BRI
value_field it 2 T 7€ szl r AR AR TR TH B B B ME,
extension string BERHREIMNIEE T E TR,
add_as Suffix fEE =S IEME AT E BT R AHTIE
extension,
Prefix
discard_low_value_reco |jffZ FUH discard_records_below #XiE,
rds
discard_records_below |#{F AIfEETE RFM #85HEE, fe€ —ME/IME, JL
TRIRFZIE A G G R U, H
BEATELER value BINAER,
only_recent_transactio |jHf% A specify_transaction_date ¢
ns transaction_within_last #&7&,
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2 70: rfmaggregatenode MA (448)

rfmaggregatenode N% g kil W2
specify_transaction_da |/t
te
transaction_date_after | HEA HECIEMW specify_transaction_date
REA R H. f8ER % HEIDAE RS H
Z1BHIEC#R,
transaction _within_las |&F HAEEJER transaction_within_last
t REA R, fEEWE TeIEHIEE) EERE
FRAAMES (H, E. A |, HER
HAB TR AR TE 2 A Y H B
transaction_scale Days HECDE transaction_within_last
REAPTH, FEEM TEIERIEE) EErE
Weeks FRAAEER (H, @, AsE) , HER
HAB TR LR 2 A Y H #A
Months
Years
save_12 T FUREER P R 5 0 H B,
save_r3 T HAECI®EHN save_r2 AR, BEREERE

P EHiEE g A SR =R 5 H

Rprocessnode NA

R

Ll

node = stream.create("rprocess",
node.setPropertyValue("custom_name",

"My node")
“my_node")

ATDAGEA TR 8 Ei%59E IBM(r) SPSS(r) Modeler
EHERGE R, A& E SR EET R Script 2K (&
Kiz¥kl, BRER K, EREERERT,

node.setPropertyValue("syntax", """day<-as.Date(modelerData$dob, format="%Y-

9%m-%d")
next_day<-day + 1

modelerData<-chind(modelerData,next_day)
varl<-c(fieldName="Next

day",fieldlLabel="",fieldStorage="date",6 fieldMeasure="",fieldFormat="",

fieldRole="")

modelerDataModel<-data.frame (modelerDataModel,varl)""")

node.setPropertyValue("convert_datetime", "POSIXct")
& 71: Rprocessnode W&
Rprocessnode N%& BRpE Mzt
syntax string
convert_flags StringsAndDoubles

LogicalValues

convert_datetime

JEAR
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2 71: Rprocessnode WA (#4E)

Rprocessnode W% g kil W2
convert_datetime_class ——
POSIX1t
convert_missing TR
use_batch_size AR S FE LR i P
batch_size B FHEE ZAE B —EHt R P S R E R L EEL

samplenode N&

TR ) EANERGCIRN 7RG, SRSEMRARR, HpERERA, SR

I AR ARRERE (SSHEML) BEAS, BURREIIATE m R REANISE B BH AC S AR 052 2 EAEL AT IR
IHTEIRAE M,

sl

/* Create two Sample nodes to extract

different samples from the same data */

node = stream.create("sample", "My node")
node.setPropertyValue("method", "Simple")
node.setPropertyValue("mode", "Include")

node.setPropertyValue("sample_type", "First")

node.setPropertyValue("first_n", 500)

node = stream.create("sample", "My node")

node.setPropertyValue("method", "Complex")
node.setPropertyValue("stratify by", ["Sex",

"Cholesterol"])

node.setPropertyValue("sample_units", "Proportions")
node.setPropertyValue("sample_size_proportions", "Custom")

node.setPropertyValue("sizes_proportions",

"Normal", "Default"],

[“F“, “High“, 0-3], [“F“I “NOImal“, 0'3]])

[[“M“, “High“, “Default“], [“M“,

& 72: samplenode WA
samplenode N%¥ BRpE P2t
method Simple
Complex
mode Include B EEIRET S ERIFRELER,
Discard
sample_type First fee Btk T7 1
OneInN
RandomPct
first_n B 1F0F NS R B EIHEE LB R 8%
one_in_n 7 TFRE n-1 et e S e E — ke,
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& 72: samplenode WA (#4E)

samplenode W% g kil W2
rand_pct B FeE B S ISR IR E 77 L,
use_max_size AR i maximum_size 8%7E,
maximum_size B feE 20t ATEE RHER I s = A i R A
B, ERWPHEE, KIHHEE First
Include FEE&#HZH,
set_random_seed AR o FH P i A - 5 o
random_seed LS Y6 7€ Ve B v 1 1E,
complex_sample_type Random
Systematic
sample_units Proportions
Counts
sample_size_proportion [Fixed
s
Custom
Variable
sample_size_counts Fixed
Custom
Variable
fixed_proportions &2
fixed counts LS
variable_proportions L TIDA
variable_counts i A
use_min_stratum_size AR
minimum_stratum_size B 5§ Sample units=Proportions B
SRR, HBETE AR,
use_max_stratum_size AR
maximum_stratum_size EES %% # M Sample units=Proportions BX
FE AR, HIEEAE A,
clusters L TIDA

stratify_by

[field1 ... fieldn]

specify_input_weight

JEAR

input_weight

Rz

new_output_weight

string

%10 B GUEREEMHBNE 121



& 72: samplenode MB (#4E

samplenode W% g kil W2

sizes_proportions [[string string value] W5 sample_units=proportions H
[string string value]...] |sample_size_proportions=Custom,

B g R A M1 ] REAH & A MEL

default_proportion &
sizes_counts [[string string value] fe EMA A E R M A E, AR
[string string valuel...] |sizes_proportions HIHHMEL {HigE
FEREE, TAEERA,
default_count B

selectnode W&

PRI BB R BRI PF B R R TS I SRR TR S N, AT DUSEHR

> 75 AR A 8 L BRI 3 65
gl
node = stream.create("select", "My node")

node.setPropertyValue("mode", "Include")
node.setPropertyValue("condition", "Age < 18")

K 73: selectnode RA

selectnode W% BRPR M-I

mode Include fEE R EEBEREE T,
Discard

condition string B S BRI R

sortnode N%&

o CHEY ) R A AR R — (8 2 R L A (L R S R B T o
HHEN

il

node = stream.create("sort", "My node")

node.setPropertyValue("keys", [["Age", "Ascending"], ["Sex", "Descending"]])
node.setPropertyValue("default_ascending", False)
node.setPropertyValue("use_existing_keys", True)
node.setPropertyValue("existing_keys", [["Age", "Ascending"]])

K 74: sortnode NA&

sortnode W% Bk WS

keys B TR BAE R HARRIMAL,  WERARIEE T
[F,  F e fi P PR AL
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& 74: sortnode WA (#48)

sortnode W% g kil W2

default_ascending AR fa e AT AT

use_existing_keys AR FEE & & FH ARG EHE RO i HE 7 2 B
IRLEIHE T

existing_keys feE CHEF IMANL N e T A, (FE RS
N keys WA,

spacetimeboxes N&

Space-Time-Boxes (STB) /21l Geohash FE N =N BIEH, H#EM S, STB 2
0 —EE T, HARER M1 73 T B ]

& 75: spacetimeboxes NA
spacetimeboxes W% g iyl RSt

mode IndividualRecords

Hangouts

latitude_field itV
longitude_field KDL
timestamp_field LiETIDA

densities [density, density, BEREHE—EEE, FHa:
density...] STB_GH8_1DAY

AR, BRATPEEEER, AR
iillo

ER A, AT DABEA GH1-GHA5 Ay
=

SHBIFRIER Sy, AT DA RAIME:

EVER
1YEAR
IMONTH
1DAY
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2HOURS
1HOUR
30MINS

15MINS
10MINS
5MINS

2 MINS
1 MIN

30SECS
15SECS
10SECS
5 SECS
2 SECS
1SEC
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& 75: spacetimeboxes WA (Ht#&)

spacetimeboxes W% BRpgE

WA

field_name_extension string

add_extension_as Prefix

hangout_density B

H—%E GE2R L7730

id_field it v

qualifying_duration A

12HOURS
8HOURS
6HOURS
4HOURS
2HOURS
1HOUR
30MIN
15MIN
10MIN
5MIN
2MIN
IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SECS

IELHR T R

min_events By

B/MER 2

qualifying_pct B

WJRAEHEIE 1-100 H

streamingtimeseries &

- MU AR IR P81 ) R R e — (0 BRI B R ) e S B AT 3T 00
' ak: o TERIR IS EIESEUR SPSS Modeler 5 18 Wit CiEIKE AR SGS TH

TR HiE

& 76: streamingtimeseries W&

streamingtimeseries N%

fH

WA

targets

AL

PR IR 471 HiR
A DA — i8] =i 2 A1 5
1R, PTDUEEREE A —fEsl
2l N AL AE 2 TEH
{EHo AEEFSAR NN
WL, FE2BEE 191 H
Y TR R R N
T, DS EZEH,

candidate_inputs

[field1 ... fieldN]

RRAIRAT A B i A\ B PRI
AL

use_period A
date_time_field Ji3lia
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& 76: streamingtimeseries WA (448)

streamingtimeseries W&

=1

WA

input_interval

None

Unknown

Year

Quarter

Month

Week

Day

Hour
Hour_nonperiod
Minute
Minute_nonperiod
Second

Second_nonperiod

period_field

i

period_start_value B
num_days_per_week B
start_day_of_week Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
num_hours_per_day B
start_hour_of_day B
timestamp_increments B
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& 76: streamingtimeseries WA (448)

streamingtimeseries W&

=1

WA

cyclic_increments

R

cyclic_periods

HE

output_interval

None

Year

Quarter

Month

Week

Day

Hour

Minute

Second

is_same_interval

cross_hour

JEAR

aggregate_and_distribute

HE

aggregate_default

Mean

Sum

Mode

Min

Max

distribute_default

Mean

Sum

group_default

Mean

Sum

Mode

Min

Max
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& 76: streamingtimeseries WA (448)

streamingtimeseries W& 1H P IH
missing_imput Linear_interp
Series_mean
K_mean
K_median
Linear_trend
k_span_points B
use_estimation_period TS
estimation_period Observations
Times
date_estimation HE EEMHA
date_time_field F§r]
H
period_estimation HE {EEH use_period
SN
observations_type Latest
Earliest
observations_num B
observations_exclude B
method ExpertModeler
Exsmooth
Arima
expert_modeler_method ExpertModeler
Exsmooth
Arima
consider_seasonal JiEASE
detect_outliers JiEAZ
expert_outlier_additive TR
expert_outlier_level_shift TS
expert_outlier_innovational i
expert_outlier_level_shift TS
expert_outlier_transient it
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& 76: streamingtimeseries WA (448)

streamingtimeseries W&

=1

WA

expert_outlier_seasonal_additive

JEAR

expert_outlier_local_trend

JEAR

expert_outlier_additive_patch

consider_newesmodels

exsmooth_model_type

Simple
HoltsLinearTrend
BrownsLinearTrend
DampedTzrend
SimpleSeasonal
WintersAdditive

WintersMultiplicativ
e

DampedTrendAdditive

DampedTrendMultiplic
ative

MultiplicativeTrendA
dditive

MultiplicativeSeason
al

MultiplicativeTrendM
ultiplicative

MultiplicativeTrend

futureValue_type_method

Compute

specify

exsmooth_transformation_type

None
SquareRoot

Naturallog

arima.p

£ 14

arima.d

£ 14
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& 76: streamingtimeseries WA (448)

streamingtimeseries W& 1H P IH
arima.q L
arima.sp B
arima.sd BE
arima.sq B
arima_transformation_type None

SquareRoot

Naturallog
arima_include_constant i
tf_arima.p. fieldname R FHTR 6 bR Y
tf_arima.d. fieldname B FHTR 5 bR B
tf_arima.q. fieldname B FH TR R
tf_arima.sp. fieldname R FH TR 46 bR B
tf_arima.sd. fieldname B FATR 46 bR 8
tf_arima.sq. fieldname BB FATR 6 bR
tf_arima.delay. fieldname R FHTR 6 bR Y
tf_arima.transformation_type. None FH AR B
fieldname

SquareRoot

Naturallog
arima_detect_outliers TS
arima_outlier_additive i
arima_outlier_ level shift TS
arima_outlier_innovational TR
arima_outlier transient JiEAS
arima_outlier_seasonal_additive i
arima_outlier_local_trend TS
arima_outlier_additive_patch i
conf_limit_pct real
events RAL
forecastperiods B
extend_records_into_future i
conf_limits TS
noise_res i
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streamingts RZE (BiEX)

: ak: MRS THFRAREFS) HiBSTE SPSS Modeler 55 18 IiRFhECM@IKMEH, Wi H
B2y ETEAIF IBM SPSS Analytic Server (RE )M BRBERERIFTHTRY TR i X

FPl i,

THAE RS HB e D B Ny THERER ) AN HOEI TRy, AT
=TI RERE SRS,

il

node = stream.create("streamingts",
node.setPropertyValue ("deployment_force_rebuild", True)

"My node")

node.setPropertyValue ("deployment_rebuild_mode", "Count")

node.setPropertyValue("deployment

rebuild_count", 3)

node.setPropertyValue ("deployment_rebuild_pct", 11)
node.setPropertyValue ("deployment_rebuild_field", "Year")

& 77: streamingts NB

streamingts N% BRPERY RS
custom_fields TR R custom_fields=false, FREEHG{H

R B TR SiESE RS, R
custom_fields=true, FREEREFSE
targets fil inputs,

targets [field1...fieldN]
inputs [field1...fieldN]
method ExpertModeler
Exsmooth
Arima
calculate conf JiEAZ
conf_limit_pct real
use_time_intervals_node |JfiZ PSS
use_time_intervals_node=true, #l
PR i TREREIREIRG ) SiESEE, W
R
use_time_intervals_node=false,
LR E
interval_offset_position,
interval_offset #flinterval_type,
interval_offset_position | . ... .. LastObservation 2f&iig A X8l
LastRecord %%, LastRecord Ef&HtERE—Mal#kst
(8
interval offset L&
interval_type P
Years
Quartezrs
Months
WeeksNonPeriodic
DaysNonPeriodic
HoursNonPeriodic
MinutesNonPeriodic
SecondsNonPeriodic
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&R 77: streamingts WA (HE4E)

streamingts N% BRPERY RS

events iz 3KAA

expert_modeler_method AllModels
Exsmooth
Arima

consider_seasonal i

detect_outliers JiEASE

expert_outlier_additive |jfZ

expert_outlier_level_shi | i

ft

expert_outlier_innovatio |

nal

expert_outlier_transient |jEfE

expert_outlier_seasonal_ | jEfE

additive

expert_outlier_local_tre |jfiZ

nd

expert_outlier_additive_ |jffZ

patch

exsmooth_model_type Simple
HoltsLineaxrTrend
BrownsLinearTrend
DampedTrend
SimpleSeasonal
WintersAdditive

WintersMultiplicativ
e

exsmooth_transformation_

None
type SquareRoot

Naturallog
arima_p B ERLF JA IR ] 73 27| A 6 8 Y N A A R R Y 2
arima_d B ERLFH T IRE R 3 271 A 6 B O 9 S AH AT N
arima_q B ERLFH T IRE R 3 271 A B B O N S AH AT N
arima_sp B ERLFH T IRE R 3 271 A 5 B Y N A R N
arima_sd REE L FH A IRE 8] 3 271 A 5 B ) N A [RT Y N
arima_sq R B FH T IRE 1 3 271 A T B ) N A TR N
arima_transformation_typ [ ERLF JA IR ] 73 27 A 6 8 Y N A R R Y 2
€ SquareRoot

Naturallog
arima_include_constant JiEAE R A IR P 3 271 A A T R Y N A AR R N
tf_arima_p.fieldname T B A BR P 3 271 A T R Y N AR R N 2

FRTR T 468 R 5
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&R 77: streamingts WA (HE4E)

streamingts N% BRPERY RS
tf_arima_d.fieldname T ERLFH A RS P 3 271 A T R Y N AR R N
FHTAR 6 bR
tf_arima_q.fieldname T B A BR P 3 271 A T R ) N AR R N
FHTA 6 PR
tf_arima_sp.fieldname E B A BR P 3 271 FE A T SR ) Y A R N
FH TR SR bR
tf_arima_sd.fieldname =g S A IR ] e 271 A 5 2B ) N A R Y N 2
FH AR B
tf_arima_sq.fieldname B S A PR P e 271 R A T B ) N A R N
FH AW R B
tf_arima_delay.fieldname | %L ERL P JA IR ] 73 27 A 6 8 Y N A R R Y 2
FH AR R B
tf_arima_transformation_typ None
e. SquareRoot
fieldname Naturallog
arima_detect_outlier_mod
None
€ Automatic
arima_outlier_additive i
arima_outlier_level shif |jEiE
t
arima_outlier_innovation |l
al
arima_outlier_transient |jfiZ
arima_outlier seasonal_a |jftZ
dditive
arima_outlier_local_tren |jHfE
d
arima_outlier_additive_p |t
atch
deployment_force_rebuild | jEfE
deployment_rebuild_mode S
Percent
deployment_rebuild_count | 8
deployment_rebuild_pct L&
deployment_rebuild_field |<field>
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8 11 55 fROL/ER R N A

anonymizenode NZ&

MEAA L) TR TR AR A 2 AR AL E R I RERTT, TR 1 R E R,

_’ e = v~ N A AN \[| N ok 3
ﬁ WIEREAFFHAMMG HE S HBURER (%P ekl #a s B
HESE B Ho
A f5i|

stream = modeler.script.stream()

varfilenode = stream.createAt("variablefile", "File", 96, 96)

varfilenode.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUGIN")

node = stream.createAt("anonymize", "My node", 192, 96)

# Anonymize node requires the input fields while setting the values

stream.link(varfilenode, node)

node.setKeyedPropertyValue("enable_anonymize", "Age", True)
node.setKeyedPropertyValue("transformation", "Age", "Random")
node.setKeyedPropertyValue ("set_random_seed", "Age", True)
node.setKeyedPropertyValue ("random_seed", "Age", 123)
node.setKeyedPropertyValue("enable_anonymize", "Drug", Tzrue)
node.setKeyedPropertyValue ("use_prefix", "Drug", True)

node.setKeyedPropertyValue ("prefix", "Drug", "myprefix")

& 78: anonymizenode N&

anonymizenode N% g kil RSt

enable_anonymize TR BOER True B, ISREMANENERL HERE TH
BEETERAL WP AZMIERR) .

use_prefix TR HES True B, WREEEHEITH, WEFHEHZT
Ho JEARROEIEEERTLE LRI, T EERURE
FEEUE ) HEEEH A MAnES BETE I,

prefix string FROATE THBUE ) HEEENSCFREF AT S, WRE
feE HAEME, ARETER T E ek THE E,

transformation Random i 7 1 R BB A4 T AR A TR 2 BUR A 1B 2 (]
ati

Fixed

set_random_seed A PE A True K, fHEHAfEEIEFAE (R
transformation 5% 7E % Random) ,

random_seed B H set_random_seed &S True Ff, (B EELEIFE
?‘O

scale v H transformation B E4 Fixed R, ILEHR T3
B, WE, RAZIEMEA 10, ({HAJREE I/ DUE R
o

translate B H transformation BEA Fixed R, ILERR &

. B, FIREHREA 1000, EATREE /DU
T,




autodataprepnode NZ&

il

node
node

H B KTEM (ADP) 8GRl AT ISR RRIE IS IE, iR H A7 £ P el n] REAE T AY
ol W0z, CAEEE R S ATAERTRE L, (@A REAREM IR ORI RE,  fEn] DA
\ e HEME T RS, AFFHEEENERBIERRN, B8 n e 74 5§l 7 B
B, IEHRTRE Rz, EEEB IR,

= stream.create("autodataprep", "My node")

.setPropertyValue("objective", "Balanced")
node.
node.
node.
node.
node.

setPropertyValue("excluded_fields", "Filter")
setPropertyValue("prepare_dates_and_times", True)

setPropertyValue("compute_time_until_date", True)
setPropertyValue("reference_date", "Today")
setPropertyValue ("units_for_date_durations", "Automatic")

& 79: autodataprepnode B

autodataprepnode N% BrPgisy RSt

objective Balanced

Speed

Accuracy

Custom

custom_fields AR R % true, AIRFFHEABRITHIETEEH

B W AN HABRRAL, Q2R % false, RIE
FEA B TR ERRSRAVBATROE,

target A faE B — HAFHRAL,
inputs [field1 ... fieldN] AL AT P P i N\ s ERIMEL AR 7
use_frequency il
frequency_field i A
use_weight A
weight_field i EIvA
excluded_fields Filter
None
if_fields_do_not_match StopExecution
ClearAnalysis
prepare_dates_and_times TR I A A B AR R A A /7B
compute_time_until_date g
reference_date Today
Fixed
fixed_date H 1
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& 79: autodataprepnode WA (HE4E)

autodataprepnode W% BRPERY RS

units_for_date_durations Automatic
Fixed

fixed_date_units Years
Months
Days

compute_time_until_time A

reference_time CurrentTime
Fixed

fixed time RF

units_for_time_durations Automatic
Fixed

fixed_date_units Hours
Minutes
Seconds

extract_year_from_date g

extract_month_from_date g

extract_day_from_date g

extract_hour_from_ time A

extract_minute_from_time |JfiZ

extract_second from time |JHEiE

exclude_low_quality_input |

s

exclude_too_many_missing g

maximum_percentage_missin |#(F

g

exclude_too_many_categori |JfHiZ

es

maximum_number_categories |#(F

exclude_if_large_category |[JfiZ

maximum_percentage_catego |H(F

ry

prepare_inputs_and_target |
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& 79: autodataprepnode WA (HE4E)

autodataprepnode W% BRPERY RS
adjust_type_inputs TR
adjust_type_target TR
reorder_nominal_inputs A
reorder_nominal_target JiEARE
replace_outliers_inputs JiEAZ

replace_outliers_target TR

replace_missing_continuou |

s_inputs
replace_missing_continuou |JHiE
s_target
replace_missing_nominal_i |Jf#HiZ
nputs
replace_missing_nominal_t |JffZ
arget
replace_missing_ordinal_i | %
nputs
replace_missing_ordinal_t |
arget
maximum_values_for_ordina |#(F
1

minimum_values_for_contin |#(F
uous

outlier_ cutoff value L&
outlier_method Replace

Delete

rescale_continuous_inputs |JHEfE

rescaling_method MinMax
ZScore
min_max_minimum L&
min_max_maximum B
z_score_final mean B
z_score_final_sd &2

rescale_continuous_target |

target_final_mean L

target_final_sd L&

transform_select_input_fi |}
elds
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& 79: autodataprepnode WA (HE4E)

autodataprepnode W% BRPERY RS
maximize_association_with |
_target

p_value_for_merging &S
merge_ordinal_features A
merge_nominal_features JiEARE
minimum_cases_in_category |#(¥F
bin_continuous_fields g
p_value_for_binning (&
perform_feature_selection |JHfZE
p_value_for_selection L&
perform_feature_construct |JfiZ
ion

transformed_target_name_e |string
xtension
transformed_inputs_name_e |string
xtension
constructed_features_root |string
_hame

years_duration_ string
name_extension

months_duration_ string
name_extension

days_duration_ string
name_extension

hours_duration_ string
name_extension
minutes_duration_ string
name_extension
seconds_duration_ string
name_extension
year_cyclical_name_extens |string
ion

month_cyclical_name_exten |string
sion

day_cyclical_name_extensi |string
on

hour_cyclical_name_extens |string
ion

minute_cyclical_name_exte |string

nsion
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& 79: autodataprepnode WA (HE4E)

autodataprepnode N%¥

WA

second_cyclical_name_exte
nsion

string

astimeintervalsnode N%&

T THEREIRSIRR . S 0T DATE e e R R B S 477 26 P A it st el TR O s R R, S 88
FERVEIAE ) 2 IS R,
& 80: astimeintervalsnode RA
astimeintervalsnode W% BR Y M IH
time_field it VA HRERE 2 B AR AL, I ST B % L
FAVEER G, DI R RIRE, a0 SRTE It
BRAEF T EEEAL, 0B e AR 2 Re R
FEiE,
dimensions [field1 field?2 ... b=t VARSI 8 it AVAIER S v =il S il
fieldn] 52418
fields_to_aggregate [field1 field?2 ... 15 IR R AL I RF R B B AR, B
fieldn] RO TRE, TERERH LS BBk
;13, BT A AR O ATELERES 1Y
R,

binningnode A&

oyAH HTREARIE — (e BT A AT (BUERRER) MAIAYE B BS54

g (£8) MG, BN, FIP Al s AR 2 — (8 2 5 5 A U\ P R
% WGL, EAHESEE MNEEZE, —BEEFMNEY T4, 5] DURSED)EI R,
REA THTAE) EiRh,
iRl

node = stream.create("binning", "My node")
node.setPropertyValue("fields", ["Na", "K"])
node.setPropertyValue("method", "Rank")
node.setPropertyValue("fixed_width_name_extension", "_binned")
node.setPropertyValue("fixed_width_add_as", "Suffix")
node.setPropertyValue("fixed_bin_method", "Count")
node.setPropertyValue("fixed_bin_count", 10)
node.setPropertyValue("fixed_bin_width", 3.5)
node.setPropertyValue("tilel0", True)

% 81: binningnode W&

binningnode N% BRPgRY REGL]
fields [field1 field? ... TR TGRS (BUAEBIEIE) 6L,
fieldn] ] DA R 3t 22 AT 750 8]
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2 81: binningnode NZ (448)

binningnode N% BrPgie RSt
method FixedWidth R AN Tos) (RS e #
BT
EqualCount
Rank
SDev
Optimal
rcalculate_bins Always fEE =R — R THI BN E RS (5
H BHAFERDICETEMHER T4 h, &8
TERERIEEIEE T4 ey
IfNecessar B E R
Y KT [5y4L) Hh,
fixed_width_name_extension string THRLEIME 44 2 _BIN,
fixed_width_add_as Suffix T T TR R R A% 8 1 EIR 2 A4 R O R
(FR) E2ME (F8) . HREIESA
Prefix % income_BIN,
fixed_bin_method Width
Count
fixed_bin_count BEE feE RSO I EE B T4
() BB,
fixed_bin_width real FIREIE SR E CEEEERD
equal_count_name_ string THERRITE S 2 _TILE,
extension
equal_count_add_as Suffix FEE F A i FIASEHE p o B IR A AR AR
A RBNEESYS (FRHFE) . HxEl
Prefix W2 _TILE M BN, Hr N 250058,
tiled TR EEEDO gL T4l , BE T4
5 25% MBIEME,
tile5 AT EATNE T o
tilel0 JHAE EET A T4 o
tile20 TR EAET 0B T4
tilel00 A ELEESNE T .
use_custom_tile JEAS
custom_tile_name_extension string THEREIRERZ 2 TILEN,
custom_tile_add_as Suffix
Prefix
custom_tile B
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2 81: binningnode NZ (448)

binningnode N% BrPgie RSt
equal_count_method RecordCount RecordCount J5{%SeE AR 7 4% 73 BiAH
[ESEREAYRCEE, 1M ValueSum J7ik2 sy
ValueSum BUECER12 B8 7 4 P E AR RIS
tied_values_method Next T Ll N ARG EE R
Current
Random
rank_order Ascending AR E Ascending (RIKMEERA
1) 5¢ Descending (FEfERERE 1) o
Descending
rank_add_as Suffix OETEE A AHESE R, T BEERFIE 2L
HESE AR
Prefix
rank TR
rank_name_extension string THEXEINE S 2 _RANK,
rank_fractional it HESE AR sME, HAoi i R AR
EFR AR IRBISERNIERN, 28dH
HHE 7 0-1 Z R,
rank_fractional name_ string THRRINE S A _F_RANK,
extension
rank_pct TR RHEEF S PR LR E A E LR EE,
RIBTELL 100, D EHEA E I LHEIEAE 1-
100 Z [,
rank_pct_name_extension string TEREINE S % _P_RANK,
sdev_name_extension string
sdev_add_as Suffix
Prefix
sdev_count One
Two
Three
optimal_name_extension string THER RIS 4 %5 _OPTIMAL,
optimal_add_as Suffix
Prefix
optimal_supervisor_field it v Ve £ EVERANEREIRRNL, A5 4R

Rz AR B
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2 81: binningnode NZ (448)
binningnode N% BrPgie RSt
optimal_merge_bins TR feE A AR/ NEISEFTEN T
fHy WG EIERRIAEES Ty

optimal_small_bin_threshold |#&#{
optimal_pre_bin TS FOREEITE RS TRE 4
optimal_max_bins B feE LR DURE RN K To04H ) (EHL
optimal_lower_end_point Inclusive

Exclusive
optimal_first_bin Unbounded

Bounded
optimal_last_bin Unbounded

Bounded

derivenode W%

— MRTE ) ERRHE A ARMEBURTE — (B e 2 (E I A M LR, B E A%
= PR R S, RRE, FHEBORFRIRRINL,

+—

gofil 1

# Create and configure a Flag Derive field node

node = stream.create("derive", "My node")
node.setPropertyValue("new_name", "DrugX_Flag")
node.setPropertyValue("result_type", "Flag")
node.setPropertyValue("flag_true", "1")
node.setPropertyValue("flag_false", "0")
node.setPropertyValue("flag_expxr", "'Drug' == \"drugx\"")

# Create and configure a Conditional Derive field node

node = stream.create("derive", "My node")
node.setPropertyValue("result_type", "Conditional")
node.setPropertyValue("cond_if_cond", "@OFFSET(\"Age\", 1) = \"Age\"")
node.se;PropertyValue("cond_then_expr", "(@QOFFSET(\"Age\", 1) = \"Age\" ><
@INDEX"

node.setPropertyValue("cond_else_expr", "\"Age\"")

gofil 2

It Script BOE BRI E 73 Il 44 %5 XPos 1 YPos HYBUERE, SmifEml o Bl R —MERs (BlansErraAaE)
HYXF0Y BERR, I Script 32 THT2E ) R, SZERRGIRIRREC AR R AT AARGZRG X F Y AT it
BT -

stream = modeler.script.stream()

# Other stream configuration code

node = stream.createAt("derive", "Location", 192, 96)
node.setPropertyValue("new_name", "Location")
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node.setPropertyValue("formula_expr",
node.setPropertyValue("formula_type",

"['XPos',
"Geospatial")

'YPos']")

# Now we have set the general measurement type, define the
# specifics of the geospatial object

node.setPropertyValue("geo_type",

"Point")

node.setPropertyValue("has_coordinate_system", True)

node.setPropertyValue("coordinate_system",

"ETRS_1989_EPSG_Arctic_zone_5-47")

% 82: derivenode NA

derivenode W% BRI M2 ER
new_name string LAY 4 R
mode Single i BEL{E Bl AE AL
Multiple
fields HHE EFHARTE 20 R ER L,
name_extension string FopTRA B E BIE 4
add_as Suffix TFEItE TG A2 0TE (B
) e CRE) .
Prefix
result_type Formula AN B 7SR RE AL TR
Flag
Set
State
Count
Conditional
formula_expr string FRTERTAE SRS BT AL E R R
o
flag_expr string
flag_true string
flag_false string
set_default string
set_value_cond string PR ELAA T (EAH BB A LR A (L
&,
state_on_val string FEEFFE On RAFRHHTHRALAIE,
state_off_val string FEEFFE Off IR LFIRF BT A 1B,
state_on_expression string
state_off_expression |string
state_initial On FopTRAL Y BHE L B 7 BCHIAG E On
8 0ff, PI{EfFE MR RAETE I
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K 82: derivenode NA (#E48)

derivenode W% BRpEY Pzt IH
count_initial_val string

count_inc_condition string

count_inc_expression |string

count_reset_conditio |string

n

cond_if _cond string

cond_then_expx string

cond_else_expr string

formula_measure_type

Range / MeasureType.RANGE

Discrete /
MeasureType.DISCRETE

Flag / MeasureType.FLAG
Set / MeasureType.SET

OrderedSet /
MeasureType.ORDERED_SET

Typeless /
MeasureType.TYPELESS

Collection /
MeasureType.COLLECTION

Geospatial /
MeasureType.GEOSPATIAL

L NART TP 8 2 BEATT AR P R 67 R A
TR, AT DA setter BRIEUE % T
B Hh—1# MeasureType {H,
getter PRELUAXL(E[A] MeasureType
{H,

collection_measure

Range / MeasureType.RANGE
Flag / MeasureType.FLAG
Set / MeasureType.SET

OrderedSet /
MeasureType.ORDERED_SET

Typeless /
MeasureType.TYPELESS

BRWCRRINL (GREEZ 0 HOIEED)
b PR 7 7 L A e ) T

i,
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2 82: derivenode WA (H48)
derivenode W% BRPge RESLL]
geo_type Point EAHEZS RIREAL, A E R IEAR
MRS R AR, 8
MultiPoint %EZ;@E%{EE@(%%‘(%EQﬁO
LineString
MultilLineString
Polygon
MultiPolygon
has_coordinate_syste |boolean RS AL, ENA G ERIL
m RS BA AR R
coordinate_system string EA A RIMNL, LN A E FR A
R EERE 2R 4
ensemblenode RA
~ RS EHIBGAE S M E e AR, DUEAS LR ol —EASE A mT DUEAS A BE BERE Y TH

Hl,
>

il

# Create and configure an Ensemble node

# Use this node with the models in demos\streams\pm_binaryclassifier.str

node = stream.create("ensemble", "My node")
node.setPropertyValue("ensemble_target_ field",

"response")

node.setPropertyValue("filter_individual_model_output", False)
node.setPropertyValue("flag_ensemble_method", "ConfidenceWeightedVoting")
node.setPropertyValue("flag_voting_tie_selection", "HighestConfidence")

& 83: ensemblenode NA

ensemblenode W%

ORPETR

WA

ensemble_target_field

RNz

ATERRRE PRI A AR E H
FERRNL

utput

filter individual_model o | JEiE

TERE T2 1 P SRR A o0 A
%O
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X 83: ensemblenode WA (44E)

ensemblenode W%

BORPER

WA

flag_ensemble_method

Voting
ConfidenceWeightedVoting

RawPropensityWeightedVoti
ng

AdjustedPropensityWeighte
dVoting

HighestConfidence
AverageRawPropensity

AverageAdjustedPropensity

TR A ACHIE BB R Y 7T 15
(BRI H AR UL, It
REATEH,

set_ensemble_method

Voting

ConfidenceWeightedVoting

TEE I ACA R R o 1 T3 TR
WA BRI H 2 AR R LR A
FEMRERE,

HighestConfidence
flag_voting_tie_selection |Random WNSLERER 75, RlFEE AR
fetT ik, (EEIERTY A2
HighestConfidence FRIOLIE, IR B
RawPropensity
AdjustedPropensity
set_voting_tie_selection |Random AREREL R 1%, BIFEE A5
fEt Tk, WA R B
HighestConfidence RO A & B R
calculate _standard error |JHEFE NS AR AL S AR, HIRTERE

EPITIERE SR ET S AR R R al
#HE ] true (2B ZEY; i
BURIE A EHE R AR R

fillernode W&

ME A ) G BG & B R (BN 5 W g 77
@BLANK (@QFIELD)) #KHUVIE, Bi#, &n] DURETE S Hel S EEU AR EE,
T EE RS R A EiE— i BB IRE,

i
node = stream.create("filler", "My node")
node.setPropertyValue("fields", ["Age"])
node.setPropertyValue("replace_mode", "Always")

] DUEEARGR CLEM fifF (fFilan

%11 F= MOEEHEENE 145



node.setPropertyValue("condition", "(\"Age\" > 60) and (\"Sex\" = \"M\"")
node.setPropertyValue("replace_with", "\"old man\"")

K 84: fillernode WA

fillernode W% gk uyl REEEAi]
fields EHE B R Fh LB R A 2 i B YR
replace_mode Always Al ABCRT B, ZSEESE, el A
FRARHEE (R T EUR,
Conditional
Blank
Null
BlankAndNull
condition string
replace_with string

filternode &

NEEas) ERSHEIE (FEZE) MARL. A A4 ML MR AR L 0 — {8 A Rk

i

I —5 “/\ % o

> 25— ARG

Hif -
node = stream.create("filter", "My node")
node.setPropertyValue("default_include", True)
node.setKeyedPropertyValue("new_name", "Drug", "Chemical")

node.setKeyedPropertyValue("include", "Drug", False)

{iH default_include W%, TR, & default_include WAREANE BB S HERATE ML ;
R H ANEE A A TERAT R, IEAENRE LRERURTE— T NEEARER) BRI P AR AR AL S
B, Flan, BRETT T3 Script:

node = modeler.script.stream().create("filter", "Filter")

node.setPropertyValue("default_include", False)

# Include these two fields in the list

for £ in ["Age", "Sex"]:
node.setKeyedPropertyValue("include", £, True)

ISR R HTREEIEMNL Age T Sex A FEZEFTH HAMINL, EHITHT—ME Script Z1&, BIEMRBR FHIT
BT ZE Script DAs44 H A i AR

node.setPropertyValue("default_include", False)

## Include these two fields in the list

for £ in ["BP", "Na"]:
node.setKeyedPropertyValue("include", £, True)

B S M ERA T 2B ERs, DUEARILEIEPYEMEL. (Age. Sex. BP. Na) . #fyafa, %
default_include M{HEE 2% False AN& BB E AT A M,
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AN, GSRBIFEER A Script Si7E NETEIRHIE ) BT default_include RIESEED True, HI
ST R AR, B, fERESmmARGE A LTSI AP ERGL, anRERER, ATEEA D@iSes iR BES
REFPRPERIEEITESR, EiFE NI EEUE,

2 85: filternode W&

filternode W% BRPER WS
default_include JEAR KON, FATEE THRAT AR AR
TR I R AL :

TR, ROTIENAEAE BBHF SRR
ARG EHREE R TR B B HERR
FTEIRAIRNL, AR EMAEERZ2 R T
AR

include TR FH BAGFIRS BRAR AL A S P2

new_name string

historynode RZ&

MJEESE | ERRGR AL HTRGL, Hrip S Al A Rl TR S A
EE TRFPBVERE, BN PRI Rl FEfT TR iR, ERIRERREMEA] THE
Fr ERRGETERLETHE

Ll

node = stream.create("history", "My node")
node.setPropertyValue("fields", ["Drug"])
node.setPropertyValue("offset", 1)
node.setPropertyValue("span", 3)
node.setPropertyValue("unavailable", "Discard")
node.setPropertyValue("fill _with", "undef")

& 86: historynode NA
historynode W% BRpEY Pt il
fields THE TR S AL
offset &2 T8 B R B AR ST SRR (L (B O B T 1Y
Aifk (RATROERZ ATIYECER)
span B T € B FP FEUE R DART RO SR Y S,
unavailable Discard BEEAN S R EH GRS, EHE2ERE
DARG I RO E%AE 2 FRE SR O A 2 s 8 (R
Leave BERMETEED)
Fill
fill_with String i E B FH A S PR SR (B AT FH A RE SR (B B 7
%O
Number
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partitionnode &

oy HE R ] FEAE o FIEEARAL, MR AT A Rl o0 2 8 1Y) 7~ B DARE A R B Y

% Ak, T 7E R A BRABIE B2 (P,
il
node = stream.create("partition", "My node")

node.setPropertyValue("create_validation", True)
node.setPropertyValue("training_size", 33)
node.setPropertyValue("testing_size", 33)
node.setPropertyValue("validation_size", 33)
node.setPropertyValue("set_random_seed", True)
node.setPropertyValue("random_seed", 123)

node.setPropertyValue("value_mode", "System")

& 87: partitionnode WA

partitionnode W% BRpE P et

new_name string FH 773 2 A4 ) 0 1 B AR AN P 44 il

create_validation A FEE B B Bans o HI

training_size B BB o B RC BT S B E 2 e (0-
100),

testing_size E BB AR T a0 B EC SR TS B 7 e (0-
100),

validation_size E BB AR B o H I AR R TS B E 2 e (0-
100), GSRAENZEERE S HIE, RIE 2,

training_label string Al 40k 7 1) 5 AR

testing_label string A B 5 AR

validation_label string Bass o B E AR,  RAEN RS
[, Alle 2,

value_mode System feE IR RERE R E S BIEAE, 5]
an, IR DARGR AR SRS 1. &

SystemAndLabel Training i —#FM4HAE 1_Training,
Label

set_random_seed EITLZ FE7E & 15 {5 FH 8 & HE e P BE SR 1

random_seed B fEHEEEREME TEH, WREMAH
{8, set_random_seed WEHETES True,

enable_sql_generation [ffifk FEE S A SOL 3% A Bl sl #5277 #|

unique_field feEu ARIOL, FH DARECR DARBHE(E R EE 4R Y
F AR R R F W R
{8, enable_sql_generation WERRT 4
TIer
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reclassifynode N&

PR R B ATAS —AHAE R (R R S — M E, T o S R e T A

2o SIHTERHER A
e
gl
node = stream.create("reclassify", "My node")

node.setPropertyValue("mode",

"Multiple")

node.setPropertyValue("replace_field", True)
node.setPropertyValue("field", "Dxrug")

node.setPropertyValue("new_name", "Chemical")
node.setPropertyValue("fields", ["Drug", "BP"])

node.setPropertyValue("name_extension",

node.setPropertyValue("add_as", "Prefix")
node.setKeyedPropertyValue("reclassify", "drugA", True)
node.setPropertyValue("use_default", True)
node.setPropertyValue("default", "BrandX")

"reclassified")

node.setPropertyValue("pick_list", ["BrandX", "Placebo", "Generic"])

& 88: reclassifynode WA

reclassifynode W% BrPgie M2

mode Single Single =/ —AMIALAVEESH,

Multiple % RN fE S 2 MR Y5

Multiple H

replace_field i

field string fEfE B— A,

new_name string fE7E TH—) AP,

fields [field1 field? ... £ T2l SRR,
fieldn]

name_extension string £ T2 B,

add_as Suffix 1 T208) #UMEM,
Prefix

reclassify string AAERISEREL NS

use_default JiEASE {5 FH FEERAES

default string fEE TR A,

pick_list [string string ... AT S A BRI ER TS B AR
string] R R HLE B,

reordernode &

TRRACEEHTHER ) ERREE R T INEUR NIFROLR B ANER . IHIEY & B R AR
BN fERCE (Blangers, B TREGZ) BEEdR) FROBTRTT. BEfHBRZAEREME
EBLER AL T R, AR SEAER A H.
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node
node

= stream.create("reorder", "My node")

.setPropertyValue("mode", "Custom")

node.setPropertyValue("soxrt_by", "Storage")
node.setPropertyValue("ascending", False)
node.setPropertyValue("start_fields", ["Age", "Cholesterol"])
node.setPropertyValue("end_fields", ["Drug"])
2 89: reordernode W&
reordernode N% BrPgie RS
mode Custom Al L E B EHEE THEY, R DieE HET
JIEFF
Auto
sort_by Name
Type
Storage
ascending TR
start_fields [field1 field?2 ... BRI A ZIE LA 2 15,
fieldn]
end_fields [field1 field?2 ... HTRRAL G A S LML 2 A/l
fieldn]

reprojectnode &

£ SPSS Modeler 1, FoRNHEEASTHHRE, T M-FEHETERAD (STP) SR [ ith [
HRL) HRZJERH H BB IE R . (R TEFrRs) BRG] DA ERTREA

-_— FAEARTASE FH 7 St PR e A 3R 4 N S A ) A R A
& 90: reprojectnode NA
reprojectnode N% BRpEY Pz St
reproject_fields [field1 field?2 ... HI P A TE R IR AL,
fieldn]
reproject_type Streamdefault | JEBAAIERAIESTEHER
Specify
coordinate_system string FEHZMA I BRI AR,  #:
set
reprojectnode.coordinate_system
= “WGS_1984_World_Mercator”
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restructurenode %

EEAH ) BRG] — 4 FEAR AL SRR R R s — AN, GRMRRLRERH TR A S —
E TERRAIAIED) o BN, (Reeh — 4 2 AERERRIRGL, HYEREH, BRMEIE,
QIES = EFiins (FH. B, 18 |, Sl ioeg fE S ERR AT SRAIME,

il

node = stream.create("restructure", "My node")
node.setKeyedPropertyValue("fields_from", "Drug", ["drugA", "drugX"])
node.setPropertyValue("include_field_name", True)
node.setPropertyValue("value_mode", "OtherFields")
node.setPropertyValue("value_fields", ["Age", "BP"])

& 91: restructurenode N&
restructurenode W% Bl M2 EH
fields_£from [category category
category]
all
include_field _name itz FE7R B 75 7 BE AH R 42 % v (i F R 44
o
value_mode OtherFields FORRR A EAMM s EEIAER, R
M2 OtherFields, WAZEE T ZL{ IR
Flags LN, (BRI o WSRERE
Flags, HIMEABUERHE,
value_fields HE WK value_mode /& OtherFields, HIl
B MR ER,  FEE 6 LA 2
BN,

rfmanalysisnode &

MEIEAER, JHR, JHE R (RFM) 047 B a] sl AE0E s 2 o il O A5 B A Ry
3 A (EIgER) | PR ASER GRR) |, DURMFHERTE RSB S (HE
SR, RERHEMERFAIGERRER S,

#ifo]

node = stream.create("rfmanalysis", "My node")
node.setPropertyValue("recency", "Recency")

node.setPropertyValue ("frequency", "Frequency")
node.setPropertyValue("monetary", "Monetary")
node.setPropertyValue("tied_values_method", "Next")
node.setPropertyValue("recalculate_bins", "IfNecessary")
node.setPropertyValue("recency_thresholds", [1, 500, 800, 1500, 2000, 2500])
& 92: rfmanalysisnode W&

rfmanalysisnode W% B M2 ERE

Trecency iE A2 feE PSRN, R UZ HEA, KRBT

BN E
frequency i A FE & SR,
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& 92: rfmanalysisnode WA (£4E)

rfmanalysisnode W% g kil M2
monetary it v e H B SR
recency_bins rEL fEEEEANRIEER T4 BE,
recency_weight By fee EM R RIEERERAYIINE, FHRER
100,
frequency_bins Gy 4 fEEBEEANER T B&E,
frequency_weight B TEEERSIRERIE, THR(EZ 10,
monetary_bins B fEEEEANHESRE T4 BiE
monetary_weight 7 IEEERZHESEERMIE, FHERERZ
1,
tied values_method Next FE B A\ B OEEASEE R
Current
recalculate_bins Always
IfNecessary
add_outliers A HAH recalculate_bins #&%
IfNecessary RiA R H, WRERE, HI
AL RBR 73 4% DA B RC S 8 21 R RR 734K
Sl A R R A A DA PR T B e 1
T,
binned_field Recency
Frequency
Monetary
recency_thresholds {EH1E HHEH recalculate_bins #%% Always
REARTH, fe@mEER T Y IRREGS
B/ ERREGFHE, —& Tor4H) B9 FPRERSE
EAEN—E o) B TBREGSHYE Filan,
[10 30 60] AlEFEmiflE [04H) , 55—
FoyeH ) Y b BRES SFERD T R G FLE 79 7l 2
10 130, SEfH ToraH) A EESSFAE 2
5311 30 1 60,
frequency_thresholds (=X HAH recalculate_bins #% Always
A AT
monetary_thresholds {IEXEED HAH recalculate_bins #&% Always

KA A

settoflagnode N&

MR AR ) FRGRRE 740 — B (AT AR L A R E 7 A 2 (R A

[
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ol

node = stream.create("settoflag", "My node")
node.setKeyedPropertyValue("fields_from", "Drug", ["drugA", "drugX"])
node.setPropertyValue("true_value", "1")

node.setPropertyValue("false_value", "0")
node.setPropertyValue("use_extension", True)
node.setPropertyValue("extension", "Drug_Flag")

node.setPropertyValue("add_as", "Suffix")
node.setPropertyValue("aggregate", True)
node.setPropertyValue("keys", ["Cholesterol"])

& 93: settoflagnode NA
settoflagnode W% Bk REEL]
fields_from [category category
category]
all
true_value string fE B R E AR N B PT (A Y true (B, TH
BAEE T,
false_value string FEE R E AR B (E R false, THEX
Hi2 F,
use_extension JHEAEE s FHRIRE A4 1 2 B AR A7 Y 72 R B
Ho
extension string
add_as Suffix fEEFEEIREZ 2T RIERTHE,
Prefix
aggregate TR MRIRR G SRR sC bR A, QSR
FUERMEEE 4 true,  HIE RO REAH RO FR
A HERERR AL
keys BHE RSO

statisticstransformnode %

Statistics A EEEH 5 IBM SPSS Modeler YR IR AT ATIER) IBM SPSS

E Statistics B1ETES . M HIELFEE IBM SPSS Statistics FTZHERIA,

BRELEENERER, H20% 379 HRY [statisticstransformnode W& J .

timeintervalsnode W& (BE5%)

SE: ILHBEE SPSS Modeler 1 18 R ELEL VK, I LR AHi0 TR
i

RpfH TR BN AT R R, RS2 TR RS P8R A TR R (WRRE) o W
FUERIFERRALI S, BRI EfRS a] DARR SR T B s AR s HE DA AL A — B RSk P B

%11 F MAEEFEENE 153



ol

node = stream.create("timeintervals",
node.setPropertyValue("interval _type",

node.setPropertyValue("days_per_week", 4)

node.setPropertyValue ("week_begins_on",

node.setPropertyValue("hours_per_day", 10)
node.setPropertyValue("day_begins_hour", 7)
node.setPropertyValue("day_begins_minute", 5)

node.setPropertyValue("day_begins_second", 17)

node.setPropertyValue("mode", "Label")
node.setPropertyValue("year_start", 2005)

node.setPropertyValue("month_start",

node.setPropertyValue("day_start", 4)
node.setKeyedPropertyValue("pad", "AGE", "MeanOfRecentPoints")
node.setPropertyValue("agg_mode", "Specify")
node.setPropertyValue("agg_set_default", "Last")

"January")

"My node")
"SecondsPerDay")

"Tuesday")

& 94: timeintervalsnode N&

timeintervalsnode N%¥

<eay Ut

W2 St

interval_type

None

Periods
CyclicPeriods
Years

Quarters

Months
DaysPerlWeek
DaysNonPeriodic
HoursPexrDay
HoursNonPeriodic
MinutesPerDay
MinutesNonPeriodic
SecondsPerDay

SecondsNonPeriodic

mode

Label

Create

T ZOE AT AL AL BB 2 EARYR TR H
WA, IR R B PRI AT B

field

L

EHRERE L R, faE R EHERD
AT H B R AR AL
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X 94: timeintervalsnode NA (448)

timeintervalsnode W%

BORPITR

WA

period_start

Eicd 4

e S P e P R A e [ ]

cycle_start

£ 14

TR HART AR

year_start

£l

SEHIE P P bt PR, 58— 1 o T T
HIEEDT

quarter_start

kil 4

BB E R, f558 —(EEm E Fr s
Iz,

month_start

January
February
Mazxch
April
May

June
July
August
September
October
November
December

day_start

kicd 4

hour_start

Eicd 4

minute_start

£ 14

second_start

B

periods_per_cycle

P

BIEBIER, FERE R R
/8

fiscal_year_begins

January
February
Mazxch
April
May

June
July
August
September
October
November
December

BN, feE B ERARIH
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X 94: timeintervalsnode NA (448)

timeintervalsnode M% BRPgE PN
week_begins_on Sunday EAEEER (—EFPR, —KHPH
INRE, — RS8R — RKHIIRD) | 45
Monday TE — G — Ko
Tuesday
Wednesday
Thursday
Friday
Saturday
Sunday
day_begins_hour B BREAMEER (—RAPAVNRE, —RKH
B8R — RAHHFD) | $5E—RBTEH
/N, AJPIEL day_begins_minute Fl
day_begins_second & A A # H,
DAREE —EHEREIR R, BIAD 8:05:01, &h
2 FR 77 HIE F #i
day_begins_minute B REAMEE R (— RN, — KA
B — RARD) | $5E — RBHLGHY
S8 (Blan 8:05 #f 5)
day_begins_second B BREIAMERE R (—RHPEY/NRE, —KH
Ao A1 —RAAIFD) | faE—RBALERY
Fb (i 8:05:17 ) 17)
days_per_week B BAEPEER (—@EFRR. —RPH
INRE, —RHBY SR — KAHRD) | 45
TE — TR B
hours_per_day L4 BAEEER (—RAPR/NRE, —RKH

Ao SR — R EIRD) |, FEE—RAPE/N
IRFEL
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X 94: timeintervalsnode NA (448)

timeintervalsnode W%

BORPITR

WA

interval_increment

1

10

15

20

30

BN — KA SR — KPR, f5E %
BRE TSR Y 73 S RO B

field_name_extension

string

field_name_extension_as_pr
efix

JEAR

date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
“DD.MM.YY"
"DD.MM.YYYY"
“MM.DD.YYYY"
“DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
“DD/MM/YYYY"
"MM/DD/YY"
“MM/DD/YYYY"
“DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY
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X 94: timeintervalsnode NA (448)

timeintervalsnode W%

BORPITR

WA

time_format

"HHMMSS"

"HHMM"

n MMSS n

"HH:MM:SS"
"HH:MM"

"MM:SS"

“(H)H: (M)M: (S)S"
"(H)H: (M)M"
“(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

“(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

aggregate

Mean
Sum
Mode
Min
Max
First
Last

TrueIfAnyTrue

TRE NIRRT %

pad

Blank

MeanOfRecentPoints

True

False

faE AL AT 5.

agg_mode

All

Specify

TR R AR R 6 PR R R S B
FrAERRIAL, B2 TEE ZE A BRI B
/8

agg_range_default

Mean

Sum

Mode

Min

Max

T B e AR AL IRy 5 FH (1) Pt R
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&K 94: timeintervalsnode W& (#48)
timeintervalsnode W% Brpi RSt
agg_set_default Mode FE B B3 A2 AN R A ) ) TR % R
First
Last
agg_flag_default TrueIfAnyTzrue
Mode
First
Last
pad_range_default Blank T 8 SR JERLAE AR (S IR S ol P 1) TR BRI
MeanOfRecentPoints
pad_set_default Blank
MostRecentValue
pad_flag_default Blank
True
False
max_records_to_create By T & EAH B IR 2N 2 YRR A SR B
estimation_from_beginning |jEtZ
estimation_to_end AR
estimation_start offset B
estimation_num_holdouts T
create_future records JiEAR
num_future_records B
create_future_field AR
future_field_name string

transposenode N&
TR OSSR EOROR, BTG, MRS
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node = stream.create("transpose", "My node")
node.setPropertyValue("transposed_names", "Read")
node.setPropertyValue("read_from_field", "TimelLabel")
node.setPropertyValue("max_num_fields", "1000")
node.setPropertyValue("id_field_name", "ID")

& 95: transposenode N&
transposenode N7 Eg s il RS
transpose_method enum fEEBKETT%: IR (noxmal), CASE Z|
VAR (casetovar) 2% VAR %I CASE
(vartocase),
transposed_names Prefix HERIETENNG, AIDMREEEFEH
B AR IMRAAARE, WAl DB RIRA
Read R A7 - S ECHT AR 44 7
prefix string PR TTERN N,
num_new_fields L WERIETENNE, HH7ER, e
VAR Y VAN SN 1§
read from_field it v WM ARG, W EA RN
. RO —EE R MAL, SR
ITEIBARE S 85
max_num_fields B WM T IENING, B EM A A EEE
e S =yl o Y8 k= AV S NG DA ]
%&O
transpose_type Numeric W TENND, KHER, HeEcbkz
T (BUETUEIE) MG, [Hthn] DS
String ERMOLH BT R A E B 2 e 7 5
iz,
Custom
transpose_fields THH WRERIETIENNG . fEEMA Custom &
TEFRF Bk 2= OO AR T
id_field_name LA Rk TTIRI N A
transpose_casetovar_id |Hifi CASE % VAR (casetovar) BkE T ENN
fields B R BEREFEMRALA Z AR,
fieldl ... fieldN
transpose_casetovar_co |Hifi CASE % VAR (casetovar) BtE 5 ERIN
lumnfields . FREREEMBRALZEREAL,
fieldl ... fieldN
transpose_casetovar_va | CASE % VAR (casetovar) BkE /5 ERNN
luefields o BRI EMALZEREAL
fieldl ... fieldN
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& 95: transposenode A (44E)

transposenode N Brpgi M2

transpose_vartocase_id |##f: VAR % CASE (vartocase) BkE J77EHIN

fields o BEZEHINE ID BB ZEMAL,
fieldl ... fieldN

transpose_vartocase_va |##f VAR % CASE (vartocase) BkE 777N

1fields o B RVEEEEBRAIY Z EHRAL,
fieldl ... fieldN

typenode &

p— M) ERREE AL meta BRIFINA. BN, &R DS SRIEME AL AR X
i (g, A4, FPREGIE) | o R EMIEREN AR ERE, S8 RN
RRARRALR A G, SR EMARIERRE, DA MRFEE M,

il

node = stream.createAt("type", "My node", 50, 50)
node.setKeyedPropertyValue("check", "Cholesterol", "Coerce")
node.setKeyedPropertyValue("direction", "Drug", "Input")
node.setKeyedPropertyValue("type", "K", "Range")
node.setKeyedPropertyValue("values", "Drug", ["drugA", "drugB", "drugC",
"drugbD", "drugX",

"drugY", "drugz"])
node.setKeyedPropertyValue("null_missing", "BP", False)
node.setKeyedPropertyValue ("whitespace_missing", "BP", False)
node.setKeyedPropertyValue("description", "BP", "Blood Pressure")
node.setKeyedPropertyValue("value_labels", "BP", [["HIGH", "High Blood
Pressure"],

["NORMAL", "normal blood pressure"]])

R, FEEW T A REREE2THIL type M A REMEH AR ERIENE, Bla0, SRAPURHIEN fields
from WA, AT DASUEREFRAS RN B TR B R DAE B IE LA -

tablenode = stream.createAt("table", "Table node", 150, 50)
stream.link(node, tablenode)

tablenode.run(None)

stream.delete(tablenode)
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& 96: typenode WA

typenode N | ERPEIH W2
o
direction Input AL A B 2R 5 NA
Target sk BRAECIEINE In fl Out, fEARZRRRA
Al RE S EHRE T MRS iR,
Both
None
Partition
Split
Frequency
RecordID
type Range HGTR B R (el
MAMAR TR ) o 1 type &R
Flag Default EiEFRATE values 2#
e, A Han% value_mode MIE%
Set ;SZE]J%cify, BB E R A% Read,
value_mode #E 4 Pass 5 Read,
Typeless HRERLE type A& value_mode,
Discrete wE: DB R R type i ehiry
ABLEAE O], HERERU IR HE
OrderedSet - HERS - VIBIRITERS -> KT
-> fEH
Default
storage Unknown ROl AR MR R 5 N
String
Integer
Real
Time
Date
Timestamp
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& 96: typenode WA (W:4E)

typenode N | ERPEHAY N
23
o
check None WA R N B R Y &R 5 | N
Nullify
Coerce
Discard
Wazrn
Abort
values [value value] BTN T S, B EER/IME,

B —EERAE, HRyIEH6, 15E
FiE{H, SHEEEMAL, S5 EERR
false, ®&E—MEENRE true, FREZNE
BB value_mode NAHRES
Specify,

value_mode

Read
Pass
Read+
Current

Specity

MEEENFRES R, TR, FEEFHENE
Bk E L Specify; BRI TE, F

#F5E values W&,

extend_valu
es

H value_mode 574 Read IR EH,
A T AR B E G 2T R G
fifH, BEA F HIREEEEEN I IEE
BUHE,

enable_miss
ing

ERoT Ry TR, HIMENEHRANERERE
Hito

missing_val
ues

[value value...]

TEE R IE TN RHE RHE,

range_missi |JfE e R aAMi ERERE (BH) #

ng £

missing_low |string # range_missing % true I, fEEETR
er {EHTEA) 5

missing_upp |string # range_missing % true I, 15EIENN
er {EHIE R LR,

null_missin |JHEiZ BOEA T, R (fEREE R A

g $null$ MARERE) PR 2EIRE,
whitespace_ |jHfZ BER TR, [EEE2H (5K, Tab
missing BATRD) BESRE S IETRNE,
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& 96: typenode WA (W:4E)

typenode M

2

K2y

WA

description

string

FRRALTEE R,

value_label
s

[[Value LabelString] [ Value LabelString] ...]

IR (HACEHE E AR,

display_pla
ces

£l 4

A E ARSI N B (E5E R A
A REAL fEFREIIMIAL) o MH -1 FoRASE
F R TR

export_plac
es

kil 4

F MR REE H PR )/ NERE B (T R A
REAL ffFHIRINL) o fH -1 R H
T THRRE,

decimal_sep
arator

DEFAULT

PERIOD

COMMA

FMRALBOE /NEGEE (R DA REAL RE 7Y
6L o

date_format

“DDMMYY"
“MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
“DD-MM-YY"
"DD-MM-YYYY"
“MM-DD-YY"
“MM-DD-YYYY"
"DD-MON-YY"
“DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
“DD.MM.YYYY"
“MM.DD.YYYY"
“DD.MON.YY"
“DD.MON.YYYY"
“DD/MM/YY"
"DD/MM/YYYY"
“MM/DD/YY"
“MM/DD/YYYY"
"DD/MON/YY"
“DD/MON/YYYY"
MON YYYY

g 0 YYYY

ww WK YYYY

FEMNIH B IR ((EEHZEH DATE
2 TIMESTAMP EERIMAND)

time_format

"HHMMSS"

"HHMM"

"MMSS"
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M:(S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"
"(H)H.(M)M.(S)S"
"(H)H. (M)M"
"(M)M. (S)S"

FOERAI R RS X ((EEHZMEH TIME
B¢ TIMESTAMP GEFEHIRRNL) &
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& 96: typenode NA (HE4E

typenode N | ERPEIH W2
o
number_form |DEFAULT F MR E B RIS o
at

STANDARD

SCIENTIFIC

CURRENCY
standard_pl |%&#¢ Fo AT 55 DAREAS SR IRF AR/ NBRA,
aces B, E -1 R BRER E, &

=, BEM display_places Bt st
HtE Y, (HERTEAEMEH,

scientific_ |%&# Fo AL AR MBS S RPN B
places 8, MH -1 FAF i BRI A,
currency_pl |%&# FMAI e E DA S BRI 9/ NE L
aces B, M -1 oA R TEEAES
grouping_sy [DEFAULT FMRNLEEE 7 AR5
mbol

NONE

LOCALE

PERIOD

COMMA

SPACE
column_widt |%&# BOEMN IS, E -1 SRS
h Auto,
justify AUTO FETE BB B S

CENTER

LEFT

RIGHT
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& 96: typenode WA (W:4E)

typenode M

s

WA

measure_typ

Range / MeasureType.RANGE

BRI NAFALUR type, K20 DARACE

e FEUI A AR AR, A2 Python
. Scripting, JBA] DA% setter bR EUEHEHH
Discrete MeasureType.DISCRETE )
/ yp —{E MeasureType {H, M getter —fR7E
MeasureType {H_E{#[A],
Flag / MeasureType.FLAG
Set / MeasureType.SET
OrderedSet /
MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS
Collection /
MeasureType.COLLECTION
Geospatial /
MeasureType.GEOSPATIAL
collection_ |Range / MeasureType.RANGE SR AL GRER O HTER) |, 1R
measure 5| YA & 7 75 BRLEL AR AH R o 1) T =
I
Flag / MeasureType.FLAG o
Set / MeasureType.SET
OrderedSet /
MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS
geo_type Point FHE A RIMAL, HRFINE G ERILL
RAAARA B Y AR, TS EEE
MultiPoint HOTS BRI — 3
LineString
MultilineString
Polygon
MultiPolygon
has_coordin |boolean M ZS AL, N A S E R I
ate_ system =i BEAEERS
coordinate_ |string FHEE S EMAL, HRIINEGERL
system AL B PR R A
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& 96: typenode WA (W:4E)

typenode M

s

WA

custom_stor
age_ type

Unknown / MeasureType.UNKNOWN
String / MeasureType.STRING
Integer / MeasureType.INTEGER
Real / MeasureType.REAL

Time / MeasureType.TIME

Date / MeasureType.DATE

Timestamp /
MeasureType.TIMESTAMP

List / MeasureType.LIST

RS NAER custom_storage,
Zyu] DU AR E SO B, AR
J& Python Scripting, &R DA% setter PREL
{EIEH A —1E StorageType {H, i
getter —f7F StorageType & &[],

custom_list

;torage_typ
e

String / MeasureType.STRING
Integer / MeasureType.INTEGER
Real / MeasureType.REAL

Time / MeasureType.TIME

Date / MeasureType.DATE

Timestamp /
MeasureType.TIMESTAMP

SHENEEMINL, HRTINA G E R E
Hff 7 RR A

custom_list |#&#g SHENEEMAL, R INA G EMAR

_depth RE

max_list_le |%&# {EER] A A I B A A i s s AR S 1

ngth Bl BEFEEEEA RSN R E K
REEHENRE LR,

max_string_ |%&# fErT AR R g R, BERTEEA SOL

length

ATENL RIS, i AR RO T R
E’Jgﬁ S g EERRE AN A& TR
/\J iﬁo
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12 &

EIFER—HRNE

I 1 e R 7

AHI T AEE BTN, GRS AR R R G A

& 97: —REIFZEEENE

output (.cou)

— B HiR N BRpE WEE ]
title string T g, Hif]: "Thisis a title."
caption string feErErE, #iff]: "This is a caption."
output_mode Screen fe & 2R B H B i R 2 B A SRR
W,
File
output_format BMP Fe e i AR, T {1 6 B 5 P e ) i
FALRARIR,
JPEG
PNG
HTML

full _filename string F1E [T 6 R 2 A i i E B ARSI R IRE 44

use_graph_size AR P T TEL 2 A5 (50 FH 1 7 ) 5 R v P9 2 B e e
EERIR/DN, R R m N EL, RN
FABC % 6 Bl

graph_width L/ &2 H use_graph_size % True i, DMEEAEAN
ﬂi.ﬁ/%go

graph_height L& W use_graph_size % True ¢, DMGEZEAEENL

R TR

3R A 3sE PR R 3

EEGENAEERER " " (EFH)

AT DURERR AN, Cansg B R ERRIGL) BEPH, DA R EEfIFR:

plotnode.setPropertyValue("color_field", "")

{SERRE
RN H (EH (#) BtR) |, PEEEE, B, BRMERINEEG. B, ZEEEE RS0
RRE, FREEH MAIBR:

mygraphnode.setPropertyValue("graph_background", "#87CEEB")

HeRE, AR 87 R EALENE,; MM E CE fEEMEONE; RIZ MM E EB facBiaNg., &—
fEEF m] DAERT 0-9 BE A-F SR WHIME, 1G4 {ER] DA—R48EAL -4k th-Bi (aml RGB B,



ak: DA RGB JES R B AR, AT DASE A6 15 A P AR (088 458 o e LE RO B E 1 QS

BR b AT OBl S AT AR A L EER,

collectionnode RN&

HF R

NS ) BRI R — 8 BUERR AL AT E B 59 — (A BUE AR FIE A 70 i
R ETT BRI E T, ) e R] A (A g i e AN B L A S AR

R
’ JBN

i

il

node = stream.create("collection",

4 "Plot"
node.
node.
node.
node.
node.
# "Overlay" section

tab

setPropertyValue("three_D", True)
setPropertyValue("collect_field", "Drug")
setPropertyValue("over_field",
setPropertyValue("by_field",
setPropertyValue("operation",

“BP")

IIAgeII)
"Sum")

(BRI
i/ 3-D 4@

JE T AR R, AR i E H

"My node")

node.setPropertyValue("color_field", "Drug")

node.setPropertyValue("panel_field", "Sex")

node.setPropertyValue("animation_field", "")

# "Options" tab
node.setPropertyValue("range_mode", "Automatic")
node.setPropertyValue("range_min", 1)
node.setPropertyValue("range_max", 100)
node.setPropertyValue("bins", "ByNumber")
node.setPropertyValue("num_bins", 10)
node.setPropertyValue("bin_width", 5)

& 98: collectionnode WA

collectionnode W% g iyl RS
over_field ElA

over_label auto AR

over_label string

collect_field it v

collect_label auto AR

collect_label string

three_ D AR

by_field i LA

by_label_auto AR

by_label string
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2 98: collectionnode WA (H4E)
collectionnode W% BRPgE Pzt IH
operation Sum
Mean
Min
Max
SDev
color_field string
panel_field string
animation_field string
range_mode Automatic
UserDefined
range_min e
range_max #r
bins ByNumber
ByWidth
num_bins L&
bin_width B
use_grid T
graph_background B R [ T B €7 e/ N ) B SRR A T e B,
page_background BHE FEEHE ] T 2R (7 It/ N A B SEIEE T TR B,

distributionnode &

orffi) HPRSEERITIR (R H (BIAMRITERLERIER]) AHBURE, @k, ALl
FEH Toffiy) HERTRBURE R RO, NRAERIBAIRTEA TP iRy

= IEHRR T,
#ifo]
node = stream.create("distribution", "My node")
# "Plot" tab
node.setPropertyValue("plot", "Flags")

node.

node

setPropertyValue("x_field", "Age")

.setPropertyValue("color_field", "Drug")
node.
node.
node.

setPropertyValue("normalize", True)
setPropertyValue("sort_mode", "ByOccurence")
setPropertyValue("use_proportional_scale", True)
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& 99: distributionnode WA
distributionnode W% BRPg Pzt IH
plot SelectedFields

Flags
x_field RNz
color_field o A ERRARAL,
normalize TR
sort_mode ByOccurence

Alphabetic
use_proportional_scale T

evaluationnode &

EHd ) EATH BGOSR LR THA R, SPGB AR SR SR A THIRR

7 JE, ERETENEM NGB AR IR THE S . e aCER S TEAR RN
BH (B0 |, ARIESERABEDBREREEHEAE, AR E
R ERIEIAT

ol

node = stream.create("evaluation", "My node")

# "Plot" tab

node.setPropertyValue("chart_type", "Gains")
node.setPropertyValue("cumulative", False)
node.setPropertyValue("field_detection_method", "Name")
node.setPropertyValue("inc_baseline", True)
node.setPropertyValue("n_tile", "Deciles")
node.setPropertyValue("style", "Point")
node.setPropertyValue("point_type", "Dot")
node.setPropertyValue("use_fixed_cost", True)
node.setPropertyValue("cost_value", 5.0)
node.setPropertyValue("cost_field", "Na")
node.setPropertyValue("use_fixed_revenue", True)
node.setPropertyValue("revenue_value", 30.0)
node.setPropertyValue("revenue_field", "Age")
node.setPropertyValue("use_fixed_weight", True)
node.setPropertyValue("weight_value", 2.0)
node.setPropertyValue("weight_field", "K")

& 100: evaluationnode NA

evaluationnode W% BRP M2

chart_type

Gains
Response
Lift
Profit
ROI

ROC

inc_baseline AR
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X 100: evaluationnode NZA (4#48)

evaluationnode W%

BORPETY

WA

field_detection_method

Metadata

Name

use_fixed_cost

JEARR

cost_value

[

cost_field

string

use_fixed_revenue

revenue_value

ey

revenue_field

string

use_fixed_weight

JEARR

weight_value

[

weight_field

iz

n_tile

Quartiles
Quintles
Deciles
Vingtiles
Percentiles

1000-tiles

cumulative

JEAR

style

Line

Point

point_type

Rectangle

Dot

Triangle
Hexagon

Plus

Pentagon

Star

BowTie
HorizontalDash
VerticalDash
IronCross
Factory

House
Cathedral
OnionDome
ConcaveTriangle
OblateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan
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X 100: evaluationnode NEA (448

evaluationnode W% BoRmRY WE ]
export_data i
data_filename string
delimiter string
new_line AR
inc_field names AR
inc_best_line TR
inc_business_rule AR

business_rule_condition |string

plot_score_fields AR
score_fields [field1 ... fieldn]
target_field it v
use_hit_condition AR
hit_condition string
use_score_expression AR
score_expression string
caption_auto AR

graphboardnode &

A\ AR HR AT E A ER IR e O FE R Y, FEF L ERRS, AT DU
B RRAVE RO, ARG S E BRI s — . RS B EEh
NI P AR 7388 Y ) (A i TR

ak: WERIEROE BB NS (B0, RHEJTEETE y_field) , ZNAEATHIRHE,
ks 1 UT PR 2 BORNFIE TR TRE4E ) AR b, A — B EEMAL; Scripting B BT SCRILRAL,
il

node = stream.create("graphboard", "My node")
node.setPropertyValue("graph_type", "Line")

node.setPropertyValue("x_field", "K")
node.setPropertyValue("y_£field", "Na")
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2 101: graphboardnode NA

graphboard W%

Eag el

graph_type

2DDotplot
3DArea

3DBar

3DDensity
3DHistogram
3DPie
3DScatterplot
Area

ArrowMap

Bar

BarCounts
BarCountsMap
BarMap
BinnedScatter
Boxplot

Bubble
ChoroplethMeans
ChoroplethMedians
ChoroplethSums

ChoroplethValues

w1 ] P2 R R
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2 101: graphboardnode WA (448)

graphboaxrd W% | &R RS

ChoroplethCounts
CoordinateMap
CoordinateChoroplethMeans
CoordinateChoroplethMedians
CoordinateChoroplethSums
CoordinateChoroplethValues
CoordinateChoroplethCounts
Dotplot

Heatmap

HexBinScatter

Histogram

Line

LineChartMap
LineOverlayMap

Parallel

Path

Pie

PieCountMap

PieCounts

PieMap
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2 101: graphboardnode WA (448)

graphboaxrd W% | &R RS
PointOverlayMap
PolygonOverlayMap
Ribbon
Scatterplot
SPLOM
Surface
x_field LETIA 7y X WiHEE BT, (Ea] HRE
o
y_field LA 7y y WEE HETAEE, (ER] FHIRE
o
z_field i [IvA 1E R — 4 B A
color_field i {IvA TEFANE FEH
size_field it [IvA e ET E A,
Sategories_fiel A
values_field b v
rows_field ic v
columns_field WAL
fields FRAL
start_longitude [##fL 22 e [ Hh ) S SR & A
_field
end_longitude_f |##fi
ield
start_latitude_ |M#fi
field
end_latitude fi [##f:
eld
data_key_field [#HAL FATR A& AEE
panelrow_field string
panelcol_field string
animation_field |[string
longitude_field |#f Bl it fi] v A JREAEIRE & R H
latitude field |[##f:
map_color_field |z
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histogramnode N&

MBI HRSEUR T BUERAR AL B IR, EAH I ARAE B RHRF AR
B AMRRER, BT HEEL,  TETTE ) SR AR RE R R

III S
' i,
g ]|
node = stream.create("histogram", "My node")
4 "Plot" tab

node.setPropertyValue("field", "Dxrug")

node.setPropertyValue("color_field", "Dxrug")

node.setPropertyValue("panel_field", "Sex")

node.setPropertyValue("animation_field", "")
# "Options" tab
node.setPropertyValue("range_mode", "Automatic")

node.setPropertyValue("range_min", 1.0)

node.setPropertyValue("range_max", 100.0)

node.setPropertyValue("num_bins", 10)
node.setPropertyValue("bin_width", 10)
node.setPropertyValue("normalize", True)

node.setPropertyValue("separate_bands", False)

& 102: histogramnode NA
histogramnode MN% gkt WA
field i A
color_field it v
panel_field it v
animation_field i A
range_mode Automatic
UserDefined
range_min L&
range_max e
bins ByNumber
ByWidth
num_bins i
bin_width L&
normalize JHEAR
separate_bands AR
x_label _auto AR
x_label string
y_label_auto AR
y_label string
use_grid AR
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2% 102: histogramnode NBA (44&)

histogramnode N% Brpis RS

graph_background BHE FEEHE ] T 2R (7 It/ N A B SEIEE T TR B
page_background BHE FEEE [ JEBH L7 It/ N A BHEEE TRl B,
normal_curve A f6H 2 5 ELE i H BN B th A

mapvisualization &

3 i A B ) BT RG T DA 52 25 Mo A JELAR SIf M PR 2 P R 29— 2R 5
J&o B fEER R MRS A BN, B RE AT RERE IR A B 5 e [ i, 77
& ezl 2 b, PIREA—ERERIER, —EARAR, AR,

& 103: mapvisualization RE

mapvisualization W%

BORPIR

WA

tag

string

RO AR ARG, THBOAR R —
7, BN AERE EERAEE (55— EE
AIEEUE 1, HEEAUREOR 2, DU
1)

layer_field

LA

TR ERGHRE ¥ 81 r 1 IR A Sth PR 2 e R RS 2
HlE ERORE, THROEREL YT

o e - B

« Linestring

- Z1BY

2

« MultiLinestring

- RIE—E - 2EZEY

QR IRA M ERR AL B HH R R KT
A IR 42 R A% - RENE e HEB ) 58 — {18 A

iz,

color_type

boolean

Y 2 B A H PR 2 RS 7 A 1 P A
f, BREREERMA, BREENERE
Hh 5 — AR E B R B, AIRERIE
standard 8 overlay, FHKEZE
standard,

color

string

W% color_type J®EHU T standard, #B
BRI B O S B A R TR
B (B FRAE SRR A IE e A R A 3

THBE R I RARRERA . 1,

color_field

A

W% color_type SEH T overlay, AREE
TR B B A i 1 St P S PR AR A
[ R IR A ML
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& 103: mapvisualization NB (H4E)

mapvisualization N%&

BORPER

WA

symbol_type

boolean

TE7E /& B P Hi PR 2 R se B 2 P R Ry
5%, EZRIEREBNY, BREERERSE
Hh 55 — AL (B 52 B B I AF SR B R.  ATRERY
{i/2 standard 8 overlay, THRX{EHZ
standard,

symbol

string

NS % symbol_type ### 1 standaxd,
AR N hiiE B 5 mT DU IR R E -y
BERIRTSRIESR,

symbol_field

Iz

W% symbol_type EH T overlay, #B
JEE R B 2 B DS g Y s AR
MHRIERSERRITEY 4. 7R ErEEm

{8

size_type

boolean

T R B AT A RO PR S AR AL AT S AL K
N, BEEEERAD, BRGERERSE
Hh 55— AL P58 B R 5% [ 7 ) R/ N e %
FHAH, FIRERYESE standard B¢ overlay,
T (B2 standard,

size

string

W% size_type HE##E T standard, ARE
¥R point B multipoint, FhiigEEH
SRR PEFF R AR/ NERE,  BhR
linestring 8 multilinestring, #% K
PrIE B 5 AR AR AT

size_field

A

WSIEEL T overlay fE4 size_type, HI
ThE A AR I E A 2 A
RO AE BRI Y T E R AL

transp_type

boolean

Ye 7 S Bt AT H PR 2 R SO 6 2 P A 5
HH, BREEEREH, BHEgLRERE
RS — RN EE E SR, AR 2B
BEHE, FIREMI(EZ standard 8¢

overlay, TH#X{EZ standard,

transp

WR %A transp_type ### T standard,
ABEE N hOE S S EAEEE, 1€ 0% O~
EAR) gl 100% GERH) |, HEA
10%, =soEHhlE EEs, RGBS
AR,

WHIER T overlay & size_type, HIl
RGBS sk I E 2 2 i
AL AR B R R BT A AL,

EAMEARER points, multipoints,
linestrings flmultilinestrings.
polygons Al multipolygons, FHRZEE
0%, BIRAZIEER polygons fl
multipolygons, THE{EZ 50% (LAEEGIE
gL 2B N ITHE)
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& 103: mapvisualization NB (H4E)

mapvisualization W% g kil W2

transp_field i R T overlay fE% transp_type,
RN B A g 0 57K B EE A 2 s
VMR 7 i E R R I AR R

data_label_field L e S e RS R b,
b, G e i B R 2R,
IEEE EHE R A B2 name BIGL - (15 5%
SRR, [RIHAEHIRE name MG AT &
AR BT 4

use_hex_binning boolean R 504140136 PR S 5 i
W, RN, IR,

color_aggregationfl |string 152 P 7 3 50 O B I 25

ransp_aggregation L, ISR T £ A R P

BN ARETRE. Eit, SHEZAE
{1 S FH 2t [ ) S R 7 16 7 A PR
A] F AR ST BRI i A -

i (BYECREET)

1

. &/IMH

- KM

« B

o 55 LB B

« 5 3 A EL

A (RFfE. HIAsUR RIBGEREE) -
 F/MHE

« |KME

H 44 S

. B

« B/IMHE

« B AMH

JHEEAEE :

o QR E—TEA true HIIA true

« NREE—IEA false R false

custom_storage string BOERROI R R A Y, THEME A List,
WRIEE T List, ARESEHER T
custom_value_storage fl list_depth

PEIIH,

custom_value_storage string W R TT RIS WA
FRRAI R EE RS A A A, THRE A Real,
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& 103: mapvisualization NB (H4E)

BORPER

mapvisualization N%&

WA

list_depth B

BUE IE MO HTR IS, PR iR BRI
SRR, JEE N YIHER]:

< 3-0

o HE-1

- ZiBY -2

. ZBh-1

o ZHRE-2

- ZAZBTY - 3

T A 7 AP 2 BT A 20 T B St B AR

JBN

RLAVRERY DR SZ AR P RR TR . A SRER
TEANIERE, RIARRE(E ATRZNAL,

FHRLEZY 0, BuIMER 0, BRAK(ER 10,

multiplotnode R&

{58 FH 25 ER A 1 G2 PRS2 A — M8 X R EREUR 2208 Y LA AT |, Y SN S 2y

VAT SETHER TR 2

ATH X e A HbP R THETE ) &

)

[ B, BRI EEER A IETR, Z2EEEIRE AR,
il
node = stream.create("multiplot", "My node"
# "Plot" tab
node.setPropertyValue("x_field", "Age")
node.setPropertyValue("y_fields", ["Drug",

node.setPropertyValue("panel_field", "Sex")
# "Overlay" section
node.setPropertyValue("animation_field",

"BP"1)

)

node.setPropertyValue("tooltip", "test")
node.setPropertyValue("normalize", True)
node.setPropertyValue("use_overlay_expr", False)
node.setPropertyValue("overlay_expression", "test")
node.setPropertyValue("records_limit", 500)
node.setPropertyValue("if_over_limit", "PlotSample")
& 104: multiplotnode W&

multiplotnode N% BRmRY WE ]
x_field LA

y_fields THE

panel_field R

animation_field it 2

normalize T

use_overlay_expr JHEAE

overlay_expression string

records_limit &
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2% 104: multiplotnode WE (448)
multiplotnode W% BoRmRY WE ]
if_over_limit PlotBins
PlotSample
PlotAll
x_label auto AR
x_label string
y_label_auto AR
y_label string
use_grid TR
graph_background BHE R [ T BH L7 It/ N RO BRI TRl B,
page_background B RV 8 T2 B 1 e/ N T Y B S T3 B

plotnode &

MaglE ) BRG] RS B E AR R BE R

& o
g ]|
node = stream.create("plot", "My node")
{## "Plot" tab

node.setPropertyValue("three_D", True)
node.setPropertyValue("x_£field", "BP")
node.setPropertyValue("y_field", "Cholesterol")
node.setPropertyValue("z_field", "Drug")

# "Overlay" section

node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("size_field", "Age")

node.setPropertyValue("shape_field",

node.setPropertyValue("panel_field", "Sex")
node.setPropertyValue("animation_field", "BP")
node.setPropertyValue("transp_field", "")
node.setPropertyValue("style", "Point")

# "Output" tab

node.setPropertyValue("output_mode", "File")
node.setPropertyValue("output_format", "IJPEG")

node.setPropertyValue("full_filename",

plot_output.jpeg")

BB ERTES (RPN As

"C:/temp/graph_output/

2 105: plotnode RA

plotnode W% Brpis N2

x_field i 7y x WS E BETEE, (0] AR,
y_field it 7y WhHEE BETEE, (0] MR,
three_D A ﬁ%ﬁﬁﬂi?‘éﬁ HETEE, FUEAR 3 4B
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2 105: plotnode WA (H4E)

plotnode W%

BORPETY

WA

z_field

AL

color_field

iz

EhAL

size_field

Az

shape_field

Rz

panel_field

RNz

e FIA 70 (B R R A M 1| [ R 9 27 4 AR
BRAERAL, R T S A — {1l cH AR
H,

animation_£field

R

TR DA R RHE R GEia (i HI B
—RYHZINEF BRI R AR KR I
RN B AR L

transp_field

A

TR — AN, AR EHE R RN A RIE
A R AR f R BT, ANIE AR

overlay_type

None

Smoother

Function

TEE RN ERREUEZ LOESS FF4%.

overlay_expression

string

FETE overlay_type i &% Function I
AR

style

Point

Line

point_type

Rectangle

Dot

Triangle
Hexagon

Plus

Pentagon

Star

BowTie
HorizontalDash
VerticalDash
IronCross
Factory

House
Cathedral
OnionDome
ConcaveTriangle
OblateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

x_mode

Sort
Overlay

AsRead
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2% 105: plotnode WA (44E)
plotnode W% BoRmRY WE ]
X_range_mode Automatic
UserDefined
X_range_min B
X_range_max &
y_range_mode Automatic
UserDefined
y_range_min B
y_range_max [1E
z_range_mode Automatic
UserDefined
z_range_min &
z_range_max B
jitter T
records_limit L&
if_over_limit PlotBins
PlotSample
PlotAll
x_label auto AR
x_label string
y_label_auto AR
y_label string
z_label_auto AR
z_label string
use_grid AR
graph_background BHE RV 8 T2 B 1 e/ N T Y B T3 PR
page_background BHE FEEHEE [ T2 BH (7 1M/ N ) B BEDEE A TR A,
use_overlay_expr AR ZBIECH overlay_type B,

timeplotnode NZ&

URFIAEIE ) ERRRR — e R PP ER R, T8, SR ELEA TR
BE . ERRGEST Timelabel Bz, SZARALS FHERRD x B,

|G
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ol

node = stream.create("timeplot", "My node")
node.setPropertyValue("y_fields", ["sales",
node.setPropertyValue("panel", True)
node.setPropertyValue("normalize", Txue)
node.setPropertyValue("line", True)
node.setPropertyValue("smoother", True)
node.setPropertyValue("use_records_limit", True)
node.setPropertyValue("records_limit", 2000)

# Appearance settings
node.setPropertyValue("symbol_size", 2.0)

men", "women"])

& 106: timeplotnode W&

timeplotnode W% BORPR WS

plot_series Series

Models

use_custom_x_field AR

x_field e A

y_fields R

panel TR

normalize A

line A

points T

point_type Rectangle

Dot

Triangle
Hexagon

Plus

Pentagon

Star

BowTie
HorizontalDash
VerticalDash
IronCross
Factory

House

Cathedral
OnionDome
ConcaveTriangle
OblateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

smoother T HEAEK panel &4 True , A RERCEAHT
RS

use_records_limit AR

records_limit B

symbol_size /&2 FEEFFFRAR N

panel_layout Horizontal

Vertical
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eplotnode N&

E-Plot (HIEthR) HRSSURBUEMN < FRIBER, e TAEE ) SREel, EEEA

/ A, H I R e A LS BE RT E T A S, 5 RS ik g o R 2 B [
‘E ST RERS LA
& 107: eplotnode WA
eplotnode W% BRpER W2
x_field string FEEEAEKF X il BRI
y_field string fEEBAERER Y i ERRIIAL,
color_field string T & BEAE o H R (% SRR R 2
(GnRFE)
size_field string & TR H H R A N R RR R
(GnRFE)
shape_field string e AR H A R AR B B R A L
(NRFE) .
interested_fields string FE S E A E g B P AL RORR AL
records_limit B feE BEH A AR R EE LR, TH
AHZ 2000,
if_over_limit ik faE R A AL S records_limit KE(#
Fi Sample #JHzK Use all data BEJH,
THRRAEZ Sample, B & B RHEITREME
¥, BEZEIEF records_limit, IHRME
f6€ Use all data DL
records_limit i HFTEERIE:,
HIE T RE & KRR RALRE,
tsnenode &
“ ¢ 3 t-Distributed Stochastic Neighbor Embedding (t-SNE) & At Bk i 4 i k) T
. H, EoEr s s AR, SPSS Modeler H1IE 1 t-SNE #i%5{

Python EfTEE, if HFE scikit-1learn® Python f2zUE,

X 108: tsnenode WA

tsnenode N% BRpE REaE ]

mode_type string $67E simple 8¢ expert =,

n_components string W ERHEE (2D 8 3D) . F57E 2 8¢
3, THRRHERZ 2.

method string {67 barnes_hut 8¢ exact, THX{HSZ
barnes_hut,

init string WHRHTEEIETE, $57E random B pca,
FERL{EZ random,
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& 108: tsnenode WA (H48)

tsnenode W% Brpgi RESHET

target_field string EERA R, e et EE LrBgEea
SRLR, WHRARYEE HAEMA, RIEZETY

it 18.2.1.0 RFIIAERT 2 AR,

target

perplexity Float TR A e B fth 22 2 e B vk v (S R A Bl
AR TEEER, FRNEREEEHEE
RITRMEE, 2 EERR 5 M50 2K
B, THEZ 30,

early_exaggeration Float RGP B R R RN IR
BERRE, DAEEZHENSHE, THX
H2 12.0,

learning_rate Float THRL(EZ 200,

n_iter L RN ERRERBRE, &2
250, THEAEAS 1000,

angle Float PEEET = IR BEET B A KN, $EE
0-1 #iEFIIE, TEHR(EZ 0.5,

enable_random_seed kK 2 true DU random_seed 28,
THE(E 2 false,

random_seed e FEHANBLERE T, THREZ None,

n_iter_without_progress HE WHEEN R BREL, TERER 300,

min_grad_norm string NS BEEAEUA G B E, R F b fE
b, THZHZE 1.0E-7, AIAERIEZ:
« 1.0E-1
« 1.0E-2
« 1.0E-3
-« 1.0E-4
« 1.0E-5
« 1.0E-6
« 1.0E-7
- 1.0E-8

isGridSearch BT Ay true DA BUER R TRAE BT t-
SNE, FHX{EA false,

output_Rename bk MRIEERME BRI, FfEE true, =
Hiex false REF ML, FHERZ
false,

output_to string f6§7€ Screen 5 Output, FHZER
Screen,

full_filename string e HAE AR,

output_file_type string i REAS . 5 HTML 8¢ Output
object, FHEHZ HTML,
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webnode NZ&

Web Hift#t i mi el 2 (A58 (RERE) RN EL FIBRRAYIRAE,  aIE (6 H AR ARAY

it KRR FREREEE, 4N, AT DA Web H#iBiRIRRIEE R g E —4HIEE
pdilin] Al
g ]|
node = stream.create("web", "My node")
4 "Plot" tab

node.setPropertyValue("use_directed_web", True)
node.setPropertyValue("to_field", "Drug")
node.setPropertyValue("fields", ["BP", "Cholesterol", "Sex", "Drug"])
node.setPropertyValue("from_fields", ["BP", "Cholesterol", "Sex"])
node.setPropertyValue("true_flags_only", False)
node.setPropertyValue("line_values", "Absolute")
node.setPropertyValue("strong_links_heavier", True)

# "Options" tab

node.setPropertyValue("max_num_links", 300)
node.setPropertyValue("links_above", 10)
node.setPropertyValue("num_links", "ShowAll")
node.setPropertyValue("discard_links_min", True)
node.setPropertyValue("links_min_records", 5)
node.setPropertyValue("discard_links_max", True)
node.setPropertyValue ("weak_below", 10)
node.setPropertyValue("strong_above", 19)
node.setPropertyValue("link_size_continuous", True)
node.setPropertyValue("web_display", "Circular")

& 109: webnode W&

webnode W% Eg kel REaEdi]

use_directed_web AR

fields HE

to_field it v

from_fields REA

true_flags_only TR

line_values Absolute
OverallPct
PctlLarger
PctSmaller

strong_links_heavier AR

num_links ShowMaximum
ShowlLinksAbove
ShowAll

max_num_links 7
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X 109: webnode NA (#48)

webnode W% BoRmRY WE ]
links_above &
discard_links_min AR
links_min_records B
discard_links_max AR
links_max_records &2
weak_below 7
strong_above B
link_size_continuous AR
web_display Circular
Network
Directed
Grid
graph_background BHA RV T2 R L 1 e/ N T Y B T 36 B
symbol_size L FEERFIRR N

190 IBM SPSS Modeler 18.5 Python Scripting #1 EH Ei{L. it




o+ 13 5 BB E

—RREIRERNE

PHINEIBAR LA ARG A GISMETLEI AR IR TR AL R AR A R AR R B A S A

R 110: —REBEEHNE

W2 {1 REStLL]

custom_fields JEE AR % true, BIAFHEABTHIEEE
B, AN ARG, iR A false,
HIg i By DAY &R B Te
TEo

target ic {2 MRPEA AR 4G T — 1 H AR A 5 2
SRt

£ 5%

targets [field1 ... fieldN]

inputs [field1 ... fieldN] FELTRY i P ()i N\ 5 PERIMEL AR L

partition ic v

use_partitioned_data i R EEFE T FIEMAL, R IE AT
PR L FH ) o s 1 H O S R A e AR
Al

use_split_data i

splits [field1 ... fieldn] FEE IR BB — s 2 R, [
H use_split_data #&E%4 True
A BN

use_frequency i e B P o R IIRERISE R ML (2
R REBEETI )

frequency_field it A

use_weight JiEAS

weight_field AL

use_model_name i

model_name string H ETHTiR AR 44 78

mode Simple

Expert

anomalydetectionnode &

e REERERHBAT S TIER) EREURRR S B E R E, (EAILEnRs, [
FEmEE(E AT S EAERTE AR, thal DARRB mEE(E, BRI E 2 iR
. HYIE H U2 it



ol

node = stream.create("anomalydetection",
node.setPropertyValue("anomaly_method",
node.setPropertyValue("percent_records", 95)

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("peer_group_num_auto", True)

node.setPropertyValue("min_num_peer_groups", 3)
node.setPropertyValue("max_num_peer_groups", 10)

"My node")
"PerRecords")

2% 111: anomalydetectionnode NA

anomalydetectionnode W%

fd

WS

inputs [field1 ... fieldn] FEASPISA AR SRS E AU AL
fiER e, AR B,
ANEFRERSERNL, 52 M5
191 HIY I— Mg gsy &
/&, DS E 2 EH,
mode Expert
Simple
anomaly_method IndexLevel FEE FH AT A s SR AR 2 S 7y
HHEM T,
PerRecozrds
NumRecozrds
index_level 7 F6 78 F AR G A MR I 1 B / R B
(=N
percent_records ey MR SRR LRk B 59 bt
TR A R S5 ) e P
num_records &2 FRPRHNARE A} H Y B S B s e R
SRR R LA,
num_fields BBy BRI R SO AR 7 B
impute_missing_values g
adjustment_coeff L& IAE P A ST B BE B R i 8 4A B A
AR AR R AR 57 TR S AR
peer_group_num_auto i HEIEI R HEHHEHE,
min_num_peer_groups B 67 peer_group_num_auto iE
s True IR BB SEREAH Y RBR 9%
5
max_num_per_groups T feE BN R KEE,
num_peer_groups = {67 peer_group_num_auto &
% False R FRVEEREAHEE,
noise_level L& weE R MR ENEE T, 15
ESR 0 5] 0.5 ZREIHIME,
noise_ratio Hr FEIE 2 A ECE I F A R AR T Y

RLISHEERR Y. RSN 0 2 0.5 Z[H
FEL
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apriorinode N%&

(AT HRICERHER —AHRA, BIFRBCE RN A s 2 R, Apriori BiEGTR AL

% TSR IRURE BN 77 500 o FH AR i R 5 TR Rt R B R, BRI
i, Apriori GRS E R, T Al R B BRI E A A RRA], T A] P
%A 32 (ERTRIRIFEIRERN,  Apriori BRI HI ALY A FERERRAL, (BRI %
EH AR R R TR L, M REDERE RS2,

il

node = stream.create("apriori", "My node")

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("partition", "Test")

# For non-transactional
node.setPropertyValue("use_transactional_data", False)
node.setPropertyValue("consequents", ["Age"])
node.setPropertyValue("antecedents", ["BP", "Cholesterol", "Drug"])
# For transactional
node.setPropertyValue("use_transactional_data", True)
node.setPropertyValue("id_field", "Age")
node.setPropertyValue("contiguous", True)
node.setPropertyValue("content_field", "Drug")

# "Model" tab

node.setPropertyValue("use_model_name", False)
node.setPropertyValue("model_name", "Apriori_bp_choles_drug")
node.setPropertyValue("min_supp", 7.0)
node.setPropertyValue("min_conf", 30.0)
node.setPropertyValue("max_antecedents", 7)
node.setPropertyValue("true_flags", False)
node.setPropertyValue("optimize", "Memory")

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("evaluation", "“ConfidenceRatio")
node.setPropertyValue("lower_bound", 7)

& 112: apriorinode R
apriorinode W% 1H M7 St

consequents it v Apriori BB T4 f1 TgH B
FELHE E AR AR, AN e 5 I READ A
B, B2 191 B I as
BNy B, DEUSEZERH,

antecedents [field1 ... fieldN]
min_supp |
min_conf e
max_antecedents B
true_£flags it
optimize Speed
Memory
use_transactional_data [JHiE BB true B, —E2355 1D KIET4MHET

BLHEAMZZ 5 1D R, E AP RERERR
ARG Al 2 HIRLRER, IR b&
Bl
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& 112: apriorinode WA (#48)

apriorinode W% 1H M7 IH

contiguous JHEAE

id_field string

content_field string

mode Simple
Expert

evaluation RuleConfidence
DifferenceToPrior
ConfidenceRatio

InformationDifferenc
e

NormalizedChiSquare

lower_bound &2
optimize Speed 2R e E B S IE s i (R B A i B DA =R
JE SR RO A
Memory

associationrulesnode N%&

CRARARLEY ) HSER Apriori GRERAR(L (B2, B Apriori R, TAIBNEIEN fimige
E SRFIEE R, BN, TERAL %A DAL IBM SPSS Analytic Server BELE
F, DA A T A DA L BB P T AR

3+ 113: associationrulesnode A

associationrulesnode ¥ | ¥ RIERRY M EH

ﬁ

predictions it 2 i B A YRR R RE R R A R R RO TR E

conditions [field1...fieldN] IETE B R RO MR L RERE R A RR B 6

max_rule_conditions = BEHRRIFRT DA &0 _ERRIR A8, &/IME
%1, mKAES9,

max_rule_predictions B BRI IE S ITERIN R R E, &
/MBS 1, KRS 5.

max_num_rules T TEFF R A H ] DA i Y B AR I
Ho H/IMEZ 1, &A{EA 10,000,
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X 113: associationrulesnode WA (448)

associationrulesnode N | &R W2
g
rule_criterion_top_n Confidence FRANEER] R E —EE, KR
FEERAR AT "N RERHI,
Rulesupport
Lift
Conditionsuppozrt
Deployability
true_flags bk FETE B Y il R I T 2 R AT A
1 true {H,
rule_criterion L FE B Y R AR A A e P AR R HI
ARHEBRERAI,
min_confidence ey 0.1 £ 100 - BAIFrEA AN R RME(EE
JE R E 77 LB, N SRR AR TS D
RILERTEE PERHRAN, AR R
Hil,
min_rule_support &2 0.1 F| 100 - AU A EE A= R AY T FR 2R A
KIREE T E, AR EA: TR
/DA TE AR, B R
A,
min_condition_support |#F 0.1 F] 100 - AU AR EE A= KRR T PRS2 1
TIRENE D E, SRR EA TR
TRIE/DATE AR, BRI
28
min_1ift = 1 5 10 - RFRAEBY A E A FR R R R R
Fro NSRRI EA TR R TEEERN
HRI, ARESRAE s A,
exclude_rules bk FH A BE BN Ary BRAR YA e~ K B AR5 FH 9
— I RHRARR AL
#ifll: set :gsarsnode.exclude_rules =
[[[fieldd,field2, field3]],[[field4, field5]]] - F:
HR DA (] 1 BB A — (AR 15 B R A TR i —
s
num_bins L% FE R EHEEMOLETT T4 MBS
MordH) 8. H&/IMEZ 2, ®KES 10,
max_list_length E ERERERKEERAPUEMEEMA, B8
HhtE R e e B < BT TR A B S e A
N BT REASEARE, BN
1, &K% 100,
output_confidence bk
output_rule_support 1Rk
output_lift 1tk
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X 113: associationrulesnode WA (448)

associationrulesnode N | & kHHA! Pz
o
output_condition_suppo [Ttk
rt
output_deployability Ttk
rules_to_display upto B RSB ER KR EE
all
display_upto rEL WA rules_to_display H&ET
upto, "HRRE ZLEHHZAS P RURAYERIEL
H, &/IMEA 1,
field transformations |7tk
records_summary TRk
rule_statistics Ttk
most_frequent_values Ttk
most_frequent_fields TRk
word_cloud 1Rk
word_cloud_sort Confidence
Rulesupport
Lift
Conditionsupport
Deployability
word_cloud_display B &/MEZA 1, ®AMEZA 20
max_predictions RE o BB A T A AR RI R RR,
criterion Confidence EEH AR R A B e B
Rulesupport
Lift
Conditionsupport
Deployability
allow_repeats 1tk HE et 2 G EiE A M TERA AL
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X 113: associationrulesnode WA (448)

associationrulesnode Py | &RHEKY N2
o
check_input NoPredictions

Predictions

NoCheck

autoclassifiernode %A

- BB EESHNES A T OTAR (B, MARSURNARTE) BE T4

C% AR, fiiH] = A] DOSRAAE TRV REERR IR V718, RS SR 2 BIEETE,
e RT DA 5 70 SBAE A 757, RS TR R 88 TH LR S s SR R TR
iR AR T ST A A — AR, AR A e I S A e IR TR 44

#if]
node = stream.create("autoclassifier", "My node")
node.setPropertyValue ("ranking_measure", "Accuracy"
node.setPropertyValue("ranking_dataset", "Training"

node.setPropertyValue("enable_accuracy_limit", True

node.setPropertyValue("accuracy_limit", 0.9)
node.setPropertyValue("calculate_variable_importance", True)
node.setPropertyValue("use_costs", Txrue)
node.setPropertyValue("svm", False)

)
)
)

& 114: autoclassifiernode NA

autoclassifiernode N%

1

WA

target

LA

HRBUREE, A EE) 6
B K B E AR DA N — (sl
i AMRAL, AT DAFEE TRE LA
RN, sE2H% 191 HRY I—

ORI A TR, DIRISE
ZHillo

ranking_measure

Accuracy

Area_under_curve

Profit

Lift

Num_variables

ranking_dataset Training
Test
number_of_models B ZOF AR E BRI, 5E
1 f1 100 Z fEREEHL,
calculate_variable_importance |[JfZ
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2% 114: autoclassifiernode A (44&)

autoclassifiernode W% 1 WEG ]

enable_accuracy_limit TR

accuracy_limit B 0 £ 100 Z [HEEEL,

enable_ area_under_curve JHEAR

_limit

area_under_curve_limit 7 A2 0.0 B 1.0 Z IR EEL

enable_profit_limit itz

profit_limit EIE 2 KR 0 FIEEEL,

enable_1ift limit A

lift limit &2 BREANR 1.0 WEE,

enable_number_of_variables_lim [J}ffZ

it

number_of variables_limit L& KR 0 BUEEEL,

use_fixed cost AR

fixed_cost ey KIA 0.0 FIEHL.

variable_cost Wz

use_fixed_revenue AR

fixed_revenue 7 KR 0.0 FUEEL,

variable_revenue it v

use_fixed_weight JEAS

fixed_weight & BRI 0.0 WEEL

variable_weight EEIvA

1ift_percentile & 0 21 100 Z [HAYEEEL,

enable_model build_ time limit |jfEi=

model_build_time_limit B REIE Ay B EEE,  FARR Al
SRR AR B IR L

enable_stop_after_time_limit AR

stop_after_time_limit B FBE 2/ NRFERIE L, R BRI
1T B8 JEAR A SERERY

enable_stop_after_valid_model_ |jffZ

produced

use_costs AR

<algorithm> A i Bl AR e TR,

<algorithm>.<property> string FRPENEBERENDEH. E2

B2E 199 HIY TBoE MEIENEY

T, DS EZEH,
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RERHENE

B THEIMESR) « TEEBUE) 1 TEE RS SR, R DA AE A AR e B T (6 A R A T
ERIN] RS

autonode.setKeyedPropertyValue(<algorithm>, <property>, <value>)
Bign:
node.setKeyedPropertyValue("neuralnetwork", "method", "MultilayerPerceptron")

FA BB Eas i BEEE A A cart, chaid, quest. c50, logreg., decisionlist,
bayesnet. discriminant. svm#1 knn,

R B BN EE S B EE A A cart, chaid, neuralnetwork, genlin, svm, regression.
linear 1 knn,

H S S E B4 A twostep. k-means Al kohonen,

A 4 2 25 e R T B s AR AR

& ) B e AR R T SRR T BIE N A L H B TE B S 55, flan:
node.setKeyedPropertyValue("logreg", "tolerance", "1.0E-5")

] AR N TECZEE, Flan:

node.setKeyedPropertyValue("decisionlist", "search_direction", ["Up",
"DOWn"] )

SR SO R E TR RA
node.setPropertyValue("chaid", Txue)

ks AIARFEEETRRIAE [ BBy BB EIAME], o8 HREfE B —~Em AR EEEAE, R
A5 Script 532 2 RR I B DA 77 3017 BB IR —

autoclusternode &

Y Bl 5 B RN 5 A LR B A B R MR SR A R s SR (R SRR, HRE AR5 3K
@‘ B At BRG], (e — RS TR R Al el B 22 (I &, w] DAEH]
& HAR A L DI sl B e SRR B A M T M o, MRS L

HEEZ R AL,
ify)
node = stream.create("autocluster", "My node")
node.setPropertyValue("ranking_measure", "Silhouette")

node.setPropertyValue("ranking_dataset", "Training")
node.setPropertyValue("enable_silhouette_limit", True)
node.setPropertyValue("silhouette_limit", 5)

K 115: autoclusternode NZA

autoclusternode W% i Mzt

evaluation it EA

sk RN TEEh=R5) HiRh, W5
at SEEMEEIMNAL, SN, AT
Bl S o R AL E R RAFIEE, ¢
7T A TR AR ) R A R
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X 115: autoclusternode NA (445)

autoclusternode W& & MBS

ranking_measure Silhouette
Num_clusters
Size_smallest_cluster
Size_largest_cluster

Smallest_to_largest

Importance
ranking_dataset Training
Test
summary_limit B FER S A AR R SRS, FEE 1
1100 Z FHATEEEL,
enable_silhouette limit |
silhouette_limit B 0 £ 100 Z [HEEEL,
enable_number_less_limit |JHiZ
number_less_limit BT SR 0.0 Bl 1.0 Z AR EEL,
enable_number_greater_li |JHiE
mit
number_greater_limit L& KN 0 HIEEHY
enable_smallest cluster_ |JHiZ
limit
smallest _cluster_units Percentage
Counts
smallest_cluster_limit_p |8
ercentage
smallest cluster limit c |%&# KA 0 BUEEHL,
ount

enable_largest_cluster_1 [jfiZ
imit

largest_cluster_units Percentage

Counts

largest_cluster_limit_pe |#(F
rcentage

largest_cluster_limit_co |#&#{
unt
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X 115: autoclusternode NA (445)

autoclusternode W% {11 W2
enable_smallest_largest_ [jfffZ
limit

smallest_largest_limit L

enable_importance_limit | %

importance_limit_conditi |Greater_than

on
Less_than

importance_limit_greater |#(¥F 0 2] 100 Z [EfyEEEL,

_than

importance_limit_less_th | &+ 0 % 100 Z[EREEEL,

an

<algorithm> JHEAZE SR B F R E TR

<algorithm>.<property> string ARPENEBERENAE, H2H%
199 HIY Il BEENS Y £, DA
53 2 Eiflo

autonumericnode &

B B R (E T 2 A A [R5 TR A A LU AR R A A U E A A 5 IR RG A &
SYREESHTRERY A7 TURATR, DRI AT OISR {8 S (o A 2 A BB A8 (5 ) 2

& T EETHIRE R, SZSARAVEHEIA R SR, C&R BHRAIRE, CHAID,
AR, RERRAR R DA S SR B AR (SVM), AT DUARIBRHBATE, AHBRRZE L
{56 P A SR B AR LA

gl
node = stream.create("autonumeric", "My node")
node.setPropertyValue("ranking_measure", "Correlation")

node.setPropertyValue("ranking_dataset", "Training")
node.setPropertyValue("enable_correlation_limit", True)
node.setPropertyValue("correlation_limit", 0.8)
node.setPropertyValue("calculate_variable_importance", True)
node.setPropertyValue("neuralnetwork", True)
node.setPropertyValue("chaid", False)

K 116: autonumericnode NA

autonumericnode W% & N2

custom_fields JiEAZE WSR2 True, A BETHIA R
FEPU B ELE

target it VA CEENEE ) Bk B E AR DA

N Edm AL, ] DAEE I
REBSERMNL, FF2RE 191 HIY
IR A T, DG E
ZHiillo

inputs [field1 ... field2]
partition LA

%13 = EEHENE 201



X 116: autonumericnode WA (448)

autonumericnode W% 1H WA
use_frequency TR
frequency_field i {IvA
use_weight TR
weight_field ic v
use_partitioned_data A R EF S BEMAL, AIERISRE R
R,
ranking_measure Correlation
NumberOfFields
ranking_dataset Test
Training
number_of_models B B AR P AT, FRE 1M
100 Z [EIHEE S,

calculate_variable_impor |jfZ
tance

enable_correlation_limit |JHfE

correlation_limit B
enable_number_of fields_ |jEfZ
limit

number_of fields limit B

enable_relative error 1li |jftZ

mit

relative error limit T
enable_model_build_time_ |jEfZ
limit

model_build_time_limit B

enable_stop_after_time_1 |JHiZ

imit

stop_after_time_limit B

stop_if_valid_model JiEASE

<algorithm> JHEAZE S B R E O TR

<algorithm>.<property> string FREEREBERENAEH, A%
199 HIY FRUEHAENEY £, DA
S Z &l
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bayesnetnode N%&

- T H ERTARS R, URAT DR Lt SRR I B 07 3l 4 A P S N S R R
= f‘ AN MRARAY, SR EEGE R F 2R 53 Y Tree Augmented Naive Bayes
(TAN) #1 Markov Blanket 48

il

node = stream.create("bayesnet", "My node")
node.setPropertyValue("continue_training_existing_model", Tzrue)
node.setPropertyValue("structure_type", "MarkovBlanket")
node.setPropertyValue("use_feature_selection", True)

# Expert tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("all_probabilities", True)

node.setPropertyValue("independence", "Pearson")
& 117: bayesnetnode NA
bayesnetnode W% 8 Mz
inputs [field1 ... fieldn] H SE R A B AR e P — {18 E SR DA
e —{E s 2 Al AL, TN
HENET 0, E2RE 191 BN
r—RoEEERiNg g 8, DS
FES-GiN
continue_training_existing_ | Hf=
model
structure_type TAN ECEAE T B A A S IR 1 4
o
MarkovBlanket
use_feature_selection JiEARE
parameter_learning_method Likelihood FE7E A TE IR 65 B A E E R0
Z E G MR AR I 7T 1,
Bayes
mode Expert
Simple
missing_values TR
all_probabilities AR
independence Likelihood T ATt 7 v A1 B L Y R 5%
RIS 7T,
Pearson
significance_level L& FE 7€ A S M R B L
maximal_conditioning_set ey F%E F RS AL R L ERA A (s
HH LR,
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2 117: bayesnetnode A (44&)

bayesnetnode W% H Pz
inputs_always_selected [field1 ... fieldn] feEE . H SEHT A PR R aa 4 Y B
FHE IR

ks —HEENEIH AL

maximum_number_inputs L& FE 8 T 7 L B A i PR ) )i A
(VAINI=IN (=R

calculate_variable_importan |JftZ
ce

calculate_raw_propensities |J}ffZ

calculate_adjusted_propensi | &
ties

adjusted_propensity_partiti |Test

on
Validation
buildr B&
TREE | HiBsn] B A\ HET R Script, DABUT
R IBM SPSS Modeler HB B AL E EFIBAYEE 77
il
node = stream.create("buildr", "My node")

node.setPropertyValue("score_syntax",
result<-predict(modelerModel,newdata=modelerData)
modelerData<-cbind(modelerData, result)

varl<-
c(fieldName="NaPrediction",fieldLabel="",fieldStorage="real",6 fieldMeasure="",
fieldFormat="",fieldRole="")
modelerDataModel<-data.frame(modelerDataModel,varl)""")

& 118: buildr RE
buildr N7 1H M2
build_syntax string BRI TR ER R Script 5
%o
score_syntax string FHARERIZE Y R Scripting 5815
A A S AV (14 15
convert_flags StringsAndDoubles FH A TSR AL FIE TH,
LogicalValues
convert_datetime i FHIA A H HAER H RARRE Rk Xty st i 4
£ R H A/ N EIE,
convert_datetime_class POSTXct RN H #AEk H AR A% X s g
POSIX1t T4 2 T A X IR TH,
convert_missing A FRE R AR A R NA {HIVEIH,
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R 118: buildr RA (4#:48)

buildr W% 51 WS

output_html TR FA AR B TR AE R ABAY [ E H AARR
YT,

output_text TR RAEE R Hixa Xt s A R BEE
B AR HIETH,

c50node &

C5.0 HiBEE v PRk A RE BRI 82,
M R EHE 25 AR 5> B A
3.0 FREH,

il

node = stream.create("c50",

## "Model" tab

node.setPropertyValue("use_model_name", False)
node.setPropertyValue("model_name", "C5_Drug")

"My node")

AR A P PR A A M AR PR R e A
H AL ZH R R AL, AP 2R B Ty W fiE DA L

node.setPropertyValue("use_partitioned_data", True)
node.setPropertyValue ("output_type",

it "Césts" tab

node.setPropertyValue("use_costs", True)
node.setPropertyValue("costs",

"Expert")
"Generality")

"DecisionTree")
node.setPropertyValue("use_xval", True)
node.setPropertyValue("xval_num_folds", 3)
node.setPropertyValue("mode",
node.setPropertyValue("favor",
node.setPropertyValue("min_child_records", 3)

[["drugA", "drugX", 2]1)

& 119: c50node NE

c50node % 1H MAS]
target it A C50 AUt F B 1A H AR o2 AR —flil s
A AL, 18 A] DS E IIRERRAL
SRR 191 HRY T—R A Ei R Y
Ay T, DS HEZEE,
output_type DecisionTree
RuleSet
group_symbolics TR
use_boost i
boost_num_trials L&
use_xval JiEAZ
xval_num_folds &
mode Simple
Expert
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& 119: c50node WA (W48

c50node % 1H M

favor Accuracy T R e mE
Generality

expected_noise &

min_child_records &S

pruning_severity ez

use_costs TS

costs SN (L B AL NE

use_winnowing TR

use_global_pruning TR TEER A THUH)  (True) o

calculate_variable_impor | i

tance

calculate_raw_propensiti [

es

calculate_adjusted_prope |jiHFE

nsities

adjusted_propensity_part |Test

ition
Validation

carmanode N%&

oo CARMA BALEIEER R — 8RN, AT 2 TEC i A S AL, 82 Apriori

EIRE: A, CARMA HiBERL 7RISR (FIRSURATRRAFMASR) FEERE, mAE
R IRITSR, SRR EARSRI AT DU E 2 AR, Gl R s4E
kAR (RITRIRME) BOTHER, 152 shsUIREs A4S R AEAE 6 H AR (SRR o

il

node = stream.create("carma", "My node")

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("use_transactional_data", True)
node.setPropertyValue("inputs", ["BP", "Cholesterol", "Drug"])
node.setPropertyValue("partition", "Test")

# "Model" tab

node.setPropertyValue("use_model_name", False)
node.setPropertyValue("model_name", "age_bp_drug")
node.setPropertyValue("use_partitioned_data", False)
node.setPropertyValue("min_supp", 10.0)
node.setPropertyValue("min_conf", 30.0)
node.setPropertyValue("max_size", 5)

# Expert Options

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("use_pruning", True)
node.setPropertyValue("pruning_value", 300)
node.setPropertyValue("vary_support", True)
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node.setPropertyValue("estimated_transactions", 30)
node.setPropertyValue("rules_without_antecedents", True)

K 120: carmanode NA&

carmanode W% fH WEE L]

inputs [field] ... fieldn] CARMA FERIAE F i AMROLTS B, AN
P EEERRAL, AN E s A R AR R A
. FHZBIE 191 HIY T—REwi e,
WEJ FE, DEUSEZER,

id_field i FVERSALER B 1D SRR,

contiguous TR FIATE7E 1D MR Y ID 254,

use_transactional_data A

content_field it VA

min_supp number(percent) SRS BRARRR, A2 B R S B A
B, THEAERZ 20%.

min_conf number(percent) THEAEE 20%,

max_size L& THREZ 10,

mode Simple THEAESE Simple,

Expert

exclude_multiple A HERR B A 245 RN, THEE R
False,

use_pruning TR THEESE False,

pruning_value & FHEL{E %5 500,

vary_support TR

estimated_transactions B

rules_without_antecedent |

s

cartnode N%&

i

SRR B 75 7% (C&R) A A% A B 20 2 2= T YR P T Bl o B R A R TR SRS R A
ACHT M, 2T IRIEB S —(EV BREORR R ANTR AL, AT R o0 [ A IR AT 8% 70

B 28, QN SUSHIRASRE R TR 100% AERE(EER A H AR A — a4 E R,
AREZE R PR 2y TRR) o BIEME@ ARG A U BYERIR B (2], 7

WEHE) ; Ao T (VA M TR o
Ll

node = stream.createAt("cart", "My node", 200, 100)

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["Age", "BP", "Cholesterol"])

# "Build Options" tab, "Objective" panel
node.setPropertyValue("model_output_type", "InteractiveBuilder")
node.setPropertyValue("use_tree_directives", True)

node.setPropertyValue("tree_directives", """Grow Node Index O Children 1 2

%13 = EEHIENE 207




Grow Node Index 2 Children 3 4""")

# "Build Options" tab,

"Basics" panel

node.setPropertyValue("prune_tree", False)

node.setPropertyValue("use_std_err_rule", True)
node.setPropertyValue("std_err_multiplier", 3.0)

node.setPropertyValue("max_surrogates", 7)

# "Build Options" tab,

"Stopping Rules" panel
node.setPropertyValue("use_percentage", True)

node.setPropertyValue("min_parent_records_pc", 5)

node.setPropertyValue("min_child_records_pc", 3)
"Advanced" panel
node.setPropertyValue("min_impurity", 0.0003)

# "Build Options" tab,

node.setPropertyValue("impurity_measure", "Twoing")

# "Model Options" tab

node.setPropertyValue("use_model_name", True)

node.setPropertyValue("model_name", "Cart_Drug")
& 121: cartnode RB
cartnode W% {[1 P
target it LA C&R it R At A A5 A 55 2 B B AR5 DA
Le—Es 2 s AL, BT DAfsEsH
RN, SR 191 BN I
HiFiNAL FE, DBUSEZE,
continue_training_existi [JHFE
ng_model
objective Standard psm B ARENE RIEE, BB AR
AR
Boosting
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives i
tree_directives string fee A iR ES M RYTE S . FE 5 RIITE
=595, DALk TR S 195, &
R, 165 AT RES R SR BORIH AT
/N S RO, N HL AT REAETRIE R
HAE R,
use_max_depth Default
Custom
max_depth B BHRESERIRE LR, 70 %1000, f#
1f use_max_depth = Custom K
o
prune_tree JiEASE M e it R A DA S 3 R 2
use_std_err TR

fEmfRH (TEAREERARR ) (R mAE

ST

>=<0
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K 121: cartnode WA (#48)

cartnode W% 1H M
std_err_multiplier LG RARER,
max_surrogates e x AAHREL
use_percentage TR
min_parent_records_pc /&2
min_child_records_pc B
min_parent_records_abs 7
min_child_records_abs &S
use_costs i
costs SN L SEREENA
priors Data
Equal
Custom
custom_priors aqrte SERE N
adjust_priors TR
trails L& gﬂ?ﬁﬁﬁ%%%&@éfimﬁi%ﬁ?@ﬁ
set_ensemble_method Voting YERI H B THEAS B R,
HighestProbability

HighestMeanProbabilit
y

range_ensemble_method Mean A H A TR SRR,
Median
large_boost i PHETFHEE A 2 RARE R,
min_impurity e
impurity_measure Gini
Twoing
Ordered
train_pct /&2 e P T FER £
set_random_seed A POE 4G LI TH,
seed e
calculate_variable_impor |

tance
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K 121: cartnode WA (#48)

cartnode W% 1H P IH
calculate_raw_propensiti [jHiE

es

calculate_adjusted_prope |jHiE

nsities

adjusted_propensity_part |Test

ition

Validation

chaidnode A&

CHAID i R 77t &R AR A AL DUR IR G,  DAREE AR 70 #l, B C&R k%S
A4 HERI QUEST BRI, CHAID mJZE/ETE —sCRRASAE, Fomuhsy 5 sl wifE A _EAY
%o EREHRAATER ARG AT AR BUEHEIE (HE) BSRIMAL, Exhaustive CHAID
JE¥ CHAID MBER, 'E T EBURH TAERMEMM A TREN 7 E, (HFEEERNET
%:H#Fﬁﬁo
i
filenode = stream.createAt("variablefile", "My node", 100, 100)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIN")
node = stream.createAt("chaid", "My node", 200, 100)
stream.link(filenode, node)
node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "CHAID")
node.setPropertyValue("method", "Chaid")
node.setPropertyValue("model_output_type", "InteractiveBuilder")
node.setPropertyValue("use_tree_directives", True)
node.setPropertyValue("tree_directives", "Test")
node.setPropertyValue("split_alpha", 0.03)
node.setPropertyValue("merge_alpha", 0.04)
node.setPropertyValue("chi_square", "Pearson")
node.setPropertyValue("use_percentage", False)
node.setPropertyValue("min_parent_records_abs", 40)
node.setPropertyValue("min_child_records_abs", 30)
node.setPropertyValue("epsilon", 0.003)
node.setPropertyValue("max_iterations", 75)
node.setPropertyValue("split_merged_categories", True)
node.setPropertyValue("bonferroni_adjustment", True)
2 122: chaidnode A
chaidnode W% {11 W2
target it A CHAID #H R —{f AR AR —fHE %
ElEm AL, Al DA ESRRMNL, &
2R15 191 B T— SR N AL
T, DBUSEZEH,
continue_training_existi | &
ng_model

210 IBM SPSS Modeler 18.5 Python Scripting #1 H Ei{k. F-fiit




K 122: chaidnode WA (48

chaidnode W% {11 W2
objective Standard psm FEARENE RIEE, BB ARey
AR,
Boosting
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives i
tree_directives string
method Chaid
ExhaustiveChaid
use_max_depth Default
Custom
max_depth R RRAERETR I _LFR, 7€ 0 %1000, 1%
1£ use_max_depth = Custom F#fif
o
use_percentage TR
min_parent_records_pc L&
min_child_records_pc L&
min_parent_records_abs B
min_child_records_abs 7
use_costs i
costs sEREL SERLINE,
trails L& A B B E AR S 1A R R
H,
set_ensemble_method Voting FE R H AR TERRAS SRR A,
HighestProbability

HighestMeanProbabilit
y

range_ensemble_method Mean JHAE H AR TR AE S A,
Median
large_boost TR HHEFHAE F E AR R,
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K 122: chaidnode WA (48

chaidnode MN% 1H WA
split_alpha & FATA 7 B REE M
merge_alpha e IR & DRHIEEE M E %o
bonferroni_adjustment A i/ Bonferroni 77 52K B BAE (H,
split_merged_categories |[JfiZ BEFEHT O EIG O,
chi_square Pearson ARG AT ZHaHER TR AR
(Pearson) SRHEELEL

LR
epsilon /&2 TE A A7 A 52 BE 1 B/ NEE B
max_iterations /&2 REMBRELIR,
set_random_seed B
seed L&
calculate_variable_impor |
tance
calculate_raw_propensiti [jHEFE
es
calculate_adjusted_prope |JftZ
nsities
adjusted_propensity_pazrt |Test
ition

Validation
maximum_number_ of models |#&#{

coxregnode %

A Cox MERETRS, P DMECA FEERIRAVIENL MEE R FF BRI LA,

% IO A —(EAE TG R, P AR AG B (E, TR R4S E P
GO 3
(T) BRI,
gl
node = stream.create("coxreg", "My node")
node.setPropertyValue("survival_time", "tenure")
node.setPropertyValue("method", "BackwardsStepwise")

# Expert tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("removal_criterion", "Conditional")
node.setPropertyValue("survival", True)

2 123: coxregnode WA

coxregnode W% 8 Pz IH
survival_time RRfL Cox Tl s A 75 2 — il . &5 7 T R
IR
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2% 123: coxregnode MB (H48)

coxregnode W% H Pz
target AL Cox 1l B RS AU 75 2 — 18 B AR DAK
—{EE M AL, FESREEE 191
H TR gy 18, DA
HSBE Z ¥ el
method Enter
Stepwise
BackwardsStepwise
groups i A
model_type MainEffects
Custom

custom_terms

["BP*Sex" "BP*Age"]

mode

Expert

Simple

max_iterations

By

p_converge

1.0E-4

1.0E-5

1.0E-6

1.0E-7

1.0E-8

p_converge

1.0E-4

1.0E-5

1.0E-6

1.0E-7

1.0E-8
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2% 123: coxregnode MB (H48)
coxregnode W% H Pz
1_converge 1.0E-1
1.0E-2
1.0E-3
1.0E-4
1.0E-5
0]
removal_criterion LR
Wald
Conditional
probability_entry e
probability_removal #r
output_display EachStep
LastStep
ci_enable g
ci_value 90
95
99
correlation TR
display_baseline TR
survival TR
hazard TR
log_minus_log JiEAZE
one_minus_survival JiEA
separate_line iEvA
value & WRABTAER S EE, FRESK S
GZNR A58 FH TH R I TH "Mean',
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decisionlistnode &

- DRERTH BLENRE AR 0l T REAH e B, DAREURAR & — ol SR S BB A o i B AT AT
1& REME, B4, REREFFE= PR AN AT REIR AR HY = Bl A AT RES LA R S TS B 1
: bR [ ERY 5, SEIEHTY B AT [ EBOE A FE B AR R A L 2R, AT B C
AR RIGR AR AR, DRSS BBy — A AR A, EL rp {1 0 R R — Ml PR AT

—ERER, AUKIEFFEM, MFFRYE — BRI e R,

#Hi

node = stream.create("decisionlist",
node.setPropertyValue("search_direction",

node.setPropertyValue("target_value", 1)
node.setPropertyValue("max_rules", 4)

node.setPropertyValue("min_group_size_pct", 15)

"My node")
n Down n )

K 124: decisionlistnode NZA

decisionlistnode W% H REEL
target it A TR BEAR A B — {1 AR DA — il =R
A AR, 1B AT DA ESE R AL,
AR 191 HIY I saiss
7wl FE, DESEZEH.
model_output_type Model
InteractiveBuilder
search_direction Up =K PR, HA Up HETR THE
H% |  Down HIER MR
Down
target_value string WSRARAeE, HIEEERA true {E,
max_rules REE PREREZ AN BRI B B
min_group_size B TRRIEBER KN
min_group_size_pct ey TREERAN (AEZHEETR)
confidence_level v Z 17 A AR OLRT 58 1 2] [ B e 2 Y
e, i AR ZE AR = A [ FEEME (DU
(FH) B RRRESAE,
max_segments_per_rule B
mode Simple
Expert
bin_method EqualWidth
EqualCount
bin_count &
max_models_per_cycle B HEAEREE,
max_rules_per_cycle B BRI = E T,
segment_growth B
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X 124: decisionlistnode WA (#48)

decisionlistnode W% 1H P st

include_missing TR

final_results_only g

reuse_fields A BEFEAMAEE (MBER R
N (DA

max_alternatives Gd 4

calculate_raw_propensiti |t
es

calculate_adjusted_prope |t
nsities

adjusted_propensity_part |Test
ition
Validation

discriminantnode &

31 Ay LB AR i B B B AR AR, (EERT SIS LRy,  nT DU iR oA

[1] AR R 7T B 7
EHig ]|
node = stream.create("discriminant", "My node")
node.setPropertyValue("target", "custcat")

node.setPropertyValue("use_partitioned_data", False)
node.setPropertyValue("method", "Stepwise")

& 125: discriminantnode WA
discriminantnode W% {1 REStL]]
target RAL | AR o — {1 AR o DA K —flE 5
ZARE AN, ASE R IIRERISEZR AN
fii, #HZEE 191 HIY T—RRmiEEs
W& F#E, DEEEZEH,
method Enter
Stepwise
mode Simple
Expert
prior_probabilities AllEqual
ComputeFromSizes
covariance_matrix WithinGroups
SeparateGroups
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X 125: discriminantnode WA (445

discriminantnode W% 1H WEas]

means JHEAEE I;EK%%‘EEHJ HEEHEP A R
univariate_anovas i

box_m i

within_group_covariance |jffZ

within_groups_correlatio |JffZ

n

separate_groups_covarian [JjfiZ

ce

total_covariance i

fishers TR

unstandardized JEEASE

casewise_results JiEASE MEEREH ) EEEAE R 1 B TH,
limit_to_first L/ &2 THE(EZ 10,
summary_table TR

leave_one_classification |JfiH

combined_groups TR

separate_groups_covarian |jEiZ JE PR TERR LSRR |
ce

territorial_map i

combined_groups TR et EIE WS REAH
separate_groups TR et EEIE A
summary_of_steps TR

F_pairwise TR

stepwise_method WilksLambda

UnexplainedVariance
MahalanobisDistance
SmallestF

RaosV

V_to_enter

(&

criteria

UseValue

UseProbability

F_value_entry

(&

THEEX(EE 3.84,
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X 125: discriminantnode NZA (4#48)

discriminantnode W% {11 RESLL
F_value_removal L THREZ 2.71
probability_entry &S THER{ESZ 0.05,
probability_removal Hr THER{ERZ 0.10,
calculate_variable_impor |JftZ
tance
calculate_raw_propensiti [JjfiZ
es
calculate_adjusted_prope |}HfZ
nsities
adjusted_propensity_part |Test
ition

Validation

extensionmodelnode N%&

A

Python for Spark &5l

JHHHE script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension_build",
node.setPropertyValue("syntax_type",

build_script =
import json
import spss.pyspark.runtime

T TR iR, W] LABT R B Python for
Spark Script AR 7T B R

"extension_build")
"Python")

from pyspark.mllib.regression import LabeledPoint

from pyspark.mllib.linalg import DenseVector

from pyspark.mllib.tree import DecisionTree

cxt = spss.pyspark.runtime.getContext()

df = cxt.getSparkInputData()
schema = df.dtypes[:]

target = "Drug"

predictors = ["Age", "BP", "Sex", "Cholesterol",6 "Na", "K"]

def metaMap(row,schema):
col =0
meta = []

for (cname, ctype) in schema:

if ctype == 'string':

meta.append(set([row[col]]))

else:

meta.append((row[col],row[col]))

col += 1
return meta

def metaReduce(metal,meta2,schema):

col =0
meta = []

for (cname, ctype) in schema:
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if ctype == 'string':
meta.append(metal[col].union(meta2[col]))
else:
meta.append((min(metal[col] [0],meta2[col] [0]) ,max(metal[col][1],meta2[col][1])))
col += 1
return meta

metadata = df.rdd.map(lambda row: metaMap(row,schema)).reduce(lambda x,y:metaReduce(x,y,schema))

def setTolList(v):
if isinstance(v,set):
return list(v)
return v

metadata = map(lambda x: setTolList(x), metadata)
print metadata

lookup = {%
for i in range(0,len(schema)):
lookup[schema[i][0]] = i

def row2lLabeledPoint(dm,lookup,target,predictors, row):
target_index = lookup[target]
tval = dm[target_index].index(row[target_index])
pvals = []
for predictor in predictozrs:
predictor_index = lookup[predictor]
if isinstance(dm[predictor_index],list):
pval = dm[predictor_index].index(row[predictor_index])
else:
pval = row[predictor_index]
pvals.append(pval)
return LabeledPoint(tval,DenseVector(pvals))

# count number of target classes
predictorClassCount = len(metadata[lookup[target]])

# define function to extract categorical predictor information from datamodel
def getCategoricalFeatureInfo(dm,lookup,predictors):
info = §%
for i in range(0,len(predictors)):
predictor = predictors[i]
predictor_index = lookup[predictor]
if isinstance(dm[predictor_index],list):
info[i] = len(dm[predictor_index])
return info

# convert dataframe to an RDD containing LabeledPoint
lps = df.rdd.map(lambda row: row2LabeledPoint(metadata,lookup,target,predictors,row))

treeModel = DecisionTree.trainClassifier(
1ps,
numClasses=predictorClassCount,
categoricalFeaturesInfo=getCategoricalFeatureInfo(metadata, lookup, predictors),
impurity="'gini',
maxDepth=5,
maxBins=100)

_outputPath = cxt.createTemporaryFolder()

treeModel.save(cxt.getSparkContext (), _outputPath)

cxt.setModelContentFromPath ("TreeModel", _outputPath)

cxt.setModelContentFromString("model.dm", json.dumps(metadata), mimeType="application/json")\
.setModelContentFromString("model.structure",treeModel.toDebugString())

node.setPropertyValue ("python_build_syntax", build_script)

R gifjl

JHHHE script example for R
node.setPropertyValue ("syntax_type", "R")

node.setPropertyValue("r_build_syntax", """modelerModel <-
1m(modelerData$Na~modelerData$K, modelerData)
modelerDataModel

modelerModel

nn II)
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2 126: extensionmodelnode WA

extensionmodelnode N% 1H Pzt

syntax_type r FeEHATWRE Script — R 8 Python (78
HEZR) -

Python

r_build_syntax string B2 HETARAE B R Script 35
o

I_score_syntax string B2 AETREIEE B9 R Script 35
o

python_build_syntax string 82 FRIEITRAIE ERY Python Script
Ao

python_score_syntax string 1B 2RI TARAIEE T # Python Script
E37

A A RS AV (1] 15
convert_flags StringsAndDoubles FH A SR AR AL FIETH,
LogicalValues

convert_missing JEAE R E R (EER 2 R NA ERYEETH,

convert_datetime A FRATE H HAER H AR A A0 A2 i
5 R H A/ N IE,

convert_datetime_class POSTXct R E7E I B HAER H RRRERE RS e

POSIX1t Tt 2 frT R X IR TH,

output_html A FA A1 [ RN AE. R BB [ S P (AR
T,

output_text JHEAZE FARE R EE XTIt S A R S8
B R )& TH

factornode &

PCA/ IR 3R AR (i R AR DSy Ak D R I EREME . R o4 (PCA) AT

§E|+ B AR PER &, SZ S R s R AR AL R SRR R, HA AR
BER O HEIER (HEEE) . NBOHRERELRERR, B RRGRABH
AURRAIER & NAUMHBATE IR,  BINEmAE 7%, HALRIAY B AR RS B A AR
AP RE AT A A D BT AL

#Hifl

node = stream.create("factor", "My node")

# "Fields" tab
node.setPropertyValue("custom_fields", True)
node.setPropertyValue("inputs", ["BP", "Na", "K"])
node.setPropertyValue("partition", "Test")

# "Model" tab
node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "Factor_Age")
node.setPropertyValue("use_partitioned_data", False)
node.setPropertyValue("method", "GLS")

# Expert options

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("complete_records", True)
node.setPropertyValue("matrix", "Covariance")
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node.setPropertyValue("max_iterations", 30)
node.setPropertyValue("extract_factors",
node.setPropertyValue("min_eigenvalue", 3.0)

node.setPropertyValue("max_factor", 7)

node.setPropertyValue("sort_values", True)
node.setPropertyValue("hide_values", True)
node.setPropertyValue("hide_below", 0.7)

{# "Rotation" section

node.setPropertyValue("rotation",

node.setPropertyValue("delta", 0.3)
node.setPropertyValue("kappa", 7.0)

"ByFactors")

"DirectOblimin")

& 127: factornode W&

factornode W% {[1 Pz St
inputs [field1 ... fieldN] PCA/ AT A FHEm ARRALAITE B, (H
AMEH ER, &l AR SEER
I, AR 191 HAY TR ARG
W& 8, DEFEZEH,
method PC
uLs
GLS
ML
PAF
Alpha
Image
mode Simple
Expert
max_iterations &S
complete_records TR
matrix Correlation
Covariance
extract_factors ByEigenvalues
ByFactozrs
min_eigenvalue e
max_factor &S
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& 127: factornode WA (H#4E)
factornode W% {i REE
rotation None
Varimax
DirectOblimin
Equamax
Quartimax
Promax
delta 7 UNELEE DirectOblimin 1A lEiE &
RHRERY ) Al DAFEE delta MYMHES
WRARIEE —EME, REH delta iy
THEAHS
kappa L& WIS Promax A edE k4
7 HIa] DS E kappa BIE,
WERARIEE —EME, REH kappa B
THEAHS
sort_values i
hide_values i
hide_below L&z

featureselectionnode N%&

A

il

node = stream.create("featureselection",

DIREE R SRR AR (BB S o) SRS ERAE AL, B IRE
AU, BERIEEHAE e T HARRE B T HRRR S, BN, B e e
SH ETEEERA, ARERLE A\ A A]RE R BASSNE TR ?

"My node")

node.setPropertyValue("screen_single_category", True)

node.setPropertyValue("max_single_category", 95)

node.setPropertyValue("screen_missing_values", Tzrue)

node.setPropertyValue("max_missing_values", 80)
node.setPropertyValue("criteria",
node.setPropertyValue("unimportant_below", 0.8)
node.setPropertyValue("important_above", 0.9)

node.setPropertyValue("important_label",
node.setPropertyValue("selection_mode", "TopN")

node.setPropertyValue("top_n", 15)

HRIEANER TDhREREE ) B SHE RG],

AJ o
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& 128: featureselectionnode A

featureselectionnode W% 8 Pz
target i VA DR IER S SR e E 1 B AT
PHEEITHES . NG A REAN AR R
0L, FH2REE 191 B TR
HiREN A T, DIEBUSE 2 &
screen_single_category JHEAE WIR% True, RIGRHEREM BRI
B S [FE AR A 8 2 B R
o
max_single_category Bz {67 screen_single_category
% True RHEHRYEE FLE,
screen_missing_values JiEARE WA True, HIFEHERGIBZIER
H (CARLSRAREE b #oR) 1AM
i,
max_missing_values By
screen_num_categories JiEASE WA True, RISAEREMAE R LR
B s BA &2 EEIREAL
max_num_categories &
screen_std_dev g R A True, RIFFERZEEEZE/NAEL
ERYEE B/ IMERIRRAL
min_std_dev L&
screen_coeff_of_var A WK% True, RIS ERESE BREUINR
sE AR E S/ MBI,
min_coeff of var By
criteria Pearson R B A TH B T 55
ARIRE, 7€ (FEE B AR R
Likelihood SIS
CramersV
Lambda
unimportant_below &2 TeE IR g a2 TEE |
NERER) 8 TAEZ W p i FHE,
#:52 0.0 B 1.0 Z MIMIE,
important_above #r 52 0.0 82 1.0 ZHIMIME,
unimportant_label string fBE TAREZE 7HRIER,
marginal_label string
important_label string
selection_mode Importancelevel
ImportanceValue
TopN

%13 = EEHIENE 223



& 128: featureselectionnode WA (#4E)

featureselectionnode W% 8 RSt

select_important AR % selection_mode &%
Importancelevel K, F&EBEE
B EE EAH AL

select_marginal AR % selection_mode #&%
Importancelevel W, f8EBGIE
B — R

select_unimportant JiEAE % selection_mode &4
Importancelevel W, fEERBTIE
BB EAR AL

importance_value Bz # selection_mode #%%
ImportanceValue [, f5&EfHH
PIEETE, 5% 0 8 100 ZMrE,

top_n B # selection_mode #%7% TopN
R, feEZMHANEEE, %0
1000 = fERIE,

genlinnode &

il

node
node

(EEFRARNE ) AL AR AR MG T 1R, IS RIS WO A i (1SS R B B A

THBEARPER,  EAh, Rt BBEAIEREOE. CRE KRS

R hRE, CUARARTEEER, EEEE, SHECERR BRI, DU SRR 1715

AL,

= stream.create("genlin",
.setPropertyValue("model_type",

"My node")

"MainAndAllTwoWayEffects")

node.setPropertyValue("offset_type", "Variable")

node.setPropertyValue("offset_field", "Claimant")

& 129: genlinnode A

genlinnode W% fi M St

target A B FR AR AR R B H AL (62H
EAFRBATAL) |, DA — A 2 fE
MG, EA] DS E MG, FE2
F%E 191 BN TR EER NS &
i, DTS 2l

use_weight JiEAS

weight_field AL AT KRS 2y AR

target_represents_trials |

trials_type Variable

FixedValue
trials_field i {IvA RARERIAA HAE, BT L
trials_number &S THE(EZ 10,
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& 129: genlinnode W& (W4E)

genlinnode W% {11 RS
model_type MainEffects
MainAndAllTwolWayEffec
ts
offset_type Variable
FixedValue
offset_field AL R R o 20 SR A
offset_value & RSB
base_category Last
First
include_intercept TR
mode Simple
Expert
distribution BINOMIAL IGAUSS: &,
GAMMA NEGBIN: £ —JH=,
IGAUSS
NEGBIN
NORMAL
POISSON
TWEEDIE
MULTINOMIAL
neghin_para_type Specify
Estimate
negbin_parameter 7 TERRES 1, VEASIFEEY
tweedie_parameter &
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& 129: genlinnode W& (W4E)

genlinnode W% {11 RS
link_function IDENTITY CLOGLOG: H %y,
CLOGLOG LOGC: HI#(E i,
LOG NEGBIN: & —JEHZ,
LOGC NLOGLOG: & #1877 1% K B H 8L,
LOGIT CUMCAUCHIT: 2 Cauchit.
NEGBIN CUMCLOGLOG: ZinE fiiEEHiE,
NLOGLOG CUMLOGIT: 2 Logit,
ODDSPOWER CUMNLOGLOG: Zine HEu7is R
PROBIT
CUMPROBIT &l Probit,
POWER
CUMCAUCHIT
CUMCLOGLOG
CUMLOGIT
CUMNLOGLOG
CUMPROBIT
power L& HEBIEFTEE,
method Hybrid
Fisher
NewtonRaphson
max_fisher_ iterations e THRREA 1; HAFFIEEE,
scale_method MaxLikelihoodEstimate
Deviance
PearsonChiSquare
FixedValue
scale_value [ THER(ES 1; YWEKRKR 0,
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& 129: genlinnode W& (W4E)

genlinnode W% {11 RS
covariance_matrix ModelEstimator
RobustEstimator
max_iterations & THRLE A 100; {EAFFE A FE R,
max_step_halving &2 THRLAE 2y 5; E AT EREEL
check_separation TR
start_iteration L& THEE 4 20; (EAFTHEH IEREL,
estimates_change i
estimates_change_min /&2 THARAE 2 1E-006; {EZFHEHIFEL
estimates_change_type Absolute
Relative
loglikelihood_change TR
loglikelihood_change_min |#(F HEZE8EE,
loglikelihood_change_typ |Absolute
e
Relative
hessian_convergence TR
hessian_convergence_min |#(F HEEZ EEEE,
hessian_convergence_type [Absolute
Relative
case_summary TR
contrast_matrices i
descriptive_statistics TR
estimable_functions JiEASE
model_info TR
iteration_history TR
goodness_of_fit i
print_interval ez THRREA 1; WHZIEEEEL,
model_summary TR
lagrange_multiplier TR
parameter_estimates JiEAS
include_exponential TR
covariance_estimates i
correlation_estimates i
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& 129: genlinnode W& (W4E)

genlinnode W% {11 RS
analysis_type Typel

TypelIIl

TypeIAndTypelIl
statistics Wald

LR
citype Wald

Profile
tolerancelevel &S THR%{E/Z 0.0001,
confidence_interval ez THEAEZ 95,

loglikelihood_function Full

Kernel

singularity_tolerance 1E-007
1E-008
1E-009
1E-010
1E-011

1E-012

value_order Ascending
Descending

DataOrder

calculate_variable_impor |jiEFE
tance

calculate_raw_propensiti |JfiZ
es

calculate_adjusted_prope |JfiZ
nsities

adjusted_propensity_part |Test
ition
Validation
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glmmnode RZA

MALARTEIR SR (GLMM) JEAR AR MRS, 1S HAR R UG IER B0, JEIdfeE
Ve FC e R B ] A RS R AR, Sl BRI REAHRR . EEFRAR MR SRR
' R, EER BAL R R R AR IR, B 22 AR oK,

& 130: glmmnode RA

glmmnode W% 1H REaE |

residual_subject_spec SEMELL BRRENEEMCEAS, B
AE—HERERETNEE,

repeated_measures GENEIE L VA W EERE 1R TE =

residual_group_spec

[field1 ... fieldN]

IS LR A E RE B SR 2 8

iR RVAC SE

residual_covariance_type

Diagonal

AR1

ARMA11
COMPOUND_SYMMETRY
IDENTITY

TOEPLITZ
UNSTRUCTURED

VARIANCE_COMPONENTS

TEE FRAE LA B

custom_target

Fia 2 (8 A L e B o 2 B AR
(false) Biffiff] target_field f5EM
H7T B (true)s

nce

target_field i {IvA REEERIMAL (AR
custom_target % true) ,
use_trials TS e E B R E R e R P 3 A YL
EERE, R ARHIMEA E R AR
feeHEE, TERER false,
use_field_or_value Field fEHI RN (FHRE) E2EKE
EHEHE,
Value
trials_field ic 2 FAZR 45 7€ 5 B E IR,
trials_value BB HzsEAHBENE, fsEiEs, &
/IMEA 1o
use_custom_target_refere | i e RO EHET 2 IREEHRENE

B, FEZMERE false,
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2 130: glmmnode WA (48)
glmmnode N% 1H P IH
target_reference_value string P2 EEE (R
use_custom_target_reference %
true) ,
dist_link_combination Nominal FHZR 53 i HASHE I — R, s
Custom A] LUEE
Logit target_distribution FffRfEHIEE
HRE) 7o
GammalLog
Binomiallogit
PoissonLog
BinomialProbit
NegbinLog
BinomiallLogC
Custom
target_distribution Normal E dist_link_combination &
Custom ¢ HAZHE 53
Binomial
Multinomial
Gamma
Inverse
NegativeBinomial
Poisson
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& 130: glmmnode WA (H4E)

glmmnode N% 1H P IH
link_function_type Identity we E R
2 THHINE R SEAS PR L
LogC R target_distribution 2
Binomial f&n] DAfE (LA
Log ﬁ”&ﬁg%ﬁ%ﬂb@ﬁo
W target_distribution &
fEa] DAY Multinomial
CLOGLOG CLOGLOG, CAUCHIT, LOGIT,
NLOGLOG = PROBIT,
Logit W5 target_distribution &
Binomial 2§
NLOGLOG fEa] DAY Multinomial
IDENTITY. LOG B¢ POWER,
PROBIT
POWER
CAUCHIT
link_function_param /&2 FUEFEAS RS S, WEETE
normal_link_function Bk
link_function_type % POWER A&
o
use_predefined_inputs TR T8 HEE SUEMAZ LS L E R A
B ABENL (true) BURRLL, BREKH
fixed effects_list (false) HIHL
LEHEN, FERR(EA false,
fixed_effects_list GENEE N5 use_predefined_inputs %
false, FAREEFEEAFE AMALFHEREE
SMERRNL
use_intercept AR W% true (FEEAH) , HSEEGEA
R
random_effects_list sEMEL VE 2 REME RS & BB LT B
regression_weight_field |##fi FHAE A RERR 2 R L
use_offset None e anfs E W%, [ None FrnAfl

offset_value

offset_field

AT,

offset_value

(&

RN mErE (W% use_offset 5%

offset_value) .

offset_field

i

FNMmAERIRRNL (405 use_offset
A offset _field) .
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& 130: glmmnode WA (H4E)

glmmnode N% 1H P IH
target_category_order Ascending MR B HET, {8 Data feEH B
RHREEBIRTHEY . THR(EZ
Descending Ascending,
Data
inputs_category_order Ascending B TEHIMERHET, {8 Data feE A
ERA N, THRER
Descending Ascending,
Data
max_iterations B HEE BT BARRE LR, EafE
W TEREZ 100,
confidence_level B A BT R R B & R S s HE R E A
Lk, AFERRE; mOR(EZ 100, THEE
{E7% 95,
degrees_of_freedom_metho |Fixed FEEMIETE B HE DO TREE R
d o
Varied
test_fixed effects_coeff |Model RSB EHME LA AR Y 7T 7
ecients
Robust
use_p_converge TR SHRANEHE,
p_converge ey =H, ST EEIE,
p_converge_type Absolute
Relative
use_l_converge i B R A B,
1_converge i =H, s EEIE,
1_converge_type Absolute
Relative
use_h_converge TS Hessian & HIEIH,
h_converge e =H, SEMERE,
h_converge_type Absolute
Relative
max_fisher_steps B
singularity_tolerance e
use_model_name JHEEAZE e R EIEEARI HET AR (true) 1B

AR EANAR (false), FHEY
{H#4 false,

232 IBM SPSS Modeler 18.5 Python Scripting #1 H Bi{L. F-fiit




& 130: glmmnode WA (H4E)

glmmnode N% 1H P IH
model _name string W% use_model_name % true, HifE
T LA AR 44
confidence onProbability FAREI R MBS ER S, R
TR, B B R = TR % 2 TR
5,
onIncrease
score_category_probabili | i WMR% true, BllZREEE HASA R TETINE
ties R, TH{EZ false,
max_categories B LIES
score_category_probabilities
% true, JBEETEERMAREEEHE LR,
score_propensity JHEAE W% true, Rl Z AT HAERRA A B E
M8, feRRAIAS SR 2 "true" RYRTRE
P
emeans structure SR E MR TE B A B S E A AR A
FeE R4 UL F B,
covariance_list structure A B SRS B S R A A
feE st AL EHE PR IR 2
BORSE HETH,
mean_scale Original fRE BRI EENEERE (FE:) &8
TENRPR G4 bR B BT LA S B R
Transformed 218
comparison_adjustment_me |LSD S 22 {1 5 R TR B R £ T Y i 5%
thod ik
SEQBONFERRONT
SEQSIDAK
gle NB

GLE SEAH T ARPERIAY, DU E AR A] DUG IR RE 0 fffi, JEIB i 7 A Je i o B A A4t
e SRR IEARRR, A ELESSTREAHRH, RESRAVVER SR E 2R, TEARH AL
' BRI AR VR B, SRR 22 g A

& 131: gle WA

gle N%& {11 W2

custom_target TR feH R _RFER e R E AR (false) B(
ffif] target_field fEEMHET HiZ
(true),

target_field ic v FEEERIMEAL (405 custom_target %
true) ,

use_trials JHEAZE fethE BRI R e s S 3 R A H

WE, S22 FREYMEN R 2 E R fe st B
H, FEZRERZ false,
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* 131: gle BA (#48)

gle W% 8 RS
use_trials_field or_val |[Field feH B AMAL (FHE) B2ERfEEHH
ue #H,
Value
trials_field ic 2 FA AR TG a8 E IR,
trials_value B HZte el HEEE, feeias, &/IMER
1.
use_custom_target_refer |jHfZ e R mF BT 2 BN EN B, 7
ence {E/2 false,
target_reference_value |[string BN EERE (R
use_custom_target_reference %
true) ,
dist_link_combination NormalIdentity FH 2R 59 i B RSB A — AR,
Gammalog JE{E CUSTOM A] DAKR %
target_distribution TR MEANEEIEE
PoissonLog I3
NegbinlLog
TweedieIldentity
NominallLogit
Binomiallogit
BinomialProbit
BinomiallogC
CUSTOM
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* 131: gle BA (#48)

gle N%& 1H Pzt IH
target_distribution Normal & dist_link_combination % Custom Ik
B YA 53,
Binomial
Multinomial
Gamma

INVERSE_GAUSS

NEG_BINOMIAL

Poisson

TWEEDIE

UNKNOWN
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* 131: gle BA (#48)

GEN_LOGIT

CUMUL_LOGIT

CUMUL_PROBIT

CUMUL_COMPL_LOG_L

0G

CUMUL_NEG_LOG_LOG

CUMUL_CAUCHIT

gle W% fi MAS]
link_function_type UNKNOWN FHAE B A E B TR E A R Y A bR B, R
target_distribution % Binomial, Hf
IDENTITY JEAE AT DA A -
LOG UNKNOWN
LOGIT IDENTITY
PROBIT LOG
COMPL_LOG_LOG LOGIT
POWER PROBIT
LOG COMPL COMPL_LOG_LOG
NEG_LOG_LOG POWER
0DDS_POWER LOG_COMPL
NEG_BINOMIAL NEG_LOG_LOG
0DDS_POWER

WS target_distribution %
NEG_BINOMIAL, AHREMERT DA :

NEG_BINOMIAL.

W5 target_distribution % UNKNOWN,
HBEE AT DA -

GEN_LOGIT
CUMUL_LOGIT
CUMUL_PROBIT
CUMUL_COMPL_LOG_LOG
CUMUL_NEG_LOG_LOG

CUMUL_CAUCHIT

link_function_param

UL Tweedie 28UH, MERTE

normal_link_function &
link_function_type % POWER A JEH,
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K 131: gle WA (W4E

gle W% 8 RS
tweedie_param & FE RS RS BUE, (EEAR
dist_link_combination & &%
TweedieIdentity &
link_function_type % TWEEDIE HJ1%
o
use_predefined_inputs i FE R B SR 2 s 7% A i ALY
N (true) IBEHKH
fixed_effects_list HIMEN (false),
model effects list sEMEL W use_predefined_inputs % false,
FHTE 2 F B RS ARSL AY is A AR
use_intercept it WK true (FHRE) , HIAFEEDE AR
W,
regression_weight_field |##fi FHAE A AR 2 AR L
use_offset None e fe @ lmie. 18 None FoRAfE LA
[V
Value
Variable
offset_value 7 R mZRE (W use_offset &4
offset_value) .
offset_field it YA R mAERINAL (05 use_offset %%
offset field) ,
target_category_order Ascending MR EAERHE T, THEX(ESZ Ascending,
Descending
inputs_category_order Ascending FRHITEAMERHE T, THR{ERZ Ascending,
Descending
max_iterations B HAEEAFPUTHEBRRE LR, AFEEREE;
FHEL(EZ 100,
confidence_level 7 FHA BT AR AR B 5 R A S HE R E R
R RAEA 100, THRMEA 95,
test_fixed effects _coef [Model SHE S S HE L BRI 7 15,
fecients
Robust
detect_outliers TR B2 true I, THEIEGSHERZ HA i DASH
HIRRE i i 2 R A,
conduct_trend_analysis |/t B2 true IR,  (Hye B2 @ S s 417 V- I [ i P

£

%13 = EEEHIENE 237



* 131: gle BA (#48)

gle W&

=1

WA S

estimation_method

FISHER_SCORING

NEWTON_RAPHSON

TR AR LU FHE R I,

HYBRID
max_fisher_iterations i1 BAREHE ERR QNS4 H FISHER_SCORING
estimation_method) . &/IMEAO0, &K
fE% 20,
scale_parameter_method MLE feE EHR I RES BT,
FIXED
DEVIANCE

PEARSON_CHISQUARE

scale_value L %% scale_parameter_method i &%
Fixed KAl F,

negative_binomial_metho | . feE B AR —EEEh 2 8 7T,

d FIXED

negative_binomial_value |&(F %% negative_binomial_method i &%
Fixed KAl A,

non_neg_least_squares i BOPITIEAR/INER T, TER(ER
false,

use_p_converge TR SR AENEIH,

p_converge #Hr =H, SEMIERE,

p_converge_type JEAE True = Absolute, False = Relative

use_l_converge TR HEU OISR & 0T,

1_converge L Z=H, ST EEE,

1_converge_type A True = Absolute, False = Relative

use_h_converge JiEASE Hessian R & 1VEIH,

h_converge v =Y, s EEE,

h_converge_type i True = Absolute, False = Relative

max_iterations B BRI TR EBRRE IR, JEa(EREE;
FHEL(EZ 100,

sing_tolerance BE

use_model selection A U 2 B B AR A I 7 A I,

method LASSO fifeE T F AR B 1 77 1k (A SRAE

ELASTIC_NET
FORWARD_STEPWISE
RIDGE

Ridge, AREMEEIERMTTE) .
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K 131: gle WA (W4E

gle W&

=1

WA S

detect_two_way_interact
ions

{H% True I, RALKE B B AL
AU IaI %2 B,

EEBAR A TFE (BN, fEHREMARES(T
Al = B UERRE ) i HLATI®E method 2% (A
A, Lasso BEHEIHAIASIE, A MERZROR Il
TH,

automatic_penalty_param
s

B Y% method 7 Lasso Y584 RE i
AR H

A58 FH AL R BCRT DA A\ B Lasso B 58t 1 A0 4
BT IR F 28

GNSR(ER True, JRESREMTERE, WIR(E
% False, JRESFHONFI 28, f HATDACE
UNEEILIES

lasso_penalty_param

{EEHAIEE method /2 Lasso ¢ Elastic Net
Wi H automatic_penalty_params J&

False FiA R, 7 Lasso f5E & 28E,

elastic_net_penalty_par
aml

{EE A2 E method /2 Lasso 5¢ Elastic Net
if H automatic_penalty_params &
False AR A, AR 28 1 faE Sl
28U,

elastic_net_penalty_par
am2

EEBRAER method J& Lasso 5 Elastic Net
iff H automatic_penalty_params &
False KA RIH, #4282 f57E &
SWUHE,

probability_entry

{EEIEE method /& B MG KA AT
. STEIRUEGEN, 187 f HistB¥ERIRREE
ke,

probability_removal

EEEEY) method 2 ARG KA ]
. SHEUERRER, 157E f Fiat EEQINEEE
K HE,

use_max_effects

JEA

HEIERA method 2 TBAMIAT) KA ]
Ho

A max_effects #HlH,

E{E# False Ik, s AYTHARSEEBIES
JRTR A AG R R ) AT R

max_effects

TR (B AR L 7T IR IR R ROR B B
PRo

use_max_steps

RO max_steps % HHlEH,

E{E” False Ik, THRRADBREUESRIZMG
R TR PR S05 R ) = A T S A

%13 = EEHIENE 239



& 131: gle NA (#48)

gle W& {i N

max_steps B fere B Mgz method RS TIY B
R B ¥

use_model_name s e R E S A1 HE] 408 (true) B2
FRRMESNSLHE (false), THRES
false,

model name string W5 use_model_name % true, HIfEEHE
i FH AR 44 7

usePI A WREL true, HEIGEHEFERIMEE B,

kmeansnode I&

K-Means Hiii &R R EZIAFRH (B8 o W7 RERECREEH,

(% AFalaB A iia e, DUFRBHEETD, DR R RMERT, k-
means i FRE 2 F EVEF BB AURE e AR AR SR i A A7 SR AV AUAR, T A2 B el THRIAS
xR

ify)
node = stream.create("kmeans", "My node")

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("inputs", ["Cholesterol", "BP", "Drug", "Na", "K",
"Age"])

# "Model" tab

node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "Kmeans_allinputs")
node.setPropertyValue("num_clusters", 9)
node.setPropertyValue("gen_distance", True)
node.setPropertyValue("cluster_label", "Number")
node.setPropertyValue("label_prefix", "Kmeans_")
node.setPropertyValue("optimize", "Speed")

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("stop_on", "Custom")
node.setPropertyValue("max_iterations", 10)
node.setPropertyValue("tolerance", 3.0)
node.setPropertyValue("encoding_value", 0.3)

& 132: kmeansnode N&

kmeansnode N% i WA A

inputs [field1 ... fieldN] K-means &AITE— 2258 ARAL_EFAT
BEONT, (HMAEH BEMN. g
S FHINAERN BRI, FE2RE 191 5
B T— B g Ay 28, DEYS

HZ .
num_clusters &S
gen_distance TR
cluster_label String
Number
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K 132: kmeansnode WA (#4&

kmeansnode % 1H P
label_prefix string
mode Simple
Expert
stop_on Default
Custom
max_iterations B
tolerance W
encoding_value ey
optimize Speed FZRAETE B 5 sz i LR AR A DA
o P B TR
Memory

kmeansasnhode NZ&

K-Means /& i IS EHE L —,

E R R SRR TR OE R,

K SPSS Modeler HJ K-Means-AS HiZ4 7t Spark HEE, 155 K-Means IHEEAFEA
&k, 5528 https://spark.apache.org/docs/2.2.0/ml-clustering.html, FEER, K-
Means-AS &i#h & #H 5 R 28 B 8131 T One-Hot #wiis,

& 133: kmeansasnode NE

kmeansasnode % =1 WA

roleUse string T predefined DAM#FHTESCE A
t, BEE custom DUEH B ETHEAHS
IR, FER{EZ predefined,

autoModel AFK FE3E true DASFERHTE A BRTE o ML i
F 7R %8 ($S-prediction), =kfs
i€ false DAMEF HEI &M, THREZ
true,

features ic v H roleUse WARLA custom IR, i
IR 24 Fil S B

name string H autoModel W& A false Rf, #T
EELE IR MR Y 4 R

clustersNum B TRV R EY, THRES 5.

initMode string AR E AR, PIRERE A K-
means| | 8¢ random, THZ(EZ k-
means| |,

initSteps B H initMode &4 k-means| | FREYED
RE e EREL, THEESE 2,

advancedSettings bk F8E true AME NHIUMENARIH, TH
H{EHSE false,
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&K 133: kmeansasnode NBA (4&48)

kmeansasnode W% & WA EH

maxIteration i FREBEEENR BB, FHERES
20,

tolerance string HZRAZIEBARRASE, PIRERYRRE 2
1.0E-1, 1.0E-2, ... 1.0E-6, TH
{82 1.0E-4,

setSeed bk € true DAMEH HEThEMMRE 7, FEX
B2 false,

randomSeed S H setSeed NA A true Rl HETREMH
T

knnnode NZ&

k- BB PR TEL (KININ) 6 15 B 5 (L B o 21 R s ] o B LA AR ) e A1) A O R

:-: MEE (Hr k2580 , HEPIVBSHEG LA, HENBSIERE LR,
i
node = stream.create("knn", "My node")
# Objectives tab
node.setPropertyValue("objective", "Custom")

# Settings tab - Neighbors panel
node.setPropertyValue("automatic_k_selection", False)
node.setPropertyValue("fixed_k", 2)
node.setPropertyValue("weight_by_importance", Tzrue)
# Settings tab - Analyze panel
node.setPropertyValue("save_distances", True)

&K 134: knnnode B
knnnode W% 18 M2 EA
analysis PredictTarget
IdentifyNeighbozrs
objective Balance
Speed
Accuracy
Custom
normalize_ranges i
use_case_labels JiEASE FHAR U R — (S TE Y A8 HE,
case_labels field it v
identify_focal_cases T FHA A R — (I TE 1) 2 AE
focal_cases_field it A
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&K 134: knnnode WA (4

knnnode W% 1H M
automatic_k_selection i
fixed k = HEE automatic_k_selectio %
False REA U,
minimum_k = HEE automatic_k_selectio %
True REA A,
maximum_k =
distance_computation Euclidean
CityBlock
weight_by_importance JiEAZE
range_predictions Mean
Median
perform_feature_selectio |JftZ

n

forced_entry_inputs

[field1 ... fieldN]

stop_on_error_ratio

number_to_select B

minimum_change ey

validation_fold_assign_b | X

y_field

number_of_ folds = HEE
validation_fold_assign_by_£fie
1d % False WA RUH

set_random_seed JiEASE

random_seed B

folds_field LA HAH
validation_fold_assign_by_£fie
1d % True KA A

all_probabilities TR

save_distances i

calculate_raw_propensiti |jEFE

es

calculate_adjusted_prope |JftZ

nsities

adjusted_propensity_pazrt |Test

ition

Validation
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kohonennode &

Kohonen Hfif & A —REAHACAEIS, IHpRAgA

S P PO S R e SR B 25 2 L

= Mo HEAHEEIARTE R, FHARTRC IR AE i ) e rp B i SR R 22 BORHYRC IR A
- IR, fan] DO B & R [ R mh £ 18] B P i BB 2 O R A AR Y

BT, SRR RN EBE A PR

#Hi 3l

node = stream.create("kohonen", "My node")
# "Model" tab
node.setPropertyValue("use_model_name", False)

node.setPropertyValue("model_name", "Symbolic Cluster")

node.setPropertyValue("stop_on", "Time")
node.setPropertyValue("time", 1)
node.setPropertyValue("set_random_seed", True)
node.setPropertyValue ("random_seed", 12345)
node.setPropertyValue("optimize", "Speed")

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("width", 3)
node.setPropertyValue("length", 3)

node.setPropertyValue("decay_style", "Exponential")

node.setPropertyValue("phasel_neighborhood", 3)
node.setPropertyValue("phasel_eta", 0.5)
node.setPropertyValue("phasel_cycles", 10)
node.setPropertyValue ("phase2_neighborhood", 1)
node.setPropertyValue("phase2_eta", 0.2)
node.setPropertyValue("phase2_cycles", 75)

&K 135: kohonennode A
kohonennode W% {11 W2
inputs [field1 ... fieldN] Kohonen A5 F i ARRAZHYTE R, (H
NMEFABE. A REZER R
. FHZRHE 191 HIY T— Mo,
W) T8, DESHEZER,
continue i
show_feedback TS
stop_on Default
Time
time L&
optimize Speed FZRAEE B 5 IE s i R A B DR
1R TR B IR R
Memozry
cluster_label TS
mode Simple
Expert
width L&
length BT
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X 135: kohonennode NA (#4&

kohonennode W% 1H WA
decay_style Linear
Exponential

phasel_neighborhood &

phasel_eta e

phasel_cycles &S

phase2_neighborhood Hr

phase2_eta L&z

phase2_cycles B

linearnode %A

AR AR R R AR B DAL TR < R O AR MBS PR T 26 A

#ify

node = stream.create("linear", "My node")

# Build Options tab - Objectives panel

node.setPropertyValue("objective", "Standard")

# Build Options tab - Model Selection panel
node.setPropertyValue("model_selection", "BestSubsets")
node.setPropertyValue("criteria_best_subsets", "ASE")

# Build Options tab - Ensembles panel
node.setPropertyValue("combining_rule_categorical", "HighestMeanProbability")

K 136: linearnode A

linearnode W% 18 M2 ERA
target iz A e B — H AL,
inputs [field1 ... fieldN] B A (58 FH B PRI (E RS
continue_training_existi [JjffZ
ng_model
objective Standard psm AR ENERIEE, BB AR
AR,
Bagging
Boosting
psm
use_auto_data_preparatio %
n
confidence_level L&
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X 136: linearnode WA (448)

linearnode W% 1H WA
model_selection ForwardStepwise
BestSubsets
None
criteria_forward_stepwis [AICC
e
Fstatistics
AdjustedRSquare
ASE
probability_entry L&
probability_removal BT
use_max_effects i
max_effects &S
use_max_steps i
max_steps L&
criteria_best_subsets AICC
AdjustedRSquare
ASE
combining_rule_continuou [Mean
s
Median
component_models_n &S
use_random_seed i
random_seed L&
use_custom_model_name JiEASE
custom_model name string
use_custom_name A
custom_name string
tooltip string
keywords string
annotation string
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linearasnode &

AR B S R AR A B — 18 DA_E RN ) RO AR PERR (R AR T TS 26 H AR

K 137: linearasnode N&

linearasnode W% 1H A
target it A i€ B — BN,
inputs [field1 ... fieldN] FETR {6 FH ) PRI ELARI AN
weight_field RRAL AU F B AR L
custom_fields i THE(E 2 TRUE,
intercept TR THER{EE TRUE,
detect_2way_interaction |JfiZ EAEEEN ), FEXER TRUE,
cin #Hr s B RE S 5TV B R,
FEE—MEAIAR 0 H/Vik 100 BB, THER
fE2 95,
factor_order ascending FEFETERER . THRER
ascending,
descending
var_select_method ForwardStepwise BUEFHEALEE T, THRER
ForwardStepwise,
BestSubsets
none
criteria_for_ forward_ste [AICC FH ATl 7 JEE [m A 28 Hh iy B K T 1R R A
pwise BRI R R BRI SR E R, THREZ
Fstatistics AdjustedRSquare,
AdjustedRSquare
ASE
pin 7 A AR T B/ DRI FEE pin B
FUERE/N p EINE, THRES
0.05,
pout L& R R BA AR IS E pout B
FUER p [HAIVEIUE, TERAEA
0.10,
use_custom_max_effects A B A EREAIRER ERAER, TH
#fE/Z FALSE,
max_effects By B R AR A AR B E R,

TEREZ 1o

%13 = EEHIEINE 247



2 137: linearasnode WA (M4&
linearasnode W% {11 REaE
use_custom_max_steps Jiivics EOA LR ERES, FHEREZ
FALSE,
max_steps ez S AR I 2 R L RR AR, TH
BAESE 1o
criteria_for best_subset |AICC FUFRHEER X, THEREZ
S AdjustedRSquare,
AdjustedRSquare
ASE
iy
logregnode NE
R 2 — RSN, B RITRRE AR A E B RO ROE T 0 B, BRI
ra B, AEERFAEEE B AR AL T A BUE S,
EZLBaw ]|
node = stream.create("logreg", "My node")
# "Fields" tab
node.setPropertyValue("custom_fields", Tzrue)
node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["BP", "Cholesterol", "Age"])
node.setPropertyValue("partition", "Test")
# "Model" tab
node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "Log_reg Drug")
node.setPropertyValue("use_partitioned_data", True)
node.setPropertyValue("method", "Stepwise")
node.setPropertyValue("logistic_procedure", "Multinomial")
node.setPropertyValue("multinomial_base_category", "BP")
node.setPropertyValue("model_type", "FullFactorial")
node.setPropertyValue("custom_terms", [["BP", "Sex"], ["Age"]l, ["Na", "K"I11)
node.setPropertyValue("include_constant", False)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("scale", "Pearson")
node.setPropertyValue("scale_value", 3.0)
node.setPropertyValue("all_probabilities", True)
node.setPropertyValue("tolerance", "1.0E-7")

# "Convergence..." section
node.setPropertyValue("max_iterations", 50)
node.setPropertyValue("max_steps", 3)
node.setPropertyValue("l_converge", "1.0E-3")
node.setPropertyValue("p_converge", "1.0E-7")
node.setPropertyValue("delta", 0.03)

# "Output..." section

node.setPropertyValue ("summary", True)
node.setPropertyValue("likelihood_ratio", True)
node.
node.
node.
node.
node.
node.

setPropertyValue ("goodness_fit", True)
setPropertyValue("iteration_history", Txue)
setPropertyValue("history_steps", 3)
setPropertyValue("parameters", True)
setPropertyValue("confidence_interval", 90)
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setPropertyValue("asymptotic_correlation", True)




node.setPropertyValue("asymptotic_covariance", True)
node.setPropertyValue("classification_table", True)
# "Stepping" options
node.setPropertyValue("min_terms", 7)
node.setPropertyValue("use_max_terms", True)
node.setPropertyValue("max_terms", 10)
node.setPropertyValue("probability_entry", 3)
node.setPropertyValue("probability_ removal", 5)

node.setPropertyValue("requirements", "Containment")
ZIEHE
node = stream.create("logreg", "My node")

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Cholesterol")
node.setPropertyValue("inputs", ["BP", "Drug", "Age"])
node.setPropertyValue("partition", "Test")

# "Model" tab

node.setPropertyValue("use_model_name", False)

node.setPropertyValue("model_name", "Log_reg Cholesterol")
node.setPropertyValue("multinomial_base_category", "BP")
node.setPropertyValue("use_partitioned_data", True)
node.setPropertyValue("binomial_method", "Forwards")
node.setPropertyValue("logistic_procedure", "Binomial")
node.setPropertyValue("binomial_categorical_input", "Sex")
node.setKeyedPropertyValue("binomial_input_contrast", "Sex", "Simple")

node.setKeyedPropertyValue("binomial_input_category", "Sex", "Last")
node.setPropertyValue("include_constant", False)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("scale", "Pearson")
node.setPropertyValue("scale_value", 3.0)
node.setPropertyValue("all_probabilities", True)
node.setPropertyValue("tolerance", "1.0E-7")

# "Convergence..." section
node.setPropertyValue("max_iterations", 50)
node.setPropertyValue("l_converge", "1.0E-3")
node.setPropertyValue("p_converge", "1.0E-7")

# "Output..." section

node.setPropertyValue("binomial_ output_display", "at_each_step")
node.setPropertyValue("binomial_goodness_of_fit", True)
node.setPropertyValue("binomial_iteration_history", True)
node.setPropertyValue("binomial_parameters", True)
node.setPropertyValue("binomial_ci_enable", True)
node.setPropertyValue("binomial _ci", 85)

# "Stepping" options
node.setPropertyValue("binomial_removal_criterion", "LR")
node.setPropertyValue("binomial_probability_removal", 0.2)

7 138: logregnode W&
logregnode W% {[:1 RS

target LiETIVA R i AR 5 S — ] AR L DA S —
(FEEZEL PN (VN A C IR EI I
REMIAL, FE2R%E 191 HRY T—figE
RERNEY T, DS EZEH.

logistic_procedure Binomial
Multinomial
include_constant JiEAS
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2% 138: logregnode WA (448)

logregnode W% {11 RS
mode Simple
Expert
method Entexr
Stepwise
Forwazrds
Backwards
BackwardsStepwise
binomial_method Enter
Forwards
Backwards
model_type MainEffects ¥ FullFactorial 5% A Aa 7
IRf, BIfiteE FeuTHERITIR, ST
FullFactorial BT ARG HIT, TR Enter
Jitke
Custom 5 s T S e
AN SR AR %% Custom, {HR
FaE EETHINAL, RIGREE S 3R,
custom_terms [[BP Sex][BP][Age]]
multinomial_base_categor |string FaOE QR e 2 BRI,
y
binomial_categorical_inp |string
ut
binomial_input_contrast |Indicator MM AN S RIS, HRfsEw
fare i L3
Simple
Difference
Helmert
Repeated
Polynomial
Deviation
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2% 138: logregnode WA (448)

logregnode W% {11 RS
binomial_input_category |First BREEMANSRIENE, HRfE
TE QAT E 2 REFE S,
Last
scale None
UserDefined
Pearson
Deviance
scale_value &S
all _probabilities TR
tolerance 1.0E-5
1.0E-6
1.0E-7
1.0E-8
1.0E-9
1.0E-10
min_terms &
use_max_terms i
max_terms &S
entry_criterion Score
LR
removal_criterion LR
Wald
probability_entry e
probability_removal ez
binomial_probability_ent |#(¥F
ry
binomial_probability_rem |#(F

oval
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2% 138: logregnode WA (448)
logregnode W% {11 RS
requirements HierarchyDiscrete
HierarchyAll
Containment
None
max_iterations /&2
max_steps B
p_converge 1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
0]
1_converge 1.0E-1
1.0E-2
1.0E-3
1.0E-4
1.0E-5
0]
delta BT
iteration_history TR
history_steps ez
summary TR
likelihood_ratio TR
asymptotic_correlation TR
goodness_fit TR
parameters TR
confidence_interval &S
asymptotic_covariance TR
classification_table JiEASE
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2% 138: logregnode WA (448)

logregnode W% {11 RS
stepwise_summary TR
info_criteria i
monotonicity_measures TR

binomial_output_display

at_each_step

at_last_step

binomial_goodness_of_fit

binomial_parameters JiEASE
binomial iteration_histo |jEf=
ry
binomial_classification_ |JfiZ
plots
binomial_ci_enable i
binomial ci &S
binomial_residual outliers
all
binomial_residual_enable | i
binomial _outlier_ thresho |&(F
1d
binomial classification_ |#(F
cutoff
binomial_removal criteri |LR
on
Wald
Conditional
calculate_variable_impor |
tance
calculate_raw_propensiti |jEFE

es

Isvmnode N%&

. EEARE SRR AR (LSVM) BilRl, &n] DURFEDRL ) Ry M REAH, T 5 18 T
2 LSVM 242 1ERY, f H el ABRBERERAL A, Hlani S RERaRr BRI,
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% 139: [symnode RA

lsvmnode W% 1 M
intercept TR TR R SR, THEE R
True,
target_order Ascending oG R EH Y. BES
B, A4 RnstIE, THEREZ
Descending Ascending,
precision 7 E1E E AL AT & = IR 2

Continuous RHHfH, e Bl
JIFERRNBUR AR 28, &
/IMEZ 0, THRARKNE, FHRAH

A 0.1,
exclude_missing_value |jfiZ B A True IR, WREE—(H
s BIW, ABERHERREC SR, THREZ

False,
penalty_function L1 fEE A A 2 &1 R B e Y, 7H

BAE Ay L2,

L2
lambda L /&2 & (EHI) 280
calculate_variable im [jEf= ST A BSORH I B R A
portance TS B R — SR [ 2R 2R s B R TA

AR R A8 TR (EL O AH S
AR, BRIEERA SR TER
BEEEN (RhlEREHE AT SR
$aly) ATRETR EACH IR, B
BEARTER, RN o T e e
AR NG PR, R E A
1B PR R R T B,

neuralnetnode &

B MR I TP IR B T BoA B SR D RERHTARAS A M AS IR I B RS, M6 CE N —8 (neuralnetwork) FiE
f7/ia. B PRRT DAREF JeRT A ACE N BRI L 8, (BB Script B 2 A
ISR T SERTRARIR AN R A2 ],

ol

node = stream.create("neuralnet", "My node")

# "Fields" tab
node.setPropertyValue("custom_fields", True)
node.setPropertyValue("targets", ["Drug"])
node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
# "Model" tab
node.setPropertyValue("use_partitioned_data", True)
node.setPropertyValue("method", "Dynamic")
node.setPropertyValue("train_pct", 30)
node.setPropertyValue("set_random_seed", True)
node.setPropertyValue("random_seed", 12345)
node.setPropertyValue("stop_on", "Time")
node.setPropertyValue("accuracy", 95)
node.setPropertyValue("cycles", 200)
node.setPropertyValue("time", 3)
node.setPropertyValue("optimize", "Speed")

# "Multiple Method Expert Optlons" section

254 IBM SPSS Modeler 18.5 Python Scripting #1 H Ei{k. F-fiit



node.setPropertyValue("m_topologies", "5 30 5; 2 20 3, 1 10 1")

node.setPropertyValue("m_non_pyramids", False)
node.setPropertyValue("m_persistence", 100)

K 140: neuralnetnode RA

neuralnetnode W%

{H

WA

targets [field1 ... fieldN] MpER A | R — e 2 | H A
it (DAY e FEEZ(EL NG AN s o7l 4
SEERFINMERNL, 525 191 HINY
TR NG FE, DABUSE
E2-CiiB
method Quick
Dynamic
Multiple
Prune
ExhaustivePrune
RBFN
prevent_overtrain AR
train_pct e
set_random_seed JiEASE
random_seed v
mode Simple
Expert
stop_on Default =175
Accuracy
Cycles
Time
accuracy B F 1L FEHERE
cycles e A SRIEEREL
time & AR (8880 S
continue JHEAE
show_feedback JiEASE
binary_encode JiEAZE
use_last_model AR
gen_logfile i
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K 140: neuralnetnode NB (44&

neuralnetnode N% 1H WE ]
logfile_name string
alpha ez
initial_eta /&2
high_eta Wy
low_eta /&2
eta_decay_cycles B
hid_layers One
Two
Three
hl_units_one L&
hl_units_two /&2
hl_units_three B
persistence e
m_topologies string
m_non_pyramids JHEAE
m_persistence L&
p_hid_layers One
Two
Three
p_hl_units_one &S
p_hl_units_two &2
p_hl_units_three /&2
p_persistence e
p_hid_rate B
p_hid_pers e
p_inp_rate ez
p_inp_pers EIE2
p_overall pers L&
r_persistence BT
r_num_clusters B
r_eta_auto i
r_alpha ez
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K 140: neuralnetnode NB (44&

neuralnetnode N% 8 RS
r_eta e
optimize Speed FAARYE & 2 15 M % e A AL ASE A e DA
e B R R
Memozry
calculate_variable_impor |}fiZ ik HENABUR T AeRThRA Y
tance sensitivity_analysis W%, 4%
ZXIRENE, B
calculate_variable_importance
calculate_raw_propensiti |JjEfE
es
calculate_adjusted_prope |JjEfE
nsities
adjusted_propensity_part |Test
ition
Validation

neuralnetworknode %

\ FRAE AR ARG (S AR R S NI P B s 5 SR T R, AR A e AR
T;&_, TR BRI LUR ST S 3\ Sl B PR PEES BT, MRS 2 D RE s R Ry
— R BT, TR RV RIS B RIER R AT A A TR E

sl

node = stream.create("neuralnetwork",

# Build Options tab - Objectives panel
node.setPropertyValue("objective",

# Build Options tab - Ensembles panel
node.setPropertyValue("combining_rule_categorical", "HighestMeanProbability")

“My node")
"Standard")

K 141: neuralnetworknode NB

neuralnetworknode MN% fH WEE L]

targets [field1 ... fieldN] F&7E HAEMAL,

inputs [field1 ... fieldN] RS A P P L EL AR

splits [field1 ... fieldN Fa 72 R o HI A ) — B 2 ME AR,

use_partition

AR EE R FIEMAL, BRI R
ORIV R Rl Aok 7 351 [ A P S e e A

LN

continue

JEAR

R R A AR

%13 = EEHIEINE 257



X 141: neuralnetworknode WA (44&)

neuralnetworknode N% 1H WA
objective Standard psm FEARENE RIEE, BB ARey
AR,
Bagging
Boosting
psm
method MultilayerPerceptron
RadialBasisFunction
use_custom_layers i
first_layer_units /&2
second_layer_units L&
use_max_time JiEASE
max_time L/ &2
use_max_cycles A
max_cycles e
use_min_accuracy i
min_accuracy ez
combining_rule_categoric |Voting
al
HighestProbability

HighestMeanProbabilit
y

combining_rule_continuou |Mean
s
Median

component_models_n &
overfit_prevention_pct ez
use_random_seed i

random_seed L&
missing_values listwiseDeletion

missingValueImputatio
n

use_model_name

boolean

model name

string
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2 141: neuralnetworknode W& (#£#&)

neuralnetworknode N% 1H WA

confidence onProbability
onIncrease

score_category_probabili |JHiF

ties

max_categories e

score_propensity TR

use_custom_name i

custom_name string

tooltip string

keywords string

annotation string

questnode &

QUEST i RITR A BN DRSS AT — o0 387K, M5 TRR R AT H RO R
M C&R HIRASHE AT A T (U BEBEIRF ], (R IRF R Ik D AE - SRR AR S 75 TR rh 32 B A R 3
DA (w32 A5 A 28 B,  BAMOAT DURBUESEE O |, (HEEMA
RN, A R R —IE

QLEST

iRl
node = stream.create("quest", "My node")
node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
node.setPropertyValue("model_output_type", "InteractiveBuilder")
node.setPropertyValue("use_tree_directives", True)
node.setPropertyValue("max_surrogates", 5)
node.setPropertyValue("split_alpha", 0.03)
node.setPropertyValue("use_percentage", False)
node.setPropertyValue("min_parent_records_abs", 40)
node.setPropertyValue("min_child_records_abs", 30)
node.setPropertyValue("prune_tree", True)
node.setPropertyValue("use_std_err", True)
node.setPropertyValue("std_err_multiplier", 3)
& 142: questnode WA
questnode W% H W2
target it A QUEST #5452 — {18 E AZAR AL DA S — 1
B EEm AMRAL, 18R] DAFE & SR
i, sHZME 191 HIY T—BoREEEs
WAL T, DEISEZEH,
continue_training_existi [JjfiZ
ng_model
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7% 142: questnode WA (#48)

questnode W% {11 W2
objective Standard psm FERENE RIEE, BB Akey
AR,
Boosting
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives i
tree_directives string
use_max_depth Default
Custom
max_depth By RHAREE IR LRR, 1€ 0 %] 1000, f#
1f use_max_depth = Custom Ff#
H.
prune_tree TR ] Xt A s e AR 97368 JEE IR 15
use_std_err JEEASE E_Jﬂ mr (TEARMESEERT) AHEARE
std_err_multiplier B RKER,
max_surrogates 7 ISP N RELEL |
use_percentage TR
min_parent_records_pc &
min_child_records_pc L&
min_parent_records_abs L&
min_child_records_abs B
use_costs A
costs sEELL SRR
priors Data
Equal
Custom
custom_priors sl SEREE N
adjust_priors TR
trails B HEFHIEER B B EE AR SR R BB

Ho
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& 142: questnode WA (##&)

questnode W% {11 RESLL
set_ensemble_method Voting YEAI H AR TR A S A,
HighestProbability

HighestMeanProbabilit
y

range_ensemble_method Mean JHAE H AR THRRAS SRR A,
Median
large_boost TR HHEFHEER B AIE R,
split_alpha BT FAIR o BB M S %o
train_pct #Hr T R 5 TER B
set_random_seed A POEs 4G L TH,
seed e
calculate_variable_impor |
tance
calculate_raw_propensiti |jHEFE
es
calculate_adjusted_prope |JftZ
nsities
adjusted_propensity_pazrt |Test
ition
Validation

randomtrees &

H AR e B A A AR

REME RIS ) ERRREOUN BT A K C&RT HiRG; A,
7 PR BR BT EERL DU N7 B —fef{R A5 R, & /F SPSS Modeler 25 17 R -7 A
IREMEAHTIRAS I ) BRI A AL A AT DABIR A S8 T 7

MR IR A ) ERGRseat

P SAR R AS,  EEE AP BRI AR R RAMIRE, 5 IA/HIE
B o D 1 A SRR i 1 20 22 AT 18 B, U SRR AR At L (1 B G ) e R B R (EL AT Y AR

WAL — (AR E AR, JIRER R 50 S A HT R A A AR

H AR LA AR AL ] U2 B8

(EFREE SR (R, F8EE) Mh; Araa#RE —ooh ClEmE i

I%E) o

K 143: randomtrees NA

randomtrees W&

{E

WS

target

Hafz

£ TRERERIRASHE ) B, BRAUTE
Rl AR 7 DA R — 8 i 2 {1 iy A A

i, IEA]LAFEESARMNL, FH2RE
191 By TS REBN Ay T,

DA HE 2 B Al

number_of models

FfEAE S E AR R R B A P A ST AR ]
¥,
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X 143: randomtrees WA (448)

randomtrees W% {i W2
use_number_of_predictors | X HEE f& A (6
number_of_predictors,
number_of_predictors BE FEE TR N7 7y B A R L F A P
#H,
use_stop_rule_for_accura [JfiZ W E ARG AR MR B S 1R A A
cy #E,
sample_size ey T/ INFLAE RT DARE 8 B KB R R R Y
LYGIER
handle_imbalanced_data i WA B SR R E I EAEAS R, A
HArsah R B AE P 7 45 SRR LL B HE &
/N, ARERERER AN E R B AR R
PRI B IR E B 0] RE & R B YRS
W, RUHAESERER, DAUER
TR P 7 A SR HP 4 B A L B350 4o i
A BRI,
use_weighted_sampling A %y False IRf, TS Efi%5 B EUR AR —
BERPEMIEITIEE, & True If, &%
SERESOEE 1 TRE R ML T R AT SR E
max_node_number B DS ERHRE P NSRS E L
FRo AN R — ko HIRp i s 8T,
HR BB AR S5 1 R TR 1L
max_depth BE BREERE R A 1 2 BT AR R SRR IR
R
min_child_node_size B HEE 77 BB} i85 2 B A ET TS B R 7 AE
FRFRECEEL, AR T EBs a & Bk
ORI ETEENEHE, IREAGSH
REFES
use_costs i
costs LERE(L LN, A2 3 EENEE: &8
BRE. TERMEARRA (ANSREZTHEIES
) o fln:
tree.setPropertyValue("costs",
[["drugA", "drugB", 3.0], ["drugX",
"drugY", 4.0]])
default_cost_increase none S (% B E R
linear TE FAS R e HR 35 E THE(EL
square
custom
max_pct_missing B W SRAT A A B R E TS B 2 bLE

WEEREE, APEASFHERRILEA .
R0, LR 100,
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X 143: randomtrees WA (448)
randomtrees W& & M SH

exclude_single_cat_pct B AR HAE R E AR AVEC R & 7 e =R
HERTEE IME, FRBEAF A b HE
PRESEMIAL, B/IMEA 1, BREA
99,

max_category_number BE AR AR EGEIE T IE, AR
PERRRIEENT TP HERR R, B/ ME A
2,

min_field variation L& Q0 SR A A 7 ) 5 BB B N U
1, HBESKACALTY B A HEBR AR A7

num_bins k29 (LR A A N A AR IB I R
o B ANESEER (5
4 B %EIEA 2, 4, 5, 10, 20,
25, 50 8¢ 100,

topN g FEE B ERHEAEE, TERES
50, m/IMEA 1, wmAEZA 1000,

regressionnode NA

AR B — R — RS RHEURT,  FTEIBACE EARSGR I A R AR ESTTRR, ¢
| TTTE 7 TEN i i 1 5 o £ L < ) ) 22 3R s M

sk FEARCRRYEEATRRS, EERTTR) RGBS TARE) Sl BRIMTESRICHEMEN S B MR iR
AR,

il

node = stream.create("regression", "My node")

# "Fields" tab
node.setPropertyValue("custom_fields", Tzrue)
node.setPropertyValue("target", "Age")
node.setPropertyValue("inputs", ["Na", "K"])
node.setPropertyValue("partition", "Test")
node.setPropertyValue("use_weight", True)
node.setPropertyValue("weight_field", "Dxrug")

# "Model" tab
node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "Regression Age")
node.setPropertyValue("use_partitioned_data", True)
node.setPropertyValue("method", "Stepwise")
node.setPropertyValue("include_constant", False)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("complete_records", False)
node.setPropertyValue("tolerance", "1.0E-3")

# "Stepping..." section
node.setPropertyValue("stepping_method", "Probability")
node.setPropertyValue("probability_entxy", 0.77)
node.setPropertyValue("probability_removal", 0.88)
node.setPropertyValue("F_value_entry", 7.0)
node.setPropertyValue("F_value_removal", 8.0)

# "Output..." section
node.setPropertyValue("model_fit", True)
node.setPropertyValue("r_squared_change", True)
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node.setPropertyValue("selection_criteria", True)

node.setPropertyValue("descriptives", True)
node.setPropertyValue("p_correlations", True)

node.setPropertyValue("collinearity_diagnostics", True)
node.setPropertyValue("confidence_interval", True)

node.setPropertyValue("covariance_matrix", True)
node.setPropertyValue("durbin_watson", True)

2% 144: regressionnode NA

regressionnode W% {11 W2 EH
target it A T B A A 5 22— (18] E AR AL DA S — {3
ZAEE AL, 1B AT DS E IIRERR AL,
FH2REE 191 BN T— R igs N
A FE, DBISEZE,
method Enter
Stepwise
Backwards
Forwards
include_constant JiEASE
use_weight TR
weight_field A
mode Simple
Expert
complete_records TR
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2% 144: regressionnode A (44&)

regressionnode W% {11 W2
tolerance 1.0E-1 aH I FEE 5| 950 5 | B AR,
1.0E-2
1.0E-3
1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
1.0E-9
1.0E-10
1.0E-11
1.0E-12
stepping_method useP useP : fliff F#R(E
useF useF: ffif F{HE
probability_entry ez
probability_removal #Hr
F_value_entry B
F_value_removal 7
selection_criteria i
confidence_interval i
covariance_matrix i
collinearity_diagnostics [JfZ
regression_coefficients |jfiZ
exclude_fields A
durbin_watson i
model fit i
r_squared_change i
p_correlations JiEASE
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2% 144: regressionnode A (44&)

tance

regressionnode W% {11 RESLL
descriptives TR
calculate_variable_impor |

sequencenode N&

A iR PTIRZR A R B G B R R OB, 812 — R AIa] RE & DA

=T T-T T3
THTEEE

*Q [==n) A
el EIZHE

KBTI,
ol

node = stream.create("seq
# "Fields" tab

node.setPropertyValue("id
node.setPropertyValue("co

node.setPropertyValue("use_time_field", True)
node.setPropertyValue("time_field",

node.setPropertyValue("co

node.setPropertyValue("partition",

## "Model" tab

node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name",

_field",

R TRRAIE SRR ARG, B, —EE 7 TRIZARK IR rTREAE N OUEY)

[R5l HiEREEEY CARMA BRI IR SR, (AR BT &

uence",
IIAgeII)
ntiguous", True)

ntent_fields",
"Test")

"My node")

"Datel")
[IIDIugII' IIBPII])

"Sequence_test")

node.setPropertyValue("use_partitioned_data", False)

node.setPropertyValue("mi
node.setPropertyValue("mi

n_supp", 15.0)
n_conf", 14.0)

node.setPropertyValue("max_size", 7)

node.setPropertyValue("max_predictions", 5)

# "Expert" tab

node.setPropertyValue("mode",
node.setPropertyValue("use_max_duration", True)

"Expert")

node.setPropertyValue("max_duration", 3.0)
node.setPropertyValue("use_pruning", True)

node.setPropertyValue("pruning_value", 4.0)
node.setPropertyValue("set_mem_sequences", True)
node.setPropertyValue("mem_sequences", 5.0)

node.setPropertyValue("use_gaps", True)

node.setPropertyValue("min_item_gap", 20.0)
node.setPropertyValue("max_item_gap", 30.0)

& 145: sequencenode NA

sequencenode W% fH A EaE L]

id_field LA HEEN T3l B RS E —
&l 1D RRAL DAK — {2 F RO RERIAR A2, DA
Je— B ZAE N BHROL, AN {5 FH e
FIAEZRMAL, SR 191 HiY T—i%
RN FE, DS EZE
o

time_field it A

use_time_field i

content_fields

[field1 ... fieldn]
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2 145: sequencenode WA (#48)
sequencenode % {11 W2
contiguous TR
min_supp &S
min_conf L&
max_size /&2
max_predictions L&
mode Simple
Expert
use_max_duration JiEAS
max_duration 7
use_gaps TR
min_item_gap &S
max_item_gap L&
use_pruning TR
pruning_value L&
set_mem_sequences TR
mem_sequences B

slrmnode NZ&

B IR BB (SLRM) BB a] AR B — AR, Horp B — il s (e el D Bp Bl

:ﬂ {ECAT P AR EE TP A AR T A6 (50 P P A el A
#if
node = stream.create("slxm", "My node")
node.setPropertyValue("target", "Offer")
node.setPropertyValue("target_response", "Response")

node.setPropertyValue("inputs", ["Cust_ID", "Age", "Ave_Bal"])

X 146: slrmnode N&

slrmnode W% & WA EH
target ML E AR 5 ZE R A A4 R B AR T o

AT DA ESHRMIAL, 552 BE5E 191
HY TR RN Ay 8, DU
FHEZEM,

target_response it VA R E R AT

continue_training_existi |[jfiZ
ng_model
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K 146: slrmnode WA (#48)

slrmnode W% {11 RS
target_field_values TR ERER R E 2R IR 2 E,

fEE: EBUTHRRIE,

target_field_values_spec |[[fieldl... fieldn]

ify

include_model_assessment |jEiZ

model_assessment_random_ | #(F EEBEE

seed

model_assessment_sample_ |#(¥F WEBERL,

size

model assessment_iterati |B(F BACIREL,

ons

display_model_evaluation [JjfiZ

max_predictions BT

randomization e

scoring_random_seed &S

sort Ascending feE SR I s LT H 1B 25T

AR BLEIE H

Descending

model_reliability AR

calculate_variable_impor |jEfE
tance

statisticsmodelnode N%&

o~ Statistics #% HiRL 8 RESTE B S T4 X PMML [ IBM SPSS Statistics #2720l
s BRIRERL, HEIESTEE IBM SPSS Statistics FIRZHEEIA,

BRELEHE NG, 2B 380 HAY [statisticsmodelnode WA o

stpnode &

“ ZE[H- IR TER (STP) iR S A B ERL, FRHE ARG (FRRMED | ReRRAAN
‘:J HEAATRRL,  SHEAIEABIEERS, FARARAE R E R S ETERN TR
He DHTERZIR, ERHRED R E R R NAEM AR, FERESE,

2 147: stonode A

stpnode W% BrPg RS

TRV A48

target LA It 2 EASHRAL
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2 147: stpnode WA (448E)

stpnode W& BrPgie W2
location it v WAL B, A ET A I
23 FEIRAL
location_label it v T8 2 LA i Y e P RO RERR L
FAEESE location AIIEHINAL
=
time_field i VA BRI IR AL, RAFHEHER
RGN EAINRAL, 0 EfE R0
RS, A, PR B e
(8
inputs [field1 ... fieldn] gy N 175 B
IR PRI R B 2R
interval_type_timestamp Years
Quarters
Months
Weeks
Days
Hours
Minutes
Seconds
interval_type_date Years
Quarters
Months
Weeks
Days
interval_type_time Hours FRAIEE N, STP AR EH A IR I FERE
(SR ENESS RPN /8
Minutes
Seconds
interval_type_integer Periods BRI P S A R e e R, AT

(EPRIRF RN, BB

7)

PRI SR B B 1 Ao
time_field HIMINZAYfEF R,
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2 147: stpnode WA (448E)
stpnode W& BrPgie W2
period_start L
start_month January ARG R Ay (Flan, o
e sy Maxch, [HEREEHRYE—
Februa %%ﬂﬁ%‘% January, RIS Bk
ety MIFIAERR, e H PG
R ) o
March
April
May
June
July
August
September
October
November
December
week_begins_on Sunday STP MR RN I RFHE R 5 [ 1L
S
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
days_per_week LET il BU/MER L, RK(ER 7, MRS
1,
hours_per_day L RITE R R G A NRE B, 2R
ILTHEEE 45 10, AR
day_begins_at R BHIAMMEIR
SIGFEE 10 fE/ N, SRIBBKE
day_begins_at {EMHERFI T~ —1E
(e
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2 147: stpnode WA (448E)

stpnode W& BrPgie W2
day_begins_at 00:00 BOE B B UG AR R 5 | RS LG/ N
&,
01:00
02:00
03:00
23:00
interval_increment 1 I B e S e, HIEHE
DOE T BRARIR R L TR
5 B K, s 30 HiEE
JEM & seconds, HIFEAUE4E 30
3 e RN —IRE5 |,
4
5
6
10
12
15
20
30
data_matches_interval ARtk WIERFLE 5 N, AR E R 2 —%

interval_type AR {E I
AURTETT,

MR EEAIEMEN, dE
interval_type DASATARIAHRRE:
TEELERHETRT, AR I e
# 'Y W] DARH I i s R S k)

HFILL B MERRE 2 Y R BRI AT 3R 5
PEIE,
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2 147: stpnode WA (448E)

stpnode W& BrPgie W2
agg_range_default Sum ICTE B PR A A EAE AR Y TE R SR
Bk, ARAMOSTEARIRES
Mean FR) P A5 SRR A ARSI £S5 FH I B S 7
TIEEITRE,
Min
Max
Median
1stQuartile
3rdQuartile

custom_agg

[[field, aggregation
method], []..]

B
[['x5'

'"FirstQuartile']['x4'
"Sum']]

SR LN
Script 2#(: custom_agg
fan:

set :stpnode.custom_agg =

I

[fieldl function]
[field2 function]
]

Hrp function EEEZMRAAL S
{6 FH 45T bR B

LA

include_intercept AR

max_autoregressive_lag g &/AME 1, BKES, HES L
BRENTRNeATLRE, ®
I, WRsEA 5, AREHE G
HIH 5 Wk BT TE, IR
BN ERHE T R BB & O
IR IR] A o AR A s A
HEATRE S R AR B R

estimation_method Parametric FHT s ] A L o e i 1 T T A Y
Ttk

Nonparametric
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2 147: stpnode WA (448E)

stpnode W& BrPgie W2

parametric_model Gaussian Parametric %L BRI
B2,

Exponential
PoweredExponential

exponential_power e PoweredExponential MR
RIGIR, B/MEA L, BAES
2,

max_missing_values R R TR A A B E R O SR
)RR E 53 b

significance e ASALE T R s el A R 1K
#, f8E STP BB EHEH R E HI
A (EEWEEGEA. EFAF
TR ARE T A AIRRE A,

o HH AR

model_specifications TR

temporal_summary it

location_summary JHEAZE PE TR EfE ) RIEEGOIALE
A

model _quality TR

test_mean_structure TS

mean_structure_coefficients |jEiZ

autoregressive_coefficients |

test_decay_space it

parametric_spatial_covarian |JHfZ

ce

correlations_heat_map TR

correlations_map JHEAE

location_clusters TS

similarity_threshold e BR—EESME, ERERE
1%, iR e, EE
i 2 B 2R

max_number_clusters B A AR AER A g i SR B
9 _EFR o

use_model_name TR

model_name string
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2 147: stpnode WA (448E)

stpnode W& BrPgie W2

uncertainty_factor BT B/MEA 0, RAEA 100, RE
ERERRTARIAEELE (85
iR MR, EETENN ERAR

FR
==y
svmnode R&
C SR FIEMER (SVYM) i, 7TLAFE R ZmifraH, mifessie EaGE, SVM AL
e BRBERIERL S, FIAARLE &6 K ARA B R,
i)
node = stream.create("svm", "My node")
# Expert tab
node.setPropertyValue("mode", "Expert")
node.setPropertyValue("all_probabilities", True)
node.setPropertyValue("kernel", "Polynomial")
node.setPropertyValue("gamma", 1.5)
& 148: svmnode N B
svmnode % {[1 M2
all_probabilities A
stopping_criteria 1.0E-1 DE 15 1 S AR AT SR IR A IR [
1.0E-2
1.0E-3 (default)
1.0E-4
1.0E-5
1.0E-6
regularization e R4 C 281,
precision /&2 ETE E AR A & R 2
Continuous R,
kernel RBF (FHEY) FHTA R Y A% 00 bR B SR,
Polynomial
Sigmoid
Linear
rbf_gamma B {81 kexrnel % RBF FFfHFH,

274 1IBM SPSS Modeler 18.5 Python Scripting #1 H Bi{L. F-ffit



K 148: svmnode NB (Ha4&

svmnode W& 1 M

gamma 7 {#7F kernel % Polynomial B¢
Sigmoid WA,

bias e

degree #r {#1F kernel % Polynomial Ff

fEH,

calculate_variable im |jEfZ
portance

calculate_raw_propens |jffZ
ities

calculate_adjusted_ Bﬁ‘ 2
propensities

adjusted_propensity_p |Test
artition

Validation

tcmnode N%E

Py o R A T IR 51 R R IR R R (KRR (R, TEMRF R K A, AT DA

B fEE— A BT ARG BRI — iR E N, MR, IERRY & B H R B S
O g T2 B H AR IR B B AR TR SR B (R e 2 B Ao
& 149: tcmnode WA
tcmnode M%F 1H WA
custom_fields bk
dimensionlist [dimension1 ... dimensionN]
data_struct Multiple
Single
metric_fields it {2
both_target_and_input [f1... fN]
targets [f1 ... fN]
candidate_inputs [f1... fN]
forced_inputs [f1... fN]
use_timestamp Timestamp
Period
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K 149: tcmnode WA (48)

tcmnode W& &

WA

input_interval None

Unknown

Year

Quarter

Month

Week

Day

Hour
Hour_nonperiod
Minute
Minute_nonperiod
Second

Second_nonperiod

period_field string
period_start_value B
num_days_per_week Gd e
start_day_of_week Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
num_hours_per_day L
start_hour_of_day B
timestamp_increments L1
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K 149: tcmnode WA (48)

tcmnode W%

1

WA

cyclic_increments

G i

cyclic_periods

HE

output_interval

None

Year

Quarter

Month

Week

Day

Hour

Minute

Second

is_same_interval

Same

Notsame

cross_hour

bk

aggregate_and_distribute

HE

aggregate_default

Mean

Sum

Mode

Min

Max

distribute_default

Mean

Sum
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K 149: tcmnode WA (48)

tcmnode W& {i WA

group_default Mean
Sum
Mode
Min

Max

missing_imput Linear_interp
Series_mean
K_mean
K_meridian

Linear_trend

None
k_mean_param B
k_median_param Gd 4

missing_value_threshold [#&#}

conf_level L
max_num_predictor B
max_lag B
epsilon ez
threshold B
is_re_est bk
num_targets L
percent_targets B
fields_display HE
series_display B

network_graph_for_target |fifk

sign_level _for_target L/ &2
fit_and_outlier_for_targ |fiftk
et

sum_and_para_for_target [fifk

impact_diag_for_target Tk
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K 149: tcmnode WA (48)

tcmnode W% 1H M
impact_diag_type_for_tar [Effect
get
Cause
Both
impact_diag_level_for_ta |%®#
rget
series_plot_for_target kR
res_plot_for_target bk
top_input_for_target Atk
forecast_table_for_targe |fitk
t
same_as_for_target bk
network_graph_for_series |fitk
sign_level_for_series v
fit_and_outlier_for_seri |fifk
es
sum_and_para_for_series [fifk
impact_diagram_for_serie |7tk
s
impqct_diagram_type_for_ Effect
series
Cause
Both
impact_diagram_level_for L
_series
series_plot_for_series Atk
residual_plot_for_series |tk
forecast _table for serie |#ikk
s
outlier_root_cause_analy bk
sis
causal levels T
outlier_table Interactive
Pivot
Both
IMSp_error 1tk
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& 149: tcmnode WA (#48)
tcmnode W% 1H M
bic BT
T_square Tk
outliers_over_time bk
series_transormation bk
use_estimation_period BN
estimation_period Times
Observation
observations THE
observations_type Latest
Earliest
observations_num B
observations_exclude B
extend_records_into_futu |fitk
re
forecastperiods L1
max_num_distinct_values |%&8{
display_targets FIXEDNUMBER
PERCENTAGE
goodness_fit_measure ROOTMEAN
BIC
RSQUARE
top_input_for_series bk
aic BT
rmse BT
ts N

_ TREEPA)) EEGE AR Py E R TE 8L, BE8E g SRR SR E) Y
(ARIMA), DA 258 ARIMA (SURBEHRKED AL SRIBE A ARAIRERTER], It
MRS BB SPSS Modeler 8 18 kAP EM@IAME SR TR FH1]) 6
B, (B2, teEsH TReRF%]) fiB5 S 1ERF IBM SPSS Analytic Server FURE 1A &2
HRE R, MifE SPSS Modeler 28 17 ki HH#T i Ao i HIAG AR 28 RE R 2B RUATASEEY,
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K 150: ts NB

ts W&

=1

WA

targets

LA

MR A1) s el
—EZE AR, BB
{5 P — B 2 el AR AL A
RIAHNE, AEREASER
NAERRGL, FE2H%E
191 HiY IO iR,
WS T, DESEZ
g%ﬂo

candidate_inputs

[field1 ... fieldN]

R FIT A A i A\ TR IE
L

use_period

date_time_field

HRIRL

input_interval

None

Unknown

Year

Quarter

Month

Week

Day

Hour

Hour_nonperiod

Minute

Minute_nonperiod

Second

Second_nonperiod

period_field Wz
period_start_value B
num_days_per_week B
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R 150: ts NB (HE4E)

ts W&

=1

WA

start_day_of_week

Sunday
Monday
Tuesday
Wednesday
Thursday
Friday

Saturday

num_hours_per_day

£ 14

start_hour_of_day

£ 14

timestamp_increments

By

cyclic_increments

Gl 4

cyclic_periods

HE

output_interval

None

Year

Quarter

Month

Week

Day

Hour

Minute

Second

is_same_interval

cross_hour

aggregate_and_distribute

HE
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R 150: ts NB (HE4E)

ts W& =1 WA

aggregate_default Mean
Sum
Mode
Min

Max

distribute_default Mean

Sum

group_default Mean
Sum
Mode
Min

Max

missing_imput Linear_interp
Series_mean
K_mean
K_median

Linear_trend

k_span_points B
use_estimation_period JiEASE
estimation_period Observations
Times
date_estimation HE EEEH
date_time_field W]
H
period_estimation 1HE {EE A use_period
RER]
observations_type Latest
Earliest
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R 150: ts NB (HE4E)

ts W% 1H WA
observations_num B
observations_exclude B
method ExpertModeler
Exsmooth
Arima
expert_modeler_method ExpertModeler
Exsmooth
Arima
consider_seasonal TS
detect_outliers JiEASE
expert_outlier_additive JiEAZ
expert_outlier_level_shift AR
expert_outlier_innovational TS
expert_outlier_level_shift i
expert_outlier_transient TS
expert_outlier_seasonal_additive TS
expert_outlier_local_trend JiEAS
expert_outlier_additive_patch JHEAR
consider_newesmodels TS
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R 150: ts NB (HE4E)

ts WA 1H P IH
exsmooth_model_type Simple fae THeECEEt. 7
%, TER{EZ Simple,
HoltsLinearTrend
BrownsLinearTrend
DampedTzend
SimpleSeasonal
WintersAdditive

WintersMultiplicativ
e

DampedTrendAdditive

DampedTrendMultiplic
ative

MultiplicativeTrendA
dditive

MultiplicativeSeason
al

MultiplicativeTrendM
ultiplicative

MultiplicativeTzrend
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& 150: ts WA (#E1E)
ts W% 1H WA
futureValue_type_method Compute GnEE A Compute, Hi
RGBS EFRIE
specify A TEMEARIE) TR
8 o
S —ETEHENE, AT
DATERR B B e (8
H. BICEESE. &
JE(H) sif#f specify
RFEBAME, L6 E
ERIRAGL S NE, wEEH
extend_metric_value
s W&, filan:
set :ts.futureValue_t
ype_method="specify"
set :ts.extend_metric
_values=[{'Market_1',
"USER_SPECIFY"',
[1l2l3]}l
{'Market_2', 'MOST_REC
ENT_VALUE', ''%,
{'Market_3', 'RECENT_P
OINTS_MEAN', ''%]
exsmooth_transformation_type None
SquareRoot
Naturallog
arima.p B
arima.d B
arima.q B
arima.sp B
arima.sd B
arima.sq B
arima_transformation_type None
SquareRoot
Naturallog
arima_include_constant JiEASE
tf_arima.p. fieldname B FH TR R
tf_arima.d. fieldname R FH TR i 4 bR B
tf_arima.q. fieldname B FATR 46 bR 8
tf_arima.sp. fieldname BB FATR 6 bR
tf_arima.sd. fieldname R FATR 6 bR Y
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R 150: ts NB (HE4E)

ts W% 1H WA

tf_arima.sq. fieldname B FATR 46 bR 8

tf_arima.delay. fieldname BB FATR 46 bR

tf_arima.transformation_type. None FH T 6 PR

fieldname

SquareRoot
NaturallLog

arima_detect_outliers TR

arima_outlier_additive TS

arima_outlier_level shift i

arima_outlier_innovational TS

arima_outlier_transient it

arima_outlier seasonal_additive JiEAZ

arima_outlier_local_trend i

arima_outlier_additive_patch TS

max_lags BE

cal PI TS

conf_limit_pct real

events RAL

continue TR

scoring_model_only TS VSNSRI SE| PN
(BrE ) Hsia,

forecastperiods B

extend_records_into_future TS

extend_metric_values it {2 WEFIE A TERNE TR AR 2R
fH,

conf _limits JiEAS

noise_res i

max_models_output B FH TP 25 il D i HH P RER Y
BRI B, TERAE R
10, GNERENZHIRERIAE
BEIEIE, AREEAIN
GRUREEL, BAyA]
FTR#ET
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timeseriesnode NZ& (B783%)

.' Bk HEGE TRRSES) EhiEETE SPSS Modeler 5 18 kb @I, i BEU %
S EFIF IBM SPSS Analytic Server BIRE I B ER A RIRTHTHY TRERF41 iS5,

R GG 2 IR R e IR RS E BT R L, AR E SRR S8 Ty
(ARIMA), DAN 288 ARIMA (siRBEHRRED B, R EERAGKEERITER, 1E
HRy ] o 1) i s < T ZEU T P T R

il

node = stream.create("timeseries", "My node")

node.setPropertyValue("method",

node.setPropertyValue ("exsmooth_model_type",

"Exsmooth")

"HoltsLinearTrend")

node.setPropertyValue ("exsmooth_transformation_type", "None")
& 151: timeseriesnode &
timeseriesnode W% i RS
targets i A TRERE 51 e PR
—oR 2 EAE, EEEM
o8 ] — B2 g AR
FTEIME, N HERHER
KhntERiRL, FE2REH
191 HFY TR A
N7 T, DHITEZ
Eiflo
continue TR
method ExpertModeler
Exsmooth
Arima
Reuse
expert_modeler_method TS
consider_seasonal JiEASE
detect_outliers JiEAS
expert_outlier_additive TS
expert_outlier_level_shift TS
expert_outlier_innovational TS
expert_outlier_level_shift TS
expert_outlier_transient it
expert_outlier_seasonal_additive JiEAS
expert_outlier_local_trend TR
expert_outlier_additive_patch TS
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K 151: timeseriesnode WA (#48)

timeseriesnode W% 1H P IH
exsmooth_model_type Simple
HoltsLinearTrend
BrownsLinearTrend
DampedTzend
SimpleSeasonal
WintersAdditive
WintersMultiplicativ
e
exsmooth_transformation_type None
SquareRoot
NaturallLog
arima_p B
arima_d B
arima_q L
arima_sp B
arima_sd B
arima_sq B
arima_transformation_type None
SquareRoot
Naturallog
arima_include_constant i
tf_arima_p. fieldname R FHTR 6 bR Y
tf_arima_d. fieldname B FH A5 R B
tf_arima_q. fieldname R FH TR 46 bR B
tf_arima_sp. fieldname R FH TR i 46 bR B
tf_arima_sd. fieldname B FHTAR SRR B
tf_arima_sq. fieldname BB FATR 6 bR
tf_arima_delay. fieldname R FHTR 6 bR Y
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K 151: timeseriesnode WA (#48)

timeseriesnode W% 1H R EasL]
tf_arima_transformation_type. None FHTAR 6 R
fieldname
SquareRoot
Naturallog
arima_detect_outlier_mode None
Automatic
arima_outlier_additive TS
arima_outlier level shift JiEASE
arima_outlier_innovational iz
arima_outlier_transient TR
arima_outlier_seasonal_additive TS
arima_outlier_local_ trend i
arima_outlier_additive_patch TS
conf_limit_pct real
max_lags B
events LA
scoring_model_only TS VSNSRI SE| PN
(BrE ) Hsia,

treeas NA

RAREERE AS HIERFECUARIIAE Y CHAID Hifh;

PRIR%SHS AS ) HiTEE B TEIRILR

BZ,

BRI DI B —RRGERE, WiAE SPSS Modeler 55 17 Rt A g H AR B8 FR BEOR
AR, M ET BRI T #iEE R (CHAID) SRR b B, e AR
RfREERE, ¥ CHAID FiE— I n] R JE I oRliRASHE, RS L/ B E A i

PAERITISZ,

H AN AL A] DU BUERIE ORED SRR,

R

CHAID /2%f CHAID Mgk, EEGRURRENARIRERIH, HEHRRMR R,

& 152: treeas NB

treeas W% {i REEEAi]

target it A £ Tree-AS #i%iH, CHAID BRI EE
& E AR — M B 2 A AR AL, 1B AT DA
feEsERMNL, FH2ME 191 HY I—
MORBIEiIEE N ) F/E, DESEZE
o

method chaid

exhaustive_chaid

max_depth ELe 4 BHRGERIRE LR (E0 8] 20) . 7

#AEAS 5,
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K 152: treeas NA (4448)

treeas W% {11 P IH
num_bins B EAE R} B AN AR R TE T T
Mo BUEZ A ARIEEER T
) &8 #EIHZA 2, 4. 5. 10, 20,
25, 502100,
record_threshold = FOPREL, TEIEFHEEIEN NMERT
BHRAE R IR L p (E YR 21
FAR/P.  THE{ESR 1,000,000; w4
£ 10,000 88 AT
split_alpha L& R BIEEE R, BELENR
0.01 £/ 0.99 Z 4,
merge_alpha 7 RN EOHERE R, ELENR
0.01 % 0.99 Z [,
bonferroni_adjustment A {8/ Bonferroni 77 15 2R RERAE(H,
effect_size_threshold_co | &+ FETE TE {5 A EAE E Aoy B AN & Df A
nt BN RE AN A, [ERENTR
0.01 3] 0.99 Z [,
effect_size_threshold ca |#(=F e A AR E A B Ei B A S O R
t IR FH R /N LB, (EAAZE AT 0.01
F]0.99 Z [,
split_merged_categories |[JfiZ BETEN 7B O,
grouping_sig_level e FH TRl E QnAnT TR s B R A 4E El T e
SLHE R,
chi_square pearson HRE BT ZMaHE 1k KA

likelihood_ratio

(Pearson) BRAR{LLEL

minimum_record_use

use_percentage

use_absolute

min_parent_records_pc e THREA 2, BR/MEA 1, BKES
100, &2 1, RHEHDSUENHESER
FIED X,

min_child_records_pc ez THREA 1. R/MEA L1, BKES
100, HEA 1,

min_parent_records_abs /&2 THEEA 100, FvIMEA 1, BKEA
100, HEA 1, RHESSELEER
T o

min_child_records_abs 2 THRAEZR 50, e/ MEA 1, BRAEZR
100, &A1,

epsilon 7 THHARE A7 A S T A B/ N T

max_iterations 7 RETBRELLIR,

use_costs i
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K 152: treeas NA (4448)

treeas W% {11 W2
costs sENELL SMNE, R 3 EENEE: &
BRE. THME A (N SRaZTaMIEE
R o filan:
tree.setPropertyValue("costs",
[["drugA", "drugB", 3.0], ["drugX",
"drugY", 4.0]])
default_cost_increase none S (RS E AR
linear 5 A RE Fef 5 PH R EL
square
custom
calculate_conf i
display_rule_id i TERE77 o o — (R,  DAFS H
HASIRE — 504 Im e ES 1D,

twostepnode NZ&

iz AT E PR — M TR,

TwoStep HiBi i —PEER 715, B PEIT - IRERLEM, DUEIF G A\ B RPR

5 il IR R X B 77 T T s SR 5 fF 2 BEOKHY

%8, TwoStep B —HER:, mU2REH 2ol SE R BEb s RAEREEE, Er A
1 R PR & MR A B AR K B R R R
i)
node = stream.create("twostep", "My node")
node.setPropertyValue("custom_fields", Txue)
node.setPropertyValue("inputs", ["Age", "K", "Na", "BP"])
node.setPropertyValue("partition", "Test")
node.setPropertyValue("use_model_name", False)
node.setPropertyValue("model_name", "TwoStep_Drug")
node.setPropertyValue("use_partitioned_data", True)
node.setPropertyValue("exclude_outliers", True)
node.setPropertyValue("cluster_label", "String")
node.setPropertyValue("label_prefix", "TwoStep_")
node.setPropertyValue("cluster_num_auto", False)
node.setPropertyValue("max_num_clusters", 9)
node.setPropertyValue("min_num_clusters", 3)
node.setPropertyValue("num_clusters", 7)
& 153: twostepnode NA
twostepnode W% [ M2t
inputs [field1 ... fieldN] TwoStep HEAY A AMRAZHTE R, H
ANMEFA B, FIEPEE IR B
i, #HZRHE 191 HIY T—BoREEEs
WNEJ T, DEBUEHEZE,
standardize AR
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2% 153: twostepnode MNA (448)
twostepnode W% {11 RESLL
exclude_outliers i
percentage e
cluster_num_auto i
min_num_clusters L&
max_num_clusters v
num_clusters 7
cluster_label String

Number
label_prefix string
distance_measure Euclidean

Loglikelihood
clustering_criterion AIC

BIC

twostepAS NZE

MwoStep #% | Eiat HABREREFAADE (SRS HRRTA (FEARN
GILAETR) o AR E A AEERA 2 SRR R U A B (st S aihs,
QR R BN AT, SRR SRASHY B BNE R D AT R R

& 154: twostepAS AR

twostepAS MN% 1H WE ]
inputs [f1... fN] TwoStepAS BRI F —41|
T ARRAZ, (EANEH EAR
Rz, SRR PEHIIRERIIR
AN,
use_predefined_roles Boolean THE{H=True
use_custom_field_assignments Boolean THE(E 4 False
cluster_num_auto Boolean THRRAE=True
min_num_clusters T Default=2
max_num_clusters EES Default=15
num_clusters B Default=5
clustering_criterion AIC
BIC
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&R 154: twostepAS WA (HE4E)

twostepAS W%

1

WA S

automatic_clustering_method

use_clustering_criterion_settin
g

Distance_jump
Minimum

Maximum

feature_importance_method

use_clustering_criterion_settin

g

effect_size
use_random_seed 1k (Boolean)
random_seed B
distance_measure Euclidean

Loglikelihood
include_outlier_clusters itk (Boolean) JEZ(E=True
num_cases_in_feature tree leaf i |%#{ Default=10
s_less_than
top_perc_outliers T Default=5
initial_dist_change_threshold L3 Default=0
leaf_node_maximum_branches B Default=8
non_leaf node_maximum_branches T Default=8
max_tree_depth B Default=3
adjustment_weight_on_measurement | %<&} Default=6
_level
memory_allocation_mb SRS Default=512
delayed_split Boolean T AH=True
fields_to_standardize [f1...fN]
adaptive_feature_selection itk (Boolean) THRAE=True
featureMisPercent B Default=70
coefRange e Default=0.05
percCasesSingleCategory L4 Default=95
numCases B Default=24
include_model_specifications Ti#k (Boolean) THRAE=True
include_record_summary itk (Boolean) THRAE=True
include_field transformations Boolean TER{E=True
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&R 154: twostepAS WA (HE4E)
twostepAS W% 1" W2
excluded_inputs Boolean THE(E=True
evaluate_model_quality Boolean FHE{H=True
show_feature_importance bar Boolean THRRAE=True
chart
show_feature_importance_ Boolean THFAE=True
word_cloud
show_outlier clusters Boolean THFRA{E=True
interactive_table_and_chart
show_outlier_clusters_pivot_tabl |Boolean FHRRAE=True
e
across_cluster_feature_importanc |Boolean THE{H=True
e
across_cluster_profiles_pivot_ta [Boolean THE{H=True
ble
withinprofiles Boolean T AH=True
cluster_distances Boolean THFRA{E=True
cluster_label String

Number
label_prefix String
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5 14 7 PO R BETE NS

iflo

B SLETRE R LA AR R RTIE I . 2 PEE 65 HIty NEAERNE) £, DUHRIGEZH

applyanomalydetectionnode A&

S (A A SRS T A R AR AR R, S A Scripting & R% A
applyanomalydetectionnode, N7 Script (L EAEFHIBIA B HIFHRIE R, 28 191 HW

Fanomalydetectionnode %

* 155: applyanomalydetectionnode NA

applyanomalydetectionnode W% | i MRS
anomaly_score_method FlagAndScore | e @z et KT T5E57,
FlagOnly
ScoreOnly
num_fields = BRI
discard_records JiEARE fER2 a0t s R iR
discard_anomalous_records JiEA et AR B R R,

BEE off, FRKHEREIERER &
HI, tnS{E% on, JREGHRsERE R, &
U T discard_records WEKE, A&
LN

applyapriorinode &

A A Apriori FEAEETESE L Apriori B [E

A E ) Scripting 247824 applyapriorinode, 7%

Script fL B EIRA S HHRE R, FE26 5% 193 HIY lapriorinode W7 J

& 156: applyapriorinode RE

applyapriorinode N%¥ H RS
max_predictions #r (BE)
ignore_unmatached A
allow_repeats JiEA
check_basket NoPrediction

s

Predictions

NoCheck




2 156: applyapriorinode NA (44&)

applyapriorinode W%

{1

WA

criterion

Confidence
Support
RuleSupport
Lift

Deployabilit
Yy

applyassociationrulesnode A&

CAHBARRAN ) B RN AT DA 2 AR RS R [, 52 AR RIS BRI Scripting R84
applyassociationrulesnode, 1 B4 5SS EiRG B & Script RURFAHE RN, sE2H%E 194 HHY

Fassociationrulesnode WN&J .

3% 157: applyassociationrulesnode N&
applyassociationrulesn | ¥ FHE% REaEAi]
ode %
max_predictions L o BB A T A B Rl R RR,
criterion Confidence TR FH 2 TR AR B o O T
Rulesupport
Lift
Conditionsupport
Deployability
allow_repeats ARk AR H 2 R B A M FER R FR A,
check_input NoPredictions
Predictions
NoCheck

applyautoclassifiernode R&

TEE ) SRR ES THE S SR, BRI Scripting 2478 2
applyautoclassifiernode, 7 B#nE AR H & Script WEEATERN, 2R 197 HNY

Fautoclassifiernode NZ&J o
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& 158: applyautoclassifiernode WA

applyautoclassifiernode P

s

1

WA

flag_ensemble_method

Voting
EvaluationWeightedVoting
ConfidencelWeightedVoting

RawPropensityWeightedVoti
ng

HighestConfidence

AverageRawPropensity

TR A ACHIE BRI 7T 15
(BRI B AR UL, It
REATEH,

flag_evaluation_selection

Accuracy

AUC_ROC

IS TE (4508 P R AR, AR
S SEEAR 8] - T BB A T P A

filter_individual_model_o
utput

JEAR

TERE TR 1 P A5 AR P ) o0 4
%O

is_ensemble_update i R AR E B As 22 K, A
AR T AR R IR A I B )
BRI AR B EA B B B
A A5 B AT B R EE TR
BA TR R &,

is_auto_ensemble_weights_ | fZ R B B IR EE T

reevaluation

use_accumulated_factor T EEHRABH ARG H AR,

accumulated_factor

number (float)

BRIEA 0.99, B/IMEA
0.85,

use_accumulated_reducing

JEAR

TER B TR, AR R AR
Hll A TR AL R D

accumulated_reducing_limi
t

number (float)

BARE# 0.7, &/IMER 0.1,

use_accumulated_weighted_
evaluation

JEAE

ST AP B AR RS AR
BT TR E Ry R T IR R TR
5

ZIN0

flag voting_tie_selection

Random
HighestConfidence

RawPropensity

ANFORBUREL TR, HIfEE sy
et TiR, (EE R H R
FERRALIE,  IEEE A B
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& 158: applyautoclassifiernode NB (448)

applyautoclassifiernode N |1 RS
o
set_ensemble_method Voting FerE F AR A BERE ST o B 7 1

EEEEN BRI EMA, A4
EvaluationWeightedVoting FERISE,

ConfidencelWeightedVoting

HighestConfidence
set_voting_tie_selection |Random AR SR 7%, R E SEAS
fbTIIR, WA E BRI H A2
HighestConfidence BRI A & S ILRE,

applyautoclusternode R&

B8RS EEEHMrTARES THEHE) AR, ZERER Scripting 47 2
applyautoclusternode, IEREIRIZ A HMNE, AR EEHRE S Script EHHER, 3
199 HHAY Tautoclusternode W& .

2
W
=
|

applyautonumericnode &

FTEEEE ) EEEET R EL THEEE) B, AR BR Scripting R824
applyautonumericnode, A #4i% EAEHIE H & Script FFAEER, H2EE 201 HY
Fautonumericnode NZJ o

& 159: applyautonumericnode N&

applyautonumericnode W% |1 N7t

calculate_standard error |jEf=

applybayesnetnode NZ&

A A 2 E A A R i B e A H U B A [, 2 IS 3 Scripting 2478 24 applybayesnetnode,
T Script (LB AR S MHRAE R, 520 58 203 HAY Tbayesnetnode NZ&J o

& 160: applybayesnetnode RE

applybayesnetnode W% 18 M2
all _probabilities TR
raw_propensity i
adjusted_propensity TR

calculate_raw_propensiti [JjfiZ
es

calculate_adjusted_prope |jHiE
nsities
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applyc50node &

A C5.0 EAEEIRG AL C5.0 BAUME, SZIEAUERIY Scripting 2484 applyc50node, 4N Script L
B A B IAHRE R, #E2B9 55 205 EfY lc50node AT o

2 161: applyc50node WA

applyc50node W% {11 W2
sql_generate udf FHARAEFR R SR T BARTREE SOL FEARIE
TH, THE{EZ udf,
Never
NoMissingValues
calculate_conf iz EUH SOL EARERT A, LN AE ST

FE AT AR Al R O (SRR B B

calculate_raw_propensiti [JjfiZ
es

calculate_adjusted_prope |jHiE
nsities

applycarmanode N%&

Al CARMA EHEIBEE S CARMA BRI S, ZBIAEBRAY Scripting %4884 applycarmanode, AR
IR A HMNE, 7 Script (L EEEBA S HMHRE R, 5520 %8 206 HAY Tcarmanode NI o

applycartnode N%&

A C&R MR A ME R BLEIBE A A C&R BRAE MBI ], XL RN Scripting 24F8 2
applycartnode, 175 Script (L EALEE A G HIMERE N, 55280 58 207 HY Tcartnode WA o

& 162: applycartnode NB

applycartnode W% {1 RSt
enable_sql_generation Never FAARAERA RIS HUTEARI R E SQL A%
TH,
MissingValues
NoMissingValues
calculate_conf TS EH SQL AR AT, INA R EFR
FEAEBHRAERE R SRR B A
display_rule_id JEEAE TERF g HRoRT i — (AL, DATE
HIGIRS —El s Im RS 1D,
calculate_raw_propensiti [JjfiZ
es
calculate_adjusted_prope [JffZ
nsities

applychaidnode &

AJ{HF CHAID E iR A CHAID AU, BB @ IRAY Scripting 44/8 4 applychaidnode, 75
Script fL B EIRIA S HMHRE R, 526 5 210 HRY Tchaidnode W% o
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2 163: applychaidnode W&

nsities

applychaidnode W% {11 W2

enable_sql_generation Never E%ﬁiﬁﬁ”%ﬁﬁﬁﬂﬁaﬁﬁ&i SQL FEAIE
MissingValues

calculate_conf A

display_rule_id TR TEFE i E FRogT s — AR, DATE L

HARIR G — R SRR AL IR RS 1D,

calculate_raw_propensiti [

es

calculate_adjusted_prope |jHFE

applycoxregnode &

A Cox BMAEEIEG AL Cox BB, AR EIRAY Scripting 447824 applycoxregnode, 417 Script {
AR S RMHBE R, sE2E 58 212 HY Tcoxregnode WA o

2 164: applycoxregnode W&

applycoxregnode N% {11 RSt
future_time_as Intervals
Fields

time_interval &

num_future_times BB

time_field it A

past_survival_time iz A

all_probabilities TR

cumulative hazard JiEAZ

applydecisionlistnode &

PR B A A B AT AR R AR DR TS B I, sz [E BRI Scripting %88 2 applydecisionlistnode,
N7 Script (LIRS AR B AHRAE RN, 5520 58 215 HAY Tdecisionlistnode WA o

& 165: applydecisionlistnode RNE

applydecisionlistnode ¥ |fii Mz
ﬁ
enable_sql_generation TR {B % true ¥, IBM SPSS Modeler &

AR IR AT B AL [AIHER] SOL,

calculate_raw_propensiti |JfiZ

es

calculate_adjusted_prope |JfiZ

nsities
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applydiscriminantnode %

HI BRG] R EE AR AR R R, SZ AL S BRI Scripting £ 884 applydiscriminantnode, 4175
Script L BB FIRIA S HHE N, 20 58 216 HY Tdiscriminantnode %) o

2 166: applydiscriminantnode NA
applydiscriminantnode ¥ |{ii W2 EH

ﬁ

calculate_raw_propensiti [
es

calculate_adjusted_prope |jiEFE
nsities

applyextension &

THE(RARY ) EREE ] DAFTA A T BIAYE I,
@V' 2B Y Scripting %488 % applyextension, &
A A 2 AL S 1 5 Script UREANEAN, #E2RE
218 EHY Textensionmodelnode W&

Python for Spark &35l

JHHHE script example for Python for Spark

applyModel = stream.findByType("extension_apply", None)
score_script = """

import json

import spss.pyspark.runtime

from pyspark.mllib.regression import LabeledPoint
from pyspark.mllib.linalg import DenseVector

from pyspark.mllib.tree import DecisionTreeModel

from pyspark.sql.types import StringType, StructField

cxt = spss.pyspark.runtime.getContext()

if cxt.isComputeDataModelOnly():
_schema = cxt.getSparkInputSchema()
_schema.fields.append(StructField("Prediction", StringType(), nullable=True))
cxt.setSparkOutputSchema (_schema)

else:
df = cxt.getSparkInputData()

_modelPath = cxt.getModelContentToPath("TreeModel")
metadata = json.loads(cxt.getModelContentToString("model.dm"))

schema = df.dtypes[:]
target = "Drug"
predictors = ["Age", "BP", "Sex",6 "Cholesterol",6 "Na", "K"]

lookup = {%
for i in range(0,len(schema)):
lookup[schema[i][0]] = i

def row2lLabeledPoint(dm,lookup,target,predictors, row):
target_index = lookup[target]
tval = dm[target_index].index(row[target_index])
pvals = []
for predictor in predictors:
predictor_index = lookup[predictor]
if isinstance(dm[predictor_index],list):
pval = row[predictor_index] in dm[predictor_index] and
dm[predictor_index].index(row[predictor_index]) or -1
else:
pval = row[predictor_index]
pvals.append(pval)
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return LabeledPoint(tval, DenseVector(pvals))

# convert dataframe to an RDD containing LabeledPoint

lps = df.rdd.map(lambda row: row2LabeledPoint(metadata,lookup,target,predictors,row))
treeModel = DecisionTreeModel.load(cxt.getSparkContext(), _modelPath);

# score the model, produces an RDD containing just double values

predictions = treeModel.predict(lps.map(lambda 1lp: 1lp.features))

def addPrediction(x,dm,lookup,target):
result = []
for _idx in range(0, len(x[0])):
result.append(x[0] [_idx])
result.append(dm[lookup[target]] [int(x[1])])
return result

_schema = cxt.getSparkInputSchema()

_schema.fields.append(StructField("Prediction", StringType(), nullable=True))

rdd2 = df.rdd.zip(predictions).map(lambda x:addPrediction(x, metadata, lookup, target))
outDF = cxt.getSparkSQLContext().createDataFrame(rdd2, _schema)

cxt.setSparkOutputData (outDF)

applyModel.setPropertyValue("python_syntax", score_script)

R £&fjl

JHHHE script example for R
applyModel.setPropertyValue("r_syntax",
result<-predict(modelerModel, newdata=modelerData)
modelerData<-cbind(modelerData,result)

varl<-c(fieldName="NaPrediction",6 fieldlLabel="",6fieldStorage="real", fieldMeasure="",
fieldFormat="",fieldRole="")
modelerDataModel<-data.frame(modelerDataModel,varl)""")

& 167: applyextension RA

applyextension N%¥ H W2

r_syntax string FHAEEIZE S0 R Scripting 75
%o

python_syntax string ARG Python Scripting
o

use_batch_size A R IR AR EE

batch_size L FeE B0 ATERERUR IV E RIE0 ik
18

convert_flags StringsAndDoubles FH TR G LSRR (o7 A B8 TH,

LogicalValues

convert_missing it B IR R 2 R NA {[HREIH,

convert_datetime A FHAIRE H HAER H HARE R RS sy
2 R HHA/RERIAS IETE,

convert_datetime_class POSTIXct FAAYEE A H HAEL H BRI R =N

POSIX1t S A o (T RS X IR TE

applyfactornode R%&

PR AR F ) BREEERET R EL TR0 /IR ) BRI, 2R IR Scripting 2418 4
applyfactornode, HAERIE IR E HMNE, 17 Script (LA EIBA S MBI, 520 % 220 HIY
Ffactornode &S o

304 IBM SPSS Modeler 18.5 Python Scripting 1 E Ei{L. F-fiit



applyfeatureselectionnode RZE

TDhRERESE ) ABIENRN T R AL (DhREEEE ) B, SRS IRAY Scripting 4R 2
applyfeatureselectionnode, W75 Script L EALEIRA G HUMEBIE R, #2055 222 HW

Ffeatureselectionnode W&J .

& 168: applyfeatureselectionnode RNE

applyfeatureselectionnod
e W%

fH

WS

selected_ranked_fields

TEE AR R T a5 Fh AR R L8 EHEF AR
LA

selected_screened_fields

FERE AT T 5 A R L i A

o

applygeneralizedlinearnode %

TEEFARNE (genlin)y EALENRG AT A E A TREZAM ) BRUIEIE, sZAUIE LAY Scripting 2478 2%
applygeneralizedlinearnode, 175 Script (L EHIRIA G HIFHBAE, 5520 5% 224 HiY Tgenlinnode Y

= o

& 169: applygeneralizedlinearnode W&

applygeneralizedlinearno
de W%

{H

WA

calculate_raw_propensiti
es

calculate_adjusted_pzrope
nsities

JEAS

applygslmmnode &

GLMM e RS AT R AL GLMM 1B, SR IE RN Scripting #4884 applyglmmnode, W75 Script
LR ERG A S MRS, 528 5% 229 HY Fglmmnode WA o

& 170: applyglmmnode RNA

applyglmmnode N%¥ {11 RSt

confidence onProbability HZAREI R MEHEEERN AL, RETHE
TR, B e B TR R 2 R

onIncrease =

score_category_probabili [JjfiZ AR A True, HlgEAEEBEENTE

ties HItR, G245 —EEIE—
fii, FEF(EZ False,

max_categories B FTEIMR RS E LR, (%
score_category_probabilities
% True REA

score_propensity i WS E S True, FAREE A HA A H R

FIR A A R R AR E A 7 B ("True" 4551
FIRTREME) o WIERSBIEERERR, HI
AR S AR I o0 1 I 2 A E AR Y
M8, THR(EZ False,
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& 170: applyglmmnode NA (448)

applyglmmnode W% {11 W2
enable_sql_generation udf FAARAE BRI T EARI % SQL AR 1
TH, RIEGLE: HEERERHE
native SPSS® Modeler Server ¥ fictzes (40

REEARD| 258 T s I e G R
) EATEESr, sEAE SPSS Modeler
NFREES

THRR{EZ udf,

applygle B&

AT DA GLE iR ERRG AR A2 2L GLE BRUIS B, BRI BRI Scripting 4R % applygle, A B4 5 2L HRG
H & Script KRFANERN, FH2R% 233 HRY lgle WA

& 171: applygle B

applygle W& 1H M2
enable_sql_generation udf FHARTE BRI A T HARS R SOL k%
TH, JEEHEREEERENHH SPSS
native Modeler Server FForBiciay (N 5EEE
PUERE IR ERE) T
4%, BAE SPSS Modeler &5

applygmm A&

Gaussian Mixture #i%i 7] FIAEA: Gaussian Mixture BIEIR,  HAEBIEAY Scripting 4884 applygmm,
18.2.1.1 Wi AN EH AR A R RRISHHING . B R4 B ETRG B & Script FUFHIE, H2HEE
383 HAY l'gmm WA

& 172: applygmm WA
applygmm N% Brpi RERSLE

centers

item_count

total

dimension

components

partition

applykmeansnode RNZ&

K-Means ZAEEiB 0] R EAE K-Means BRI, s2 A BU Y Scripting %5824 applykmeansnode, It
BRI G HMNE, Q07 Script (LB EIREA S IAHRE N, 520 25 240 HY Tkmeansnode Y

applyknnnode RZ&

KNN E BRG] A A KNN BB, OB & 3R Scripting 2852 applyknnnode, 4075 Script {tid
FEEA S RMHBE R, 520 %6 242 HAY Tknnnode NAJ o
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2= 173: applyknnnode RNA

applyknnnode W% {11 W2
all_probabilities TR

save_distances i

applykohonennode RN%&

Kohonen 5 Ei S A] A A Kohonen AU [E IR, SZARYIE Y Scripting %458 4 applykohonennode, It
BRI A HAMNE . Q075 Script (LEBEHTIR A S HHBE R, 528 58 205 HY Fc50node NS

applylinearnode &

A AR PR A A B A A AT, s [ RN Scripting 2478 4 applylinearnode, 17 Script f&
HEEHEA G HMHBE R, 520 % 245 B [linearnode WA o

& 174: applylinearnode W&

linear W% {11 RSt
use_custom_name i
custom_name string
enable_sql_generation udf FHARAE BRI T ARG E SQL A%
YA, JEYEGIAE: R
native SPSS® Modeler Server sF 4 ECHESs (40

SR LA 4 T RO AL R RO
) JETRFSY, BUETE SPSS Modeler
puresql REEN

TR (ESZ udf,

applylinearasnode &

AR1E AS LR AT R EE AR AR E AS AU IR, EERBYIE BRI Scripting 248445 applylinearasnode, 175
Script (L EBIEEA S HIMHAE N, 5520 5 247 HIY llinearasnode N J

& 175: applylinearasnode RAE

applylinearasnode W% {1 M2t

enable_sql_generation udf THRREZ udf,
native

applylogregnode &

Uy B A A A ARE ) EBGPTR EEAE D Y BRI, AR A Scripting 2478 24
applylogregnode, N7 Script {LIRIEEIEA G FIMEBE RN, 520 25 248 HY llogregnode NI o

& 176: applylogregnode W&

applylogregnode W% {11 RSt
calculate_raw_propensiti [
es
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2= 176: applylogregnode WA (448

applylogregnode W% {11 W2
calculate_conf i

enable_sql_generation i

applylsvmnode A&

A] DA LSVM SIS EREGREE AR LSVM BRI B, (AR S )Y Scripting #4782 applylsvmnode, 7 B4
SEBIEEE 5 Script FUEFANERN, FE2R% 253 HAY llsvmnode W& o

& 177: applylsvmnode NE
applylsvmnode W% {I1 RS
calculate_raw_propensities |/t T = A et B IR GAIE 73 L
enable_sql_generation udf fEE A IS (REZEE) #1T
dfor, TEERT RPN 2 AR B S
native (BLIZE

applyneuralnetnode B&

MPpaRAEs ) AR R AR A TR adig ) BIAIE I, ARSI Scripting 4478 24
applyneuralnetnode, 4175 Script {LEMFIRIA S HIMHRE, 526 55 254 HY Mneuralnetnode M
B FEIE TR AL T A SR RE R IR R e AS A R AT [ R, W ASAE R — i
(applyneuralnetwork) TN 4E, FE SCiRCAIISART A, (EFMERIEEH Script LUERABIIRA, It
JEIREE T ERTARA R FEAE R A2 IR, (B G EAF ARAVE ThR-PAN SR,

& 178: applyneuralnetnode RE

applyneuralnetnode W% 18 sl
calculate_conf A CUBH SOL AR R A, LN ARE S FE
ABHREE R SRS,
enable_sql_generation JiEASE
nn_score_method Difference
SoftMax

calculate_raw_propensiti |JftZ
es

calculate_adjusted_prope |JffZ
nsities

applyneuralnetworknode W&

{8 o 58 A i A 5T AR 7 A e AR A PR AR B, SR [ BRI Scripting T8 A
applyneuralnetworknode, W7 $EEEESE H 5T Script FVAHRAE N, 2R neuralnetworknode
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2 179: applyneuralnetworknode PN

applyneuralnetwoxrknode M |1 P IH
w
use_custom_name i
custom_name string
confidence onProbability
onIncrease
score_category_probabili |
ties
max_categories Hr
score_propensity i
enable_sql_generation udf FAARAE ER IR THARIRE SQL A &
TH, JEEAES: HERREREI R
native SPSS® Modeler Server FFEiZas (40
ROEHAR BN ZEE TP o Bo iz as B R
J#) #EATRESY, BCETE SPSS Modeler
puresql REEN

TR (EZ udf,

applyocsvmnode &

—# SVM EiB AT A E A —8H SYM BAYE IR, AU REY Scripting 247425 applyocsvmnode, B
R A HMNE ., GRS EBEHEH 5 Script FEEAIE RN, 525 387 HAY locsvmnode NAJ o

applyquestnode &

A QUEST iABIEBLZE AL QUEST ALBYE IR, s%IBUE B Scripting 24784 applyquestnode, 1T
Script {L BB A S HIMAHBE R, 520 %65 259 HIY Fquestnode NAJ o

2% 180: applyquestnode NA

nsities

applyquestnode W% {11 W2 E

enable_sql_generation Never Eﬂ@ﬁ%ﬁﬁ”%?ﬁﬁﬂﬂ?ﬁ?&i SQL A%
MissingValues
NoMissingValues

calculate_conf TR

display_rule_id AR TEFE o  E FPoRT s — (AR, DAFE L

HARIR G — R BRAY AL IR ERS 1D,

calculate_raw_propensiti [jHiE

es

calculate_adjusted_prope |jHiE
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applyr &

TREE | SESPTHMRES R BAREM, ARSI Scripting #7824 applyr. G135 Script /LA IR A
SHMHREER, 520 2 204 R Tbuildr N&J o

* 181: applyr RA

applyr W% LIz NN

score_syntax string FREALEE 7B R Scripting 56
o

convert_flags StringsAndDoubles FH TR G AR (o7 A BB TH,

LogicalValues

convert_datetime JiEAZ FHRAAS B sk B BARE R A e st i
2 R HHA/REREAS IETE,

convert_datetime_class POSTIXct FATEEAF H HAEL H BRI R =N

POSTX1t S A o (T REAR X TE,

convert_missing AR R IE R (EEHR 2y R NA EAYE
I,

use_batch_size AR JESCFR LR i B

batch_size B FETEE B — AR PR EE
RlEC SR EL

applyrandomtrees &

ATDAGEF TREMOHIRAEES ) A e B Ak A A R IR s A A A [, IR RY IR RN Scripting 4 R84
applyrandomtrees, 1 Fi#n 5 EEIHTRL H & Script FEEAIE RN, #2058 261 HMY Trandomtrees N

2 182: applyrandomtrees WA

applyrandomtrees W% {11 W2

calculate_conf i N ARG EA BB ES A ISR
FHEL

enable_sql_generation udf FHARAE BRI T ARG SQL A%

TH, JEEHERZEERENHH SPSS
Modeler Server sForfictzay (AN SERE
RELEEFF I ARIE R ) ETET
4%, BAE SPSS Modeler &5

native

asapplyregressionnode &

MR ER ) RN RnT A A TAR e ) BRI, 2RISR Scripting R824
applyregressionnode, ARG IRIZH HAMNG, T Script (LARBHE A G HBEN, 20 5 263
EHY lregressionnode W&J o

applyselflearningnode NZ&

FEFREEE O ERRL (SLRM) | B ETEE ] R E A SLRM ABUIE ], 2L [ Y Scripting 2458 %
applyselflearningnode, 475 Script /LB EIEA G MHRE R, 520 2% 267 HIY Tslrmnode WA o
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2% 183: applyselflearningnode A

applyselflearningnode W% 1 WA

max_predictions #r

randomization e

scoring_random_seed L&

sort ascending e R I = AL ETE H B 25Ty
RAKELEEE,

descending

model_reliability TR ﬁpg?&ij RSB A AR T S 1 B T 5 R

[N,

applysequencenode &

T3] B TR ES Ty BRIER, AR Scripting #4782y applysequencenode, it
BRI SR A HALN A, W17 Script (LA EHIBIA FAHRBIE RN, 52R 5 266 HY Tsequencenode N

applysvmnode &

Al SVM B A ELEE AR SYM AU, st IEBRAY Scripting 448825 applysvmnode, 4075 Script ft
IR S FAHE R, 528 5 274 HIY Tsvmnode N&J o

2 184: applysvmnode NA

applysvmnode W% H REE ]
all _probabilities TR

calculate_raw_propensities |[jEf%

calculate_adjusted_propensi |JftZ
ties

applystpnode &

STP EAE iR A AR A A ARG RO [ B, S B [ e i LD At s U A 1 . S [ Y
Scripting #4545 applystpnode, 1 4SS ERBIEIES H & Script NEEAER, 52M % 268 HIY Tstpnode
NAJ

2 185: applystpnode WA
applystpnode W% Brp WA
uncertainty_factor ARk TR 0, _EFR 100,

applytcmnode %

IRE R LRI ABE (TCM) AN B mT R AR TCM AR I, ISR I 1Y) Scripting 2478 % applytcmnodes
B E R H 5 Script FFFATERN, 525 275 HMY ltemnode NAJ o

& 186: applytcmnode RA
applytcmnode W% {11 RS

ext_future boolean
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2 186: applytcmnode WA (H4E)

applytcmnode W% {11 REE ]
ext_future_num B

noise_res boolean

conf_limits boolean

target_fields HE

target_series 1HE

applyts I&

MRS AR ER R n] DU ACEL: Tief o) B,  ARAUIE R Scripting 4787 applyts. A
[BH A B ALY B B Script BIRFAIEGAN, A2 RS 280 HIY ts W&

& 187: applyts NA

applyts W% 18 REE ]

extend_records_into_future |fa#k

ext_future_num BE

compute_future_values_input |fifk

forecastperiods B
noise_res boolean
conf_limits boolean
target_fields THH
target_series iHE
includeTargets i A

applytimeseriesnode & (2783K)

TRERE 21 AR ER B n] AR AR EE AR THRERE 21 BAMIE s, 2L [ BRAY Scripting 4478 2
applytimeseriesnode, 4N Script {LEEEHIREA S HIHBE, 520 5 288 HAY ltimeseriesnode W&

(B J .

% 188: applytimeseriesnode W&

applytimeseriesnode W% 18 REE ]
calculate_conf A

calculate_residuals JiEARE

applytreeas &

Tree-AS FAEFIEE ] R EL Tree-AS HAUE Y, AR E BRI Scripting 4752 applytreenas, AR
AR H & Script FUEEAIE RN, E2R%E 290 HIY Ttreeas WA o
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2 189: applytreeas NA

applytreeas W% {11 W2

calculate_conf TR ARG EA RRHRES A ISR
FHEL

display_rule_id s TERE 5t P — MRz, DAFEHI %
HARIR & —Er s & um i Es 1D,

enable_sql_generation udf FHARAE BRI T ARG E SQL A%
TH, JEEHERIZE RN SPSS

native Modeler Server sForfictzasy (AN SERE

BOZHEET R ARG R ) TR
4%, BAE SPSS Modeler &5

applytwostepnode &

T AT R TR MURIE L, SRIE BRI Scripting 447824 applytwostepnode, A
ISR E AN, Q13 Script (L EEEITA S IR, 520 4 292 ¥ Ftwostepnode N

applytwostepAS NA

R AS SRAEER RG] F A A R AS AR B, AR E BRI Scripting 24 F54 applytwostepAS, 1T
Script (LB FIBIA S MHRE RN, E20 55 293 HY TtwostepAS W&J o

2 190: applytwostepAS WA
applytwostepAS W% {11 M2 EH

enable_sql_generation udf FHARAE BRI T HAR G SQL AEA %
TH, JBIEGIHE: HEEIERE
SPSS® Modeler Server sFECHEAs (40
RE AR 25 T R EC R AR E R
J#) EEATEESr, B{ETE SPSS Modeler
WNEBEETYo

native

FHBLESZ udf,

applyxgboosttreenode A&

XGBoost Tree Hif#hn] AR E4: XGBoost Tree fRAIE I,  HARAIE LAY Scripting &2/ %
applyxgboosttreenode, 18.2.1.1 HEHIE FRPHINE., HRMEEEEHEH & Script BIFHAEE,
2% 394 HfY Ixgboosttreenode W% o

=113
il

& 191: applyxgboosttreenode A
applyxghboosttreenode W% | &k P St

use_model_name

model name

applyxgboostlinearnode &

XGBoost Linear Si%n] FjR A4 XGBoost Linear iU [E#,  IHAAUE Y Scripting 2482
applyxgboostlinearnode, MHEAIEIZ A HMNGE . ARG E EEEHRH S Script FIFFAMER, E2HE
393 Ef¥ Ixgboostlinearnode W#J .
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hdbscannugget R&

HDBSCAN i) R4 HDBSCAN AE8U8R,  HARBIBEIY Scripting #4f8 4 hdbscannugget, BRI
IR EHMNE, GRS EEEEE S Script FEEANEEN, 5205 383 HIY Fhdbscannode W& o

kdeapply &

KDE ZAETEEA] F 2 A A2 KDE B, IS (EAEUIY Scripting 245824 kdeapply, 075 4% A EiIRL H
£ Script FHHBAE, 528 5 385 HAY Fkdemodel W% J o

& 192: kdeapply R

kdeapply W% BRpER REE ]

outLogDensity boolean 67 True 5 False DATEHHH HOF ABHE
PREGEEME, THRXEZ False,

i€ 18.2.1.1 iRBHARE#ran 44 4%
out_log_density
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15 % BRI N

IBM SPSS Modeler SCIRBLERIEEHEE R SR (LAY BORHRIATE L T AR5, 45 Microsoft SQL Server
Analysis Services, Oracle Data Mining, #1IBM Netezza Analytics, 7] PAf# ] IBM SPSS Modeler JEff
23X BB R E R R E AR EN AN AR TR ), B AT DME AN AR N B IEIE AR 5 Script ARAE
FHRE R,

BN, FEE Script #BHUNA £ IBM SPSS Modeler Script 45 /M A 37 Microsoft LSRR IR &k i

Al

stream = modeler.script.stream()
msbuilder = stream.createAt("mstreenode", "MSBuilder", 200, 200)

msbuilder.setPropertyValue("analysis_server_name", 'localhost')
msbuilder.setPropertyValue("analysis_database_name", 'TESTDB')
msbuilder.setPropertyValue("mode", 'Expert')
msbuilder.setPropertyValue("datasource", 'LocalServer')
msbuilder.setPropertyValue("target", 'Drug')
msbuilder.setPropertyValue("inputs", ['Age', 'Sex'])
msbuilder.setPropertyValue("unique_field", 'IDX')
msbuilder.setPropertyValue("custom_fields", True)
msbuilder.setPropexrtyValue("model_name", 'MSDRUG')

typenode = stream.findByType("type", None)

stream.link(typenode, msbuilder)

results = []

msbuilder.run(results)

msapplier = stream.createModelApplierAt(results[0], "Drug", 200, 300)
tablenode = stream.createAt("table", "Results", 300, 300)
stream.linkBetween(msapplier, typenode, tablenode)
msapplier.setPropertyValue("sql_generate", True)

tablenode.run([])

Microsoft EIZBVEIEIRNE

Microsoft BIREIEENEA

BANE
Microsoft B EE A HTRL ) — B AU R TR,

2% 193: —f% Microsoft EIZENA

—f% Microsoft fifiN% 1 M

analysis_database_name string Analysis Services & FHERI 4,
analysis_server_name string Analysis Services F A4,
use_transactional_data A feEEm NERHERH RSB ER ZH

inputs HE FAEE R AL

target AL E‘;ﬂﬂﬁﬁﬁﬁ CRBEAR TMS #E5E) 8 TFyl#%) &
unique_field i {IvA R [SEHRNL,




& 193: —f% Microsoft EIEENEA (4E48)

—J% Microsoft fiZiN % 1 PN

msas_parameters GEREIL HELSE, FE2%E 317 5 NEEE2Ey =
8, DAESBE 2 Eal.

with_drillthrough AR i TP RAE) EIE,

MS RERIHAREEE

B A mstreenode JARIEIBE E R BB N A,

MS #E&

#HS B B TR AR — % Microsoft A,

% H s msclusternode FRINEHIZ EREMRNG . B2 ILIEEFISEEN—MH Microsoft WA,

MS RREsE#R AU

TR E N ] HREER % msassocnode FYHTE,:

& 194: msassocnode NE

msassocnode W% 1H WA

id_field it A AE R SR S,
trans_inputs HHE R 5 & R AL
transactional_target HRNL THHIREN. RBERD S

Ms BIiEEE 7 EHEE (Naive Bayes)
1% % msbayesnode JERU I Hilh w2 L EE N A,

MS R85

7A 2 B L1 BB BE R A — A% Microsoft N,

%A 7 msregressionnode ERMHIE EREBNG . 52 RIILEBBHSEE R —M% Microsoft W%,

MS HES4ARE

%A 2 msneuralnetworknode JERIIHIE E R BB NS, sH2RILIE B BASERE I —# Microsoft WA,

MS iR

wRE# mslogisticnode JEAIMHIE TR EABNE,

MS E5fF5

2 B I IR B BATARAD — i Microsoft Y7,

ZH 2 mstimeseriesnode MM EI R ER EHENE . ES ISR ERN—#& Microsoft W&,

MS BFFEE

RHIRFE N A R SER 2 mssequenceclusternode HYHTE::

& 195: mssequenceclusternode N

mssequenceclusternode W% H WEE ]
id_field AL AR R 5,
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& 195: mssequenceclusternode A (H4E)

mssequenceclusternode W% 1H WEE L]
input_fields THE 2R 7 AR AR
sequence_field it A J¥#51 1D,
target_field it THRIBEG. (GRISERD

HHE2H

&—1# Microsoft &R EMA AR ESE, PIDIMHEH msas_parameters WARREIELESEL, #

an:

stream = modeler.script.stream()
msregressionnode = stream.findByType("msregression", None)
msregressionnode.setPropertyValue("msas_parameters",

[ ["MAXIMUM_INPUT_ATTRIBUTES", 255],
["MAXIMUM_OUTPUT_ATTRIBUTES", 255]])

B2 EEE SQL Server, WNFHEEEEIIHHRZ %L,

R A R R TN B AT
2. BARGZE R B AR RS
5
6
7. BRAGZ R B A RS
 RIERITER,

IR & B R aZ Hi B ] F msas_parameters W%,

Microsoft {HEENE

1

3. REERIRIE T~ hiid B A S B — {8 A ROk R,
4., EFHE A TRIE BE s B — 85 3R
45— THERE DARH B % & R R 2 R i 2

. FEANELA H H N A Microsoft &4} EE B s i B,
8

AHTAN SR

] Microsoft B FHE B EIRTHE Y (BRI EA FYINE,

MS REEEHAEEIE
& 196: MS REBREBNE
applymstreenode W% {1 Wt
analysis_database_name string I ERG AT DATE S RO TR0

LA FIAHS Analysis Services BRI 44
analysis_server_name string Analytic Server 4455,
datasource string SQL Server ODBC ¥ 12k F 4458 (DSN) f44 .
sql_generate TR A SOL A,

udf
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MS £R1$E5E

® 197: MS (R QERRNE

applymsregressionnode W% | i Wt

analysis_database_name string LB AT DATE SR BRI TEE )
N FAA B Analysis Services B RHER 4
o

analysis_server_name string Analytic Server &4,

MS $RAREERR

7% 198: MS SRR NA

applymsneuralnetworknode |{H Wil

W2

analysis_database_name string L ERE AT DATE SR i P BRI TR
N2 A2 B Analysis Services & RHE )44
o

analysis_server_name string Analytic Server F A4,

Ms EEEiE R

& 199: MS BEEEFENE

applymslogisticnode W% {1 B4

analysis_database_name string I ERS AT DATE SR i H BRI TR 7
A FH A% I Analysis Services & RHE )44

analysis_server_name string Analytic Server T4,

MS EffE5

& 200: MS BREIFEFINS

applymstimeseriesnode W% | i Wt

analysis_database_name string LB AT DATE SR RO TEE 0
N FAA DI Analysis Services B RHER 4
o

analysis_server_name string Analytic Server M54,

start_from new_predictio | 5E BIETARKTENNE B BEAETAH,

n
historical_
prediction
new_step B TE F8 A S TE I ) kBl g R B
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7= 200: MS BSREFFINE (448)
applymstimeseriesnode W% | i Wt
historical_step L& E 3% FEAE TR I B0 R IR e B
end_step e JE % TR 425 RS AT
MS IEFEE
& 201: MS BFHEND
applymssequenceclusternod |{H i
e W%
analysis_database_name string &R AT DATE SR B RO TEE 0
%P‘J?ﬁﬁﬂi?&“ﬂﬂ Analysis Services ¥} 14
analysis_server_name string Analytic Server #1447,
Oracle BIZHEREENE
Oracle BiREIZNE
Oracle ER}EH AR EIFEHT— RN A N AR,
& 202: —f& Oracle BIZERA
—i% Oracle i %¥ 1H WEE L]
target RAL
inputs MR YT B
partition RiAL AR TR AR 0 B 2 ANRIRAR AR, AR
RGBSR, MR P B
datasource
username
password
epassword
use_model name JiEASE
model_name string ERE R UNEA .
use_partitioned_data TR MR E IS ENERRAL, B I I AT (5 L
Al 5 B o o ) SR A A AR
unique_field i LA
auto_data_prep TR U EHEE Oracle HENERIEMDIRE ((EE AR
11g ERHE)
costs sEMElL N, BR:
[[drugA drugB 1.5] [drugA drugC
2,111, Hr[] By U ERRTHIIER AR,
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R 202: —fi% Oracle EiZENE (4E4E)

—f% Oracle V% {i REEELi]

mode Simple WIHTESE RGN A ATk, WREE 2
Simple, EEFAMEHLENE,

Expert

use_prediction_probability |JHfE

prediction_probability string
use_prediction_set i

Oracle Naive Bayes
A% oranbnode WYEIESHY AT N AW N A7R:

2 203: oranbnode WA
oranbnode MN% H Mz
singleton_threshold e 0.0-1.0*
pairwise_threshold ez 0.0-1.0*
priors Data
Equal
Custom
custom_priors agrte SN, XU
set :oranbnode.custom_priors =
[[drugA 1][drugB 2][drugC 3] [drugX
4] [drugY 571

* IN5E mode #% % Simple, HIZEENZ,

Oracle :3iE4 Bayes
FH7 % oraabnnode MYETEEAY AT FHIN AW RAR:

& 204: oraabnnode W&
oraabnnode W% " REaE ]
model_type SingleFeature

MultiFeature

NaiveBayes
use_execution_time_limit A *
execution_time_limit B EVZERIR 0, *
max_naive_bayes_predictors |%#{ HVZERIR 0, *
max_predictors B EWHEKR O, *
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X 204: oraabnnode W% (44E

oraabnnode W% {11 REE ]
priors Data
Equal
Custom
custom_priors sEE(L ML, MR
set :oraabnnode.custom_priors =
[[drugA 1][drugB 2][drugC 3][drugX
4] [drugy 5]1]

* 405 mode %% Simple, RIZBENZE,

Oracle ZIE M= 142323
FER %A orasvmnode MBI AT N AW R

& 205: orasvmnode &

orasvmnode W% {[1 RS
active_learning Enable

Disable
kernel_function Linear

Gaussian

System
normalization_method zscore

minmax

none
kernel cache_size 2 4 EEAR &I, EBERNR

0, *

convergence_tolerance & {HZEKIR 0, *
use_standard_deviation R {800 B = ATz, *
standard_deviation 7 {EWERR 0, *
use_epsilon AR {EE00 R T B AR, *
epsilon & {EZHKR 0, *
use_complexity_factor A *
complexity_factor B *
use_outlier_rate A AR —asE A, *
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X 205: orasvmnode WA (44E)

orasvmnode N% {1 RS
outlier_rate & AR —#%X, 0.0-1.0*
weights Data
Equal
Custom
custom_weights sENEL RN, SRR

set :orasvmnode.custom_we
ights = [[drugA 1][drugB
2] [drugC 3][drugX 4]
[drugY 5]]

* N5 mode #% %4 Simple, HIZEENZ,

Oracle EZ4F IR

A% oraglmnode HIEIEGHI AT FH N AT R

2 206: oraglmnode NA

oraglmnode N%& 1H RS
normalization_method zscore

minmax

none
missing_value_handling ReplaceWithMean

UseCompleteRecoxds
use_row_weights AR *
row_weights_field ic v *
save_row_diagnostics A *
row_diagnostics_table string *
coefficient_confidence 7 *
use_reference_category AR *
reference_category string *
ridge_regression Auto *

off

On
parameter_value e *
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2 206: oraglmnode MB (#48)

oraglmnode N% H RS
vif_for_ridge it *
* Q% mode g% % Simple, HIZRENE,
Oracle ;REEHIREEE
JE% % oradecisiontreenode [WEIELH AT A N RER:

2 207: oradecisiontreenode %

oradecisiontreenode N%  |fi PR
use_costs TR

impurity_metzric Entropy

Gini

term_max_depth LS 2-20*
term_minpct_node & 0.0-10.0.*
term_minpct_split e 0.0-20.0*
term_minrec_node B {EWERR 0, *
term_minrec_split B {EWERR 0, *
display_rule_ids i *

* W mode #% % Simple, HIZBENZ,

Oracle O-#E&

KEM % oraoclusternode FIERELHY AT FHIN AW R :

X 208: oraoclusternode A

oraoclusternode W% (<1 EaSt]
max_num_clusters B {HVZEKIR O,
max_buffer B EVZHRIR 0, *
sensitivity &2 0.0-1.0*

* gN5R mode &% Simple, HIZWENZ,
Oracle KMeans
JERY %y orakmeansnode HYERHRGHY AT INALN R AR :

2 209: orakmeansnode WA

orakmeansnode W% 1 EaEt]
num_clusters B {EVZHRIR O,
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X 209: orakmeansnode N7 (448)

orakmeansnode W% 1" M2
normalization_method zscore
minmax
none
distance_function Euclidean
Cosine
iterations G4 0-20*
conv_tolerance L& 0.0-0.5.*
split_criterion Variance FERE{E % Variance, *
Size
num_bins B ENZEKIR 0, *
block_growth B 1-5*
min_pct_attr_support e 0.0-1.0.*
* 1% mode %% Simple, HIZHENZE,
Oracle NMF
A% oranmEnode WYEIEGIY AT HNA M RFR:
& 210: oranmfnode NA
oranmfnode M %¥ {1 RS
normalization_method minmax
none
use_num_features AR *
num_features B 0-1, FHREHEEERBEERMEEHEH, *
random_seed L& *
num_iterations T 0-500*
conv_tolerance & 0.0-0.5*
display_all_features i *

* N5 mode #% %4 Simple, HIZEENZ,

Oracle Apriori

iM% oraapriorinode HIEIEGHIR] FH N AU NAR:
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2 211: oraapriorinode NA

oraapriorinode MN% 1 WE ]
content_field it {vA

id_field it A

max_rule_length B 2-20,
min_confidence &2 0.0-1.0,
min_support B 0.0-1.0,
use_transactional_data AR

Oracle &/)\ifiBARE (MDL)
BH AR A oramdlnode FUETEG T H BN,

Oracle B EEH (AI)

FE7U % oraainode MIEIESH ] FH NAMN FA7R:

A2 B A B EBATEHAR 2> @A Oracle WA

K 212: oraainode NB

oraainode W% H M2t IH
custom_fields A WSR2 true, AIAFFELABATHETSEHE, W
AR H AR, NS 2 false, R L
MRS ERSP B TR e
selection_mode Importancele
vel
ImportanceVa
lue
TopN
select_important TR H selection_mode #% %% ImportancelLevel
IRf, FE7E /2 7 B 2L,
important_label string faE TEZ) DHERIEE,
select_marginal A H selection_mode % ImportancelLevel
Rf, FE7E 2 S IEH — ML,
marginal_label string feE TBRR SRR,
important_above B 0.0-1.0,
select_unimportant TR H selection_mode #%% Importancelevel
Rf, FR7E =S IERUNEZMAL
unimportant_label string e TAREZ) RS,
unimportant_below B 0.0-1.0,
importance_value /&2 H selection_mode #% %y ImportanceValue
e, feE S AT, #5520 Bl 100 Z [y
(N
top_n L& H selection_mode #% % TopN I, 57EZfH

FIREER{E, %32 0 B4 1000 ZFEIHIME,
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Oracle {RE[ZEIRNE
f#i /] Oracle BN PR E BB A NHINE,

Oracle Naive Bayes
%A % applyoranbnode JERIIHIEE R EBENE,

Oracle #3:iE 14 Bayes
1% % applyoraabnnode JERIAIHIELE R EBENE,

Oracle SZiRRIEH 2333
1% % applyorasvmnode FEA A HiELE R A NE,

Oracle REERHAEEE
JEA1 % applyoradecisiontreenode HIEIESHI AT N AT RFR:

3+ 213: applyoradecisiontreenode RNA
applyoradecisiontreenode W% {f M
use_costs g
display_rule_ids TR

Oracle O-#&

%F 4 applyoraoclusternode AR HI R E R HEN A,

Oracle KMeans
%A 7 applyorakmeansnode R IEI B TR B BN A,

Oracle NMF
RHINERR applyoranmfnode JERIAYEiR,:

2 214: applyoranmfnode NA

applyoranmfnode W% H M2
display_all_features TR

Oracle Apriori
7E Scripting H &R E A AR [ B,

Oracle MDL
£ Scripting HHIEIAE A B [

IBM Netezza Analytics BIEEENE

Netezza BIREIEENE
IBM Netezza ¥k} EAR FIBE Y — A N AU R iR,
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K 215: —f% Netezza EiZEMA

—Ji% Netezza ffiBiN % 1H M2
custom_fields TS W% true, HIARTHEABTEHEEE B, WA

HABRIAL, AR% false, RIEMM By DAL &
AR TROE .

inputs [field1 ... fieldn] |15 Ffr A A dign A\ B TETAIMELAR A2
target i [vA B CEgsREE)
record_id A FLF VR —0#% ID BN,
use_upstream_connection |t W% true (FHEL) , HREREARANSH/E_LFEiRs s
E. {E¥EE T move_data_to_connection KRR
ffiH,
move_data_connection A WA true, AEERFZEIZIH connection f57E
HERE, TEHEET
use_upstream_connection REAMEH,
connection sEREL FEFALEIY Netezza BRHEREAR 7B, &5EIEN
7, kR
['odbc' '<dsn>' '<username>' '<psw>'
'<catname>' '<conn_attribs>' [true]|
false]]
Hrr:
<dsn> BB RIHJELFE
<username> I <psw> f& ¥ RHE Y HE AR
15
<catname> EAERZ
<conn_attribs> ZELRE
true | false fEREDFEEENE,
table_name string 1872 H R GRS Rk JEE 2R A 1 44
use_model_name TR WA true, HHH model_name f8E M ARBIES
R RE, &R R B 42 FE,
model_name string H ETHTi AR 44 18,
include_input_fields iz WIR A true, [ NFEEIERTEEAMAGL, SRIEERR

FRIEA ) record_id FIRRNL,

Netezza ;REFREIREEIE

A A netezzadectreenode FIETEERY AT FHIN AW R R:
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K 216: netezzadectreenode NA

netezzadectreenode %

1

WA

impurity_measure

Entropy

Gini

BRI, AR RIRA RS
AR I E,

max_tree_depth

kel 14

fatR A R T AR R 2R b FRE IR
B FHmLEZ 62 (LFRATRE
B .

min_improvement_splits

HEAT 0 F Al NG ) B (AR B K
&, THmBEZ 0.01,

min_instances_split

A DOEEAT 7> BIRGER T B R ERAR 73 E
RLEREL, THRUEZR 2 (TIRATRE
fH) o

weights

BRI RHBIRE, AR N
7=, T

set :netezza_dectree.weig
hts = [[drugA 0.3][drugB
0.6]]

TR T A SRR 2
L

pruning_measure

Acc

wAcc

FHEL(EZy Acc CREREE) o 4R
B IR 1 R A AR =S e 1
g,ﬁﬂﬁﬁﬁ wAcc CHNFEREHEE)

prune_tree_options

allTrainingData

partitionTrainingData

FE% A allTrainingData
ARAGFH AR AR, {50 A
partitionTrainingData Z&fg
E B HNENSE R E 7 b, B
useOtherTable ZR{FEHEEE K

useOtherTable JE S EIFIN SR AL AR
perc_training_data 7 W% prune_tree_options ik
partitionTrainingData, HI
Fa7E R ANSREE R SR E 77
ko
prune_seed B 1E prune_tree_options iX/E
% partitionTrainingData
IRe, FTATYES b SR A g A
¥, TEREZ 1.
pruning_table string FH A& At A R P A 1 P 18 1) T 5
BRI RIS,
compute_probabilities A W% true, FEAGEER (B

2R) MR LUK FH AL

Netezza K-Means

JE7 A netezzakmeansnode HIETESHYR] FH N AU RN :
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X 217: netezzakmeansnode NZA

netezzakmeansnode W% {1 REEEti]
distance_measure Euclidean B2 HREE R MR E T &1 715,
Manhattan
Canberra
maximum
num_clusters BB TV SREHE; HRES 3
max_iterations B THETEE L, BAGISRTE L 2 12510, TERES
56
rand_seed #EH BRHARIE s R hEHAE T THRES

12345,

Netezza Bayes Net

FEM A netezzabayesnode IEIE A A] FH N AW NAT/R:

&K 218: netezzabayesnode NZA

netezzabayesnode N%¥ 1H W2

base_index B R — (i AL HE € U BUE 1D, FRIEITINERE
B THRRAERY 777,

sample_size T J& 1SR AE R KRR /)N, THRE{E 2 10,000,

display_additional_infor [JffZ AR % true, HITERE SEEHAE HEUREEIMNVERE G

mation o

type_of_prediction best B A TR B best (SRAHRANIAHHAL
{) . neighbors (CHH#FMERIINRETEH]) ¢ nn-

neighbors neighbors (FEHERBAHARE) -

nn-neighbors

Netezza Naive Bayes

JERU % netezzanaivebayesnode FIHIESHY AT N AU NFR:

& 219: netezzanaivebayesnode A

netezzanaivebayesnode )y | {H sl

ﬁ

compute_probabilities A WR A true, FEAGRER (W) MLCULTERI
AL,

use_m_estimation iy WA true, HIMEH m-estimation F4Ff DAEE Gt

WM TR,

Netezza KNN

¥ % netezzaknnnode HYETEARY O] FH N AW R
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X 220: netezzaknnnode NA

netezzaknnnode W% {1 REEEti]
weights sERE(L B2 RS S EERE E MG NE, #
i)
set :netezzaknnnode.weights = [[drugA
0.3][drugB 0.6]]
distance_measure Euclidean FATATI 2 B R 2 R EE R 75
Manhattan
Canberra
Maximum
num_nearest_neighbors T FrEBIRENRE A RIS, THRES 3.
standardize_measurements |l WA true, FREETERHEEEBEE 2 R, BHEAE A
LRI B TR EL,
use_coresets A WSR2 true, RIEFRBIERIE OB TS
FHEHE,

Netezza D EIFE

A A netezzadiveclusternode HIEEEHI AT A N AW FAR:

R 221: netezzadivclusternode &

netezzadivclusternode N |[{& WAt
ﬁ
distance_measure Euclidean FHTATI R B R RS =~ [ B RS 77 75
Manhattan
Canberra
Maximum
max_iterations L TERARYEN SRS 1 A T BRI RS, TERR
{24 5,
max_tree_depth ey ] DI E R ESR A0 EREIRE; FERAES 3,
rand_seed L FEtkfE T, IR E DT, FERE{EA 12345,
min_instances_split B A A B RIRACEREL, FERRAES 5.
level L3 44 F R BEIRE g g R TERRE S -1,

Netezza PCA

A% netezzapcanode HIEIEGHI AT N AU R

330 IBM SPSS Modeler 18.5 Python Scripting 1 E Ei{L. F-fiit




&R 222: netezzapcanode NA

netezzapcanode W% 1H RSl

center_data TR WA true (FHRXE) , APERSEHITERSEH (g
7 DESBOHERR ), REEBUT O,

perform_data_scaling A AR A true, IRBTENTRIBITERHAE, BT

AT DATE DAAN ] ) BEAS J0 B AN ] P 33 AR (5 70 A AT

E=

force_eigensolve A WSR2 true, RIS REEREHE LR 7 AR =3 F
Bitrro

pc_number B FFERMERE R0 E R, THRES 1,

Netezza iBEF R4S 1R

FE %A netezzaregtreenode MEIE A A] H N AU NA/R:

& 223: netezzaregtreenode W&

netezzaregtreenode MN% 1H P2 St
max_tree_depth Y B ARGES AR GRS 77 7] A R 3
A9 ERRE RS THELEZY 10,
split_evaluation_measure |Variance FEREE &, FRRHAS 2 BIRHR
FEMERRAEAE, THRME (HRiME
—J#IH) J2 Variance,
min_improvement_splits B AR S A T3 70 B A A
B BRI EE IR,
min_instances_split B A] A BIRYECERE H TR,
pruning_measure mse SLEE AR TT A
r2
pearson
spearman
prune_tree_options allTrainingData TR AME allTrainingData

partitionTrainingData

useOtherTable

ARAGEHE AR,
partitionTrainingData &{§
EEEHAEISRE R T b, 8
useOtherTable Zff ffsE &k
JEE P R BRI SR R AR

perc_training_data

ey

WS prune_tree_options i
E 4 PercTrainingData, Hilfs
TE FH A AR AR A B 99 o

prune_seed

By

{£ prune_tree_options &
% PercTrainingData I, AR
e RS T, THRE

2 Lo

pruning_table

string

AR A & AP PR R 1 ) 8 1 i i 3
KRR,
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&R 223: netezzaregtreenode WA (H4E)

netezzaregtreenode W% H RESLL
compute_probabilities A W% true, HIFET BEZOFATE

H AR R E RE I B 5

Netezza 314D ER
SR netezzalineregressionnode AUHENESHA] F N AU RATR:

2R 224: netezzalineregressionnode P&

netezzalineregressionnod |{H PN

e W%

use_svd A WR % true, BEA TREUES R FEREAE R IGHE
BekL, AR 3 o ok R B ELA e P

include_intercept JHAE WRZ true (FHSAB) , FRBRIGNARAVEESRE R,

calculate_model_diagnost |/t W% true, AR ZEE .

ics

Netezza BRIF%!

A A netezzatimeseriesnode HIEIEEHI AT N AW FAR:

R 225: netezzatimeseriesnode NZA

netezzatimeseriesnode W% |{f RS

time_points Gic 2 I AR B 3 RERE 7 21 B H BRE
BCRFREIES

time_series_ids iE {2 e AR L SRR 1 ID; 1E
i N\ 5 22 (1B R R e 21 R 46 D

model_table it v B2 FETE Netezza Ri ] 5715
AU L R A% 1Y 44 R

description_table i {vA B2 B IR A A A AN R B A i
ARSI 2 F8,

seasonal_adjustment_table | Hfi B2\ RIS AR, 2R

RUR S BT 1R AL BOE A T e
I R SR P R AL T A

&,
algorithm_name SpectralAnalysis B BN TR SR EE
spectral o

ExponentialSmoothing 5%
esmoothing

ARIMA

SeasonalTrendDecompositio
n B¢ std
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R 225 netezzatimeseriesnode NA (44E)

netezzatimeseriesnode W% (1 RS
trend_name N FERC- IR LB SR
A N - fi
DA A - AT
M DA - JRUIE AT e
DM M - FH3Re M
DM - JekiiEAH 3fe
seasonality_type N FEBCEIE B E HA R
A N - fi
M A - AT
M - FH 3
interpolation_method linear A FH R T 1
cubicspline
exponentialspline
timerange_setting SD LSl P A Sy ] oL R A R
SP SD - H&#HEE ((FRREFYIE

R SRR )

SP - [ & &
earliest_time I
latest_time f&%&
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R 225 netezzatimeseriesnode NA (44E)

netezzatimeseriesnode W% |l WA EH

earliest_time B BHIGERIASE A (AR
timerange_setting 4 SP) ,

latest_time

H A
G time_points {H,
IRERE
Ban, R time_points ffifl
(e EHH, AIEmEZE HE,
CHELCIR
set
NZ_DT1.timerange_setting
= "sp!

set NZ_DTl.earliest_time
= '1921-01-01"'

set NZ_DT1l.latest_time =
'2121-01-01"
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R 225 netezzatimeseriesnode NA (44E)

netezzatimeseriesnode %

1

WA

arima_setting

SD

SP

ARIMA TEBIERERE (£
algorithm_name #E % ARIMA
REAERD) -

- RIFIRE
SP - & EE

R arima_setting = il
R 2I 2 8ok ek 1 2 I%E*EHF
L?ﬁ PR, B ((ERE

%) -

set NZ_DT1.algoxrithm_name
= 'arima'

set NZ_DT1l.arima_setting
= 'GP’

set NZ_DT1.p_symbol
'lesseq'’

set NZ_DT1.p = '4'

set NZ_DT1.d_symbol
'lesseq’

set NZ_DT1.d = '2'

set NZ_DT1.q_symbol
‘lesseq’

set NZ_DTl1.q = '4'

p_symbol

d_symbol

q_symbol

sp_symbol

sd_symbol

sq_symbol

less

eq

lesseq

ARIMA - 28 p. d. g. sp. sd
Ml sq HYEE T

less - DA
eq - FR

lesseq - /NABEER

p

ARIMA - HBBAR I AEE A ERE
i

kel 4

ARIMA - BB BAPERTAEE,

£ 4

ARIMA - 158 (RS Bl SRS B
FAEE IR E
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R 225 netezzatimeseriesnode NA (44E)

netezzatimeseriesnode W% (1 RS
sp L ARIMA - E Bl B A R
sq BE ARIMA - EHIPERTAE,
sd BE ARIMA - A B RS B (R L
AR S E
advanced_setting SD i R Q] i PRGEE R 5%
SP SD - RAIRE
SP - i 1Ei# period,
units_period
forecast_setting {57,
#Hifa
set
NZ_DT1.advanced_setting =
ISPI
set NZ_DT1.period = 5
set NZ_DT1.units_period =
1 d 1
period B FEHMEIER R E,
units_period —ifgE, ANi@E
FIRYEEE 7 1o
units_period ms period MIFR/RENL:
s ms - Z#
min s-#
h min - )5
d h - /NEE
wk d-H
q wk - 21
y q-FE
y - iF

flan, EREERRE R, 5
period fiH 1, fi¥f
units_period ffifH wk,
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R 225 netezzatimeseriesnode NA (44E)

es

netezzatimeseriesnode W% (1 RS
forecast_setting forecasthorizon Fia & an el T YR,
forecasttimes
forecast_horizon B 4N forecast_setting =
forecasthorizon, AREfSETE
I 45 SR BE{E,
| ¥ A time_points fH,
R R filgn, s time_points i HvAS
I SEM, RN F .,
forecast_times B W forecast_setting =
forecasttimes, AREEFEEHR
Fi ELT TR E,
5 R S time_points {H,
S Ry 2 filan, N time_points MIftl
A SEH, R O,
include_history JHEAEE RSB ESALE#
include_interpolated_valu |t feRE SR B ATEE H .

4%k include_history %
false, HI/NEH,

Netezza EZHLFE

A7y netezzaglmnode HYERESHY AT FH AL T fR:

2R 226: netezzaglmnode NA

netezzaglmnode W% 1H RS
dist_family bernoulli AR AR 2
bernoulli,
gaussian
poisson
negativebinomial
wald
gamma
dist_params & ZHERANM28E, EE

distribution %
Negativebinomial FRFA iE .,
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& 226: netezzaglmnode NA (£4E)

netezzaglmnode N%

1

WA

trials

£ 4

8% distribution A&
Binomial RfA B, & HAEM
JE 233 A — A P N E B E
K, target MM HEHMEHE,
trials RN EL S ElBREL

model_table

iRz

BRNGETTE Netezza BEFRARMERR
U R} o A% Y 44 .

maxit

HEEESI TR BAREE LR, 78
%84 20,

eps

fEERASERE (DR SERR
HERR) , ERER, HELE
FilESRRESER, FHERES
-3, 1BFK 1E-3, H10.001,

tol

BE—EE (DAREGHERRIER
R, AR BT S5 R H AR
#EA 0H, TEREA -7, TR
PMEER 1E-7 (8

0.0000001) , HIPHR A AR,
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& 226: netezzaglmnode NA (£4E)

netezzaglmnode W%

1

WA

link_func

identity
inverse
invnegative
invsquare
sqrt
power
oddspower
log

clog
loglog
cloglog
logit
probit
gaussit
cauchit
canbinom
cangeom

cannegbinom

SUH AR R TRAE R
logit,

link_params

By

FEHNGSER S EE, (25
link_function % power 5%
oddspower FEA 8 .,
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2R 226: netezzaglmnode MBS (44&)
netezzaglmnode W% H RS
- - = Ty
interaction [[[colnames1],[levels1]], Eiﬁﬁ&%?ﬂ?;ﬁniﬁo colnqmgs
AR IS, 1M level ¥
[[colnames2],[levels2]], ERRIEE 2, O
..,[[colnamesN],[levelsN]],] ALARRS 79 Uo
#ify:
[L["K","BP","Sex","K"],
[0,0,0,01],
[["Age","Na"],[0,0]]]
intercept TR WR % true, AITEERIAPEEH
ia

Netezza ER[EIENE

Netezza BB BB AT— XY A4N TR FRo

R 227: —fi% Netezza IZELBIENE

it Netezza BURIIE B2 {E

connection

string FETERTUY) Netezza ERHERBAR 75,

table_name

string 152 HTIA R AR R R R A Y 4

AP 5 0 Py 7 B S R ) N A
FUE IR Script BB NFR,

3+ 228: Netezza FEEIEIRBY Script B 78

B R Script 4

PRI RIR A applynetezzadectreenode
K-Means applynetezzakmeansnode
Bayes 4% applynetezzabayesnode

H AR o JH T A applynetezzanaivebayesnode
(Naive Bayes)

KNN applynetezzaknnnode
&5 applynetezzadivclusternode
PCA applynetezzapcanode

Tl i applynetezzaregtreenode
AR applynetezzalineregressionnode
IR 51 applynetezzatimeseriesnode
ERAR N applynetezzaglmnode
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4 16 & b EHN A

o ) RGO 7 B AP B BB N A B A N A, S H RS AN S IR RO EREIEIE, TR (7 Eh
PIFRI2IE,  EAETERAS PR BB H e & R i 2 BN R A

A e A L RS A AT A Scripting N

analysisnode NZ&

o3HT ) HTRERPAS TR A e TR RE 1. Toobr ) EREBUT — (Al (a Y

O\ BRATHANER R E 2 RS R LR, et n] DAAE B EL B TR AR,
#if]
node = stream.create("analysis", "My node")

# "Analysis" tab

node.setPropertyValue("coincidence", True)
node.setPropertyValue("performance", True)
node.setPropertyValue("confidence", True)
node.setPropertyValue("threshold", 75)
node.setPropertyValue("improve_accuracy", 3)
node.setPropertyValue("inc_user_measure", True)

# "Define User Measure..."
node.setPropertyValue("user_if", "@TARGET = @PREDICTED")
node.setPropertyValue("user_then", "101")
node.setPropertyValue("user_else", "1")
node.setPropertyValue("user_compute", ["Mean", "Sum"])
node.setPropertyValue("by_fields", ["Drug"])

# "Output" tab

node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full_filename", "C:/output/analysis_out.html")

& 229: analysisnode NA

analysisnode MN%¥ BRpEY M7t il
output_mode Screen FHZRHE E 1 i H G A A = i Y
I EENE,
File
use_output_name it feE 2 A B 3T 2R,
output_name string %R use_output_name %
true, FHTEE EHH YRS,
output_format Text (.txt) FA AR E i H A

HTML (.html)

Output (.cou)

by_fields THHE

full_filename string AR 2R, ERE HTML i
t, Bl Z i A R4 R,

coincidence JiEAE




& 229: analysisnode NA (448)

analysisnode W% BrPgi RS

performance TR

evaluation_binary AR

confidence JHAR

threshold EIE2

improve_accuracy v

field_detection_method Metadata e 7 TR (o7 B 4 E AR AL 157

a7, 45 Metadata 8¢

Name Name.

inc_user_measure JiEAS

user_if expr

user_then expr

user_else expr

user_compute [Mean Sum Min
Max SDev]

dataauditnode &

— MERIER ) BRI EemRE R, EEEFSTEMARRAESEH R, BTE
L o i ANA BEERHE., EREM MR ER SR, R &R R IR,
AR BT DA P Sl FH R 7 A e R/ N B B PR A S R B R

il

filenode = stream.createAt("variablefile", "File", 100, 100)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIN")
node = stream.createAt("dataaudit", "My node", 196, 100)
stream.link(filenode, node)
node.setPropertyValue("custom_fields", Tzrue)
node.setPropertyValue("fields", ["Age", "Na", "K"])
node.setPropertyValue("display_graphs", True)
node.setPropertyValue("basic_stats", True)
node.setPropertyValue("advanced_stats", True)
node.setPropertyValue("median_stats", False)
node.setPropertyValue("calculate", ["Count", "Breakdown"])
node.setPropertyValue("outlier_detection_method", "std")
node.setPropertyValue("outlier_detection_std_outlier", 1.0)
node.setPropertyValue("outlier_detection_std_extreme", 3.0)

node.setPropertyValue("output_mode", "Screen")

% 230: dataauditnode A&

dataauditnode % BRPERY WA
custom_fields TS

fields [field1 ... fieldN]

overlay L VA
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% 230: dataauditnode NA (448)

dataauditnode W% gk ipl WA
display_graphs TS FE TS Bl e 8 P i 4 R ek A [ T2
R,
basic_stats ik
advanced_stats iz
median_stats JiEASE
calculate Count HIREHRIERE, B
FERR—E, Wi, SR
Breakdown JEHL
outlier detection_method std FHAE € B BB B st L P (L
Tk
iqr
outlier detection_std outlier L& LIEPS
outlier_detection_metho
d /2 std, BREETEE R EREE
FHERNEE
outlier detection_std_extreme L& LIS
outlier_detection_metho
d /& std, AREEHEE IR E RN
Uit {E B
outlier_detection_iqr_outlier L& LIS
outlier_detection_metho
d /2 iqr, ABEEHEEHRIREZEE
BHERET
outlier_detection_iqr_extreme e LIRS
outlier_detection_metho
d /2 iqr, BREHEERIREFM
Uit {E BT
use_output_name TS FEE B A6 B AT A4,
output_name string W use_output_name %
true, FHTEE EHEHAIFRE,
output_mode Screen FAARFE 18 i H 6 85 2 A < it
I EENE,
File

output_format

Formatted (.tab)
Delimited (.csv)
HTML (html)

Output (.cou)

FIAR A i H R

paginate_output

JEAR

# output_format Z& HTML
IRf, ErEEE BOE L
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% 230: dataauditnode NA (448)

dataauditnode W% Bk Ry WA
lines_per_page e Hl paginate_output fEHLE

FIRE,  EraE i B EA TR

full_filename string

extensionoutputnode &

A A EET R 8¢ Python for Spark

Script, RIDAfEAT THEfRigH ) EREAR TR EE 7>
@: HIERHNAE R B H T DU P E T,
Y 2 E AR A A AR A AT B, AT
V¢RI
Python for Spark &ifjl

JHHHE script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension_output", "extension_output")
node.setPropertyValue ("syntax_type", "Python")

python_script = """

import json

import spss.pyspark.runtime

cxt = spss.pyspark.runtime.getContext()
df = cxt.getSparkInputData()

schema = df.dtypes[:]

print df

node.setPropertyValue ("python_syntax", python_script)

R &l

JHHHE script example for R
node.setPropertyValue ("syntax_type", "R")
node.setPropertyValue("r_syntax", "print(modelerData$Age)")

2% 231: extensionoutputnode WA

extensionoutputnode N% BrPie RSt

syntax_type r FEEHITHIE Script - R &
Python (FHER(EZR) »

Python

T_syntax string FHRAERUEE S8 R Scripting 58
o

python_syntax string FARAEARIEE 516 Python
Scripting &%,

A A R 12 (147358
convert_flags T — FR AR AL A2 IE,
LogicalValues

convert_missing TR A B TR AR 2 R NA {EYE

IH,
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& 231: extensionoutputnode WA (448)

extensionoutputnode N% BrPgi RS
convert_datetime TR FRIATEF H BAER B HARE R As X 52
B L R H A/ R RS E
TH,
convert_datetime_class POSTXCE FHRTEE N H HAE H HAR: R A% =X
POSIX1t A B B 2 T A XY I TH,
output_to A feEm R (Screen 3¢
File File) .
output_type — feE L BT R St
Text
full_filename string FH TP P8 A i L R 22 44
graph_file_type HTHL AR AR (L html
cou & .cou) ,
text_file_type HTHL FEE S R SR
TEXT (.html\ Ltxt 8 .COU) o
cou

kdeexport &

Kernel Density Estimation (KDE)© {#i [ Ball Tree 8¢ KD Tree J# & i/ T AR, i

A

HASAZEERSE, I
Hi8 73 fee 52 BOW LAy FH B JEE il 10

RER AT M BRI,

#EEER I (40 KDE) /2
SPSS Modeler H) KDE 245 i 251 KDE 1

HHENRHUR 7 KDE FENERIRDINRE N H 28, 152 ERRGZE DA Python RE R,

& 232: kdeexport N B

kdeexport MN% g il RS

bandwidth double THRREZ 1o

kernel string K%L gaussian 87 tophat, H
#%fE %A gaussian,

algorithm string i FHAURHIR AT R kd_tree,
ball_tree 5{ auto, FH#R{HZA auto,

metric string FHEFERERE S B, ¥R kd_tree

E L, 5% Euclidean,
Chebyshev, Cityblock.
Minkowski, Manhattan, Infinity,
P, L2850 L1, #/A ball_tree JHEIXL,
7H)%## Euclidian, Braycurtis.
Chebyshev, Canberra, Cityblock,
Dice. Hamming. Infinity.
Jaccard. L1. L2, Minkowski,
Matching. Manhattan. P.
Rogersanimoto. Russellrao.
Sokalmichener, Sokalsneath B¢
Kulsinski, TH#%{EZ Euclidean,
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2R 232: kdeexport NZ (H48)

kdeexport N% Brpgis RS

atol Float ERFTTRIVAAB A, B, AERAN
EEEHITER, THR{EZ 0.0,

rtol Float ERITRIHE RS, B, AR
EHHITER, TH{EZ 1E-8,

breadthFirst boolean WAy True DAMEFHE BT TE, &5
False PAEFIIREEE i1k, THRAEA
True,

LeafSize B EERRAE RS SEEIE /DN, THRER
40, S HAE T RE & R E R AR

pValue double AERIEHRE Minkowski FIRERE, #EiEE
P{E, THEEZA 1.5,

matrixnode N%&

#if
node = stream.create("matrix", "My node")
# "Settings" tab
node.setPropertyValue("fields", "Numerics")
node.setPropertyValue("row", "K")
node.setPropertyValue("column", "Na")

node.setPropertyValue("cell_contents",

(RERE ) EREEES —EBURR AL BB RATRAS . E iR AR M BT 98 Y
BAR, (Eth AT AR R TR A e BB R AL T 1R

"Function")

node.setPropertyValue("function_field", "Age")
node.setPropertyValue ("function",

# "Appearance" tab

node.setPropertyValue("sort_mode",

"SUm" )

node.setPropertyValue("highlight_top", 1)
node.setPropertyValue("highlight_bottom", 5)
node.setPropertyValue("display",

node.setPropertyValue("include_totals", True)

# "Output" tab

node.setPropertyValue("full_filename",
node.setPropertyValue("output_format",

"Ascending")

["Counts", "Expected", "Residuals"])

“C:/output/matrix_output.html")
"HTML")

node.setPropertyValue("paginate_output", True)
node.setPropertyValue("lines_per_page", 50)

& 233: matrixnode N&
matrixnode V% Bk M IH
fields Selected
Flags
Numerics
Tow it v
column iE (A
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X 233: matrixnode WA (44E

matrixnode N%&

BRPER

WA

include_missing_values

JEAR

FEE LS AR L PR A S fi
MFENE (ZH) MARKERN
EH (ZH) .

cell_contents

CrossTabs

Function

function_field

string

function

Sum

Mean

Min

Max

SDev

sort_mode

Unsorted
Ascending

Descending

highlight_top

ey

mRAAEE, HIA True,

highlight_bottom

LE2

mRAAEE, HIA True,

display

[Counts
Expected
Residuals
RowPct
ColumnPct

TotalPct]

include_totals

JEAR

use_output_name

fEE R A B AT A4 R,

output_name

string

W5 use_output_name %
true, FETEE EE AR,

output_mode

Screen

File

A R (o i ) B G 2 A < i e
T HRE,
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X 233: matrixnode WA (44E

matrixnode W% BRPER WA S

output_format Formatted (tab) | HZRIEEHHEEA,
Formatted f1 Delimited %
Delimited (. A AT BT
elinited (.csv) transposed, ILRFEATEER

& H A B
HTML (.html)
Output (.cou)
paginate_output AR # output_format Z& HTML
IRF, BB 5 RO
lines_per_page e Bl paginate_output f&HCff

R, &t thi s B TR

full_filename string

meansnode &

{H, DA SFAEREEER, B, &n] DILRBa RIes iTRry-rElk, =&

5iﬁ PESE) HRG S LR R 2 TR E9ME, o Rt B R o A BC B < RO~ F-23
__ AR B AR BZ (e 8 % 7 BB W B 2 (e B 2 5 1 B OB T ER R,

iRl
node = stream.create("means", "My node")
node.setPropertyValue("means_mode", "BetweenFields")

node.setPropertyValue("paired_fields", [["OPEN_BAL", "CURR_BAL"]])
node.setPropertyValue("label_correlations", Tzrue)
node.setPropertyValue("output_view", "Advanced")
node.setPropertyValue("output_mode", "File")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full_filename", "C:/output/means_output.html")

& 234: meansnode NA
meansnode N% gk uy REaEAi]
means_mode BetweenGroups e E BAEE R EHITR Y B
FHE R,
BetweenFields
test_fields [field1 ... Fe & E means_mode BHE S
fieldn] BetweenGroups MK E R
Lo
grouping_field LA FeE D 4HMRN
paired_fields [[fieldl field2] |45/E % means_mode FE 2y
BetweenFields FRFE{#H FHAYAK
[field3 fielda] |HHIfL
]
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X 234: meansnode WA (448)

meansnode N7 BrPie RESLL]

label_correlations TS fe & 1t Hh 2 A U AH R R L
P, {¥% means_mode BXE
% BetweenFields A EH
HEEE,

correlation_mode Probability FEE B A MR el 4 BHE AR A
BT,

Absolute

weak_label string

medium_label string

strong_label string

weak_below_probability L& % correlation_mode %%
Probability I, f57E39fHRA
MEREEE, BYXEENRO
F| 1 ZFERME - B, 0.90,

strong_above_probability & SR A B PR R 0 EIE,

weak_below_absolute T # correlation_mode %%
Absolute [Ff, f5Eg5HEAMER
BHEEH, BYWHEENNO0E 1
Z FEIRYME - 4N, 0.90,

strong_above_absolute BT SR A B PERY 2 EIE,

unimportant_label string

marginal_label string

important_label string

unimportant_below v AR EE BB E, B
SRR 0 B 1 Z FEHIE -
in, 0.90,

important_above B

use_output_name TS FEE = A B BT 4408,

output_name string i B,

output_mode Screen FiEE E i L 7 R 7 A O Y
EEEIhA=S

File

output_format

Formatted (.tab)
Delimited (.csv)
HTML (html)

Output (.cou)

R i L AR

full_filename

string
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K 234: meansnode WA (#48)
meansnode W% gk ip] WA
output_view Simple Fe e fE# P R i B AR R 2
MR I
Advanced

reportnode &

WS R AR AR, P ESEE Sy, BRNEEEREMRRA, &

&S RAE FREE S AR A, n] DS AR, BRI A
FREY HTMLERERANTE Tt AR Boei®aH, DR EET S . R DAES
AR CLEM FoRaUAF N RHE M HA A X e

il

node = stream.create("report", "My node")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full filename", "C:/report_output.html")
node.setPropertyValue("lines_per_page", 50)
node.setPropertyValue("title", "Report node created by a script")
node.setPropertyValue("highlights", False)

& 235: reportnode WA

reportnode N7 Brpie REStLL]
output_mode Screen FH ARG E (i L B R A < i
H B A E,
File
output_format HTML (.html) FHIATEE R S R A
Text (.txt)

Output (.cou)

format Auto FHR 2 B B Bl s R 2

fEFAEAR SR HTML 3 B
Custom Hig, ZEAEAPR HTML

R E, #EfEE Custom,

use_output_name iz feE R A B 3T 4R,

output_name string W5 use_output_name %
true, FETEE EHH RS,

text string

full_filename string

highlights JHAE

title string

lines_per_page e
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routputnode NZ&

R HiE R RIS E 2RI B R R Script,

R AT AR SRR AR AT AL ] DUZ S
TEE Y, S AR SR RS B A
B, B, fi el DR R S E,

& 236: routputnode B

routputnode W% BRERY WA
syntax string

Convert—flags StringsAndDoubles

LogicalValues
convert_datetime JiEAS
convert_datetime_class —

POSIX1t
convert_missing JiEAS
output_name -

Custom
custom_name string
output_to e

File
output_type Graph

Text
full_filename string
graph_file_type -

cou
text_file_type L

TEXT

cou

setglobalsnode &

S B R RN SRR E CLEM Zom AL, (I, A DA
@ L A R 2 P B HOOBea R, SABI5)@H5 A %X @GLOBAL MEAN (age),
1E CLEM 2575 2 b (i 47 B (RSB 7

il

node = stream.create("setglobals", "My node")
node.setKeyedPropertyValue("globals", "Na", ["Max", "Sum", "Mean"])
node.setKeyedPropertyValue("globals", "K", ["Max", "Sum", "Mean"])
node.setKeyedPropertyValue("globals", "Age", ["Max", "Sum", "Mean", "SDev"])
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node.setPropertyValue("clear_first", False)
node.setPropertyValue("show_preview", True)

& 237: setglobalsnode W&

setglobalsnode W% gt WEE L]
globals [Sum Mean Min SN E, fEHY, WAEGHT
Max SDev] A E A 2 R i MR

node.setKeyedPropertyVa
lue(
"globals", "Age",
["Maxll, ||Sum||,
"Mean", "SDev"])

clear_first TS

show_preview e

simevalnode &

PRRERTAG ) ERRGEHEE R TER EAFRROOEA RS, MRS AR % HARRRALAT 72 A

i FA A,

X 238: simevalnode RA

simevalnode W% BRI WA
target it v
iteration RAL
presorted_by_iteration boolean
max_iterations &2
tornado_fields [fieldl...fieldN]
plot_pdf boolean
plot_cdf boolean
show_ref_mean boolean
show_ref_median boolean
show_ref_sigma boolean
num_ref_sigma iy
show_ref_pct boolean
ref_pct_bottom &2
ref_pct_top &2
show_ref custom boolean

ref custom_values

[numberl...numberN]
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% 238: simevalnode NA (445)

simevalnode W% BrPgi RS
category_values Category
Probabilities
Both
category_groups CeliegeEes
Iterations
create_pct_table boolean
pct_table Quartiles
Intervals
Custom
pct_intervals_num &2

pct_custom_values

[numberl...numberN]

simfitnode &

RUEENCIE ) EhATe A S ERAI P ERR SR M, AL (BT TREEEA
iR, [FRGR R EERCE > o Bosa RN, AR, PTDAGER TRdReEL ) EhRhsREE

AR R

& 239: simfitnode N &

simfitnode W% BRPR M7t
build .

XMLExport

Both
use_source_node_name boolean
source_node_name string IETE AR B EE T A AR TR A A E

EIE2

use_cases okl

LimitFirstN
use_case_limit B
fit_criterion AndersonDarling

KolmogorovSmirnov
num_bins B
parameter_xml_filename string
generate_parameter_import boolean
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statisticsnode W&

Mgtat Rl BB A SR At AR BERIRIA FE AR AR S, el RS B A DU AR

2X| R  .

Ll

node = stream.create("statistics", "My node")

# "Settings" tab

node.setPropertyValue("examine", ["Age", "BP", "Drug"])
node.setPropertyValue("statistics", ["mean", "sum", "sdev"])
node.setPropertyValue("correlate", ["BP", "Drug"])

# "Correlation Labels..." section
node.setPropertyValue("label_correlations", True)
node.setPropertyValue ("weak_below_absolute", 0.25)

node.setPropertyValue ("weak_label", "lower quartile")
node.setPropertyValue("strong_above_absolute", 0.75)
node.setPropertyValue("medium_label", "middle quartiles")

node.setPropertyValue("strong_label", "upper quartile")

# "Output" tab
node.setPropertyValue("full_filename",
node.setPropertyValue("output_format",

“c:/output/statistics_output.html")
"HTML")

R 240: statisticsnode NE

statisticsnode W% Bk MRS
use_output_name TS FEE B A B a1 4408,
output_name string W use_output_name %

true, mRTEEZE M HRIARE,

HTML (.html)

Output (.cou)

output_mode Screen FAAIRFE 18 i H 6 85 72 A < i L
1 B E
File
output_format Text (.txt) FH 245 E i HH R,

full_filename string
examine HH
correlate THH
statistics [count mean sum

min max range
variance sdev
semean median

mode]
correlation_mode Probability FEE & AR e AR BHE AR R A
730
Absolute

label_correlations

JEAR
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R 240: statisticsnode N7 (44E)

statisticsnode W% Bk Ry WA

weak_label string

medium_label string

strong_label string

weak_below_probability L& % correlation_mode %%

Probability I, f57E39fHRA
HREEE, BUEZNRO
F 1 ZMHrE - flan, 0.90,

strong_above_probability & SR A B PR R 0 EIE,

weak_below_absolute L # correlation_mode #%7%
Absolute [, f5@ESSHHBAMERY
el SYEENMR0E 1
Z FEIRYME - 4N, 0.90,

strong_above_absolute B SR AE B PERY 2 EI(E,

statisticsoutputnode &

. : Mgt Rt #iZEa] PRI IBM SPSS Statistics F2 AR IBM SPSS Modeler
%) Bk, ATDAFEEFZ KA IBM SPSS Statistics SMiFER. (LA S IBM SPSS
—— Statistics FUIRFERIA,

HRAMEEEN ARG, H2R% 380 HfY lstatisticsoutputnode N7 o

tablenode &

Tk B BUR R, R T U AR, SRR
EEEE RMEEE H M H A& rTSRERE BT AR, ICERGIEE A A,

gl

node = stream.create("table", "My node")

node.setPropertyValue("highlight_expr", "Age > 30")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("transpose_data", True)
node.setPropertyValue("full_filename", "C:/output/table_output.htm")
node.setPropertyValue("paginate_output", True)
node.setPropertyValue("lines_per_page", 50)

2 241: tablenode N&

tablenode W% BRPE Mz

full filename string WIREWRE, EREHTML Eid, HI
ol HAE 44 F8,

use_output_name g feE R A B 3T 4R,

output_name string Wi use_output_name % true, #F
e ELAH FH 44 R
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K 241: tablenode WA (#448)

tablenode W% BRPE Pz
output_mode Screen FA ARG E A g 1 B RG24 2 O H
REAE,
File

output_format

Formatted (.tab)
Delimited (.csv)
HTML (html)

Output (.cou)

FH AT E i R

transpose_data JHEAE FE ATk R, (EHERARA,
KRR,

paginate_output TR W output_format % HTML ¢, &
S 0

lines_per_page Bz Bl paginate_output A {# I,
e L ETEL

highlight_expr string

output string MERE N, PIOR B b 6 R Y
B—ERBII 2,

value_labels [[Value LabelString] F AR A B BC BB T R

[Value LabelString] ...]

display_places

Gl

FMRNLBEE BURH N B (R
PR BRI o (5 -1
it A ER I TR AR

export_places L2l FoRRA7 a5 ME Y B/ NB B (A
AR EEIMRA) o -1 4%
e F BRI PR R AL
decimal_separator DEFAULT FNRALEE /INEES (I R GE A REA
FEBHIMAD
PERIOD
COMMA
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K 241: tablenode WA (#448)

tablenode W%

WA

date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
“DD.MM.YY"
"DD.MM.YYYY"
“MM.DD.YYYY"
"DD.MON.YY"
“DD.MON.YYYY"
“DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
“MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

g 0 YYYY

ww WK YYYY

FEMMHIEES (EEAZEMH
DATE 8¢ TIMESTAMP fE1ZHIMEAL)
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K 241: tablenode WA (#448)

tablenode W% BRPgER WA

time_format "HHMMSS" REMALAIRE RIS ((EE R
TIME 5k TIMESTAMP fEfZIUMEND) o
"HHMM"

"MMSS"
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"

"(M)M. (S)S"

column_width Gicd 1 AROEMN IR, (E7 -1 TS E
T e E 2 Auto,

justify AUTO SOEMROLI BT
CENTER
LEFT

RIGHT

transformnode %A

(G TR AT ARSI DA R T UTH B R AT IR, R A M E M
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ol

node = stream.create("transform", "My node")
node.setPropertyValue("fields", ["AGE", "INCOME"])
node.setPropertyValue("formula", "Select")
node.setPropertyValue("formula_log_n", Txue)
node.setPropertyValue("formula_log_n_offset", 1)
& 242: transformnode NA
transformnode W% Brpie RSt
fields [ field1... fieldn] AR b IR,
formula All FORIESHE AT EHUE BT EE
1,
Select
formula_inverse TR FORE 1 I i Y A
formula_inverse_offset 7 %ﬁﬁfﬁﬂpg@)ﬂﬁgﬁ*ﬂﬁﬁ
2, PRAEERERE, SRR
J'Lg)lﬁéj 0
formula_log_n TR FRELIEM log , i,
formula_log_n_offset &2
formula_log_16 T TR EEF log 10 B,
formula_log_10_offset v
formula_exponential A FOREGIEMLAEE (ex) &
1,
formula_square_root TR FRINIE 75 T 5 FH - 7 AR AR
use_output_name A faE B H 8 5T H 4455,
output_name string AR use_output_name %
true, RIFE7E AR,
output_mode Screen FHZRHEE 1 H 6 G A A 2
I EENE,
File
output_format HTML (.html) FHZRHE € i L0 R,
Output (.cou)
paginate_output AR # output_format Z& HTML
IRf, s o U,
lines_per_page &2 Bl paginate_output &AL ff
HIlE, Gfeedmm e EITE,
full _filename string FENELAE RS S g P RO RE R
AN
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o 17 5 M ERINE

BAELEBRNE

AR IE T A HE ARG

+® 243: —REHEHHANS

Mz {iE ] P25t

publish_path string i N L B ASAE R 2 BUE R A H
M H $% 4o

publish_metadata TR Fa e 2 A5 A BT A RS 15 B\ Bl ) DA
K eMBERHEE) meta ERME

publish_use_parameters A fEERGE *par EEPHUE HRSE.

publish_parameters FHIEE = NGSE S 8

execute_mode

export_data

publish

TEE YU TERG T A S MR, BB AE
PATHTRGRY B B ER

asexport N&

] DUEF oA i AR 2 BEE HYTE Hadoop 70 B RE R 224t (HDFS) E#UT #R i,

i)

node.setPropertyValue("use_default_as", False)

node.setPropertyValue("connection",
["false","9.119.141.141","9080", "analyticserver", "ibm", "admin", "admin",6 "false

, , , rn , n ||] )

& 244: asexport NB

asexport W% Brpi RS

data_source string B R JRE R 44 R

export_mode string FeE 2 Sl M K append $5
EMIA BRI, B2’
overwrite fEEHIHERIK
o

use_default_as boolean WA True, RIEEHAMAIRES

options.cfg HHEHAEIEIITERE
MR ARAS HAR, AR A
False, HIJfdiFH 6685 A EEAR




& 244: asexport NG (HE4E)

asexport W% Brpi RS

connection ["string”,"string","strin |8 SWHAIRE EERATRY
g", HHENE, B4
"string","string","string | ["is_secure_connect",
", "string", "server_url",
"string" ,"string","strin|"server_port",
g", "string" ,"string"] "context_root",

"consumer", "user_name",
"password", "use-
kerberos-auth",
"kerberos-krb5-config-
file-path", "kerberos-
jaas-config-file-path",
"kerberos-krb5-service-
principal-name", "enable-
kerberos-debug"] Hh:
is_secure_connect: 5 HER
i 22 iR, HEARA true 8¢
false, use-kerberos-auth:
fetH 2 kerberos #71], H
{84 true 8 false, enable-
kerberos-debug: fgHi 2 A
F kerberos B RIEREER N, H
{84 true 5 false,

cognosexportnode RNZA

o

HTAMERRS, WLJHEFR Cognos HARHT ODBC AR,

Cognos iE43
Cognos EARFINAU T,
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2% 245: cognosexportnode WA

cognosexportnode N
1

K2y

BORPER

WA

cognos_connection

["string","flag","string","string","string"]

% Cognos fRIRERIEARFEAM ORI
HHENAE, B%:

["Cognos_server_URL",

login_mode, "namespace",
"username", "password"]
Hrp:

Cognos_server_URL BHEHKIFEZ
Cognos fAlAR#FHY URL,

login_mode faHH B GHHE XA
(& true B false) ; WHRES
true, HIRFIMAOIEZ 2 "".

namespace 5 & H AR B A A ARER L
AR AL,

username fll password /2 2E A
Cognos frlAR 25 B F & S R A 20,

EERM TAIHRm AR

login_mode:

- anonymousMode, #i#0:
['Cognos_server_url',
"anonymousMode ',
"namespace", "username",
"password"]

« credentialMode, #il4n:
['Cognos_server_url',
‘credentialMode’,
“namespace", "username",
"password"]

. storedCredentialMode, #
4n: ['Cognos_server_url',
'storedCredentialMode’,
"stored_credential_name"]

Hr stored_credential_name

TERETFET Cognos RB 48,
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2R 245: cognosexportnode WA (48)

cognosexportnode N | ¥R RS

g

cognos_package_nam |[string TR R 2 Y Cognos EFRY
e PRIEAIAAHE, Blan:

/Public Folders/MyPackage

cognos_datasource |[string

cognos_export_mode [Publish

ExportFile
cognos_filename string
ODBC iE43
ODBC RN B A& F—#it i) databaseexportnode FtHAUHIIE, B& T datasource WAMER >
Ak,

databaseexportnode &

FERLEEME D) HRGHS RIS A B ODBC MHARIBINERIAKIR, % 75 A\ ODBC &
= R, BERAIRATE, HEWHRBAENEAR,

e

il

Assumes a datasource named "MyDatasource" has been configured

stream = modeler.script.stream()

db_exportnode = stream.createAt("databaseexport", "DB Export", 200, 200)
applynn = stream.findByType("applyneuralnetwork", None)
stream.link(applynn, db_exportnode)

i# Export tab

db_exportnode.setPropertyValue("username", "user")
db_exportnode.setPropertyValue ("datasource", "MyDatasource")
db_exportnode.setPropertyValue ("password", "passwoxrd")
db_exportnode.setPropertyValue("table_name", "predictions")
db_exportnode.setPropertyValue("write_mode", "Create")

db_exportnode.setPropertyValue("generate_import", Tzrue)
db_exportnode.setPropertyValue ("drop_existing_table", True)
db_exportnode.setPropertyValue("delete_existing_rows", True)
db_exportnode.setPropertyValue("default_string_size", 32)

# Schema dialog

db_exportnode.setKeyedPropertyValue("type", "region", "VARCHAR(10)")
db_exportnode.setKeyedPropertyValue ("export_db_primarykey", "id", True)
db_exportnode.setPropertyValue ("use_custom_create_table_command", Tzrue)
db_exportnode.setPropertyValue("“custom_create_table_command", "My SQL Code")

# Indexes dialog
db_exportnode.setPropertyValue("use_custom_create_index_command", True)
db_exportnode.setPropertyValue("custom_create_index_command", "CREATE BITMAP
INDEX <index-name>

ON <table-name> <(index-columns)>")
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db_exportnode.setKeyedPropertyValue("indexes",

"region"]])

“MYINDEX", ["fields", ["id",

& 246: databaseexportnode N&

databaseexportnode N%¥ BRPR WEaE]
datasource string
username string
password string
epassword string EHUTIBRE, IR 20,
FEA RIS, sEEA TTE
iRER+PH MBS TH) . 52
RZE 47 HY TEALKB RIS
W5y F, DBUSHEZEH,
table_name string
write_mode Create
Append
Merge
map string FHTA S R iR 52 44 1 S ek 21 3 A e
BHER ((£7£ write_mode %
Merge HIEWM FABER -
HIRE0E, FraMAL L ZEAR I B
AREME, BRI AN AR R
A A4 RBAS TG 2 W
key_fields EH e RER S R BN, map
WARUREAE B RHE A A5 T,
join Database
Add
drop_existing_table A
delete_existing_rows A
default_string_size T
type FA AR A B R A R L
generate_import AR
use_custom_create_table c |t i custom_create_table JB 1A
ommand 1B A2%E CREATE TABLE SQL &
Lo
custom_create_table_comma |string TEE B EHE CREATE TABLE
nd SQL 5 AT HIEL,
use_batch i AN ZHRKEBAE R

JEREEETE, Use _batch & true
{E IR BE BA A3 ) IR B il e P B

&b
HEo
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2% 246: databaseexportnode WA (44E)
databaseexportnode W% Brpi RESLL
batch_size & FEELE LIS I E 2 ARG E
L I RE R L
bulk_loading off fFEEREWRARES, Ty
ODBC #il External fHAthEIE,
0DBC
External
not_logged i
odbc_binding Row FEEIEIE ODBC & & AR
A G B MR A
Column
loader_delimit_mode Tab B EESMNRRE R EE A, 15
TE T FRFF RIS, EE Other
Space &7
Other loader_other_delimiter
WE DS E 7 RFTsR, HlaniEns
())O
loader_other_delimiter string
specify_data_file A AR 2 True RER] RGN R 77 HY
data_file W&, RITEHAHEE
2 N 2 R IRE T FH A A 44 DA
N YNGTIEL T
data_file string
specify_loader_program A TR 2 True RER]RRE) R /7Y
loader_program N%, fEiZN
AR DAFE B MR AR R Script
BRI RBRIALE,
loader_program string
gen_logfile TR R 2 True {ERFR]REN R 7Y
logfile_name, AJfEHEFEE
IR as AR R4 DLEAFERR H
o
logfile_name string
check_table_size JiEAE A True RERFHETRISME
DA PRI R} A% /N i B A
IBM SPSS Modeler [ Hi %1 {85
iEVE
loader_options string fEES AW EAS 8, Hlan
-comment # -specialdir,
export_db_primarykey A fREMAEMN 2L R EERT I,
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2% 246: databaseexportnode WA (44E)

databaseexportnode W% Brpi RESLL

use_custom_create_index_c | fi WA A true, HIZAPTEERE

ommand R E#T SOL.

custom_create_index_comma |string HERHEET SOL K, fsE AR

nd VIR SOL 5%, (Al
FrERS!, BWRIE, AT
Ro )

indexes.INDEXNAME. fields BRI FE T A FE AT 471 R 22
BB e 2R R 42 .

INDEXNAME A VNG EEES T = IS

"use_custom_create_ SQL, 2R FRIZmHA#EIH,

index_command"

INDEXNAME string FeE FIRTE B4 B ET SOL.

"custom_create_index_comm FHS R N RIR TS,

and"

indexes.INDEXNAME.remove |JfEiZ SR % True, ARESHFIEFRATSEH
FEERTE € RIFERE,

table_space string Fe s BB M,

use_partition A Y8 € - R R R L

partition_field string FETE o MR B N A

Rk BRSO Gk, 8] DAFE R N B R RAS DUB TR A RE . (f5l4n, #£ SOL "HAHE X CREATE TABLE
MYTABLE (...) COMPRESS YES;) . 47T X#&RItIhAE, =Mt TNA use_compression #l

compression_mode, 1 RFIR,

& 247: FRB4EINEEN databaseexportnode NE

databaseexportnode N%¥

ORI

WA

use_compression

Atk

GRERE
AEH 7T

7 True, ARG DARE HiRFE TR
HENT AR
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& 247: [EFBBE4EINEER databaseexportnode A (Wi4E)

databaseexportnode W% Brpgi RESHET

compression_mode Row HBE SQL Server ERHE [ BRAHE IR
Page
Default #BE Oracle B RHERRARE IR, FHITE,

{E OLTP, Query_High,
Query_LowArchive_High

Direct_Load_Opera
- --P Archive_Low /DA% Oracle 11gR2,

tions
All_Operations
Basic

OLTP
Query_High
Query_Low

Archive_High

Archive_Low

BEORAAT 1 51457 E 451255 B8 CREATE INDEX 54 Y|

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX",
["use_custom_create_index_command",

True] )db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX",
["custom_create_index_command",

"CREATE BITMAP INDEX <index-name> ON <table-name> <(index-columns)>"1])

B, A] DOE B HE R R e IR R

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["fields":["id",
"region"],

"use_custom_create_index_command":True,
"custom_create_index_command":"CREATE INDEX <index-name> ON

<table-name> <(index-columns)>"1])

datacollectionexportnode &

: RO I B DL S0RHICE T A IO R SR 0k, AR08 YR
5 ORI S B P I 6,

il

stream = modeler.script.stream()

datacollectionexportnode = stream.createAt("datacollectionexport", "Data
Collection", 200, 200)
datacollectionexportnode.setPropertyValue("metadata_file", "c:\\museums.mdd")
datacollectionexportnode.setPropertyValue("merge_metadata", "Overwrite")
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datacollectionexportnode.setPropertyValue("casedata_file", "c:\
\museumdata.sav")
datacollectionexportnode.setPropertyValue("generate_import", True)
datacollectionexpoxrtnode.setPropertyValue("enable_system_variables", Txue)

3K 248: datacollectionexportnode RA

datacollectionexportnode W% BR R M2t
metadata_file string FE Y meta B RWE 2R,
merge_metadata Overwrite
MergeCurrent
enable_system_variables i e EMEHM .mdd FER RS ER,
T BRI R,
casedata_file string FEE R L sav FEERY
8o
generate_import TR

excelexportnode R%&

— Excel FEH B € 7 Microsoft Excel it & k), x1sx MR, BIBEARER
EXCELT 1T5e B 1% B BIRE) Excel W BHRLRE H RS 2,

Ll

stream = modeler.script.stream()

excelexportnode = stream.createAt("excelexport", "Excel", 200, 200)
excelexportnode.setPropertyValue("full_filename", "C:/output/myexport.xlsx")
excelexportnode.setPropertyValue("excel_file_type", "Excel2007")
excelexportnode.setPropertyValue("inc_field_names", True)
excelexportnode.setPropertyValue("inc_labels_as_cell_notes", False)
excelexportnode.setPropertyValue ("launch_application", True)
excelexportnode.setPropertyValue("generate_import", True)

& 249: excelexportnode N&

excelexportnode N% Brpgie W2
full_filename string
excel_file_type Excel2007
export_mode Create
Append
inc_field _names TR fEEMN AR E R EZESTET
YERRIE I,
start_cell string fEE e HIHUEA LA Cells
worksheet_name string FEEAN TER AR,
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2% 249: excelexportnode WA (H48)

excelexportnode W% BrPie RESLL]
launch_application A TR B 15 METE A5 FRAE 2 ey

Excel, mEiFRE, WJETE Helper
fEAFEREEENE ( TTE UiRE
7 > Helper EH#ER) HisE
JE) Excel HIBSEE,

generate_import TR FeE B O I A A I R I LR
FHEZA Excel FEASIE,

extensionexportnode N&

E'@ (i) THE(RREH) %, AT AT R 5 Python for
= Spark Script DARE H & *},

Python for Spark &ifjl

JHHHE script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension_export", "extension_export")
node.setPropertyValue ("syntax_type", "Python")

python_script = """import spss.pyspark.runtime
from pyspark.sql import SQLContext

from pyspark.sql.types import =

cxt = spss.pyspark.runtime.getContext()
df = cxt.getSparkInputData()

print df.dtypes[:]

_newDF = df.select("Age", "Drug")

print _newDF.dtypes[:]

df.select("Age", "Drug").write.save('"c:/data/ageAndDrug.json", format="json")

node.setPropertyValue ("python_syntax", python_script)

R gifl

JHHHE script example for R
node.setPropertyValue ("syntax_type", "R")
node.setPropertyValue("r_syntax", """write.csv(modelerData, "C:/export.csv")""")

& 250: extensionexportnode W&

extensionexportnode N% BrPgi W2
syntax_type r FEEHITHRE Script - R &
Python (FHER(EZR) »
Python
T_syntax string FEATHY R Scripting 587
python_syntax string FEATHY Python Scripting &5

%o
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& 250: extensionexportnode NA (48)

extensionexportnode N% BrPie RESLL]
convert_flags T FH A TR AR L 2R TE
LogicalValues
convert_missing TR AFE I E R R NA {ERYE
TH,
convert_datetime TR FIATEF H BAER B HARE RS X 52
oy R H AR RS XS
TH,
convert_datetime_class POSTXCE HRfe R H e H AR R =X
POSIXLt PR SR S 48 2 T A IR T,

jsonexportnode &

JSON P& H EiBhwmH ISON #E=AIE kL,

[JSON]

% 251: jsonexportnode RNE

jsonexportnode W% Brpgie RSt
full_filename string SEREREAL, HUAERRLE,
string_format Nz f5E ISON FHAIH8, THRR
{2 records,
18
generate_import A TeE B S A A i B L R

R ZE) JSON [ A%, T8

(A False,

outputfilenode &

. Al R SR L R T PR PR A L B EL 0 RSO AR H AT R LM ) el
Al R R B R A

ol

stream = modeler.script.stream()
outputfile = stream.createAt("outputfile",
outputfile.setPropertyValue("full_filename",

outputfile.setPropertyValue("write_mode", "Append")

outputfile.setPropertyValue("inc_field_names", False)

“File Output", 200, 200)
“c:/output/flatfile_output.txt")

outputfile.setPropertyValue("use_newline_after records", False)
outputfile.setPropertyValue("delimit_mode", "Tab")
outputfile.setPropertyValue("other_delimitex", ",")
outputfile.setPropertyValue("quote_mode", "Double")
outputfile.setPropertyValue("other_quote", "x")

outputfile.setPropertyValue("decimal_symbol",
outputfile.setPropertyValue("generate_import", True)

"Period")
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& 252: outputfilenode NA
outputfilenode MN% Bk Ry WA
full_filename string g HAE R AT,
write_mode Overwrite

Append
inc_field_names TS
use_newline_after records ik
delimit_mode Comma

Tab

Space

Other
other_delimiter char
guote_mode None

Single

Double

Other
other_quote TR
generate_import TS
encoding StreamDefault

SystemDefault

"UTF-8"

sasexportnode %A

FSAS FEH | SiEn] DA SAS A&l HE R, DAERE A SAS miHil SAS HA R E LS
EE* H, B =FEn] K SAS 1M SAS for Windows/0S2. SAS for UNIX B SAS %5
7/8 .

il

stream = modeler.script.stream()

sasexportnode = stream.createAt("sasexport", "SAS Export", 200, 200)
sasexportnode.setPropertyValue("full_filename", "c:/output/
SAS_output.sas7hdat")

sasexportnode.setPropertyValue("format", "SAS8")
sasexportnode.setPropertyValue("export_names", "NamesAndLabels")
sasexportnode.setPropertyValue("generate_import", True)
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2 253: sasexportnode NA

sasexportnode N% BrPgi RS
format Windows ] N AL
UNIX
SAS7
SAS8
full_filename string
export_names NamesAndLabels | FZR{#HEHIEE IBM SPSS
Modeler HHHE 428 S L
IBM SPSS Statistics Bt SAS %
NamesAslLabels —
e
generate_import JiEASE

statisticsexportnode &

. : IR Et R IE H 5 DL IBM SPSS Statistics .sav 5% .zsav #8 i &KL,  IBM SPSS
Statistics Base M HAthZE 5] DIFEEY . sav B . zsav FH%E, St IBM SPSS
Modeler A A PR BURE R AIRS X,

AR L R A A B,

2B 381 HAY Tstatisticsexportnode NZJ o

tmlodataexport BiZERNA

IBM Cognos TM1 [ Hifi%5 L Cognos TM1 EH}EE AT DA B A% 2O RE B R,

& 254: tmlodataexport EIBENEA

tmlodataexport iz jegakudl M2

credential_type

storedCredential

inputCredential B | FARFE HI a0 B Y,

input_credential

1HE  credential_type % inputCredential
IRF, fEEAR, (& IS,

stored_credential_name string ® credential_type %4
storedCredential If; #5& C&DS falfilkéy I

selected_cube

an:

Az SRR H B H AR AT ER T A R,

TM1_export.setPropertyValue("selec
ted_cube", "plan_BudgetPlan")
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& 254: tmlodataexport EIEENA (HEiE)

tmlodataexport fHiZEM %

WA

spss_field_to_tml_element
_mapping

HHE

BB tm1 TR E N FTEE R AR E
BRI, % [[[Field_1,
Dimension_1, False], [Element_1,
Dimension_2, True]l, ...],
[[Field_2, ExistMeasureElement,
False], [Field_3,
NewMeasureElement, True], ...]1]

A 2 [EE A RS, S EEHRTRY
Mo 2 4 S R A S T ) S A31) 2.

1. F—EEE: ([[Field_1,
Dimension_1, False], [Element_1,
Dimension_2, Truel, ...]) HR TM1 4k
JEE IR A

B 3 EIE AR R, 5 =EfmAk
EHRfEH E R ERAEERN TR, fila:
"[Field_1, Dimension_1, False]" Fm
Field_1 ¥z

Dimension_1; "[Element_1,
Dimension_2, Truel" FRet¥t
Dimension_2 EEH{ Element_1,

#if 2: SE_EEE: ([[Field_2,
ExistMeasureElement, False],
[Field_3, NewMeasureElement,

gue] , ... 1) FR TMA I E AR TR E
/\I_%il:{lo

B 3 EFEER RN E T REMER, F=F
MBI AR HE e B TR,
"[Field_2, ExistMeasureElement,
False]" #F/R Field_2 Hfii=s
ExistMeasureElement; "[Field_3,
NewMeasureElement, Truel" Fmr
NewMeasureElement W/EE
selected_measure HATENHIELEE, H
Field_3 #=T,

selected_measure

string

feE A,

.
setPropertyValue("selected_measure
", "Measures")

connection_type

AdminServer
TM1Server

e EARER, FEE(EZA AdminServer,

admin_host

string

REST API [ F #4480 URL, 405R
connection_type & AdminServer, Hiiit
NE A E,

server_name

string

7 admin_host HEE TML fAIARES 944
W5 connection_type /2 AdminServer,

RN A A E

server_url

string

TM1 fAlfk#s REST API Y URL, 4N
connection_type && TM1Server, HINZ
By Wb,
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tmlexport HiFENE (B/EX)

IBM Cognos TM1 [ Hifi%5 L Cognos TM1 EH}EE AT DA B A% 20 RE B KL,

wk: HLETHRSTE Modeler 18.0 FREEIR,  BUXHTRS Script /%2 tmIodataexport,

& 255: tmlexport BiBENA

tmlexport BNz

WA

pm_host

string

FE B AR 16.0 il 17.0 ik

T, plan:
TM1_export.setPropertyValue("pm_ho
st", 'http://9.191.86.82:9510/
pmhub/pm")

tml_connection

["field""field", ... ,"fi
eld"]

wk: SRR 16.0 kM 17.0 ik

HE TML FAIRZSEAA A ERITE NS, %
_&: [ "TM1_Server_Name", "tml_
username", "tml_password"]

IR
TM1_export.setPropertyValue("tml_c
onnection", ['Planning Sample',
"admin" "apple"])

selected_cube

Hafz

TR ORI ME T R H A AR T AE, Bl
an:
TM1_export.setPropertyValue("selec
ted_cube", "plan_BudgetPlan")
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& 255: tmlexport EIBENA (HE4E)

tmlexport Nz

WA

spssfield_tmlelement_mapp
ing

HHE

BB tm1 TR E TR AR E
BRI, X% [[[Field_1,
Dimension_1, False], [Element_1,
Dimension_2, True]l, ...],
[[Field_2, ExistMeasureElement,
False], [Field_3,
NewMeasureElement, True], ...]1]

A T T B R, R SRR TR
FEPUN ] 2 BRI :

qf 1: E—EERE: ([[Field_1,
Dimension_1, False], [Element_1,
Dimension_2, Truel, ...]) FR TM1 4k
JEE SR

B 3 EIF ARG R, 5 ={EfmAk
EHRfEH TR ERAEERN TR, fila:
"[Field_1, Dimension_1, False]" FmR
Field_1 %z

Dimension_1; "[Element_1,
Dimension_2, Truel" FRet¥t
Dimension_2J#EH T Element_1,

#ifl 2: FE(AEE: ([[Field_2,
ExistMeasureElement, False],
[Field 3, NewMeasureElement,
Truel, ...]1) HRA TML HIEAERE TS
Eiflo

3EFEHEFR R ETEEIEN, F=
B AR Y e T T 3R
"[Field_2, ExistMeasureElement,
False]" /R Field_2 ¥
ExistMeasureElement; "[Field_3,
NewMeasureElement, Truel" FR
NewMeasureElement FHEE
selected_measure HUEEAHIELEE, H
Field_3 #fmM=7¢,

selected_measure

string

farE M A,

.
setPropertyValue("selected_measure
", "Measures")

xmlexportnode N&

XML B H S RG ERE DA XML RS Ul 2RSS, JE0n] DOSE IR PR N7 XML 2GR DA
<XML> i1 BEE 14 DA A3 [ 5 07
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ol

stream = modeler.script.stream()

xmlexportnode = stream.createAt("xmlexport", "XML Export", 200, 200)
xmlexportnode.setPropertyValue("full_filename", "c:/export/data.xml")
xmlexportnode.setPropertyValue("map", [["/catalog/book/genxe", "genxre"], ["/
catalog/book/title", "title"]1])

& 256: xmlexportnode N&

xmlexportnode N%¥ g il RS

full_filename string (LZE) XML B H RS S A e B RS (AT 52
Hf,

use_xml_schema i e R G EHA XMLATE (XSD B¢ DTD &
) I U E R4,

full schema_filename string FHEF XSD 8¢ DTD #& R 52 BB S FIAE

E4M, WHE use_xml_schema #%%
true, HIANE,

generate_import AR FEAE S L R L S R 2 e e B AR T A A
XML 2 5 iR

records string FORALER BRI XPath FRT,

map string ARAL 2R BILE] XML &5hE,
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i 18 ¥ IBM SPSS Statistics fiili N %

statisticsimportnode RNZ&

il

stream = modeler.script.
stream.createAt("statisticsimport",

statisticsimportnode
200, 200)

statisticsimportnode
statisticsimportnode
statisticsimportnode

.setPropertyValue("full_filename",
.setPropertyValue ("import_names", True)
.setPropertyValue("import_data", True)

Statistics FEZRHiBEHE IBM SPSS Statistics AR ETFELE IBM SPSS Modeler A PR BLRE
(W HE—R) M .sav 5 .zsav B A& R EEE R

stream()
"SAV Import",

"C:/data/drugin.sav")

& 257: statisticsimportnode NA

statisticsimportnode W% | kP RS

full_filename string SRR, RIS,

password string W5, password ZEUNETE

file_encrypted 28 Hid%E,

file_encrypted A PR RGO RE,

import_names NamesAndLabels Ji B L R AR AR Y 7T
LabelsAsNames

import_data DataAndLabels JE PR B AR I 77 1
LabelsAsData

use_field format for stor |#itk feEEANRF2 75 f# F IBM SPSS Statistics

age AR AR,

statisticstransformnode &

— Statistics i EEEH 5 IBM SPSS Modeler &R JRHSTATIER) IBM SPSS

L
ify)
stream = modeler.script.

statisticstransformnode
"Transform", 200, 200)

statisticstransformnode.

K.")

statisticstransformnode.

Drugs")

statisticstransformnode.

Statistics EIETES.

I ETBEFETE IBM SPSS Statistics FIIZRERIA,

stream()
stream.createAt("statisticstransform",

setPropertyValue("syntax", "COMPUTE NewVar Na +

setKeyedPropertyValue("new_name", "NewVar", "Mixed

setPropertyValue("check_before_saving", True)




2 258: statisticstransformnode W&

statisticstransformnode W% g kil RSt

syntax string

check_before_saving TS {7 By A\ JH 2 Ji7 B o i A Y
AfRe  UNRGEAMRY, Al ERE
RS

default_include A H2 R 146 HRY Tfilternode
W) 8, DESEZE,

include TR FH2 R 146 HAY Tfilternode
WA F&E, DIESHEZE,

new_name string SR 146 HIY Tfilternode
NAJ &, DESHEZE,

statisticsmodelnode &

: Statistics &5 i BE H IR RESE B ETAE L PMML 19 IBM SPSS Statistics /7 Hi 1
T R, CEIELTE S IBM SPSS Statistics MZHERI A,

#Hi

stream = modeler.script.stream()

statisticsmodelnode = stream.createAt("statisticsmodel", "Model", 200, 200)

statisticsmodelnode.setPropertyValue("syntax",

"COMPUTE NewVar = Na + K.")

statisticsmodelnode.setKeyedPropertyValue("new_name", "NewVar", "Mixed

Drugs")

statisticsmodelnode W% BR R REaEAi]

syntax string

default_include JiEASE TEZ R 146 HIY [filternode
WA FE, DESHEZE,

include A SR 146 HIY Tfilternode
WAL Fl, DIHISEZEH,

new_name string 2R 146 HIY [filternode
WAL FE, DIEISEZEH,

statisticsoutputnode &

. : Mgist it SiESAIIENY IBM SPSS Statistics F&/% LA 486 IBM SPSS Modeler
%) kL, A LAFEGF 2 AR IBM SPSS Statistics 0iE R, I HiBLFE % IBM SPSS

e Statistics FUIZIERIAS,

il

stream = modeler.script.stream()

statisticsoutputnode = stream.createAt("statisticsoutput"”, "Output", 200,

200)

statisticsoutputnode.setPropertyValue("syntax", "SORT CASES BY Age(A) Sex(A)

BP(A) Cholesterol(A)")
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statisticsoutputnode.setPropertyValue("use_output_name", False)
statisticsoutputnode.setPropertyValue("output_mode", "File")
statisticsoutputnode.setPropertyValue("full_filename", "Cases by Age, Sex
and Medical History")

statisticsoutputnode.setPropertyValue("file_type", "HTML")

& 259: statisticsoutputnode NA
statisticsoutputnode N% Brpie RSt
mode Dialog EHL [1BM SPSS Statistics %5
HE) BHEGETA SRR
Syntax
syntax string
use_output_name TR
output_name string
output_mode Screen
File
full_filename string
file_type HTML
SPV
SPW

statisticsexportnode &

IREt R IE H 5 DL IBM SPSS Statistics .sav 5% .zsav #8 i &KL,  IBM SPSS
Statistics Base M EAthZE Al DAsEEY . sav B} . zsav tH%, B2 IBM SPSS
Modeler A3 A BREURE = AIAE 2,

Hafl

stream = modeler.script.stream()

statisticsexportnode = stream.createAt("statisticsexport", "Export", 200,
200)

statisticsexportnode.setPropertyValue("full_filename", "c:/output/
SPSS_Statistics_out.sav")
statisticsexportnode.setPropertyValue("field_names", "Names")
statisticsexportnode.setPropertyValue("launch_application", True)
statisticsexportnode.setPropertyValue("generate_import", True)

3R 260: statisticsexportnode N

statisticsexportn | EkHHRY N2
ode W%
full_filename string
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2 260: statisticsexportnode A (44&)

statisticsexportn | ERIEA WA
ode W%
file_type sav DA sav 8¢ zsav t8 A EFIEZE.  fildn:
zsav statisticsexportnode.setPropertyValue("file_
typeu , ||Savu )
encrypt_file A MR R RIS,
password string S,

launch_applicatio |t
n

export_names NamesAndLabels

NamesAslLabels

FH AR FE H B IBM SPSS Modeler F A 42 FE ¥ E 1IBM
SPSS Statistics B¢ SAS %8,

generate_import [JHfZ
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* 19 i Python HiZiN%

smm NE

Gaussian Mixture® iz R —{F R 15

A

A, HEERT A BRI R IER SR A REE

Gaussian 7Mfi (ZEUREH) FEAR, 1 RSB A2 k-means FBHEEE,
DA\ BRI s A A B & R CA M T AE Gaussians AL, SPSS Modeler A
Gaussian Mixture #i%588~ T Gaussian Mixture FeRERIZOINEE N H 28, %

2EE DL Python 2R EERY,

& 261: gmm NB

gmm N% BRpE REE ]

use_partition boolean 4 True 8% False DMEE 2 & FH 70 &
&k, FHELEZ False,

covariance_type string $87 Full, Tied. Diag ={ Spherical
AR TE W Y,

number_component B IR AR B E e — AR, &/IMER
1, THRAEZA 2,

component_lable boolean f87E True DU SEEER AT H, Sd8E
False DIF SRR ES A— AT, TH
{72 False,

label_prefix string MR R BB, HIRAEEF
Ho

enable_random_seed boolean G EHHEE T, 518E True, FHRRE
7& False,

random_seed B WRAE R T, sEtaE 2 AR E AL R
FRA I RE B,

tol double feE B P UE, THRE% 0.000. 1,

max_iter L3 FEEBEHUTHVEBRIRE LR, THEAE A
100,

init_params string BB BB GHR E S8, AR
Kmeans B¢ Random,

warm_start boolean F67E True DME &A1& — BB S{ERT K EIE
£y R— IR E S ENRGEEE, TH(E
5& False,

hdbscannode &

I

Hierarchical Density-Based Spatial Clustering (HDBSCAN)® fifi i JE BB sUE2 35 Ak 224K

BRI AR SR SR I,

SPSS Modeler 1) HDBSCAN #2586~ 7 HDBSCAN 2

AL OINREN S 8, % EIRTE Python HHELE, EAE—Fita AR RALZ L
JEREAERE, R DUER e R R R R E AR AR,




& 262: hdbscannode WA

hdbscannode W%

WA

inputs

A

PR SR VRS A AR

useHPO

boolean

87 true B false AJFER Rbfopt MU EL
1ZH TE28EEL HPO)) |, BT HEHR
RiESHHE, DUERRIERRA FIERITH
AR (RAERZE R, THREZ false,

min_cluster_size

BEIK/NTIR, sHEE—EEE, TER
{82 5,

min_samples

SRR EGAR A 08, IR IR
B, At AR, WRERES 0, H
@i min_cluster_size, FHZE{HRE
0,

algorithm

string

fE B2 IR 0% best.

generic, prims_kdtree,
prims_balltree. boruvka_kdtree 5k
boruvka_balltree, FH#RIEZ best,

metric

string

FaETE R LT RE R B 5] i ) S e R 2
M EREE: euclidean,
cityblock, L1, L2, manhattan.
braycurtis, canberra.

chebyshev, correlation.
minkowski 8% sqeuclidean, THR(EZ
euclidean,

useStringlLabel

boolean

f67E true DMERFHEBEEER, sifeE
false DM B R LR, THXERZ
false,

stringlabelPrefix

string

U useStringlabel 2#(#& A true,
mh AT IR EiEE —EE, TERTHE
% cluster,

approx_min_span_tree

boolean

TEE true DRI (Bl /NS BEAS R A A,
QRERAEREE A 7 IEREMETRYE IR, wETaE

false, FHE{HE true,

cluster_selection_method

string

TR BB AER RS A PR B SR AT I 7
i%: eomsl leaf, FHiXIEZ eom (Excess
of Mass T#HETX) .

allow_single_cluster

boolean

{1

RIEER TR R BANIR, FRIETE

true, FHRR(EE false,

p_value

double

WK minkowski FAAREEE, EfEE®E
FH p value, THEREZA 1.5,

leaf_size

G i

n SRA F 2 SR A A T8 R
(boruvka_kdtree B¢
boruvka_balltree) , ETEEMIIRGERE
LR, TERLES 40,

outputValidity

boolean

5 true B¢ false DU AL T2
HHAE TR B3R,

outputCondensed

boolean

18 true 5 false DU AL 4 2
HHAE TSRS [ R,
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&K 262: hdbscannode WA (#48)

hdbscannode W% BRPE REE ]

outputSinglelLinkage boolean 67 true 5 false DAl A H 2
ARG T —fRahBiRaEN ) B3R,

outputMinSpan boolean 67 true of false DAFEMHlISEALSE H b2
A TR/ NSRRGSR ) 8%,

is_split EFE 18.2.1.1 iR HTiY,

kdemodel B&

Kernel Density Estimation (KDE)© {# ] Ball Tree B¢ KD Tree IHEZE TH R E R, if

A AR RIS, 1)
S5 O EL I FR B (5 3R

HERX B

RERk et S R IRE &, EEIERY 7S TE (fBIl4n KDE) 2
SPSS Modeler H1f) KDE A EREGHT KDE A5

FEENRTEUR 7 KDE BB D IIREN 28, 18RRI DA Python ARE R,

K 263: kdemodel A&

kdemodel W%

ORI

WA

bandwidth

double

FHER(EZ 1o

kernel

string

AL gaussian, tophat,
epanechnikov. exponential,
linear 5k cosine, FHRZ(EZA
gaussian,

algorithm

string

R RIRBHIRAE TR kd_tree.
ball_tree 8¢ auto, FHF{HZ auto,

metric

string

AR PERER A &, ¥R kd_tree
R, % Euclidean,
Chebyshev, Cityblock,
Minkowski, Manhattan, Infinity,
P, L28{ L1, ¥I/% ball_tree EHE,
FH###% Euclidian, Braycurtis,
Chebyshev, Canberra, Cityblock,
Dice. Hamming, Infinity.
Jaccard, L1, L2, Minkowski,
Matching., Manhattan. P,
Rogersanimoto. Russellrao.
Sokalmichener, Sokalsneath B¢
Kulsinski, FH#%{E4 Euclidean,

atol

Float

RORPTIRHUAEBIASS, W, BB
EHAHUTHER, FHAREZ 0.0,

rtol

Float

REORPTTRHIMHBIASS, JEH, AEHBRE
EHHUTHED, FHRER 1E-8,

breadthFirst

7€ 18.2.1.1 hieBith, HFransazy
breadth_first

boolean

ks True MER GBI TR, &%
False LAEHIIRIEBILTTTE, THRIES

Trueo
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R 263: kdemodel N A (4#48)

kdemodel W% BRPE REE ]

LeafSize B ELRERHIRAE R TEEI B AN, THERE 2
40, ST HAE N RE & L BEE

7€ 18.2.1.1 hikBA%E, HHramas

leaf_size

pValue double R Minkowski FIRERE, #EfEE

P{H, FHBEZ 1.5,

custom_name

default_node_name

use_HPO

kdeexport N &

Kernel Density Estimation (KDE)© {# i Ball Tree B¢ KD Tree IHEFE TA KA, if
y X HABNZEENSEE, WREETNEREEINES, #MREA % (a0 KDE) 2

o B2 00 Ho A B E i1k, SPSS Modeler AR KDE EEAREiB5F KDE 45

R T KDE BEUBEROIIRE R H 28, IELEHiRGZ DA Python REEMN,

& 264: kdeexport N

kdeexport W&

ORI

WA

bandwidth

double

FHER(EZ 1o

kernel

string

ML gaussian 8 tophat, TH
HfH% gaussian,

algorithm

string

A RIRBHIRAE TR kd_tree.
ball_tree 8¢ auto, FHF{HZ auto,

metric

string

AR PERER A . ¥R kd_tree
A, % Euclidean,
Chebyshev, Cityblock,
Minkowski, Manhattan, Infinity,
P, L28{ L1, ¥/ ball_tree EHE,
7H%E#¥ Euclidian, Braycurtis,
Chebyshev, Canberra, Cityblock,
Dice. Hamming, Infinity.
Jaccard, L1, L2, Minkowski,
Matching., Manhattan. P.
Rogersanimoto. Russellrao.
Sokalmichener. Sokalsneath B¢
Kulsinski, FH#{E4 Euclidean,

atol

Float

REORPTIRHIAEBIASS, W, AEHBE
EHHUTHER, FHREZ 0.0,

rtol

Float

REORPTTRHIMHBIASS, JEH, AHEBE
EHAHUTHED, FHRER 1E-8,

breadthFirst

boolean

ks True MERREEBICTTR. &%
False DAEHIIRIEBILTTTE, THRIER

Trueo
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R 264: kdeexport WA (4&

kdeexport N% Brpgis RS

LeafSize HLE SRR E SR AN, THRERZ
40, ST HAE T RE & REE R 2N RE

pValue double WMRERE Minkowski FIREE(H, #HiET
P, THEMEZA 1.5,

gmm A

Gaussian Mixture® fALZE— MR HEETE EREE S EES N ERERE

> Gaussian 7Mfi (Z28URBH) HEEDN, 1 a[#HRSHEEIRE A2 k-means BHHEIEE,
DA N RIS &S i P AR B R DA N T E Gaussians B0, SPSS Modeler Hf
Gaussian Mixture 2588 7 Gaussian Mixture FENE A% O IIRE A 28, %
L2 DL Python ZRE 1R,

& 265: gmm B

gmm % BRpE REE ]

use_partition boolean 4 True 8% False DAMEE B & FH 7 E
B, THRLESRZ False,

covariance_type string $87 Full, Tied. Diag ={ Spherical
AR W,

number_component L FIRE B EHTEE — A5, H/IMES
1, THRREZA 2,

component_lable boolean 8 True DU SRIR B T 8, BUEE

False DU BB A —HET, FE%
{HE False,

label_prefix string MR R RBREE, HIRAEEF
Ho

enable_random_seed boolean G HEAE T, 518E True, FHRRE
72 False,

random_seed Ll WRAE R T, sEteE B AR E LR
FRAN B REEL,

tol double feE B FUE, THRRES 0.000.1,

max_iter L3 FEEBEHUTHVEBRIRE LR, THEAEZ
100,

init_params string BOE R AFRE 28, 1BEHEA
Kmeans 8¢ Random,

warm_start boolean F67E True DME R &A1& —EIE S ERY K EIE
F R — IR E S ERGFHE, TESE
52 False,

ocsvmnode NZ&
F o SVM ) B R B S O SR T AT,

a MTERRALINIMEFIR, RBEHIVE BB AHIEZES. SPSS Modeler HHYIE
= —# SVM A ETEEE Python HEE, i HFE scikit-1learn® Python F25{
JE,
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& 266: ocsvymnode WA

ocsvmnode N7 Brpgi RESHET

role_use string f67€ predefined DAMEATHCEZENA
&, tom DAEH HETHIAIE

i 18.2.1.1 IRMIATH 4 2 i gﬁ‘;ﬁdgﬁned i

custom_fields

splits it A BN BIRARA AR IE B,

use_partition BT 67 true of false, FHFR[EZE true,
WMRFTE S true, AREERATIRE, 1§
TE(E BN SRE

mode_type string EBREX, FIREAIER simple B¢
expert, WHRIEE simple, HIf${EH

MR | B LT 28

stopping_criteria string BRBERETHE, FIRERER
1.0E-1, 1.0E-2, 1.0E-3. 1.0E-4.
1.0E-58(1.0E-6, TH#{EZ 1.0E-3,

precision Float T BT FAEEEE (nu)o  FAREERR S S BRI

EOBMBHEE, SEHEERR 0 M/VREEE

R 1.0 MEE, ]7’E ZIEHE 0.1,

kernel string SHEEBEIE P R0 OERY,  FTRERVE
# linear. poly. rbf, sigmoid B¢
precomputed, THE(HZA rbi,

enable_gamma TRk A gamma 28, f57E true 8 false,
FERYEE true,

gamma Float g0 rbf, poly K sigmoid it
28, W% enable_gamma 24
false, HIHZ8IFE%4 auto, WHRE
#true, ABEETHREERZ 0.1,

coef0 Float BEEOKEHIEZIEE, (E5H¥% poly
Bl S sigmoid BV tE 28k, THRE
#0.0,

degree B ZIEABLR B IREL, 3% poly #
D28, fEEEmEE, FHRES
3.

shrinking bk FARfEE 2 & 2 4R/ s N EE, 45
iE true B¢ false, FHR(H/E false.

enable_cache_size Tk WA cache_size 28, 187 true 5k
false, FH#R{EHRE false,

cache_size Float BRZOREEI R/ (MB),  THEEA
200,

pc_type string B HATEEEEES, PIRERVEEIHA
independent & general,

lines_amount B EREASERE EY ERITE, EET

A 1T 1000 2 [ EEEY,
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R 266: ocsvmnode NA (448)
ocsvmnode % BRP WA EH

lines_fields_custom Ak R Llines_fields 28, #n]DiaE
8 2 B E T E RN TE B R B ST
i, WREES false, HREHERATE
AL, GNSRERES true, JREF(ERE/REEH
lines_fields 2 & EFIMIAL,  HITARLAER
A, RZEER 20 AL,

lines_fields it fiva 1B B 2 At S 1R EE_ R AR RY
THE,
enable_graphic bk {6 true 8¢ false, HUHEIFE@H (@0

RIEE AR D R iE D, AR
HEEIH)

enable_hpo bk F87E true B false DARUHEEH HPO %
JH, RS true, 1$EH Rbfopt 2KH
ikt HfE) One-Class SVM %! &
HZE R & %) target_objval
SHUE RN B EHEE,

target_objval Float P EER) BAEREUE (BRAR R ER
ZR) (i, NIHRERERME) . @
RERERREARH, 285 EE
(B, 0.01) .

max_iterations B FARGA BRI B B B, THERAE 2
1000,
max_evaluations i FH 2R et Asd A (1 B R bR BT A B, LR RS

TERERE R b, FHR{EZ 300,

rfnode &

‘k MM AR 0 R5 (A AR AS R IST FE A B RO RY Y B B EE AR & VA T B IR ME R
B1E, SPSS Modeler L TREMARMK) EIRETRGTE Python HEE, W HFHRZE
scikit-learn® Python f2zUE,

& 267: rfnode NB
rfnode W% BRpE REaE ]

role_use string $67€ predefined PAMEFHTHICEZRIA
1, BUEE custom DAEH EETRRAITE
IR, FERE% predefined,

inputs i b PN I

splits i &2 TR 73 HI R A7 A 8T B
n_estimators L FEENBHRG SR, THRER 10,
specify_max_depth ZITEX fEE HEIIRE LR, WR% false, HlE

JEFEES, ERIPTE AR R AR, 8
BRI A SSRGS AR AR B DR
min_samples_split, FH#%{EHZ
false,
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& 267: rfnode W& (448)

rfnode W& Brpgi RESHET
max_depth B RREEREIIRIE IR, THER{EZ 10,
min_samples_leaf = BB A/NTIR, FERAER 1o
max_features string SRS BN 25 BRI TIRE
« R auto, HINMEZSA
max_features=sqrt(n_features)
, R 2
max_features=sqrt(n_features),
o NBRE sqrt, HIA
max_features=sqrt(n_features)
« (NEZE log2, HIZA
max_features=log2
(n_features),
THEAEZ auto,
bootstrap Ak f E SR A IR P EE R R AN, THER
{E% tIer
oob_score ETTEY i out-of-bag BRAML FF— ML KEHEE,
TE(EZ false,
extreme TRk i R L RE R AR IR GG A, THRLE R
false,
use_random_seed TRk fEEEHETES SR, THRERZ
false,
random_seed T EEBRGE R EFHNELBE T, 5T
(EREE:L 18
cache_size Float BRI RN (MB), TERIER
200,
enable_random_seed Atk FHARUH random_seed 28, f87& true
8 false, FHF{EHZ false,
enable_hpo bk f87E true 5§ false DA H HPO %
TH, WA true, 1$EH Rbfopt 2KH
BAE Tl PFEtARMERY BRIz
& R target_objval 28UE#
) B A% B EYES
target_objval Float EELERIN BIEREUE (B RRYBIRL R =
) (Flan, RNEHREMERME) o WE
RAESIRAH, @2 8EEAEENE
(Fan, 0.01)
max_iterations = FHAR B A B BB, THRME R
1000,
max_evaluations EE FA AR e B st A () B K BRI B A B,  HCrp A

SEFAE IR L, FHRR(EE 300,

390 IBM SPSS Modeler 18.5 Python Scripting 1 H Ei{L. F-ffit




smotenode NZ&

Synthetic Minority Over-sampling Technique (SMOTE) i B2 it — {1 & & B i B %
@ AREBEFIAEH BRI, EHRALER 7 R AE T E kL, SPSS Modeler H1J SMOTE #2
7 HiB2AE Python HHEE, I HFRZE imbalanced-1learn® Python F2{J&,

X 268: smotenode NA
smotenode W% Bk WA EH
target_field it {vA SEEL TV

7€ 18.2.1.1 ikBAMGEH T4 2
target

sample_ratio string R BETELBIE, P ERETE 53 51 2%
FH#)) (sample_ratio_auto) fl &
E B (sample_ratio_manual),

sample_ratio_value Float b2 D ECE R P B AN B R DA BOE Rl
IIRRAE, BAEKRIA 0 Wi/ NABEER
1, THREZA auto,

enable_random_seed TRk R 2 true, A$HAH random_seed
E

random_seed T B HELEUE A 2R AR T

k_neighbours B B2 Z AR A B A 1Y B 2 TH I 8

i

B, THBHZ 5o

m_neighbours B BREHNEE 24/ DBERAE R Gk fe
HiRICHEIENE R, A SMOTE HE
B A borderlinel 1 borderline?2
e, ARUHIIEE, FEES 10,

algorithm_kind string SMOTE 7B AR regular,
borderlinel 8¢ borderline2,

7€ 18.2.1.1 ik BHIREHran 44 2%
algorithm

usepartition ETEY WNREE % true, HAREERG ISR R
BREE, TER(EZ true,

7€ 18.2.1.1 MBHAGEHran 4473

use_partition

tsnenode N%&

b £ 3 t-Distributed Stochastic Neighbor Embedding (t-SNE) & F AR B (k. 4k Bkl T
¥ H, EaFEREHBGIEEIR AT, SPSS Modeler IS t-SNE HiRh

Python EfTEE, I HFE scikit-learn® Python F2xE,

& 269: tsnenode WA
tsnenode W% BRpER REaE ]
mode_type string 6 simple 8¢ expert X,
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K 269: tsnenode WA (M4E)

tsnenode W% Brpgi RESHET
n_components string WS EI4ERE (2D 87 3D) ., 87 2 58
3, THRRMERE 2.
method string {6 barnes_hut 8 exact, TH&R{HRZ
barnes_hut,
init string WHRHIEEIEEE, $57E random B pca,
THERAEZ random,
target_field string HEMN AR, T2t E Y LrgEea
SELR, WRARYEE HAEMAL, RlsZE
it 18.2.0.1 KRBEAE R 4 2 AR,
target
perplexity Float TR Fi B L fth 22 B B2 e R vk HR i Y Bl
A FZ TE R Eﬁ(ﬁ’]%*i%Lﬁ%;gﬁ
KANRAERE, & 2IZEAR 5 50 Z MM
B, THRX{ESE 30,
early_exaggeration Float R a6 A Y B AR ERTE N S [ H Y
PUERRE, DNSEEZENEE, FHE
fH2E 12.0,
learning_rate Float TERESE 200,
n_iter B AR ER R RBRE, RAH2D
250, THREA 1000,
angle Float RS B E BB A E RN, 5
0-1 #HEHAE, FERIEZR 0.5,
enable_random_seed Tk %2 true DA random_seed 281,
TE(EZ false,
random_seed B FUEFHMBLERE T, THRMEZE None,
n_iter_without_progress T RAEEENRAEBRE, TEHREZ 300,
min_grad_norm string AR AR LB FE, Al E Ik i
b, THEHRZ 1.0E-7, AIREREA:
« 1.0E-1
« 1.0E-2
« 1.0E-3
-« 1.0E-4
« 1.0E-5
« 1.0E-6
« 1.0E-7
-« 1.0E-8
isGridSearch Y Ay true DA EUEAS R TR AE BT t-
SNE, FHX{EZ false,
output_Rename TN NREERR ML EET M, FEEE true, 5

BIEE false KEFmAMEL, FHRERZ

false,
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& 269: tsnenode WA (H48)

tsnenode W% Brpgi RESHET

output_to string f6%E Screen 5 Output, THEX{EZ
Screen,

full filename string 8 i HAE A4 8.

output_file_type string s HAEA% 0, $87 HTML B¢ Output
object, FHRAEZ HTML,

xghoostlinearnode &

XGBoost Linear® JE 5 &R AR FH (E 5L AR R R FE R FHE BIA RS B E,  HETHE
% AL BN SRR, ABIGHIY R RA&MN TR SR, SPSS Modeler #1119
XGBoost Linear i/ Python ETEAE,

& 270: xgboostlinearnode A
xghoostlinearnode N% Brpgi RS
TargetField il

7€ 18.2.1.1 MRBAAGEHTan 44 7%
target

InputFields i VA

7€ 18.2.1.1 MBAAGEHran 4475

inputs

alpha double B2 o [HEMRA RS, fEeE T
¥, 0B EKNET, FERERZ O,

lambda double B MMESERARBS ., 1RE(TME
¥, 0B EARWET, FERERZ 1

lambdaBias double B2 NMEmBAIERARBS 8, BiEE
B8, THREZ 0.

numBoostRound B R BN S e IR EE, TEENTR

111000 ZMIMHE, FHR(EZ 10,
7€ 18.2.1.1 ikBAMGER T4 %

num_boost_round

objectiveType string FIRE2EEER BAEERY, RIRERIE 2
reg:linear., reg:logistic.
reg:gamma, reg:tweedie,
count:poisson, rank:pairwise,
binary:logistic 8 multi, FEEE,
SR E AR, (ERTDARER]
binary:logistic 8imulti, WREEH
T multi, RIBEEEREGRER
multi:softmax & multi:softprob
XGBoost HEHEA,

random_seed T BLEE T, /MR 0 F1 9999999 Z [EIHI{TAA]
B, THRAEZ 0.
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& 270: xgboostlinearnode WA (A4&)

xghoostlinearnode M% BRPE REE ]

useHPO bk f87E true 5§ false DA H HPO %
TH, SR#EA true, KEHR Rbfopt 2K EH
ikt THfE) One-Class SVM #ifl j&
FHZEZEHE ] target_objval 2
TEFEN B AR B EYE,

xghoosttreenode NZ

XGBoost Tree® JE IR & A F (E 3L R R O Bf R FR FHE BA I P B B, HET

ﬁ IREEL G B IS HERY, ABIGHTIY B RN R ) JHES. XGBoost Tree A
RGN, AR TIRZ B KRS B & RSB A E R 28, Kt SPSS
Modeler H1f) XGBoost Tree Hifi{#8I/R 7RO K EFT — S8, %HiBE DA Python
RENEM,

2 271: xgboosttreenode WA

xghoosttreenode W% BRpg RERSHLT

TargetField LA SRS

7€ 18.2.1.1 WRBHAAEHran 442y

target

InputFields it {vA TN VS

7€ 18.2.1.1 iR BHAAEE Fran 44 4%

inputs

treeMethod string R E N BRAE M TR, PIRERIE A
auto, exact B approx, THRIEHZ

it 18.2.1.1 KBAGEEHT @4 2 autos

tree_method

numBoostRound R FREA B S EREE, F5ETR

111000 ZMHME, FERER 10,
£ 18.2.1.1 Wi BHUREE HTAn 44 2

num_boost_round

maxDepth B RBRAERE R R AR FRR, #ETEEME 1 8¢
HEfd, THRIEZ 6.

7€ 18.2.1.1 hiRBHAREHran 4 4
max_depth

minChildWeight double RBREE R IVER/NTIEIINE, SEfaEE
0 HHEEE, FHRMERZ 1.

€ 18.2.1.1 IRBAMGE T M5

min_child_weight

J

maxDeltaStep double BHRGE R LR &P, sBHEE
HOoBESHE, THRER O,

7€ 18.2.1.1 iBAtGEHT a4 %

max_delta_step
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2 271: xgboosttreenode WA (44E)

xghoosttreenode W% BRPE REE ]

objectiveType string FRE2EEEN BAEERY, PIREME A
reg:linear, reg:logistic.

1t 18.2.1.1 WRBALGE T @44 2 reg:gamma, reg:tweedie,

objective_type count:poisson. rank:pairwise,

- binary:logistic B multi, &,
FHEEAREAR, (ER] DAEH
binary:logistic 8 multi, NS
T multi, RIFE&SRERER
multi:softmax & multi:softprob
XGBoost HEHHA,

earlyStopping 1tk AR RIFIEIRE, THRER
False,

7€ 18.2.1.1 WRBHAAEHran 442y

early_stopping

earlyStoppingRounds i EneE sh R T L 2/ D IR R R L 1 ER DA
BRI, THEHEZ 10,

7€ 18.2.1.1 hiRBHAAEE FT v 44 2%

early_stopping_rounds

evaluationDataRatio double TR BERg SR A N R LB, FHEE R
0.3

7t 18.2.1.1 kMG EHT i 44 2

evaluation_data_ratio

random_seed B BLBE T, MR 019999999 > REHI(E(A]
B, THRAEZ O,

sampleSize double RREHEERENTFHEAR, FEENR
0.1/ 1.0 ZMAYHE, FHRRMERZ 0.1,

7t 18.2.1.1 kMG EHT i 44 2

sample_size

eta double FR B E AN eta, FEEMR ORI 1
Z e, TER{ERZ 0.3,

gamma double MAREhEEREN y. HEEMET, 0
BUHEKIVEE, TERESRZ 60

colsSampleRatio double R SIS E AR Colsample  (IKEHHRAS
) o FEEMT0.01fl 1 ZMIE,

it 18.2.1.1 RBIUAEHT 42 R{E2 1,

col_sample_ratio

colsSamplelLevel double R B E S5 Colsample (8
) o TEEMNH6.01 1 ZHIE,

it 18.2.1.1 KRBIGATEHT 42 R 1,

col_sample_level

lambda double RREHEEREH ME, feE e
¥, 0 BHEKME T, THRER 1.

alpha double AREHIGEREN o H, fEEMEME

¥, 0BERHEY, FERER 0.
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2 271: xgboosttreenode WA (44E)

xghoosttreenode W%

WA

scalePosWeight

£ 18.2.1.1 IR BHIAEE HT i 44 2

scale_pos_weight

double

IS EEEEA-T- BRI R LL ] POS INFE,
FHRR{EZE 1o

use_HPO

1% 18.2.1.1 iR B
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¥ 20 ¥ Spark HiZiNE

isotonicashode N&

*VA' Isotonic Regression B R IEEHEFE LR, SPSS Modeler H1H Isotonic-AS HiiTE
gAS Spark FRE{E, N7 Isotonic Regression JEEILMFEANE R, #20 https://
spark.apache.org/docs/2.2.0/mllib-isotonic-regression.html,

& 272: isotonicasnode NE

isotonicasnode W% Bk WA

label string LN R AHEFHE Isotonic Regression [
JEESE L,

features string LN — 1 B2,

weightCol string IEREARER M R, FERERZ 1.

isotonic bk HENATEHEETE isotonic B2
antitonic,

featureIndex EEd 4 HNAZIHRERNRS] (U5 featuresCol
EMEEM) . THRER 0,

kmeansasnhode N&

E R AR SRR TR OE AR,

SPSS Modeler H1f/] K-Means-AS H#iBi 7t Spark FEE, U7 K-Means JHE LA
Erl, FH2PBY https://spark.apache.org/docs/2.2.0/ml-clustering.html, FEIEE, K-
Means-AS &i#h& #H 5 R 8 B BI#1T One-Hot 4w,

K K-Means %%ﬁm E@%%@Eéiz—o

& 273: kmeansasnode A&

kmeansasnode W% {i N2t

roleUse string 167 predefined DA FHTECEFRI A
t, BEE custom DUEH B ETHEAS
IR, THRIE% predefined,

autoModel EIEYN FERE true DABFERHTEE £ BIRE D ML
FHTERR A% ($S-prediction), s
i€ false DMER HEI M, THRKEZ
true,

features ML H roleUse WARA custom IR, i
N FIHEA 44 Fl s B

name string & autoModel WARLAy false R, #i
FEAE R MR O 44 R

clustersNum B BENEE, TERAEA 5.



https://spark.apache.org/docs/2.2.0/mllib-isotonic-regression.html
https://spark.apache.org/docs/2.2.0/mllib-isotonic-regression.html
https://spark.apache.org/docs/2.2.0/ml-clustering.html

X 273: kmeansasnode NBA (4&48)

kmeansasnode W% & WA EH

initMode string FURE ETE B, PIREMIE S K-
means| | B random, THER(EHA k-
means| | .

initSteps B H initMode &4 k-means| | AT
UERRE S R, TERER 2.

advancedSettings bk & true DME TFHIPUE NI, TH
(R false,

maxIteration B FREEEENR BB, FERES
20,

tolerance string FIRIE I EBRIESE, FTREERE A
1.0E-1, 1.0E-2, ... 1.0E-6, THmX
{E% 1.0E-4,

setSeed BTN $67E true DME BRTREMME T, TEZX
{Ef2 false,

randomSeed EL3 4 H setSeed WA A true B B S5TRER
T

multilayerperceptronnode R%&

PR —/E, SPSS Modeler HfJ MultiLayerPerceptron-AS Hi%i A Spark 2R E1E,
NFZEIREARR 7 FEES (MLPC) FIMHRBAGEANE R, 552 B https://spark.apache.org/
docs/latest/ml-classification-regression.html#multilayer-perceptron-classifier,

% 2 AR R AR AN TR RS R 0 Es, EHZEAN. & E 5 eEEl

2 274: multilayerperceptronnode W%

multilayerperceptronnode | ¥ KRR REE ]

nE

features AL FAAE PRI B i A — B AR A,
label i FAVETEIIA B AERIARAL,

layers[0] B ZHENEASRERHEH, HRER L
layers[1l..<latest-1>] T FEmE e e, TEREZ 1.
layers[<latest>] B g E, FERERZ 1.

seed B H AT hEtRE T

maxiter B AT R ARBAEL, TERER 10,

xghoostasnode NZ&

Hoprtl R 05R 70 fHeR.  XGBoost B R EMEEE M, W4t TIRZHR KL B ff
P B E M 288, [ SPSS Modeler H1f{) XGBoost-AS SiBh8ER T /%0 ke
ME 2%, XGBoost-AS Hi%iffi fj Spark EfTE1E,

ﬁ XGBoost EARE IR HEEIARMERS E(E, MHTHAHBIAG A2 E 95, RIRAE
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2% 275: xgboostasnode W&

xghoostasnode N% BRPg REE ]

target_field it v HR BRI A4 RIS B

input_fields it A FA R g N\ HIRR 44 7 B

nWorkers it FAAEI%E XGBoost I T/E58H, T
BESE Lo

numThreadPerTask EE BETEEMANPITAERE. THXERZ
1,

useExternalMemory EITEY B INTRCIR RS A TR, THREZ
false,

boosterType string SUE PR HASER, AT AYIEIE 2y
ghtree, ghlinear o{ dart, THX(EHE
gbtree,

numBoostRound i FZRVEARUTEIR S, +57EMH 0 B KR
B, THXEZ 10,

scalePosWeight double FAIR I E IR EUMAERY 1, THERE
7 Lo

randomseed S EBRHALEEANEHNE T, HRER
OO

objectiveType string B2EHEE, "TREMEA reg:linear,
reg:logistic. reg:gamma,
reg:tweedie. rank:pairwise.
binary:logistic 8 multi, FEFE,
FHETAREAR, (ER] DAEH
binary:logistic 8 multi, WIREH
T multi, RIFFR&ERGHER
multi:softmax M multi:softprob
XGBoost HAEFERY, THE{HZ
reg:linear,

evalMetric string e BRI R,  ARIR B AEHEIR
TERLEE, AIREMI(EZ rmse. mae,
logloss. error. merror,
mlogloss., auc. ndcg., map Bk gamma-
deviance, FHF(HE rmse,

lambda double ERARMRER L2 ERGEE, 8EARHE
AR ORSF, fREEMET, 0 8E
KT, THSRAERZ 1.

alpha double BRANFER L1 (EFLIEE, BRI ERE
BRI RSF, feEEMETE, 08 KW
B, THERAERZ 0.

lambdaBias double ERARIMZER L2 IERMAME, R4

gblinear f2SHARUEM, At A HiWZELR
PEIRTHABS BT, fEEETE
T, 0BERHIEY, THRER 0.
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2% 275: xgboostasnode WA (H48)

xghoostasnode MN%¥

WA

treeMethod

string

R gbtree 8¢ dart 2 AHAEZER,
HIJm] DAGE FASHIR 5488 B = A I8 (B AR S5 1 77
528 (DARRRIHABHRGEH S50
BFEE B T XGBoost R4k E g T
Hik, WIHM#EIES auto, exact B
approx. THm(HZA autos

maxDepth

TR

RHIRAERERIAE LR, fEE(E 2 SUE R
{H, FHREZ 6,

minChildWeight

double

FRAFEREFHIRE (hessian) FIAEFITR
R, fe@E(H 0 KIME, TERER 1.

maxDeltaStep

double

BT R ER RS IR A5 A A IR (i ) B K2
FUVER, 1EEME 0 SUERIME, FARER
0o

sampleSize

double

TR ZINSRER LR, sEfREMTR
0.1f11.0 ZfMME, TEREZ1.0,

eta

double

TE I T BRI FH R L CIE A A5 B
RANHE,  FEAEETIR 0 F1 1 2 FHIE,
THRHERY 0.3,

gamma

double

TSR B RIS RS R B ER R T — 2P o)
HE R NIRRTV, B EETE
¥, 0B KRR, THREZ 6.

colsSampleRatio

double

SEAR ER R IR S A IRy ELRIY T~ A LB
FETEESTIR 0.01 F1 1 ZRIME, THRRE
% 1o

colsSamplelevel

double

FEAH(E G IR 3118 53 F B BRI T RRAS LR
FETEENTA 0.01 Fl 1 2 IRIME, THRYE
2 1o

normalizeType

string

GURAEA dart J2HARCEY, RIIRTDAREA
Itk dart 28 T =1 dart 28, H2H
GO IEALIEETR, 157 tree 5L

forest, THRXHSRE tree,

sampleType

string

bk AR, F57E uniform 8]
weighted, THR(EZ uniform,

rateDzrop

double

dropout LAl dart 2 HHABIZ L, 51T
NH 0.0 1.0 ZEMME, FERER
0.0,

skipDrop

double

Hki# dropout Z (1] dart 12 FHEEZ
B, SEEENTN0.0f1.0 ZHMME, 7

RIEE 0.0,
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¥ 21 ¥ SuperNode W%

M SuperNode FRFENE., TEE—MHIBNA A EHZE SuperNode,

R 276: #1% SuperNode WA
NEEA WARR AT WA
execute_method Script
Normal
script string
SuperNode 2

A i A A% 2UFE Script Hi 7 BEEE SuperNode 284
mySuperNode.setParameterValue("minvalue", 30)
AT DA DA WA S BUE :

value mySuperNode.getParameterValue("minvalue")

SR\ SuperNode
&R DA findByType() BRIEFE I H 224K SuperNode:

source_supernode = modeler.script.stream().findByType("source_super", None)
process_supernode = modeler.script.stream().findByType("process_super", None)
terminal_supernode = modeler.script.stream().findByType("terminal_super",
None)

S E BHEMMNNE

A] DU & 77 BCEE SuperNode HHHY 78] 2R 35EE BT 27 5% SuperNode HRFE BIBSIINE,  filan, B —E
AR SuperNode, HAEEEE MEEER ) EBCGETCE R, 0T DA 7 EX 7 8 6 2O B S 85 s {2E 2
AR R 2R (FH full_filename NAFEE) , W NAR:

childDiagram = source_supernode.getChildDiagram()
varfilenode = childDiagram.findByType("variablefile", None)
varfilenode.setPropertyValue("full_filename", "c:/mydata.txt")

#37 SuperNode

AN SR AR EAETHRA IR SuperNode K NZY, AREEAT DUBIE E# 7 SuperNode., 17 H [ if i 37 Fr 75 6 Bl 2
DAREACL S STE AR e, BN ZERECR SuperNode [ H Y £ BG4S 2l AR /sl H Bz 2R i sG,  milan, an
AR R SuperNode:

process_supernode = modeler.script.stream().createAt("process_super", "My
SuperNode", 200, 200)

childDiagram = process_supernode.getChildDiagram()

filternode = childDiagram.createAt("filter", "My Filter", 100, 100)
childDiagram.linkFromInputConnector(filternode)
childDiagram.linkToOutputConnector(filternode)
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bik A Hi R A A2 I

AHETE 4R IBM SPSS Modeler %G Scripting A2,

IRRRRTE

BRI (R ERURAD al DEANEIT 2R, BERMEEYt—i. NREJHERYHFS A
AL, BEAMEFIHRSM TR JEAE (LI IBM SPSS Modeler BERIA LMA) FRRVERIBL,
RN E A DMERE OB ERS, SR T E % apply . . . FIAFESHE,

Btet: FEIERIEICT, kR R R 2 MR DO S IR 78

&R 277 1RBREE (BRERE)

B0 RUGR
anomalydetection Anomaly
Apriori Apriori
autoclassifier HE e
autocluster HEh#E
autonumeric HENEUE
bayesnet H KA &
c50 C5.0

carma Carma

PN: C&R fifiiRAE A
chaid CHAID
coxreg Cox i
decisionlist RRTE
discriminant [ 53]

H¥ PCA/[H %
featureselection ThreEsE
genlin JEE FEAR R T B
glmm GLMM
kmeans K-Means

knn k- T A AT
kohonen Kohonen
“R1E At

logreg TR E
neuralnetwork FRAS A
quest QUEST




& 277 REMREE (REERR) (#E)

B A0 RYGR

el Al B

R i

slrm B FER ) ] e s A
statisticsmodel IBM SPSS Statistics &%
svm XAR M EEER
timeseries iS22

Twostep [iEiZ: -

278 AR EE (BRERRERE)

B4R RYGR

db2imcluster IBM ISW s
db2imlog IBM ISW i i it
db2imnb IBM ISW Naive Bayes
db2imreg IBM ISW il
db2imtree IBM ISW PRI R &L A
msassoc MS R R I

msbayes MS H 2R 5> 48 #E B7%: (Naive Bayes)
mscluster MS #H&E

mslogistic MS i i
msneuralnetwork MS A4
msregression MS &l i
mssequencecluster MS JIE 7 35 5
mstimeseries MS 751

mstree MS PR HIR A
netezzabayes Netezza Bayes Net
netezzadectree Netezza {RSR I ARAG
netezzadivcluster Netezza 7> #l# %
netezzaglm Netezza [#EF4-
netezzakmeans Netezza K-Means
netezzaknn Netezza KNN

netezzalineregression

Netezza 47 416 7

netezzanaivebayes

Netezza Naive Bayes

netezzapca Netezza PCA
netezzaregtree Netezza JE RS iR &5
netezzatimeseries Netezza IR 751
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*® 278 REERTE (BHEREEAR) (ES)

B4 ISR

oraabn Oracle FJE M4 Bayes
oraai Oracle AL
oradecisiontree Oracle TRIRRAR 41
oraglm Oracle GLM
orakmeans Oracle k-Means
oranb Oracle Naive Bayes
oranmf Oracle NMF
oraocluster Oracle O-#%
orasvm Oracle SVM

R SRR R E

M Script #EEARBREIR, GEER, ATEENEYRREGERS AR, & 7 ReisErE,
BRUFESRAE Scripting IRp#H 2 A HORRL P E— 44 8

A E BRI R SOEETH, ST NI E:

1. fEThRER PIEEE:
TR > & Em
2. {4 NIEAEE,

3. ST — AR DARR il S 6 A A R R B A A 44

EEAI2 I RBARERE, SPSS Modeler £ IBM SPSS Collaboration and Deployment Services 1£ Script #4T
1TA LTREEFTZES, SPSS Modeler F FimtlEEIE TBURAT—EAE | B HHBREEHFE %/
PR (f5fgn, HorA Script B EE T B AR ELE ANFRERD) . 2R, 7€ IBM SPSS Collaboration
and Deployment Services H#UTHHFIRY Script I, HEEMIEMGH, 0] AR RBA A R A ST
AR R AN BRI 2 R ] DABRRBIA TR (F4n, ¥ clear generated palette FR

), e IE iR b,

Lo kY

NERE YA P R N 0E SRR T R

& 279: WLV AT NE T B L AR RV NS

it AR %5 (Node)
analysisoutput b
collectionoutput 84
dataauditoutput ERlEX
distributionoutput AN
evaluationoutput FFAd
histogramoutput BT IE
matrixoutput i e
meansoutput T

fE% A HiBE B2 R 405



R 279: @HY R RS L AR AV ER R (EB)

it AR %5 (Node)
multiplotoutput EZ
plotoutput waEtiE
qualityoutput =)
reportdocumentoutput ARG R AR B SR TR SRR i e
reportoutput s
statisticsprocedureoutput Statistics it
statisticsoutput mat Rt
tableoutput kg
timeplotoutput P R 48 [
weboutput Ak
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fitEk B 7E &3\ Scripting #5852 Python Scripting

£ Script I3EEE

AHEIEHEAELE IBM SPSS Modeler A Python B1EE R Scripting 2 M2 RAUFE, WM& =X Script #
2 Python Script FMHBAE RN, FEARZEFIF, EEHKE] SPSS Modeler fE2H#EEE 454 N E/ Python 551
THH,

—HRER

E R Scripting FIEREHRES 2 HEEER IR OS $54 Script, B Scripting AT ), #E FEIRD EIRAE

W, flan, if...then...else...endif } for...endfor, {H&HEHE—MBAKEE,
£ Python Scripting W, #EHEIRERER, W6 H 0 ZEH0MHE R I o) A HE RS A AE R R 1= YR A1 T,

ks EAEE RN B Python FEFNREIRELZE/ NGy, 6 FH S LB AE HE AT (4 T8 25 P B EC A P REBLGE ] s A% A
HERTT 2 —#ERY,  {H Python Script LSRR, BA NGO LT 2 RS,

Scripting IRIEE &

Scripting IRIEE R G E TR Script FIHUTEREE, HIAN#AT Script BVEETREL SuperNode, 7EEER Scripting H,
IRIREREREEN, BFR, Hlal, BB Script T MIEIE 2 BEATE BE AN REUT Script BIE RN,

£ Python Scripting #, Scripting B3R E % /2)1E 18 modeler. script HAHPHREIR ML, 40, Python H
It Script 7] PAEA R HIFE XIS A ECHAT Script BRIt :

s = modeler.script.stream()

SRAE AT DA B (5] g P L 5 370 ) ) R

HEL MR

B Scripting AR\, JER/REG—1T Script @H IEHITINIE B, BIRZ%, fila:

connect 'Type':typenode to :filternode
rename :derivenode as "Compute Total"

Python fii Fi i) bR B50E B 8 8 & SR B F (B, BRI fE) PRaY, fidn:

stream = modeler.script.stream()

typenode = stream.findByType("type", "Type)
filternode = stream.findByType("filtexr", None)
stream.link(typenode, filternode)
derive.setlLabel ("Compute Total")

XF R

£ IBM SPSS Modeler H# FRER > X F Bt i fs £ 7F Python Scripting FESRIES . EBrIHIEKIRE
[ SPSS Modeler Bz Script ###%Z5 Python Script PATE IBM SPSS Modeler 17 H i,

® 280: X FHRMET Scripting £ Python Scripting %185

#5X Scripting Python Scripting

R, 4 GEIL

IFEEE, i 0.003 el |




& 280: XFHRMER Scripting £2 Python Scripting ¥1BR (44&)

#5X Scripting

Python Scripting

5198 E, N ‘Hello’

GEIL

ik & E ASCII FIoF R FAED u ATFE R
LR EMFE R A Unicode,

EE|587H, 4] “Hello again”

GEC

ak: B 53 ASCII ForhF R CFMED u AT E 2R
R EMFRR % Unicode,

set x = [1 2\
3 4]

R, Hlan GENE

“""This is a string

that spans multiple

1inesllllll

JHEL, Ban [1 2 3] [1, 2, 3]

SR, il set x = 3 X = 3

17 (\), it R
3’ 4]/ r

[EESREEE, AN

/* This is a long comment
over a line. %/

""" This is a long comment
over a line. """

1T5Ef#, B0 set x = 3 # make x 3

X = 3 4 make x 3

undef None
true True
false False

8F

£ IBM SPSS Modeler F FI I 08 E 7452 7E Python Scripting FESERMEES . EBrltHBhEKEREH
SPSS Modeler X Script #4524 Python Script PATE IBM SPSS Modeler 17 H &,

& 281: BEFHER Scripting £& Python Scripting ¥18f

LIST1 + LIST2

#3X Scripting Python Scripting
NUML + NUM2 NUML + NUM2
LIST + ITEM LIST.append (ITEM)

LIST1.extend (LIST2)

NUML - NUM2 NUML - NUM2

LIST - ITEM LIST.remove (ITEM)
NUM1 * NUM2 NUM1 * NUM2
NUM1 / NUM2 NUM1 / NUM2
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* 281: BHEFHER Scripting £ Python Scripting ¥Ibf (448)
3\ Scripting Python Scripting
/= "
/==
X %% Y X *%x Y
X <Y X <Y
X <= Y X <= Y
X > Y X > Y
X >= Y X >= Y
X div Y X /] Y
X rem Y X %
X mod Y X % Y
and and
or or
not (EXPR) not EXPR

RS

£ IBM SPSS Modeler " FI IR 73 ok 14 X S 5 S 7E Python Scripting AR S. 18RI T Bh 3
A SPSS Modeler B\ Script % % Python Script PATE IBM SPSS Modeler 17 H{# .

+* 282: (B HAERERBBIER Scripting E2 Python Scripting %8R

#3X Scripting Python Scripting
for VAR from INT1 to INT2 for VAR in range(INT1, INT2):
enafor -
19
VAR = INT1
while VAR <= INT2:
VAR += 1
for VAR in LIST for VAR in LIST:
enafor -
for VAR in_fields_to NODE for VAR in NODE.getInputDataModel():
enafor o
for VAR in_fields_at NODE for VAR in NODE.getOutputDataModel():
enafor o

Fif$% B 7 EE X Scripting 8% Python Scripting 409



& 282: (R HERERERER Scripting E2 Python Scripting ¥l (448)
#5X Scripting Python Scripting
if..then if ..
elseif.then elif .:
elge elge:
endEf
g6
with TYPE OBJECT SRR
enawith
var VAR1 AFEEEERE

B

FEEE3K Scripting 1, ZIRBEC TS ESEE, Flw:

var mynode
set mynode = create typenode at 96 96

£ Python Scripting W, 25— /RS IR BN & E 7588, Hlan:
mynode = stream.createAt("type", "Type", 96, 96)
183X Scripting i, WA ~ ER TR, Hlan:

var mynode
set mynode = create typenode at 96 96
set "mynode.direction."Age" = Input

HLRERS) Scripting 35 5 FE{EL, JE%f Python scripting A E245, #ilan:

mynode = stream.createAt("type", "Type", 96, 96)
mynode.setKeyedPropertyValue("direction", "Age", "Input")

BhRG. Eith R iREIsER

EE K Scripting W, RNERIFYIAEEE (FES, W R @ s e i m=mamEsl, s, T
£ HiBsREEAY A dexrivenode:

set feature_name_node = create derivenode at 96 96

Python H1fJ IBM SPSS Modeler API ANE{E node 7, Fit T4 SBGH8ET % derive, fHl40:
feature_name_node = stream.createAt("derive", "Feature", 96, 96)

{E8530A1 Python Scripting S & RRIGIE — 225 BV D BT,

REEE

E R Python Scripting HEIN AL BESEHEFRIR, Flan, 75 MEEER) R4, EMME Scripting BRIR
HEFRIERM BN NAERZ full_filename,
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EhRG 2

P2 B3 Script (R S A A IR BRRIERL, i, TS EAEBRTRATESIRERS
Mype) By MRERL ) GRS, REHKE TAge) MRAIRYTTH (BUEEMAE) e TMAL , & TDrug) MINZRYTS
Mieesy THAR) , BIZETERAYE:

set 'Type':typenode.direction."Age" = Input
set 'Type':typenode.direction."Drug" = Target

f£ Python Scripting i, WAZEICAARESREIERBEYIMF, R FERTI o SRR E WA ME, Fln:

typenode = stream.findByType("type", "Type")
typenode.setKeyedPropertyValue("direction", "Age", "Input")
typenode.setKeyedPropertyValue("direction", "Drug", "Target")

Rk EIEMEEN R, [Target) FERMLEMGIHED,
Python Script 7] ATE modeler.api EffH i ModelingRole ¥I|5&,

@5 Python Scripting il RTRESER#AN, (H'E & ACE AERVBUTIRFIIRLGE, KA ML SR ERT R,
f %f Scripting 6, &itHE A CHPUTERIE S,

IEAh, JBPE MK ID SHERENES (FiE5 ID fEEEHEEMER 5ER) B8P EUR) o filan, 783K Scripting
R

# id65EMPB9VL87 is the ID of a Type node
set @id65EMPB9VL87.direction."Age" = Input

N%1| Script 87k Python Scripting H fAH 7] & f41] -

typenode = stream.findByID("id65EMPBOVL87")
typenode.setKeyedPropertyValue("direction", "Age", "Input")

NENEENS
&K Scripting i set 52 2RIBIR—EE, set 8RXBMHMIEHTLURNAERR. R4 Script B/RmifER]
DA AR 5% E A Script /87

set <node reference>.<property> = <value>
set <node reference>.<keyed-property>.<key> = <value>

1E Python Scripting #, K%t setPropertyValue() & setKeyedPropertyValue () A AZEZF|HHIA
HI%ESR, fBilan:

object.setPropertyValue(property, value)
object.setKeyedPropertyValue(keyed-property, key, value)

fEEER Scripting /1, M get fR] IFEUNAME, BI4n:

var n v
set n = get node :filternode
set v = ~n.name

£ Python Scripting /1, {#i I8 getPropertyValue () A] DUZERIMHFRIAIAESR, Hlun:

n
\

stream.findByType("filter", None)
n.getPropertyValue ("name")
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HREEER T

EE K Scripting /1, i create I8 EN BrEiEs, Hlun:

var agg select
set agg = create aggregatenode at 96 96
set select = create selectnode at 164 96

£ Python Scripting /, HRifA SRR EIREEI T, Blan:

stream = modeler.script.stream()
agg = stream.createAt("aggregate", "Aggregate", 96, 96)
select = stream.createAt("select", "Select", 164, 96)

1B Scripting #, {# connect 5 Hilh > BIGHELAS, Flan:
connect “agg to Aselect
£ Python Scripting A7, i 1ink 777287 Gih > B SEAS, #lan:
stream.link(agg, select)
1EER Scripting /1, f#iH disconnect 8 ERENEE >~ MM SEAS, Hl4n:
disconnect Magg from Aselect
£ Python Scripting #, il unlink 77 LB BREEG > FM5EAS, Hlan:
stream.unlink(agg, select)
1E 8 Scripting H1, 8 position faS iR B R IREAM e AR 2, -

position "agg at 256 256
position ~agg between ~myselect and “mydistinct

£ Python Scripting #, I MifE RFEI /7% setXYPosition & setPositionBetween A] LLZEEIFIE T
R, flan:

agg.setXYPosition (256, 256)
agg.setPositionBetween(myselect, mydistinct)

BARLIESR

£ IBM SPSS Modeler H# FRTER ) EBEESESE 2 1E Python Scripting FEZMIES . BRI B IEKRER
SPSS Modeler & X Script ##25 Python Script PATE IBM SPSS Modeler 17 #{# i,

& 283: ENIZEIEERE Scripting £ Python Scripting ¥38f
# Scripting Python Scripting

reate n t X
create OdeSpec a y stream.create(type, name)

stream.createAt(type, name, x, y)
stream.createBetween(type, name, preNode,
postNode)
stream.createModelApplier(model, name)

connect fromNode to toNode stream.link(fromNode, toNode)
delete node stream.delete(node)

disable node stream.setEnabled(node, False)
enable node stream.setEnabled(node, True)
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& 283: EIBAIEEMET Scripting B Python Scripting ¥ (4£48)
#5X Scripting Python Scripting

disconnect fromNode from toNode stream. unlink (fromNode, toNode)

stream.disconnect(node)

duplicate node node.duplicate()

execute node
stream.runSelected(nodes, results)

stream.runAll(results)

flush node node.flushCache()

position node at x y node.setXYPosition(x, y)

position node between nodel and node2 |node.setPositionBetween(nodel, node2)

rename node as name node.setlLabel (name)

[
FEEER Scripting H1, S A 32 XA i I8 -
o FHEOERE, HhRG I EE R R E 2 R,
 JPAERE, $HEFPYEITERE, K17 A I R
%] Script J2 B3 Scripting HEHEOE FE ) i B -

for i from 1 to 10
println Ai
endfor

%] Script 2B Scripting H 413 [ ) i3] -

”

var items
set items = [a b c d]

for i in items

println Ai
endfor

T A L fth il pE R mT DA A

o SAPISURYIEE F [ A A A 1 T A i o 338 P L mP i A TR A

o S ER B AR O LES T B,

Python Scripting -2 #% A EAVEEEER, 51 Script /& Python Scripting H &80 &l 1 #if5) -

i=1

while i <= 10:
print i
i+=1

N%1 Script 52 Python Scripting A 551 3 & i) i 5] -

items = [Ilall' Ilbll' “C“, Ildll]
for i in items:
print i
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FAEEAEF #ENE, &HEH IBM SPSS Modeler API 75 A4S & E, I DASZHE KR 3K Scripting £ FH 2 M,
NI EiF B RANAILE Python Scripting A8 A /3 %71 3 ) S 6 B v s A OB A T8

node = modeler.script.stream().findByType("filter", None)
for column in node.getOutputDataModel () .columnIterator():
print column.getColumnName ()

HITHER
TEERIMHATHARM, AR s Y ol R b — Y E R, 785K Scripting #,  Script &
EREYE AR PR BRYICE,  BAC A A L A B B A BT A A B L
Python F I ERRFUTRIE IS, Kl Zid @i 72 AL AT IR Y sl M (R DAVS B, R B s B g e
EEHATHREL, EAREEER R THY A St & TE 2 i B,
&3 Scripting 328k = H R BT S :
« execute_all @¥TE A ATA AT A ETES,
- execute_script @¥UfTEH Script, MAE Script $UTUMAER T,
- execute node EHUTHEEMIEIR:,
Python Scripting = % —#HJE LU R :
« stream.runAll (results-list) GHUTHRMH A AIEUT VAN EiRE,
« stream.runScript(results-list) GHUTETR Script, MAE Script FUTUMMEE,
- stream.runSelected (node-array, results-list) @4&igEfHiEENTRMIERHITEM,
« node.run(results-list) GHFTEE NI,

FEEER Script i, AT DAREFH & R EUSER exit FRORIEHBRBUT, Hlan:

exit 1
£ Python Scripting H1, i N1 Script AT PUZEZIHH R4S -

modeler.script.exit(1)

BBIERRA SR HEFEFIG

FEEE 3K Scripting /1, &R LAER] open f5 FIRBIARVA R, B S HI1F, Blan:

var s
set s = open stream "c:/my streams/modeling.str"

£ Python Scripting #, RITEREEREZE AR TZEEUT TaskRunner FEFIA] DA A TRERI(ESE, Hilan:

taskrunner = modeler.script.session().getTaskRunnex ()
s = taskrunner.openStreamFromFile("c:/my streams/modeling.str", True)

A EAEE K Scripting FREFEYIME, MERTLARER] save 154, filn:

save stream s as "c:/my streams/new_modeling.str"
FX4H Python Script 77iE & TaskRunnex $E7l, 5/40:

taskrunner.saveStreamToFile(s, "c:/my streams/new_modeling.str")
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1EE R Scripting H1i%Ei# retrieve M store 52 #E AR IBM SPSS Collaboration and Deployment
Services Repository FIfEZ, #iln:

var s
set s = retrieve stream "/my repository folder/my_stream.str"
store stream s as "/my repository folder/my_stream_copy.str"

f£ Python Scripting /1, SE3(HYIHRERFIEIRBLFE BV EEANRBAMAY [RE(EB) WP E:

session = modeler.script.session()

repo = session.getRepository()

s = repo.retrieveStream("/my repository folder/my_stream.str", None, None, True)
repo.storeStream(s, "/my repository folder/my_stream_copy.str", None)

e T PR 7 U S BR300 1 O
=P E S

£ IBM SPSS Modeler H# FRIER > BRI/ EEFE 2 1E Python Scripting HESEMIES . BRI B EEREN
SPSS Modeler E3X Script #1524 Python Script PATE IBM SPSS Modeler 17 H &,

& 284: BRIEEMET Scripting & Python Scripting ¥1Af

5 Scripting Python Scripting

create stream DEFAULT_FILENAME taskrunner.createStream(name,
autoConnect, autoManage)

close stream stream.close()

clear stream stream.clear ()

get stream stream IERUH

load stream path IERUH

open stream path taskrunner.openStreamFromFile(path,
autoManage)

save stream as path taskrunner.saveStreamToFile(stream,
path)

retreive stream path repository.retreiveStream(path,
version, label, autoManage)

store stream as path repository.storeStream(stream, path,
label)

REER

£ IBM SPSS Modeler H F I A ESEFE S 1E Python Scripting %62, B HBIIEHIRAT
SPSS Modeler & Script i 25 Python Script PATE IBM SPSS Modeler 17 #{# f,

& 285: WEMEERER Scripting £& Python Scripting ¥

#3X Scripting Python Scripting

open model path taskrunner.openModelFromFile(path,
autoManage)

save model as path taskrunner.saveModelToFile(model, path)

retrieve model path repository.retrieveModel (path, version,
lLabel, autoManage)
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& 285: 1RBIEEMET Scripting & Python Scripting ¥ (4£48)
#5X Scripting Python Scripting
store model as path repository.storeModel (model, path,
Label)
X amth (e

1£ IBM SPSS Modeler " F S 7 SO AR AV ESEH6 2 1E Python Scripting HHE S84, BRI HBIIEHTIR
A1 SPSS Modeler R Script {2/ Python Script PAE IBM SPSS Modeler 17 #{# .

& 286: XHE@HEEMER Scripting 82 Python Scripting 1%

# Scripting Python Scripting

open output path taskrunner.openDocumentFromFile (path,
autoManage)

save output as path taskrunner.saveDocumentToFile (output,
path)

retrieve output path repository.retrieveDocument (path,
version, label, autoManage)

store output as path repository.storeDocument (output, path,
Label)

Z1{ Scripting £ Python Scripting ZHNEtMER

B Script A] Z#5/E IBM SPSS Modeler 524237 $%, Python Scripting H AT ARS8,

B Scripting Al &8 AAREYI (BIRNMERIHES) 157 24%, H IBM SPSS Modeler 8.0 DAZRELH
IKHREEDIEE,  Python Scripting ANSZIBAREEYI1,

Python Scripting AJ$2 {2 R Scripting FPEELfE R EABTHEE, W RA/R:
« JEAIR R BUE

. PHEREEFE

o EEREAEATER N/ S P

N 195 ey ot
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EEFEE

AEEREE IBM TERBIFTR L 2 A M BLIRFS R3S, 1BM rIRE& DUHMEE SHREAM R, A, &ATLL
BORWEE — 1%t = A2 i Bl S dm ARAS DABURT o

FEHAMBE S, IBM ARSEREASIIEATR M 2 FIHE M, IR EIhRE, Faia#E AT IBM EBRK, D
IS B L H AR AL A S RS < AHBE RR.  ASCIFAETR A IBM RYZE S L, REsXaliRFs s, ARReiinR A
REMEH IBM BUEah, FEREiREs, HERERIC IBM B EMERE, (EMREHE 2, XU &)
ngmZ%%\%ﬁﬁW%oKﬁ,ﬁﬁ%mMZ§%\ﬁﬁﬁW%,@ﬁ%%%ﬁﬁﬁﬁﬁ%Zﬁﬁ
S H o

AR EENA, 1BM Al REFEA HE M HA AR, REASUHF AR S L BN IR,
AT AE TR IR A, AR AT 2

IBM Director of Licensing

IBM Corporation

North Castle Drive, MD-NC119
Armonk, NY 10504-1785

us
G A RAE(TAH (DBCS) B IIRIER R, SEANATERIA IBM B2 AR, sEmig gL,
AR T2

Intellectual Property Licensing

Legal and Intellectual Property Law

IBM Japan Ltd.

19-21, Nihonbashi-Hakozakicho, Chuo-ku
Tokyo 103-8510, Japan

International Business Machines Corporation JUf T8I $2EEARHIRS, AEEME I REER Z R
7, HP i EARNRAERE, rIrAMdesRE B BN SRS, AYEriiEERARNERS
b, AAFFHERRIRERE RAOREE, Hitt, BEBIHA—EEA .

A AT RE & A BUT_EeRHEREDR_ EAYEGER, AL, IBM S HIEET; WiHEET R N AW ARHR .
A, IBM 1SRERFEER: (80) BEAETFHE MM ERML (80 &l

AFHRIE IBM Muh 9525 | U2 % 777 (MR ft, M AShE e FEaR ], EEF IR BRI
7 IBM AEMIVERINE, REEAIGEMG AR, B TANE E R,

IBM 15 DA%AE IBM w2 23e & 1977 sUEE B B PSR tRE I e, RS BE P A E,
WRARRIERIENS T () EEBIEZRREAMEAMENX (BEARER) M REm, P i) AHEAE
IR, T 2B, sHiaE:

IBM Director of Licensing

IBM Corporation

North Castle Drive, MD-NC119
Armonk, NY 10504-1785

us

EARER B EARE A, R AL N A B TR AL

IBM A8 IBM &P 54, IBM B A S G4 EE 7 M AISF SRR, RS K B2
FEELH AT A E A R BB RL

TSI IR P Haf 2 st IR, B RRAREE KA A B AC B B SR 5,

AEFHE N2 IE IBM ERE, FR—HEMIBER, sHHREVEIBEMAREIERIS, 1BM R
BN, METAMERIELETR IBM EMKIHUTAEE. HAM, sUEMS M rHAL T RE & 72 2R,
ARAAE IBM 72 i B PERE T REIE BRI R A% 2 it BB R

A IBM ARAEAERIBRE, (210K IBM RERRME, Al RERARHF B IR I ™A A B s (ml,



R & B SSE R AR S ARG, 2 T SRR RESE R, SRR RS TR, AEAT
R, AR SRR, TR MR, (ETEERRE AR RS g, MBI,

B1R

IBM. IBM #Zzk Kz ibm.com J& International Business Machines Corp. [RIFEEREHRIIE, 1ERERFFZEE
EEEE G, HAthE ARG AR AT RE 2 IBM s M AR, RS RATIY IBM BENEE, FEIEE [F
VERE N PR E R 48, 492 www.ibm.com/legal/copytrade.shtml,

Adobe, Adobe f&5%, PostScript M PostScript #2562 Adobe Systems Incorporated EEEI N (50) HAth
B8] 5% B P 5 A P A

Intel, Intel #Z%&. IntelInside. IntelInside . Intel Centrino. Intel Centrino £, Celeron. Intel
Xeon, Intel SpeedStep. Itanium & Pentium /& Intel Corporation {3 -7\ F] 75 35 B K HoAth B 52 sl 1 [ 1)
TR T R A,

Linux J& Linus Torvalds 7E3EBI N (B7) Hofth 25 SicHb & R 5T i R A

Microsoft, Windows, Windows NT & Windows #25&/2 Microsoft Corporation fE32E N (80) HAthEI% s,
0 [ ) R A

UNIX /& The Open Group 735 S HoAth 6] 52 Bt [ A s A
Java FIflT A DA Java 2B R ifs Al i st /2 Oracle A /ol HL B o AR 0 m A ol o A R AL,

FE an it BA X (R BVIRER
TEEE R AR P ATRE,  GRIETE NIRRT 5L,
Bt
TEEEMR AR AT IBM 485G AT A AR Lo
BAGEA
B R DAy TAER B MERTRA NS RS 2L i e, (ELZAREATE EAEEHH, K& IBM UIRE
B, NG, ROREERZSE THiRA ) ST,
ERAIE
BEPAEERENTTER, Wi kRIS R, EAREERIIATA R, K& 1IBM BIRIA
B, EARUEZSE T , MAMSRERIMER, BifisfrnaZss TR SO ERHER Y.
&R
PR 1 ATHFF T RERTRARERZ T8 2 Jh,  MORAPREUE RS T RS BUE M A, BRl, il s R H A=
R AT TR, SRRESRERL,
IBM £R B 72 Hh ol ot (58 PR S 1R 2 AN 2 O AR B 8 <7 IR IR, I L B P42 37 2 ' ] REE )

A,
PRAESE AT S A B IARAIRE, Hrh i L AR, G0l 8RR TH, @it
P H A THE .

IBM AMEREELE BN AR EMIORRE, Gt iR MRBGIK) 124t BEME (PReliEr) B
R, EREARREESEE, BRE TEREEH BRI RRE,
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Special Characters igEiRG (R4
W& 108
M2f8) FiRs BT
W& 144 N& 116
Ml L) TR TEHR I 5, 6
N7 179 1B [ A T T R
M2 - IRF T TR 6 NE 94
N 268 % YR8 HR LN ] P 21 T R
TRHBARRH ) fishEE W& 130
N 298 % L8 HR LN ] P 2 S
R AR FR %k Scripting % 124
N& 95 ZHEIEL 63
MRLEERCTE ) FiRY Z [ Fi R
W& 353 WA 182
CRLEERTAL ) FiRs T
W& 352 HHBIEZRAE 45
RRH FiR FEREREL 45
W& 122 TR IR T RIS R
'IBM SPSS #int s | Hilh RIGN AR 49
WA 381 JSON AR 52
(TWC HEA L ARIFETES XML YA 51
W& 99 BRI TAE R
—#] SVM Hi®h RIGN AR 49
N 387 JSON AR 52
T AR A 25 S XML AR 51
HHEZ Script 47 LR
B Script 9 TS %S 47, 60
NE SE3 e SEEIy
HRifit 67 Hifh Scripting W% 267, 310
J#FH Script 4% 65 BB ARG
R TR 315 %k Scripting % 197
B R 63 H B 7 A
Scripting 63-65, 191, 297, 361 Hi%Bh Scripting A 298
SuperNode 401 HEh &R
IIHTETR W& 134
N 341 H BB E A
T AEETRG Hifh Scripting Y% 201, 300
WA 138 SEIE 2 S0k
73 1 B R %k Scripting % 199
NA 148 SEF 2 Yt
518 ik Scripting A 300
frIARARIELR 60 Hi
fEOHE 62 ZHAEL 63
IBM SPSS Analytic Server {77 JH 8% 61 & 28
IBM SPSS Collaboration and Deployment Services JElfE 5, 6
Repository B4R 61 AT 25
SR A A AR Y fFiEeT 5, 8
Hi®k Scripting WA 274, 311 Scripting 1, 25
KBl 17 IR IERIT 5, 8
YIRe iR ER I TIE
EH4 b Script # 5 45
ik Scripting WA 222, 305 frIfR#%
Scripting 4 817518 60
YRS FE2H 4, 63, 65
N 348 1E3€ 13
A TR TR B
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TRERTA B (M)
Hifh Scripting % 215, 302
15217518 58

HA s
Hifh Scripting Y% 203, 300

5 P 5 i N\ B
WA 100

PR
WA 71

BRI
PR RS 416
¥ 407
ERLIESE 415
mrE2iE 407
TeE 409
frE47 409
#Efig 407
HidhEE 412
H#HEF 408
RRAIESE 415

IFi] 7 i 5 B
WA 90

SE[A] Web Hilh
WA 189

TEFRTTIE 22

TEFHA 21

EFEME 22

G NI
N7 88

HIE {1 R
WA 370

HE AR E B
ik Scripting % 218

S {1 TR
NA 344

S A A T R
WA 115

YrrrEA 21

L [ iR
N 178

RIENAR 49

RN ERG
NA 355

S
WA 107

3E ASCII %77t 20

AL HiRG 28-30

EIHER 21

TR AELE G
%k Scripting % 191

5217
5I%E L 58, 60, 61
2518 62
2859
1T IBM SPSS Modeler 57
Scripting 48

A B BG
NA 141

ERAH TR
NA 151

T SRS
WA 149

HTH HIR

HFTIHTR (a1
WA 150
B4R 28, 30
7= S AR
WA 113
JREREE 22 49 BT 5
WA 150
T ] R SR A R
ik Scripting W% 275
I ] 7 1 Y
Hi®h Scripting Y 280, 288, 312
T ] ] o 2
WA 153
F ] ] 5
N7 185
T iR
N 346
AR
Hifh Scripting % 257, 308
e -
Hifh Scripting % 254, 308
e ESTE
WA 371
T
£ Script H{#i i 45
P14 B
NA 171
A
WA 133
[ 1 T AR
Hifh Scripting % 216, 303
[ 5
ik Scripting W% 297
SRS
RENE 27
SERER 26
2
Scripting 13
SuperNode 401
#UT Script 9
YUTERR 25
YUTIER
b Script # 5 45
W
L4 60
WY Script 47
Herr HiRG
WA 122
iHH 14
PEAE AR
Scripting 44 #% 403, 405
PG T 48
S AR
Hifh Scripting W% 191, 297
i
—ZE R 407
A4 410
FEEI 414
% 407
BSNAE 411
54 407
JapE 413
HUTHIN 414
TR, i, FIETE R 31
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T ()
41 416
RENE 411
1t 407
Hii2 i 411
HiBET 410
BRI 410
AmEEERIT 412
iR 410
repository 414
Scripting Bl E % 407
RENE 27
RRE Aoy TR B
WA 152
RE R ST R
WA 351
PR 16
it 16
ol UF = Ee-3
%5 Scripting N7 242
s ERG
WA 350
SRER 26
REREIEINA 63
et R TR
WA 354
AP A B G
NA 172
HAHERG
WA 170
I P AR
Hi%h Scripting % 266, 311
{HI%5 1% 17
HEE £ BT RG
ik Scripting N7 361
YN
NA 145
HrEE T 21
ik
#RE2IE 403
fE Script HriE R 45
B 30
A 30
B SAL R 29
HEA 30
Bl 31
AL EIRG 29
Hi25 Scripting W&
LIRS 191
HE HH HT R 361
TR 297
ISR AR T B
WA 83
BRI ER T L B RG
NA 368
R AR 315
T Hoh [ R
WA 364
B B R
WA 81
R AL R
NA 342

Bk 2 i
WA 159
Ty iR 30
768 2 R
WA 146
B2
NA 174
EHIAE
Scripting W% 169
REENRG
WA 107
B FRAR A

Hifh Scripting % 224, 305

WEy7ik 18
ot
Scripting 4/ 403, 405
TR
Scripting #47%% 403, 405
R -
%k Scripting W% 297
Scripting 4/ 403, 405
HEARE 7 A B
WA 95
RRAGERT Al HT R
NA 352
TRAEiRG
WA 120
#ifl 18
FRIE AS N 247
R AS A

Hifh Scripting W% 247, 307

I 245
4 S B A B

Hifh Scripting % 253, 308

AR B AR

Hifh Scripting % 263, 310

AR

Hifh Scripting % 245, 307

JERR B R

N# 147
J837 3 Script 1, 3, 25
i LH 1

Scripting %#% 405
o L R

Scripting N4 341
SHRRE

Scripting 48
B A AR PR ARG

N7 389
[y ap N g

Hifh Scripting W% 261, 310

RS
W% 358
78 ] i B
N% 183
B2 gsalEl R
N 194
FETUE RS
WA 161
Mk 22
i
£ Script HREAEA 169
(ThEg
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LUIVRHNE Vi)

R EE 45
RRSL R T RS

A 149
A

£ Script HEp 7
AL

£ Script HEpE 7

Scripting 13
U E ST

7 101
AR B A Y

Hifh Scripting % 248, 307

A

aggregatenode WA 107
analysisnode N7 341
Analytic Server A HiZ,

W% 78
anomalydetectionnode % 191
anonymizenode W% 133
appendnode N 107
applyanomalydetectionnode N 297
applyapriorinode % 297
applyassociationrulesnode N4 298
applyautoclassifiernode N% 298
applyautoclusternode % 300
applyautonumericnode % 300
applybayesnetnode % 300
applyc50node N7 301
applycarmanode W% 301
applycartnode % 301
applychaidnode W% 301
applycoxregnode % 302
applydecisionlistnode % 302
applydiscriminantnode % 303
applyextension NZ 303
applyfactornode W% 304
applyfeatureselectionnode % 305
applygeneralizedlinearnode W% 305
applygle W% 306
applyglmmnode W% 305
applygmm W% 306
applykmeansnode W% 306
applyknnnode W% 306
applykohonennode W% 307
applylinearasnode % 307
applylinearnode % 307
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