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REEORHE 12/99 &R, HAZARTE 01/00 BRAATAN, APEREAIE 1; (HanRIEARLE 03/00 BRIATAN, 7R
JEEAERIE 3.

- REERETRIIBAAG, ERETHRIRIBRIAR R, SRR ER R R R B B mAS(E, BN, R
FEVERHE 12/99 &5, lf H 2RI AR — R TRy BogE T IEAZTHEN, SREAME -5,

SORAGEE TR THRANE ERR B,

- FMIIETHCPER, THRIRM R IR, SRR ER —EEREE R BRI WS E, B, RERER
f£12/99 &R, U HAEREFEIIEIE 6/00, FHEEHMEMME 6. BIARMTAN, (HLHERRRNEFR
B4R B E.

MS FHIEEFRIREEIR
TRIBTRHIE MS 51 SRR IO (K field /2 H BRI £H8) .
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+* 2: B =R B AR

IR Wt

$MC-field IH 71 o ) B PR TR

$MCP-field IH 5 71 4T PR 2 SR AR

$MS-field field [HFERIE

$MSP-field $MS-field {EIEREMIHEER,
LSRN EE AR

A DURHERL R AN A5 A ME L B SO AR AR S8 HTML AR AURE S, Tl E IR, wIDUEAEER DERY
DEEgR ) R,

il IBM SPSS Modeler A AR [E BEEEL,  Microsoft Analysis Services A7 & #5577 B 4% A A= 50 S5 A1
PVESEGRG, MRABREIRN (A THRERIEE, "JDAEA RIS

o JEINETRS (EEAE B BRECEPSEER)
o IR AR EIRG

Analysis Services FRHESE{)

HP & 2 AR, B SRRETR T UAH4HS IBM SPSS Modeler /] MS Analysis Services &k}
FRAE, IELEERRAIR IBM SPSS Modeler 2245 RIA I DL R & :

|Demos|\Database_Modelling\Microsoft
fEE:  ThE/R) BRFEAIIE Windows THHYG) DHREFRMY IBM SPSS Modeler FENEEFHL,

SBHIERF: RERBNGEE
T e N — A A AT 25 6 1 MS Analysis Services S BLMRSE RS TG 500 OB ARG

AL

R 3 IRERIARAENE - BREH

i E1i]

1_upload_data.str FHARTEBRAESCFRE R RE R AN E R B SRR
2_explore_data.str TRAL# ] IBM SPSS Modeler ARIRR B} Eif5]
3_build_model.str {65 P Ao ) R A e LT R R AR
4_evaluate_model.str FH A 25 Fil IBM SPSS Modeler 3 ETA5 7Y ) i 5]
5_deploy_model.str B8 AR AE B R NI TR AR,

BfaE: A ETRZER, DR IITERTL. A, JEHE A R A A TR B A ARG, DA R
i 2 ERE A RO R AR T

R IR (1 T P BRI S B R AEEK, I 2 B PRI BOE S TR IME < TR & 3 AL 09 o JR R,
T RHERAIMHBE RN, 52 B B G T E BRI crx.names .

AL ftp://ftp.ics.uci.edu/pub/machine-learning-databases/credit-screening/ 1] UCI ##s 223 (3 17 B - EUS
B R,

BRinEf. EEEN
55 1 {EE1I 1_upload_data.str FHHERATS T8 IIRRREISHE L (85) SOL Server,
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HI/Y Analysis Services ERHFIETRE RS [HEMN, NS ME#I4EEFIEE IBM SPSS Modeler [ @INDEX B
B, A T4 SiEER s KEY BFTRADaE g R, HlE—EA 1, 2/1 3,

BERAY TEAGS ) HIESANEREER, WASECTHE erx.data A2 E AR 23 HE.

Rineahl: RREH

ﬁ i HRim I 2_explore_data.str FIAGREEAMAFEM TR ERGARIUS BRI — R, Hrptufs
Rl BLE I,

}ﬁﬂﬂ: MRl ) FPRYIE TP ] 22 R AR T, DA SE IR AHBIRZRAG E AR AL

RinaEnfl. BERE

o = {E H REIH 3_build_model.str #BATE IBM SPSS Modeler FREt B, AT R EE BRI BR 02 HE 7
TEIEF W N e e E,

TEUCHIEEAERT TR AR B, w]DUEE DI E

1. JEH Key FRAZ1E 7 ME— ID HRZ,

£ TEZR) BB E, 7D RoE DU R,

FEHITZ R, FHMEAREE IR RN E, ] TRk REERERE.

BRenl: FERE

SEPY{E SR B 4_evaluate_model.str EBAE ] IBM SPSS Modeler 75 &R N EASE BB,  FUTRZEIL 2
%, AIDAFEGRTG R R R, A8 IBM SPSS Modeler FRTR LR 2 M T B 5Pl a2 A58,

PR AR

RERTDAZ M MR DR R AR, T IR O T A RAVIAIRHIRAE R . 38 ] DA% — A%
(AR MARES) BRE L) Ak AR R AR A AR B [ TEAR

B

BRAERFIRRY [o0hr ) HRE S, —EE SRR, DR ETERR AL B AL IR RS, AR,
PUT T3 HEREDARRARAS R

BARERTRRY TEPAG ) HRE AT DU —EE 2l 2k, FRBURERIEEIRIE IR =, A%, BT TErh) &
R AR AAS R

BRienl: BERE

TR EMBA R RS T B IR BT A DATR, [ m] AT B AR, JUJ%EWI‘;:KF%&T&?’*%@%HEO TERA%— ()
it 5_deploy_model.str #, #{EZA% CREDIT HaBHCERL, RBETEESY, P A R E HY B A el g
ffiEl| 4% CREDITSCORES,

PUTIE 8 B AL T SOL:

DROP TABLE CREDITSCORES

CREATE TABLE CREDITSCORES ( "fieldl" varchar(1),"field2" varchar(255),"field3" £
loat,"field4" varchar(l),"field5" varchar(2),"fieldé6" varchar(2),"field7" varcha
r(2),"field8" float,"field9" varchar(1),"field1@" varchar(l),"fieldll" int,"fiel
d12" varchar(1),"field13" varchar(1),"field14" int,"field15" int,"field16" varch
ar(1),"KEY" int,"$M-fieldl6" varchar(9),"$MC-fieldl6" float )

INSERT INTO CREDITSCORES ("field1","field2","field3","field4","field5","field6","field7","fields",
"field9","field10","field11","field12","field13","field14","field15","field16",
"KEY", "$M-field16","$MC-field16")
SELECT T0.CO AS C0,T0.C1 AS C1,T0.C2 AS C2,T0.C3 AS C3,T0.C4 AS C4,T0.C5 AS C5,
TO.C6 AS C6,T0.C7 AS C7,T0.C8 AS C8,T0.C9 AS C9,T0.C10 AS C160,
TO.C11 AS C11,T0.C12 AS C12,T0.C13 AS C13,T0.C14 AS Ci4,
TO.C15 AS C15,T0.C16 AS C16,T0.C17 AS C17,T0.C18 AS C18
FROM (
SELECT CONVERT(NVARCHAR, [TA].[field1]) AS CO, CONVERT(NVARCHAR, [TA].[field2]) AS C1,
[TA].[field3] AS C2, CONVERT(NVARCHAR, [TA].[field4]) AS C3,
CONVERT (NVARCHAR, [TA] . [field5]) AS C4, CONVERT(NVARCHAR, [TA].[field6]) AS C5,
CONVERT (NVARCHAR, [TA] . [field7]) AS Cé6, [TA].[field8] AS C7
CONVERT (NVARCHAR, [TA] . [field9]) AS C8., CONVERT(NVARCHAR, [TA]. [fleldl@]) AS C9,
[TA].[field11] AS C10, CONVERT(NVARCHAR, [TA].[field12]) AS C11
CONVERT (NVARCHAR, [TA] . [field13]) AS C12, [TA].[field14] AS C13,
[TA].[field15] AS C14, CONVERT(NVARCHAR, [TA].[field16]) AS C15,
[TA].[KEY] AS C16, CONVERT(NVARCHAR, [TA].[$M-field16]) AS C17,
[TA].[$MC-field16] AS C18
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FROM openrowset ('MSOLAP',

'Datasource=localhost;Initial catalog=FoodMart 2000°',

'SELECT [T].[CO] AS [field1],[T].[C1] AS [field2],[T].[C2] AS [field3],
[T].[C3] AS [field4],[T].[C4] AS [field5],[T].[C5] AS [field6],
[T].[C6] AS [field7],[T].[C7] AS [field8],[T].[C8] AS [field9],
[T].[C9] AS [field10],[T].[C10] AS [field11],[T].[C11] AS [fieldl2],
[T].[C12] AS [fielda3],[T].[C13] AS [field14],[T].[C14] AS [field15],
[T].[C15] AS [field16],[T].[C16] AS [KEY], [CREDIT1].[field16] AS [$M-field16],
PredictProbability ([CREDIT1].[field16]) AS [$MC-field1é6]

FROM [CREDIT1] PREDICTION JOIN
openrowset (' 'MSDASQL'',
' 'Dsn=LocalServer;Uid=;pwd="","' 'SELECT TO."fieldl" AS CO,T0."field2" AS C1,

TO
ON [T]

."field3" AS C2,70."field4" AS C3,T0."field5" AS C4,T0."field6" AS C5,
."field7" AS C6,T0."field8" AS C7,T0."field9" AS C8,T0."field10" AS C9,
."field11" AS C10,T0."field12" AS C11,T0."field13" AS C12,

."field14" AS C13,T0."field15" AS C14,T0."field16" AS C15,

."KEY" AS C16 FROM "dbo".CREDITDATA TO'') AS [T]

.[C2] = [CREDIT1].[field3] and [T].[C7] = [CREDIT1].[field8]

and [T].[C8] = [CREDIT1].[field9] and [T].[C9] = [CREDIT1].[field10]

and [T].[C10]
and [T].[C14]

TO

[CREDIT1].[field11] and [T].[C11] = [CREDIT1].[field12]
[CREDIT1].[field15]") AS [TA]

% 3 & {# /] Microsoft Analysis Services TR AL 21



22 IBM SPSS Modeler 18.5 &k} & N ER-IETF-H



%8 4 % {3/ Oracle Data Mining R R} iR

B4 Oracle Data Mining

IBM SPSS Modeler 3 #%Hi Oracle Data Mining (ODM) (%454, ODM {24t 7 2% Nk * Oracle RDBMS H1H)
—RYERIRREEE D, 1SLEINEEREE IBM SPSS Modeler [B {5 F /1 A1 TAE 7 FRE [/ () BE 23 Bl e
TR, (H2P ] DAFE A ODM 2R E RHRREE B L,

IBM SPSS Modeler X#&%4# Oracle Data Mining 1 RFITE &% :
« BB FEE L (Naive Bayes)
- Adaptive Bayes

« SRR (SVM)

. BEFRAEEAY (GLM)*

o DUSREIRAEIE

- O-#%

« k-Means

« AEEFERHE M iE (NMF)

« Apriori

« TIRHRFRE (MDL)

. BYEEZEE (AT

* {E[RA® 11g R

£l Oracle 1T SHES
FH A Oracle Data Mining AN B IT A EIE . AT AL T30 a0 0 e 22 D (0
Sty

« DA B E ¥ Windows B UNIX | IBM SPSS Modeler Server ZZ85#1471 IBM SPSS Modeler.
- %4 Oracle Data Mining J#JE[J Oracle 10 gR2 8{ 11 g R1 (10.2 8 SERAHIERIE)

ik: 10gR2 LIRFREEFAMERR (T2 11gRY) LAYNKIFT A AL S B 1,

- % Oracle (WIN/FFTAR) K ODBC BRI,

wl: BB AN SOL AL FFEAE IBM SPSS Modeler Ei§ U IBM SPSS Modeler Server J#1%, @i
FOH e, An] DEBCE R R, E %M IBM SPSS Modeler [A]3% SQL UK 7HY IBM SPSS Modeler
Server, EE#FE HATRREMIREE, 51 IBM SPSS Modeler THREFRHIEE RFIIEH,

BB > W > SLAREAIRR
USRI, SERTIALE THEHERAE) R SR IR AR,
EYFAEL Oracle %S

A IBM SPSS Modeler B2 Oracle Data Mining %4, 5% AL E Oracle, 37 ODBC K&, ff£ IBM
SPSS Modeler Y Helper fE A2 BEEREPRUHEE S, WiRUH SQL EEAFRE L,

FC & Oracle

FLZSEMBLE Oracle Data Mining, #5284 Oracle Xff (#hll/2 Oracle Administrator's Guide) DIEREZ
FEAE R

% Oracle 237 ODBC ZRiF



ZHH Oracle 1 IBM SPSS Modeler Z [EIfEAR, EFFEH. ODBC RAE R IFELFE (DSN),

TEEENZ DSN Zil, fMEZFL AR 7 ODBC ¥R AR FELER B F2 0 DA IBM SPSS Modeler HH &R} S 4%,

WIRAEEHE IBM SPSS Modeler Server A3 EUE BT, FETERIIRAY BG5S DSN, A SRAE DAAS vty
(HPum) 8T, sEEH P umERS LES2 DSN,

1. %% ODBC BRENFER, &n[7EHERARENTEY IBM SPSS Data Access Pack 2285 kTG LER EIFE T,
AT setup.exe tERDAIMENIZEERE N, WIBRETEHBNEEEIFER, SIS B TRIUTERME, gt
ERENFEC,

a. #37 DSN,
wk: THRER FFIAR Windows AR AT &,
- Windows XP, 1t TBAth ) DrRERIEEENIG ., %W FRHEEH LH, A& FERPRIE
(oDBC),

- Windows Vista, i [F%h) DIRERTIBERHIG, RRERERGMEE, W PRAREHTH, #*
HCERIKR (ODBC), 1214 — IR,

- Windows 7, 1 B4 DhRERY, EEENG, AREERSHERSe, HEEEHTH, EIE
FRJE (ODBC), A1R1%— FEAML

b. Bk R %L DSN =8, ABiZ— TP,
2. JEH! SPSS OEM 6.0 Oracle Wire Protocol BaEhfE=,
3. T 5EMK

4. 1 TODBC Oracle Wire Protocol BRENFENZ25% | S, i AGEERIERRIEARE, Oracle fAR#HIE
WG, JHARIRSE N R Oracle B SID,

AR EMEF tnsnames.ora FERENET TNS, AREERA] DIEAAIARES LAY thsnames.ora FE FRIER T 44 7.
A SID, EEHUE—D KR, 555 Oracle HEIH 4%,

5. aEtg— TRk B DA G AR
£ IBM SPSS Modeler # it Oracle Data Mining 24
1. #& IBM SPSS Modeler IhREFR A IEE

T.H > J#H > Helper JEHIFER
2. 1% —F Oracle Z4,

JUH] Oracle Data Mining 24, (] IBM SPSS Modeler fEJEREIH &R SEMAE (0 MARH
7v) 1fi & Oracle Data Mining #8257 £ 2k,

Oracle gy, 57 HIRENZ RGBT THEE Oracle ODBC ¥R AR A R (s I 5 2 R R %S, AIAE
F e BRI I

B5E: RN R A B R EAR r] DABE A AT BCE R AR AE R, Rl DAIASAEIE,  flan, &rTeEE — MR 2
EHAE Oracle BRIEEBUER!, &K F#ZE IBM SPSS Modeler DU TIERRE HAL/E, RBIGEER | H
ZHAth Oracle ERHEETEREL, SN, FRiGERHA] DA FHfEESE M (JE Oracle) KFEH, {HAEE
TGN T, FTEAFER EEE) Oracle A REETEMEL, FrAEN NERHEE BB -2 H R SR & R E A+
THENT BT R R A

X% Oracle Data Mining BRI i3 &, JE A IHOEIE AT DARE LR B RHE P REF IR R S R KBS IE
R # IBM SPSS Modeler 228,

5|t Oracle Data Mining B, B/ 0] F B RHER BT,

FLEFMUE) Oracle Data Miner,  GEMl) HUH%1%EIEZ, IBM SPSS Modeler f# 7] DARE) Oracle Data Miner
ERER, #H20H % 36 HIY TOracle BRHFIERERY DIBRE—L &M,

Oracle Data Miner JUTHIIMMTE, GEM) FR$EE Oracle Data Miner for Windows HUTHE 1 B #E(7 &
(540 C:\odm\bin\odminerw.exe) , Oracle Data Miner N&fE3 IBM SPSS Modeler —ii2 224, WA
Oracle #9u (http.//www.oracle.com/technology/products/bi/odm/odminer.html) ™ & IERERIRR AN 7 F

ui TS,

U SOL A M i AL
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1. #/£ IBM SPSS Modeler ZhAEZ .
TH > BNz > EH
2. f— N EEE IR R LI,
3. MERR UM A SQLIEIH, Bkl E E s TR B IV B E A REAIE A,
4. #=in Rk sQL EAE MR EL HAthfdT (RS L B ESRIEEE A, DUEGREEE)

{3 Oracle Data Mining I {5%!
Oracle A5 HIELT T/E 75308 IBM SPSS Modeler M EIEET—4%, RNiEtha ZEFISMRIL, FIEE
MEMIBE/RAE IBM SPSS Modeler #5 7 JEEHR K ek B E LI FH [ 206 17 HOS LE 6 25,
ERER
Oracle ZR DA g3 (770 B VARCHAR2) f#fEffEE kL, AL, IBM SPSS Modeler AAFHIFHIEE
WAEEs 3% (RE) HBUEREEMAITE T % ODM BAIRER N, tIE Y%, W]{E IBM SPSS Modeler 1
fEF TEHT ) B iR AT a8,
ERERAL, HREE AL (E % ODM /SRR i (EAZ) 6L,
BURIZRE, 1€ Oracle 11gR1 B4R, &M unique AR, NREFEHE ST R,
ME—H0E, 45T AR ME— R BB S E AL, D, JSRTREZ 1 ID M6z, 40 CustomerID, IBM
SPSS Modeler [RHiIIEMEZR 5 | BEMEAL 028 2 8U{E,
ak: RO SR FTA Oracle HiBGETZIE AR, {H Oracle Adaptive Bayes. Oracle O-Cluster £l Oracle
Apriori BRSN,
—fatam
« ¥1A Oracle Data Mining 37 [45%! IBM SPSS Modeler A&k PMML FE Hi/FE A THEE,

o BRI ASAE ODM HiEIT, R ERIZE B IBM SPSS Modeler B0 7R BAE H AP HEF Rl IRBE T2
BRI EE R BT R,

« {£ IBM SPSS Modeler #1, —fakas, [ o@rilkik B — el B B I pO M R el S HE
« IBM SPSS Modeler #% 7] DA FARE T i B RN 23 AR A A B BR /il 2 1000,

« IBM SPSS Modeler A] ATE{#H IBM SPSS Modeler Solution Publisher 23T THYEE ¥ ODM HiRU#E T

Oracle 12 E! (G PR 2% 15E1E

e R EEEBE R Oracle BAR, WRFE, ErAJLIE TAARES ) FEER b 2 (0 S i B AT S B — 1

AR DABHRALE Helper EHAFE B SEAE TR EITER Oracle B4R, 752 R 23 HIY FEUHE Oracle HY%E

H1 FE, DEEEZER,

ahfR

o PR AR EEAR O] DABE ER 7 A 2R JR S B v (e R AR AR ], tmT DURAHIE],  filan, #m]REE — (B Rt
KM Oracle BRIEMFEER, HEE FEHZE IBM SPSS Modeler U TIEIREL HfhigE, Rzl &
ZHAM Oracle BRI TS,

« ODBC &H}AKIEZ A RO T NAE S —1E IBM SPSS Modeler B3ifiAH, QN SRAE S8 0% A B IRAEAS
[ A% EAT, RRERARIRAZRBES @ T L EMAR, 838, 7] e S —E AR IR e A i B A Y

MAlfkes) 8 _LIEERE SRR,

THER 0 AAR A

SR E RS, R S A A RS = P AR SR ERAT AR, BN, R v B R R Al 0 R 2% L e
s N (REEESIER) B RRA AR 5 A\ o B 2y e R A N (O —RESHERMERN) BUSCAS,  (EASA
AR RE A AT R AN (AL ) PR SRR A A S B R
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SR AR TEAE_ERIE R A RN, IS LR MR S eT RECE BRI EAE TR (ff 2
AR — T30 .

Bk C5.0 B 4, FEEMERIEITRE I, SERRM AR NEMA; B BB HasiRs, PRy
HrEnRGERALEIT )RR B L REE, SRR FRA AT AFRE, R EAE N RIS EEASKE BT
FENRIRBERIE LR, TSR & AT REFZ IR RO T HESF R SR E = sk A, (BB AR B IR
HIvh, SRR TRV R ATREELY, HATH —ENERmES, EmaHRIR SRR RARER,

FRAFEFRRER T TR S AN B PR 0 B E rTRERVAH S HURA,  THRRIGILT, A SR - SR SOE 2
1.0, EEABERTRAE, ADERE B BURA % B 5T E A Z AR+,

ST R FHAA, ATREELR TR A THIER E ARV S EERY Cell, TEFRIL Cell NBIAERINE, AEA
HEmATRIIEA, BANEG BT, Hlan, WS A SR % B RIRARLE# 2.0, FREEHKE B 320
7y A RIBRASIHT 2 FHERAE 1.0, FRAFBAMEIA I TRE

TER: (EATHEREE TTRREHRAERE) BUURHEE A,

Oracle Naive Bayes

Naive Bayes J& FAC PR o JAR Y& 24 1 RTE, AR A i alk P AR BT 2 R SR, DRI AR 2 bR
=, Naive Bayes J2 —fE PRI Al s AT, REFISHRE LA H AR MEAH SRR SR, E3ImER,
GEEHR, BT A AP R R EERRRE, R ST AL B AR R AT RE M
o A2 S F R AR R 6 2 A IR RO RS RORE R, 4 SR AT PR I S AR BB (B A R AR,
AREE %2 S B v 1l A o
. *%@féﬁﬁﬂ@%ﬁ@%iﬁ%ﬂ%o FERE PR B A R R, BTERIEER] () MRSy EE S
A1) FHBERE

BESS AR EEEER
BURLAARR,  fmT DURDE FIEE 1D B (SR BUROTY, AISRASS RN BRSO, o#ds
GZHEL
FEPRAMINGRERY, SR e RIS, - OISR T R A 5 0 VR M B,

ME—HNE, 57 AR ME— R A E B RE RN, Flan, ErTRE2—1E ID Mz, 4N CustomerID, IBM
SPSS Modeler RIS EZR 5 | BEMA A H 2 8UE,

sk HEHENI BT AT Oracle HiENHR/Z A, {H Oracle Adaptive Bayes, Oracle O-Cluster #1 Oracle
Apriori BRAN,

HERERRER, (112 BUH (FERR) SEUN Oracle Data Mining Y HEERIFEMERR, WREALEI
HE, FREE ODM i HENBTIE BRI, ARG, 5528 Oracle Data Mining B2,

BREESERREZEFTEE
PRARARE AMEEE AR SR R B R i3 2E R, RRAIERRE TR, B8 R IE RS P B E
LN, R R BB A B FEDR AR SRRSO R A RCER B 2y 0 BUE, AR G S mT s D MERRAIE 2L
HERRRE S HAL B RHERAIRE ST,

- HREEAME, 15 TRIMER MEERER FE, 40C A0 BRI A IRECRIR S E R 08, A HIR%

{EDRF 5 RS
 JREHGSME, f5EaE I FEIMES AR FE, 450 ES R BUR B EE BRI EE R T8, SR
% (BB R

PRI, AT G S BRI REAE R IERE TR R, A BT LI RE, #EEBEIM, 14— THHE
178, BEHAP—ERTRERIAE R, RBIE—THA.

FERPNLE, BN EEMARIRTA T REE AR, A TR AT REAL SRATRMK,
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Oracle sf&T4 Bayes

Adaptive Bayes Network (ABN) fi /Nt R JE (MDL) F1 H B2 REEIE KA 1E Bayesian Network 7748
#8. TE ABN BT gL, (H1E H AR - SE B IE R IR ey BRI, mifEH
R Z Bk MR/ DAL H GBS B IE RS, ABN TEELIERES F R B = FERE Y. BN
Bayesian FURAY, CLEHEILAURIIRGENE (BEIhRE) | Mkt B AR HE o SR SRR Y 58 P 22 D e AR Y,

ak: Oracle 12C HHELZ % Oracle Adaptive Bayes J#{5.i%, i H{#H Oracle 12C W tiE B4 7E IBM SPSS
Modeler R ARZ 1%, #E2 R http://docs.oracle.com/database/121/DMPRG/
release_changes.htm#DMPRG726,

EEERE

FERIIRERE A, ABN Al AR —4H A\ B PTsE A A R A sl — AL B TR AR R IR A5, (385 6 = ey
A Bl T DAREE R A5 R TR ) S PR R e e LAt TR B, AR PR B S g s R IR 2 TheE Y, J5 2
—fEZE RS, SRR IR IBM SPSS Modeler HHUEHEERI R — BRI TRIEL, 40 MRy E —{EfE
BRTAIAILE :

IF MARITAL_STATUS = "Married"

AND EDUCATION_NUM = "13-16"

THEN CHURN= "TRUE"

Confidence = .78, Support = 570 cases

Ml e ¢y 2 A i o BT R TA A 22 DO RERPU IR AE IBM SPSS Modeler FHBIEE,

Adaptive Bayes 1%&!%I15
BURIARE, 50T DURSE HASER ID M (BB BAER anRYeE LG BEiEARRIAR, sSiEis
& HE] %4,
fEH S HIRTERE, QNS e F o IR,  FIJ )% T o i R A5 1 51 400 o 7510 [ ) S AL S A LAY,
ME—HANL, 5 AR ME— R A E B E AL, Blan, ErTaE2—18 ID Mz, 4 CustomerID, IBM
SPSS Modeler FRFIEH 2R 5 [ SRRV H 2 BUE,

sk HARAZBHAFTA Oracle HiBGHA 22 AMY, 1H Oracle Adaptive Bayes, Oracle O-Cluster #1 Oracle

Apriori BRAb,

TR

AR =R AN [A S AT

- ZYRE, BB TEGR, S NB (GREEHZENT) AL, BRI)RERE SRR 2 ThRE 2 iR
BRY, JERRGESRIIE, (EFERENGIEREORE R, A EIIRERIRIRS R AR e, A&
FEAEFARI, GNSNEE T Z OREAYERL NB A AN & 2 AR AT AR AL

« W—OhhE, MBRHRISEE HORREIRGE N, B ERR S A — 8GR DAL S (4 SR BRI I,
SRR EAHE R HH 2 N BRTEEUE K, & rTE2AE bt B R R o S AR 2 D Re A AL ) S S R,

« HFCHE /> AL (Naive Bayes), 7337 B — NB A 1 e Bl B IS AR SRR e f TS EE (BRI AR

HEEMERIED) o A NB RS T a2 LU B SR A 0 SE 4 A B ARMETHINE R, A A NB BRI
it AR RS S AT AL,

Adaptive Bayes B3 #1H
PRI TIN ). sE R B TE AR DA SRR N B RSN Z IR, ORI AT A M A A A AR BIRE [, AN
B2, FrA IR R i 2, SR TR RIS B OE AR P Y 18 B B0 BR AR B 2 5 RS TEHE 2 HYIRE ]
WSER N —EEZPER, AR N, Sl eI 2 R R EE] w] A A B R,

FABMESH BB, HOEIE A] AT OE @R A FEIIE R SR,  ARIRFI B R AR TR, 76
TAMEGRF AR SR TERIEL B E ARARRBAMERY MDL R EAOETHRSEAR, HREAI R T iRE S S e R rh R T aE

8
HGUE B RE (Naive Bayes) FRIIMERH BB, RS T HaGE§H 7 s B s T i A O TERINE
WK H
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Oracle 2R =2 (SVM)

SCIRA R (SVM) 2 — M SR 7 AT RS, EE RIS 238 B R (e NIl @ BOR AV R, R PR
HuPR S THHRE L, SVM (BN SR RS AR M, 1 e R R S0l e 75 A2 X DA TR

R CETAREERE) sis B GRS ERR) o Oracle LECE 7 SYM 1R, ®UAT DA IS wifiE m] A A%
OB BRIERI R FRRYH A —EAE AR, SRR O R EE 2R T IR, (S A RIRA

B A ER AR,
TG, G20 (Oracle ERHEMEE XIS TM) 1 (Oracle ERHEBERES) .
Oracle SVM {&E8Y;55%15
BRI RR, 0] DUARSR E A ID Mif (B ARy iR RIE I EEMENL) BEEARERILRE, &
T HE 4/,

ME—BRNL, e AR ME— R (RS (E AL, 14N, IS RTRER —{F ID ML, 40 CustomerID, IBM
SPSS Modeler FRTISEZR 5 | SEAAL 670 25 BUE,

ak: RO SR FTA Oracle HiBGETZIE AR, {H Oracle Adaptive Bayes. Oracle O-Cluster £l Oracle
Apriori BRSN,

HENRRIER, (% 11g) MUH (GHRR) BUEGH Oracle Data Mining Y H BN RIEMRA, MR E 4
HE, JIREE ODM i BB T AIART TR IVE R, ARGFAIER, 2/ Oracle Data Mining 8%,

FERE, ROVEHRRUESEEIRRNTTE, WERAEATERE, R IR —EaEE, b
R RIARE R E ] 2 S BRI R, PRI A SRR TR AR, SERTE I AN e, HE
BRAEISRE R B, SCRMBREBERES] AR K(E,

DY, EEGIEE Y, SRAETERNRHCHC AT RERRESHZ0, S0 R HAT D2
EEERERR, (HBolE, REREIRREER, RUCRSIERORE, RRINBGIE LR EREE
HREGENRES, FEREAEIORE, GRETTAERERSE R E R, R 2 B i O bR B
BEEZ, FRGETE, H el R 80 SVM BAITE IBM SPSS Modeler HHRTARIEE, A& ITERZD
PR ESCEE N7 AR P I ] DA B BEATHE I B AR AL —BRAE IBM SPSS Modeler HEATHIEE,

WRILTIR, A5 ARG RO AR IERI Tk, (AT DO Z 385, Boh-BokeiiE, iR
COER EBRORHAMI ZEAE, Oracle A5 HEIBUTIR®E, BN ANEIL ANERE OB T8 BT 1%,

Oracle SVM & 31518
BODEUR /D, F87E DM T FRAVRBUR /D, sZ BB A REF B VEE AR S A MO R B, anpnTE
1, SKRRBOE R B R E N, FER({ESZ 50 MB,
REEH, EOHEREKIERTETFNREE, WEXNEE0 R 1 2M, FEREA 0.001, {HiKA, #ir
THPE g (EARRIE AR,
e, HEEUROREERIEEESE, H2EGrEERANE S EMNGRES HAMAERERGE
71 (BRI EERCEA A AL ) 2 R, EREEENE, SEBHEARLERE, WSBEEXR
JEERNGEEHME S
TG Epsilon, (8RB FRTEE N E epsilon AU ] A5 R R BIE, B
2, ERREANGER (B BRPERR CORAJZRS) o EWERE 0 21 2, HFERR, BRItyI4RE
FHEITTELE,
REEBEERZE, BETEBER T, SRR EEERIEE R GE@EFISERHIE ) SRS EE,
DARA (1R i BB A 2 FECIEE, a2 B0 RIS S s ) S 2 bk /=, SR e e ) Jm B bk = 5 BRI
RIS SERRAT ST s, e 5 S Eea Rl A FE FL i,
TREBEHEIL R, 15EilSE R PR EEEME LR, B4 SYM ERIE R, AREES e R 1%
T A,
RIS, AFFERIA S BN o] EAS RN IERETERINCR,, UL IIRE, R, 14— e
160, EEHA TR R, A% — A,
fEFTEINE, B EEMRAI AT A n RER I AE R, A4 A v BEAS BRI kS,
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Oracle SVM hNi&;%1a

FERESRIAR, JEIB A INRE, AT DAReE A8 AT RER) HARERAHB EEM, SRMATREIRA ], B, sk
ERIREE R PR ORI B BB B R M e 2 . REm] SRR B DARE AT AR 78 70 BB E R R
AUIREAE R THA R, KIS E A E AR e s R A LE R TR ¥ 2 b

A =RV TR AT AR E N :

o FLRGNBREORE, I THRRE, AR AR R e P A KR AR S R B 2
 BFHEBUINSE, FraRER AR T R 1k, Ho k2 B

- Bl BRI DHEE H R, FrERERIRIIIREC AR E R E 2 M, AEn] DURF 5B R e A 2
MEREERAE, ZHRBERE D ERIRE, Al fERAS B FTRR ANV Cell Hh, JEIBFRENTA,
SRIZ T P i HEL

FTAREI I Z IR 1.0, AR EMIVAEFIAZ 1.0, AlgHER—AIES, Re—EHKEBERKE
HEETH,  IHIH H B R (e Al DACR B SRR BRI, RIS EREAIRERR M, A&0RT DARE % — M IEBUE% e AR
PUTHEARTE, A E AR DGR A R AR S, 51— Norigit,

Oracle EZE4F1E1EE! (GLM)

(RN 11g)  TRESRAMERIY ) TS TSI ERTU AT ERIRR BB, B, S SRR E SRS EAH
feorffii, DARMREIEILTHIANES BB AARE LRSI, BEBEIEERIE S B AR fin] fEZ2
FEH REMARTTER, B1A0Z2IHA sk Poisson 70 ffiic  [FIRK, BEFRARIERALCETHIIE S F AR A A9 B (AR els
KA P RER AR MR R RS R 1 I N AEH A .

TR E RN, 56260 (Oracle ERHRMRIEAIFEIFHZEE M) 1 (Oracle ERHRHMEE) o

Oracle GLM #5518
BRI RE, BT DUARSR B AEe ID Mify (s /ARy R Rie et Emn) BEEASEAILR, &
T HET 4,

ME—WRDL, T8 AR ME—sR A S =AML, Blan, JBrIRE2—1E ID #iNRL, 40 CustomerID, IBM
SPSS Modeler [RHIEE RS | SN EH 2 8UE,

sk: RO B FTA Oracle HiBGHA 22 AN, {H Oracle Adaptive Bayes, Oracle O-Cluster 1 Oracle
Apriori BRSb,

HEPE R, (& 11g) RUH (FE&) =EUH Oracle Data Mining Y HENE RIFAMIR K, MR T 2i#E
HE, FREE ODM i HENHUTIHEIAFTRAVE RIE R, HRIFFAIER, 528 Oracle Data Mining &,

WREILTTTR, 457 RS AR BRI AL (R T 7%, AT DOERE Z 380y, Buh-meoKeliim, iR
CLEE A BRI 28 AE, Oracle i HENHUTERRE, BN &I 2) A2 OB T B H L5,

EIREERL, 5 a0 nl P A\ R AE R E -
o B2 PR el WIS BB o8 R AR TR (B P B, R AR 1R IB IR (E A R
« R SERERRCER RIS A IR IR E AT R 8.

Oracle GLM E 30815
{EFBIIRE, )%t 7 AE DAURCENAESE N hijE BE, - a] DA A1 SR B 0 5 R [A] 22
K2 Bl 2Rk,  AE I HE CURENE AT SRRz, 7Rt ] DA A R As 2 R8 DA S5 8 IR2 B,

FRBUEHUE X, HERTERME SR R SRR e S Py OREE MEAR I, 1€ 0.0 211 1.0, {45 = FE (R &
Bk B R,

HEEMZ IR, B8 A 5T 2 A2 R B AR ALE B Es R B TERE A B,

PR, AR R E B P A KSR AR AR AR, AT DAGEA] BB iEIH, AFFEE
TR BRI, S Rl O AR EIH T B, WIRAE R T BT B, IR DAd
T CEAR AR AL P A (B B S 2 BN R THRE.
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ZAPRAEERAEE VIF, QN SRAEARSELE A R A M By 7 A 3 BRI 1 (VIF) ST R, s,

PSS, AFPRIU G S BRI FTREAS RAVIERETEIIMER, A MO ILINRE, SRS, 1% T
T8, EERHA—ERRERASR, RBIL—THA.

FEITRIIER, BN BRI R FTA FTRE tHAS IR, 2L TR Al REAS SR AV AR,

Oracle GLM jNiE; =18

FERERSRIAR, JEIB A INRE, AT DAReE A8 AT RER) HARERVHBI EEM, SRMATREIRA ], B, sk
ERIRE R R R ORI B BB ER M e 2 . RE PTSR AR B DARE AT AR 78 70 BB E R R
AUIREAE R TRA R, AN EARE AR R A B R A LE TR ¥ 0 b

A =RV TR AT A E N :
o FLRGNBREORE, I THRRAE, AR AR R e P A KR AR S R B 2 R
- BB, FraRERIRERRE R 1k, Ho k2 B,

- Bl R DHEE B CRIE, P RRERIRIIIREC AR (B 2 AR, Jasm] DURE S5l R O i
FERFEE RAVE, EPERE D RAUIRE, Al fERAS BB TR AR Cell Hh, JoiBPRENA,
SRAE T Pl s B{EL

FTAREI IR Z IR 1.0, AR EMIVAEFIAZ 1.0, Alg#R—HIES, REe—EHRKEBERKE
HEETH,  IHTH H B R (e Al DACR B SRR BRI, RIS EREAIRERR M, A20RT DARE % — M IEBUE% 1A
HUTIHARE, A BRI DGR A R EASE, 5L — Mg,

Oracle ;REEHEHAEEIR

Oracle Data Mining AR{EH IR 2 RERIE ER 75 ARG TR, $RA4E 7 — RSB DRERBHIRAS FE DI RE,
ODM IRIFRAE AR S G R ER R e B, QUSSR SR HIRERI, AT DABUR A B R 52
RN, T SR MR R M, ZAEUB AR R E 2 AR IR ER B BRI E R
H,

RREHRAS R B E R N2 EE AR, RER KSR, SHRGSREASE ATA rTRERfn A\ 8 PEiE T
fiige, DAEHEmE ToHlds) , RUEIEDIRIE: (14, AGE > 55) , DMENE NirERkaisk ) #Ikas T 5
HAVRER, SR HIRRE, ODM IFEER HRMEMGIRG AR &R T8 rafE, ZETFRRES
ek, THESABRARR, TOREBHRGREEE NS (B, SESREED |, DURBHRA R AT
HIIF A, then BRBUATUSN, 18EPR A IRAE AR R HE (1t 15 IR 255 188 B8 ) SR AN SRR

Adaptive Bayes Network 1] DAZ i A B R S TR A i CRA RN, (B&{E > HIREE A Oracle Data Mining

SEREMIAIE PRI A MR 0L, DRERBHIRAS IR AT DAy iR P EVRTE R A A DA B ] 6 1
TR AR RBOE R

REEHRGEIBIRERIA
BRI, 0] DUARIE B REek 1D fhr (B BAkEA aniRig e I EEman) BEEAsRIA RS, K&
EHEI %,
ME—WRDL, 57 F 2R ME—sR A S E B =AML, Blan, JBrIeE2—1E ID ML, 40 CustomerID, IBM
SPSS Modeler [RHIEE RS | SN EH 2 E8UE,

sk: RO B FTA Oracle Hi%GHA 22 AN, 1H Oracle Adaptive Bayes, Oracle O-Cluster 1 Oracle
Apriori BR&b,

HEPE R, (119 RUH (FE&) =EUH Oracle Data Mining Y H BN RIFAMIR K, MRTC 2i#E it
HE, FREE ODM i HENHUTIHEIAFTRAVE RIE R, HRIFFAIER, 526 Oracle Data Mining &,

MR RE, {5 oK B8 ERG BRI BRI R (TR B E, S0 s o WA ER ARLERE
B R PR EE RS A GBS 25 B B EASHMEES — MR B asFI B e, 25— MoEd —(a I R E AR R, SZSRIY
JERAER e A1,
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RER RSB ESURIA
PRE LI S R A M BT R YR,
AR BRI T ST e R, 3 ST RIRE 9L

SPRIRRCER T LU PR, BoE REERE R AYRCIREE TR (DURTRANSE R AR BRI o lERoR) o 4
RALEREE /NI E b, RS G Sl AT A 20

HRPRRCER L PR, BOE IR R B H A TR,

SPRIRRCEREU PR, R REER P RRLEREE IR (BMERR) o WERGCEREE/NALE, AEA Gl
EATEAT 7 H

BN ID, WNRENE, B &S — T 5 DAIE Tl TRE 705 B BHIRAS A Pl 6 R

PSS, AFPRI G S BRI P REAS RV IERETEIIMER, A MO ILINRE, FHEEEM, 1% T
T8, EERHA—ERRERASR, RBIE—THA.

FEITRIIER, BN H RO AT A FTRE tHAS IR, AEZE TR Al REAE SR AV AR,

Oracle O-E&

Oracle O-Cluster jE LT G R BRI EN 54, [ERX7E#ESE (O-Cluster) /2 Oracle EHHEEHEA
%, BRSNS R EEAT e, EEMABESEPEEET (ER) 7E. ##%
BB A HGES T, A LRI S A — A AR RIS, sl B e Mo B S E 4,

O-Cluster JHETER] R FEUE B MEAREEE 1, H ODM ¥ HENERUREMNHEEFR, ODM GiftatatM
Hall, SRR mEEOME, Wn] DA S BB L RHRIET TR0,

O-Cluster 115815
;:ﬁ;ﬁé%fgi%ﬁ fen] DR HAZek 1D Al (BREERER] R oRfe e I fEfNr) BEEAARIAR siE s
FHE4 %

ME—HRNL, e AR ME— R A S (RS (E AL, 14N, IS RTRER —{ ID ML, 40 CustomerID, IBM
SPSS Modeler FRTEEZR 5 | SO 020 25 BUE

ak: RO ST Oracle HiBGETZIE AR, {H Oracle Adaptive Bayes. Oracle O-Cluster £l Oracle
Apriori BRAN,

HENRRIER, (% 11g) MUH (GHRR) BUEGH Oracle Data Mining Y H BN RIEMRA, MR E4E
HE, JIBEE ODM i BB T RIART R IVE R, ARGFAIE, 2/ Oracle Data Mining 8%,

#HRMH B, st EAENSRENREE,

O-Cluster B 55818
EEE EIR, RERKREHEE RN
BURPE, HE D8, ZoBIEE BB ENERIR S BT, %0 B B A) 230 55 A R

Oracle K-Means

Oracle k-Means IEE L EE R HRBEAN 7240, k-Means [EE I E N IRBE)#EEHE L, ZEE
HER D E ATEEBENEE (R RTFA RN ARBRME) , FEREECEEIEREERENE (F8)
At B R B IR E, IR PEERE S R (E, BRIESEIREH 2 Rk =5 5E., ODM $21H
HRARAY k-Means,

k-Means TESER ORI s EE, FREREUE RIS MOl AT AR RS 0 # N (M e e BE A= :, ODM &4
R, BN, #REOE, A DA S B8R BRI RS,
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k-Means 1&E8Y;%18

BRI, AT DUARIR H AR 1D MRl (BRI SORTEE MG BEEERAARE, ks
T HE] A,

ME—HRNE, e AIARME— A (RS E AR, 514N, IS RTRER —{ ID ML, 40 CustomerID, IBM
SPSS Modeler FRTEEZR 5 | SO 670 25 BUE

ak: RO SR AT Oracle Hi%GHT/ZIE Y, {H Oracle Adaptive Bayes. Oracle O-Cluster £l Oracle
Apriori BRAN,

HERIER, (% 11g) BUH (F88%) =SEUH Oracle Data Mining B H BRI FEM I, IR E A=
HE, 7R ODM #% BB TIHBEIEFTRIVE R R, BRFAERR, 552/ Oracle Data Mining ¥E:&,

H#HRUH, TELRENTEE,

PHARPAEL, $57E k-Means SR ARV BERE KL,

SrEIERN,  F57E k-Means #8819 HIHERAI,

WRILTR, AEE ARIEGTR AR EAERA R IERC T, (T DOREE Z 3¥5r, /- K el e,

k-Means E3;#18
B, E k-Means JHEEERBRIREL
., 2T k-Means HE BB AZE,

SIBH, 57€ k-Means ZLRRIVEIEETTE PR To0aH) RUBCH ., {08 1 A o AL o6 ] 1 2 3o 6 R A 31
MR RIE T RGN AR, TTEASREE. BARENEERAE @A, PREDS, HAmAr
B BA FREEN 4,

SRR, BUEHCE N AN SRR SRR R R A R R IR,

JBYESCRA I NI, SUE @I E B, @I ELAR AL, A ez M S TE R R AR A,
MRS BEARAENENERPRE RS, REATREBURANARE, SEER/ZH,

Oracle IF& %EfE 53 % (NMF)

FEEERE R (NMF) OISR BRI E T HARERE M, BRI 24 (PCA) BYREE(L,
{ER] DU B B R A 1, AE AT NP, NMF 2 IREs KIS R RIS ST, i LA IR S
z.

NMF rTDURR#S R R (Feansev B8R fifea/ M, MBS 2 H0fAR, NMF K 7T ERIOHERE, B
R/ G2 BT 7 FBEREN. NMF SRR ] A BE R 2E 50k (Bean svM) Big A BVEF Y
BE Pk (Hean #58) HIET5347,  Oracle Data Mining Fl NMF 1 SVM {8 BLIE SRR M A A R (L I SO

*l,
NMF &858 18
%ﬁﬂg%fgﬁ fen] DR HAZek 1D M (BEERER R oRfs e I fEfNr) BEEAARIAR sBiE s
FE4 %

ME—HRNL, e AR ME— R A S (R B S (E AR, 14N, IS RTRER —{F ID ML, 40 CustomerID, IBM
SPSS Modeler FRTFHEEZR 5 | SEMAL 020 75 BUE,

ak: RO ST Oracle HiBGETZIE AR, {H Oracle Adaptive Bayes. Oracle O-Cluster £l Oracle
Apriori BRAN,

HENRRIER, (% 11g) MUH (GHRR) BUEUH Oracle Data Mining Y H BN RIEMR, R E 4
HE, JIREE ODM i H BT AIART RV E R, ARGFAIER, 2/ Oracle Data Mining 8%,

WRILTIR, A5 ARG ARAA AR IERI Tk, AT DO Z 385, Boh-BokeilE, N
COER BRI 2NEAE, Oracle A% HEIBUTIR®E, BN ANEI ANERE OB T8 BT 1%,
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NMF E3218
SRR . e R R R
BT, 2 NMF 8T R R 7
BRI, ¥ NMF SRR R,
IBORAAESE,  a NMF R 2,
BRTEIRE, BERATE SAEURER 1D RSN, /N2 (R R i A MR 1D RIS,

Oracle Apriori
Apriori THELE SRR VORI HITHIBREL,  Bla,  TansRoA s BRI RIE S S, AR P R aril
PIZEE, W ELISRAIT 2 80%, 1 BHIHRA IR AT LAHRAR 2 o 1 7R :
- HEFERAESEBEANEBMAS, HSBAR RN BNIEBHE,

o EAVABIHH RS REL TR ZAHA, SREIRAI AR A R EE, BIan, ABC M1 BC ZRJHEIH, 4R
support (ABC) B support (BC) HIELBIRNSE R i/ IME R, ARBERTEER] THERIRI A #EfT24E BCY
TERE: WniR ABCD 2JHEIH, xR RA R/NSHE, ODM RBRl # S R B — 45 FUHAI (€ ABC #ERTAE
D) .

SREIHH &SR BEBIVN RN RS, EERANSERIVEEIHE SR SNBENFERE2E8, W
RIEHE2EERGES, INERBE PR EHEEERS, [HAFERRL,

ODM R ELIN SQL AT Apriori THELR, fRBEAELNSRAMHOP BRI SQL AT, AEAEFRTE
RN RARE, SOL B E A AR RIE T, DUERELE BRHER (A AR &S - BT,

Apriori #H{i[:%18
I AR TR — 8 TRRAL AR, AT DATEH e & SR R B AR B
TEEENZ Apriori 81 2 i, FREHET AP AL A (F B B A B IEH H
fERBR R e, HEEEG S AERMEARE RF DA SRS, o THRRE,
HEHERTROE, HOEEE SRR A R E A E R, MAERAEA E A SR e Ma g
Mo EEUEEIR, RIZE S ELE R S8 RIE T B EEE R RIEREEAL,
MERA R, EfEE:
o WA ERUMAMIGL, EROUATE DA SiEEHAFRALm R e A A
. @glﬁo ARG BT E —EMIAL, DA ARG R E 2 AN R A A TA R B RGN SR, e A s
MRIEEEHRZHEK, FFfEE:
A5 A, R BN IE B 1 A& RHg R 2 AR G5 R E R, w5 &I,
TEEE I 32 I o 5 B S T G AR TS 2 0 R BRI S A il
WRRgig, HaE:
« ID, {ETEEEHIER ID ML, T DU BUEEAFSRRAL A 1F ID #if, ARG i —EME—EER s B — 1

RPEWI T s, flan, fEYEEAEXS, S—# 1D &R —E%5, Bk Web HEE 2 HTIEM
X, M8 1D AATRERR —MEME (R IP fzth) sR—fifEHHE (IRBAERD

- WE, EEEURNAEMRA. R0 RS R AR EE .

o ol ORIOCA RIS —ERIAL,  DAURIAGRE R 3% AR DU AR RN B R AR, hae A B
W Bo  JEIE M RA R AR P o) — AR B RN T IR, AT DAFEA| H A RSB RAOUR H AR
AURBIR RIS S, WREMEH DA st [oElE ) ERACE RS0 FIEMAL, HIEER-H
IR — AR ERRE AT (RN AR B — B MAL, (SR — (s, RIS RO
rEIRE, #EABERNZ IR, ) HIEER, AEEENIHERERI > HE, REAHEEHERR
MRALEIE ) BRERP R H,  (RIHEBUEBEIERTRE &= o FIm A E R ALROE, )

E
IR

i
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Apriori {RBY%;#15
BRIARE, 0T DURYR BB ID ff (BB, WERARISE MG BEiEERRAR, &R
E B 7T 4,

ME—HRNE, e AIARME— A S (BB S E RO AL, 14N, JSRTRER —{ ID ML, 40 CustomerID, IBM
SPSS Modeler FRTEEZR 5 | SO 2670 25 BUEL

ak: AN ST Oracle HiBGHT/ZIE MY, {H Oracle Adaptive Bayes. Oracle O-Cluster £l Oracle
Apriori BRAN,

HBRIER, (% 11g) BUH (F88%) SEUH Oracle Data Mining B H BRI FEM I, R E A=
HE, 7R ODM #% BB TIHBEIEFTRIVE R, BRFAER, 552/ Oracle Data Mining ¥E:&,

B E ERR, R ETRERIRE AT B IRF R LR, AR 2 2] 20 RUREE, IS2 RGN —FE 75
o WARMANERE S BRI B, SEERISREERIR R, sHERBNMEBOE.

B/MEBE, SRER/MEHUKE (MR 01 ZMIME) . SREEEHEEIURTEEERMRHRAL

BNk, BOERUNRIEFE (MR 0 M 1 ZMMME) o Apriori §IRRIAR S RN SR i FHE R
o

Oracle Fz/)\atFARE (MDL)

Oracle f/NatBA-RE (MDL) AR HIER R AR GEENEME. @REET, AEmE2 &
BRI B8 AT DA G MR B P SE A ELA B R (R, 08k, TG LRI ME ] DAFE TR 2 R AR
SRR R 2R PAA B T RE IR TE R E R B 2k A <555

Oracle MDL ##&Z E iR & BTN B S AN E B AN, B, ©E SR O AL 7 B
Oracle Data Miner H#E7R[1Y Oracle BAUAH B AR BB E I, 7F Oracle Data Miner HH | B R RH
REER, HAPRUR TR NN, PR E AR B A m R E S IE

B ERE . HER AT IMER AN R ZTEN, BB R BER,

TR E R

1 1E TRERY ) % F IS b A O B B — R AR AR [ LI 3 5 3

2. fERBINIE R, $%— T %81 LARLE) Oracle Data Miner,

3. #$% 2 Oracle Data Miner, #E2RI% 36 HIY [Oracle BRHERHE Y £, DIEISEZEH.
4. 1f Oracle Data Miner BELE 23 Em 1, JEFIBR, REEEAEIEEZM:

5. HEEUHHRANY Oracle #5875 (HAZFBELELE IBM SPSS Modeler H5E /) HEMIA ZREBHEED) o WSRERE
EWMEERE, sHEE TEMEEEN BRI g7 H A a R,

MDL {&8Y%I8
ﬁﬁéﬂzgﬁ fEn] DRSS B Aek 1D AL (B EREA anSoRfs e I fEff) BEEAARIAR siE s
FHED S

ME—HRNE, 57 F AR ME— R A E B R E RN, Flan, JErTRE2—18 ID ML, 4N CustomerID, IBM
SPSS Modeler FRHIIEEZR 5 | BEMA 2 H 2 8UE,

ak: HEHANI BT AT Oracle BiESHR/Z AN, {H Oracle Adaptive Bayes, Oracle O-Cluster #1 Oracle
Apriori BRAN,

BBk, (112 BUH (FERR) sEUN Oracle Data Mining Y HERERIFEMERR, WREALE I
HE, FREE ODM % HENBTIEEILTTR G R, ARG, 5528 Oracle Data Mining B2,

Oracle B EEM (AI)

J&§ M A H AR PR R R rR R WL o MR BRGS RARR,  DAN BT BRI A RAIIEE,  TOracle @1
B HRE TR S PR TR A A AR RIS B RS R
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Al {23155
BRI, AT DUARIR H AR 1D MRl (BN SORTEE MG BEEERAAM, &
€ HE] A,
FEM RN RORE,  anSRE o B ARAL, SIS I e OR (R A1 Aol o 1 i R TR I B AR

HBERIER, (% 11g) BUH (F88%) SEUH Oracle Data Mining H H BRI FE# I, IR E A=
HE, 7R ODM #% BB TIHBEIEFTRIE R, BRFAER, 552/ Oracle Data Mining ¥E:&,

Al EEEIE
TYREIEL | AR P AP G A [ L P e HE R MR TR, SR T DU RIS BB R e, DU

RSSO G, B, WA PUEd e A A B R AR B S B R E A, DAE
WISLRE, HE, HEREN, BREEEUAENEREN, ERE Script Mi%s 77 HRHIE Ho

A ARG T :

Fif CHESF AR, IRIRMRAL D A B IS BRI B AGE AL, ] A B8 o AR AR N R F
R ARG M Al T (L

HRNZEH BB,  HRIREE ERET n EHRRAL

HEVERR. EHE IR e E BT A AL

ANEEEE, HEMAAE SR,

Al ZER EIBIE BN E

#1¥} Oracle AT BRI TR RERBURATA I ARIHEZ AN S, M0 R 22 (AR A A A0 A 2
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2R 15: Naive Bayes BRI - TEER(E

e IRy PSS

$1-target_name AT RO AY THEINE,

NS E AR TR SR I B OB ISR O R R el Sk o MR, MRUT AR, AR FETY

B AL

R 16: Naive Bayes FIIRBLFL 3 1RAL - HAth

o IRy B

$1P-target_name BHIEERIR Bayesian 727 (B, SHATERBIMZRERK
B8 PEAEERAY product) o

$ILP-target_name 1BET B IREEL

TERTLOZ@S T34 ERADE R SRS BT TR RGBT RE ML

IBM Data WH Naive Bayes [Eif - :3 EIZH
16 TEE) B L, A DA R BT 3740 AR I,

EEAMNL, R R, HEIEE A NMERAA G ARGL, RSN — s AR R AL I = 5 &
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KNN RS T — R 77 A A D 2 BT 4,

TERSEATEL S KNN BB R R, e G — (AL, SL AR B RR T AL,
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ot IATE Y EE
$KNN-target_name AT RS FEIME,
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Ko GnSRAETERRIGIE AERE, R & AR 1D SAANRRINEBIRAL, R AR A ST IR T bR,
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ik: [ F IBM Netezza Analytics 2.x HiRal 8 FRARRE, 8§ 75 AR AR S AR 1 9 18 DA A8 B
HRELEARA, G RYIER:
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$TS-INTERPOLATED HAE (RGEH) , EECAREI 3R B rfEE b
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1% HiBh,

Netezza BffEIF YR - s EIEH

1F T3 B, e] e BTER 85T H

BRI RG, AR fFEEEEN TRADEE ) B8 FT,
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R 25 BEHRF MR P R

i LR 2 i

28 BAUG 280 (R, JHIE)  SLESBUEMEMMEEEM, DAETE

QBRI Y F 0D

Beta FHEAERE (BN, BERERTER ) .

SRR Beta HUIFHEZE,

IR R EHE 2 8AE R S s E R

p1E {FE 2 B BEE 2 BRI SHER IR,

G AA

B HEY HURRARME R TR 22 A,

RSS BEZENIE,

df PR E HE,

p1E AR, WERTREG ERENER; MERTEEE R

IBM Data WH EHGFHIREIE - EIER
76 TEyE) REEErh, AT DL AR A

IR B AL B RS (1 5P P B IH R BURAEIEM R, 5526958 48 HAY [IBM Data WH BEFAR MERLEIH - 5F
YEIE) R, DS E 2 E .

IBM Data WH TwoStep 15E!1%
AT S TwoStep KR IR E Fil, SBS @M IATRIG:, 555 a B AR08 > CISIRE
SEHRLHIEEEE, %7 $TS-Twostep HIFREAT FIIR S8 K Bk N, 142 $TSP-Twostep HIBTHES: IR
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S 6 7= {ilif] IBM Db2 for z/0S 47 & R} Hi L

IBM SPSS Modeler #1 IBM Db2 for z/0S

SPSS Modeler X #&Hi Db2 for z/0S TS, EARHLAESIIE Db2 for z/0S IR AT LHUTIERE AT, AT A
BB SPSS Modeler [E ¥ {# F & /1 T A [ M) TAERFER BRI RIS 7 BUS LEDIRE, 1Bk, BERIDARIH IBM
Db2 Analytics Accelerator Ef%1E Db2 for z/OS IR FRshf T RHRIETE B,

SPSS Modeler 3 $&%£4 Db2 for z/OS FRHY RAITEE %,
« PERRHIRGE NS

» K-Means

« HGER > JE#EE L (Naive Bayes)

o JEER

. W ER

£ IBM Db2 for z/0S #EITESMES

THI32f# FH Db2 for z/OS F1 IBM Db2 Analytics Accelerator for z/OS fEFRERHE N BRI NMETEH, AT
FECRIN B LRI, EAIREFRE G RIEE T, WHREEZSIRRARTENREATR R, E2 e E
HHE PR o
o DA 77 SR T 8 Windows 87 UNIX _Eff SPSS Modeler Server Z2453#(f 711 IBM SPSS Modeler
« Db2 for z/OS BAM Db2 Analytics Accelerator for z/OS
« IBM SPSS Data Access Pack
« TE34T SPSS Modeler Server (IfAIARES |, THIHP—(EHR%:

— IBM Db2 Data Server Driver for ODBC and CLI

- #HARECE R Db2 for z/0S #Y ODBC ¥R IFEHIMEA Db2 for Linux®, UNIX, and Windows A<
« Db2 Connect for System z A3 H#
« 1 SPSS Modeler H1H SOL EAFI AL

« Db2 z/0S B} NE AR T A NNEAS R (AOT) BUNNEFEAS LAN INZA 242, IDAA 5.1 15| A\ T IDAA
INZA, BEHF Db2 z/0S B} N HR % i1 25 N8 F R JCRTA ) IDAA,

WERAE Modeler AR RUH IDAA HJ DSN, 1E{#FH DSN ) MERIERR ) HiBGrhEREIREIGES, (£
RER AOT BRI ERS,

E{FIEL IBM Db2 Analytics Accelerator for z/0S F9ES

FOR L Db2 Analytics Accelerator for z/0S 34 HIIEAR R 525 BRAH AR -
- Bit'E Db2 for z/OS #1 Db2 Analytics Accelerator for z/OS

« J#37 ODBC 2K

« f£ IBM SPSS Modeler #, @ f IBM Db2 for z/0OS &

« £ SPSS Modeler FHRUH SQL AEE IR AL

« it IBM SPSS Modeler Server Scoring Adapter for Db2 for z/0S

« £ IBM SPSS Modeler /1, fi#if] IBM Db2 Client sKEC & DSN

Bic & IBM Db2 for z/0S #1 IBM Analytics Accelerator for z/0S
RENAEE RN AERRIA T ECE Db2 for z/OS 11 Analytics Accelerator for z/OS B /772::
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Db2 Analytics Accelerator for z/OS,

# IBM Db2 for z/0S #1 IBM Db2 Analytics Accelerator 37 ODBC XKi&

4NN {E Db2 for z/OS B IBM Db2 Analytics Accelerator 2 il AR FIAHBAE AN, #5222 B R340 :
« ¥152 V4: Db2 Analytics Accelerator for z/0OS 4.1.0
« ¥1jA V3: Db2 Analytics Accelerator for z/0S 3.1.0

« Enabling query acceleration with IBM Db2 Analytics Accelerator for ODBC and JDBC applications
without modifying the applications

« SQL error from ODBC driver when running a query in Db2 Analytics Accelerator for z/OS

7£ IBM SPSS Modeler 7, B{F IBM Db2 for z/0S MES&
#HEAE SPSS Modeler A Db2 for z/0S %4, #EHUT RAI2bER:
1. ¢ SPSS Modeler config H¥k, B odbc-Db2-accelerator-names.cfg %,

ARIAERAFALE, BB TR,
2. Wi R ERRIR I A R AT A IR SR R, Bl :

dsnl, acceleratornamel
dsn2, acceleratorname?2

3. FIIRMENE ES A (AOT) FYFERR CCSID 4 Unicode; EEMRIERE, [A)IIIE 2542 FE AT 1S 4 i 7 B 2K (&
MIEE, flan:

dsnl, acceleratornamel, EBCDIC
dsn2, acceleratorname2, UNICODE

4. 7 6RARH odbc-Db2-accelerator-names.cfg %R, AEBHRFE—H#HH odbc-Db2-
custom-properties.cfg E%,

5. SPSS Modeler ffif] SQL &7 IDAA Bk, WIRFTHE, WU SOL 5458 2R g eI H,
i

current_query_sql_acc, "SET CURRENT QUERY ACCELERATION = ELIGIBLE"
current_get_archive_acc, "SET CURRENT GET_ACCEL_ARCHIVE = NO"

6. {iTHR%, SPSS Modeler /] SQL 2 &R RECEZ W IR RA%, QNRFEE, AI DAFEE TR R A% R K
Bt E, Blan:

[0SZ]
table_create_temp_sql_acc, 'CREATE TABLE <table-name> <(table-columns)> IN DATABASE
NAME_OF_DATABASE_FOR_AOT'

7. {FERR, SPSS Modeler 5875 ODBC KRR HiEi 4R =10 SQL &R AT EREN, BEMEEZIREHITR,
TR ABEREOAFNGER, NE, EREEEEH G, ErlAE@FHE Modeler 2 RifFEiEyE L
SQL, i H ] DU EASAH B (ESE B 4 Y AT B R, WIJ!ZD:

assume_custom_sqgl_replayable, Y

8. 7£ SPSS Modeler =UIRERH, 1% — N1 H > #IH > Helper ER &K,
9. #%— '~ IBM Db2 for z/0S 124,

10. EEUWH IBM Db2 for z/0S BRHFIEEE S, A& — THEE,

ak: JBIRIETE Modeler H[AIRF A IDAA F19FE IDAA =18,

RIA SQL EERRIEN
AR SR T RERE,  HURGRERIISUR], ZSHEE IBM SPSS Modeler HIRU SQL AL FE (LI
T8,
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2. f— N EEE IR R LRI,

3. MERR UM A SQLIEIH, Bkl a E s TR B IV B E A REAIE A,

4. JErh itk sQL AR L AT (EEAS L E(H R E A, DAREAKAEREE) .

{£ IBM SPSS Modeler H1, f§£F IBM Db2 Client 2RE¢E DSN
AR FEEALE SPSS Modeler F#i il Db2 Client for Db2 El B &I JEZ /G (DSN), #H5ei RAIA R

1. MREARLSE, FEELEET Modeler Server FI1ESER & L 2%E Db2 HIF Ui,

2. 1 BAMFH db2 catalog 155, BERIEGHE, MFHTERRIEFIEE] Db2 A FEuH 1 db2cli.ini #
K, HELRfEMIERIVERERIZ,

3. FLEERHFEE; Modeler LR AL T AT BR,

WFAHRER, G20 (Modeler Server EHHANEEXHE) (ModelerServerAdminPerformance.pdf) #
A = RE ORI RE RS > R AT,

4. B2 HPER 2 HERERIERITE odbe . ind HEEHTHY ODBC BRI,

5. ¥R Linux 2 UNIX fE#

a. LR FBRENFE U 1ibdb20.so (MiAg Llibdb2.so) , WiREMRZHTHTERIRIFE %

‘DriverUnicodeType=1,
b. 7E IBM SPSS Data Access Pack Z45H, HE(RKF Db2 A P imAvfE BB E#HE 2] odbe . sh,

c. HEfR Modeler Server il &5 UTF-16 4mfisf) ODBC BEEEXHERERE (EMs
'libspssodbc_datadirect_utfl6.s0') .

6. MECRIEE S Db2 AU I B AT AR T S RE:
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bR A S AR R, TR,

150 TEEG HREE N A TR ARG
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