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stream = modeler.script.stream()

neuralnetnode = stream.findByType("neuralnetwork", None)

results = []

neuralnetnode.run(results)

appliernode = stream.createModelApplierAt(results[0], "Drug", 594, 187)
analysisnode = stream.createAt("analysis", "Drug", 688, 187)

typenode = stream.findByType("type", None)
stream.linkBetween(appliernode, typenode, analysisnode)
analysisnode.run([])
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taskrunner = modeler.script.session().getTaskRunner()

# Modify this to the correct Modeler installation Demos folder.
# Note use of forward slash and trailing slash.
installation = "C:/Program Files/IBM/SPSS/Modeler/19/Demos/"

# First load the model builder stream from file and build a model

druglearn_stream = taskrunner.openStreamFromFile(installation + "streams/druglearn.str", True)
results = []

druglearn_stream.findByType("c50", None).run(results)

# Save the model to file
taskrunner.saveModelToFile(results[0], "rule.gm")

# Now load the plot stream, read the model from file and insert it into the stream
drugplot_stream = taskrunner.openStreamFromFile(installation + "streams/drugplot.str", True)
model = taskrunner.openModelFromFile("rule.gm", True)

modelapplier = drugplot_stream.createModelApplier(model, "Drug")

# Now find the plot node, disconnect it and connect the

# model applier node between the derive node and the plot node
derivenode = drugplot_stream.findByType('"derive", None)
plotnode = drugplot_stream.findByType("plot", None)
drugplot_stream.disconnect(plotnode)
modelapplier.setPositionBetween(derivenode, plotnode)
drugplot_stream.linkBetween(modelapplier, derivenode, plotnode)
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plotnode.setPropertyValue("color_field", "$C-Drug")
plotnode.xrun([])
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stream = modeler.script.session().createProcessorStream("featureselection",
True)

statisticsimportnode = stream.createAt("statisticsimport", "Statistics
File", 150, 97)

statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/
customer_dbase.sav")

typenode = stream.createAt("type", "Type", 258, 97)
typenode.setKeyedPropertyValue("direction", "response_01", "Target")

featureselectionnode = stream.createAt("featureselection", "Feature
Selection", 366, 97)

featureselectionnode.setPropertyValue("top_n", 15)
featureselectionnode.setPropertyValue("max_missing_values", 80.0)

featureselectionnode.setPropertyValue("selection_mode", "TopN")
featureselectionnode.setPropertyValue("important_label", "Check Me Out!")
featureselectionnode.setPropertyValue("criteria", "Likelihood")

stream.link(statisticsimportnode, typenode)
stream.link(typenode, featureselectionnode)
models = []
featureselectionnode.run(models)

# Assumes the stream automatically places model apply nodes in the stream
applynode = stream.findByType("applyfeatureselection"”, None)

tablenode = stream.createAt("table", "Table", applynode.getXPosition() + 96,
applynode.getYPosition())

stream.link(applynode, tablenode)

tablenode.xun([])

TR 22 G B BRI IR s, I ZRBU Rl response_01 FEMIME (FiA) WEN Target,
SRIGRIEFF AT RHMEIE R i, A E R AR _E AN s A B A AT S, RIEEE R
WL R i AERE, “R7 A T B selection_mode il top_n AiAEN 15 MR EEHFEK,
HxrELER, ESH I $ 220 T featureselectionnode &1

BT ks

18IS IBM SPSS Modeler (UIMIATE S, ] DARIEAICR 1 ATE £80mEE 1T P AUIIA,, IR ERAIA AR 28 it
TR, B ARSI a TR flE T R A DARRE I AT (E . (EATE T A, T
DAERHIZTT 2 MAAR,

flgn, REFRZEEE - MEARMTIF, FHETRAESE T MURRESRET R R, TR
B2RET R X TREEIREN TRURE T SR 7B AT T, IXAMEIT, ATUeE— D EE S TIRE S
g;ﬁ”ﬁﬁﬁ@ﬁ”ﬁﬁﬂiﬂﬁo A, AHERIT RO E T RN T A R RE (B, P (E b

FERETT WA AR ] DA T e e, (BT A SE AR R TROIROE—FE, 590N, AT Rk
ERSR B IAA T R R EE T AR ARE B, AREZER, HSH I 5 399 i I 21 &
AT AR o 7T IRIE TR AR T R DA R A

TE: R 2 s REAFHAAT B SRR, it DGR T i R T AR A “JALAR "B 10T 72 Y 280l 9 B ]
Mo

4 IBM SPSS Modeler 18.5 Python JIA 4wl F B 2L 455



METTERITH“ET R A 3 iEE
ML TAE DG LR T, RS BT A S B £
B A

MHBKET R TIERITH BT R4 3EE:
AT TIEX, U5 M LTSGR
..

BT R s

DAY R BAIAS 7 B T i PR 0 T s A TIN .  H RTRA AR E e TIRE 2R E T R, DAEREE T
AT AT A R T R R L

execute 'Set Globals'
execute 'gains'

execute 'profit'

execute 'age v. $CC-pep'
execute 'Table'

BIE MRS
DA LR T A B R AR 12

stream = modeler.script.stream()
superNode=stream.findByID('id854RNTSD5MB")
# unlock one super node
print ‘'unlock the super node with password abcd'
if superNode.unlock('abcd'):

print 'unlocked.'’
else:

print 'invalid password.'
# lock one super node
print 'lock the super node with password abcd'
superNode.lock('abcd"')

AAPBEIFAFRFRT
MV16.0 JHG, JBIE SPSS Modeler, AT PSS MNMIEHAE H I(EAE T H Q@ —Le B ARRHIA, | TICH (A
WA G HE S BT 1. AIEIE 77 AW 3 BT A 2 (6 SR A DA KA T2 5% PRI RS T 7Y
R7T R
AT A B PR SRR AT, a0, S mT RE LA SR [ i 5545 Ml 6 A 2 BB A S i
$e] AE IR B B — A T AR ER, MG E R BO DARREAIE B, FR it 25 5
AT HANEE (B, BSHPIN R SR, SRBERMG AN IGE) E, NRER S
CUAHTRRIME R, T8 JE AT AFIRERAR AR, DABELLE S A 15 7 S AT AL YN A 15 7o Q1 R
T TR PEHATEI DA B RA 2, R ET00E A T8 TATEE AN
- DREK EATEIATT S LR (TS5, BN, IXATREEIRE FIRIRINAE B EH AT R, I BRRES MR
S8 Hoh, SERTDARIRE KANat TN RS T4 e B U, IR BIRTR:

BT E B B, I HLE U IR T

BTG E B H AR, H AN A BB T

AT E BE RIREK, FH HAERRAT TR — DN 7B

MBI R AL, I HAHRHE S BB B T 3L

- AT FT DA EARIETIUE SRR PR RIS mIBTT 773, PTRERRBIAN T :

- HHEAEER true IEE false, ZHRERIZTI R

— TSV ARG AT 75 RIS TR AL 1817

18 WARSHIAREES



TEIMZE AT R AR “ TR P XS RER AT “PUT IR DT R I ERY, AR AIES PR a IR R A (AT AT
BERANEX L5 ARG & — R SR EREAG b, RS T RXET S S S EIME AT,

AT LAIEE I8 =R 5 N B ELrp —RpoR 5 ) “ PR T I 0 <
o (H P IR TR VBT S B
1 N THE"SHA, %R

WEE > hay
2. BT PRI T DAL B S AT A RAIAR
« M

1 ARG R, ARSI SRIFT,
2. S TSI TN,
o NI TERETFRIEE TR D, BdEiE R,

QIR — R BRI TIRANE R, T TR LRSI AT T X, 5
T PR AT SRR TR T+

WISIEIA, En] LB SRR ER S, PTRERRBILN T :

< JBTIATEBHREL, B UED PRI T L

- BTGB ERIRE, FFHEIREN 2 BRI EEA T E M,

- BTG TE S ERREL, FFHAEBR T A — AN,

o MBS ERERIRE, FHEBRE SRR E I TEKL,

A DAEIR AT IR BOGEA I 000 B B S R R4 F, ERRZ IR, ISR AT
17755

SRR TR FAFITIT X, IR TN, 8 FTA A ZRER AR, (AlE) &

DIRRAEIE AR KA AR, FIEd B R IR R N ARTR..., RHREIA RS+, 3
“PITIEIF R HEON BoREREE (WHEA) $hiT75 3, I IR RIEIRIT RIS, XERE, &
A DASEGE A 22 MBI IEHEE TR E RIS, )5 B A ] fER A G g h i T — D e A, 78
R, AR N, O RIS TR RIS & s e AR BT A

B WESRIETE 1BM SPSS WIMERIF B IRSS (R HIZI TR SPSS Modeler iit, HR2R] DATE SEE LR AR
BRES LR, XZFEY, IBM SPSS UMERHEERSS (F Lk 4miEassc H I E % SPSS Modeler 45H.  fl4n,
WREAER IR E T MG & DUE NS MEA IR R R SRR, AR AE SPSS
Modeler H1ERiA4, {HH IBM SPSS WMEFIE B ARSS Deployment Manager (9“4 5" i Wi+ Hhéi A [E &

FHE .

EigEREIF, "M THSRE:
1. AIEE RO DUE SORAE R AT BRI, BXEZEE, E2REERH T,
2 (EREN, EX RS MENLR, AXEZFEE, WESHARIEZE,

3. EOIRRNEM AT LB EREIZ FIEIT R EZ o d. SRER S, R RIREHRITIEN,
ZAESFRH EIBANER, RS RLLR &, 85 A 2% 730045 A e _E s 57 Sk B 24
o

EATFRPREFEENREF

B HE 7 AT DUE SO E IR PP TR Z R IEIAGEA, BN, WERERSE W G T M, AR2 AT DO
MSUHNEE RS, FRHEMEEOH Y, EafThN, HRETIRIREN SNSRI SRS
FREYE N ARIRE R e X (R, 8 SGRASCHE 7 M IEHE P] PR B HE 7
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SETIFIAGHE, WS IR AR R e TR IOISIRRL... T, Uil MOFERT 2, SNEERER
SR PEAT > 5 SUBIREE (7BY sRBSF/APFIT > 5 SUBIREE (D . SR MR T FAE, T
LFRSTRER E AT B, I, AR,

EREERAKHT, T PR

YETRAKkHR. AT U R T s — T

C WM - B AT I — MESR, PRI SRR & M TR

L WBH -, (RIS QIR MER, TR RS RO B M,

C AU - TR (EREOETITOIE — MR, TR AR B M TR
 YIRURPE - (A P QIR — MEER, PR SR P (U B 5 ML

BV, SRS CERRUA TSR R B EI I,  AT DO T o3 —

C BHL (CHEEFRSH - RIS - N AT, TSR RIS R S5

C ViR (CHESERE AR - BRI - TR, R SO B, S
DT MR 15 A REAEFEIGEEAIAG 150, USROG T A0 %, 52 A DB RS TSI s — IRy
LRGSR TITIE, DMU ARSI A 0 R, I, R, R, SRR
B

CRME (SR R - B R - I T ARSI R R

TREARN 7B, SR EFRSE - FEREN RJERNE - TR A AT, T i rp Z A TR AEER T
B, fEn] OGS RAIH AR —NEDT:

C Wi, (USRS Y - R N, MRS BRSO SRR,
DUFTIF S 15 5 A VERE XS RERAR 5 ANRAIHARO 500, IS4 A LI e R — RIS
RGNS, RS TR TR, R, I R R, S
BUE

BRSNS A R R T RIGHE, (A DALEIH A e B AR
BOEREGRNTE, AXESHE, WSS 8 0 DERHTIRRINTE .

ORI, (IR H - R TR L - N A TR, SERAIE T BRI (S R, (5T
DU RIS — M

s TRl PCHEEEERSE - AN ], JERRER IR EEA G STEME R R e B S e DA
FITF AT s BRI AR 7T A ARFIHETT RO 2, B2 AT DAsEIE e £ A1 H A — 251
REREATIEIE, DMXE R E A A PR, CEERET BB CEER. R, e TR
A o

« PRI, R R THRENA BRI T B

IR, RIS RIS AT TR E R TEAE, AT DATE IO AR Frad BT R TR A
REHERT 7B

HERATFRPNEFNERZEE

A& AT DA A BAE R I TIE AN BB P IR S A B0 E T R R PR EL BN, IFIRIEIAR TR

TR BRI T oA HE RS E R Bt XA AR, B2 ATRES B — MRS R i SRR &

e, DA —oR 7IRHHE BRI ER R, EIXEE T, Ea] DAEIERE R, XELERNE

SRR BRI, BIAFR SR HE BN S HEPI B AT B, (A 2 SOE AR ATEHE R A

BT IETREN LR,

BATTPRIEHE, TEIERE DEIR IR 7E S A P AE I B 125, B A B i A AT Y ORI

TEER/ AT > 52 SO R

TIREIRRE, HHET 7

W, EEEERAEMERRE, rTDNRSEBE R TIE R,

- MREFRSE, WEEETHRSY, NEEEIERRAMEN, A TFIEAR—DNEDT G RLER A A
D & XNZRZZ IR B NIE,

- ERER, ERNIZERSHEIRENNERL R,

1B WARSHNIMAREES



- TN, ERSEOXE N REL RITHRIE, EMAIIRPIEER, RERAZERRITRI,

- FafA. WRETINHSEE AR DNIEAFRANE, EERREE, R E2] A 7%
R, CREOIE AN AT AR A TR SR EIHTA

o BRI EEYE, EERET LT ANEHA N EY, AEERERTIZEENE, EId A
THNHEA —NED, AT A E R E R
- o, B ERERIEASH T E, BXEZER, ESHE 6 71 ol TR IEERIERSE

¥

- TENGIRRGSE, (A T EE N ERIRT B AN A RTZ,
- YERBEIRGS, (FRIERSCHETEENERIET B AN ANEN G5,
WRIERRRTZREUGS0ETL, AR RGH IR E R IR T BN N Se A, filan, an s e = E s
E R e X H B IEESAERIRAISE, A0 n] DIFE B - 28 SHEF B S5,

A FIE R FER

ONEIER, &SR] DA A e v B e B — D sl 7 B

HEFPRYE AT DOEIE R R A A —MEIU Al & 17 BOE T HET -

- B2 BdEiim Mg RdE, a0 ey B ROy 7 B A B T

« BFR R TR A 7 B THE Y UE T & A,

« R BEETEIHHN BT,  HIETTEIEREEA R BP0 7 B IR A .
—IRMFIRPERE 7B, BERMI%AE Shift HEL AL E Crl 3 B TRIERE 2 DB, Ah, tha]
PAGEFIZR T RHZEARIE T B I 2 A7 R, BOARFEHUEERR TG R,

HERE, AIAUEERFBOREI TSR, DB RS TS EET AR 7B, flin, RERE
MR AR AR S, ALK IR AR AN 1T ER Y 7 B

RPRFRGFRT
B ST, 1T MR 5 1 S 4% AR P AR R T AIE T 77 20 FTRERR I
—F.

- IRIBATEIER true IR false, #3HIRERHIZITT A

« ST RERNE DIFIT 7T s T 242 I 1217,

A DAE IR DA T IR IR SRk T T I B R 145, BRE/RIZ FIETR, TEIERIER KT
V-

MR E T ZEPITHRIT AR, IRAFERIBITIN, &€ T R TEREE AN, (ANik)

& A] DARRE R TR SRAE B AR, i s X" R A N A ONM..., RrERG G S A g
s BRI EPIT IR R EER, DB RS (NERA) ST, BN TR0

B IXEEE, &S 2 NMERTEEIETURE &M, ARG AR EMAGRE P T — 5 E
HIRIRA, TEFR, YEAIRN. N, B S TAEA T SR BRI A A,

WIRBRM, BN NIPER:

LE%%P?&@%%EWW*,%ﬁ%ﬂ%ﬁ%ﬁﬁ%g alﬁﬂW%m%ﬁmﬁ%@Wﬁﬁ& FEIE
XHIEAEA,  A] DAFESE P19 U G 2 i 25 1
2. EBMFAFI TR SRR, faE DU A
a. Tl RO HIRE S HUTRIN Rl S S H R DAF TR S 370 s X T I P AR 1 ;.
KAV ROL 2, B2 DO BoREE R TIEIE, DAHE RAIHEAR— NGB RT A “FH, “E
7SN <1 W e e P
b. YEMIRIEHIZEAT,  F6E PUT T R il RS, SR AN RAIP MEIT I i —A: (i
B, B, FmHATTEARLIRE,  EXIEAE T FR A B TEAIE R B B AR R
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miT

« WS MRBAPIRFIERSE, NREFRZSERBENT; flw, BRAFATUERT. FT. /h
TN T2 %%, N5, MR MR, KRz g,

- BRZR, MWEHIYIRPIESZE; fli, XelsEESHIE. BN R/ME. RAESRNE
%, RJa, EFRBENNTHRE,

o FfHAT, MATAPIRAPERERT R, REEERPITIsl, R, LR HRE.
o BRI, WNSRBAUALRPUTI R, IEIRRRIIATL, ERRIIATUE, HIEFREREHMSEL

3. AW LM 2 FiTikE, EEVERE TATE TR, I N T Al AT 00 e 19 4 FF
R o A EoRAE % TG TR 32 5 0 AT T 19 ORI A SR i ) e AR 5]

A4 BREROLY, R R AT RO PE, EAESIR B IRah T M, 18T R DOR
Higerh, SRJE (A% 73 TR A MR e k=i w7 3k SE i

N, A DATE S AF TR R BRI E R AT :

o TGP PR AT AT RAA, PR IR AR AR I I IR B ERI X & DA TR, WP
AFRMAATRIERE, RZRHITARE A RAE N “true” A9 o

o ~RPAT AN RAEFREIE XA FARETRIEN A AT H, R IEIEoR, WREDFARE
Hetrue”, IBLRFEIITE LA RRATT R, RIEHE T — AR TRIE,

« EHROP A TRE, EHHETEOR, FOOa1TEH — MRS E R AFIR A “true” SRIEHI T o

FeR RN s

A DU 2 /7 SR PUTIIAR,  Bilan, fEimARSIE N A IERES, “IB1T AR FZ S T T 52 BE A A
N

1: BT "#%

“TBATIEERAT L T AT IEAE AR A B 1 B — A TE E AH AR T T s B

>

2: BITEENTT R
A DASEFT AR 75 A TREA -
o FEFIBIA BN IA X IEHES, Sl s T IEA” B 1B T e BT 4 L
o FEIBATIEIAAS 1 B O ERE AT 75 AR L st T
- JAENEDUREREM -execute frili, AXEZER, ESMHIEM 5 55 1l MEMAMLTSH .
TE: Q0RAE BT R R IEAE AP S TRLIIAS,  UPREAE PR TE T s I AT s AR

FRERRIAS AT

“TRIA” ST AE A A2 o Lk T R AE A A T ISR s (8 A1 P DATBGR A RO AT 4 AT IRt Y
AT,

SN

ATEGRIABAOS R SORIRE (ARIIASHTE CLEM FksV RS 3k i 1o PR kit
AR/ B RHEHE, (2 LI E—DOREIECAT, T2 Ctrl+F ATUiFLRIIEIE, FEREARIAR A b
ORI, A, AT A, AT DB B R E— SO BORe R SR
BT EAE.

1. (A SCRIKIB IR, 2 CtrisF T SBy B KIFAE,

2. NTERIRINSOR, SUNBIEIEIT FRIRIE,

1 E WARSHIMAREES



3. MANBH AR (IERARIE)

4. EEER N RER,

5. RS Y ANE T NG, SR A s A A ek E R S,

6. FIIRETEAG, WXITEMER M, ME— ORI % F3 B, rlEE L —REHIRIE, 8% Ctrl+F,
APV IANZOA TE A,

H&ixm

PLECR/NG . IEEESIRERSX 2 KRNG; Fla0 myvar BES myVar ITEL, TCIREFILE, BHIARLG

o R R AR A

PV, R EHIRER G ULEL IR REI SR, WIS, spider RIS REER A HIE

spiderman B spider-man.

IEMZGER, e R ENRIEREE (§SH 1) o WRiEd, {BRTRBARIRIETUR S5 I

H 2 HAE,

DR SLAR,  FEs il FH Ay #5128 T P A8 RV 1L

IEMZGA TR

EAENFRER, Er] DERFRFR QET-REE TR, FRREGEE (W afld) . FEFE

AT ASGL R QMTEEATRE) o SKRRRISASRAGT,

x 1: FRLER

EZH] PLAd

X FIF x

\\ AT R

\On B EHER T On (0<=n<=7)
\Onn Z)HEHHERFFF Onn (0 <=n<=7)
\Omnn &) UHHIERFSY Omnn (0<=m<=3,0<=n<=7)
\xhh BN EHMER R 0xhh

\uhhhh BT 7HEFINER R 0xhhhh

\t HilIZR4F (\u0009")

\n #AT4F ("\uOOOA")

\r [E1427F ('\u000D")

\f LR (\uo0o0C")

\a i (B03) FF ('\u0007")

\e # X AF ("\u001B')

\cx X R R A Il 4F

*® 2: LEFRE

EZEES PLic

[abc] a. b, B c (fE#H)

[~abc] PRa. b. 5 c ZIMIFTEFRF (FHIR)
la-zA-Z] aflze ARz, WE (ERE)
[a-d[m-p]] afldsimp (BIF) . WAHEEN [a-dm-p]
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xR 2: LECFRYE (4D

EZEES PLAd

[a-z&&[def]] aflzfid, e, Bf (XH)

[a-z&&[~bc]] aflz, BRbM cHd (HHER) o thHAl4EEN [ad-z]
[a-z&&[~*m-p]] aFlz, MAEMBIp CHER) . WRHEEN [a-1g-2]

& 3 FRE X F K

TSNS PLid
EEFR (ATREEUAAIRE ST ILFFILAC)
\d EEET: [0-9]
\D R [10-9]
\s EREFAF: [\t\n\xOB\f\r]
\S AR TFRF: [Ms]
\w BATAIFAF: [a-zA-Z_0-9]
\W JEERIA TR [M\w]
& 4: 1R IES
UL UMY PLid
A 78
$ 7R
\b CAE LS
\B AREATA A
\A LTPNCEPI S
\Z PrifE&IETFoN (ERA) |, BARLRE
\z L IPNINERT =

B 18 WARSHHARTIES 11
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4 2 5 JWAES

MEESiESHE

J@id IBM SPSS Modeler RIA il TR, AT AAIEE —LSJ{IA, IXEIAR] PIFE SPSS Modeler A 7 L
FiEfT. AN SIFIBIT R TEE. AT PATE SPSS Modeler HEZIBITIXEERHIA,

IBM SPSS Modeler HIRIA DAHIATE S Python 4W5 ., IBM SPSS Modeler Firfd# YT Java ) Python 3£
BFRA Jython, BIARTES G5 NYITHEESR::

« ATSIHT A, W, TR SHFEAM IBM SPSS Modeler M4 &,
o ] F A EIX SRS 5 (1) — AR Y B A 5 2

- AFIREERE, SBMEMNRENEARRHRIERES,

o TR, JERRRISCE ORI R

PARETHR T Python JIATE S, Python Y Jython SEELLAKTE IBM SPSS Modeler PN/ TRAIAZR I AL
EARIER, BREMEM &GS S BN RE T R ft,

Python #l1 Jython

Jython /& Python JIARIES IR, B DL Java IES M5 5 Java FEMITER. Python Z—FiHMIXNE

(IDhRESR KIIIATE S, Jython BE REIATE S 1A= IRHIE, mHS Python REMISE, Jython AJLA

FEATAM 255 Java FEAUAL (VM) HOBRSEFRIZST, IXERE TR S 2RI a] DUEA JVM /Y Java B, @i
Jython, W] DRI L2 RHAEF Python 18 5 IEIRFIAER 7 DRE

YEN—RHIATE S, Python (R Jython SEER) 5T SHAEME S8t TR0, M HE&CIEBTERF
FRA B/ NG, FTDMER B PR, Bl—RE#A—1T, Python 2—FMBEMHMIATES,; BIX
H Java FITGRIFS TR, Python BBFUUE XA, KGR NIXLES R TR (TERITIE
HHRE) o AR (FlaneE XHE) DA IS Z4080E (BIansEoE ) Bz BT a] {4

o A DAPSEIUE DS RS TR E L, (B2, MIARMRERSCEE—Leshs, flan, mFERAE XK
RN e IFeiE IR, RIEREERTHE TIZZ8EAMNER T, ASKENEIHER, FXRERT,

A AR a1 TR DU IR EE 1R,

Python KT NA (BLEEFTEEIEFRED) AR, Kk, 0] PAEH 21T R X st 5, Hhik
IEFERA (BN FAFER) gz s N7 AN EMAZ NS, Python SXRIAT N, B — 12 FHFH
Null {E, It Null [EEHHFEZFR None,

2% Python 1 Jython IIARYRE HYE IR AN B AN —LERBIIA, TEZH http://www.ibm.com/
developerworks/java/tutorials/j-jython/j-jython1.html I http://www.ibm.com/developerworks/java/
tutorials/j-jython2/j-jython2.html,

Python B 24w

A Python BIZARIE S8R/ 4H T 148 IBM SPSS Modeler Fhéw il A i AT BEE LA LE, HrPELRERE S g
FEELRE, XK N ETR AL R BRI & B 219 Python A, DAETE IBM SPSS Modeler #{#i f,

¥R1E
TRERFEHES (=) 52, filan, Z8E 3" RELS 2 X AR, Ea] AR IEA]:
X =3
ESEH TR RRABIERES T &, fla, ZR{Ea string value”TREZ & “y”, AT DAMEH LA
ENEGIR

y = "a string value"


http://www.ibm.com/developerworks/java/tutorials/j-jython1/j-jython1.html
http://www.ibm.com/developerworks/java/tutorials/j-jython1/j-jython1.html
http://www.ibm.com/developerworks/java/tutorials/j-jython2/j-jython2.html
http://www.ibm.com/developerworks/java/tutorials/j-jython2/j-jython2.html

RN T L AR e B EIZ T N H AR,

&5 BERANREENHEZERE

By fiiidk

X <y X 2t/ y?

X >y X 2B RTy?

X <=y X B/ NTEET y?

X >=y X ERRKTEET y?

X ==y X R ET y?

X =y X BEAFET y?

X <>y X B AEFET y?

X +y ¥y 5 x 8

X -y Mx FIRE y

X xy ¥ x FElly

X /'y B x BRBLy

X *% Y K x 19y IR
FIR

FIFRZETLRFI, FIRAIDUESEERERITR, MAIRKTTRA VR EISRAATX SR, AT LKA
RS, BEEAN, BEREGEHITR, FIFRHPITRIEHE rTRES IR,

Nl

(]
[1]
["Mike", 10, "Don", 20]

(L1, 07]1,08,91]

:7;y:2; = 3;
X, Y

X z
[1, x + vyl

AT LA AR By Bes R, Bl
mylistl = ["one", "two", "three"]
G, AIALRAIRIR TR, Blan:
mylist[0]
IXREAE A T

one

EIZEHIE,
UEBRNTR (BE KK,

@24 PR (WD FRFERTTRNMNMEEOTR) 1
Ve

FIRAIFNR, BDTIIRER R — D EHIREEB T
EIES

BEIR, MORBIREH TR BMFRERAE,

JiES ([]) PR RONRS], EARASIRFPREENETTR, R 0 TSR TT R HI R 5o
R DUE RS R AP —RITR; ZXFODIEL BN, x[1:3] 2R x B PMHB=1ITR, &RR

FIRAIEREIRS],
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e

FREB R MU ER AR/ T, TR SR T E B A/ B AT 22 51 R RIS AR, 15
4, "abcdef"[1:4] ¥AERHIH "bed",

£ Python H1, FRFHHKEN 1 BFRFHR R,

TR R I EEE A S s =5 ARE L, AR5 57E TR ARERSTT, MmN =E515E
MHIFAFERATDAS T,  FATERATDARIEAS S (1) BONG 1S (") R, 517 AT & AR E X517
e SRS AT (RTE AT (\) 71F) -

N/l

"This is a string"

'This is also a string'

"It's a string"

'This book is called "Python Scripting and Automation Guide".'
"This is an escape quote (\") in a quoted string"

Python it a5k B85 H 2 D AR D FRII AT R, IXARER] AR A K18, JFHERSRS
BAFATHRPRSISRE, Fln:

"This string uses ' and " 'that string uses ".'
IXRAE B PA N i -

This string uses ' and that string uses "
FREESCR— AT E, TR T HAR—&757,
R 6: FRBEFZE

Method iiF73
s.capitalize() XN s PUTEFRERE
s.count(ss §,start §,end??) 5 ss 7F s[start:end] A HYHIIREL
s.startswith(str §, start §, end}?) MIRPAEE s &G str 3k
s.endswith(str §, start {, end?) MRDEE s BEEG L str &2
s.expandtabs({size?) BHIRIT R H NS, e size 8
£ s FEK str E—1R5]; WREAE], B4

.find(str §, start {, end N . T
2.I%gné?sir{{,Ssigrt{{,egnﬁéi) g5 N -1, rfind MNERIEBITIHE,

f£ s &K str B — PRI MRAR], A2

s.index(str §, start {, endi})

s.rindex(str i, start {, endi}) ig@l@ValueEHoro rindex MG/ T
s.isalnum MR AE BT RO N F R 7R
s.isalpha A AER FIFR RGN FREFRF R
s.isnum M AEE TR R R AN T TR
s.isupper MWIAAEE ZIFR RGN EIHRE
s.islower MWAAEB PR RS NEE NG
s.isspace A LEE TR ER BT
s.istitle M AEEF R RO N E F RGN R TR/

=R el
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R 6: FRBHE (HE)
Method %
s.lower() Ao 2 NG
s.upper() Ao 2 RE
o HesY HEO NG
LY TN 1)1 75a
s.join(seq) ¥ seq HHVFRFERIERER, DA s (BN IRRT
s.splitlines({keep?) ¥ s EINZAT, WIE keep M true, LG
AT
s.split(isep {, maxi}) i sep (k& sep WZHE) ¥ s REIN“F”, &
2| max I3
s.1just(width) FEBEE N width BYFER, RFIFEREx 57
22?@3"&352%) EFE N width FFEH, BFRELAXNT
s.zfill (width) ERE N width FFEF, BFRFEFEHTTE
F 0 #H17EE,
s.lstrip() BERETS 2K
zgiﬁl%) FERRE SR
PSEEP BRRaT S B Sk
s.translate(str §,delc?) FRZ%E delc HAUEMIFRYE, HREH s, str M
BRREEN == 256 NFITH,
s.replace(old, new {, max}) ERFATER new R EREHEHZIE max BRI i
TP old

&iF
FERHIFS #) SIARER, A7 EHSEmEITE AR &ER— 2, HEIWR, &E
A DI TR, DATRREIBRT T &R :

#The HelloWorld application is one of the most simple
print 'Hello World' # print the Hello World line

BaNEE
Python HJIBANEIEIEE Fi e, @, BNERETEZE—EA, FRexpression fil assignment 15A]
Ak, BBAIATH— DR AR (B0 if 5% for) SIA. AIDAEMRBEHEE A Z R EEM BEHAZ
FATE & AT, MREATHEZMNMER, IBALFTERTS () RaRENEA,

ERIBARI AN ZAT, ERAEOS, o2 —1TRIERLMEARRHT (\) 45, Fln:

x = "A 100000000000000000000Ng string" + \
"another 10000000000000000000Nng string"

QUFSEPEAFEAERE S (O). 77665 ([1) 8t s (33) W, ARATEfn] DHELMNE S H 2 #HHT, M
AN RAFHL, B4 :

x = (1, 2, 3, "hello",
"goodbye", 4, 5, 6)
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FRim
PRV TS &, REL BRI T4, FRIRA] DUBEAKE, HMAMARE BN TR R
MTFHRF () Hko PATNRIEIT LAY AR5EH Or 8 FH T NEB2REE &R, 1R — DN FAFam, RilATRA
EEERHENTERTFR. 08 9 FEF AR NRILTERF, I RIXEFRET ] e RS,
Jython HH—LEREAFRAT TN &, REESSHTm A, XERE T2 TYIZEA:
. {BH)5|'S0: assert. break. class. continue. def. del. elif, else. except. exec.
finally, for. from. global. if. import. pass. print. raise. return. try flwhile
« 285199 : as. import #lin
« BBFF: and. in. is. lambda. not flor

KRFHEHAYIEF <R SyntaxError,

RE5IR

REGPUR AR MBI B HIEAH, KPR AERBE NFIHEMIER: if, elif. else. for.
while. try. except. def fllclass, XLEEMRSIATAE ST (2) R, Hlan:

if x =
y
z

elif:

y
z

o b WN -

(E AR RS EEATE R, TARR Java —HEEER eSS, RSB E 1T 2[R — 0 B,
IXERONAERE R IR R, W, SRl s, BINE SRS A SR AR gt
1To AMIEMZFEFIFIRSF, BERERINZRAPRIT OIS —FI0TE, SN %L SyntaxError,

i AEEpiER (DU E SIRHrIER) WAl DIEFEE—1TH, FHaSamE, fln:

if x ==1:y =2; z = 3;

BE#ieELHZ

B SEULBLIAIEE B, RAXRR LEE FHRAMIERE T BN, £ P EENSENEER
5% sys.argv HIETEIE, HHMS len(sys.argv) AJDEREMEZISIENEH, Hla0:

import sys

print "testl"

print sys.argv[0]
print sys.argv[1]
print len(sys.argv)

FEHRBIF, import M T RAREN sys K, DUERTDAERIX D RHPAERTTTE, BlU0 argv,
AT AGE A DA AT FH s 1 A ATAR «

/u/mjloos/testl mike don

ZER A N
/u/mjloos/testl mike don
testl
mike
don
3
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antl
print XEFHHTEEIRARHISM, NRBQRRES, PAFIAERHFIN T, Ha:

print "This demonstrates the use of a",
print " comma at the end of a print statement."

IR A A DA N
This demonstrates the use of a comma at the end of a print statement.
for IHAHTIEMAUCRDIR,  Hilgn:

mylistl = ["one", "two", "three"]
for 1v in mylistl:

print lv

continue

FEHOREIH, KENFIFR mylistl S0HC 3 DFIFER. R, RHTEMZSIRIILR, SN TRAH—17. X

AR AR R -
one
two
three

TEHRBIH, EREE Lv BHRUCR AR mylistl &N TTRIVE, EDY for 1B TSEIE N TRV
B, IERER A U ERE KRR ETA RFRIR,

1f IEARAMFER, XBARN FAREITRAE, FRIERESFIRE true 5L false,  B1I4N:

mylistl = ["one", "two", "three"]
for 1v in mylistl:

if 1v == "two"

print "The value of 1lv is ", 1lv
else

print "The value of lv is not two, but ", 1lv
continue

FEMREI, RIERES v AT 7 RAE, R 1v BEN two, IRLKARE—DFRFER, ZFEREBEART 1v
HHMEAZE two IR EIRFAFER, TR LA MRt -

The value of 1lv is not two, but one
The value of 1lv is two
The value of 1lv is not two, but three

WEHE
T DAM math BESVT VAR OBCE 77k, RO T H—Le ik, BRIE B, RIFA R (T

REOR[E],

R 7 MERE

Method %

math.ceil (x) ¥ x B ERRVEONTZ R BOR M, BIRTEEFT x R
INEEEY

math.copysign(x, y) i&lﬁl%ﬁ y TFEM x, copysign(1, -0.0) &

math.fabs (x) IR[E] x S {E

math.factorial (x) IR[E] x frafe, Wk x 2R EEERERE, ARt
ValueErrorz,
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R 7 FTE ()

Method

JHERES

math.floor(x)

R x BN RIEAFE RBORIE],  BVNFEET x
REEL

math.frexp(x)

B x BIEEEL () F1452K () /EA (m, e) JR[E, m
EIEREL, e R, XFENIGFHE x == m *
2x%e, WHR x AE, WLIEE (0.0, 0), FNHER
F 0.5 <= abs(m) < 1,

math.fsum(iterable)

IR[E] iterable FREHFETHTE RS

math.isinf(x)

KA R x BREAERIEZAAER

math.isnan(x)

KRBT RE x 25N NaN CIEE)

math.ldexp(x, i)

RE x x (2%x1), BHEARR LZEE frexp Y
R PR

math.modf (x)

IR[E] x B/ NEREERER 7y IX DS RERH A x 1)
15, HHERF R

math.trunc(x)

IREIE#MWT N Integral 1 Real {E x.

math.exp(x)

IR [A] ex*x

math.log(x[, basel])

IR[E PR E(H base AR x FEL AR AREE
base, ABAHRHRIA] x B EH RN,

math.loglp(x)

iR[E 1+x (base e) FIBEIAXEL

math.logl0(x)

IREIDA 10 AJERAY x AX £

math.pow(x, y)

IRME x )y IR, pow (1.0, x) 1 pow(x,
0.0) WHIRE 1, BIE x B NaN i,

math.sqrt(x)

IR[E] x HIF 75

PRECERESN, M T AN =ARETE, TRIIM TIXETA,

& 8: ZARIE

Method

%

math.acos(x)

IR [A] AT FRAY x B SR

math.asin(x)

IR [A] AR R x S IE

math.atan(x)

IR [E] DAIE R x B IED]

math.atan2(y, x)

IREIDAMERTRE atan(y / x)o

math.cos(x)

IR [ PASTESREY x BIRZ.

math.hypot(x, vy)

IREINLESTEE sqrt (xxx + y*xy)o, XEME
REIR (x, y) HAENKE,

math.sin(x)

IR [A] AIIE FRAEY x BYIES

math.tan(x)

IR [A] AIIE FREY x (IIEY)

math.degrees(x)

e x ML N

math.radians(x)

R EE x MEEREA R &

math.acosh(x)

IR[A] x [ RO AR A E
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R 8: ZARREUE (L)

Method [HERES

math.asinh(x) IR\ x S A ES%E
math.atanh(x) IR[E] x F [ A EDME
math.cosh (x) IR[E] x FAYRCHE S E
math.sinh(x) IR[E] x FYRHE S E
math.tanh (x) IR[E] x AR E DME

AWM EEEE R, math. pi FENEFHE pic math.e FIENEFHR e

fEF3E ASCII F5F

PR ASCII F4F, Python FRZRAHMIE F1F B gL FI S Y Unicode, 7E IBM SPSS Modeler H1, i
7€ Python BIACSK A UTF-8 3 T4mAY, IXJ&S2HFE ASCIT FIFHIFRE Unicode %nfid, DA NBHIAKE T T4

BE, X2 SPSS Modeler B Python 4s1i¥281%E N UTF-8,

stream = modeler.script.stream()
filenode = stream.createAt("variablefile”, "T X F./— F", 96, 64)

HI2, AR R BAA A EFATAREE,

af§8,af af afwars

3 HIRETRRE & IE ASCII FRIAT RS

PREANIER, IO Python B3 4% ERHI{E B B #6400y ASCIT F1F Hio
Python JEXAE 545 ER 7 IHERTARAN u FAFRTSOK SCRFEE Unicode ¥ HR 7 IHIH :

stream = modeler.script.stream()
filenode = stream.createAt("variablefile”, u"F 2 F./— F", 956, 64)

XK Unicode FAFER, J HRFIE BoRFREE,

=
=1
=8
o=

Fabk/—F
4: FHERNEE&3E ASCII ZRNT A%

£/ Python Hl Unicode B2 —MEH R LM, ©lH 7 ASERER, 24 7 ir2xitE
N BFEFEL BRI,
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HRXRNIEFIZT
T [0 R IR P T B AR e P O B bR TR R RIS, T SREAVRE P I D T e B R (e it 1
UEHE, Python @ —HHAIXNRIITES. LA Python & XHIXREA FAIRHL:
- Bhr. BPNRELHEIARARE, FHAHA P HFER TR, is Ml is not MR AT HE,
- BE BPINRELHREBFIEIRE, BIE BinwEMLpZEs) s HTIER,
< Th. BONRELIREBBEIINGS, TR T E A,
Python $2{# 1 SZRF I AN AR 7 IR B R AIRFAE :
« TR RAE, KEMATORNRIEN, NR2EARKIT IR,
. igié‘ﬁﬂ’ﬁlﬁ% Python SZHF AR KRNI Z AR K, FTH Python LIV IREREA 280, JFHRATDAMF
o RURBIRIIEISE, Python SAVFRREUE M. FEiE, R REIEIT AT IRMRINER T I L 1, SRS
THTESEIRNTT 5,

TEX

£ Python 2&rf, A DUE R BT %, 5 Java ANfF, ERTDALE Python HOREEMESCHE (BRIEER) & AT
BEH A, FH, ATROACH Python HEJEHEIT Java AT,

£ Python H, KEZEH class BAIE XM, class BAIFERAITR:

class name (superclasses): statement
B

class name (superclasses):
assignment

function

S SCRR, SR DOEFFE RN T AL ERRETE R, XM EE AR TR 2R IT A S = AR
P, LR DR E AN F AN DA BRI REGE o X BT ORI 757, YR Z PIER,

FER —RRIOR (IR, BEAEREH) | JSRBEIME —, AT ARSI R S|P — 2%,
el FeE ]

RATREE (=) BlE, s TRl ZOIRRANRAISELH, TERIZEME N REBOEA T AL
B, 1EHELAT:

class MyClass:
pass

XEMEM T pass iff), RIATREMEARENL, EATEUGET NPT,
PARNEAPRBIEEZE MyClass HISLH:

x = MyClass()

[RZELHIARMEE

5 Java A, ZFHLA] DAFE Python FRIAIRSEBIRINE . RAE— Dbk AEES, Blan, ZEsdl x
A, TEEIZSH B E R TE:

x.attrl = 1
x.attr2 = 2
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X.athN =n

EXEKREMBGZ
FEYSEAEA I R R, (R R URBROR R 71, 7RIS BRI
self) MENE M EER, B, TE X LeRTIERTE, T DAL R :

class MyClass
attrl = 10 jtclass attributes
attr2 = "hello"

def methodl(self):
print MyClass.attrl  #reference the class attribute

def method2(self):
print MyClass.attr2 i#reference the class attribute

def method3(self, text):
self.text = text #instance attribute
print text, self.text #print my argument and my attribute

method4 = method3 #fmake an alias for method3
R, BN IZERRARERENREERNSIH, il MyClass.attrl, MixfHH self ZLEMREMAE
KSR PERIIFE; G self. text, fEXKAME, MPIZMEARA (BlAI MyClass.attrl) sufifkng

KB (BN x . attrd, He x ZREEH) BREFTEXEBIERITIH. FE2RIMNE, B HRASLBIRE
FE RSB RAIS I, BN x . text,

fRREE

A DUEI O L A ok R AR, THZERGEHE A S TIAR, WREFEIARRN _ xxx 58
__xxx_yyy (BN, "HEMIETE FXIZL) B8R, 382 Python i@ 254 B 2h1a /5 BN A FRES 1244 DA
e &, flan:

class MyClass:
__attr = 10  d#private class attribute

def methodl(self):
pass

def method2(self, p1, p2):
pass

def __privateMethod(self, text):
self._ _text = text #private attribute

5 Java A, 1E Python HUJfE] self IREFTAENLBIZRISIH; RESHEM this,

—*ﬂ
MR THR AR B D REZ H DN RAYFE P BT HUEEAY,  Python [FIIN SZRF ALK RFI 2 EBAR K, PRARARF R HAE
fFE— DL, ZEPRFTRAIDMFEZS M-,

AoEIE N BRI > 7 IRLH, 172 Python RARRTLAUREZE,  £E Python fY Jython SEEiFR, HAEM—
N Java ZKHHTEIRSURRAE R, ToRRIEAEZE,

RS e AR SR 7269, HHREREMEe EARER, K8 STz Pl a] P
FIXEEE MEE /TR, m] DATEAL AL E A - S (E I SE ], I HL T DAEATERAY LR X2 2 SR B,
IXEERFIE SR E I MIEARY R

NGl
class Classl: pass #no inheritance

class Class2: pass

class Class3(Classl): pass #single inheritance
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class Class4(Class3, Class2): pass #multiple inheritance
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¥ 3 ¥ {F IBM SPSS Modeler H1ill47 A ikl

Rl Zs 3 BY
1£ IBM SPSS Modeler #1, & 3 FiZRAIATRAIA :
o JRIA,  H TSR NR R T B EFEER A,
o AR AREIA Tl AT
o S ERSTERIA, P H T B2 NAE TR ET.

T2 7 1£ IBM SPSS Modeler FHHIIAIA IR 2 A7 1%,  An] DA ATIX LTS IR 5 A1 #5 4 SPSS Modeler
Yikt. SAh, XEETTIEILAESS 33 TIHY T4 4 % BASw ] APLY HhH T G2 B e A R £

. SuperNode SRFIEF

ZRAROUE, FIXDRFRRAE—NE, TR MSIFIERTHEZE SuperNode H{#E FIRTFTAR 24N, JEH
BT, ERRERE LTI RES, (2, AR AT #5230, KRR
ARG 5 N RN % RIE ] IEAE B PR LE iR 1A

325

/]9
e F IBM SPSS Modeler SCRS2RAY, RNV EGHATERTE. MHEL. EMPIT. MIErIIESE. 2RE. |
A, PANE HAH SR HEAN(E R

SuperNode i

SuperNode Jiit/2 SuperNode HAFFHRTMER, ShnER—F, BHEESHERBRE KN R, SuperNode it
S5FRERGFEES TAEZA:
o SHPISAEA S B SuperNode #if) SuperNode tHKEE, A2 S SuperNode {fids B tHCHEE,

« SuperNode A FMAH AR HDERAR 1T, IXEURT SuperNode fUZRAY,  IXUEEREERT R TS
BSAMSH SuperNode i, FH HTEQIEE SuperNode 2 52 H 3l Bl EX LR 28 19 1o

EIZRIX AR SEARERA SuperNode FEISZRIFISIAE, BIANTRANFIMIBRT &, PARAERLT s Z AR
(R
AT RGBS TR A AT R, I Be R A BT A SRR

modeler.script.stream().runAll(None)
AN RIS T - IR A AT T

stream = modeler.script.stream()
stream.runAll (None)

FEMHORBIAF, FFHEESHN stream RIZRP, KFHEELTETIEREEN, FOVAAESR H TBSOmRem
R R O T ERA L B A — D BN T AR

s 4wl £ XX

modeler.script BHHRME THEEFHITHIARN LT, HEICEIEIZITHR B35 A SPSS Modeler fHIA
o IEBIHUE T AR 4 D EREL, IXEEpREE BER] DAY IR HAA TIRSRROEIA -




« session() HE, ATIREIMAKSTE, HWSTEE IES NSRRI EAI7R SPSS
Modeler J5ufi (AHHFZSELN SPSS Modeler Server) o

- stream() B, ILEEEA] DS FRIIA S mIEARBE S fEH. R ECRIR A LR TRITRIA 28
TR

- diagram() K, LA DISEY AMARC S A, HERECRIRERET RARIE, T HAAARSE
A, HERBOREIIAAES stream () EEAERL,

- supernode () B, IR DUSEET RIAARRC S (M HERECRIR I IEAE IS T RIBIA BT Ao
MR 7 IX YA R R o

& 9:modeler.script REIHE

JHIA Y session() stream() diagram() supezxnode ()

JHAT IRAl2iE ERRZMARIE |5 stream() A | A&
MY FTZETR (F
an, @it AT T
R -stream ELifE
IERIR) 58 None,

it R E =T IR [E 7 5 stream() M | AEH
TR R A= IR [l IR [ A IR [

modeler.script BHUEE T —ME IR AL IEBIARN R, exit(exit-code) EKEUGE LTI
A IR A AL AR FOR HA,

R E X H P —R77 7R runAll (List), WAERBITREATHAT T R BT T Rl AR B A AR A Y
sl AR R AN B PR LR 51 2R

TP T 2R OB R R DA R H g . BRI e, A AT DR BE— NGB TN 3R A &
flan:

stream = modeler.script.stream()
results = []
stream.runAll (results)

PUTTERUE, AIRAM results FIERTT AT A SAHEAT R,

5|IRMBETR

B 2SS HWUC N, ERTRZATBITBSXESE, BRIXESE & TIHES:
1. AR A ERETT A
2. S W BR IR B

EHTR

iRt 7T 2 M ERIAE TR, NRNE TIRETT T,

®10: ERIEBETRHGE

Method & ] 237 ik
s.findAll (type, label) e RE B fe e 2R AR T a1

RHBIER, RARSAREER] DU
None, FEXXAREHL T REE A H A
Z2H,
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R 10: ERIMB T RGE HE)

Method IR iR

s.findAll(filter, e IR[BIFEE I A e SZ I A A 19

recursive) MRS, WRIETFRER True,
HR 2GRS R A5 € TR N AT rT e
J= i

s.findByID(id) R IR [A EA P AR IR A1 risk
None (AR AFETEMETI A o
T 20 R PR N 24 A

s.findByType(type, label) | IR B ELA P LR AU /SRS Y

TRl RAUBAFRA] DA None,
FEIXRME LT R il FH A 2L
RGP RILED, AR 2R
HIREUERE— DT . WA
PERCHYYT R, AR AIR[EE R

None,

s.findDownstream(fromNode

s)

MFR LR RAIR P TIER,
FIR IR T AT 5
Go IREIRIFIREHERAITEAER
T o

s.findUpstream(fromNodes)

MFR BER RAIR P TIER,
FHIR BN AL s I S 8
To IRMEIIFIFR IR
T o

s.findProcessorForID(Stri
ng id, boolean recursive)

R[] BA R AR IR A ek
None (WISRAFLEMIETIR) o
NABIARREN true, ABLERE
RRIEEFAERIHE ST .

fan, AnSRFE S RA T T MR RN L IR, IR RT DAER DU RIASKERENZ IS8 17

stream = modeler.script.stream()
node = stream.findByType("filter", None)

FAh, AIREARTE T RRIARIR Q0 mOM SRR “TERE IR R ARATR) |, R4 RT DUE AT IR IR OR &R
&, il

stream = modeler.script.stream()
node = stream.findByID("id32FJT71G2") # the filter node ID

IRERY

T, T, BELAE R E R T AT R AE R ARG R UL E R E M, IX LR MRl A TSI R T
NEAML,  RRMEA T A FF 5 AR B R T

*® 11: BT ARIIEEXNRBIEN S E

Method LA EEA3it) fiiik

p.getPropertyValue(proper | X% R[EFEE )8 PEEEL None (A0
tyName) AEEEN) o

R EAEE R MERE,

p.setPropertyValue(proper | RNi&H
tyName, value)
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xR 11: BFpRMIENREIER G E (U5)

Method IR B 7Y ik
p.setPropertyValues (prope | RNi&EH lxﬁ?aﬁ MR, BRI
rties) NMREMEE #/\%\ETE P4
’Eﬁ, PAK S F6 78 28 % e 1 B EL
. geteyedPropertyValue( NE IR [E14E7E 8 1 B S R B RO BB
piopertyName, keyName) None (ANSRATETELIETEDL
) .
RNiEH WERE R R EE,

p.setKeyedPropertyValue (
propertyName, keyName,
value)

fan, anRER BN TR0 B R B S A SBIME, AR AT DA DU A

stream = modeler.script.stream()
node = stream.findByType("variablefile", None)
node.setPropertyValue ("full_filename", "$CLEO/DEMOS/DRUG1n")

o, MERTRER AR I8 T AR IR B R, IR T B IR AE, B1:

stream = modeler.script.stream()

# Locate the filter node ...

node = stream.findByType("filter", None)

# ... and filter out the "Na" field
node.setKeyedPropertyValue("include", "Na", False)

BT S UABAE T

£ %ﬁblﬁﬁ?, IR REA BB A ISR R FIBLA IR s0E W &R HIESS
1. AT R
2. J%F,'ﬁ%dﬁiﬂf%ﬁ‘b‘ﬁo

tETR
THROET ZHQIET AR, RRIDA TIXE %,

& 12: BIET R E

Method IR R iR

s.create(nodeType, name) |7 g B A e R RO ETR
InEFEE R

s.createAt (nodeType, R g BEAfER R RO ETR

name, X, y) MEEERP e EME, WH x
<08 y<0, BBLRKLENE,

s.createModelApplier (mode | i BIEIRA: B P SRR AT 5

10utput, name) PSS R FH 8 19 1

foan, AR QUERT RIS, AT DA DU A :

stream = modeler.script.stream()
# Create a new type node
node = stream.create("type", "My Type")
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HEHENEUEREET R

TR P AT T RN, XD R AUEERET AP, AR, IR T S AMRERT S B
B RITIR. THRME TIXETT X,

*® 13: BFHEENEUHIEHE T /75 A

Method IR B 7Y ik

s.link(source, target) NIEH TEJR A5 B AR T Rz [ Bl i
o

s.link(source, targets) ANiEH TEJRT RS PR AR SN E
FRT A TR B HT R

s.linkBetween(inserted, ARNEH EERE A HA T RS2 (P57

source, target) BT R) ZHEHR, HECEHE
AT I B E AT IX AN
RSBz, K SRR A
5 HR T R Z BT B,

s.linkPath(path) ANiEH TE9 RS Z QIR 1R, 5F

=T R RS AT, T
BT R RIS = A
RIEHE,

BRI 5 B AR R A A
HiEhEE,

MBRIFT 5 BFRAIRPE IR
Z Rl B R

s.unlink(source, target) [ARi&EH

s.unlink(source, targets) | RN&H

s.unlinkPath(path) ANiEH FEBRTT S0 2 (A LE AR ART i
7,

s.disconnect(node) ARiEH FERFTR ALY S S fa e i T H
T r 2 TR AT B

s.isValidlLink(source, fh/R1E WREFEEIET S BT Az

target) R RERE RGN, AU TTiE

FRE True, 77 IRRREIXH
MNERGRTIECR, Az
7 A] AR e DL AR T U2 5
A DARICERE, FFRfIA RIS BE
AR T G,

TR RBIACRARAT 5 TS5

1. QRSN R “TEIE 1 R “R i T R

2. RFIX T OB R,

3 AR BRI AT R E .

4. ARAEAE R R IS R B A

5. BT R

stream = modeler.script.stream()

filenode = stream.createAt("variablefile", "My File Input ", 96, 64)
filternode = stream.createAt("filter", "Filter", 192, 64)
tablenode = stream.createAt("table", "Table", 288, 64)
stream.link(filenode, filternode)

stream.link(filternode, tablenode)

filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
filternode.setKeyedPropertyValue("include", "Drug", False)
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results = []
tablenode.run(results)

S ERMBIEFET S

5 OVENNER T R —FF, BTSRRI R RRENE TS AL AR ST

%o

xR 14: BTSN, BRificT =5 E

Method 18 ] 27 ik

s.replace(originalNode, |Ai&H BaE e E . A

replacementNode, R T AR THE

discardOriginal) o

s.insert(source, nodes, LB TEPTR AR B R4 AT

newIDs) A, BEFTRMSIRABFE T
REESEREERY, newIDs Fr
EIERMNAZ AN R ERGTR
W, RN E HIHE A R
W BERHATE T A A
—FRiR, AR S 18 E AAH
FIEO R, ARSI E R
True, M/7HIRIEGHHEA T A
HIFIER, MAIFRAARE T RN
7 (B, FA—E SR+
T RIEEAERD

s.delete(node) ANiEH MIEE R ERTEE T . &
AR THEE Mo

s.deleteAll (nodes) AiEH MFEE T R A f8 2 19 5
EEPHIFTE T SR THEE
it

s.clear() RNiEH MFEE TR AR A 1 .

BT S

ARIUREE 77 s b T T T 99 02— TR LR R

XL %,

TR T — A AR ST R TR, PREA T

& 15: BF R LT M T Ri7E A

Method A B i) fifiid
s.iterator() v IR[EE BRI E SR AN R
(IERER. WIERAE next () BRI%K
PR R FH 2 TR A T T 1B RL,
A AR BHE B SOEARAR AT .
s.predecessorAt(node, A IR B AR AT RS € ERE R R
index) None (WNHRZRISIEHIGRED .
s.predecessorCount(node) |[int IR[E R AT s R TEEEL
s.predecessors(node) SZIES IR A AR AL AR B RER T,
s.successorAt(node, A IR [E R AL R B E BRI AR e
index) None (GNRZESIEHIGRED .
s.successorCount(node) int IR A AR AT S B S AR 2K
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% 15: BTARR LR Al T M ()

Method 14 [ payis] iR
s.successors (node) LB IR Bl AL R BG4k,

B PRE BRI
[HRAIA Gl 32 FF clear i HISANHTE, Hildn:
« clear outputs FF MNEHEEIZE MR IER AT f I,
« clear generated palette HT MIERYIEHHRHIEBRATAE BRI,
« clear stream HIFBERIAMNE.
Python BIAZw I SCFE—HAERIER S removeAll () aH TIERRIR. ftHFIAL S IR, filan:
- THRRIRE S

session = modeler.script.session()
session.getStreamManager.removeAll ()

- (bR HE TS

session = modeler.script.session()
session.getDocumentOutputManager () .removeAll ()

- JAFREAVE AR

session = modeler.script.session()
session.getModelOutputManager () . removeAll ()

ERTHRARNEXESRS

TR NZRARRIRIZEA], BIANEdE T A ST R, BT SRR &, B RER A T
—EER T ESIZ T ARG ERTT .

MR TR TR RAUARIRL AR5 T,
* 16: BTHRET RBRR. RIFNIRERITT A

Method LA i) ik
n.getlabel() string REFEE T RS, WA

1£)EM custom_name ZIEEFRF
FIt HJEM use_custom_name
RTIREMIEN T, A2
—EMaE; &0l R
getName () HIE,

n.setlLabel (label) RiEH WEIEE T SN RRE, R
WA TR R, a2 H
feE 8B custom_name, FH
=¥ False fEE4A BN
use_custom_name, PUEFEER
FREMIE; BN, WS FrFERE
ELBME custom_name, FH¥
True f8ESEM
use_custom_name,

n.getName () string IR E T IR,
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& 16: BFREVT mBUIRIR. RMAIRERI SR (HER)

Method IR B 7Y ik
n.getID() string IREHEE T RIIPRIA, B A

B AR = B — AR

e R IR B R 0 BT IR AF
I, ARUCREREY 5 R AT,
DAMEFEFTIT L R B 19 bRk
HI2, Q50K EAR1FRYTT sl NI
H, AR EHART SN HT
MRIFAEITE— DRI,

NIRRT RO R AR B R R T,

x® 17: BFRET AR ERNG X

Method 38 ] 275 iR

n.getTypeName () string IR I AR GRS 24 F5, 1
ZHREI A AT I @1 m T S
B2 FR o

n.isInitial() fh/R1E W R gIE T s (BN, 7 F
MM BRI ) , Al rs
HEHIRE True,

n.isInline() fhi/R1E WS R A (BN, T
TSR ), A4 EKIR
[A] True,

n.isTerminal() fh/RIE WS R e (BN, T
LSRN BT A , AALTs
IR E] True,

n.getXPosition() int IR[E5 SR AR Y x AL B mFS &,

n.getYPosition() int IRET RAETR R y AL B W &,

n.setXYPosition(x, ) ANEH WE T RTER PN E,

n.setPositionBetween (sour | i&EH WETAERFPIIANE, PAFEEN

ce, target) TR BRI R Z (A,

n.isCacheEnabled() fh/R1E WMREFHERR, AFiEKR
[ True, ANIHKIRIE False,

n.setCacheEnabled(val) RNiEH XN JE e %17, tnsR
17 Ot HE 7 IhRE i NEE IR
A, LB FKHHATIE G,

n.isCacheFull() f/R1E MRCEMZET, IAMTTIRER
[ True, ENIHKIRIE False,

n.flushCache() ANiEH BRI %R, WREFR

JEREEE R, BRI AR
e,
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5 4 5 HAGH] API

ilZs4wil API fEigY

IARGRS APT $2 X S AANE I SPSS Modeler TIRERTTIIRl,  HETHIRIIATE 75152 APT RISy, ATRA
TERIAR AR RHIT XL T AT AU T — S A, (B2, WRES|H APL 2K, A4 LA AN EA T
XS A API:

import modeler.api

T NIE AR VFZ AR SR APT R BIFr A5

1E (IBM SPSS Modeler Python BIAR4mE API Z%515585) SRS, v DKEEE A S AP $E{E1)2%
eI R Si=T o

a1 FEREHTESREETR

55 26 T TERT R0 — TR 7R T AR RS AREN R R R R P R SRRA, R
TBOUN, FEMTHEINEAMEER, FHHIEERAIEH NodeFilter M £indA11 () kS, X
MHERAUIE LT PR

1. Q1M TP & NodeFilter J5:8H accept () FiERIERIRRARIHIA

2. fEFIEHERISLBIR AR £indA11 () 75k, IXRHREIFFATRE accept () 77 ikAE XRIZAFRTT
R

WO

PAN R Al E i I AR R T Ui R A7 1 el AR BTN 9 s81) 3R m] 1 2 B I R
IR
import modeler.api
class CacheFilter(modeler.api.NodeFilter):
""A node filter for nodes with caching enabled"""
def accept(this, node):
return node.isCacheEnabled()

cachingnodes = modeler.script.stream().findAll(CacheFilter(), False)

il 2: RFARPETHENRRINBRAXHER

i A AT PSAPL, AT DUEIE A A PSAPT EREROIE S RGN SR E 4N
session. getServerFlleSystem() FIPARE

PAUR B ER T ana] 734 B P 13542 %) IBM SPSS Modeler Server BYFH P HIAFR SRAREY H S 413 B

import modeler.api
stream = modeler.script.stream()
sourceNode = stream.findByID('')
session = modeler.script.session()
fileSystem = session.getServerFileSystem()
parameter = stream.getParameterValue('VPATH')
serverDirectory = fileSystem.getServerFile (parameter)
files = fileSystem.getFiles(serverDirectory)
for £ in files:
if f.isDirectory():
print 'Directory:’
else:
print 'File:'
sourceNode.setPropertyValue('full_filename', f.getPath())
break
print f.getName(),f.getPath()
stream.execute()



THIE: BXBENER

AT R EERZ AR, NIREBR T i a] ISIE BUE R 140, £ Modeler UI
B, SR DAGE R AR B R P B R R 7B, IS B Bda i,

A AT AV R B, Jri R BB R B, XTI, fa AR R AR AR R,
an, “HeRr i RACHC KRB TEY T, (B AESEUREA, FEEAT R (BN, “IRAE" T RD Al ¥
B mHMT R (B, DI TR AR EBRRT B,

FELURRBIR, BIASR AR IBM SPSS Modeler druglearn.str i, HHXNTENTE, HEHA—
MANTEOMBRAVERL, 42D N REHRIT:

1. NS 0 ) e R AR R
2. 1k BRI 7 B
3. BB NN T BRI B8 AR R
A, BEUERTRRIRIA TR,

5. IS TR AR o

1¥: £ druglean. st MHIBTIIA Z |, TEICHEHAIESIRE N Python (FZTESCRIRAR IBM SPSS
Modeler H IR, FIRHAIESRENIHR?)

import modeler.api

stream = modeler.script.stream()

filternode = stream.findByType("filtexr", None)
typenode = stream.findByType("type", None)
c50node = stream.findByType("c50", None)

# Always use a custom model name
c50node.setPropertyValue ("use_model_name", True)

lastRemoved = None
fields = typenode.getOutputDataModel ()
for field in fields:
# If this is the target field then ignore it
if field.getModelingRole() == modeler.api.ModelingRole.OUT:
continue

# Re-enable the field that was most recently removed
if lastRemoved != None:
filternode.setKeyedPropertyValue("include", lastRemoved, True)

# Remove the field
lastRemoved = field.getColumnName ()
filternode.setKeyedPropertyValue("include", lastRemoved, False)

# Set the name of the new model then run the build

c50node.setPropertyValue("model_name", "Exclude " + lastRemoved)
c50node.run([])

DataModel X Ri@ At 117 M EHE AR b = B (5 B8 IE BRI 2 M7k, TERMHE TIXET %,

* 18: BT ihI0F &S B a5E B/ DataModel SYR 7%

Method 3R ] 2R ik

d.getColumnCount () int IR [ E R A R A1 £

d.columnIterator() B IR BB AR B4 5101
ERE,  IEREHR A S5,

d.nameIterator() ERES IR [l “ B Hi AR [B] 45571 44
FREIEIRES

d.contains(name) h/RME W It DataModel I ETES B T
H2FRA, BB2IRE] True, &
Mz E False,

d.getColumn (name) %] AR SEi=pey it oL 71
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* 18: BFipRFRIEBEHIIERH DataModel R 75 7% (4R

Method

B

Tk

d.getColumnGroup (name)

ColumnGroup

REIFEERIFIHE None (ATEAR
TFEMRAIH) o

d.getColumnGroupCount() |int R[] AR TR B S22

d.columnGroupIterator() IERE MRURIR ] B T3 [3] - DI IR AR
%go

d.toArray() &[] YA BRI BRI, $2Hh

AN PR THE .

TR GIRNR) BEATHRSIERNZMTT R FRERIXET AR,

& 19: BFnRAIE BRI RTT A

Method A EE i) filiid
c.getColumnName () string IR[EF 44 FR,
c.getColumnlLabel () string WERAELE S HIMESKIRAEAATFR
%, IBAIREIFIIAREE BR [A] 25 7
FFER,
c.getMeasureType() MeasureType IR [E BB A,
c.getStorageType() StorageType R [BIF I FE R A,
c.isMeasureDiscrete() fi/R1E WMERZ S, A2IRE True,
SR ER RS BRI IFI B
s
c.isModelOutputColumn() fh/R1E RIS, AR2GRE]
TIer
c.isStorageDatetime() f/R1E ARFNRI BN TE],  H SR A
BidE, FBZIRIE True,
c.isStorageNumeric () T/R{E WRHN I AF 2R E S, AR A
IR\ True,
c.isValidvalue(value) 1/RIE IR[E True (WIERIEEEXN T I
FEa AR fvalid (FEER
FHEC AN
c.getModelingRole() ModelingRole IR [E] 51 Y AR A L
c.getSetValues() ISEA IR[EFI A RUEEEHE None (201
RIERFBEINARZES)
c.getValuelabel (value) string WA SEM R E TR
%, IRAIR B HERAR SR ]
B
c.getFalseFlag() POEA R[EFH) “false”FE/RTIFEEL None
(R ERFKETIAEIRE) o
c.getTrueFlag() R REIF “true”fE~FFEEL None
(RERFHETIARIRE) o
c.getLowerBound() NE IREFIFER T FR{EE None (AN

RIEARABLEINANESR)
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*® 19: BFpRSIEBRTINRTTE (450

Method IR B 7Y ik
c.getUpperBound() N REFIFER) _FFR{EE None (AN

RERMBIEIINES) .

THIER, ViFSNE R KRZEITIALE DataModel M RAGHE L TEMT %, BN, PUNWRNEAZRER
E/\JO

dataModel.getColumn("someName") .getModelingRole ()
dataModel.getModelingRole ("someName")

BRI B E NI R
PATHATIE R W SRR 5, XM R A e R, thral e R IR B e e ST IR
EPSUiNE e
ARG, druglearn. str fAHXAMERAEEMA R, FEHRBIF, ROUTRHPBIFIET R, FHHEHER

SETERBTERIR, SRE, RIRIRGAAEE, 6 H A B0 FETBURR AR (7% IBM SPSS Modeler
B (. gm) PR, IFFEVEZ S PMML,

import modeler.api
stream = modeler.script.stream()

# Set this to an existing folder on your system.
# Include a trailing directory separator
modelFolder = "C:/temp/models/"

# Execute the stream
models = []
stream.runAll (models)

# Save any models that were created
taskrunner = modeler.script.session().getTaskRunnex ()
for model in models:
# If the stream execution built other outputs then ignore them
if not(isinstance(model, modeler.api.ModelOutput)):
continue

label = model.getlLabel()
algorithm = model.getModelDetail () .getAlgorithmName ()

# save each model...

modelFile = modelFolder + label + algorithm + ".gm"
taskrunner.saveModelToFile (model, modelFile)

# ...and export each model PMML...

modelFile = modelFolder + label + algorithm + ".xml"

taskrunner.exportModelToFile(model, modelFile, modeler.api.FileFormat.XML)

EFBITaRIHRAt T — s TS U WAESSRIERETT I, NREEE T IR AR5 1%,

*® 20: BT RITERESHESIBTRERE

Method 38 ] 257 ik
t.createStream(name, M AIEIFIREGH IR, HER, &
autoConnect, autoManage) TRAA AT 75 2B AN 7] i

TRIX RS B 1%
autoManage fREIREN

False,
. ) ANiEH i E B SR ORI R IR
.exportDocumentToFile( OGN
documentOutput, filename, j:SZ#Fo
fileFormat)
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% 20: BTFHITENESHNERIBITRES £ (H%E)

Method IR iR

t.exportModelToFile (model | Ni&EH ERfEE SRS BRI S R

Output, filename, LN

fileFormat)

t.exportStreamToFile(stre | A& R s R S HEY

am, filename, fileFormat) .

t.insertNodeFromFile (file | A MFEESFHIREGFREIT R, A

name, diagram) e HAR A TR AR R, TETE
=, R T R SRR s
SR R R,

t.openDocumentFromFile (fi | SR H MFERE S IREI IR [B] SRS,

lename, autoManage)

t.openModelFromFile (filen | A%k H, MIETE S IE IR [A Y

ame, autoManage)

t.openStreamFromFile (file | MFETE S BT IR [E] 7

name, autoManage)

. ) ANEH R R RS E I XA E,

.saveDocumentToFile(

documentOutput, filename)

t.saveModelToFile (modelOu | A& H PR AF 245 € B S B

tput, filename)

t.saveStreamToFile(stream | ~i&EH BT EE € LB,

, filename)

W IFEEIR

Python IES 1ML Tt try. . .except S PUTIVERAIE 7%, AT DATERAIAR NAE I 75 IR F 3R 5+
H, IR S EUHIA L LY A,

1E A RoRfilfiAH, E248XM IBM SPSS Collaboration and Deployment Services Repository FG 22455
HRERIRES SBAMH T 5, BIATRTRER EM IS B8 SR EUFEE AR RS, TEAY, IXATEE
SEHH ModelerException (IBM SPSS Modeler 2T A R HEIRZEH
modeler.api.ModelerException) ,

import modeler.api

session = modeler.script.session()
try:
repo = session.getRepository()
m = repo.retrieveModel("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"
except modeler.api.ModelerException, e:
print "An error occurred:", e.getMessage()

T AR HIRErT RE2 SEPI AR Java 7 IXLERHIHIEIRE B ModelerException, ZARIK
XL AT DUE N except BERAHIRATE Java B4, Hil4n:

import modeler.api
import java.lang.Exception

session = modeler.script.session()

try:
repo = session.getRepository()
m = repo.retrieveModel("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
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P/[[RY

print "Everything OK"

except modeler.api.ModelerException, e:

print "An error occurred:",
except java.lang.Exception, e:

print "A Java exception occurred:",

SIEMET RSN

e.getMessage()

e.getMessage()

SR T —AEBITINMEBET A ZIERI A BRI X E A TR A A FI 7T SBOCEERE T
KGR, BUE SONREGET R SEERTRIR B TS 8. R 2l 7 —4 i
ParameterProvider X Q& HIHKEL, WP RIR, XIEIRM T getParameters () M, HIHMARIRME

TE SOXEE R BB £

& 21: B ParameterProvider TR E X FIEKEK

Method 1% 0] 27 ik
p.parameterIterator() IEREE IR [B] A RIS B RIE KSR

T ZHE X REIEFEE AN SN SEE
BérameterName) X5 None (UNSRIHIRHEFRRFFHA

FHENESE) . ERUEA
HI AN E R, I AT
B WU AR R iz S E G
ITHIE TG SUE L,
p.getParameterlLabel (param |string IR[EHEE S EBIMRZEE None (U0
eterName) RAFERESED
p.setParameterLabel (param | RNi&H WEIRESHIIRE,
eterName, label)

TS ZHAFIE REIFEESHBI7#EE None (40
e FRGFEMNRSED .
p.setParameterStorage ( Z:ﬁﬁﬁﬁ E%Ei?ﬁiﬁé%i&ﬂ@??ﬁ%o
parameterName, storage)

p.getParameterType (parame | SEkA RBIFEESEEIREIE None (40
terName) RAFERESED
p.setParameterType (parame | RNi&H WERESHRIEAL,
terName, type)

p.getParameterValue (param [ K% RBIFEESEIIES None (U1ER
eterName) ANEEHESED
p.setParameterValue (param | RNi&EH WETETE S EIIE,

eterName, value)

FELL NG, BIATEE 128 Telco Bl AT AR RARFEIMALIRRI DX, 205, R0 X E
— NS, TR, BEEE R ERIZRS EMNEIRFHERIE XK, AR HRERI R AR R R

L GtH

BORBIFAREL, XZRNAAR G AR T EE T, FREL B IERE T mFRIA P B R IERR
H, (HZ, FusHZHCHER, FaEdixahr NESERE T HHIREL,

ROIAAR S —E 0 T RIS, ZRSEE S PR RRIIXIE, 556, AR
MR SOh QT R, FPRIXEET SRR — i,

import modeler.api

stream = modeler.script.stream()
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# Initialize a stream parameter
stream.setParameterStorage("LowestRegion", modeler.api.ParameterStorage.INTEGER)

# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use_field_format_for_storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)
aggregatenode.setPropertyValue("keys", ["region"])
aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)
selectnode.setPropertyValue("mode", "Discard")

# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "'region' = '$P-LowestRegion'")

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)

stream.link(statisticsimportnode, selectnode)
stream.link(selectnode, typenode)
stream.link(typenode, c50node)

IR BIIAA RS B AR it

El -

telco.sav Adaregate Tahle

P> (B A

Select Type churn

5: TR FIRIAS A AR
TRBUBAA B PR B0 T BT AL TR SOR R AY R /o

# First execute the table node
results = []
tablenode.run(zresults)

TRBIIAIAE DA B0 T 5 TR A Rt BlJE, AR RAPESATHITIAN, D&
PPN B RAI X

# Running the table node should produce a single table as output
table = results[0]

# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet()

min_income = 1000000.0

min_region = None

# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount ()
while row < rowcount:

if rowset.getValueAt(row, 1) < min_income:
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min_income
min_region
row += 1

HAAS B9 AT B0 6 FH PR RN AP DX ok 1 B e AT 1 1 “LowestRegion” i 2 8, ARJE, TEMIIZREURE
FRHERR TR IR LR, BEIACK IS TR AR

rowset.getValueAt(row, 1)
rowset.getValueAt(row, 0)

# Check that a value was assigned

if min_region != None:

stream.setParameterValue ("LowestRegion", min_region)
else:

stream.setParameterValue ("LowestRegion", -1)

# Finally run the model builder with the selection criteria
c50node.run([])

SERBRBIAL SR,

import modeler.api
stream = modeler.script.stream()

# Create a stream parameter
stream.setParameterStorage("LowestRegion", modeler.api.ParameterStorage.INTEGER)

# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use_field_format_for_storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)
aggregatenode.setPropertyValue("keys", ["region"])
aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)
selectnode.setPropertyValue("mode", "Discard")

# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "'region' = '$P-LowestRegion'")

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)

stream.link(statisticsimportnode, selectnode)
stream.link(selectnode, typenode)
stream.link(typenode, c50node)

# First execute the table node
results = []
tablenode.run(results)

# Running the table node should produce a single table as output
table = results[0]

# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet()

min_income = 1000000.0

min_region = None

# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount()
while row < rowcount:
if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region rowset.getValueAt (row, 0)
row += 1

# Check that a value was assigned
if min_region != None:
stream.setParameterValue ("LowestRegion", min_region)
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else:
stream.setParameterValue ("LowestRegion", -1)

# Finally run the model builder with the selection criteria
c50node.run([])

£RiE

ERERTIHEEE FRNSTHLES,  r] HERNE A B RX LR EH, EhRd, %%
minReRE, X—RAS5RSEEl. 2RESRSEMNERET, XPHE¥ERESRE" T SsfTRE
FIHTE, mAREEHARGISGSITRIEE, A LUEL AR getGlobalvalues () 773K
IR 2 RE,

GlobalValues X & X N R ERITEREL,

& 22: GlobalValues 3R E X HIR £

Method A B i) fifiid

g.fieldNameIterator () v REEDEF - PN RREN ST
BAFRBIIEAER,

g.getValue(type, N IR[EFEE R B AR 2R E

fieldName) B None (QHAREAFNE) ., BA

ARRAYLIRE AT RE IR [H] & AP E K
A, EE IR HE T
g.getValues(fieldName) A IR [A EHEE T B AR ERISS

AL None (AR FBIZH I
A%H) .

GlobalValues.Type & XATHMLES IR E, rTHICESHW R :
« MAX: FEIRKHE,

MEAN: FEZRYEIE,

MIN: FEHE/IME,

STDDEV: FEHIMRIEZE,

SUM: FEHMER)EF,

fgn, CUNEEARE A U F B ME, HSE B R B 2 RE Y R E

import modeler.api

globals = modeler.script.stream().getGlobalValues()
mean_income = globals.getValue(modeler.api.GlobalValues.Type.MEAN, "income")

ERAZAF - IRk

TEHZ N, DA FMSZIA, W] DATE IBM SPSS Modeler UT N4REEHRTZITHNZIINA, Hn] DI7EHEA 3
73 SRS IR i 1T SR TR,

PARHSZRIARF TN Horp— DA AR, s — N T2 H mER 21,

# Change to the appropriate location for your system
demosDir = "C:/Program Files/IBM/SPSS/Modeler/18.5.0/DEMOS/streams/"

session = modeler.script.session()
tasks = session.getTaskRunnexr ()

# Open the model build stream, locate the C5.0 node and run it
buildstream = tasks.openStreamFromFile(demosDir + "druglearn.str", True)
c50node = buildstream.findByType("c50", None)

results = []

c50node.run(results)
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# Now open the plot stream, find the Na_to_K derive and the histogram
plotstream = tasks.openStreamFromFile(demosDir + "drugplot.str", True)
derivenode = plotstream.findByType("derive", None)

histogramnode = plotstream.findByType("histogram", None)

# Create a model applier node, insert it between the derive and histogram nodes
# then run the histgram

applyc50 = plotstream.createModelApplier(results[0], results[0].getName())
applyc50.setPositionBetween(derivenode, histogramnode)

plotstream.linkBetween (applyc50, derivenode, histogramnode)
histogramnode.setPropertyValue("color_field", "$C-Drug")

histogramnode.xrun([])

# Finally, tidy up the streams

buildstream.close()
plotstream.close()

PANRBIE R IE AT POEE IR O TR TSR (AR AR IR ) o 18R, M7
AN A 32 50

for stream in modeler.script.streams():
print stream.getName()
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4 5 5 ARG S 525

ARE LN GUL ARSI 777, EARBORIT. R AN U5 A IBM SPSS
Collaboration and Deployment Services Repository HHX R4,

IEeRAIT

BTN, RHZEE TR PRI R T HES T Ml B0, R RE S B DA AT
BERMIPATIN, EIEFUR EX SRR AT 0 F L 5e bl 3R:

1 AT DA,
2. B THEAZ ERIB SR A 12 F R AR 2 TR A
3. ReRE AL AS P B AT AR S8 O A8 A B T .

TR AITIEF

RERTLAER for PRI TP RIFT A 19 R TIERR, B4R, DA NIEASRBI 0 il 7 A T AR
WU R TERAELOIRE,

A DMEBA “IE98” T )RR A A, RIGESEPR B A IR 7 Beth 2 antt, R IEEa ¥
ERAId 08 s B AT AR B iR R B B AR O R

# Alternative 1: using the data model nameIterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
# nameIterator() returns the field names
for field in node.getInputDataModel () .nameIterator():
newname = field.uppexr()
node.setKeyedPropertyValue("new_name", field, newname)

# Alternative 2: using the data model iterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
# iterator() returns the field objects so we need
# to call getColumnName() to get the name
for field in node.getInputDataModel().iteratoxr():
newname = field.getColumnName() .uppex()
node.setKeyedPropertyValue("new_name", field.getColumnName(), newname)

IAATE S ATV T R TIEIR, HRES DT REDATIET A, WERE, IBAMARKIERZT
RSN TEE, A field.upper() 3¢ field. getColumnName () .upper () ERECHAIRESCHA
5,

58] IBM SPSS Collaboration and Deployment Services Repository
R R

QA4 IBM SPSS Collaboration and Deployment Services Repository FIZFRIIE, AR AT DA A a7 4>
TEFIEEP AR RN R, B FEE, S0 AR AR, TR ZIRGE SRR
PR AR SC TIN5 ) 26 i T A

%1%%| IBM SPSS Collaboration and Deployment Services Repository

SRR, WUE SeiEId SPSS Modeler AP I AY T HSE B sl i AT 5 AR B ER A R0
B, BXEZMEE, E20 % 59 W FIBM SPSS Collaboration and Deployment Services Repository %
280




IhIElTEfERE
A POEE G VIR R, BN :

repo = modeler.script.session().getRepository()

MFEREPIE RN R

TERIA, i retrievex BRECRTIFAMN R, BAhfR, AL WA R, TRPERT X TRRE

LA GRE RS

& 23: R AR 2L

PUE i FEH I PR EL

N repo.retrieveStream(String path, String version, String label, Boolean
autoManage)

f5iHY repo.retrieveModel(String path, String version, String label, Boolean
autoManage)

Lenas repo.retrieveDocument(String path, String version, String label, Boolean
autoManage)

REDc repo.retrieveProcessor(String path, String version, String label,
ProcessorDiagram diagram)

Bian,  fasaT DA 51 R B Gl R A 2R -
stream = repo.retrieveStream("/projects/retention/risk_score.str", None, "production", True)

IHRBE TR E RIS RHRR risk_score.str i, % production FRIRERERMFGHRA, MRS
—NBEFEE SPSS Modeler ¥ E (Fl4n, 415 SPSS Modeler A R AT WL, AR 70K HELAE IREZE T
) o ENEBERITE, BRSNS ERA, 1EHH NIRE:

stream = repo.retrieveStream("/projects/retention/risk_score.str", "0:2015-10-12 14:15:41.281",
None, True)

T AERARATISR S ZEET Y None,  ARAKFR B BRThi AR

EFEEREFEN R
TEFAMAG S EE RPN R, G storex ¥, TFRAER T R TAEIE R,

R 24: FHEM AR S Thie

RIS 1R R L

i repo.storeStream(ProcessorStream stream, String path, String label)

fEiA repo.storeModel(ModelOutput modelOutput, String path, String label)

LTy repo.storeDocument(DocumentOutput documentOutput, String path, String
label)

R repo.storeProcessor(Processor node, String path, String label)

Blan, faa] ME R R REZ TR AR risk_score.str fit:
versionIld = repo.storeStream(stream, "/projects/retention/risk_score.str", "test")

HORBIRAERERTIRA R, F% "test" &S TR TR, AR EH QTERIRARIRAIRIC,
TE: WRIEAERARE S AT SRIR, T IZAREAE 1 None,
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ERFEEX X

IS AR SR, ERT DR R NP ERA, NMES TEEHEXINS, Eid
createFolder () BRERAIE SR, LA REIFFIR:

newpath = repo.createFolder("/projects", "cross-sell")
HRBIKGLE " /projects" KRB N "cross-sell" BIHTCHER, ZRECKIR EHT ) 523K
PEAR,

FEMZE N, 5@ H renameFolder () B%L:

repo.renameFolder("/projects/cross-sell", "cross-sell-Q1")

BN SR EEMGI SR TERERR, M DS ERIEES Z S RIHTR,
TBRES 2, iE#H deleteFoldex () BR%K:

repo.deleteFolder("/projects/cross-sell")

BIERB BT R
AEFRIAR, CEATABGE — AR, DAL P SR — DU AR ST A A, AT AR EL Bl X
Ko

BUERRBON RIIETE
repo.lockFile (REPOSITORY_PATH)
repo.lockFile (URI)

repo.unlockFile (REPOSITORY_PATH)
repo.unlockFile (URI)

T AEAEFIRZE N5, REPOSITORY_PATH $5HI N RIEFMEETIIN B, BN H 5155 EFF BUE
RHTE R DBERY. BIEAX KNG,

repo.lockFile("/myfolder/Streaml.str")
repo.unlockFile("/myfolder/Streaml.str")

ERibZ A, AT DA G — % IEARIR (URT) MAETEEERR IR KRG RN E, URT W00 5 RIS
spsscr:, [ARWIASERTEIES|ISH, B LERMLA DIENBZ2RTF, SO AgRIEE N, BIfE
BAZH DL %20 DG, URI ARAX D A/NE, RHEIGR:

repo.lockFile("spsscr:///myfolder/Streaml.stx")
repo.unlockFile("spsscr:///myfolder/Streaml.str")

ER, NERBUTIER TRRIFTAERA - BICEDUE s 8 A,

£ RS RERIE T
WAL, AL A A, BIN, AR P R, A P
« WARPERIRIIL 15 22015 2
BRI B AT AR
 TERETE par ST (I P SR R AT M R AR A B BOL ) ISR RIS R A

JEIS A P S, AT DARE A — A T EARYE Blowfish BRI RN (BXRIFMERE, ESH http://
www.schneier.com/blowfish.html) . Zifd)5, B PAEGIBBHEEFZERIMASHMG1TS8H, H
F databasenode #l databaseexportnode B siJE 1% epassword fEENNE %M,

1. BARINEER, N TR SRR
XTI TR .
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http://www.schneier.com/blowfish.html
http://www.schneier.com/blowfish.html

2. (BB XAREFTEE — D EH,

3. Figihh, DAV RS A iR BE LS AD

A, PSR, DU g i i R 6 S 2 BT AR
5. R L TRE NG B R I A S E,

HEieE
S A R T LR | 0L R, 7 DL BT S AR
®

6: B AT BA=ER

AR Z K AR SRR Hh AU BB R RO 45 SO, EEBRT, IHREIZONIERE T80 R,
IR R PALT (2R R B R

N 21T TR RS
ST 5 AT DU T3 T THOBAE, 920 1BM SPSS Modeler I, FUAHE @ &1 iR
BT, i

client -script scores.txt -execute

-script FRICERNMBFEEHIA, T -execute FRICERPUTIZIA ST A IFTE @2,

5%mihRABREE

TE ARG A IBM SPSS Modeler @I IAIAS @ H; B 1% JC 77 S8 0 ] IE S AT IRA BT, A, BRI
BER DL ESRA R (WOysE IR E) , I e AR B BRI, IR OUR SRk
A BT A AR e R BURDA TR e B (R > B0 > F P &I > JdA) , Bildn, ErTRERREE

R ARTRRAS FREIIAIA,  FEIZRRA AR HUE 2 S A PRI A BPL B fili AT RO BOR 52 i

FE H RThRA R R IAAE DARTHIRRA A AT REJCTRIE W 1217,

WRTE B OERIA A T e GO e, IBAEAIBEar SRR A5 2]
YHr, BRER-REENE, B, A generated XEEFEM model #fft, H clear generated
O clear generated palette i, HIBEXWBATAR LUET, BB R—FEHHE,

IBIRRARITER
V£ 1BM SPSS Modeler TV RIS, FIUIBT, ERAEMEIE, Kb atmn, 1

AH] DA X AEER TG SR SkIa T, XEEDHBINERS (WPChRa) o, & PUaEdHTFHRBIE N E
ARAUPRICEPRIFOR T X LR dR, VI X LR 75 R T 7 s I 6 T O AR sl P p

flan, VrZ MR b AR DN PMML A XML ZARSR R TRRIAIER, BIANORERRAE & 0
FMRLE ¥ By, BB RIS HH R AN AT RE AR AT B TR, (] PMML RURTL R A3 T
AT VIR B XML AR, filan:

stream = modeler.script.stream()
# Assume the stream contains a single C5.0 model builder node
# and that the datasource, predictors and targets have already been

# set up
modelbuilder = stream.findByType("c50", None)
results = []

modelbuilder.run(results)
modeloutput = results[0]

# check how many contents are there and what are their names
tags = modeloutput.getContentModelTags ()
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print "Content Model Tags :" , tags

# Now that we have the C5.0 model output object, access the

# relevant content model

cm = modeloutput.getContentModel ("PMML")

if (cm != None) :
# The PMML content model is a generic XML-based content model that
# uses XPath syntax. Use that to find the names of the data fields.
# The call returns a list of strings match the XPath values
dataFieldNames = cm.getStringValues("/PMML/DataDictionary/DataField",

"name")
print "Data Field Names:" , dataFieldNames

1EIAS IBM SPSS Modeler S74% R4 205 :

« RNBBRIA TV RO TRIS R B R A £,
« XML NEBR A T75 10 DL XML A8 R A2

+ JSON IABIRIA T177 17 A JSON A& A B I N2
« HIGEHNBBR TV R A R E B RS,
o FBOMHIGEH BB T 177 [0 D B AT S S B S B B ME
HEE, R AR IX N

« ITEFH

« F50

« SLRM

« TCM

« ffiA Python 1 5

« il Spark T s

« TR B0 R IR R

« PR

.« STP

RABIER
RNARBRRAE T — NMRERRIRE, TR R SRR T BRI EEE,  RrEshRE R R — 2R

RIf7fE (BIAN AT B sEED

API
3+ 25: API
& ] Method iR
int getRowCount () R[EXNERHHITTELG
int getColumnCount() IR[EXANFRHIFIEL
String getColumnName (int IR [EI$EEF 2R 5 [ AERIFI 44 FR,
columnIndex) FIR5EWET 0.
StorageType getStorageType(int RBIFEE RS A gAY,
columnIndex) FIRGIRIET 0,
Object getValueAt (int rowIndex, |IREFEEITRGIFHIRGIAMIE,
int columnIndex) TR IFFNRSELET 0,
void reset() BT 5 N AT SR A AR
fEfEaE G,
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T Rt
PRI 2T, R AR S R AR R

* 26: T RN

T RAAR LTH IR ahnif
table table "table"
T FIRNZs

stream = modeler.script.stream()
from modeler.api import StorageType

# Set up the variable file import node
varfilenode = stream.createAt("variablefile", "DRUG Data", 96, 96)
varfilenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIN")

# Next create the aggregate node and connect it to the variable file node
aggregatenode = stream.createAt("aggregate", "Aggregate", 192, 96)
stream.link(varfilenode, aggregatenode)

# Configure the aggregate node

aggregatenode.setPropertyValue("keys", ["Drug"])
aggregatenode.setKeyedPropertyValue("aggregates", "Age", ["Min", "Max"])
aggregatenode.setKeyedPropertyValue("aggregates", "Na", ["Mean", "SDev"])

# Then create the table output node and connect it to the aggregate node
tablenode = stream.createAt("table", "Table", 288, 96)
stream.link(aggregatenode, tablenode)

# Execute the table node and capture the resulting table output object
results = []

tablenode.run(results)

tableoutput = results[0]

i# Access the table output's content model
tablecontent = tableoutput.getContentModel ("table")

# For each column, print column name, type and the first row
# of values from the table content
col =0
while col < tablecontent.getColumnCount():
print tablecontent.getColumnName(col), \
tablecontent.getStorageType(col), \
tablecontent.getValueAt (0, col)
col = col + 1

FERAA PRI, Far R AT
Age_Min Integer 15

Age_Max Integer 74

Na_Mean Real 0.730851098901
Na_SDev Real 0.116669731242

Drug String drugyY
Record_Count Integer 91

XML ABEE
XML BB TFHRIETF XML AR,
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XML NARBRIUSZ R 5 AT XPath FIERAVHRFR 77, XPath FRIKUZ —LEFRF R, X AT AR E A H
HRITRRATREUBETE, XML AR T AGIE 2RO R DA G RIAFNRIAITS, T XPath SZRFA GRIEH
TREIXLEEYNTT,  IX S A Python VAR Ak 7 18 FH B8 g 2

XML BRI S — D DA R E ZOR A XML SRR BRI, IXAE Python A H A BEMS i FH H. w22 1

Python JZERf#HT XML,

API

& 27: API

AL Method iR

String getXMLAsString() DA R ZUR [E] XML,

number getNumericValue(String REHEERIRAIEE R, REIZRAY
xpath) B (Flan, HESRERIEAT

BCRTZREE)

boolean getBooleanValue(String IR[E% FrfE 2 B2 RIK TR E TS
xpath) HIARI/REE SR

String getStringValue(String IR[A 55 AR VCRC Y MR E ER

xpath, String attribute)

XML 7 ifH,

List of strings

getStringValues(String
xpath, String attribute)

REl—HIEL, HP&FrE 51
SE AR PERCHYJE MEE ER XML 5 5
{EL

List of lists of strings

getValueslList(String
xpath, <List of strings>

RE—NANR, HAEESHTE 516
TRV E MEE, AR ZERIE

value:list of string)

attributes, boolean & XML 19 S,
includeValue)
Hash table (key:string, getValuesMap (String RE—MEFIR, XPMREHREE

xpath, String
keyAttribute, <List of
strings> attributes,
boolean includeValue)

PEER XML 15 S EE N, R
—HIFEE )8 HEAEE FRAE,

boolean isNamespaceAware () IR[B] XML @b 28 /2 S N T 4R
=S[H, HRE{EN False,

void setNamespaceAware (boolean | % & XML @i es 2 4 M. 1 fEAFR

value) MEl, XK H reset(), PA

PR S 28 FH R B BB B 2

void reset() FHEAAT 5 N AR SR AT AR
rhfdy (BIANZRAZH DOM N 5)
EREs

Rel=tiikh

PRI 2T, R AR S R AR R

& 28 IR M

R4 PR F AR Zahnif
Most model builders Most generated models "PMML"
"autodataprep" n/a "PMML"
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TR

T ViR Python BIAACHS RTRELN T R :

results = []

modelbuilder.run(results)
modeloutput = results[0]

cm = modeloutput.getContentModel ("PMML")

dataFieldNames = cm.getStringValues("/PMML/DataDictionary/DataField",
= cm.getStringValues("//MiningSchema/

predictedNames

MiningField[@QusageType="'predicted']", "name")

JSON AR5

||name||)

JSON WABAU THEA ISON AN A RIS,  MARTUSRAE A APT, FI T2 B0E U & A1 fr 22175
FIAMERIIROLT, SR VFIE R,

API

& 29: API

140 Method R

String getJSONAsString () PAFRF R 20IR [E] JSON N
Object getObjectAt(<List of IRAFEERRIFRIN S, FREEH

cbjecta> path,
JSONArtifact artifact)
throws Exception

M THRTREN Null, 7EIXRHIEN

T, HEHNRRR, RERE

AIRER SR, B, SRR
{8, B2 IJSON TfF (JSON Xt
%ai JSON i)

Hash table (key:object,
value:object>

getChildValuesAt(<List of
object> path,
JSONArtifact artifact)
throws Exception

RS E 12 4EM ISON X4,
B 2GRN AR TAE, SR
[ Null, FRIPPVEEFRFE, M
FECERAVME R DUB S, BB
SR AR /R{E, 3E 2 IJSON TfF
(JSON Xf%:8k JSON %2H) .

List of objects

getChildrenAt(<List of
object> path path,
JSONArtifact artifact)
throws Exception

SRS 12 4E M ISON 4,
BB 2R B BRI R IR,
HUPRE Null, SREIFERTRE R
XFE, B SUEAR/RME, 8-
# 2 JSON T4 (JSON X458
JSON %)

void reset () R 5 PR A B SR AR
fefitids (BIANZRAFHI DOM XR)
At
felatiith

PRI LT, X R S IR A A O

& 30: AL

Q=K LTHEA ¥ AhRis
"applykmeansas" n/a "JSON_MV"
"applyxgboosttree" n/a "JSON_MV"
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TR
PARHEIAS FH A2 2R ISON S

applykmeansas = stream.findByType("applykmeansas",6 None)
mvjson = applykmeansas.getContentModel ("JSON_MV")
print(mvjson.getJSONAsString())

applyxgboosttree = stream.findByType("applyxgboosttree", 6 None)
mvjson = applyxgboosttree.getContentModel ("ISON_MV")
print(mvjson.getISONAsString())

St A BRI SRt ATIEE
G NI T AL R DU BN BT RS (RS o BONGET NAEE A TR aT A
TE—XNFRZBEHEEDNFERPH—MEZ B RS TT,
AIREAIGE T EE B AN N PR
- Count
« UniqueCount
« ValidCount
« Mean
e Sum
e Min
« Max
* Range
- Variance
« StandardDeviation
- StandardErrorOfMean
- Skewness
- SkewnessStandardError
« Kurtosis
« KurtosisStandardError
- Median
- Mode
« Pearson
- Covariance
« TTest
« FTest
FEAE(UER T 8AIgE, mEAENOEH TR Stit
A RSO SR 9 R A
« “GEH W RERSIGE, ERRE TR ERIN, B R DA RN Sttt
o BB RAERS G, R8T TEETERN, B AN ST,
o “ESE” VW AR HUES— X P B R A T BB S HAMh T BEM ZE A T LRI AR BRSO G2 1
A AN AR GE T BRI TR E " DR, HERTIZ T RN R I E,
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ColumnStatsContentModel API

& 31: ColumnStatsContentModel API
A Method iR
List<StatisticType> getAvailableStatistics() |IREISEARIFHRAIASH, HIE
FrE B e B A A TRIE St
AIME,
List<String> getAvailableColumns() REEHEHES T4,
Number getStatistic(String IR [\ 5 ZHAE KB S THE,
column, StatisticType
statistic)
void reset() FHEAT 5 N AR SR AT AR
1EEaE G,

PairwiseStatsContentModel API

& 32: PairwiseStatsContentModel API

g ml Method fifiid
List<StatisticType> getAvailableStatistics() [RBEIERFRIHS, HIE
FE 7B E B AR TIrE S
HIME,
List<String> getAvailablePrimaryColumn |iREIEHHRHSITEYIA,
sO)
List<Object> getAvailablePrimaryValue [RBEIEHHEHSIEFIE,
sO)
List<String> getAvailableSecondaryColu [IREIEHHEHSIHHHHENZIH,
mns ()
Number getStatistic(String IR [6] 5 2N FIAE SRR SE HHES
primaryColumn, String
secondaryColumn,
StatisticType statistic)
Number getStatistic(String R[5 = HMERE B FIAE BRI S8
primaryColumn, Object HHHE,
primaryValue, String
secondaryColumn,
StatisticType statistic)
void reset () FHEAT 5 N BRI SCHR AT B
BRSO,
Ref it

PRI LT A, X ORI R A A O

x 33: Ry

TR

b ApR

Ea AN A

"means”

(“PIE" T )

"means"

"columnStatistics"
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+® 33: R (5

WA LT VR RN R

"means” "means” "pairwiseStatistic
it

(“PE" T D)

"dataaudit" "means” "columnStatistics"

(“BHREHZ" T KD

"statistics" "statistics" "columnStatistics" |{CUYKEFRETZRNAS

A2 o

(“HEH" T =)

"statistics" "statistics" "pairwiseStatistic |{YRBEFEMA S
s" %o

(“BEit" 1 )

TR

from modeler.api import StatisticType
stream = modeler.script.stream()

# Set up the input data
varfile = stream.createAt("variablefile",
varfile.setPropertyValue("full _filename",

"File", 96, 96)

# Now create the statistics node. This can produce both
# column statistics and pairwise statistics
statisticsnode = stream.createAt("statistics",
statisticsnode.setPropertyValue("examine", ["Age",
statisticsnode.setPropertyValue("correlate",
stream.link(varfile, statisticsnode)

llNall ,

results = []
statisticsnode.run(results)
statsoutput = results[0]
statscm = statsoutput.getContentModel ("columnStatistics")
if (statscm != None):

cols = statscm.getAvailableColumns()

stats = statscm.getAvailableStatistics()

print "Column stats:", cols[0], str(stats[0]), " =",
statscm.getStatistic(cols[0], stats[0])

[IIAgeII, IINaII,

"$CLEO/DEMOS/DRUG1N")

"Stats", 192, 96)
IIKII])

"K' )

statscm = statsoutput.getContentModel ("pairwiseStatistics")
if (statscm != None):
pcols = statscm.getAvailablePrimaryColumns()
scols = statscm.getAvailableSecondaryColumns()
stats = statscm.getAvailableStatistics()
corr = statscm.getStatistic(pcols[0], scols[0@], StatisticType.Pearson)
print "Pairwise stats:", pcols[0], scols[0], " Pearson

= ", corr
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B mTITHZRE

Hm

ARG

1R8] DA A E R i 217K 55 IBM SPSS Modeler, 41 RAffiR.

Microsoft Windows

1. 72457 IBM SPSS Modeler 541 L, FTHF DOS sia S 42 ~FF & Ho

2. UJ#e5] IBM SPSS Modeler (14, [Installpath]\Program
Files\IBM\SPSS\Modeler\18.5\bin),

3. B PAAZ H 773 U55) IBM SPSS Modeler %11, &5 AJGIRATT HZ&H modelerclient ai<; fil4n:
modelerclient -stream report.str -execute

ATDMEA TS () SRIEREZINRSS 8%, AR, IBTIHIASURYE 77 25 e Hith 24,

Mac 1Z{ER S

1. K& IBM SPSS Modeler [ Mac 0S @812 (fl40, [Installpath]/Applications/IBM/SPSS/
Modeler/18.5/IBM SPSS Modeler.app/Contents/Mac0S),

2. BEAZH U3 IBM SPSS Modeler 11, &21T/GIRATHE BZE &/ modeler f74; 5140:

./modeler -stream report.str -execute

£ 5, &

\

EAI DB TS50 (BFRAARE) MHINEIWI4A modelerclient @4, PAMZEX IBM SPSS Modeler i
H

TFAEZ MR I AT HASRSRA, AT A BE S AR HHA THEA,

& 34 HTATRNAY

A2 R E

ARG ETE HXELIEE, ESHEY E 56 UK TRGAD
&

SHATR HBXREZ(ZE, HSMEE$ 57 1 IsHas
&) .

IR &% B8RS HL HXEZSE, HESMEE P 58 T MRS RE

B30 .

IBM SPSS Collaboration and Deployment Services |HAXEZ(EFE, ESH T8 5 59 il l1BM SPSS

Repository EHESE Collaboration and Deployment Services Repository
EREZH
IBM SPSS Analytic Server ZEESEL BREZER, HSHFEH FE 59 71K FIBM SPSS

Analytic Server j %“%ééu 0

filan, FICA#ER] -server., -stream fl -execute tRiCRIEREZIRSS A, REMEFHIBITR, W FAR:

modelexrclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute



HER, HaTAMZ PR, AHREMARSSEZESE
A DG SRt SIS 8IE, filan:

modelerclient -stream mystream.str -Pusername="Joe User" -execute

BT OB AR, B -state fl -script ARERIFT IBM SPSS Modeler IRAFIHIA,
H: WRIEMDSHE RGN SE, B2BTHES S ETH I _ERRHTL,  1X 3 BH 1 E R SR R RS BRI |
_%‘O
G SITEESE
ZEAI 21T, A modelerclient @ MFTFs B & R/55) IBM SPSS Modeler, IXFER] DASRIEAT 2
ARG RAESTT, B DI “SIESENTERE (“TA R -S> RERESH) PR HGT
IR ZHOA TN,

AAEETESE

TREARFTHTHP RG-S ITHAN RS HZ R,

® 35 Rr45ETE

HA & TN /HR
@ <commandFile> @ FFEEEX4, KR THEE@LHIE, % modelerclient BFIDL @

T BEIN, BRAEZSFRR ar QR T8 E, aiREm AT . A
KEZER, HSM T 8 60 Iy MHEZMZEY .

-directory <dir> WEBE TEES, EAMERT, Z%ECEFENHTEERERGE L, «w
fl: -directory c:/ 8¢ -directory c:\\

-server_directory |NEURREMREIRSEER, BT -directory FriciEE M TIEHFIGH T
<dir> Hio

-execute TEBSNE AT IR IN FTNERI. IRSEIAA, I RERBURSZ INEME T
JAA,  DURAVAC R SR EAA T

-stream <stream> R E IR, A DAEEZ N, (HREE—MEe R E 4

Hilito
-stream_password TERBhE, HEANEMEEBERR. a0, 77U T a4 clemb. exe
<password> -stream enc-streaml.str -stream_password Pass1234 -execute
-script <script> JEBININEFE BRI IA, GRATIR, FRIRBURASZSN, HARICER] T8
TERA, BTEB BN AT N — A,
-model <model> TEfR SN nEFEE N E AR (L gm A8 XIS S
-state <state> TERSN, In#EdEE M ERTFIRS.

-project <project> IEFEE T2, TERNNAATINE—" T,
-output <output> RSN InE AR ENE R ITE (. cou #&XHIXH)

-help RoRaRATHERYIR, FEEHIETG, KREAE RSO EoR R
o

-P <name>=<value> T8RS, S TFRENSEE (BESE .

1 ﬂ%:f DATER] P A IR B R H ok, BV BRI, T AR SCAF R B P B E A H RS IR S5
%%E Ko
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m#Z At

AT, AT DURI 1E 5 3N B B AN BN INEON RIS ECR g2 N, RS . B,
FNEANZI TN report. str Ml train. str WK, A AMERAN s

modelerclient -stream report.str -stream train.str -execute

M IBM SPSS Collaboration and Deployment Services Repository Ei &R

K& R A8k IBM SPSS Collaboration and Deployment Services Repository (415RERFR])
ALt & B ASCE S RISE spssex: Fl (Afik) file: (RFFREEE ERUNR) £EH] IBM SPSS Modeler
EMPEAEHN SR, A% 5 AR FRICEL A -

e -stream

e -script

e -output

e -model

« -project

AT DA ATZE A URT DS EXN LRI E, FlaN -stream "spsscr:///folder_1/

scoring_stream.str", WIIRFETE spsscr: BIZ, MR EER—m2HF5ES IBM SPSS Collaboration
and Deployment Services Repository A RERE, Fit, SEREAARS MU LA B~ A

modelerclient -spsscr_hostname myhost -spsscr_port 8080
-spsscr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder_1/scoring_stream.str" -execute

FE, fEmITH WAER URL, ARZFH% REPOSITORY_PATH IXAFERUMRIBAEE R,  (MLAMSIROOEH T
A, ) H>* IBM SPSS Collaboration and Deployment Services Repository &) URI FIEAIEE, 1ES
%8 43 TR TifiA] IBM SPSS Collaboration and Deployment Services Repository X5 T,

sHaEE
S A] FIYETE IBM SPSS Modeler a2/ THUTEARIARIC, fEMPITEZRES, -PIREHTHRR -P
<name>=<value> HNIISE,
EAXSEAT AR :
- PSR (HN, BERAE CLEM RIEAXHPHHNSED .

- BZ8, W RENE. WRSEETHT BN REIRE. SRS 63 THY I SR AR
&y, DREEZAER,

- MAITEZR, HTEXA IBM SPSS Modeler HIiE .
BN, #En] DR AESEREH P 2B e S ThRE, W RFTR:

modelerclient -stream response.str -P:databasenode.datasource="{\"ORA
10gR2\" ,usexrl,mypsw,falset"

HiEHX5 databasenode T AJE MR datasource ZEHHF, BXRELZERE, WESM: &5 79 T
Fdatabasenode @MJ .

R IEAEALIBLT IIGHIER, ARG — NSEMNIREN true, HIEER, EEIEEM P AN ERTE
AN AER AT TR (BRAE, H P AeER SRR SRS 28

T AR E T A, BRI RIS ENG SN, FHERRBIN 5 ST fln, R iR
BIFR R EE TR T 5440 Source_ABC, HBALLIHAI FAIR:

modelexrclient -stream response.str
-P:databasenode.\"Source_ABC\".datasource="{\"ORA 10gR2\",
userl,mypsw,truet"”



MFARRER ST 5| S ANETHRZA SRATL, anEIR TML R GIHATR:

clemb -server -hostname 9.115.21.169 -port 28053 -username administrator
-execute -stream C:\Share\TM1_Script.str -P:tmlimport.pm_host="http://9.115.21.163:9510/
pmhub/pm"
-P:tmlimport.tml_connection=§\"SData\",\"\",\"admin\",\"apple\"}
-P:tmlimport.selected_view=%\"SalesPriorCube\",\"salesmargin%\"?}

1 412k datasource BYEHFRIEIRELIFE S — P Z M EK, AR (WHOV“AS”) BRIk, IRAE
AT DAME A BTG |5 M 20/ HAE g rF Bt TAb B, folan: " $\"db2v9.7.6_linux\"}" 8¢
"S\"TDATA 131\"?", It4F, &N datasource FRFEREFEENS I SFAERESH, LA NREIH AT
a7~ "$\"SQL Server\",spssuser,abcd1234,falset",

ARSSEREE S

-server FrE Al IBM SPSS Modeler BN IZIEZEI /ARS8, M -hostname, -use_ssl, -port, -
username, -password fl -domain FR&ENHTE%] IBM SPSS Modeler ANAERER A RS B8,  WIHERA
FEIE -server %4, NIEAEVE BN ARSS 85,

eyl
EERER A ALIR S 45

modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

EFERIIRSS A SRR

modelerclient -server -cluster "QA Machines" \
-spsscr_hostname pes_host -spsscr_port 8080 \
-spsscr_username asmith -spsscr_epassword xyz

EER, ERIIIRS FSERT A 1BM SPSS MMEMIEREIRSS B EMARE R, FILM4 -cluster
SHETFEEIERIEIT (spsscr_x) A, ESR TS 59 71fY FIBM SPSS Collaboration and
Deployment Services Repository #2580 , DIFBEZER.

x 36: IRSZI[/EZESI

H2E & 1M /#6E
-server PARSS #345i20)21T IBM SPSS Modeler, [AIIH#EFHMRE -hostname, -

port, -username, -password fl -domain ZERERIAILARSES,

-hostname <name> fR55 e EMNEHR, INTEARSS 2t N Al H,

-use_ssl TEEEREN R SSL (Z2ERTR) o MWANCANEIR, s BE N A
FH SSL.

-port <number> TEE RS 1S, ERFaET A M,

-cluster <name> feEfamiRssdeett (MAREMAIIRSS ) BNER, HSEETHRER

hostname. port flluse_ssl ¥, #“IAHERKS, shril IBM SPSS
Collaboration and Deployment Services Repository FRER 25— URI, AR
e Bt IBM SPSS MERMTEREARSS RS ER, AXEZE
B, EZ T 8 59 5l FIBM SPSS Collaboration and Deployment
Services Repository £S5

-username <name> KB TERIRS R4, (HERS 2R A,

-password <password> |XZHTEHRIRSGaFNEL, AEARS e Nl H,
H: R AMH -password 24, IBARGEIEEH AN B,
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& 36: RSBI|ERSI (U

HA & 170/ H6E

-epassword . X TERRSG SRNAES ML, [NERS#EE A,
<encodedpasswordstring> | yy.. 7111 4\ 1BM SPSS Modeler IR T LS 8 A2 BT 5,
-domain <name> XBHTEFRERSG R, NERS# TR,

-P <name>=<value> AT RERSNZE, EAIATRETAEE (EESE .

IBM SPSS Collaboration and Deployment Services Repository ZEiEES$k

ANRARE L AT RAFESHE R IBM SPSS WMERIEEBARSS FEUX R, NS E —1MEAZ IBM SPSS
Collaboration and Deployment Services Repository FIERGER:, Hl4n:

modelerclient -spsscr_hostname myhost -spsscr_port 8080
-spsscr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder_1/scoring_stream.str" -execute

ERIIH TR TR RN A &

& 37: IBM SPSS Collaboration and Deployment Services Repository JEIEE4K

B R 1 /4d

-spsscr_hostname <hostname or | ZZ%& IBM SPSS Collaboration and Deployment Services

IP address> Repository FIARZS A1 EH14 B IP Hidik,

-spsscr_port <number> IBM SPSS Collaboration and Deployment Services Repository %
ZIERRIRIOS (GEE, GREEDY 8080) .

-spsscr_use_ssl FEEERN R SSL (Z2ERTE) . MWhRE &, shaik
BN SSL,

-sSpsscr_username <name> X% % IBM SPSS Collaboration and Deployment Services
Repository B 44,

-spsscr_password <password> |%E5%%|IBM SPSS Collaboration and Deployment Services
Repository (%,

-spsscr_epassword <encoded | E3kZ|IBM SPSS Collaboration and Deployment Services
password> Repository HIINZE 251,

-spsscr_providername <name> | T 5% %] IBM SPSS Collaboration and Deployment Services
Repository (Active Directory B LDAP) FJINIEARSS1RMEFER, @
REAAN (RHFEREE) BT, A2 LFER,

IBM SPSS Analytic Server EiE& %

WS ELE I i A TIEME SR 22 IBM SPSS Analytic Server X%, A4 41f67E 5 IBM SPSS Analytic
Server BB RER:,

E: Analytic Server FBRE VB2 M SPSS Modeler Server KB, Al DU T.H > Analytic Server
HEREE X H CRY Analytic Server %,

FERAIE TR T EE RN B &,

7% 38: IBM SPSS Analytic Server E#%E

AR 1R /46d

-analytic_server_username FHT% 5% IBM SPSS Analytic Server FJH P 4.




7% 38: IBM SPSS Analytic Server JE1ZS ¥R (4A4R)

HA R fioh /4R

-analytic_server_password Fi T 5% IBM SPSS Analytic Server fJ%5H,

-analytic_server_epassword |FIF% 5%k IBM SPSS Analytic Server YIS dmbd 3505,

-analytic_server_credential | A % IBM SPSS Analytic Server HJ#EIE,

HEZSITEH
SEALEXEAIE T @ bRIE, FIDMERMARIEENG O AI SN B, B R D & 1T

H, FHHEDARIRIEERG X TS K ERRRSE], #la0, PAR startup 2> <commandFileName> 5|
RIS e e S5,

modelerclient @<commandFileName>
WRFTH S, WIEHS S E a2 XS SRR IERER, WNR:

modelerclient @ "C:\Program
Files\IBM\SPSS\Modeler\nn\scripts\my_command_file.txt"

X R M SR Z R Ea P B E A S8, 817128 Hlan:

-stream report.str
-Porder.full filename=APR_orders.dat
-Preport.filename=APR_report.txt
-execute

5 NG|SR, AUETE AR BRI :

- TEmeEHA—T,

o RBELEMS R @CommandFile %1,
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#7%8 BEESEERE

BESE R

AIDUATI R i, LR T RIS E 2 D ARNEN, AT R rEm, flnamcr, ERm
“THEFIR”, GRS ER T R, HEE RN @R iiRe, B Ess 7 s @i s
TR AEEARMER P A (G0 S TIPSR T ROk ) ViR E e, Ea] DA e e
T

- AETAABREE WARERR) . BXEZER, ESH H 61 Wi VEMiEE .

o AR R SEH RN T RE M

- f£/53) IBM SPSS Modeler i, ] DURF 9 s @ PRI Ean A TIEIH — 880 (EH -P AR

£ IBM SPSS Modeler (AR SEREH, TRt IBE Ry MBS . fEATERT, EMErRT
REHYE

RBIEEE
A AR R A AR AR

OBJECT.setPropertyValue (PROPERTY, VALUE)
B
OBJECT.setKeyedPropertyValue (PROPERTY, KEY, VALUE)

A PABER R AIE A R AR PR (E:

VARIABLE = OBJECT.getPropertyValue (PROPERTY)
B
VARIABLE = OBJECT.getKeyedPropertyValue (PROPERTY, KEY)

Hr OBJECT /2 17 sialffiitl, PROPERTY J&FRiA=5 I BRI HR, M KEY 2@ Er g E,
o, PAREEHATERSIEY &, REEEREEUE ST FZEIRIE IR g Age 7

filternode = modeler.script.stream().findByType("filtexr", None)
filternode.setPropertyValue("default_include", True)
filternode.setKeyedPropertyValue("include", "Age", False)

IBM SPSS Modeler A {# PTG 15 s & A] DA AR £indBy Type (TYPE, LABEL) EREUHITEN, WHE
/bFgE—/ TYPE B¢ LABEL,

e LA K

A 58I S5 (R I, S E TR AR AT T I R 5 20 =

 FEEE AT AR MEAAFRAIEHY, BN L U8 e
« JRft—Ria] —kfEE 2B TERIRE

EREOMNSHK

HARMHEE R ORI R CERL U8RI R)  BIRIA ARG R 2 RO 25 AR IEF AT, IXLE)E
PERREHIAAREL B AR FRE R 0, IWRAR Oy, BN, 8T <A, SR (EH L
i) BPETIFERAIRES. A TSIHER, SR RN TR (CRIETEON true I82 false) 7%



—MEREI, MEMERERTREN (BEEEN) True s False, (R0 mynode RIS Tl (TEH L
i) A0 Age W7 EL, ZRHILTE, 1B RAXRET Age HIEME include HIHIE N False,
AR

mynode.setKeyedPropertyValue("include", "Age", False)

higEZERMEMEGML
T VRIS, AT AR s 2 R, XA S A e s R,
TESEEREILT, SRR A RBI T

sortnode.setPropertyValue("keys",
"Ascending"], ["Na", "Descending"]

SAMCBMER 5 — MEBET, ERDTRRE A DRI R EIRESE T MEM. SREER S, 2EE
GRERET RPN BEIEENIRFIT 28, ERTPIREEENE. B0, RAEE SEE ST RN 72—k
RETEREE, BT TRERNDMRESER RN 8, BRFBOREHR, UZERETTHENE
P, PIESE B EUR SRR E LR DNEYE, IR LR AL A,

5517
T RUBPEIE A P E AR S . TS B FATREAS.

[["K", "Descending"], ["Age",
i)

& 39 BEPFERNINERS

s aX

abs EERSI=]

len KE

panii w/IME
KA IEPNEN
correl RO
covar Yk
num L E R[]
pct "okt
transp B
xval XKk
var TEERE (FTRF)

T RHRREERG

£ IBM SPSS Modeler F7R] A A7 ANB T dfiE L, HRE MR s RIS — 887, 1Fo JRSERAIA
A —8 0 I ASEER 22 D s (R B 3 sl SIAR 59— 5870 F DASEER B MRt RS R B3k, 38
AEEAE TR AT RS ECRIEE T RS, SRR S, BEEE R AR S ATIETORE 5
IBM SPSS Modeler, #f -p 221 Ean AT IR — B8, BT DARE A e MR SE i &L

& 40: TEMFBE MR
Ja Pk 284
WA s EYE max_size,

S.max_size
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& 40: TRMRBIETRA @5

Jg 1t

P

s:samplenode.max_size

WRE A s M max_size, HMWBUNFEART
5

WO

:samplenode.max_size

W RE SRR REAT AR E M max_size (HAE
AR -

s:sample.max_size

WREM A s BN max_size, HMWFUNFEATS
b

WO

t.direction.Age

W REN AN S PR BRI A .

:.max_size

ok JERIRAE o IR T KA BT R,

il s:sample.max_size BHHA—EZS H 5 B 2 F5,
Bl t.direction.Age Wi, HEANT BB MER BB EZ RN, HEEFEESRG 174

CINTES NP A g T
T R E R

FAEAET A HSERNE, SMEREAH

FAL, SRR DURH Ay, pRBE AT A,

It PRI BRI R IR AR, anSRTCIE TomRm AR e, AR R AR R, B, @I E S AT e E
EIEERVERE, #l40 Discard, PairAndDiscard fl IncludeAsText, WCAUISRRAEEE, WPHFHEL

R, MBI RAME true 2f false KEENIZ EIREE 1,

OREEN ARG R RE: Off,

OFF, off, No. NO, no. n, N, f. F, false, False, FALSE 5( 0, {HfEFLE/EN NLBUEMEER <
Wi, AT M EEE Y E true, ] true Fl false MHRRF—ECK AT DUBHRIRIE, ) TEAIERNS %
1, JRPERRY N SRR AT T, A T B RS

BADREMY
IBM SPSS Modeler HIRZ @M@ TRE T A (BB R
R A1 RHEH DB
JE AR BeRR JE AR
use_custom_name R
name string BRE TAE X F AN r SRR LR
B (AshsEES) .
custom_name string FEE T R B E X AR,
tooltip string
annotation string
keywords string FEE 5 A5 R B A R 45
FfeiEE (BN ["Keywordl"
"Keyword2"]) .
cache_enabled TV
node_type RS A R e,
e e m, FREFRER R (i
terminal supernode regl_income);z&h EA] DAYE
Fﬁﬁygi&ﬁ‘ ERA (N userinputnode
Hﬂ]z!géﬁﬂ%” ﬁ filternode) o




T AR MDA T T AR MR BRI IE, ARE SRR, ESH I 5 399 TR 55 21 &
I

J@;
BT o
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4 8 & i Tk

A S ] AzH 2R ESIRREYE, SAUEHRIT AR E A

stream = modeler.script.stream()
stream.setPropertyValue ("execute_method", "Script")

Nl
node J& MM T 5 SRR AT . W NFORHIFIA AT (R — Rl

stream = modeler.script.stream()
annotation = stream.getPropertyValue("annotation")

annotation = annotation + "\n\nThis stream is called \"" + stream.getlLabel() + "\" and
contains the following nodes:\n"

for node in stream.iterator():
annotation = annotation + "\n" + node.getTypeName() + " node called \"" + node.getlLabel()
+ II\II n

stream.setPropertyValue("annotation", annotation)
7RG node @ IEQIE T —MIERA AT RIPIR, IHZFIRT NRITES, ERNTERES
R

This stream is called "druglearn" and contains the following nodes:

type node called "Define Types"

derive node called "Na_to_K"

variablefile node called "DRUG1n"

neuralnetwork node called "Drug"

c50 node called "Drug"
filter node called "Discard Fields"

e BRI LT &,
r42:mENE
JE AR gy JE e A

execute_method Normal

Script




r42: B Ersr)

JE AR Bl JE A

date_format e —"

"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
“DD.MM.YYYY"
"MM.DD.YYYY"
"DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
“MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
“DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

date_baseline G

date_2digit_baseline e

time_format e ——

" HHMM "
"MMSS "
"HH MM : SS"
"HH : MM

"MM:SS"

"(H)H: (M)M: (S)S"
" (H)H: (M)M"

" (M)M: (S)S"

"HH .MM . SS"

"HH .MM

"MM . SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

time_rollover ¥

import_datetime_as_string [Fri&

decimal_places S

decimal_symbol Default
Period

Comma

angles_in_radians R

use_max_set_size T

max_set_size G
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r42: B Ersr)

JB AR B JEPERIA
ruleset_evaluation Voting
FirstHit
refresh_source_nodes bRt FTFAERBITH B SRR o
script string
annotation string
name string W tE My Rk, SRR L
MEIAFR, SRR %R E e AR
PATRTE,
parameters {65 FH 0 1 AT DA MR ST R AS B T
e 248
nodes HEEES T,
encoding SystemDefault
"UTF-8"
stream_rewriting fh/RIE
stream_rewriting_maximise | fi/R{E
_sql
stream_rewriting_optimise_cl fi7RfA
gggcution
stream_rewriting_optimise_sy f7RfA
ntax_
execution
enable_parallelism /R
sql_generation fh/R1E
database_caching fh/RIE
sql_logging /R
sql_generation_logging A/RIE
sql_log_native i/RME
sql_log_prettyprint fh/R1E
record_count_suppress_inp | fi/RIH
ut
record count_feedback_ int | %%}
erval
f/R1E WMEAEN true, ARLIGHERRET

use_stream_auto_create_node_
settings

TRVRE, SR Bk
I,

Al

N
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r42: B Ersr)

JETEA R BmIm JE PERIA
) 1/RIE WIERAEN true, IRLAERTUIFG RS
create_model_applier_for_new ﬁﬂ@%ﬁ*ﬁﬂ%ﬁ&ﬁﬂ‘?{ﬁﬁﬂ«lﬁﬁ
models BB BT REEN, R — Ay
RN FH 2%
T W RIS fE A /2 IBM SPSS
Modeler Batch V15, AR RALE
fi A Hh 2 A AR Y 7 F
create_model_applier_upda| .. . . TE S E B E IR N A5 719 U]
te_llnks createDisabled @E"J%ﬁ%;@@o
doNotCreate
create_source_node_from_b | fi/R{H WHRAEN true, ARLAETRATEERA
uilders TR I BTSSR
ASHYEE BRI, SR I— 8
create_source_node_update| . . ‘ﬁﬁ(ﬁiﬂ?ﬁﬁﬂ?ﬁ%ﬁﬂﬂkmﬁﬁ’ﬂ%ﬁ
_links createDisabled FA,
doNotCreate
has_coordinate_system /RIE WS E N true, HRLKGLIRRAN
TR,
coordinate_system string IRBRHI PR AR R A FR
deployment_area ModelRefresh IEBERAERE T X R E R
Scoring EH None, FRAASS{H FHEAER
None BH,
scoring_terminal_node_id |string EBRP IR, ER PR
TR A ART 201 R
scoring_node_id string IR 7 SR,
model_build_node_id string R A A AT R
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4 9 B P RURTE

AP RAEEN

FPR TR s A MEAT R AIUR, T U2 BT SR B

o5l a

varfilenode = modeler.script.stream().create("variablefile", "Var. File")
varfilenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIn")
varfilenode.setKeyedPropertyValue("check", "Age", "None")
varfilenode.setKeyedPropertyValue("values", "Age", [1, 100])
varfilenode.setKeyedPropertyValue("type", "Age", "Range")
varfilenode.setKeyedPropertyValue("direction", "Age", "Input")

Tl 2
A B 15 IR 5440 Region I07ES, T EFREITHITE,

from modeler.api import StorageType
from modeler.api import MeasureType

# Create a Variable File node that reads the data set containing

# the "Region" field

varfilenode = modeler.script.stream().create("variablefile", "My Geo Data")
varfilenode.setPropertyValue("full_filename", "C:/mydata/mygeodata.csv")
varfilenode.setPropertyValue("treat_square_brackets_as_lists", True)

# Override the storage type to be a list...
varfilenode.setKeyedPropertyValue("custom_storage_type", "Region",
StorageType.LIST)

# ...and specify the type if values in the list and the list depth
varfilenode.setKeyedPropertyValue("custom_list_storage_type", "Region",
StorageType.INTEGER)
varfilenode.setKeyedPropertyValue("custom_list_depth", "Region", 2)

# Now change the measurement to indentify the field as a geospatial value...

varfilenode.setKeyedPropertyValue ("measure_type", "Region",
MeasureType.GEOSPATIAL)
# ...and finally specify the necessary information about the specific

# type of geospatial object
varfilenode.setKeyedPropertyValue("geo_type", "Region", "MultilineString")

varfilenode.setKeyedPropertyValue("geo_coordinates", "Region", "2D")
varfilenode.setKeyedPropertyValue("has_coordinate_system", "Region", True)
varfilenode.setKeyedPropertyValue("coordinate_system", "Region",

"ETRS_1989 EPSG_Arctic_zone_5-47")



K43 BTHRAHEEMN

JETEA R BmIm JEPERGIA
direction Input FE A EEE,
Target g
Both NODE.direction.FIELDNAME
None T EAEEEEHME In Ml out . ERSRIRRAH
A] REEE AT IX LE (B Y S R
Partition
Split
Frequency
RecordID
type Range FERA WEEIZE MR E N Default, A2 KHE
BRATE values BIHI%E, W9 value_mode %
Flag BN Specify, A TCIEEFHLEN Read, MR
value_mode ELI&E N Pass 5% Read, HRLEIEAR
2 type BEMIFM,
Set
g
Typeless
. NODE. type.FIELDNAME
Discrete

Ordered Set

Default

storage Unknown F AR s g JE Tk
String g

Integer NODE.storage.FIELDNAME
Real
Time

Date

Timestamp
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K A3 BT RAEEM (dr4R)

JE 4R Bgkal JE A
check None FBRA G ERG &  EE E 1,
Nullify HiEgK:
Coerce NODE.check.FIELDNAME
Discard
Wazrn
Abort
values [value value] MNFiEsA i) FEmE, $—Nes/ME, &

—PNEERAE, NTHY (BE) FE, WEEEMm
AlH, MREFBImE, B MaRE false, J5—
MERE true, WEIZEMR H3E value_mode
JBVEIRE N Specify, 1#fikanERAEYIRPHIE —1
ERfERT, BN, aRE —MEN TP E, ot
fl e R E Y String,

AiERS

NODE.values.FIELDNAME

value_mode Read W N —IRBEE I B AT ERAER 7
Pass g
Read+ NODE.value_mode.FIELDNAME
Current R, REEBHEEERIRE N Specify; BiH T
EME, FXE values B,
Specify
default_value_mode |Read few s 7 IR B TS 7B,
Pass g
NODE.default_value_mode
ZILE A DU value_mode B, RREF
B T S,
extend_values Fra& 24 value_mode &N Read IR H, &R T

KO ER BRI B E, B F
EFIAEFFAIHTIRRE,

HliEs:

NODE.extend_values.FIELDNAME
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K A3 BT RAEEM (dr4R)

JE kAR BmIm JE A

value_labels string HHEEERE, EFEE, WISLiEEE,

enable_missing Fr& MEN T, BTSN 7 B A AT ER B
R

NODE.enable_missing.FIELDNAME

missing_values [value value ...] FaE RN R BRI EHE (E,
FER

NODE.missing_values.FIELDNAME

range_missing FRa& WEMIREN TH, fEE2ENTERENEEHE (2
H) i,
%R

NODE.range_missing.FIELDNAME

missing_lower string Y range_missing NEN, {EEHAETERNT
R
EERFR AW

NODE.missing_lower.FIELDNAME

missing_upper string Y range_missing NEN, fEEHAETERMN L
PR
ERFR S

NODE.missing_upper.FIELDNAME

null_missing PR SUHEEREN TH, R (ERRFHERN
$null$ HIRE ME) FoRBRIE,

AiERS:

NODE.null_missing.FIELDNAME

whitespace_missing |#fr& LZEHIEE RN TH, (NEETH (33K, HlRFM
BATRY) BUERHCY R (E,

JEERER e

NODE.whitespace_missing.FIELDNAME

description string M THaE T BnSaliiA,
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K A3 BT RAEEM (dr4R)

JB AR B JEPERA

default_include FrRa& M THaEiRa T N B EIBIC R IR B i B 1 -
NODE.default_include
EN/IE
set mynode:filternode.default_include
= false

include PRi& ATt RS2 iR D R AT 1
NODE.include.FIELDNAME

new_name string

measure_type Range / XMz EMES type FIMHEIZAMET, ErlDAHT

MeasureType.RANGE

Discrete /
MeasureType.DISCR
ETE

Flag /
MeasureType.FLAG

Set /
MeasureType.SET

OrderedSet /
MeasureType.ORDER
ED_SET

Typeless /
MeasureType.TYPEL
ESS

Collection /
MeasureType.COLLE
CTION

Geospatial /
MeasureType.GEOSP
ATIAL

TE N5 FEA R E, XAlZAET, 12
Python JIAYwE A, &) PAIA] setter PRIEUR IEHH
—/> MeasureType {H, [ getter ¥ IHZIRME]
MeasureType {H,
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K A3 BT RAEEM (dr4R)

JE AR s JE PR IR
collection_measure |Range / NFEETE GREN MR |, HHEEMEE X

MeasureType.RANGE

Flag /
MeasureType.FLAG

Set /
MeasureType.SET

OrderedSet /
MeasureType.ORDER
ED_SET

Typeless /
MeasureType.TYPEL
ESS

5 IR E(E M SRR I &2,

geo_type Point NS AR, S E T BRI
PR [AD SRR, IX N % 5 IX LEE I FRIRE
MultiPoint —%
LineString
MultilineString
Polygon
MultiPolygon
has_coordinate_syst |fi/R{E TSR FE, R MEE LI FBR S B R
em FR
coordinate_system string PRI R, RS E S E T B A bR

/%\O
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K A3 BT RAEEM (dr4R)

JE AR

B

JE A

custom_storage_type

Unknown /
MeasureType.
WN

String /
MeasureType.
G

Integer /
MeasureType.
ER

Real /
MeasureType.

Time /
MeasureType.

Date /
MeasureType.

Timestamp /
MeasureType.
TAMP

List /
MeasureType.

UNKNO

STRIN

INTEG

REAL

TIME

DATE

TIMES

LIST

XNEZEE NS custom_storage MR A7

T, BRI TE N FBRNESE M XilZAE
T, 1E Python JIAGRE W, IEATDAFA setter BREUE
HBHA— StorageType {H, 1M getter HIAZKIR
[0 StorageType fH,

custom_list_storage
_type

String /
MeasureType.
G

Integer /
MeasureType.
ER

Real /
MeasureType.

Time /
MeasureType.

Date /
MeasureType.

Timestamp /
MeasureType.
TAMP

STRIN

INTEG

REAL

TIME

DATE

TIMES

MNTPNFRTE, R KR ERFiEER,

custom_list_depth

B

MNTHIRTE, B IR E B AIRE,
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K A3 BT RAEEM (dr4R)

JE 4R Bgkal JE A

max_list_length T A& I BB A PR S R e R S ISR, @i
i’@ﬁﬁ'ﬁ%ﬂ DAV E T2 H RIRBEYIR MR A K

max_string_length B S T IC AR, m EAEAERL SQL PAGIIEE RIS

. EWABIRHRATITERRE, RESERF
AR RS KRB A &% 71T H o

asimport [E1%

Analytic Server JE# 4 A] BAfE Hadoop 23X F 248 (HDFS) EiafTifi.

Entl

node.setPropertyValue("use_default_as", False)
node.setPropertyValue("connection",
["false","9.119.141.141","9080", "analyticserver", "ibm", "admin", "admin",6 "false

||,||||,||||,||||,||||])
K 44: asimport B
asimport JB1: BmI JE PERIA
data_source string BHEIR TR
use_default_as /R WS EN True, ALLKEMEAR
% 2% options. cfg XHHECER
& Analytic Server J&H%, %R
BN False, 1H AT A
L7
connection ["string","string", "strin [IX/2H 7 Analytic Server JEH;1¥
g", MEREMYIREME, X h:
"string","string","string|["is_secure_connect",
", "string", "server_url",
"string" ,"string","strin|"server_port",

gu, "String" ,"String"]

"context_root",
"consumer", "user_name",
"password", "use-
kerberos-auth",
"kerberos-krb5-config-
file-path", "kerberos-
jaas-config-file-path",
"kerberos-krb5-service-
principal-name", "enable-
kerberos-debug"], Hrh:
is_secure_connect: fERER
% e2ERE, HHE true 2
false, use-kerberos-auth:
feR B A Kerberos IAIE, H
{E} true 8} false, enable-
kerberos-debug: fEREEH#
fil Kerberos INERETRE R, H
B0 true 8f false,
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cognosimport TS E1E
@ The IBM Cognos J5 77 si M Cognos Analytics HdiEE S A\ EHE,

Nl

node = stream.create("cognosimport", "My node")
node.setPropertyValue("cognos_connection", ["http://mycogsrv1:9300/p2pd/
servlet/dispatch",

True, "", "", ""1)

node.setPropertyValue("cognos_package_name", "/Public Folders/GOSALES")
node.setPropertyValue("cognos_items", ["[GreatOutdoors].[BRANCH].
[BRANCH_CODE]", "[GreatOutdoors]

. [BRANCH] . [COUNTRY_CODE]"1])

& 45: cognosimport 5 B 1%
cognosimport VixigEt: | BHERE JEPEH R
mode Data fEEZS A Cognos il () 2R
He
Ho
Report
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& 45: cognosimport T 2B (445E)

cognosimport 1ifi)E 1k

JE A

cognos_connection

["string",flag,"string",
"string" ,"string"]

HIREE, HAEE Cognos RS asiiE
BEMGEE,
["Cognos_server_URL",
login_mode, "namespace",
"username", "password"]

Hrp:

Cognos_server_URL 2 ETRA
Cognos k55287 URL,

login_mode fa~E & E 4 5%,
FHHN true 5k false; WHRIZEN
true, LML FFEILER "".

namespace 15EMH T EFIRS2RIL S
INUEF R R T

username il password /& H &%
Cognos RS54 H P 4 F1 3R,

R PAEE A DA 77 2R

login_mode:

- anonymousMode, ##:
['Cognos_server_url',
‘anonymousMode ',
“namespace", "username",
"password"]

« credentialMode, fil4l:
['Cognos_server_url',
'credentialMode’,
"namespace", "username",
"password"]

« storedCredentialMode, #il4l:
['Cognos_server_url',
'storedCredentialMode’,
"stored_credential_name"]

Hr, stored_credential_name

SEAENEZEH Cognos FEUERIA4FR,

78 IBM SPSS Modeler 18.5 Python A4 HIF1 B sk f5rE




2% 45: cognosimport TS (44:)

cognosimport 1ifi)E 1k

JE A

cognos_package_name

string

EER RN R AEL AR Cognos Kl
TWHESEMAHR, Flan:

/Public Folders/GOSALES

H: LA IERATAE R

cognos_items

["field""field" ... "field"]

LN — P NN R AFR,
field #8358 [namespace).
[query_subject].[query_item]

cognos_filters T SAFAERTEN N — e DI IR
% No

cognos_data_paramet |43 BB RSEEME, “BR/E" N HETE

ers SN, HEZPMNUES 2R, mE
MNEFFRFETE T 5 Mo
F:
[["param1", "value"],...,["paramN",
"value"]]

cognos_report_direc [T BN S AR BT S s 18 Cognos

tory PEAZ, ol
/Public Folders/GOSALES
H: RAERMTE R,

cognos_report_name |FE% SN BIR E AIHR & A B H AR R
o

cognos_report_param |43 ESERIE, “BFRME N TETE TS S

eters W, HFEZINLUES R, MR
HRHETE 15N,
fg=t:
[["param1", "value"],...,["paramN",
"value"]]

databasenode E1%
£ “BAR " AT TER ODBC (T EE ) M EMEMEGE S A %R,
_ % IX R4S Microsoft SQL Server, Db2 #i1 Oracle 2%,
ANl

import modeler.api

stream = modeler.script.stream()
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node = stream.create("database", "My node")
node.setPropertyValue("mode", "Table")
node.setPropertyValue("query", "SELECT * FROM drugln")
node.setPropertyValue("datasource", "Drugln_db")

node.setPropertyValue("username", "spss")
node.setPropertyValue("password", "spss")
node.setPropertyValue("tablename", ".Drugln")

3K 46: databasenode B4%

databasenode J&1: B JEPERGIA

mode Table BRI, F8EK Table ERERIEHE
FERR, Uil SQL KAEEM Query EIE

Query TERHE

datasource string BHREAR (BIESE FHERE)

username string BIREERIEMEE (BESH NHENE
B .

password string

credential string IBM SPSS WMEFIEREARSS HH &R FEUERY

R, HEMER H T username 1
password JE M, IR H P A%
WA T (R BE 2 F 7 B P 44 F s R DT

At

use_credential BB N True 8¢ False,

epassword string FEE — NI B RS E A A A Hh s % B A Y
punli

AXREXER, ESHMIM H 45 gy ME
RGN GRS o EPRITIERET, It

JE P 5
tablename string F R R LR
strip_spaces None EFEFAT E AT A RS B S A AL T,
Left
Right
Both
use_quotes AsNeeded TeEE BRI L EE R E S H 5 S5
%%Hﬁ”ﬁ@%ﬁ\ (Ban e (1 & 20 ShR s T
Always R o
Never
query string FEE BHR A WPTN MY SOL Zwtid,

1 412R datasource BYEHFRIEHREELIFE S M, IAEEAT AUER UM R N BAERE M, MR
Bf#i ] datasource, username 1 password AN 1
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& 47: databasenode B4 - FETEHIER
databasenode &1 Bimpmy JE ERIA
datasource string s

[database_name,username, passwor
d[,true | falsel]

B 5 — N B G A A 5 6
WA HI N true, A ZATNE
T3 T 2%

NSRRI EAR TR, RIS AN, an RIS AR SO P e RS, WA username B
password J& 1,

datacollectionimportnode B4

- BRI BE ST RN T IR 50 I 6 R B BE iR B itk @ AT &2
Yo IR BRI BE 2R AT T

Nl

node = stream.create("datacollectionimport", "My node")
node.setPropertyValue("metadata_name", "mrQvDsc")
node.setPropertyValue("metadata_file", "C:/Program Files/IBM/SPSS/
DataCollection/DDL/Data/

Quanvert/Museum/museum.pkd")
node.setPropertyValue("casedata_name", "mrQvDsc")
node.setPropertyValue("casedata_source_type", "File")
node.setPropertyValue("casedata_file", "C:/Program Files/IBM/SPSS/
DataCollection/DDL/Data/

Quanvert/Museum/museum.pkd")
node.setPropertyValue("import_system_variables", "Common")
node.setPropertyValue("import_multi_response", "MultipleFlags")
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2 48: datacollectionimportnode B4

datacollectionimportnode

Jg 1t

B

JE PEHA

metadata_name

string

MDSC HJ44FK, %i%k{E DimensionsMDD

FOR N IPRIE BdEEE ToldESr,

] BE A EAE -

mrADODsc

mrI2dDsc

mrLogDsc

mrQdiDrsDsc

mrQvDsc
mrSampleReportingMDSC
mrSavDsc

mrSCDsc

mrScriptMDSC

K9K{E none /R ANTF1E MDSC,

>

metadata_file

string

T B TCRURRISCIFRIAA R,
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& 48: datacollectionimportnode B (44%)

datacollectionimportnode

Jg

B

JE A

casedata_name

string

CDSC fy#4#K, AIRERI(E EAE:

mrADODsc
mrI2dDsc
mrLogDsc
mrPunchDSC
mrQdiDrsDsc
mrQvDsc
mrRdbDsc2
mrSavDsc
mrScDSC
mrXmlDsc

F%k{E none $8/RANFAE CDSC,

casedata_source_type

Unknown

File

Folder

uDbL

DSN

FaH CDSC RYJRSERY,

casedata_file

string

Y4 casedata_source_type 4 File ¥,
& e B & WNME B8 i S

casedata_folder

string

2 casedata_source_type N Foder
INF, DS E B0 & IME R B Sk,

casedata_udl_string

string

24 casedata_source_type 4 UDL I,
9 2 I EE R Y 2R TS & OLD-DB
BT,

casedata_dsn_string

string

24 casedata_source_type & DSN,
HEHEIRTEE ODBC &R T AT,

casedata_project

string

M BEER BelE 2 i ORI E £ R N,
AT DU A TAZRI AR, TP HAth 3
TEBERE, RO IR E A
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& 48: datacollectionimportnode B (44%)

datacollectionimportnode | %% JE PR IR
Ja Tk
version_import_mode All TE SRANE IR T 7

Latest

Specity
specific_version string 24 version_import_mode 4 Specify

IF, e S AL EEARE IR AR,

use_language string TE SR NAE 6 E T 5 PR
language string % use_language [WEN True, MIE X

FANZEAESE, BSRENN
ML £ P B B — P A AR

use_context string ESCRE N SNFFEMN LR, HEERTH
T IX 53 55 e 7 A S R R

context string W% use_context ENE, NEXS
NN, PRI R @ WM E £ R a5 —7T
FIRER,

use_label_type string TE SRS N ST E R,

label_type string W5 use_label_type WMENE, NIEX

TP ARBRERAL,  ARB A N LINE

LR R — ] AR,

user_id string AFER TS ROEGEE, @t fe it
F P FRIFRT RS SR 177 () 248 T

password string

import_system_variables Common TEEESAMLERA L&,
None
All

import_codes_variables Fr&

import_sourcefile_variabl [Fri

es
import_multi_response MultipleFlags
Single
excelimportnode B1%
- Excel 5 A7 siA] M\ Microsoft Excel PA xlsx KRN ANEHE, AERIEE ODBC
EALELT R,
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N/l

#To use a named range:

node = stream.create("excelimport", "My node")
node.setPropertyValue("excel_file_type", "Excel2007")
node.setPropertyValue("full_filename", "C:/drug.xlsx")
node.setPropertyValue("use_named_range", True)
node.setPropertyValue("named_range", "DRUG")
node.setPropertyValue("read_field_names", True)

#To use an explicit range:

node = stream.create("excelimport", "My node")
node.setPropertyValue("excel_file_type", "Excel2007")
node.setPropertyValue("full_filename", "C:/drug.xlsx")
node.setPropertyValue ("worksheet_mode", "Name")
node.setPropertyValue("worksheet_name", "Drug")
node.setPropertyValue("explicit_range_start", "Al")
node.setPropertyValue("explicit_range_end", "F300")

& 49: excelimportnode B4

excelimportnode Jatt: Bmnl JE PR
excel_file_type Excel2007
full _filename string RS (BB
use_named_range /R EREREEERE, WRAE, WA
named_range &M RI5E BEGER, HZ
W& 5T TAERAEGEEREILE,
named_range string
worksheet_mode Index fEE R MIEE R 1A IRE L TIER,
Name
worksheet_index B BB TAERNRS], FHERE—TAE
KRG80, FANTIERNRIIN 1,
RIS HE,
worksheet_name string FRE TAERIIAATR,
data_range_mode FirstNonBlank feErhEuEr 7=,
ExplicitRange
blank_rows StopReading X4 data_range_mode N FirstNonBlank
i, fEEz T
ReturnBlankRows
explicit_range_start string X4 data_range_mode 24 ExplicitRange
i, e 2R EE B R R
explicit_range_end string
read_field_names 1i/R1E fEE RGN RHEETL BN —TTHIETE
() #5,
scanlLineCount B e AR TE, A
B2 200,
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extensionimportnode B1%

E'@_ EIY RGNS, A LUSFT R 8 Python for
& Spark JHIAk S A KR,
Python for Spark {5l

JHHHHF Script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension_importer", "extension_importer")
node.setPropertyValue("syntax_type", "Python")

python_script = """

import spss.pyspark

from pyspark.sql.types import =*

cxt = spss.pyspark.runtime.getContext()

_schema = StructType([StructField('id', LongType(), nullable=False), \
StructField('age', LongType(), nullable=True), \

StructField('Sex', StringType(), nullable=True), \

StructField('BP', StringType(), nullable=True), \
StructField('Cholesterol', StringType(), nullable=True), \
StructField('K', DoubleType(), nullable=True), \

StructField('Na', DoubleType(), nullable=True), \

StructField('Drug', StringType(), nullable=Tzrue)])

if cxt.isComputeDataModelOnly():
cxt.setSparkOutputSchema(_schema)
else:
df = cxt.getSparkInputData()
if df is None:
druglist=[(1,23,'F', 'HIGH', 'HIGH',0.792535,0.031258, 'drugY'), \
(2,47,'M','LOW', "HIGH',0.739309,0.056468, 'drugC'),\
(3,47,'M',"LOW', 'HIGH',0.697269,0.068944, 'drugC'),\
(4,28,'F', 'NORMAL', 'HIGH',60.563682,0.072289, 'drugX'),\
(5,61,'F','LOW', "HIGH',0.559294,0.030998, 'drugY'),\
(6,22,'F', 'NORMAL', '"HIGH',0.676901,0.078647, 'drugX'),\
(7,49,'F', 'NORMAL', 'HIGH',0.789637,0.048518, 'drugY"'),\
(8,41,'M','"LOW', 'HIGH',0.766635,0.069461, 'drugC'),\
(9,60, 'M', "NORMAL', 'HIGH',0.777205,0.05123, 'drugY"'),\
(10,43,'M',"LOW', "NORMAL',0.526102,0.027164, 'drugY')]
sglcxt = cxt.getSparkSQLContext()
rdd = cxt.getSparkContext().parallelize(druglList)
print 'pyspark read data count = '+str(zdd.count())
df = sglcxt.createDataFrame(rdd, _schema)

cxt.setSparkOutputData(df)

node.setPropertyValue ("python_syntax", python_script)

R 351

JHHHE Script example for R
node.setPropertyValue ("syntax_type", "R")

R_script = """# 'JSON Import' Node v1.0 for IBM SPSS Modeler
# 'RISONIO' package created by Duncan Temple Lang - http://cran.r-project.org/web/packages/
RJISONIO

# 'plyr' package created by Hadley Wickham http://cran.r-project.org/web/packages/plyr
# Node developer: Danil Savine - IBM Extreme Blue 2014
# Description: This node allows you to import into SPSS a table data from a JSON.
# Install function for packages
packages <- function(x)i{

X <- as.character(match.call()[[2]])

if (!require(x,character.only=TRUE)){

install.packages (pkgs=x,repos="http://cran.r-project.org")
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require(x,character.only=TRUE)

k
# packages
packages (RISONIO)
packages (plyr)
JHHE This function is used to generate automatically the dataModel
getMetaData <- function (data) {
if (dim(data)[1]<=0) {

print("Warning : modelerData has no line, all fieldStorage fields set to strings")
getStorage <- function(x){ireturn("string")?

t else {

getStorage <- function(x) {1
res <- NULL
#if x is a factor, typeof will return an integer so we treat the case on the side
if(is.factor(x)) {
res <- "string"

t else §
res <- switch(typeof(unlist(x)),

integer = "integer",
double = "real",
character = "string",
"string")

return (res)

3
¥

col = vector("list", dim(data)[2])
for (i in 1:dim(data)[2]) %
col[[i]] <- c(fieldName=names(datal[i]),

fieldlLabel="",
fieldStorage=getStorage (data[i]),
fieldMeasure="",
fieldFormat="",
fieldRole="")

3
mdm<-do.call(cbind,col)
mdm<-data.frame (mdm)
retuxrn(mdm)
3t
# From JSON to a list
txt <- readlLines('C:/test.json')
formatedtxt <- paste(txt, collapse = '')
json.list <- fromJSON(formatedtxt)
# Apply path to json.list
if(strsplit(x="'true', split='
' ,fixed=TRUE) [[1]]1[1]) %
path.list <- unlist(strsplit(x='id_array',6 split=','))

i=1
while (i<length(path.list)+1)4{
if(is.null(getElement(json.list, path.list[i])))1{
json.list <- json.list[[1]]

telsef
json.list <- getElement(json.list, path.list[i])
i<- i+l
¥
3
# From list to dataframe via unlisted json
i<-1

filled <- data.frame()
while(i < length(json.list)+ 1){
unlisted.json <- unlist(json.list[[i]])
to.fill <- data.frame(t(as.data.frame(unlisted.json, row.names = names(unlisted.json))),
stringsAsFactors=FALSE)
filled <- rbind.fill(filled,to.fill)
i<- 1+
%
# Export to SPSS Modeler Data
modelerData <- filled
print(modelerData)
modelerDataModel <- getMetaData(modelerData)
print(modelerDataModel)

node.setPropertyValue("r_syntax", R_script)
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& 50: extensionimportnode B4

extensionimportnode J&: BmI JEPERGIA
syntax_type R FeE BT A - R 162
Python (RZHLEE) o
Python
r_syntax string ZIATH R BRI 5 1ETE,
python_syntax string %ﬁﬁﬁ’ﬂ Python AR5 15
%0

[ SAF T RS MEE PSR (B BOANE R, e MHRIRA BT 46 B

fixedfilenode E1%
L KRR e SR,
ANl
node = stream.create("fixedfile", "My node")

node.setPropertyValue("full_filename",

node.setPropertyValue("record_len", 32)
node.setPropertyValue("skip_header", 1)
node.setPropertyValue("fields", [["Age", 1, 3], ["Sex", 5, 7], ["BP", 9,

10], ["Cholesterol",

12, 22], ["Na", 24, 25], ["K", 27, 277,
node.setPropertyValue("decimal_symbol",

node.setPropertyValue("lines_to_scan", 30)

AL A B A5 0 17 R E Y AN 7 BUAs s A7 i

"$CLEO_DEMOS/DRUG1N")

["Dxug", 29, 32]11)
"Period")

& 51: fixedfilenode B 1%

fixedfilenode &1k B JEPEIA
record_len B+ BB ALK TR
line_oriented bR Bt B 5500 SR R R T
decimal_symbol Default F T HARE TR B3 7 R R A,
Comma
Period
skip_header B R LILFIT SR E RIS T, FTR
WEHBRER
auto_recognize_datetime bR FEELEIRE AR 2 5 B shARIR H BRI [,
lines_to_scan e+
fields HlIZ SR )E 1,
full_filename string BB 2R (RFEEET .
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& 51: fixedfilenode B 1% (444E)

fixedfilenode &1k

B

JE A

strip_spaces

None
Left
Right

Both

TE AN ZF 71T B P R 1

invalid_char_mode

Discard

Replace

MEHER AP BRICA TR (2HE. 0 8
RIGAS R AT TAT) |, BUHTEE R T
P S HIC T

invalid_char_replacement

string

use_custom_values

PR

custom_storage

Unknown
String
Integer
Real
Time
Date

Timestamp
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& 51: fixedfilenode B 1% (444E)

fixedfilenode &1k

B

JE A

custom_date_format

"DDMMYY "

"MMDDYY"

"YYMMDD"

"YYYYMMDD"

"YYYYDDD"

DAY

MONTH

“DD-MM-YY"

"DD-MM-YYYY"

“MM-DD-YY"

"MM-DD-YYYY"

"DD-MON-YY"

“DD-MON-YYYY"

"YYYY-MM-DD"

"DD.MM.YY"

“DD.MM.YYYY"

“MM.DD.YY"

"MM.DD.YYYY"

“DD.MON.YY"

“DD.MON.YYYY"

R PEAETEE H € XA ifasmiE M.
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& 51: fixedfilenode B 1% (444E)

fixedfilenode &1k

B

JE A

"DD/MM/YY"

“DD/MM/YYYY"

"MM/DD/YY"

"MM/DD/YYYY"

“DD/MON/YY"

"DD/MON/YYYY"

MON YYYY

q 0 YYYY

ww WK YYYY

custom_time_format

"HHMMSS "

HHHMMH

"MMSS"

"HH:MM:SS*"

"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"

"(H)H: (M)M"

"(M)M: (S)S"

"HH.MM.SS*"

"HH.MM"

"MM.SS"

"(H)H.(M)M. (S)S"

"(H)H. (M)M"

"(M)M. (S)S"

R PEAETEE B E X A7 ikasIEiE M.

LR S
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& 51: fixedfilenode B 1% (444E)

fixedfilenode J& 1t B JE PR IR
custom_decimal_symbol T HAEEEE T RGN0 A EH,
encoding StreamDefault FeE ORI 75 1%

SystemDefault

"UTF-8"

gsdata_import =@

-.0.1
b

JE AT DA« TP 2 ) T R st S B s TRV S 5 | A B Z I 205 7R,

& 52: gsdata_import T m B 1%

gsdata_import 1inig g3 JEPERIA
full_filename string EWNEINERD shp KR ERR,
map_service_URL string TEH N EE R EHIE RS URL,
map_name string NY{HEH T map_service_ URL i, EMEA
A3, IF B EHE RS A TR S 251
jsonimportnode E1¥
JSON JET7 SM ISON X5 ANEUE
[4SON]

& 53: jsonimportnode &%

jsonimportnode &1k B3 JETEHIA
full_filename string e (RFERER) S
string_format b fEE ISON FrFEtE X, BREEN
records,
{1
auto_label £ V18.2.1.1 FHiHTHH,
sasimportnode B1%
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N/l

node = stream.create("sasimport", "My

node.setPropertyValue("format",
node.setPropertyValue("full _filename",

node.setPropertyValue ("membexr_name",
node.setPropertyValue("read_formats", False)

node")

"Windows")

"Test")

"C:/data/retail.sas7bdat")

node.setPropertyValue("full_format_filename", "Test")
node.setPropertyValue("import_names", True)
& 54: sasimportnode B4
sasimportnode Ja Tk s JEPERGIA
format Windows ZFE IS
UNIX
Transport
SAS7
SAS8
SAS9
full_filename string WA R (EERE)
member_name string FEEENFFE SAS &S F ABIRK
Ao
read_formats bR MFEEAS A S B RS (Bl &
PR o
full_format_filename string
import_names NamesAndLabels FEETE T NI ILER 25 S A FRAIARE /Y 77 10
LabelsasNames

simgennode B1%

RO T R T — R A AR LB R 1A B 5 7 - B PR ERISELE oA KT A6
] B, B N A P S BE s T RO, S R AR A B Eh A R,
AR EAE BT NAFAEANTE TER TR O R PP A B R 855N, X 0B A

& 55: simgennode &%

simgennode Jg 1% B JAPERA

fields gEraE B2 R

correlations ikt IE BEZERA

keep_min_max_setting f/RME

refit_correlations f/RME

max_cases B B/IME N 1000, HwAMEAN
2,147,483,647
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& 55: simgennode B (4#42)

simgennode J& 1 BmIm JEPERGIA

create_iteration_field 1h/R1E

iteration_field_name string

replicate_results 1h/RIE

random_seed TR

parameter_xml string LA BT 2UR [BI 25 XML
fields 7=fjl

SRS E, HIEERWT:

simgennode.setPropertyValue("fields", [
[fieldl, storage, locked, [distributionl], min, max],
[field2, storage, locked, [distribution2], min, max],
[field3, storage, locked, [distribution3], min, max]

D

distribution B AFRHIAH, HAAFRE RS EMEAMR/MEX AIFIER, T ARER AN R 75208

[distributionname, [[parl], [par2], [par3]]]

simgennode = modeler.script.stream().createAt("simgen", u"Sim Gen", 726, 322)
simgennode.setPropertyValue("fields", [["Age", "integer", False, ["Uniform",[["min",6"1"],

["max","2"11], "*, "*]])
fan, ZEAHEMTAEREA IR AT BT, AT A DU RA

simgen_nodel = modeler.script.stream().createAt("simgen", u"Sim Gen", 200, 200)

simgen_nodel.setPropertyValue("fields", [["Education", "Real", False, ["Binomial", [["n", 32],

["prob", 0.7111, ", ""11)

I ERN DN ZE: 0 f prob, BT I A SR R/ IMERIRRME, EIIXW DN SECREN =

?7@%1&%1%
H: BAREEZIXE distribution; FICVKHESE fields B —& .

PAURRBI R RATE AT RER 7 & 2%, 15 E, BI{ESE NegativeBinomialFailures #l
NegativeBinomialTrial H¥J#i AN thresh,

stream = modeler.script.stream()

simgennode = stream.createAt("simgen", u"Sim Gen", 200, 200)

beta_dist = ["Fieldl", "Real", False, ["Beta",[["shapel","1"],["shape2","2"]11], "", ""]

binomial_dist = ["Field2", "Real", False, ["Binomial",[["n" L] ["prob","1"1]1], W)

categorical_dist = ["Field3", "String", False, ["Categorical", [[”A” 0.3], [”B”,G &1, [”C” 0.2111, ", ""]

dice dist = ["Fieldd", "Real®, False, ["Dice". [["1" ."8.5"],["2","@. 57179, "l e

exponential_dist = ["Field5", "Real", False, [”Exponentlal”, [[”scale”,”l”]]] ””, "

fixed_dist = ["Field6", "Real", False, ["Fixed", [["value","1" 1171, "", ""]

gamma_dist = ["Field7", "Real", False, [”Gamma [ scale”,”l”] [”shap ',” 1"111, ", "]

lognormal_dist = ["Field8", "Real", False, [" Lognormal“ [Lva™, "2n], [*by, " J17, “v, e

negbinomialfailures_dist = ["Field9", ”Real” False, [”NegatlveBlnomlalFallures” [[”prob” "0.5"],["thresh","2"11]1, "", ""]
negbinomialtrial_dist = ["Field10", "Real", False, [" NegativeBinomialTrials", [["prob","0.2"], ["thresh®,"1"117, "*, "]
normal_dist = ["Field11", "Real", False, [”Normal” [["mean","1"] ,["stddev","2"1]1], "", ""]

poisson_dist = ["Field12", "Real", False, ["Poisson", [["mean", “1“]]] e,

range_dist = ["Field13", "Real", False, ["Range", [["BEGIN" "[1,31"] ,["END" "[2,4]"]1,["PROB","[[0.5],[0. 5]]"]]] e,
triangular_dist = ["Field14", "Real", False, [”Trlangular [["min","0"], ["max","1"], ["mode","1"]1], **, ™

uniform_dist = ["FieldlS", "Real", False ["Unlform [[umlnu ||l||]’[ max", ||2||]]]’ w ||||]

weibull dist = ["Field16", "Real". False. ["Weibull". [["a","0"],T"b","1 "1, [*c" "1"177, ", "]

simgennode.setPropertyValue("fields", [\
beta_dist, \

binomial_dist, \
categorical _dist, \
dice_dist, \
exponential_dist, \
fixed_dist, \

gamma_dist, \
lognormal_dist, \
negbinomialfailures_dist, \
negbinomialtrial_dist, \

94 IBM SPSS Modeler 18.5 Python I ZwHIF1 B 3L TE R



normal_dist, \
poisson_dist, \
range_dist, \
triangular_dist, \
uniform_dist, \
weibull_dist

D

AR
XRAES I, HIEAR:

simgennode.setPropertyValue("correlations", [
[fieldl, field2, correlation],
[fieldl, field3, correlation],

[field2, field3, correlation]

1

MR DUEN T +1 5 -1 Z AR ET ST,

AT DRIE TR 2R AR, R TEE R R BRI B

N 0o WRAFEAEMARMTEL, I2NOREAARMEERE (B%) RIREMARME, HULOSORERIZE,
WRGFAERATE, I2TCEPIT R

statisticsimportnode B1%

S~ IBM SPSS Statistics X4 M IBM SPSS Statistics {#FHRY .sav L& R DU ARTELE
' IBM SPSS Modeler &R~ (H AR SEEdE,

ArRETEBUHENER, ESHE 377 Y Tstatisticsimportnode JE 1 o

tmlodataimport H = EHE

IBM Cognos TM1 JE 15 55 M Cognos TM1 88 /& S A58,

& 56: tmlodataimport T 2@

tmlodataimport 1ir)E Mk sl JETERGIA
credential_type inputCredential 8% | e UEREL,

storedCredential

input_credential

LS

Y4 credential_type 4 inputCredential
I feEE. PR,

stored_credential_name

string

1f credential_type Jy
storedCredential i, 5% C&DS AR%s#s L
EUERI TR

selected_view

["field" "field"]

HIRENE, HAPEENE TML Z24E80RERF
S B DA ZE M HREUIE 5 B SPSS Y22 415K
TEEME R, Bilan:
TM1_import.setPropertyValue("selec
ted_view", ['plan_BudgetPlan',
'Goal Input'])

is_private_view

PR

67 selected view ZEHEMEME, HE
{4 false,
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& 56: tmlodataimport T 2B M (4¥4E)

tmlodataimpoxt ¥isi)EM: bi8 | JETERGIA
selected_columns ["field" ] feEpmEy);, HeetsE— M,
filan :

setPropertyValue("selected_columns
", ["Measures"])

selected_rows ["field" "field"] FEEPTIZELT,
fian:
setPropertyValue("selected_rows",
["Dimension_1_1", "Dimension_2_1",
"Dimension_3_1", "Periods"])

connection_type AdminServer fEmiERR A, BRE{EN AdminServer,

TM1Server

admin_host string REST API Y FEALAM URL, 4R
connection_type & AdminServer, Nt
JE MR TRI

server_name string M admin_host Hi%EFEM) TM1 RS #1044
FR. U5 connection_type /&
AdminServer, WEMZHFERN,

server_url string TM1 fiR55%% REST API B URL, 415R

connection_type /& TM1Server, MitjEM:
T,

tmlimport T REE (FHE)

IBM Cognos TM1 JE 13 s M Cognos TM1 8/ S A EUE,

1 1% HTE Modeler 18.0 R, BT ARG FRZ tmIodataimport,

& 57: tmlimport TTREM

tmlimport 1isniEtk biG | JEPERGIA
pm_host string : (U&EH T v16.0 f1Vv17.0,
FH 4.

TM1_import.setPropertyValue("pm_ho
st", 'http://9.191.86.82:9510/
pmhub/pm* ) fil4n:

tml_connection

["field","field", ... ,"fi

eld"]

¥: {G&ER T V16.0 F1V17.0,

HIFE M, HAPEE TML RS BSHERELIE
o 18X !

[ "TM1_Server_Name", "tml_
username","tml_ password"]

TM1_import.setPropertyValue("tml_c
onnection", ['Planning Sample',
"admin" , ||app1e||]){§uﬁn:
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& 57:tmlimport T 2B (H4)

tmlimpoxt Vi g1k

B

EiR

selected_view

["field" "field"]

HIRENE, HAPEEANE TML Z24EE0EERTF
M5 B DA M HIEHE 5 A\ B SPSS Y2 4EEL
PRI,
TM1_import.setPropertyValue("selec
ted_view", ['plan_BudgetPlan',
'Goal Input'])fan:

selected_column

["field" ]

fEERES); HEEEE— 1M,

setPropertyValue("selected_columns
", ["Measures"])fl4n:

selected_rows

["field" "field"]

TRERMIELT,

setPropertyValue("selected_rows",
["Dimension_1_1", "Dimension_2_1",
"Dimension_3_1", "Periods"])#il4n:

twcimport BB

TWC JE5 s M The Weather Company, an IBM Business § A RS E IR,  ER] DAFE
‘ ERARBE — A B J7 B R <, X AT AT Bl & RSN B S5 iR TT %8, DA
{585 FH AT R ) e R A RSB A B R P R B

& 58: tweimport TR B M

twecimpoxt Vg Bimn JE YRR
TWCDataImport.latit |34k DIk [-90.0790.0] &L EE
ude

TWCDataImport.longi |34
tude

DIt [-180.07180.0] HEELEE,

seKey

TWCDataImport.licen |(string

F67E M The Weather Company FEE 4
ALIEZEEA,

TWCDataImpozrt.measu
rmentUnit

Metric

Hybrid

English

e ERBNAL, FIRERYEY English,
Metric 8 Hybrid, Metric ZHtH
{E,

ype

TWCDataImport.dataT |Historical

Forecast

EE B AR EIERAL, rIRERIE
f& Historical 5f Forecast,
Historical EHE1{HE,

TWCDataImport.start |#&%k
Date

4nEH TWCDataImport.dataType &
7E Historical, WIPAE yyyyMMdd
FEEF 4 H L,

TWCDataImport.endDa |%&%k
te

nEh TWCDataImport.dataType &
JE Historical, MPMER yyyyMMdd
FEESE R H I,
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& 58: tweimport TSR B (4 5:)

twcimport 1)@k By JE PR

TWCDataImport.forec |6 s TWCDataImport.dataType 15

astHour JE T Forecast, NHEE 6. 12, 24 5
12 48 1E N/ NHE,
24
48

userinputnode B4

; PR AT AR T — R T O ER S BRI R B 753K - AT DAMSKITAR 01t AT LOd
_ NEUEA BRI TARE, Y RAERE M, B, R AR AR R
— i, BIATAE A T

Nl

node = stream.create("userinput", "My node")

node.setPropertyValue("names",
node.setKeyedPropertyValue("data",

["testl",
"testl", "2, 4, 8")

"test2"])

node.setKeyedPropertyValue ("custom_storage", "testl", "Integer")

node.setPropertyValue("data_mode", "Ordered")
& 59: userinputnode &%
userinputnode J@ 1k byt | JRPERA
data
names BEEBOR[E] T R AR R B AR ZR S
TfLIEIE,
custom_storage Unknown A T B SR A AN 7 B A7 R EIE,
String
Integer
Real
Time
Date
Timestamp
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& 59: userinputnode B4 (4k4R)

userinputnode Jg1k: bi8 | JEPERGA
data_mode Combined WSS T Combined, ARAE(E AN &

INBKRAER NGB E B — MR,

ordered A RIS B T BN F B P ENEE Rk
., WRIEE T Ordered, ALKMNED
IERIE—F IR — ME, DMEAER—1T
g, R REET NS5 FEAER
PR KB, NP E SR ER DT B
nEE,

values 1E: HEMEH userinputnode. data B

R, NRYESHE,

variablefilenode EB1%
—=— B HAS S s S B A8 SN BOORS R EdE, B, Hidsf S EEEEn
_ FE, BHESANEHETFRR, O T BEEREE K E RSO FI R E 2K
AU S AR A H
il
node = stream.create("variablefile", "My node")
node.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
node.setPropertyValue("read_field_names", True)
node.setPropertyValue("delimit_other", True)
node.setPropertyValue("other", ",")
node.setPropertyValue("quotes_1", "Discard")
node.setPropertyValue("decimal_symbol", "Comma")
node.setPropertyValue("invalid_char_mode", "Replace")
node.setPropertyValue("invalid_char_replacement", "|"
node.setKeyedPropertyValue ("use_custom_values", "Age", True)
node.setKeyedPropertyValue("direction", "Age", "Input")
node.setKeyedPropertyValue("type", "Age", "Range")
node.setKeyedPropertyValue("values", "Age", [1, 100])
& 60: variablefilenode B 1%
variablefilenode J& 1 B JaPER IR
skip_header e FEIE B 4R ISR SR Z R Y A 5K
num_fields_auto PR B S50 R FEBRE, IR
DA TR 1k
num_fields G FateE B HKIDRH T
delimit_space FrRi& FeE SR T RIE T BOA R AT
delimit_tab ) VR
delimit_new_line PR
delimit_non_printing bri&
delimit_comma bR 1E1E B LR B BRI SR I/ INE S 7y
FEFFEIE LR, E% delimit_other i%
B true, FH{HEH other BIHIEEIESE
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& 60: variablefilenode B4 (4442)

variablefilenode J& 4 B JEPEA
delimit_other bR ARVFEME other B e E R 7 FETT,
other string 1£ delimit_othex N true i, fe@EfE
FHH)E FLAF
decimal_symbol Default fe & T BAR A -2kl 0 BR T
Comma
Period
multi_blank PR B2 MBS E AT — D —E R
FFALEE,
read_field names bR KRR S S — TR IR
strip_spaces None £ AN EFFFRF R Em Al R R 2
o
Left
Right
Both
invalid_char_mode Discard MEHER AP BRTICA TR (ZME, 080y
ARSI AR , SR ER 3
Replace FRF S BT
invalid_char_zreplacement string
break_case_by_newline Fris 6T E R N EATIF
lines_to_scan I feE BB AT
auto_recognize_datetime bri& e TREARF B S B SRR H BAs
[E18
quotes_1 Discard TESNEHRT [ SHEETT A,
PairAndDiscard
IncludeAsText
quotes_2 Discard Eisns PNEPY CIRS SIS v
PairAndDiscard
IncludeAsText
full _filename string FRE SR (BEE S S
use_custom_values ) TV
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& 60: variablefilenode B4 (4442)

variablefilenode J& 1k

B

JETERA

custom_storage

Unknown
String
Integer
Real
Time
Date

Timestamp

LR S

of

AJEM 101




& 60: variablefilenode B4 (4442)

variablefilenode J& 1k

B

JETERA

custom_date_format

"DDMMYY"

"MMDDYY"

"YYMMDD"

"YYYYMMDD"

“YYYYDDD"

DAY

MONTH

"DD-MM-YY"

"DD-MM-YYYY"

"MM-DD-YY"

"MM-DD-YYYY"

"DD-MON-YY"

"DD-MON-YYYY"

"YYYY-MM-DD"

"DD.MM.YY"

"DD.MM.YYYY"

"MM.DD.YY"

"MM.DD.YYYY"

“DD.MON.YY"

“DD.MON.YYYY"

HRAETRE 1 EhlfrifasiIs ol M A&
Ho
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& 60: variablefilenode B4 (4442)

variablefilenode J& 1k

B

JETERA

“DD/MM/YY"

“DD/MM/YYYY"

"MM/DD/YY"

“MM/DD/YYYY"

“DD/MON/YY"

"DD/MON/YYYY"

MON YYYY

q Q YYYYy

ww WK YYYY

custom_time_format

"HHMMSS"

"HHMM"

"MMSS"
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"
"(H)H.(M)M. (S)S"
"(H)H. (M)M"

“(M)M.(S)S"

HREERE T ERf7iEasiIB 0oL N A&

Mo

LR S

of
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& 60: variablefilenode B4 (4442)

variablefilenode J&1% BRI JE PEfA
custom_decimal_symbol T HEERE T ERFigaRIE N N A 1S
Mo

encoding StreamDefault FeE SCRYRES 75 150
SystemDefault
"UTF-8"

xmlimportnode ¥
“XML J5" 5 R XML AS I EEE S A2, AL AR S, ] DAF AR H %
[<XML>| HRIRTA SCIE, AT DUESR IS S fF, DA M A ISZER XML 4544,
ol

node = stream.create("xmlimport",
node.setPropertyValue("full _filename",
node.setPropertyValue("records",

"My node")
"c:/import/ebooks.xml")
"/author/name")

& 61: xmlimportnode &%

xmlimportnode J& 1k B JETERGIA

read single EBCEANEIE S () |, sERFRIAT
A XML 3,

directory

Trecurse PR fEE RS B IMEETEE H =T E T &+
[l XML S

full_filename string (T B XML RS2 R RR 2R
X4 (AR read = single) o

directory_name string (WBF) BT A XML AR E R 5E
PRI (A0SR read =
directory) .

full_schema_filename string FEMHIEE XML Z549 19 XSD #¢ DTD X fF
HITEEEBRIZ RN 44, INSRIRERE T S
£, M XML JESCPRHR RS A

records string XPath #JAzX (40, /author/name) ,
FDUE SOE RO 5. BHIRAE TR S8R
TR, ERR AL,

mode read A EEE GRE) [, SdEE S
H,

specify
fields FESAWIE CoEMEMN) 7R, FI%R

FRIEEIICN XPath RIET,
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¥ 10 &

TSR R T

appendnode B1¥

= BTN RATIERZHICR, 556, el DT REHREUE N ARFEEESEH
S,

N/l
node = stream.create("append", "My node")
node.setPropertyValue("match_by", "Name")
node.setPropertyValue("match_case", True)
node.setPropertyValue("include_fields_from", "All")
node.setPropertyValue("create_tag_field", True)
node.setPropertyValue("tag_field_name", "Append_Flag")
& 62: appendnode B1%
appendnode JE Bgn JE Vg
match_by Position A] DIARE 7 B AE 3 5m TR A o 2 B Bl AR
PR B AR SR B g s £
Name
match_case Fr& VERE 7 BRI JE X 0 KNG
include_fields_£from Main
All
create_tag_field ) TV
tag_field_name string

aggregatenode E1¥

Nl

node

LI T RO — R AL SR 2 i AT B IR

>

= stream.create("aggregate", "My node")

# dbnode is a configured database import node
stream.link(dbnode, node)

node.
node.
node.

node

node.
node.
node.

setPropertyValue("contiguous", True)
setPropertyValue("keys", ["Drug"])

setKeyedPropertyValue("aggregates", "Age", ["Sum", "Mean"])
.setPropertyValue("inc_record_count", True)
setPropertyValue("count_field", "index")

setPropertyValue ("extension", "Aggregated_")

setPropertyValue("add_as", "Prefix")




2 63: aggregatenode B4

aggregatenode Ja Tt BmI JEPERGIA
keys 5| 2% HIH AT RSB, flan, 05k Sex
fll Region B FE, LEBXIBNFIS
M A1 F A E—HE (W E—HE)
R EA — KRR,
contiguous FRa& qn SR A E S A B A R BE R R 1D %
' N—H, AR UL (fan,
WIS R B LR AN THE ) o IXFE
B TR & MEGE,
aggregates —RMhErEY:, eI EERHITICER
WP FE DA Frize AT s
aggregate_exprs HENE, WMAIREFBRATRANATIHE
AR R RIEA,  Hilan:
aggregatenode.setKeyedPropertyValue
("aggregate_exprs", "Na_MAX",
"MAX('Na')")
extension string NEEIESFEASENMSEER (B
™ ®
add_as Suffix
Prefix
inc_record_count Fris S-SR, ZTFEBIEENEREA
ICEIESRICE T2/ ML,
count_field string i E A5 NEY S
allow_approximation 1/R{E 1 Analytic Server A TIL S Fe VR T
(A Y5 25 0 e
bin_count B feEZAE I G s F A 0 ek
balancenode B4
“C T R T A AR R PR, DU HGEIE S € 2t I thHE S RAE
> FE7E R B BE A BT I P o 19 el
AN

node = stream.create("balance",

"My node")

node.setPropertyValue("training_data_only", True)
node.setPropertyValue("directives", [[1.3, "Age > 60"], [1.5, "Na > 0.5"]1])

K 64: balancenode B

balancenode J& 1% Bmrmy JE RS
directives MRIETE B T - 7 B E LBl s/ L g

(B TEERED .
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X 64: balancenode B (44%)

balancenode &

BRA

JETERA

training_data_only

PR

TR OO B R, R AEER X
T, NREZIEI,

I U P DA RS

[[ number, string 1\ [ number, string] \ ... [number, string ]]o

H: ERAEFRIRAHRA T EH (ERXNE1S) |, IRAHHEIXE TR ERRTHANEE P F "\ " "\
"R RATIES T, NTEMTER N, AT DU R AR R R R

cplexoptnode B 1%

f&B)) CPLEX Optimization i, W] DUBILLImIZIES (OPL) BB AR AT
% RIS 7807, ILIDIRERIE RS2 52 H# 1Y IBM Analytical Decision Management 7= i

W, (HS2, EATLAfE SPSS Modeler i CPLEX i, M7 IBM

Analytical Decision Management,

& 65: cplexoptnode B1E

cplexoptnode J&:

B

JE A

opl_model_text

string

¥ 1 CPLEX Optimization ¥ iz f7HA ak
ﬁﬂc%%ﬂ’ﬂ OPL (RALZmPZIES) MIARE
Yo

opl_tuple_set_name

string

IXJ2 OPL RIS N 5 NSRRI T S
BE. XANBOTN, FHEFARET
A TIRE, BRNAUH T i fa
TRH 7 BIRE

data_input_map

SRR TERISIR

BARIRATR N 7B, X AR,
I B ARIEL AR T E, BN
TomE TG R PR A 7 B
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& 65: cplexoptnode B (447)

cplexoptnode J&:

B

JE A

md_data_input_map

SRR TERIZ R

OPL HE XY E & & R 7 B diE IR (A
%R WA T 2 R FERRG,
FR] DRI B P B e, HodE AT gl
AR, Al DB EE A — R E
FTPEBUN, HIRER TR A,

HIR AR HIEE D SRR SR G A (LR -

BRIbRIL, PIESIRIR Fhigl Rz
FIEEIREARIC, B, XF
0_Products_Type, FRiCHN 0,

Ryl LdRIRMERFY (R
5D o IXHERENTE,

PV, BURIEMIEY S R o IXA]
AR IR gl Rk, i, *F
0_Products_Type, JETIHAN
Products,

BRI R B TiEHE2YH1 CPLEX
Optimization i mIFER T . GERE) o
IXA] DATEER TR N Hv R EkE ], Hlan,
Xt 0_Products_Type, CJERT SN
Typeo

TCHEA B, FURRITTHE S BT,
B OPL HE N UEEL,
LT, FURRENTTHE S TERA
o BEHS OPL STHE S E X HE X
SEUNLTS

AR, FEAFOEREY, mlREmEN
int, float & string,

BB B AR, BEREN AR,
il

[[0,0, 'Product', 'Type', 'Products', 'pr
od_id_tup','int', 'prod_id'],

[0,0, 'Product', 'Type', 'Products', 'pro
d_name_tup', 'string’,

"prod_name'],

[1,1, 'Components', 'Type', 'Components'

"comp_id_tup','int', 'comp_id'],

[1,1, 'Components', 'Type',
"Components', 'comp_name_tup', 'string’
, 'comp_name']]

opl_data_text

string

T OPL [ —£75 B s BRI E o

output_value_mode

string

AJREAYME N raw Bk dvar, WHRIEE T
dvar, HRZH T ALE S iET R Efs
SE OPL HH it B 5 R £ B 4498
WERAEE T raw, AL EESH BARE
¥, m5H/MmIER,
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& 65: cplexoptnode B (447)

cplexoptnode J&: BHmm JE PR R
decision_variable_name string OPL H7E 1Y HFReRE R &R, 1Y

output_value_mode EMiIXEN
dvar, A<EHILEME,

objective_function_value_ |[string FE A A Y B AR R B E B R4 R
fieldname & {EN _0BIECTIVE,
output_tuple_set_names string NREARFIITUE Ot AR, e E

FYRFLRARG], I P E s
i TR, “HHioTd” WAS OPL H
IR R E N —%, WREZNES,
IBLTCHBFRAIIES (,) E#,
BT — N REIN Products, HHRNAY

OPLEX N dvar float+
Production[Products];

Z N ITH— RN

Products, Components, tHMNfJ OPL &
X W dvar float+
Production[Products]

[Components];

decision_output_map gER R MERIFIZR OPL A& S ki Al = B A &
Z BB g, FIRAPIENILAER 2
SERC B AR -

WA, OPL A3k H 2 &4/,
A, mIEERIE R int, float 8¢

string,
Wi BRAM, SR Gattisisd) iy
ZNE

[['Production', 'int', 'res'],
['Remark', 'string', 'res_1']['Cost',
'float', 'res_2']]

derive_stbnode E1%
\ “z3 B N AT BRI 0 SRR AR . AN R I FEIRAE T =S [EI RIRR A, I8 RT BA
& 23 I B A ) B,
ANl
node = modeler.script.stream().createAt("derive_stb", "My node", 96, 96)

# Individual Records mode

node.setPropertyValue("mode", "IndividualRecords")
node.setPropertyValue("latitude_field", "Latitude")
node.setPropertyValue("longitude_field", "Longitude")
node.setPropertyValue("timestamp_field", "OccurredAt")
node.setPropertyValue("densities", ["STB_GH7_1HOUR", "STB_GH7_3OMINS"])
node.setPropertyValue("add_extension_as", "Prefix")
node.setPropertyValue("name_extension", "stbh_")
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# Hangouts mode

node.setPropertyValue("mode", "Hangouts")
node.setPropertyValue("hangout_density", "“STB_GH7_30MINS")
node.setPropertyValue("id_field", "Event")
node.setPropertyValue("qualifying_duration", "3OMINUTES")
node.setPropertyValue("min_events", 4)
node.setPropertyValue("qualifying_pct", 65)

& 66: “= IR [E]FRE] T R B M

derive_stbnode J& 1k B JEPERGIA

mode IndividualRecords

Hangouts

latitude_field TR

longitude_field FE

timestamp_field EA5

=
et

PR, 7520 densities DATIRER
FR B EE ME

hangout_density

densities [density,density,..., HNEER R NS, il
density] STB_GH8_1DAY,

T N TR AR, AR, T
geohash, FJDA# A GHL 2 GH15 HIME,
XtF temporal #B5r, FIDAEH RFIME:

EVER
1YEAR
AMONTH
1DAY
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2HOURS
1HOUR
30MINS
15MINS
10MINS
5MINS
2MINS
IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SEC

id_field T
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& 66: “=a)BYE)RE T B (L)

derive_stbnode J& 1k

BRA

JETERA

qualifying_duration

1DAY
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2Houzrs
1HOUR
30MIN
15MIN
10MIN
5MIN
2MIN
1MIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SECS

IR T Efo

min_events

Eice

/A REEUEN 2,

qualifying_pct

e

T 15 100 Z (A,

add_extension_as

Prefix
Suffix

name_extension

string

distinctnode B4

“DXo7 T RUEIE R SR — DX ME SRR BAER, B EE BFE - MERIFREM
=t HE IR E R, BERESRILR,

Nl

node = stream.create("distinct", "My node")

node.setPropertyValue("mode",

node.setPropertyValue("fields",

"Include")
[IIAgeII IISeXII])

node.setPropertyValue("keys_pre_sorted", True)

X 67: distinctnode B

distinctnode J& 1 Bkl JE A

mode Include BER] DA 38— SR X e G E IR R A,
WA UAEFF KX PERFIFEMELID

Discard SRABIE AR

grouping_fields SZIES H AT il 2 SR 7B,
7E: M IBM SPSS Modeler 16 2, ARHEfE{E
g,

composite_value ERI S EZ AR R,

composite_values SER LG EZ AR,
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X 67: distinctnode B4 (440)

distinctnode g1k BmIm JEPERGIA

inc_record_count bR SE—MIINFE, ZTFBIEENERE5
ICEIERILE T 20 &5 5%,

count_field string faE Il R BT B A FR

sort_keys Gl e, 7E: M IBM SPSS Modeler 16 #2, it (il
e,

default_ascending ) TV

low_distinct_key_count |Fri& fe B A BA /D B0 SR /e D B B —
{H,

keys_pre_sorted Fri& feE A M FRERN T A ISR E M A7
1E—it,

disable_sql_generation |#ii&

composite_value B85
composite_value JB8 M —RAs=an T~

node.setKeyedPropertyValue ("composite_value",

FILLOPTION k%=l [ FillType, Optioni,
R

node.
node.
node.
node.
node.
node.
node.
node.
node.

setKeyedPropertyValue("composite_value",
setKeyedPropertyValue("composite_value",
setKeyedPropertyValue ("composite_value",
setKeyedPropertyValue("composite_value",
setKeyedPropertyValue("composite_value",
setKeyedPropertyValue ("composite_value",
setKeyedPropertyValue("composite_value",
setKeyedPropertyValue("composite_value",
setKeyedPropertyValue ("composite_value",

FIELD, FILLOPTION)

Option2, I
IIAgeII , [IIFiIStII])
IIAgeII' [Illastll])

IIAgeII’ [IITO.talll])
"Age", ["Average"])
IIAgeII' [IIMinII])

IIAgeII’ [IIMaXII])

"Date", ["Earliest"])
"Date", ["Latest"])
"Code", ["FirstAlpha"])

node.setKeyedPropertyValue ("composite_value", "Code", ["LastAlpha"])
ERNEFREZNELE, X HLE IR G N, Filan:
node.setKeyedPropertyValue("composite_value", "Name", ["MostFrequent", "FirstRecord"])
node.setKeyedPropertyValue ("composite_value", "Date", ["LeastFrequent", "LastRecord"])
node.setKeyedPropertyValue ("composite_value", "Pending", ["IncludesValue", "T", "F"])
node.setKeyedPropertyValue("composite_value", "Marital", ["FirstMatch", "Married", "Divorced",
"Separated"])
node.setKeyedPropertyValue ("composite_value", "Code", ["Concatenate"])
node.setKeyedPropertyValue("composite_value", "Code", ["Concatenate", "Space"])
node.setKeyedPropertyValue ("composite_value", "Code", ["Concatenate", "Comma"])
node.setKeyedPropertyValue ("composite_value", "Code", ["Concatenate", "UnderScore"])

composite_values EBi$rIRMH
composite_values B —BAE={a0 T

node.setPropertyValue("composite_values", [
[FIELD1,
[FIELD2,

1)

[FILLOPTION1]],
[FILLOPTION2]],
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I

node.setPropertyValue ("composite_values",

IIA eII [IIFiIStII]]'
Name ["MostFrequent",

[

[ "First"]],
[“Pendlng“ ["IncludesValue",
[

[

IITII]] ,
"Marital", ["FirstMatch",
"Code", [”Concatenate”, "Comma"]]

D

extensionprocessnode &%

"Married",

L

"Divorced", "Separated"]],

A

Python for Spark {5l

JHHHF script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node =

node.setPropertyValue("syntax_type",

process_script = """

import spss.pyspark.runtime

from pyspark.sql.types import x

cxt = spss.pyspark.runtime.getContext()

if cxt.isComputeDataModelOnly():
_schema =

StructField("Sex",

stream.create("extension_process",
"Python")

StructType ([StructField("Age",
StringType(),

Y RA T L, A DR R R, R
F R B % 5 8% Python for Spark [HIA% S Xﬁ?iﬁzjﬁ
N7 FH 25 e,

"extension_process")

LongType(), nullable=True), \
nullable=True), \

StructField("BP", StringType(), nullable=True), \
StructField("Na", DoubleType(), nullable=True), \
StructField("K", DoubleType(), nullable=True), \

StructField("Drug", StringType(),

cxt.setSparkOutputSchema(_schema)
else:

df = cxt.getSparkInputData()

print df.dtypes[:]

_newDF = df.select("Age", "Sex"

print _newDF.dtypes[:]

cxt.setSparkOutputData(_newDF)

nullable=True)])

, "Bp" , ||Na|| , g , ”Drug”)

node.setPropertyValue ("python_syntax", process_script)

R 351

JHHHF script example for R
node.setPropertyValue ("syntax_type",
node.setPropertyValue("r_syntax",
next_day<-day + 1
modelerData<-cbind(modelerData,next_day)

IIRII)
"""day<-as.Date(modelerData$dob, format="%Y-%m-

9%d")

varl<-c(fieldName="Next day",fieldlLabel="",6fieldStorage="date",fieldMeasure="",6fieldFormat="",

fieldRole="")

modelerDataModel<-data.frame(modelerDataModel,varl)""")

%10 = ICRBET BN 123



2% 68: extensionprocessnode @14

extensionprocessnode Jgi | HdiE3K JE PR IR
T
syntax_type R FeEIB1TNMEA - R B2 Python (R /2t
HH) .
Python
r_syntax string ZIATH R BRI 5 1ETE,
python_syntax string FIA1THY Python BIA SR 5 181X,
use_batch_size Fris SRR LA,
batch_size I e BB TE B MR P EIEIC R E &,

convert_flags

I TR br S 7 B

StringsAndDoubles
LogicalValues
convert_missing FrRa& FT R RAE R R NA ERTIZIT,
convert_datetime bR HETAH TR 2 H #AEL H BRI A N2
RN R HHEA/EH RS,
convert_datetime_class [ ... . IX LRI A e e = H s H HAR A A% X
POSIXIt M2 B 288 X

mergenode 1%

“BIH TN RERZ MAICK, HEREESFEE SRR A T RIR M Il X

> NTEHREAREDE AFFEAH, HlanAEz S T sE N g HHEdE,
NGl
node = stream.create("merge", "My node")

# assume customerdata and salesdata are configured database import nodes
stream.link(customerdata, node)

stream.link(salesdata, node)

node.setPropertyValue("method", "Keys")
node.setPropertyValue("key_fields", ["id"])

node.setPropertyValue ("common_keys", True)
node.setPropertyValue("join", "PartialOuter")
node.setKeyedPropertyValue("outer_join_tag", "2", True)
node.setKeyedPropertyValue("outer_join_tag", "4", True)
node.setPropertyValue("single_large_input", Tzue)
node.setPropertyValue("single_large_input_tag", "2")
node.setPropertyValue("use_existing_sort_keys", True)
node.setPropertyValue("existing_sort_keys", [["id", "Ascending"]])
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& 69: mergenode B 1%

mexgenode Jg 1t Bkl JE A
method Order FEE ISR S U IEEHE S B 7RI
FifTEI, BEEHA—- MR TECR
Keys BHERTEPEESHEEERIER, &2
BIEWEfEE KRG IET,; FRHR
. IR AT DAFE MR i3 I3 T 72 22N DR IR
Condition HATHERE,
Rankedcondition
condition string 5% method XE N Condition, fEEfHE
EFICRI S
key_fields A2
common_keys PR
join Inner
FullOuter
PartialOuter
Anti
outer_join_tag.n Fri& fEEYE, n B EEERE NIGES 2
RIFRIES, R, ATDMEEZMRIEA,
R E R R B TCiE R A e RI]
o
single_large_input PRt fEEBRAHATMAL, DA — A5 H Atk
ML EA — MR ER BB,
single_large_input_tag |string VR REAR R R IERE [ R E AR
4. HEEE, ZEWNHES
outer_join_tag JEBMEMAEIEAE RF (bR
WE5FFE) , BEOUETE Resfee —MA
RS,
use_existing_sort_keys |Fri& fEEMANEZ S CMRE— M DT

HATHT

existing_sort_keys

[['string, 'Ascending']\
['string", 'Descending']]

faE EHER I 7 BN HAHE T 751,

primary_dataset string 45 method 2 Rankedcondition, i&i%
BRATANFEIESE, ] DO HEAM 9 5h
EREE IR,

rename_duplicate_field |fi/R{E W5 method & Rankedcondition, )&

s MRERNY, FHFERERNGHEESEES
REAREIRRNZ N ELTFE, 2 KRE
IXEERGHRTR AR SR IC A TR I 251 7 Bebrdit
Fk,

merge_condition string

ranking_expression string
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& 69: mergenode Bt (44E)

mexgenode Jgl: BmI JEPERGIA
Num_matches T FHRHE merge_condition

ranking_expression iR[E] ¢ DLHC AL,
&/MEN 1, &AMEHN 100,

rfmaggregatenode EB1%

“GER, SERFGLH (RFM) SR REERES 22 P I s 22 Z 8dE, R EMIR

%F'::'; ERREGE, FRITAER MR ZEIEEHEI 1T, HpyHE P BIRGEZ 5K
). HEATHYZR 5 8 DA RO A 5 ) B b i e
Nl
node = stream.create("rfmaggregate", "My node")
node.setPropertyValue("relative_to", "Fixed")

node.setPropertyValue("reference_date", "2007-10-12")
node.setPropertyValue("id_field", "CardID")
node.setPropertyValue("date_field", "Date")
node.setPropertyValue("value_field", "Amount")
node.setPropertyValue("only_recent_transactions", True)
node.setPropertyValue("transaction_date_after", "2000-10-01")

& 70: rfmaggregatenode B 1%

rfmaggregatenode J& 1k B3 JETEHA
relative_to Fixed fEE AR Gk K H A,
Today
reference_date H A {VFE relative_to HIEEE Fixed A H]
Ho
contiguous bR ARIEEAREAT T WSy, DAMERTA R

IHAHRIATIE R —t I IEBAE R, B0k
PRI AT DU PRAL BHE T

id_field FE e % B AR P S H 2L 5 o
date_field FE FeE W E SRR R H B ER,
value_field FE feE B AR R ME,
extension string NEEIETFERASEREEE,
add_as Suffix FEE SR A A E A RIS B G SRS N
extension,

Prefix
discard_low_value_reco |#ii& JE A discard_records_below &
rds =
discard_records_below |4k AITETHE RFM BHR, feE—"e/ME, AL

RTIZMERIZE 7 AN E B A, (E
(AL 5 IR value TR,

only_recent_transactio |#ri JAFffF specify_transaction_date {
ns transaction_within_last i%&,
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& 70: rfmaggregatenode B4 (4442)

rfmaggregatenode Ja Tk BmI JEPERGIA
specify_transaction_da |#ri&
te
transaction_date_after |HH A% specify_transaction_date H
A H. fEERZ HHIDESNESH
AR,
transaction_within_las |[#F HEWES transaction_within_last i
t AT M. FEEMMITEAEXN T AT NERIT K
H B2 B PR [ i JE BREORD ST 2R A (ORL
JE. A , FELHAZ ERIEREE
BTEEHI 2,
transaction_scale Days HE%H transaction_within_last it
AT M. FEEMMITEAXN T AT N R K
Weeks H HA=7 B [ i) J AR ST R A (R
JE. AR | fFEHHBZ ERIEREE
BEERI 2,
Months
Years
save_r2 bR SRENMEPE RO S H,
save_r3 Fri& HEEY save_r2 AR, ZR8NES
MRS HH,
Rprocessnode B 1%

R

Nl

node = stream.create("rprocess",
node.setPropertyValue("custom_name",

"My node")
“my_node")

IR E SR ES R BIA, A AFERH“R 24”5
UM IBM(r) SPSS(r) Modeler it FR AR B HE H#H1 T1&
M, BEEIEE, SKBEIRREIZERE,

node.setPropertyValue("syntax", """day<-as.Date(modelerData$dob, format="%Y-

9%m-%d")
next_day<-day + 1

modelerData<-chind(modelerData,next_day)
varl<-c(fieldName="Next

day",fieldlLabel="",fieldStorage="date",6 fieldMeasure="",6fieldFormat="",

fieldRole="")

modelerDataModel<-data.frame(modelerDataModel,varl)""")

node.setPropertyValue("convert_datetime", "POSIXct")
2K 71: Rprocessnode &%
Rprocessnode J& 1k s JR PR
syntax string
convert_flags StringsAndDoubles

LogicalValues
convert_datetime T
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& 71: Rprocessnode @14 (4442)

Rprocessnode J& 1k BmI JEPERGIA
convert_datetime_class ——
POSIX1t
convert_missing bri&
use_batch_size bR Jo F#E b
batch_size B feE BT TR MU AR IR AL

samplenode E1¥

FEAR"T R TIEE - IE,  SRFSRREASAL

T 2

Nl

) HEAR,

/* Create two Sample nodes to extract
different samples from the same data */

WD R, BEEMARREL (45

RAEX TR P RE ARG B G T SR B R S5 A T oA+ 0 B

node = stream.create("sample", "My node")
node.setPropertyValue("method", "Simple")
node.setPropertyValue("mode", "Include")
node.setPropertyValue("sample_type", "First")
node.setPropertyValue("first_n", 500)
node = stream.create("sample", "My node")
node.setPropertyValue("method", "Complex")
node.setPropertyValue("stratify_by", ["Sex", "Cholesterol"])
node.setPropertyValue("sample_units", "Proportions")
node.setPropertyValue("sample_size_proportions", "Custom")
node.setPropertyValue("sizes_proportions", [["M", "High", "Default"], ["M",
"Normal", "Default"],
[IIFII, IIHighII’ 0-3]’ [IIFII, “NOImal“, 0-3]])
& 72: samplenode B 1%
samplenode J& 1 B JEPERGIA
method i B
Complex
mode Include BFEEE TR E F R IE R,
Discard
sample_type First fe e MrETT i,
OneInN
RandomPct
first_n B HRiEREFEEHE#UL AIER,
one_in_n B B0 n-1 FKRIdFREFERER—KIIF,
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& 72: samplenode B1% (444:)

samplenode J& 1 BmI JEPERGIA
rand_pct & feE AR EFICFKIE 7 b
use_max_size FrRa& FZFFE maximum_size W H,
maximum_size B feE BT HAR R P e R FR R A
B, BEIUZIURIEI, KIHEE First #1
Include INHEEH,
set_random_seed Fri& o FBEN A I E,
random_seed B Y6 7€ FEREHLR 7 BI{E,
complex_sample_type Random
Systematic
sample_units Proportions
Counts
sample_size_proportion [Fixed
s
Custom
Variable
sample_size_counts Fixed
Custom
Variable
fixed_proportions e
fixed counts B
variable_proportions EA5
variable_counts T’
use_min_stratum_size T
minimum_stratum_size B VY4 ffHH Sample units=Proportions 3£
USRI, e TiA 1E A,
use_max_stratum_size Fri&
maximum_stratum_size B {4 {#H Sample units=Proportions 3k
B FAREARIN,  HEIA TE R,
clusters T

stratify_by

[field1 ... fieldn]

specify_input_weight

PR

input_weight

TE

new_output_weight

string
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& 72: samplenode B1% (444:)

samplenode J& 1 BmI JEPERGIA
sizes_proportions [[string string value] W5 sample_units=proportions H
[string string value]...] |sample_size_proportions=Custom,
faE BT BUE AT REH S HIME,
default_proportion B
sizes_counts [[string string value] e BFBRESG I AIRNAEGHE, HiES
[string string valuel...] |sizes_proportions HJHZEMEL BigE
A2 EEEL, AR,
default_count I
selectnode Ef%
“UERRTT RARER E RN BEE IR A R SRR IR, B, RIDUERRSREE
> 6 DX E T %
NGl
node = stream.create("select", "My node")

node.setPropertyValue("mode", "Include")
node.setPropertyValue("condition", "Age < 18")

K 73: selectnode [B4%

selectnode JB 1k B B A

mode Include EE R EIEIE R ERIEEILSR,

Discard
condition string BFEEEF IR
sortnode [E1¢
T.,L “HE" 17 mARYE — e 2 DN B E T 8% 7 A e skt THE o
.
Nl
node = stream.create("sort", "My node")

node.setPropertyValue("keys", [["Age", "Ascending"], ["Sex", "Descending"]])
node.setPropertyValue("default_ascending", False)
node.setPropertyValue("use_existing_keys", True)
node.setPropertyValue("existing_keys", [["Age", "Ascending"]])

K 74: sortnode B4

sortnode JB 1 BigRmy JE ViR

keys bAES TEE 2 E N AR 7B, WERARIEETT
[, TS A (e,
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R 74: sortnode B (444L)

sortnode J@ BmI JEPERGIA
default_ascending bR feE A HF T .
use_existing_keys Fra& T 2 75 5 DARGT EHE e = B HE R Ik

PACBRAERIHER

existing_keys

fEE EHEF R T B HA R 7T 1A, R RIRS
X5 keys EHHIFE,

spacetimeboxes B 1%

22 [ TR FR (STB) 2#EAT T Geohash HHERIZERIMV BRI R, HEAMA#IL, STBZ
0 —NFRECTF TR, BRI ARAUIN 2 TR AT TR X

& 75: spacetimeboxes B1%

spacetimeboxes J& 1k

B

JE PR

mode IndividualRecords
Hangouts
latitude_field TR
longitude_field T
timestamp_field FE

densities

[density, density,
density...]

B EEERE DT, Bl
STB_GH8_1DAY

HER, NTMEEEER, FEER
iillo

X T geohash, AJPAERA GH1-GH15 HfY
{H,

XtF temporal #B5r, FIDAEEH RFIE:

EVER
1YEAR
IMONTH
1DAY
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2HOURS
1HOUR
30MINS
15MINS
10MINS
5MINS
2 MINS
1 MIN
30SECS
15SECS
10SECS
5 SECS
2 SECS
1SEC
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& 75: spacetimeboxes B (4 42)

spacetimeboxes J& 1k BmI JEPERGIA

field_name_extension string

add_extension_as Prefix

hangout_density HE B—2E (5201

id_field e85

qualifying_duration DAY XA TR
12HOURS
8HOURS
6HOURS
4HOURS
2HOURS
1HOUR
30MIN
15MIN
10MIN
SMIN
2MIN
IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SECS

min_events B B/IMER 2

qualifying pct B WAIAETE ] 1-100 H

streamingtimeseries E1¥

“T I TR 175 UE— D2 RO I TR e F1 AR ] I AT A AN PP 5

| Vs I RS S SPSS Modeler VA8 Hi/RHEEE R HU G ik TS5
5

/YN0

& 76: streamingtimeseries &%

streamingtimeseries Jg1%: 18 JR PR
targets FB “Un 2 B 3715 s AT DA

w— e~ EAR, "]
PRESERE R — e i
ANFBAE NN R, A
ERAGRNET R, A
KEZER, HSHITM
55 189 TIHY TS

RIBTEL o
candidate_inputs [field] ... fieldN] AR A {6l A A\ B0
LRETFE,
use_period L T
date_time_field T
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& 76: streamingtimeseries @1 (444:)

streamingtimeseries Jg1%

=1

JE A A

input_interval

None

Unknown

Year

Quarter

Month

Week

Day

Hour
Hour_nonperiod
Minute
Minute_nonperiod
Second

Second_nonperiod

period_field

TR

period_start_value B
num_days_per_week T
start_day_of_week Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
num_hours_per_day B
start_hour_of_day B
timestamp_increments B
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& 76: streamingtimeseries @1 (444:)

streamingtimeseries Jg1%

=1

JE A A

cyclic_increments

L8

cyclic_periods

LIk

output_interval

None

Year

Quarter

Month

Week

Day

Hour

Minute

Second

is_same_interval

bRk

cross_hour

PR

aggregate_and_distribute

LIk

aggregate_default

Mean

Sum

Mode

Min

Max

distribute_default

Mean

Sum

group_default

Mean

Sum

Mode

Min

Max
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K 76: streamingtimeseries [@f (4442)

streamingtimeseries Jg1% 1H JE PR R
missing_imput Linear_interp
Series_mean
K_mean
K_median
Linear_trend
k_span_points B
use_estimation_period bR
estimation_period Observations
Times
date_estimation H|FR NAE(EH
date_time_field HA]
H
period_estimation Hl|£% {NAEME ] use_period
AT
observations_type Latest
Earliest
observations_num B
observations_exclude B
method ExpertModeler
Exsmooth
Arima
expert_modeler_method ExpertModeler
Exsmooth
Arima
consider_seasonal PR
detect_outliers bri&
expert_outlier_additive Fri&
expert_outlier_level_shift bRk
expert_outlier_innovational T
expert_outlier_level_shift Fris
expert_outlier_transient Fr&

%10 EICRBET AEE 125



& 76: streamingtimeseries @1 (444:)

WintersMultiplicativ
e

DampedTrendAdditive

DampedTrendMultiplic
ative

MultiplicativeTrendA
dditive

MultiplicativeSeason
al

MultiplicativeTrendM
ultiplicative

MultiplicativeTrend

streamingtimeseries Jg1% 1H JE PR R
expert_outlier_seasonal_additive bRk
expert_outlier_local_trend T
expert_outlier_additive_patch Frik
consider_newesmodels Fr&
exsmooth_model_type Simple
HoltsLinearTrend
BrownsLinearTrend
DampedTzrend
SimpleSeasonal
WintersAdditive

futureValue_type_method

Compute

specify

exsmooth_transformation_type

None
SquareRoot

Naturallog

arima.p

£

arima.d

£34
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B ()

& 76: streamingtimeseries

streamingtimeseries Jg1% 1H JE PR R
arima.q B
arima.sp B
arima.sd B
arima.sq B
arima_transformation_type None

SquareRoot

Naturallog
arima_include_constant ) T
tf_arima.p. fieldname B F T 564 bR £
tf_arima.d. fieldname B F TR 58
tf_arima.q. fieldname I F T4 R %R
tf_arima.sp. fieldname B F T 56 0 bR 50
tf_arima.sd. fieldname B F T bR £
tf_arima.sq. fieldname B FA T4 bR £
tf_arima.delay. fieldname B F T 564 bR £
tf_arima.transformation_type. None F TR 580
fieldname

SquareRoot

Naturallog
arima_detect_outliers bR
arima_outlier_additive T
arima_outlier_ level shift Fris
arima_outlier_innovational Fr&
arima_outlier_transient Fri&
arima_outlier_seasonal_additive Fri&
arima_outlier_local_trend bR
arima_outlier_additive_patch ) T
conf_limit_pct SR
events FE
forecastperiods B
extend_records_into_future bR
conf_limits ) TV
noise_res ) TV

5510 B ICFRARET RB
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streamingts B (FHEEF)

[ =l e

TR 335 fAE SPSS Modeler VA8 AR EARHERf# FH, #ﬂ*’*?ﬁw =

fﬂﬁﬁ IBM SPSS Analytic Server HJf 7'3#k@ﬁﬁﬁﬁﬁ%‘?B’J“(JILEEHTIEHF‘W" T Ro
“Uiak TS 7 sUEHL AN PR AR N (] e FIRSE R N FLEA T P4, TR TRZ2 IS (Al (Al e

Bt

Jh\\O

Nl

node = stream.create("streamingts",
node.setPropertyValue ("deployment_force_rebuild",
node.setPropertyValue ("deployment_rebuild_mode",
node.setPropertyValue("deployment

"My node")

True)
"Count")
rebuild_count", 3)

node.setPropertyValue ("deployment_rebuild_pct", 11)
node.setPropertyValue ("deployment_rebuild_field", "Year")
K 77: streamingts @1
streamingts Ja 1k BRI JEPERGIA
custom_fields bR R custom_fields=false, AF2 ¥
F L2045 S Y AR L, AR
custom_fields=true, ABLLIIEE
targets fil inputs,
targets [field1...fieldN]
inputs [field1...fieldN]
method ExpertModeler
Exsmooth
Arima
calculate conf Fri&
conf_limit_pct SEEL
use_time_intervals_node |#Fri PSS
use_time_intervals_node=true, #l
VA 2wt NN ST ST e s UV D =R IS
use_time_intervals_node=false,
LIWIRFETE
interval_offset_position,
interval_offset #linterval_type,
interval_offset_position ) LastObservation s2fakfa— A AROMM
LastObservation 4 S o
LastRecord fli. LastRecord EfEMNma—AMidatit
.
interval offset P&
interval_type P
Years
Quartezrs
Months
WeeksNonPeriodic
DaysNonPeriodic
HoursNonPeriodic
MinutesNonPeriodic
SecondsNonPeriodic
events FE
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&R 77: streamingts B (440

streamingts Ja 1k BRI JEPERGIA
expert_modeler_method AllModels

Exsmooth

Arima
consider_seasonal PR
detect_outliers ) TV
expert_outlier_additive [#ri&
expert_outlier_level_shi |5
ft
expert_outlier_innovatio |fri&
nal
expert_outlier_transient [#Fr
expert_outlier_seasonal_ |#r&
additive
expert_outlier_local_tre |#3&
nd
expert_outlier_additive_ [#ri&
patch
exsmooth_model_type Simple

HoltslLinearTrend

BrownsLinearTrend

DampedTrend

SimpleSeasonal

WintersAdditive

WintersMultiplicativ

e
exsmooth_transformation_

None
type SquareRoot

Naturallog
arima_p B XTI R A A U Rl —
arima_d ey XU ) B AR — R
arima_q B XTI ) A A U2 R — B
arima_sp B XTI TR 51 AT U2 R — R
arima_sd AL XTI TR A1 AT 2 Rl —
arima_sq BHL XTI ] 27 AR 1T R Rl —
arima_transformation_typ | XTI R A A U Rl — B
e SquareRoot

Naturallog
arima_include_constant [#id& X IR A AR T R R — R
tf_arima_p.fieldname B XTI A A R R — . T

LR

5510 B ICFRARET RB
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&R 77: streamingts B (440

streamingts Ja 1k BRI JEPERGIA

tf_arima_d.fieldname B X R A A SR FE e, AT
R PR

tf_arima_q.fieldname B T B R A A R E— e . AT
R

tf_arima_sp.fieldname B XTI TR 2 s R Rl — B, T
AR R,

tf_arima_sd.fieldname R XTI A) A 2 A — e e, AT
AR KL,

tf_arima_sq.fieldname B XTI R A A R R — B . T
AR PREY

tf_arima_delay.fieldname | %%k XTI R A A R R — . T
AR PR

tf_arima_transformation_typ None

e. S Root

fieldname Nggﬁiglﬁgg

arima_detect_outlier_mod

None

€ Automatic

arima_outlier_additive bR

arima_outlier level shif |#ri&

t

arima_outlier_innovation |¥ri&

al

arima_outlier_transient [#ri&

arima_outlier seasonal_a |#ris

dditive

arima_outlier_local_tren |fri&

d

arima_outlier_additive_p |#5i&

atch

deployment_force_rebuild |#5&

deployment_rebuild_mode S

Percent

deployment_rebuild_count |#(F

deployment_rebuild_pct |%iF

deployment_rebuild_field |<field>
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4 11 5= FBERMEY s

anonymizenode B1%
o “EA T R TR BRAMFBRETE MR R, M RGEE, R
ﬁ ZAVFHMA RS EEUREEE (Blung P AR MmIEAER) AR, A4
MRt ER.
Nl

stream = modeler.script.stream()

varfilenode = stream.createAt("variablefile", "File", 96, 96)

varfilenode.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUGIN")

node = stream.createAt("anonymize", "My node", 192, 96)

# Anonymize node requires the input fields while setting the values
stream.link(varfilenode, node)

node.setKeyedPropertyValue("enable_anonymize", "Age", True)
node.setKeyedPropertyValue("transformation", "Age", "Random")
node.setKeyedPropertyValue("set_random_seed", "Age", True)
node.setKeyedPropertyValue ("random_seed", "Age", 123)
node.setKeyedPropertyValue("enable_anonymize", "Drug", Tzrue)
node.setKeyedPropertyValue ("use_prefix", "Drug", True)

node.setKeyedPropertyValue ("prefix", "Drug", "myprefix")

& 78: anonymizenode B

anonymizenode Ja BmRRy Ja YA

enable_anonymize bR WEN True i, FLMFEENERL Y TEIHE
HATEANFIPZTFEBIERR)

use_prefix bri& WEN True N, MREfSEEHIFIS, LR IZHT
&, EHTRETEIREERMNTE, mEENTERE
PafE” X IEREH 1% T BOE R A SCRIETE

prefix string RN TAE BB M IERE R SCAR R RIS,  WSRARSE
EHAMAEME, BAE RIS %S H,

transformation Random HifE 1 I A8 #0744 AL 7 B AR e S B2 BT LAY I 2 [
ati

Fixed

set_random_seed bR WERN True i, KA ERE QR
transformation ti% &N Random) .

random_seed B Xf set_random_seed &EN True I, ZEZFEHIEHY
ﬁ?o

scale I 2 transformation &N Fixed i, (B T“Fe
B, WE, mATEUEN 10, (HAJRES NN DUE 57
[[:HO

translate e 4 transformation & &N Fixed I, B T“#%
B, JEE, RAHEEEN 1000, (HATRESEU DU %G
Ho




autodataprepnode Et%

N/l

node
node

“ BB SR (ADP)” 1 Al AT IS HUBERF PR IREIE,  Gifide th /7 £ A sl AT RETC HTAY
ol TE, HEESREO NRERRENE, 8 REEAA RO TERE, AT LA
\ KM seeE BT BRI R, TRV SO BT, 535 in] DATER
FUETT RiTE BB BOFIRE T 252 R4 T B,

= stream.create("autodataprep", "My node")

.setPropertyValue("objective", "Balanced")
node.
node.

setPropertyValue("excluded_fields", "Filter")
setPropertyValue("prepare_dates_and_times", True)

node.setPropertyValue("compute_time_until_date", True)
node.setPropertyValue("reference_date", "Today")
node.setPropertyValue("units_for_date_durations", "Automatic")
& 79: autodataprepnode @1
autodataprepnode J&1k B JETERA
objective Balanced
Speed
Accuracy
Custom
custom_fields Fri& AN true, WAV Y w70 St5 € H
PR HRAFIHEATEL, 05y false, NI
FASR BRI R S AT B,
target FE FaE A AR B
inputs [field1 ... fieldN] FE A e {0 FH ) A\ ESCP 2E B 7 B
use_frequency T
frequency_field TR
use_weight Fri&
weight_field FE
excluded_fields Filter
None
if_fields_do_not_match StopExecution
ClearAnalysis
prepare_dates_and_times PRk PN A H A= BN B 5= B A 177 1)
compute_time_until_date bri&
reference_date Today
Fixed
fixed_date H 1
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& 79: autodataprepnode &% (444%)

autodataprepnode J& 1k BRI JEPERGIA

units_for_date_durations Automatic
Fixed

fixed_date_units Years
Months
Days

compute_time_until_time T

reference_time CurrentTime
Fixed

fixed time ]

units_for_time_durations Automatic
Fixed

fixed_date_units Hours
Minutes
Seconds

extract_year_from_date Fri&

extract_month_from_date bri&

extract_day_from_date br&

extract_hour_from_time T

extract_minute_from_time |#Ri&

extract_second_from_time |#Ri&

exclude_low_quality_input |#Ri&

s

exclude_too_many_missing |#ri&

maximum_percentage_missin |[#(F

g

exclude_too_many_categori |#fnis

es

maximum_number_categories |[#(F

exclude_if_large_category [Fri

maximum_percentage_catego |#F

ry

prepare_inputs_and_target |fnid

11 = FERARETY
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& 79: autodataprepnode &% (444%)

autodataprepnode J& 1k BRI JEPERGIA
adjust_type_inputs bri&
adjust_type_target T
reorder_nominal_inputs T
reorder_nominal_target bRt
replace_outliers_inputs bri&
replace_outliers_target FRi&
replace_missing_continuou |fri&
s_inputs
replace_missing_continuou |#Ri&
s_target
replace_missing_nominal_i |#ri&
nputs
replace_missing_nominal_t |#3i&
arget
replace_missing_ordinal_i |#Ri&
nputs
replace_missing_ordinal_t |#fni&
arget
maximum_values_for_ordina |#F
1

minimum_values_for_contin |#(F
uous

outlier cutoff value e
outlier_method Replace

Delete

rescale_continuous_inputs |#fri&

rescaling_method MinMax
ZScore
min_max_minimum &S
min_max_maximum v
z_score_final mean 7
z_score_final_sd I

rescale_continuous_target |fri&

target_final_mean B+

target_final_sd B+

transform_select_input_£fi |#5&
elds
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& 79: autodataprepnode &% (444%)

autodataprepnode J& 1k BRI JEPERGIA
maximize_association_with |#5&
_target

p_value_for_merging e
merge_ordinal_features TV
merge_nominal_features Fri&
minimum_cases_in_category |#(F
bin_continuous_fields FRi&
p_value_for_binning Hr
perform_feature_selection |#fri&
p_value_for_selection IS
perform_feature_construct |#Ri&
ion

transformed_target_name_e |string
xtension
transformed_inputs_name_e |string
xtension
constructed_features_root |string
_hame

years_duration_ string
name_extension

months_duration_ string
name_extension

days_duration_ string
name_extension

hours_duration_ string
name_extension
minutes_duration_ string
name_extension
seconds_duration_ string
name_extension
year_cyclical_name_extens |string
ion

month_cyclical_name_exten |string
sion

day_cyclical_name_extensi |string
on

hour_cyclical_name_extens |string
ion

minute_cyclical_name_exte |string

nsion

11 = FERARETY

ey
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& 79: autodataprepnode &% (444%)

autodataprepnode J& 1k BmRm JEPERGIA
second_cyclical_name_exte |[string
nsion

astimeintervalsnode B4

P 45 5T DS VR P T B sk BRI I B, e %
HEEE TG, WFYEILE,

7= 80: astimeintervalsnode @ %

astimeintervalsnode JEt o JEMEhiA
time_field T HEERSZ MBS T B, T R IR
FVEICESE, DAERHRI Rl (AIfE,  anSRTEL
SO TR R, AR AN I E]
%%IO
dimensions [field1 field?2 ... X EE B T ARSE T B AER I AN N E]
fieldn] 751,
fields_to_aggregate [field1 field?2 ... 1 T PN TR BRI [RI ER AOT Rrp X
fieldn] FERHATICE TR B R aEdE
Hh, R SRR A R B FETE M B Y
FER,
binningnode E1%
“OIFET RARIE N NI IES: (B FEIE B ShalEHnsa L (B
g B) T BN, ST DAHESIMN T B O — M SR AN (1 5 E9{E > A
% HImZE) BB 2K TR, — BB FE9E, RIRTHE R OIE 04" s
N/l
node = stream.create("binning", "My node")

node.setPropertyValue("fields", ["Na", "K"])
node.setPropertyValue("method", "Rank")
node.setPropertyValue("fixed_width_name_extension", "_binned")
node.setPropertyValue("fixed_width_add_as", "Suffix")
node.setPropertyValue("fixed_bin_method", "Count")
node.setPropertyValue("fixed_bin_count", 10)
node.setPropertyValue("fixed_bin_width", 3.5)
node.setPropertyValue("tilel0", True)

% 81: binningnode B

binningnode Jg& 1k BmIoR J& PEfid
fields [field1 field?2 ... BT RES: (BUETAR) B, Tl
fieldn] PARI X 2 N7 B T 4%
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7 81: binningnode B4 (444%)

binningnode J& 1 BmIo JEPERGA
method FixedWidth TR TEa G e 5 Sm
Tiitke
EqualCount
Rank
SDev
Optimal
rcalculate_bins Always e REMITE N B GRIIT T R
BHBE MR DR, R IOREIRD
TfNecessary INENEE 2 RF EFIEIH 290+,
fixed_width_name_extension string Ay 40 _BIN,
fixed_width_add_as Suffix e By BRI TERANARE (5
) Rtk (%) . AV RSN
Prefix income_BIN,
fixed_bin_method Width
Count
fixed_bin_count B e THiE B EE R E 7R (K
B RS,
fixed_bin_width S AT UESRFEEIE RS
equal_count_name_ string BREY BN _TILE,
extension
equal_count_add_as Suffix fee T AR p-tile IE R T4
MY % (E2Emis) . BET RBEN
Prefix _TILENEN, Ho N2
tile4d Fr& LR BT K, BT RFPEE 25%
HILIE
tile5 bri& AR AL BT Do
tilel0 Fri& R BT
tile20 Fra& R B R
tile100 Fris R E BT D
use_custom_tile ) VA
custom_tile_name_extension string By 4N _TILEN,
custom_tile_add_as Suffix
Prefix
custom_tile B
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7 81: binningnode B4 (444%)

binningnode J& 1 BmIo JEPERGA
equal_count_method RecordCount RecordCount 552 NEN I EAHE
FEECHEIESE, 1M ValueSum 7k
ValueSum Bl RGN R ER SRS,
tied_values_method Next fe 2w NI Fa g (EEE
Current
Random
rank_order Ascending HE MG Ascending (RARMEIRIE N
1) 3¢ Descending (&EEARIEA D)
Descending
rank_add_as Suffix HETUE H THT . 28R E 5 EeHE
J¥o
Prefix
rank bR
rank_name_extension string TREY BN _RANK,
rank_fractional Fris HEULME, HAgr R EEHFERR
ARG LMME IR EE RN, 8RB
F 0-1 ZJHl,
rank_fractional name_ string BT 4N _F RANK,
extension
rank_pct bR BHEFERR AR B RER IE R Bk
PL100, ¥ E o EEN T 1-100
=18
rank_pct_name_extension string BT BN _P_RANK,
sdev_name_extension string
sdev_add_as Suffix
Prefix
sdev_count One
Two
Three
optimal_name_extension string TREY 4N _OPTIMAL,
optimal_add_as Suffix
Prefix
optimal_supervisor_field FE VEN I B P BRI RRNF B, N PakER

TEE XK,
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7 81: binningnode B4 (444%)

binningnode J8 1 BiRAY ERER L
optimal_merge_bins bR e E BA B/ INULNME T £ 7 9
JIIESE NG R T
optimal_small_bin_threshold |#¥%
optimal_pre_bin Fr& TR TEAR R T
optimal_max_bins B FEE LR DA Q1 I K K
optimal_lower_end_point Inclusive
Exclusive
optimal_first_bin Unbounded
Bounded
optimal_last_bin Unbounded
Bounded
derivenode B1¥
— “DRA" T R A E RIE — N2 N NE FERAI SN 7. BRI
2 Ao R, B RS, RIS 7,
il a

# Create and configure a Flag Derive field node

node = stream.create("derive", "My node")
node.setPropertyValue("new_name",
node.setPropertyValue("result_type",

node.setPropertyValue("flag_true", "1")

node.setPropertyValue("flag_false", "0")

"DrugX_Flag")
IIFlagll)

node.setPropertyValue("flag_expr", "'Drug' == \"drugxX\"")

# Create and configure a Conditional Derive field node

node = stream.create('derive",
node.setPropertyValue("result_type",

"My node")

"Conditional")

node.setPropertyValue("cond_if_cond", "@OFFSET(\"Age\", 1) = \"Age\"")
node.setPropertyValue("cond_then_expr", "(@OFFSET(\"Age\", 1) = \"Age\" ><

@INDEX")

node.setPropertyValue("cond_else_expr",

5l 2

II\IIAge\II II)

BERAERE FAE P D20 Bl44 70 XPos F1 YPos HIEUFAI, X MFIp IR — Dl (BINE AL EME) 1
XANY 2eh5,  HIAA AR IRA" T, % SRR R AR AR FPARERIZ AR XA Y ABFRoRk T SR B 3R] 51

stream = modeler.script.stream()
# Other stream configuration code

node = stream.createAt("derive",
node.setPropertyValue("new_name",
node.setPropertyValue("formula_expr",
node.setPropertyValue("formula_type",

"Location", 192, 96)
"Location")

"['XPos', 'YPos']l")
"Geospatial")
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# Now we have set the general measurement type, define the

# specifics of the geospatial object

node.setPropertyValue("geo_type", "Point")
node.setPropertyValue("has_coordinate_system", Txrue)
node.setPropertyValue("coordinate_system", "ETRS_1989_EPSG_Arctic_zone_5-47")

7 82: derivenode B1%
derivenode J&1% IRy I PEfiA
new_name string P EASH IO
mode Single fEE RN N T,
Multiple
fields IES gﬂﬂ THE Multiple B0 M2 DT
Ko
name_extension string T FBRIEEY B4,
add_as Suffix B RARI R4S OF
K) BEK CRE) .
Prefix
result_type Formula R AIEERY 7SRRI T BR
Flag
Set
State
Count
Conditional
formula_expr string ATAES T R R FRERNRIE
o
flag_expr string
flag_true string
flag_false string
set_default string
set_value_cond string PRt 5 2457 (EMH BRI SR F Sk b
B,
state_on_val string FRAT T /2 On Z&PFIFT BRI
state_off_val string TR Off Z& I HT T BUIE,
state_on_expression string
state_off_expression |string
state_initial on T F B MNME R ELYI4E(E On
B¢ Off, WAITEME BRIt
0ff {H,
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K 82: derivenode B (44)

derivenode JE 1 B JE PR IR
count_initial_val string

count_inc_condition string

count_inc_expression |string

count_reset_conditio |string

n

cond_if _cond string

cond_then_expx string

cond_else_expr string

formula_measure_type

Range / MeasureType.RANGE

Discrete /
MeasureType.DISCRETE

Flag / MeasureType.FLAG
Set / MeasureType.SET

OrderedSet /
MeasureType.ORDERED_SET

Typeless /
MeasureType.TYPELESS

Collection /
MeasureType.COLLECTION

Geospatial /
MeasureType.GEOSPATIAL

I AT T S IRAE R B R
PRI R, AT DA setter BRAUE 3 F
e E HP—> MeasureType
B, getter REURZEIR[A]
MeasureType {H,

collection_measure

Range / MeasureType.RANGE
Flag / MeasureType.FLAG
Set / MeasureType.SET

OrderedSet /
MeasureType.ORDERED_SET

Typeless /
MeasureType.TYPELESS

MNTERETE (REN 0 HFIR) |
IR PR E X5 TR R (B A R IR A0 56
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& 82: derivenode B % (444E)
derivenode JE 1 BRI JE PR IR
geo_type Point NP AR, R MEE
BRI AN AR, X
MultiPoint lﬁiﬁ—’?ﬁ%@ﬁ‘]ﬁﬂ?@(%ﬁ*ﬁlo
LineString
MultilLineString
Polygon
MultiPolygon
has_coordinate_syste |ffi/R{E MNFHIEESEITR, EME T
m BRESEASIRR
coordinate_system string N T R, R MEE
ERIARPR R
ensemblenode B 1%
. BT R B ME R SRS, DURAS EL AT MR ART— MRS SR ) Fo ]
AR THIEORUTRIII S
>
N/l

# Create and configure an Ensemble node

# Use this node with the models in demos\streams\pm_binaryclassifier.str

node = stream.create("ensemble", "My node")
node.setPropertyValue("ensemble_target_ field",

"response")

node.setPropertyValue("filter_individual_model_output", False)
node.setPropertyValue("flag_ensemble_method", "ConfidenceWeightedVoting")
node.setPropertyValue("flag_voting_tie_selection", "HighestConfidence")

3R 83: ensemblenode B

ensemblenode J& 1%

B

JE A

ensemble_target_field

TE

NTERA R AT E AL E H
T

utput

filter individual model o |#ri&

TERE TR 10 WA 2 RTL A I 7 45
%O
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K 83: ensemblenode B (44r)

ensemblenode J& 1k

BERR

JE A

flag_ensemble_method

Voting
ConfidenceWeightedVoting

RawPropensityWeightedVoti
ng

AdjustedPropensityWeighte
dVoting

HighestConfidence
AverageRawPropensity

AverageAdjustedPropensity

TR T IR 7T %
EHEE B HAREA RS BN, A
KM HAIIRE,

set_ensemble_method

Voting

ConfidenceWeightedVoting

TEE H e BT 1 75 TR
R H AR RS B, A
RN E,

HighestConfidence
flag_voting_tie_selection |Random MREIEEHTETTE, LIEER
REERTTTE. CHIEER iR
HighestConfidence FRETEN, 2RI E,
RawPropensity
AdjustedPropensity
set_voting_tie_selection |Random MREEEETET L, ILIEER
REERTT TR, (HIEE R B ing
HighestConfidence HSFBIN, AR IEREE,
calculate_standard error |#Hni R BRFEBORIESEN, ABLHE

B S Ra ThREIRETR, Pt
SR AE e G FAE S B EZ A
%, H o EE TR
1:38

fillernode B4

PR R TR BUEH A,
@BLANK(Q@FIELD)) HYEF{E, =&, MAlDUEESRATE S QESE EFRNFE
PR ROE RS I e DU B AR (E

= {E

Nl

node = stream.create("filler",
node.setPropertyValue("fields",

"My node")
["Age"])

node.setPropertyValue("replace_mode", "Always")

fEn] DO AT CLEM & (filan
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node.setPropertyValue("condition", "(\"Age\" > 60) and (\"Sex\" = \"M\"")
node.setPropertyValue("replace_with", "\"old man\"")

2K 84: fillernode &%

fillernode J@ 1k sy JEPERGIA
fields SIS RS AR & BT,
replace_mode Always Al AT A (E. ZSEERSE, e A
MRYBHEE S AT #o
Conditional
Blank
Null
BlankAndNull
condition string
replace_with string
filternode E1¥
— ‘W RATIEE (EF) FE. NFERITEM R AN ZEN— DT s
> F 5 —1 o
_’.
I
node = stream.create("filter", "My node")
node.setPropertyValue("default_include", True)
node.setKeyedPropertyValue("new_name", "Drug", "Chemical")

node.setKeyedPropertyValue("include", "Drug", False)

i/l default_include J@1, 1HiFE, %# default_include BHIMEAS HEHFEEHERA TR ;
B HEH A Y it e BN E 1T R, IXEDIRE LT s ad B8 s AHEAE Y ERE NS 0 R ELRE 7 BE
¥, flan, FI%IETTARIA:

node = modeler.script.stream().create("filtexr", "Filter")

node.setPropertyValue("default_include", False)

# Include these two fields in the list

for £ in ["Age", "Sex"]:
node.setKeyedPropertyValue("include", £, True)

R FECT RULIETE Age Tl Sex, HIRFTEHMTE, BIT/CiMAE, IAERZER DL MTHEM
FNZIAAAF,  Dhan4a i o 5L

node.setPropertyValue("default_include", False)

## Include these two fields in the list

for £ in ["BP", "Na"]:
node.setKeyedPropertyValue("include", £, True)

XK BN FERNSINED ISR, DAEREEEY DB (Age. Sex. BP, Na) . #t52,
default_include F{HEE N False, ASHINEBEIATE,
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A, AN SRELAE IS (8 FIAIA sAE T I8 T R XS REH R default_include FMESERCN True, NIRfHIL
TR AGE, B, KEFmMAFCAE LmsHaE DB, RERER], Al IR I HE R
HATREG, ORA BT ERAR IS HAK,

2 85: filternode B 14%

filternode J@1 BmIon JETERGA
default_include bR HT et a7 R Bt 2t g
s E

TR, REIEEAR BRI
A7E; EHIERRE RN N2 EE 2
HERRIEE 7B, A RHEMIERES I N
IR B

include PRk FAT G R  R 7 By s e 1

new_name string

historynode B1%

“PRSRIC T R AT R, X B S EATIC R BRI EE, P sRIdR T
EE SRR T IR EE, BN R PP B, (R DD RIdsR T\ i, A REmE
o P “HE 1 o B THE R

Nl

node = stream.create("history", "My node")
node.setPropertyValue("fields", ["Drug"])
node.setPropertyValue("offset", 1)
node.setPropertyValue("span", 3)
node.setPropertyValue("unavailable", "Discard")
node.setPropertyValue("fill _with", "undef")

2K 86: historynode B4
historynode Jg@ 1k BmIoy JETERGAR
fields B T BRI R T E,,
offset BT FeEEMNATREUT R0k F BB R HTIE
F (YRR ZETIEE) .
span e e EMNAHTREBUER PARTICSRIEE .
unavailable Discard AMFERE T SRIC SR ERIC RN, BHEES%
A DARTEYICSRAE M P SR IE B i LAME
Leave & (N TEIRET)
Fill
fill with String e BT s SHE ] A RIE SR E
HFRFER,
Number
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partitionnode B1%

S AR RO IR Y, % B TR S A B T8 DB R A e
feog g5, MRFNIUER B e

o

N/l

node = stream.create("partition",

"My node")

node.setPropertyValue("create_validation", True)

node.setPropertyValue("training_size", 33)
node.setPropertyValue("testing_size", 33)
node.setPropertyValue("validation_size", 33)

node.setPropertyValue("set_random_seed", True)

node.setPropertyValue("random_seed", 123)

node.setPropertyValue("value_mode", "System")

& 87: partitionnode @14

partitionnode @11 B JEPERGIA

new_name string H T RAE R 73 X 2 BRI A4 R

create_validation Fri& FEE B & N AR IR IE 7 X,

training_size B BRI X TE SRR S E 4 b
(0-100)

testing_size Lo BRI 2 XA TE SR AR 5 B 23 bl
(0-100),

validation_size Lo BRI UE 7 X AL SR AR 5 B B 43 bl
(0-100), WIEHRARGIREIESX, N2 )=
T,

training_label string WIZR XHIPRES

testing_label string i X AIFRES

validation_label string FUET X HIPRAS . QNSRAGIERIE 2 X, ]
RS IR,

value_mode System feE A TR BN XIE, B,
GFEART] AR N RSREEL 1. %

SystemAndLabel Training 8{ —FHMHAE 1_Training,
Label

set_random_seed fh/R1E FaE 275 N R H P 4 E I BE LA

random_seed B P feEBENLR B, AR A,
set_random_seed MWL EN True,

enable_sql_generation |fi/R{H FEEREMHH SOL [BE AT ELIE K E 77 X,

unique_field fEEM AT, FHUAMRARENIH T EEE 1Y
FRRIE R AR X, AR HE,
enable_sql_generation MIZEN
TIer
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reclassifynode B1%

“HEHT R Rl R ERAO 5 —HE, N T B s B TR

@; DABIT ot s, EFaRAEREE .
AN/l
node = stream.create("reclassify", "My node")
node.setPropertyValue("mode", "Multiple")
node.setPropertyValue("replace_field", True)
node.setPropertyValue("field", "Dxrug")
node.setPropertyValue("new_name", "Chemical")
node.setPropertyValue("fields", ["Drug", "BP"])
node.setPropertyValue("name_extension", "reclassified")
node.setPropertyValue("add_as", "Prefix")
node.setKeyedPropertyValue("reclassify", "drugA", True)
node.setPropertyValue("use_default", True)
node.setPropertyValue("default", "BrandX")
node.setPropertyValue("pick_list", ["BrandX", "Placebo", "Generic"])
% 88: reclassifynode &%
reclassifynode &1k BmIo JETERGIA
mode Single Single X—"PNFERIKAHITER 77
Ko Multiple R T RN 21
Multiple BOHA TR T,
replace_field bri&
field string A Single B N #E A,
new_name string {NFE Single X N #E A,
fields [field1 field?2 ... {NFE Multiple B R,
fieldn]
name_extension string {YFE Multiple B R,
add_as Suffix {N1E Multiple B R#H,
Prefix
reclassify string FERAENS BT,
use_default Fr& fEHAEE,
default string fEEEE,
pick_list [string string ... ARVFH P S ACHIFENYR AR R+
string] SN
reordernode [B1%

RS T RE SO TR N BRI AR, I R B AR A A
BN B BNk, FISRMTEBEREs) FIERTTR. R SRR S DR MBS B
AURTDLERT,  EERIEIRA H.
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N/l

node
node

= stream.create("reorder", "My node")

.setPropertyValue("mode", "Custom")

node.setPropertyValue("soxrt_by", "Storage")
node.setPropertyValue("ascending", False)
node.setPropertyValue("start_fields", ["Age", "Cholesterol"])
node.setPropertyValue("end_fields", ["Drug"])
2% 89: reordernode @14
reordernode JE 1 BmIo JETERGIA
mode Custom R DABE SN ER THEY, WA DAEE B E
X
Auto
sort_bhy Name
Type
Storage
ascending FR&
start_fields [field1 field?2 ... WM TFBARARIX LT 5,
fieldn]
end_fields [field1 field?2 ... BT BHE A BIX L B 2 il
fieldn]
reprojectnode B14%
/ £ SPSS Modeler 7, FRIXFAGE ST HEEL. “23 A - I BT (STP) i s “ o & AT
. PRAL” 5 R 2 RATE A R AR AR, (S “ BT 1 s AT DASE 2 S N AU AEART (5 FH
- T PR AR AR R A EHR A AR R
& 90: reprojectnode B4
reprojectnode &1k BmRy J@PEAA
reproject_fields [field1 field?2 ... FIH A B TE RN TR,
fieldn]
reproject_type Streamdefault [JEEAAIANFEHITERZE,
Specify
coordinate_system string BN AT FERILFRRER, R~
set
reprojectnode.coordinate_system
= “WGS_1984_World_Mercator”
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restructurenode EB1¥

N/l

node

node.
node.
node.
node.

“EA RUREAS SC T BB S T B O — R, X Bl DA 5 —  BRE
E BATHESE, BN, RGEL NIRRT, BEONEM. BEMELL, A
O = B (EHL BB EID) |, KN BEl el b & LR rfE,

= stream.create("restructure", "My node")
setKeyedPropertyValue("fields_from", "Drug", ["drugA", "drugX"])
setPropertyValue("include_field_name", True)
setPropertyValue("value_mode", "OtherFields")
setPropertyValue("value_fields", ["Age", "BP"])

& 91: restructurenode B

restructurenode a1t B JETEHA
fields_£from [category category
category]
all
include_field_name PR fERESREEREHN TR T
B4
value_mode OtherFields FORHAT NEES B E E R

Ro WSI%EEE OtherFields, W E
Flags BEEHMLE TR (SR . RES
Flags, NWHENEUEIRE,

value_fields B W value_mode /& OtherFields, NI

R RO IR B E N
HT B

rfmanalysisnode B14%

AR, SR (REM) 041, EREASIEIE IG5 P Sl — I MR
3 KRR GERRD | WasERRR (gD DANMUTIHERTA 22 52 e s e (58
M), PR AMEMER P alfe R RER.

il
node = stream.create("rfmanalysis", "My node")
node.setPropertyValue("recency", "Recency")
node.setPropertyValue ("frequency", "Frequency")
node.setPropertyValue("monetary", "Monetary")
node.setPropertyValue("tied_values_method", "Next")
node.setPropertyValue("recalculate_bins", "IfNecessary")
node.setPropertyValue("recency_thresholds", [1, 500, 800, 1500, 2000, 2500])
& 92: rfmanalysisnode @1%
rfmanalysisnode &% Bgnl JE PR
Trecency T feeitN7K, EAAREZH. KEEIC
B A B A EUEL
frequency FE FEE MR T,
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& 92: rfmanalysisnode @14 (444:)

rfmanalysisnode J&1%: BmI JEPERGIA
monetary FE feE K,
recency_bins B fe e A B R 7 s
recency_weight S FaE N AT REHERIRE, SEEN
100,

frequency_bins B e A IR R &
frequency_weight A FEE N FACREHRRIAE, A {EZE 10,
monetary_bins B feE BRI MR &,
monetary_weight HE feE N A TR MEHENE, EEN 1
tied_values_method Next fa 2= m AR KA EEE,

Current
recalculate_bins Always

IfNecessary
add_outliers Fra& HEY recalculate_bins %N

IfNecessary WA R H, MREKE, N
BT RBR 2 DA RISkl RRR 734
M, B R S A BTSRRI 2 B 1

TR,
binned_field Recency
Frequency
Monetary
recency_thresholds value value HHEY recalculate_bins &N Always
NATRH, f8EL R A RRREER ER
BlfE, — M) ERRBIERE R — M99
[ REREIME 4N, [10 30 60] ATE LA
%K, BN IR EMERTRBREIE 7
7910 #1130, FHE AT REIWDBUESHIN
30 1 60,
frequency_thresholds value value HEY recalculate_bins %8 Always
N AR o
monetary_thresholds value value HEY recalculate_bins %8 Always
N AR o
settoflagnode E1¥

“BEONBRE" T RRE A — D2 M T BOE X FMEIRAE 2 MRl 7 B

[
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N/l

node = stream.create("settoflag", "My node")
node.setKeyedPropertyValue("fields_from", "Drug", ["drugA", "drugX"])
node.setPropertyValue("true_value", "1")

node.setPropertyValue("false_value", "0")
node.setPropertyValue("use_extension", True)
node.setPropertyValue("extension", "Drug_Flag")

node.setPropertyValue("add_as", "Suffix")
node.setPropertyValue("aggregate", True)
node.setPropertyValue("keys", ["Cholesterol"])

& 93: settoflagnode B4
settoflagnode &k B JR PR
fields_from [category category
category]
all
true_value string feE REREN T RN EE, A
[EV
false_value string FEE W EMREN T SFTERNERE, A
HH F,
use_extension Fra& Y BRI HTR ST B G2
%
extension string
add_as Suffix FaE Y R4 2 fe SO 2 ais.
Prefix
aggregate Fri& AR R BB D 4, WA
SEWKERNE, WeBERATRFTERE
F o
keys B KHFEL,

statisticstransformnode EB1¥

Statistics ¥t s E X IBM SPSS Modeler ARFIEIETRIZ T TATZER] IBM SPSS

E Statistics 1B7AEME, T AFEE IBM SPSS Statistics MY AT EIA,

BRI RBEMENEE, ESHSE 377 1Y Cstatisticstransformnode &%) o

timeintervalsnode B (F#H)

s T AE SPSS Modeler VA8 FREAERMM, FH AT HY I 87517 o

& I TR R B 79 e DXTRD, B TN TR P2 e B TRMRIRRSSE (WERTE) o
FERRRAZITSIN, BT RASRIE TR ZE T EECRHE SR R DA R 571
IR XA,
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N/l

node = stream.create("timeintervals",
node.setPropertyValue("interval _type",

node.setPropertyValue("days_per_week", 4)

node.setPropertyValue ("week_begins_on",

node.setPropertyValue("hours_per_day", 10)
node.setPropertyValue("day_begins_hour", 7)
node.setPropertyValue("day_begins_minute", 5)

node.setPropertyValue("day_begins_second", 17)

node.setPropertyValue("mode", "Label")
node.setPropertyValue("year_start", 2005)

node.setPropertyValue("month_start",

node.setPropertyValue("day_start", 4)
node.setKeyedPropertyValue("pad", "AGE", "MeanOfRecentPoints")
node.setPropertyValue("agg_mode", "Specify")
node.setPropertyValue("agg_set_default", "Last")

"January")

"My node")
"SecondsPerDay")

"Tuesday")

& 94: timeintervalsnode B4

timeintervalsnode J& 1k

B!

JE iR

interval_type

None

Periods
CyclicPeriods
Years

Quarters

Months
DaysPerlWeek
DaysNonPeriodic
HoursPexrDay
HoursNonPeriodic
MinutesPerDay
MinutesNonPeriodic
SecondsPerDay

SecondsNonPeriodic

mode

Label

Create

feE R EESHRICILSRIC R EYETEE H
JA, I IRV ERE N (Rl B i A

field

TEL

HIRIEEEEA R AN, fEERRE ML
SRHY H B R 5 B
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& 94: timeintervalsnode B (444%)

timeintervalsnode J& 1k

B

EiR

period_start

Eic24

T € R S AR A A S S 45 X R

cycle_start

£3

TEFAE R 4R FE 3

year_start

B

MNTERRXESEE, f558—NXETE
HIEEDT

quarter_start

Eics

HNTEANXRESE, fE8— P XEAE
Iz,

month_start

January
February
Mazxch
April
May

June
July
August
September
October
November
December

day_start

kics4

hour_start

Eic24

minute_start

E3

second_start

B

periods_per_cycle

B

XEFOEEAE],  FEEE A R TR

fiscal_year_begins

January
February
Mazxch
April
May

June
July
August
September
October
November
December

TR, f5E MBEE R IHARI A
17
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& 94: timeintervalsnode B (444%)

timeintervalsnode &1k BaRm JE PR IR
week_begins_on Sunday X FREHIEX R (—RBAFRR, —KHPH
/NS —RAPE PR — RAEIRD) |, 45
Monday TE — JEHEHIAR— Ko
Tuesday
Wednesday
Thursday
Friday
Saturday
Sunday
day_begins_hour B MNTREEIPEXE (—RHPEN, —KAf
HI A —RHAIRD) |, FEE—RIFIEH
/N, AIPLS day_begins_minute I
day_begins_second &AL kfH H,
DUEE — MR R, a0 8:05:01, i
Z U N PIE R,
day_begins_minute B XNFREAEXE (—RKARN, —KAH
B BRI —RARD) | $5E—KITIER)
S8h (Blan 8:05 Hf 5)
day_begins_second B AT EHATEX R (— KBNS, —KH
A —RAAIRD) | faE—RITIER
Fb (i 8:05:17 ) 17)
days_per_week BH AT JEHEIEX R (—EFRR. —RHPH
INIE — KRB —KARD) | 45
TE — JE H Y R ER
hours_per_day B XTI R (— RN, —KA

AU BRI —RAPEIRD) |, FEE—RAPEN
{REE
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& 94: timeintervalsnode B (444%)

timeintervalsnode J& 1k

B

EiR

interval_increment

10

15

20

30

X T —RAHI R — KA EIFD,
B IESRIE N 73 Bh b 2L

fEEN

field_name_extension

string

field_name_extension_as_pr
efix

PR

date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
“DD.MM.YY"
"DD.MM.YYYY"
“MM.DD.YYYY"
“DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
“DD/MM/YYYY"
"MM/DD/YY"
“MM/DD/YYYY"
“DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY
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J&M: 155



& 94: timeintervalsnode B (444%)

timeintervalsnode J& 1k

B

EiR

time_format

"HHMMSS"

"HHMM"

n MMSS n

"HH:MM:SS"
"HH:MM"

"MM:SS"

“(H)H: (M)M: (S)S"
"(H)H: (M)M"
“(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

“(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

aggregate

Mean
Sum
Mode
Min
Max
First
Last

TrueIfAnyTrue

T T BIICE T TA,

pad

Blank

MeanOfRecentPoints

True

False

TR T BRI FETT 1o

agg_mode

All

Specify

TR TR AR 7 6 PR R R RS B
TR B, IR TEE ZE A B 7 B
o

agg_range_default

Mean

Sum

Mode

Min

Max

T LR ESE 7 BN 2 I Y B A R AR
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& 94: timeintervalsnode B (4¥4E)
timeintervalsnode J& 1k BmIm JETERGIA
agg_set_default Mode FaE IS 44 ST BRI A F Y SR R 2
First
Last
agg_flag_default TrueIfAnyTrue
Mode
First
Last
pad_range_default Blank FEE TR IE ST BN Ll P A B R R
MeanOfRecentPoints
pad_set_default Blank
MostRecentValue
pad_flag_default Blank
True
False
max_records_to_create R FEEIE T A N B A R B B R IR SR K
estimation_from_beginning |#ri&
estimation_to_end T
estimation_start offset B
estimation_num_holdouts R
create_future records bri&
num_future_records B
create_future_field bR
future_field_name string
transposenode B1%

BT R RZBATRIA R EE, DMEICSREN 7B, T EAOYIER.
ot
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N/l

node = stream.create("transpose", "My node")

node.setPropertyValue("transposed_names", "Read")
node.setPropertyValue("read_from_field", "TimelLabel")
node.setPropertyValue("max_num_fields", "1000")
node.setPropertyValue("id_field_name", "ID")
& 95: transposenode B1E
transposenode J& 1k B3 JETERA
transpose_method Enum feEETI: IE% (normal), CASE |
VAR (casetovar) 2% VAR %I CASE
(vartocase),
transposed_names Prefix IER B ENEN, A LARYETE E a5k
Qzﬂﬁiﬁk%ﬁ%ﬁx% ] DANEHR LA 7
Read Fﬁ*iﬁﬂﬁﬁ?ﬁﬁ%o
prefix string B BT ERE M,
num_new_fields T IEFEEEENEE, RSN, 8¢
;rﬁ'J BT BRI R K E
read from_field T IEFEREENEE, MR RIS
Exo BRI — BRI B, IR
1779 U S
max_num_fields B “EEEETIENEME. MM
AR, F87E 1 BR DAEE T I Eit KA 7B
i
transpose_type Numeric “EECEETENEE. SREENT, HEE
HEES: (BUETERED FE, (En] DAESE
String ?&%?Exﬁ’] HE X FHREEHFBERE T RT
‘EXO
Custom
transpose_fields 5|2k IEW B ENEN, fEEEEH
Custom JEIIN EHER T,
id_field_name TR IER" BB TEN B,
transpose_casetovar_id | “CASE #l| VAR” (casetovar) # &5 i%N)E
fields T, BRERERTIFERNZNFE,
fieldl ... fieldN
transpose_casetovar_co |FE “CASE % VAR”(casetovar) # & /7% E
lumnfields T, BZEREITEERNZ DT,
fieldl ... fieldN
transpose_casetovar_va | “CASE #I| VAR” (casetovar) # &% E
luefields T, BZERAFETERNZDTE,
fieldl ... fieldN

158 IBM SPSS Modeler 18.5 Python JiIA sl F1 B 5L 45




& 95: transposenode B4 (4k4R)

transposenode J& 1k BmI JEPERGIA

transpose_vartocase_id |FE% “VAR % CASE”(vartocase) # &5 i%ENE

fields M, BZERAERRERTENZNTR,
fieldl ... fieldN

transpose_vartocase_va |FE& “VAR %I CASE”(vartocase) ¥ E /5 iEHE

1fields M, BZERAFEZEFRNZDNTR,
fieldl ... fieldN

typenode B14%

oo AN R E T BOCBIERE N, plan, AT DR AT BRG] (ESE,
-ap B, BRFERE)  RERTOBEBIER RS Null (ERDEDL, %8 TR 7
B, f5E T B ENE S AN B E (H,

N/l

node = stream.createAt("type", "My node", 50, 50)
node.setKeyedPropertyValue("check", "Cholesterol", "Coerce")
node.setKeyedPropertyValue("direction", "Drug", "Input")
node.setKeyedPropertyValue ("type", "K", "Range")
node.setKeyedPropertyValue("values", "Drug", ["drugA", "drugB", "drugC",
"drugbD", "drugX",

"drugY", "drugz"])
node.setKeyedPropertyValue("null_missing", "BP", False)
node.setKeyedPropertyValue ("whitespace_missing", "BP", False)
node.setKeyedPropertyValue("description", "BP", "Blood Pressure")
node.setKeyedPropertyValue("value_labels", "BP", [["HIGH", "High Blood
Pressure"],

["NORMAL", "normal blood pressure"]])

TER, FENEUUT Al RER E e 2B mA REMEH MY RIEHIBAT, B, RWFRET R fields
from @M, AT DUOEERT MHFHITIZN M AR L7 B

tablenode = stream.createAt("table", "Table node", 150, 50)
stream.link(node, tablenode)

tablenode.run(None)

stream.delete(tablenode)
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& 96: typenode B4

typenode J& | BhEH JE PR
T
direction Input FE A AN EENT,
Target e BUEAEFEAE In flout . TERR
FIRRAS AT BE BT A IX EEAB 1Y SR
Both
None
Partition
Split
Frequency
RecordID
type Range TR (SeRi
OB EA) ¥ type REHN
Flag Default XiEFRATE values S
B8 FHHWE value_mode HIEAN
Set ;SZE]J%cify, LB EEN Read,
Tvbel value_mode % BN Pass 8¢ Read,
ypeless B BE type AN value_mode,
Discrete T PR A BB R 2R 5 2R A s AR
LR EAE, MM RRW TR JEHE ->
OrderedSet BEES > BNAEFES > AFEE->
PaES
Default
storage Unknown FEAE BRI R R
String
Integer
Real
Time
Date
Timestamp
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& 96: typenode B4 (4A4)

typenode J& | BhEH JE PR
M
check None FERARE EIRG &  EE E 1.
Nullify
Coerce
Discard
Wazrn
Abort
values [value value] NFESAITEmE, B 1 eR/IME,

E—MNERAE, NTHNFE, faEf
BlEH, MirEFEME, £ MERSER
false, J5—/MEIRE true, REZBEMNE
H#h value_mode BB N
Specify,

value_mode

Read
Pass
Read+
Current

Specity

WEENEE . FE, FeEEtENE
HiZXE N Specify; BEHARITHE, F
WE values B,

extend_valu
es

P&

24 value_mode % &} Read I A,
WA T N Hi B E RN BB E 7
BHH, WENF NEFIEEH IR
BUHE,

enable_miss
ing

Pk

HIREN T, M 7 B R E AR

missing_val
ues

[value value ...]

N AN TS CH A CTIIER

range_missi [#Ri& fEE BB N TFRENTHHKME (FH) U
ng 8

missing_low |string M range_missing NERN, fEEHKE
er TO A R BR,

missing_upp |string X range_missing NEN, {EE#AHE
er 7o I _ERR,

null missin [#FrRd& WENTHE, =& (FEREFERN

g $null$ HARE XMEH) BRAEKAE,
whitespace_ |#ri& WERATH, (MEEH (K8, IR
missing MIHATRY) AUERAA A,
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& 96: typenode B4 (4A4)

typenode J&
T

B

JEPERA

description

string

N B i,

value_label
s

[[Value LabelString] [ Value LabelString] ...]

RF I EXEE R,

display_pla
ces

B

T E BRI B (T RA
REAL fZHEMITED) o (HN -1 (s
H1E,

export_plac
es

B

NFEOLE S H IR R (VT RA
REAL fZHEMIFED) o (HN -1 ¥ {HE s
H1E,

decimal_sep
arator

DEFAULT

PERIOD

COMMA

N7 BB S fRAT (OUH T DA REAL
FRETED) o

date_format

“DDMMYY"
“MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
“DD-MM-YY"
"DD-MM-YYYY"
“MM-DD-YY"
“MM-DD-YYYY"
"DD-MON-YY"
“DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
“DD.MM.YYYY"
“MM.DD.YYYY"
“DD.MON.YY"
“DD.MON.YYYY"
“DD/MM/YY"
"DD/MM/YYYY"
“MM/DD/YY"
“MM/DD/YYYY"
"DD/MON/YY"
“DD/MON/YYYY"
MON YYYY

g 0 YYYY

ww WK YYYY

FFBOLE HERE N (VAT DA DATE 5
TIMESTAMP T#iEMIFELY) o

time_format

"HHMMSS"

"HHMM"

"MMSS"
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M:(S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"
"(H)H.(M)M.(S)S"
"(H)H. (M)M"
"(M)M. (S)S"

NFEL B AR ((VH T BL TIME 5¢
TIMESTAMP £ FER) .
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& 96: typenode B4 (4A4)

typenode J& | BhEH JE PR
T
number_form |DEFAULT NFB BT Tk
at

STANDARD

SCIENTIFIC

CURRENCY
standard_pl |#%% N7 B B DAPR RS U RIS A NE A,
aces B, (HN -1 BERREE. EEE,

FAK display_places iBiE Bk
B, HERTEAEMH,

scientific_ |%&¥K R B E AR A0S X BRI /N
places N, BN -1 ¥R R E,
currency_pl |%&% R 7B E DAL g BRI /N,
aces . (ER -1 KR EE,
grouping_sy |DEFAULT NFEIE AT,
mbol

NONE

LOCALE

PERIOD

COMMA

SPACE
column_widt |25k NFBEGEYEE, [Eh -1 Ry 5
h JEBEE N Auto,
justify AUTO N EBRBEETIN R

CENTER

LEFT

RIGHT
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& 96: typenode B4 (4A4)

typenode J&
T

B

JEPERA

measure_typ
e

Range / MeasureType.RANGE
Discrete / MeasureType.DISCRETE
Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet /
MeasureType.ORDERED_SET

Typeless / MeasureType.TYPELESS

Collection /
MeasureType.COLLECTION

Geospatial /
MeasureType.GEOSPATIAL

ENEEENLS type WHELIZAET, &
R TE 5B R &, XAl
ZRTET, 1€ Python IARZRE Hh, HA] LA
[f] setter BREULIBHA—
MeasureType fH, T getter KIHLIR[E]
MeasureType {H,

collection_ |Range / MeasureType.RANGE NTERETE RENOFIER) |, HE
measure B M RE S5 R SR A S AR ) s 2,
Flag / MeasureType.FLAG
Set / MeasureType.SET
OrderedSet /
MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS
geo_type Point XTI R, R e
EYFER R S [ N R AR Y, IX %
MultiPoint Lﬁiz%ﬁﬁ’ﬂﬁﬂﬁﬁiﬁﬂﬁlo
LineString
MultilineString
Polygon
MultiPolygon
has_coordin |ffi/RIE X FHIEEZS 7B, R E B
ate_ system S EARIRFR
coordinate_ |string ARz E TR, R E M E T
system EXHIARFR R
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& 96: typenode B4 (4A4)

'It%penode B | BimI JEPERGIA
custom_stor [Unknown / MeasureType.UNKNOWN XNEEEMNS custom_storage AIAHL
age_ type AT, e R DA TE X B S A7

String / MeasureType.STRING
Integer / MeasureType.INTEGER
Real / MeasureType.REAL

Time / MeasureType.TIME

Date / MeasureType.DATE

Timestamp /
MeasureType.TIMESTAMP

List / MeasureType.LIST

fiie XBIZAAET, 7E Python JIAYRS
FR, R DA setter PREE I H AR —A>
StorageType fH, i getter ¥4aZI& (A
StorageType fH,

custom_list

;torage_typ
e

String / MeasureType.STRING
Integer / MeasureType.INTEGER
Real / MeasureType.REAL

Time / MeasureType.TIME

Date / MeasureType.DATE

Timestamp /
MeasureType.TIMESTAMP

NTIIRTE, IHE e KR ER
gAY,

custom_list |#&% NFFIRFER, MHE e B R

_depth &,

max_list_le |#%k S FA I 2 1) D PR 2 () B R A AR

ngth i, B fEESIRA LEE TR E R
WEIRNRAKE,

max_string_ |%&#K {OE T ICRBEAE, 1 HAEARL SQL PA

length

OUERMNEH, WABIEPRARTITHR
{H; XFERERPAR— DRI RIIZI A
ST R,
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4 12 5 EE Y R

ATNAEET R RN, G E AR AR A R

® 97 BRERTREMN

output (.cou)

ERIEIE YRR BaRm FRER L
title string feEbrd, R”fEl: "Thisis a title."
caption string feE Ui, Rfil: "This is a caption."
output_mode Screen feE = B R ER T R IS 2 HE 2
W,
File
output_format BMP Ei=pact iikan E~vi I T B SR AR B (IO I Tl
BRI,
JPEG
PNG
HTML

full_filename string 9 NI s A 45 € B ARBS 1R S
o

use_graph_size Fra& s ) 2 5 5 P T T ) B A v e M R R 1 R ]
TERIR/N.  Hogimkm 2 RN E Y, AEHT
T3 R

graph_width b Y use_graph_size J True i, PAMRZEF AN
BRI,

graph_height By % use_graph_size 7y True i, DURZEHAL

REEPEE,

RARLETFES

SRR EREN " " (BFRE) , ADLRANET R NEEETE) XM, 1 NLUREIFTR:

plotnode.setPropertyValue("color_field",

EEHG

")

71N =)

ERANHERI PR (WS () JTR) , FHEEhREl, ARk, BRAREMZItG, Fl, ZHERERR

ERNRES, HHEALTIE:

mygraphnode.setPropertyValue("graph_background", "#87CEEB")

AL, wIRAIER 87 fRELLENE; FHIRIFMNAIEL CE fEEL NS, BRIGMNEEB faEitaNE., BT
] DAEY 0-9 58 A-F JEEINAE, IXE(En] DA—itfgELl-4%- 1% (8 RGB) Fifa,




TE: ARGB JEA s B taiy, AJ DARE A P 5 i ) BOd e et IEMRU B a1, AR RUbR IS B AE
bk S S AR (S B T ASE R,

collectionnode B4

“Wee 1 KU — M T EREADY ?ﬁ—/\éﬂl?%ﬁxﬂ’ﬂﬁﬁ’]%ﬁ (EaE#EL

il TEHENEE. ) EREIEAENE 7B, B 2AHN. #H3-D
ETE RIS, ] DA 5 2R BRI A5 5l
ANl
node = stream.create("collection", "My node")

# "Plot" tab

node.setPropertyValue("three_D", True)
node.setPropertyValue("collect_field", "Dxug")
node.setPropertyValue("over_field", "Age")
node.setPropertyValue("by_field", "BP")
node.setPropertyValue("operation", "Sum")

# "Overlay" section
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("panel_field", "Sex")
node.setPropertyValue("animation_field", "")

# "Options" tab
node.setPropertyValue("range_mode", "Automatic")
node.setPropertyValue("range_min", 1)
node.setPropertyValue("range_max", 100)
node.setPropertyValue("bins", "ByNumber")
node.setPropertyValue("num_bins", 10)
node.setPropertyValue("bin_width", 5)

% 98: collectionnode B 1%
collectionnode J& 1 B JEPERIA
over_field T
over_label _auto bR
over_label string
collect field FER
collect_label auto Fr&
collect_label string
three D bR
by_field FE
by_label_auto TV
by_label string
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& 98: collectionnode B (44R)
collectionnode J& 1 B JE PSR
operation Sum
Mean
Min
Max
SDev
color_field string
panel_field string
animation_field string
range_mode Automatic
UserDefined
range_min i
range_max B
bins ByNumber
ByWidth
num_bins S
bin_width B
use_grid FrRa&
graph_background COLOR ATEFRAA 8 TR IEETE B,
page_background COLOR AIEFF KA T AR ETE B

distributionnode B1¥

“DITHRERTS (03 H (BIHRIFERIER]) AHIRE, @k, &R
FEI“ 34077 oK R BRSPS, 285 AT DATE O A 5 A E 77 ok A

=

IE AN,
NGl
node = stream.create("distribution", "My node")
# "Plot" tab

node.setPropertyValue("plot", "Flags")
node.setPropertyValue("x_field", "Age")
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("normalize", True)
node.setPropertyValue("sort_mode", "ByOccurence")
node.setPropertyValue("use_proportional_scale", True)
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& 99: distributionnode @14%
distributionnode J&: BmIm JEPERIA
plot SelectedFields
Flags
x_Tfield FE
color_field T HET K,
normalize T
sort_mode ByOccurence
Alphabetic
use_proportional_scale T
evaluationnode B1%

“DRAL” T VA B TP AT ELAR A A, TP Ak [ 3R TR B T AR E 45 SR AL S5 2

7 JEo  EARTEIMEA IR R AR TH Y. BORIE R s T MR R/ N2
B0 |, R NSNS REE, ERURET, DA
AR DR MRAL,

Nl
node = stream.create("evaluation", "My node")
# "Plot" tab
node.setPropertyValue("chart_type", "Gains")
node.setPropertyValue("cumulative", False)
node.setPropertyValue("field_detection_method", "Name")
node.setPropertyValue("inc_baseline", True)
node.setPropertyValue("n_tile", "Deciles")
node.setPropertyValue("style", "Point")
node.setPropertyValue("point_type", "Dot")
node.setPropertyValue("use_fixed_cost", True)
node.setPropertyValue("cost_value", 5.0)
node.setPropertyValue("cost_field", "Na")
node.setPropertyValue("use_fixed_revenue", True)
node.setPropertyValue("revenue_value", 30.0)
node.setPropertyValue("revenue_field", "Age")
node.setPropertyValue("use_fixed_weight", True)
node.setPropertyValue("weight_value", 2.0)
node.setPropertyValue("weight_field", "K")
& 100: evaluationnode B4
evaluationnode & Bmm JE A
chart_type i
Response
Lift
Profit
ROI
ROC
inc_baseline bRs
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& 100: evaluationnode B4 (4442)

evaluationnode J&k

B

JE A

field_detection_method

Metadata

Name

use_fixed_cost

Pk

cost_value

By

cost_field

string

use_fixed_revenue

PR

revenue_value

e

revenue_field

string

use_fixed_weight

PRk

weight_value

By

weight_field

TEL

n_tile

Quartiles
Quintles
Deciles
Vingtiles
Percentiles

1000-tiles

cumulative

PRk

style

Line

Point

point_type

Rectangle

Dot

Triangle
Hexagon

Plus

Pentagon

Star

BowTie
HorizontalDash
VerticalDash
IronCross
Factory

House
Cathedral
OnionDome
ConcaveTriangle
OblateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

512 = EET
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& 100: evaluationnode B4 (4442)

evaluationnode J&1 B JEPERIA
export_data bR
data_filename string
delimiter string
new_line ) N
inc_field_names Fri&
inc_best_line R
inc_business_rule P&

business_rule_condition |string

plot_score_fields T
score_fields [field1 ... fieldn]
target_field T
use_hit_condition R
hit_condition string
use_score_expression Fra&
score_expression string
caption_auto bRs

graphboardnode Bt

A\ “EIEAR T RAE BT PR P 2 AR, (AT, A] DO ERR
E: AUEdE B, PR IE A TIEE BHEr v B ik — PR, ROk Bad i HIE
TFBIEIHIAE B,

e R EN EERRTRNENE (B, NEHFEEE y_field) , ZEMHRHHZ,
E: 1E VI HIF 2 AR R R SEE R ETF L, B—MEETFE; ARG SY i Rt B,
ANl

node = stream.create("graphboard", "My node")
node.setPropertyValue("graph_type", "Line")

node.setPropertyValue("x_field", "K")
node.setPropertyValue("y_£field", "Na")
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2 101: graphboardnode B4

graphboard J& 1

JE A

graph_type

2DDotplot
3DArea

3DBar

3DDensity
3DHistogram
3DPie
3DScatterplot
Area

ArrowMap

Bar

BarCounts
BarCountsMap
BarMap
BinnedScatter
Boxplot

Bubble
ChoroplethMeans
ChoroplethMedians
ChoroplethSums

ChoroplethValues

PRIREERL,
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& 101: graphboardnode B4 (4¥47)

graphboard JB1: | B JE PERGIA

ChoroplethCounts
CoordinateMap
CoordinateChoroplethMeans
CoordinateChoroplethMedians
CoordinateChoroplethSums
CoordinateChoroplethValues
CoordinateChoroplethCounts
Dotplot

Heatmap

HexBinScatter

Histogram

Line

LineChartMap
LineOverlayMap

Parallel

Path

Pie

PieCountMap

PieCounts

PieMap
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& 101: graphboardnode B4 (4¥47)

graphboard JB1: | B JE PERGIA
PointOverlayMap
PolygonOverlayMap
Ribbon
Scatterplot
SPLOM
Surface
x_field T g x BHEE BE RS,  HIEH T8
y_field FB g y HlHEE HE R, HUEH TR
z_field FE TEFLE = AL E P A,
color_field £ TERE A,
size_field FK TEEBURE P E
categories_fiel |7k
d
values_field E A5
rows_field T
columns_field E45Y
fields FE
start_longitude |FE 522 EHhrE B A M,
_field
end_longitude_f |FEk
ield
start_latitude_ [T
field
end_latitude fi |FE
eld
data_key_field |FE% &AL
panelrow_field string
panelcol_field string
animation_field |[string
longitude_field |=EX E it EI AR PREC & H
latitude field |[|=E&
map_color_field |FE
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histogramnode E1%

“ET B R BN T B E R IR, M R AR R T B R R E AR Y
MPRRTIRR ISR, S0 R, “EJ7 BT R AR AR R R AP,

Nl
node = stream.create("histogram", "My node")
## "Plot" tab

node.setPropertyValue("field", "Dxrug")
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("panel_field", "Sex")

node.setPropertyValue("animation_field", "")
# "Options" tab
node.setPropertyValue("range_mode", "Automatic")

node.setPropertyValue("range_min", 1.0)
node.setPropertyValue("range_max", 100.0)
node.setPropertyValue("num_bins", 10)
node.setPropertyValue("bin_width", 10)
node.setPropertyValue("normalize", True)
node.setPropertyValue("separate_bands", False)

& 102: histogramnode 8%
histogramnode gtk s JE PR R
field FE
color_field T
panel_field FE
animation_field =454
range_mode Automatic
UserDefined
range_min e
range_max By
bins ByNumber
ByWidth
num_bins b
bin_width i
normalize Pri&
separate_bands Fr&
x_label auto bRt
x_label string
y_label_auto ¥
y_label string
use_grid &
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& 102: histogramnode B4 (4#4%)

histogramnode &1t B JEPERIA

graph_background COLOR ARIEFF KA T AR ETE B
page_background COLOR AR B T hRIEETE S,
normal_curve Fris FEHI B & N AE S P R IE S 7 A ik

mapvisualization B4

“HBE AT ARAE T R T DA B2 22 M E RS, FFE ] R st = AR (B o — R A
Bo  BANEEGE RIS R TR flan, JRERRERERSSX A, f£HZ F
& AREFAE—DERZ. — MAFREN —MEE,

& 103: mapvisualization B4
mapvisualization J&1t: B JE A

tag string EMARRICARR, SREARICE —

7, BTG SRIE G5 —ME
ThRIdE 1, HoMNERRICR 2, RIEE
1)

layer_field TE YRR BRI H 2 B T b ]
R, BEEREET R

BN A

. LR

- ZJHY

« 2R

JEZ-

s B - 22U

WRAMDTEEAMRENERR, HEawF
UL RAE R 2 AR B HE IS — D7

B

color_type fi/RAE $6 7 2 T A MO BRI I P AT M B,
R ESTE, NSRS 5 —
BB R i, T REMI (AR
standard 5 overlay, HRE{EN
standard,

color string WM color_type #%EfE T standard,
2 NBNRE A E S A PRI TR IR
1149 P 2R 21 51 0 I A 0 4 8 R

R E R R IAIB 1,

color_field B WM color_type %E#E T overlay, B4
R LS 5 A R A B R 4L
EEAFRRA TR,

12 E KN AESE 177




& 103: mapvisualization B (442)

mapvisualization J@:

BRA

JETERA

symbol_type

fi/R1E

FEE SR A A B 7 B D SR N R IEERT 5
KREBESNS, XHESETHIEEH S
—FBIMEE ST B EbR,  RIRERESZ
standard 8¢ overlay, HRE{EN
standard,

symbol

string

RN symbol _type ##%E#% T standard,
B N HF RSP DU T Bt By
RS 1R,

symbol_field

WA symbol_type i#%EEE T overlay, 7
2P R LS SR R R B AE ]
BIREHMEA Y. Bk TK,

size_type

fi/RME

T BN A MBS BEC SR R AR IE R/,
ERIEFRES A/, XNESETEIRES S
— BB BE TS AR K/ NERER S F
Y, FIRERVELE standard 5 overlay,
BB {EN standard,

size

string

WA size_type i T standard, A4
X F point B multipoint, THEHIEHE
BIEH TR SR/ NERE, T
linestring 8 multilinestring, % K~
PIAIFNG LB LRSI £E

size_field

WK size_type %fE T overlay, HF4
NSRS SRR B R R T B R B
RPN 7K.

transp_type

fi/R1E

FEE BN A i 7 B IE S B AR TEE I
B, WREFRESERE, XESETHGE
R —FERNEERTTS, &FEZUE
HIERHE, RIRERY(ESE standard B
overlay, #&{HN standard,

transp

£

WM transp_type 3% T standard,
A FHR RSB IRRE, M 0% OF
B WnEl 100% GEHH) , MEN
10%, EEHE R &ERZIHENE
R,

W size_type % T overlay, HE4
ThE S 5% Z Rt I B A [R5k
PRI 7B

X FENEER points, multipoints,
linestrings flmultilinestrings.
polygons fl multipolygons, GRLEMEN
0%, XN TFAMENIEKZER polygons
multipolygons, SRE{ET 50% (LAEEGIE
PR N HNEER)

178 IBM SPSS Modeler 18.5 Python JiIA w1 B 511k 45 7




& 103: mapvisualization B (442)

mapvisualization J@:

BRA

JETERA

transp_field

TEL

WA transp_type %% 7 overlay, B
2 R hEE RS 51 EER R PR BLAE ]
BRSSP ITE FEL

data_label_field

fEE 2 A e BB SR 7B,
an, AN EN IR ENR R ZINIVE,
IRLEHEARE P RER name T - BE B L
PRI, RIAE GRS name BRI RE
RFBAEHE b BRIX TR,

use_hex_binning

fi/kME

JE RN 9 IR R TS N R
R BREHET, ZELT RIS,

color_aggregation Al
transp_aggregation

string

WSR-S R SRR TES
FE, LT BIFTE [EERL I X 17N
BEANBIATE SO TIL R E R EN T4l
BN M ES B E R R

A F LS R BN -

S (SEEREEE)

« SV

- FEME

. &/IMH

s B AH

T SR 4

o AL

o F=APUSL

L (INE. HHAEUN [RIBIC NS -

« FEE

. /ME

« |KME

BN 51K

« 77X

« B/IMHE

- KME

PR

o WNFAEE TN true WA true

« WY ERE—DY false My false

custom_storage

string

WETERNEREERE, $EEN List,
WRIEE T List, IRABEZHDT
custom_value_storage fl list_depth

il

custom_value_storage

string

EVIRFHTRIFHERTY, mAZRE
NP BRIV, GRE{EDY Real,
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& 103: mapvisualization B4 (44%)
mapvisualization B BmIm JEPERGIA
list_depth B BB IR FEARE, FRR SR T
FEORAY, EELAT R
« -0
< ZREF-1
« 23 -2
s ZR-1
o ZERH -2
. 2021 - 3
VRN T R B i 0 91 R At B 2 R
BRI AR 2R T B TR IR, SR g
BEAER, NG IZ T,
BREERN 0, R/MEN O, RAEN 10,
multiplotnode E1¥
“ZERUSE" T ROEE RN X FER EBREN Y FERIERE, Y FERREATHIE
E= Lk, FREMHEY TR E LA X B E IR E T R, ERR
2N R FEN EHER RSN, Z2EBUCREIEEE .
AN/l
node = stream.create("multiplot", "My node")
# "Plot" tab
node.setPropertyValue("x_field", "Age")

node.

setPropertyValue("y_fields",

[IIDIugII, IIBPII])

node.setPropertyValue("panel_field", "Sex")
# "Overlay" section

node.setPropertyValue("animation_field", "")
node.setPropertyValue("tooltip", "test")
node.setPropertyValue("normalize", True)
node.setPropertyValue("use_overlay_expr", False)
node.setPropertyValue("overlay_expression", "test")
node.setPropertyValue("records_limit", 500)
node.setPropertyValue("if_over_limit", "PlotSample")
& 104: multiplotnode &%

multiplotnode J&1: B JEPEIA
x_field FER

y_fields HIZR

panel_field FE

animation_field TR

normalize bRk

use_overlay_expr bri&

overlay_expression string

records_limit S
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& 104: multiplotnode B1% (444E)
multiplotnode )&% BmRmy JE ViR
if_over_limit PlotBins

PlotSample

PlotAll
x_label auto bRs
x_label string
y_label_auto PR
y_label string
use_grid FrRa&
graph_background COLOR AATETRAAN 28 T hRIEETE S,
page_background COLOR ARTTEF AR T hriE BT,

plotnode B1¥
AR BT R BRI P BREIR SRR, B A (HUR) BEkAiuRE,
[

G|
node = stream.create("plot", "My node")
# "Plot" tab

node.setPropertyValue("three_D", True)
node.setPropertyValue("x_£field", "BP")
node.setPropertyValue("y_field", "Cholesterol")
node.setPropertyValue("z_field", "Drug")

# "Overlay" section

node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("size_field", "Age")

node.setPropertyValue("shape_field",

node.setPropertyValue("panel_field", "Sex")
node.setPropertyValue("animation_field", "BP")
node.setPropertyValue("transp_field", "")
node.setPropertyValue("style", "Point")

# "Output" tab

node.setPropertyValue("output_mode", "File")
node.setPropertyValue("output_format", "IJPEG")

node.setPropertyValue("full_filename",

plot_output.jpeg")

"C:/temp/graph_output/

2 105: plotnode B4

plotnode J&1k BmpRm JE VAR

x_field FE N x HiEE B SRS, FUEH TARYE,

y_field T Ny HIEE B R, HIEHTHRZ.

three_D PR Ny HhiEE BE R, FUEH T 3 kR
IFRES
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& 105: plotnode B1% (4442)

plotnode J&M:

B

JE A

z_field

TEL

color_field

TE

HETEG

size_field

TE

shape_field

TE

panel_field

TE

TaE T MBI AH] IR E R4 B
AR TEB,  EREFHAE — Mt E
H,

animation_£field

TR DA SR EORE SR a3 0] i
— AL R E R AT
# B EhRE T B

transp_field

TR DAE R EERE SR GEIE D200 i
PRI I IA R LR - I Ffe i FH A =
B NG TERBURIE,

overlay_type

None

Smoother

Function

{eE R TREBREULZ LOESS Figts.

overlay_expression

string

6T Y overlay_type B &N Function i
i R RIE

style

Point

Line

point_type

Rectangle

Dot

Triangle
Hexagon

Plus

Pentagon

Star

BowTie
HorizontalDash
VerticalDash
IronCross
Factory

House
Cathedral
OnionDome
ConcaveTriangle
OblateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

x_mode

Sort
Overlay

AsRead
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& 105: plotnode B1% (4442)

plotnode J& BmRmy JE ViR
X_range_mode Automatic
UserDefined
X_range_min ey
X_range_max B
y_range_mode Automatic
UserDefined
y_range_min &
y_range_max Bz
z_range_mode Automatic
UserDefined
z_range_min e+
z_range_max e+
jitter PR
records_limit e
if_over_limit PlotBins
PlotSample
PlotAll
x_label auto TV
x_label string
y_label_auto bri&
y_label string
z_label_auto TV
z_label string
use_grid FRa&
graph_background COLOR AT RAA 48 T RIEETE B,
page_background COLOR AT SRS R T AR ETE B
use_overlay_expr Frits ZEYEEH overlay_type Bt

timeplotnode B4

“If TR AR P L R — BRI TR e S BRI, AR ¥ JE (o I TR TRI R 79

|G

RORANE TimeLabel FER, &5BoRHITHARIE x o
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N/l

node = stream.create("timeplot", "My node")
node.setPropertyValue("y_fields", ["sales",
node.setPropertyValue("panel", True)
node.setPropertyValue("normalize", Txue)
node.setPropertyValue("line", True)
node.setPropertyValue("smoother", True)
node.setPropertyValue("use_records_limit", True)
node.setPropertyValue("records_limit", 2000)

# Appearance settings
node.setPropertyValue("symbol_size", 2.0)

men", "women"])

& 106: timeplotnode @14

timeplotnode JEf: Bk JE AR

plot_series Series

Models

use_custom_x_field T

x_field FE

y_fields HllZ

panel PR

normalize ) T

line Fr&

points PR

point_type Rectangle

Dot

Triangle
Hexagon

Plus

Pentagon

Star

BowTie
HorizontalDash
VerticalDash
IronCross
Factory

House
Cathedral
OnionDome
ConcaveTriangle
OblateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

smoother Fri& HE¥ panel BN True, AP FEIFHED
g &,

use_records_limit bR

records_limit B

symbol_size B FEEFFS RN

panel_layout Horizontal

Vertical

184 IBM SPSS Modeler 18.5 Python [iIA w1 B 311k 45



eplotnode B4

E-Plot (Beta) R IR P FBRZHRIRR, E5“RE" T REL, (H2HEHA
A, FHHSmHERRE T SRR ER A, H beta 0 mirlizs IHTEE

E fito

& 107: eplotnode B 1%

eplotnode J&1% B JEPER IR

x_field string feE B X £ BRI FEL,

y_field string TREEAAENH Y BRI FE,

color_field string FE B A T H A A e i [ B B A 7B

(RFEH) .

size field string fEEEA THHPIRSEESNTE (W
REFZ)

shape_field string feeZH TP IRE ESR TR (0
REZ)

interested_fields string fEEEZ M P RS TR,

records_limit B FEEFRBER PSS R AIC A EL
Fo BREEN 2000,

if_over_limit h/R1E fEE R EHH Sample s Use all
data JEW (AR EET
records_limit) ., HRE{E N Sample,
HHEXNBIERENIRE, EEamf
records_limit HMik, WIRIEE Use
all data PAZM& records_limit H4
AR S, EER, XAJRES TERFIK
PERE,

tsnenode E1%

* i AR RENLABIRIN (t-SNE) 2 FI T Al L AR RCRA T B, IR e 6 R it
3 HATRERE, It t-SNE 5 A {E SPSS Modeler FR{E R Python {92 BI3 HLAE S
scikit-learn® Python J&,

2 108: tsnenode B4

tsnenode J& 1% Bk JE PR IR

mode_type string {67 simple 8¢ expert AR

n_components string WIS AIZERE (2D 8K 3D) . #HE 2 8L
3. BREER 2,

method string {67 barnes_hut 8¢ exact, HEEN
barnes_hut,

init string WEWIEI, 15 random 2 pca, G
&5 random,
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K 108: tsnenode B4 (4¥4)

tsnenode Ja 1 bi8 | JEPERGA

target_field string EART AR, T E A 2 o i gt
K, mRKRfEE Birnek, AL BEGRE

MV18.2.1.1 Flh, K AR

target

perplexity Float IR 2% i 5 LAt & b ) B Fh (o A B I 4R
TLREEM, @, BIEERK, T
AR ZRERR, 157 B 5 1 50 Z AR
B, SRE{EH 30,

early_exaggeration Float P IR GG B H Y B AR RLE N IS B
BBREE DA E 2 RIS A g, haE
H12.0,

learning_rate Float TREEN 200,

n_iter B AL R RIERIR S, Z=/DIEN 250,
HREEN 1000,

angle Float A R R FAIZE P T R P AR R N
feE 0-1 JERINME, #hEER 0.5,

enable_random_seed /R1E BN true PUA A random_seed 244,
HEER false,

random_seed B FE R REER T, BEE{EN None,

n_iter_without_progress B ANERENRRIERIRE, FEER
300,

min_grad_norm string WAL EFREE R T L EME, AR
1k, BREEN 1.0E-7, AIREFMEEIE:
« 1.0E-1
« 1.0E-2
« 1.0E-3
-« 1.0E-4
« 1.0E-5
« 1.0E-6
« 1.0E-7
- 1.0E-8

isGridSearch A/R1E WHERN true DMERAZ N AR R E AT
t-SNE, St#E{EN false,

output_Rename A/RE SRAHERR LB HIAR, APAFEE true,
HHEIEE false DAESIMm&H T, BLEE
y false,

output_to string f67€ Screen 5 Output, HREEN
Screen,

full filename string ek~ 4.

output_file_type string s ERgsl,  F8@€ HTML B Output

object, HRE{EN HTML,
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webnode E¥

N/l

node
# "P1
node.
node.
node.
node
node.
node.
node.
# "Op
node.
node.
node
node.
node.
node.
node.
node.
node.
node

Web T BIDER N BLERF S (02) FERIVEZARCREE, HEEHRAR
ot FHANRI LR FTRE SR, BIan, AT DAREF Web T soRIRREHL TR 5504 5 B
E—HR i IR R,

= stream.create("web", "My node")

ot" tab

setPropertyValue("use_directed_web", True)
setPropertyValue("to_field", "Drug")

setPropertyValue("fields", ["BP", "Cholesterol", "Sex", "Drug"])

.setPropertyValue("from_fields", ["BP", "Cholesterol", "Sex"])

setPropertyValue("true_flags_only", False)
setPropertyValue("line_values", "Absolute")
setPropertyValue("strong_links_heavier", True)
tions" tab

setPropertyValue("max_num_links", 300)
setPropertyValue("links_above", 10)

.setPropertyValue("num_links", "ShowAll")

setPropertyValue("discard_links_min", True)
setPropertyValue("links_min_records", 5)
setPropertyValue("discard_links_max", True)
setPropertyValue ("weak_below", 10)
setPropertyValue("strong_above", 19)
setPropertyValue("link_size_continuous", True)

.setPropertyValue("web_display", "Circular")

& 109:

webnode B

webnode J& B JE A

use_directed_web T

fields LAIESS

to_field FE

from fields LB

true_flags_only P&

line_values Absolute

OverallPct

PctlLarger

PctSmaller

strong_links_heavier T

num_links ShowMaximum

ShowLinksAbove

ShowAll

max_num_links e
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R 109: webnode B (4¥4)

webnode J& B JEPERIA
links_above B
discard_links_min T
links_min_records B
discard_links_max bRs
links_max_records S
weak_below e
strong_above &
link_size_continuous TV
web_display Circular
Network
Directed
Grid
graph_background COLOR ARTEFLAAN A TR IERTE S,
symbol_size e FEEFFE RN
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o5 13 3 A Rk

REEETRREM

AN B MIE TR BT R AT BISME DL AR TR D RAE A DA JA S,

®110: nERETRBEMN

JE i JEPERGA

custom_fields PR WA true, M ARVFE R Y|/ S5 E
B, BAFEMTE, WFA false,
MR FH =R B B s Y AR,

target FE MBI E — N iR B
BArTEL,

s B

targets [field1 ... fieldN]

inputs [field ... fieldN] FELTR {6 P (0 N B PN 2% 7 B

partition FE

use_partitioned_data PR WERE T 7y X FE,, NIRRT #R R
ARy DX R F T dd A A

use_split_data PRk

splits

[field1 ... fieldn]

FEE — DN TR BN 7,
{V1E use_split_data % &N True
ISR

use_frequency PR FreE A R INER R R (S
DARSZ Ay R ESinli SEITAi S DI
frequency_field E A5
use_weight FrRi&
weight_field FE
use_model_name ) v
model_name string TR E A FR
mode Simple
Expert

anomalydetectionnode E1%

P Anomaly Detection 17 sUfIE AT & “IEH RS P S EIE (BEEE) . &
YT, BV EHEATT SR E A, BIEEH AT EERNANE, 1
. A RAY m'hX‘”ﬂ%ﬁﬂE




N/l

node = stream.create("anomalydetection", "My node")
node.setPropertyValue("anomaly_method", "PerRecords")
node.setPropertyValue("percent_records", 95)
node.setPropertyValue("mode", "Expert")
node.setPropertyValue("peer_group_num_auto", True)
node.setPropertyValue("min_num_peer_groups", 3)
node.setPropertyValue("max_num_peer_groups", 10)

& 111: anomalydetectionnode J& 4%
anomalydetectionnode J&k 8 JE PR IR
inputs [field1 ... fieldn] FHERMEALRARETS & B A 7B
fideidst, EMAMEHBERTER, W
ANMEANERMREFE, AXEZE
B, BSH I % 189 TiHy Ttk
B RUE MY o
mode Expert
Simple
anomaly_method IndexLevel feE AT eI Fhrid 7w 19
FUERTT i,
PerRecozrds
NumRecozrds
index_level G FEE TR 8 i N A,
percent_records e MBI R EdE H EIE % 5 57 ELIZE A
FHRIcIE B E,
num_records B+ AR ZR SR I REOR EH TR
TeIE SR AT E,
num_fields B BENELREICRIRE T B
impute_missing_values T
adjustment_coeff e+ B R TP A B B e e 45 42
F A7 KT B R AE,
peer_group_num_auto FRi& H B EHE
min_num_peer_groups B fE7E peer_group_num_auto X &
N True N FH AT SR 2 ) B VER
H,
max_num_per_groups B FEE B AN S B
num_peer_groups HEL {67 peer_group_num_auto X &
9 False W AR 2K,
noise_level e e R R S A ERAE . 1
feET 0 F 0.5 Z HIHIE,
noise_ratio &S fEE T ECA R N TR 2 A7
MNfER, BHEENT 05 0.5 Z[A
HIME,
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apriorinode 1%

“SeR T RNEHEE AN, RIS RN A R ZEIMN,  Apriori T IR BEFLAR

% ERERLN B 75 FEFHE I B AR5 IR FOR MR R R 8. X THORRY AT,
Apriori IIZRAEHEEEF B, BN Al ORf B B MU SRR 15 (AT RR A, i EL AT AP 22
W 32 PNEHESRAFHIAN,  “Jole” SR A H 7 BRI n BB, HRNE
LR HI TR AT O, RITAEEE RIS 2,

aN/dl

node = stream.create("apriori", "My node")

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("partition", "Test")

# For non-transactional
node.setPropertyValue("use_transactional_data", False)
node.setPropertyValue("consequents", ["Age"])
node.setPropertyValue("antecedents", ["BP", "Cholesterol", "Drug"])
# For transactional
node.setPropertyValue("use_transactional_data", True)
node.setPropertyValue("id_field", "Age")
node.setPropertyValue("contiguous", True)
node.setPropertyValue("content_field", "Drug")

# "Model" tab

node.setPropertyValue("use_model_name", False)
node.setPropertyValue("model_name", "Apriori_bp_choles_drug")
node.setPropertyValue("min_supp", 7.0)
node.setPropertyValue("min_conf", 30.0)
node.setPropertyValue("max_antecedents", 7)
node.setPropertyValue("true_flags", False)
node.setPropertyValue("optimize", "Memory")

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("evaluation", "“ConfidenceRatio")
node.setPropertyValue("lower_bound", 7)

& 112: apriorinode B

apriorinode Jg@ 1k {1 JETERGIA
consequents T Apriori BRI 25 R F0“ SR ARE AR IEE

AR T-Be  ANME AT 7 BORR
TB. AXREZER, WSHEY H 189
Ty PARET B o

antecedents [field1 ... fieldN]
min_supp PG
min_conf b g
max_antecedents S
true_flags ) TV
optimize Speed
Memory
use_transactional data [#rd& BN true I, BNESIRRITES S HAi

HEIRIRTCR,  WREPF I R AR
TR T2 N ERE, BATEBCREE Y
IFo
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& 112: apriorinode B4 (4#4%)

apriorinode JE1: 1H JE TR R

contiguous bR

id_field string

content_field string

mode Simple
Expert

evaluation RuleConfidence
DifferenceToPrior
ConfidenceRatio

InformationDifferenc
e

NormalizedChiSquare

lower_bound PG
optimize Speed HTHaE b gsim 77 SR EE I R NF,
Memory

associationrulesnode B4

“LHERLN” S 5 Aprior 2 A2, 5 Apriori AR, “SEHEHIIN" Y HAENS ik
( E FESIEHR, BAh, “SCEEMUN S ST AL IBM SPSS Analytic Server B & [#F], 1L
T KRS 1) 5 A FF BB £ A

3+ 113: associationrulesnode B 1%

associationrulesnode J& | %KAM JE A

163

predictions TR IEBZR R Y 7 B L RE ST 7 D AR ) 0 2

conditions [field1...fieldN] BB R Y 7 B L RE B R Y 55

max_rule_conditions R BN AT DAL S IR KSR, BIME
71, BKREHN S

max_rule_predictions B BAZEHIN P AT DAL SRR R TS, fvIME
71, BKRERS5,

max_num_rules B TERR A I A2 A AT DASE e A e AR 45
w&/MER 1, &AKEN 10,000,
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3 113: associationrulesnode J& 1% (4£42)

associationrulesnode & |#EIo JEPERGIA
T
rule_criterion_top_n Confidence FU A, e —ME, KB HEE
BRI A RN 2R
Rulesupport
Lift
Conditionsuppozrt
Deployability
true_flags fi/RME WEE Y W RN AL A R AR S T B
1 true {H,
rule_criterion fi/R1E BB Y e R A R (5 A 45 A
SRHEBRFLN,
min_confidence 7 0.1 £ 100 - BEIFr = AN i NA TR EE
JEREE S, AR A T B S
KN AN E ERFIN, ARG R T
ZHIN,
min_rule_support S 0.1 F] 200 - AL AR = A= R HY B/ N e TR R
TFFEE S HE, AR TR S
FEEACE/ NFHEEERFIN], IBAKE T %
F,
min_condition_support |%F 0.1 #] 100 - BAY AR = AR Y e/ NS R 25 1
FRENE D E, SRR A T R
FEEACE/ NFAREEERFN], IBAK R Z
FI,
min_1ift B 1 5 10 - RSB = A U ) e s T b
o WNERARI AR T SR A N TR E (R
R, AR 2K R FR A,
exclude_rules f/R1E FH T IR B SN Fry BR AR RUAE QIS R IR FH )
—HIRHRTF B,
Rl set :gsarsnode.exclude_rules =
[[[fieldd,field2, field3]],[[field4, field5]]] - F:
HE [] R E B RE R R —
1To
num_bins B WE T ESF BT RN B 372k
W, B/AMEN 2, BAR(EN 10,
max_list_length B M A FERRKERMUEMYIRTE, F1%
Hhtt b Tt E B T 2 BT T 2 B S e A
fiE; eSOt REIGRIET. B/IME
N1, mAMEHN 100,
output_confidence /R
output_rule_support 1/RIE
output_lift h/RME
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X 113: associationrulesnode B4 (4k4)

associationrulesnode J& | ZEA JEPERGIA
T
output_condition_suppo |fA/RIE
rt
output_deployability T/RIE
rules_to_display upto BHE R TR A R AR,
all
display_upto B WIRALE rules_to_display HIRET
upto, EIREZLE R B RATHINIEL,
w&/IMEN 1o
field transformations [fi/RIE
records_summary fh/R1E
rule_statistics f/RME
most_frequent_values /R
most_frequent_fields fi/R1E
word_cloud 1/RIE
word_cloud_sort Confidence
Rulesupport
Lift
Conditionsupport
Deployability
word_cloud_display B B/AMEN 1, &KEN 20
max_predictions LT AT RARE T 0 B B\ A e R £
criterion Confidence prik st B i nas WG ORI =
Rulesupport
Lift
Conditionsupport
Deployability
allow_repeats 1/RIE Tt o 2 7 1 T A [T AR B FE A 53 250h
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X 113: associationrulesnode B4 (4k4)

associationrulesnode J8 | ZdiEK JE PR
T
check_input NoPredictions

Predictions

NoCheck

autoclassifiernode E1%

X

“Haln ey TR AT OIEMN L Zorai R (B, MAREARASE) KA TAR
RRAL R R] DO REERE W B B EEAL TR 75 7K
X P AR RN Tk, BT TRRREE IR DA RO LA SRATAR A TR £

S ZAEERTE, KIAT DA
R

ARIEFEE BRI R — A FEARIE A E R A5 PE X i (R B O A THER?

)
)
)

NGl
node = stream.create("autoclassifier", "My node")
node.setPropertyValue ("ranking_measure", "Accuracy"
node.setPropertyValue("ranking_dataset", "Training"
node.setPropertyValue("enable_accuracy_limit", True
node.setPropertyValue("accuracy_limit", 0.9)
node.setPropertyValue("calculate_variable_importance", True)

node.
node.

setPropertyValue("use_costs", Txrue)
setPropertyValue("svm", False)

& 114: autoclassifiernode &%

autoclassifiernode &1k

1

J@ AR

target

T

NTFFREBER, “HIN7EER TR
RN HbR B AN — 2
HINTB,  thnr DA A E AR
FE, AXEZER, BRI
%189 T AT AR

™

ranking_measure

Accuracy

Area_under_curve

Profit

Lift

Num_variables

ranking_dataset Training
Test
number_of models B BHREARIGRERIE, 5E
RN 1 5] 100 Z[H],
calculate_variable_importance |#ri&
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& 114: autoclassifiernode B4 (4#4%)

autoclassifiernode Jglk 1 J@ ViR

enable_accuracy_limit bR

accuracy_limit B T 05 100 Z [HIFIREEL,

enable_ area_under_curve T

_limit

area_under_curve limit e AF 0.0 5 1.0 Z AL,

enable_profit_limit Fri&

profit_limit e KT 0 HUREEL

enable_lift limit Rt

lift limit B XIBEART 1.0 FYSEEL,

enable_number_of variables lim [#r&

it

number_of_variables_limit BT KTF 0 HIEEEL,

use_fixed cost PR

fixed_cost e XEART 0.0 BYSLEL,

variable_cost TR

use_fixed_revenue ) VA

fixed_revenue BT IXEATF 0.0 YL,

variable_revenue EA5

use_fixed_weight Fri&

fixed_weight e B KT 0.0 USEL,

variable_weight FE

1ift_percentile B T 05 100 Z [HIFIREEL,

enable_model build_time_limit [#r&

model_build_time_limit 2 BE N EIEEEL, TR
S MR BT AL 2R YIS ],

enable_stop_after_time_limit R

stop_after_time_limit G BEE /NS g, F TR
1217 B 873 A S FERT

enable_stop_after_valid_model_ |#ri&

produced

use_costs Fris

<algorithm> Fra& FVFEREE IR R E R,

<algorithm>.<property> string WERERENBEMEE, AXEZ
BE, ESHI 2 197 1Y

MEERFEE .
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REEZREMY
TR, BRI SR, AT A AR R B S SR E LA R

;I\i .
autonode.setKeyedPropertyValue(<algorithm>, <property>, <value>)
Bilgn:
node.setKeyedPropertyValue("neuralnetwork", "method", "MultilayerPerceptron")

T B39 2Re T M EREZMAE cart, chaid. quest, c50, logreg. decisionlist,
bayesnet. discriminant. svm#1 knn,

T B BUET S BEESFRE cart, chaid. neuralnetwork. genlin, svm. regression,
linear 1 knn,

BT HEIELIE twostep. k-means #il kohonen,
JE A4 RS RSOSSN FRIFERS 2
HA A SR HATR AR SRR E SR A s | S, filan:

node.setKeyedPropertyValue("logreg", "tolerance", "1.0E-5")
W UM EC 2 ME, fildn:

node.setKeyedPropertyValue("decisionlist", "search_direction", ["Up",
"DOWn"] )

SR SRR E R
node.setPropertyValue("chaid", Txue)

s USSR ITE 130759 2658 ORI, s R 0 T R S S M, IS
A S IIIR S DABRIE 77 57115 250N — P

autoclusternode B4

- “HEIRIET KGR R B A R CREIL R AR RIS, TR TS HE
@‘ fb E ST SR, EEE — R ENa TR R A] e 22 MR &, Al A
& BBANEATIORE, O RBRATIEIE, A HEA MR T, FHEME TR

= USRIV R
AN/l
node = stream.create("autocluster", "My node")
node.setPropertyValue("ranking_measure", "Silhouette")
node.setPropertyValue("ranking_dataset", "Training")

node.setPropertyValue("enable_silhouette_limit", True)
node.setPropertyValue("silhouette_limit", 5)

K 115: autoclusternode &%

autoclusternode J& 1% {E JE AR
evaluation ER= T (PR T E A, PRI

BEEMENTE, 7, ATHTFRR
REX B AER RFARRE, M
PRI R FI B ) AT R
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3+ 115: autoclusternode B (4h4L)

autoclusternode J& 1k

1

JEPEHA

ranking_measure

Silhouette
Num_clusters
Size_smallest_cluster
Size_largest_cluster

Smallest_to_largest

Importance
ranking_dataset Training
Test
summary_limit B FER S Y BRI S E, feE®
il 1 %) 100 Z ),
enable_silhouette_limit |#Ri&
silhouette_limit B +F 0 5 100 Z AIHREEL,
enable_number_less_limit |fRi&
number_less_limit e F 0.0 5 1.0 ZIRIFIEL,
enable_number_greater_li |ini&
mit
number_greater_limit e KTF 0 HIEEEL,
enable_smallest cluster_ |#tris
limit
smallest_cluster_units Percentage
Counts
smallest_cluster_limit_p |&(F
ercentage
smallest cluster limit c |%&#k KT 0 BUEEEL,
ount
enable_largest_cluster_1 |fri&
imit
largest_cluster_units Percentage
Counts
largest_cluster_limit_pe |%(F
rcentage
largest_cluster_limit_co |#%K

unt
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3+ 115: autoclusternode B (4h4L)

autoclusternode &1 1H JEPERA
enable_smallest_largest_ |fri&

limit

smallest_largest_limit ez

enable_importance_limit |#ri&

importance_limit_conditi

Greater_than

on
Less_than

importance_limit_greater |#(¥F F 05 100 ZRIAVEEEL,

_than

importance_limit_less_th |%F F 05 100 Z[AIFELER,

an

<algorithm> bRk FVFEER I R E I

<algorithm>.<property> string WERNEHZENEEE, AXELE

B, ESMAEH 197 T NEEES
Bt .

autonumericnode B1¥

H a8y T U 2RO T TR A TR LU R E S I IS R T A B 3l

&,

& T2 & TR B,

YA R TAETT SRR, DRI RT DA S5 2 (o A AN 2 A D AL i P (o 22 e
SRR AR NS, C&R M, CHAID, ZefE[E|A,

I RPN DU SCRFAI AL (SYM), AT DARSERHSCRE, AR IR 22 Bl il FH ) 2 B ROk

Ay,
ANl
node = stream.create("autonumeric", "My node")
node.setPropertyValue("ranking_measure", "Correlation")
node.setPropertyValue("ranking_dataset", "Training")

node.setPropertyValue("enable_correlation_limit", True)

node.setPropertyValue("correlation_limit", 0.8)

node.setPropertyValue("calculate_variable_importance", True)

node.setPropertyValue("neuralnetwork", True)

node.setPropertyValue("chaid", False)

R 116: autonumericnode &%

autonumericnode J&1%: & JE LA

custom_fields Fr& WS True, R A EH| 7L BAE
RIS N E,

target T “H T T R ESR A BB DA
— PR NATE, WA DA E
MR TE, BEXEZEL, ESHE
2R 189 T TR )8
P

inputs [field1 ... field2]

partition FE
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X 116: autonumericnode B4 (44%)

autonumericnode J& % 1H JaPERA
use_frequency bR
frequency_field T
use_weight Fri&
weight_field FE
use_partitioned_data bri& WEHE T XFE, IS5
P TR
ranking_measure Correlation
NumberOfFields
ranking_dataset Test
Training
number_of_models B SRR TP IR, FRE R
WA 1 E 100 Z[H,

calculate_variable_impor |#ri
tance

enable_correlation_limit [#r&

correlation_limit B

enable_number_of fields_ [#ri&
limit

number_of fields limit B

enable_relative_error_li [#i&
mit

relative_error_limit B

enable_model_build_time_ [#r&
limit

model_build_time_limit B

enable_stop_after_time_1 [#ri&

imit

stop_after_time_limit B

stop_if_valid_model Fr&

<algorithm> Fri& FOVFEREE I R E BT,

<algorithm>.<property> string WERNEHEENEE, AXEZE
B, E2RTE % 197 i NEEE
EEMES .
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bayesnetnode 1%
I VUSRS 15, A DIRIFEL A EESI i R KI I ) 4 & LR S0

o MR AR 2T BT 3 B T2 KA AN 22 LT (TAN) RIE /R
FH,
ol
node = stream.create("bayesnet", "My node")

node.setPropertyValue("continue_training_existing_model", Tzrue)
node.setPropertyValue("structure_type", "MarkovBlanket")
node.setPropertyValue("use_feature_selection", True)

# Expert tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("all_probabilities", True)

node.setPropertyValue("independence", "Pearson")
& 117: bayesnetnode @1
bayesnetnode JE: 8 JEPERGIA
inputs [field1 ... fieldn] DUH-$fr X 28 A2 284 e — > H SR B A
M= E M MANTER, ESTFRE
HEl(T0F. ARXEZER, B2
[ T 25 189 TUHY TN R
I
continue_training_existing_ |#3i&
model
structure_type TAN PR EAE AL DU HT 0 2468 I el FH ) 25
a8
MarkovBlanket
use_feature_selection TV
parameter_learning_method Likelihood F6 7 FF A0l AT s AE EFIRT T 5L
Z BRI 7T 1%
Bayes
mode Expert
Simple
missing_values P&
all_probabilities FRa&
independence Likelihood FaE T HaE N2 & R ROS L
VY ENER VAL OPaRr- N
Pearson
significance_level &S feE TN R BHE,
maximal_conditioning_set e BB T H A R B Y i
KEL,
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& 117: bayesnetnode B (4%4%)

bayesnetnode )& H JE PR IR
inputs_always_selected [field1 ... fieldn] 6 8 A8 DLIH-H [0 £ B U 226 FH R B
PR FE,

T B BRI AL TR,

maximum_number_inputs e 6 8 ) DL -0 XA 2% s P () i A\ 52
BRI KRB

calculate_variable_importan |#ri&
ce

calculate_raw_propensities |#ii&

calculate_adjusted_propensi |fri&
ties

adjusted_propensity_partiti |Test

on
Validation
buildr E1%
“R " U IERES H A E T R BIA, DABIT IBM
R SPSS Modeler HBE ARG AR I 7
Nl
node = stream.create("buildr", "My node")

node.setPropertyValue("score_syntax",
result<-predict(modelerModel,newdata=modelerData)
modelerData<-cbind(modelerData, result)

varl<-
c(fieldName="NaPrediction",fieldLabel="",6fieldStorage="real",6 fieldMeasure="",
fieldFormat="",fieldRole="")
modelerDataModel<-data.frame(modelerDataModel,varl)""")

3R 118: buildr B
buildzx J& % 1H Ja VEfi
build_syntax string XA THATHRAM R R IATEE,
score_syntax string XA THATHEAIE 8 R AR,
convert_flags StringsAndDoubles IR F i bR s 7B
LogicalValues
convert_datetime bRk R TR 26 H BAE B BAR RIS =X
A B4 R H A/ Al =
convert_datetime_class POSTXct TXLEEE T 57 B4 H A H R ]
POSTX1t R B L 248 K
convert_missing FRi& MR RAE R R NA ERTIZI,
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& 118: buildr B (“¥42)
buildx J&: 1H JEPERA
output_html PR R T8 R BRI ER A AR+ 2
R~EE,
output_text PR HIETH TR R #2H & X ARMHE R R
PR A YR I
c50node E1¥
C5.0 7 AR BAR I 8, 2B TR BRI E S NG R MR KGR
C?‘E BRI FEE D BIEAR, BRFBEMIAN KT, RTFHITZ2RE TR FAEN S
" %IJO
ANl
node = stream.create("c50", "My node")

# "Model" tab
node.setPropertyValue("use_model_name", False)
node.setPropertyValue("model_name", "C5_Drug")
node.setPropertyValue("use_partitioned_data", True)
node.setPropertyValue("output_type", "DecisionTree")
node.setPropertyValue("use_xval", True)
node.setPropertyValue("xval_num_folds", 3)
node.setPropertyValue("mode", "Expert")
node.setPropertyValue("favor", "Generality")
node.setPropertyValue("min_child_records", 3)

# "Costs" tab

node.setPropertyValue("use_costs", True)
node.setPropertyValue("costs", [["drugA", "drugX", 2]1])

7 119: c50node B
c50node Jg 1k 1H JRPERA
target FE C50 BAYE A B HAR B DAL — Dl
ZPMANTFE. A, R DEERE
TR, AXREZEE, BESMHEM H
189 TN TAFLEAEET fUE M
output_type DecisionTree
RuleSet
group_symbolics FR&
use_boost Frk
boost_num_trials e
use_xval bR
xval_num_folds e
mode Simple
Expert

%13 = A B 203



7 119: c50node B4 (4#48)
c50node J& 1k {11 JEPERGIA
favor Accuracy B I R e
Generality
expected_noise e
min_child_records Hr
pruning_severity G
use_costs Frk
costs et ialte XA EN,
use_winnowing VA
use_global_pruning Fri& &N BEHE (True) .
calculate_variable_impor |#ri&
tance
calculate_raw_propensiti [#Fri&
es
calculate_adjusted_prope |#R&
nsities
adjusted_propensity_part |Test
ition
Validation
carmanode B1¥
o CARMA #RITEARER H P AB En T B BUTE I S MR E — RN, 5
ﬁé&ﬁ Apriori tH/z, CARMA i sl R BRI Fe AR B CLRRimMIEI) , mAMUZ
AT FE, XU MRAE A RN o] DA T2 N R, Bl FEEr ek
(RO AIAIFR, XL e R S5 i W ARLE T H AR E 8 AR Ao
Nl
node = stream.create("carma", "My node")

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("use_transactional_data", True)
node.setPropertyValue("inputs", ["BP", "Cholesterol", "Drug"])
node.setPropertyValue("partition", "Test")

# "Model" tab

node.setPropertyValue("use_model_name", False)
node.setPropertyValue("model_name", "age_bp_drug")
node.setPropertyValue("use_partitioned_data", False)
node.setPropertyValue("min_supp", 10.0)
node.setPropertyValue("min_conf", 30.0)
node.setPropertyValue("max_size", 5)

# Expert Options

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("use_pruning", True)
node.setPropertyValue("pruning_value", 300)
node.setPropertyValue("vary_support", True)
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node.setPropertyValue("estimated_transactions", 30)
node.setPropertyValue("rules_without_antecedents", True)

& 120: carmanode B 1%
carmanode Jg@ 1k 18 JEPERGIA
inputs [field1 ... fieldn] CARMA HERUE N T AR, A
H BT, AMEHAPETEMmRE
B, BXEZER, ESHIEE 189
DU Ty e
id_field FE FAERBIA AR IR 7 B B
contiguous Fra& AT HeE R BRI Z SIS,
use_transactional_data Fri&
content_field T
min_supp e (o) SRR, A RS &M SCFE
X, FREEN 20%,
min_conf e (Bakh) TREEN 20%,
max_size e EEZ 10,
mode Simple HA{EN Simple,
Expert
exclude_multiple bR HeBR B Z 45 R AR, SREER
False,
use_pruning Fra& HE{EN False,
pruning_value e BrE{E 500,
vary_support PR
estimated_transactions B
rules_without_antecedent |#r&
s
cartnode EB1%
A 2RAIE (C&R) M7 s AR B AT F T B 23 AR MBI DR S, % iRIEI 1
ACHT BB KR E RS, AR RGN R EI A, SRR
AN R H 100% FIMIIERRE T BAn =B — M e 380, A0 s IAE R “4ti
7. B AZER A LU EE R (B Blpdiind) ; AR E2E
IR (RAEWDTFE) S
N/l

node = stream.createAt("cart", "My node", 200, 100)

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Drug")

node.setPropertyValue("inputs", ["Age", "BP", "Cholesterol"])

# "Build Options" tab, "Objective" panel
node.setPropertyValue("model_output_type", "InteractiveBuilder")
node.setPropertyValue("use_tree_directives", True)
node.setPropertyValue("tree_directives", """Grow Node Index O Children 1 2
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Grow Node Index 2 Children 3 4""")
# "Build Options" tab, "Basics" panel
node.setPropertyValue("prune_tree", False)

node.setPropertyValue("use_std_err_rule", True)
node.setPropertyValue("std_err_multiplier", 3.0)

node.setPropertyValue("max_surrogates", 7)

# "Build Options" tab, "Stopping Rules" panel
node.setPropertyValue("use_percentage", True)

node.setPropertyValue("min_parent_records_pc", 5)

node.setPropertyValue("min_child_records_pc", 3)

# "Build Options" tab, "Advanced" panel

node.setPropertyValue("min_impurity", 0.0003)

node.setPropertyValue("impurity_measure", "Twoing")

# "Model Options" tab

node.setPropertyValue("use_model_name", True)

node.setPropertyValue("model_name", "Cart_Drug")
X 121: cartnode B4
cartnode B {8 JE PR
target T C&R MBI TR E s HFR B LA — 1
HEZNHANTH, En] EEMR T
B, AXEZELR, BE3RIEE F 189
T TS RUE Y -
continue_training_existi |fri&
ng_model
objective Standard psm AFAEH RIVEIESE, FINFRE
Server &%,
Boosting
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives bR
tree_directives string FEEAE MRS, B E =S|
5 () A, P EISHTEE S,
BT, ?E/%ﬂﬁ'éﬁ BdE s AR T
Y/ NE PR E U, IF HTRETCIAE
THAhEHRLE,
use_max_depth Default
Custom
max_depth B BRAMHIRE, M0 %1000, {HE
use_max_depth = Custom I,
prune_tree Frk& BBIR, DA EIE,
use_std_err PR EHRANKZE GRIEIRZE) .
std_err_multiplier G RARZEE,

206 IBM SPSS Modeler 18.5 Python [iIA sl F1 B 51k 45




& 121: cartnode JB 1% (4%%:)

cartnode JE 1% 1H JEPERA
max_surrogates & AT,
use_percentage Fr&
min_parent_records_pc e
min_child_records_pc I
min_parent_records_abs B+
min_child_records_abs G
use_costs ) v
costs ghkafk. “hRgeE
priors Data
Equal
Custom
custom_priors S gERL IR 1
adjust_priors ) v
trails G FA TR B2 AL 2 RS
set_ensemble_method Voting R EFREE AR,
HighestProbability

HighestMeanProbabilit
y

range_ensemble_method Mean HESE HARIIERA S R,
Median
large_boost PR X AR KBRS B FH HERE
min_impurity B
impurity_measure Gini
Twoing
Ordered
train_pct e ikt RIS RS
set_random_seed bri& p=XiiilE S
seed e
calculate_variable_impor |#ri&
tance
calculate_raw_propensiti [#Fri&

es
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& 121: cartnode JB 1% (4%%:)

cartnode JE1: {11 JE TR IR
calculate_adjusted_prope |tni&
nsities
adjusted_propensity_pazrt |Test
ition
Validation
chaidnode Ef%
O CHAID - R77GEH RA MR, DAE £/ 2#]l,  CHAID 55 C&R #i#1 QUEST
bk WRORE, BERTRVERRAE T, XEWERLEZERKA Z T3
NTFEAT LR BT (88L) 802K, 5% CHAID /& CHAID HfB1ERR, B r] A
MR ERTA FTRERIAR 77, EIHHERRRK,
NGl

filenode = stream.createAt("variablefile", "My node", 100, 100)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIN")

node

= stream.createAt("chaid", "My node", 200, 100)

stream.link(filenode, node)

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "CHAID")
node.setPropertyValue("method", "Chaid")
node.setPropertyValue("model_output_type", "InteractiveBuilder")
node.setPropertyValue("use_tree_directives", True)
node.setPropertyValue("tree_directives", "Test")
node.setPropertyValue("split_alpha", 0.03)
node.setPropertyValue("merge_alpha", 0.04)
node.setPropertyValue("chi_square", "Pearson")
node.setPropertyValue("use_percentage", False)
node.setPropertyValue("min_parent_records_abs", 40)
node.setPropertyValue("min_child_records_abs", 30)
node.setPropertyValue("epsilon", 0.003)
node.setPropertyValue("max_iterations", 75)
node.setPropertyValue("split_merged_categories", True)
node.setPropertyValue("bonferroni_adjustment", True)
& 122: chaidnode B
chaidnode J& 1% {11 JE TR IR
target T CHAID BRIFTE— P EHIRAR — %
MRMATE, EA] IREMR T,
KEZER, HSM T 5 189 TIHY
PR RUB S o
continue_training_existi |tri&
ng_model
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R 122: chaidnode B4 (44%)

chaidnode J& 4 1H JEPERA
objective Standard psm A FIEH KIEHES, FINFRE
Server %,
Boosting
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives bR
tree_directives string
method Chaid
ExhaustiveChaid
use_max_depth Default
Custom
max_depth B BAPHAE, M 0%1000, 1XfE
use_max_depth = Custom I,
use_percentage Fr&
min_parent_records_pc e
min_child_records_pc e
min_parent_records_abs B+
min_child_records_abs G
use_costs bRk
costs ghkfk. U AN G
trails e FATHEE B AL RO R AL
set_ensemble_method Voting R EFRIEE S IR,
HighestProbability

HighestMeanProbabilit
y

range_ensemble_method Mean S HARIERE S IR,
Median

large_boost PRk AR R RS I HE

split_alpha &S 53 B B E MK

merge_alpha G B EE MK,

%13 = A B 209



R 122: chaidnode B4 (44%)

chaidnode J& 4 1H JEPERA
bonferroni_adjustment PR fifi i Bonferroni {£18% T & H(E,
split_merged_categories |#ri& VPR E BRI T FE 2 H,
chi_square Pearson RXERATHERTSEIINTTE:
Pearson S {EIFALL

LR
epsilon PGS HTER B TR R A B NV AE
max_iterations e WS B RIEARIREL
set_random_seed B
seed B
calculate_variable_impor |tri&

tance

calculate_raw_propensiti |#ni&
es

calculate_adjusted_prope |tri&
nsities

adjusted_propensity_part |Test
ition
Validation

maximum_number_of models |%#%k

coxregnode [B1%

A Cox [BIJAH 1, 0] DIEC A R E L R @2 IN A B E R, T

% LRIGEME, BRI R—MAARE, FRIELS EN ] (1) ZRAAEKRE
ol
node = stream.create("coxreg", "My node")
node.setPropertyValue("survival_time", "tenure")
node.setPropertyValue("method", "BackwardsStepwise")

i# Expert tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("removal_criterion", "Conditional")
node.setPropertyValue("survival", True)

& 123: coxregnode B1%

coxxegnode Jg@Tk (1 JETEHIA

survival_time FE Cox [RIABA TR — N 5 AR Z I [A]
FREA= S

target T Cox [AIARAI T Z — N HIRFE DA

—PREPMATE, AXEZF
B, ESHIEM % 189 Ty It
BT B o
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& 123: coxregnode B (44R)

coxregnode &1k H JE PR IR
method Enter
Stepwise
BackwardsStepwise
groups FE
model_type MainEffects
Custom

custom_terms

["BP*Sex" "BP*Age"]

mode

Expert

Simple

max_iterations

ey

p_converge

1.0E-4

1.0E-5

1.0E-6

1.0E-7

1.0E-8

p_converge

1.0E-4

1.0E-5

1.0E-6

1.0E-7

1.0E-8
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& 123: coxregnode B (44R)

coxregnode &1k H JE PR IR
1_converge 1.0E-1

1.0E-2

1.0E-3

1.0E-4

1.0E-5

0]
removal_criterion LR

Wald

Conditional
probability_entry B+
probability_removal B+
output_display EachStep

LastStep
ci_enable T
ci_value 90

95

99
correlation FRi&
display_baseline Fr&
survival TV
hazard TV
log_minus_log Fr&
one_minus_survival bri&
separate_line TE
value P E WERARNENFERIGEE, BLRXS

2T B A 1T “Mean”
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decisionlistnode EB{4%

)

RFPNRT AR FAHEE, RS B A4 E —ea R R = .
, VR E S PO R AN A RERLR Y2 Bl A A] REXS S8 b7 34 EHAR R i

fIZe B il BRI HE U A e R LLAREE TR, 8] DURF B AL S5 MR AR
R, JURAIFRAER  —HAR K, HAP DA S — DR A — P 4EER,
PRGN LA, AHDEFECHT 8 — RIS PR E 25 3R

N/l

node =
node.
node.
node
node.

stream.create("decisionlist",
setPropertyValue("search_direction",
setPropertyValue("target_value", 1)
.setPropertyValue("max_rules", 4)

setPropertyValue ("min_group_size_pct", 15)

"My node")

n Down n )

R 124: decisionlistnode &%

decisionlistnode &% 18 JEPERGA
target FE PURBIRBAEH — D ER AR —
ZNMMANTE, R A EMRTH,
BXREZER, ESR T 8 189 T
TN I SR MY
model_output_type Model
InteractiveBuilder
search_direction Up 5EREASE; Hrp Up YT =%
K" 1 Down 124 T (AR,
Down
target_value string WERARIEE, WARERHEHE,
max_rules B SR APH NN
min_group_size L BR/NBERN,
min_group_size_pct G B/NER/N (LEZTHRTR) S
confidence_level Hr AT RN FBAT SIS BOE 5%
T, N BRI = e B AL R B
(F) BB/ NEE,
max_segments_per_rule B
mode Simple
Expert
bin_method EqualWidth
EqualCount
bin_count Br
max_models_per_cycle B HIRIHEREE,
max_rules_per_cycle B BRI R B,
segment_growth B+
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3} 124: decisionlistnode B4 (4*42)

decisionlistnode J&%: {11 JETERGA

include_missing bri&

final_results_only ) TV

reuse_fields Fris AVEEMHEME (HIEA
ANFE)

max_alternatives B

calculate_raw_propensiti |Fri&
es

calculate_adjusted_prope |Fri&
nsities

adjusted_propensity_part |Test
ition
Validation

discriminantnode E1%

- AR HTHR HEE Logistic [RIASEANT kA%, (HZAEN R IXLERRIZN A BN Logistic
[4] [EHATA P EEATT RN 7T,

Nl

node = stream.create("discriminant", "My node")
node.setPropertyValue("target", "custcat")
node.setPropertyValue("use_partitioned_data", False)
node.setPropertyValue("method", "Stepwise")

& 125: discriminantnode &%
discriminantnode &1 {1 JETEHA
target T HIBERI T E D HAR B AN — P E
ZANT B AMEF R BRI
T, AXEZER, BT E
189 DI Mt mUE s
method Enter
Stepwise
mode Simple
Expert
prior_probabilities AllEqual
ComputeFromSizes
covariance_matrix WithinGroups
SeparateGroups
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& 125: discriminantnode |1 (444%)

discriminantnode J81: 1H JEPERA

means Fri& “ R N TEAE ST
univariate_anovas bR

box_m Frk

within_group_covariance |#ri&

within_groups_correlatio [#ri&
n

separate_groups_covarian |frid

ce

total_covariance bR

fishers R&

unstandardized Fr&

casewise_results bri& “ER G R TEAE HR Y 2 0 T,
limit_to_first ey HREE 10,

summary_table Fri&

leave_one_classification |#ri

combined_groups Fr&

separate_groups_covarian [#ri& FEFRETR T %
ce

territorial_map T

combined_groups bRk AR T R
separate_groups PRk BRI il
summary_of_steps FR&

F_pairwise bR

stepwise_method WilksLambda

UnexplainedVariance

MahalanobisDistance
SmallestF
RaosV
V_to_enter Br
criteria UseValue
UseProbability
F_value_entry e A EZ 3.84,
F_value_removal e EEZ 2.71
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& 125: discriminantnode |1 (444%)

discriminantnode J&1%: 1H JE TR IR
probability_entry Hr HE{EZ 0.05,
probability_removal Br HE{ERZ 0.10,
calculate_variable_impor [#i&E
tance
calculate_raw_propensiti |fri&
es
calculate_adjusted_prope |#ri&
nsities
adjusted_propensity_part |Test
ition
Validation

extensionmodelnode B4

R

Python for Spark {3l

JHHHE script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension_build",
node.setPropertyValue("syntax_type",

build_script =
import json
import spss.pyspark.runtime

By A R, ATBUST R 3 Python for
Spark BIA A AT IE 7 45 5

"extension_build")
"Python")

from pyspark.mllib.regression import LabeledPoint

from pyspark.mllib.linalg import DenseVector

from pyspark.mllib.tree import DecisionTree

cxt = spss.pyspark.runtime.getContext()

df = cxt.getSparkInputData()
schema = df.dtypes[:]

target = "Drug"

predictors = ["Age", "BP","Sex",6 "Cholesterol",6 "Na", "K"]

def metaMap(xrow,schema):
col =0
meta = []

for (cname, ctype) in schema:

if ctype == 'string':

meta.append(set([row[col]]))

else:

meta.append((row[col],row[col]))

col += 1
return meta

def metaReduce(metal,meta2,schema):

col =0
meta = []

for (cname, ctype) in schema:

if ctype == 'string':

meta.append(metal[col].union(meta2[col]))

else:
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meta.append((min(metal[col] [0],meta2[col] [0]),max(metal[col][1],meta2[col][1])))
col += 1
return meta

metadata = df.rdd.map(lambda row: metaMap(row,schema)).reduce(lambda x,y:metaReduce(x,y,schema))

def setTolList(v):
if isinstance(v,set):
return list(v)
return v

metadata = map(lambda x: setTolList(x), metadata)
print metadata

lookup = {%
for i in range(0,len(schema)):
lookup[schema[i][0]] = i

def row2lLabeledPoint(dm,lookup,target,predictors, row):
target_index = lookup[target]
tval = dm[target_index].index(row[target_index])
pvals = []
for predictor in predictozrs:
predictor_index = lookup[predictor]
if isinstance(dm[predictor_index],list):
pval = dm[predictor_index].index(row[predictor_index])
else:
pval = row[predictor_index]
pvals.append(pval)
return LabeledPoint(tval,DenseVector(pvals))

# count number of target classes
predictorClassCount = len(metadata[lookup[target]])

# define function to extract categorical predictor information from datamodel
def getCategoricalFeatureInfo(dm,lookup,predictors):
info = §%
for i in range(0,len(predictors)):
predictor = predictors[i]
predictor_index = lookup[predictor]
if isinstance(dm[predictor_index],list):
info[i] = len(dm[predictor_index])
return info

# convert dataframe to an RDD containing LabeledPoint
lps = df.rdd.map(lambda row: row2LabeledPoint(metadata,lookup,target,predictors,row))

treeModel = DecisionTree.trainClassifier(
1ps,
numClasses=predictorClassCount,
categoricalFeaturesInfo=getCategoricalFeatureInfo(metadata, lookup, predictors),
impurity="'gini',
maxDepth=5,
maxBins=100)

_outputPath = cxt.createTemporaryFolder()

treeModel.save(cxt.getSparkContext (), _outputPath)

cxt.setModelContentFromPath("TreeModel", _outputPath)

cxt.setModelContentFromString("model.dm", json.dumps(metadata), mimeType="application/json")\
.setModelContentFromString ("model.structure",treeModel.toDebugString())

node.setPropertyValue ("python_build_syntax", build_script)

R 351

JHHHE script example for R

node.setPropertyValue ("syntax_type", "R")
node.setPropertyValue("r_build_syntax", """modelerModel <-
1m(modelerData$Na~modelerData$K, modelerData)
modelerDataModel

modelerModel

")

%13 = AT SR 217



X 126: extensionmodelnode B%E

extensionmodelnode J&k &

JEPEHA

syntax_type R FREIBTTMNMAIA - R B2 Python (R
EMREE)
Python
r_build_syntax string X2 T TR R R BIAIEE,
I_score_syntax string X THATHEETES 1 R A IETE,
python_build_syntax string XA T AT R Python JIATE
o
python_score_syntax string XZHTHATHEAIE S H Python IIATE
720
convert_flags StringsAndDoubles IR F i bR 7B
LogicalValues
convert_missing FRi& FT R RAE R R NA ERTIZI,
convert_datetime Fr& IIETH T B A H s H BAR [E g X
FAS 24 R H A/ Al A% =
convert_datetime class POSTXct IXEEE I T e 2R H s H HAR )
POSTX1t Fa A BN 28 K
output_html Fri& R F1E R A AT+ -2
~ETE
output_text PRk MR 5 R zfl e XAHmES £ R

RRALBR A IR

factornode B1¥
“PCAJIR T AR L T R (AR 2 B ISR R, RO
> (PCA) FIHCHE N FERIER o 2 O M T 8 Bt A b 75 2,

HHAEHHISZ DR HEIER (HEEH)

Syl ziﬁiﬂ%ﬂf@l%, JXEELA]

E LU E’J?E&E’%E\WE’J*H% Iﬁ%f 7t TR, HILEEEARREKE AT

W e T B A G B T A RS SS
ANl
node = stream.create("factor", "My node")

# "Fields" tab
node.setPropertyValue("custom_fields", True)
node.setPropertyValue("inputs", ["BP", "Na",
node.setPropertyValue("partition", "Test")

# "Model" tab

node.setPropertyValue("use_model_name", True)
"Factor_Age")
False)

node.setPropertyValue("model_name",

node.setPropertyValue("use_partitioned_data",

node.setPropertyValue("method", "GLS")
# Expert options
node.setPropertyValue("mode", "Expert")

node.setPropertyValue("complete_records", True)
"Covariance")

node.setPropertyValue("matrix",
node.setPropertyValue("max_iterations", 30)
node.setPropertyValue("extract_factors",
node.setPropertyValue("min_eigenvalue", 3.0)
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"K"])

"ByFactors")




node.setPropertyValue("max_factor", 7)

node.setPropertyValue("sort_values", True)
node.setPropertyValue("hide_values", True)
node.setPropertyValue("hide_below", 0.7)

# "Rotation" section
node.setPropertyValue("rotation",

node.setPropertyValue("delta", 0.3)
node.setPropertyValue("kappa", 7.0)

"DirectOblimin")

& 127: factornode B4

factornode JB 1 1H
inputs [field1 ... fieldN] PCA/ A F B F i N FBEAIER, H
ANMEFABEFR, A R E T B AR 7
B, BXEZER, B3I % 189
DUy P R
method PC
ULS
GLS
ML
PAF
Alpha
Image
mode Simple
Expert
max_iterations I
complete_records bri&
matrix Correlation
Covariance
extract_factors ByEigenvalues
ByFactozrs
min_eigenvalue BF
max_factor S
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& 127: factornode B (4442)
factornode JE& 1k {i JE PR
rotation None
Varimax
DirectOblimin
Equamax
Quartimax
Promax
delta T NS DirectOblimin 7E e EEEL
PEEVRAY ) AT PAFEE delta MIMES
WERARIEE—ME, WA delta iy
TAEE,
kappa & WERIERE Promax TENHEFEEERIZE
a0 a] DS kappa BB,
WERKRIEE —ME, WPEHEH kappa 1Y
AEE,
sort_values ) TV
hide_values ) TV
hide_below e

featureselectionnode B4

A

N/l

node = stream.create("featureselection",

“RHIBE R R — A (BINER(E S 0 b)) TR ER R AT, A5,
FONTHEE HARAN R T B AR EZ R THR, BN, RN aedases BT
MNEERIA, B2 MR N A A] REF T BB LS S TR ?

"My node")

node.setPropertyValue("screen_single_category", True)

node.setPropertyValue("max_single_category", 95)

node.setPropertyValue("screen_missing_values", True)

node.setPropertyValue("max_missing_values", 80)
node.setPropertyValue("criteria",
node.setPropertyValue("unimportant_below", 0.8)
node.setPropertyValue("important_above", 0.9)

node.setPropertyValue("important_label",
node.setPropertyValue("selection_mode", "TopN")

node.setPropertyValue("top_n", 15)

A R BN R ] “RHIEGE £ B SRR B, 1625 4 T DIRSZIAASORE]: AL SRR B

220 IBM SPSS Modeler 18.5 Python [iIA sl F1 B 1L 45 T

“Likelihood")

"éheck Me OQut!")




& 128: featureselectionnode B

featureselectionnode @1 8 JEPERGIA
target FE ﬁﬁﬁﬁﬁ BUREX FH6E Y B okt il
M EHATHES . A @ﬁﬁﬂé%ﬁxﬂl
’fﬁ FE, AXEZER, HSHE
25 189 T T@ﬁ@*ﬁ%)ﬁ)@
D o
screen_single_category FRa& AR True, NPRETRZEAX T Id 5
s /I\i%'UEF'EJﬁﬁ%EST?E"J?
‘EXO
max_single_category e+ {67 screen_single_category
1 True B A Y BIE,
screen_missing_values Fri& WM True, NPKGHIEBEA T ZH
HNFE, FREFRNICTEEN
=R
max_missing_values v
screen_num_categories PR WM True, NPETHEMN TR
Hims BAEZFINFE.
max_num_categories e
screen_std_dev bR W True, WIRETRIEIREZ/NTEL
EFETHeE i/ IMENFEL
min_std_dev e+
screen_coeff of var Fri& WM True, MPKGHIE T ZREUNT
NETHEER/IMENTEL
min_coeff of var v
criteria Pearson B8 7325 H ot o3 2 A% & i THE
PRI, 4572 FVERAE B 2 ERIARYE
Likelihood B
CramezrsV
Lambda
unimportant_below Hr fEE A TR EHRCON EE,
PR el “RNEZ"H p H{H, #32M 0.0
] 1.0 HIME,
important_above Br #35ZM 0.0 2 1.0 HY{H,
unimportant_label string feE “NEZEHRRAIRE
marginal_label string
important_label string
selection_mode Importancelevel
ImportanceValue
TopN
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& 128: featureselectionnode @14 (444:)
featureselectionnode @1 8 JEPERGIA
select_important Fr& 1f selection_mode ZE N
Importancelevel I, & ERIE
BEE T,
select_marginal Fr& 1f selection_mode &&E N
Importancelevel i, f5EREAI%E
v T A2
select_unimportant PR 1f selection_mode &EH
Importancelevel i, f5EREAI%
BANER T,
importance_value e 1£ selection_mode &N
ImportanceValue i, F57EZE A
HrF 8, #ZM 0 F] 100 I{H,
top_n B £ selection_mode % &E 4 TopN
i, MRS E, #EZMNO0
#1000 MIfHE,
genlinnode EB1%
I SRR T SRR T TR, IXFERZE B id i 5 8 1 SR R £ S TR A0
A ELMEMEE, MH, HEMEATREEZIFIESS . Bl T RKRESR A
HIThRE, GIELMERIE, ZHEEVH, THECEHE R B PR X (A AR A7 A,
A
node = stream.create("genlin", "My node")

node.setPropertyValue("model_type",
node.setPropertyValue("offset_type", "Variable")

"MainAndAllTwoWayEffects")

node.setPropertyValue("offset_field", "Claimant")

7 129: genlinnode B

genlinnode J&: {11 JEPERGA

target FE 7NN SR A HR B (W0
B PMEAEIRE) , k—1EE
WMANTE. HHb, A LAEENET
B, AXEZER, HSRIEHEE
189 T TAFET B S o

use_weight PR

weight_field FE FEREBIHESL,

target_represents_trials |Fri&

trials_type Variable

FixedValue
trials_field T FEREEES, WESET,
trials_number 7 BEMEN 10,
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& 129: genlinnode @14 (44%:)

genlinnode J& 1 {11 JEPERGIA
model_type MainEffects
MainAndAllTwoWayEffec
ts
offset_type Variable
FixedValue
Offset_fleld ?E& ?E&%ﬂ/\ﬁ@gﬁo
offset_value G WA SN
base_category Last
First
include_intercept PR
mode Simple
Expert
distribution BINOMIAL IGAUSS: WiEith,
GAMMA NEGBIN: fi 1z,
IGAUSS
NEGBIN
NORMAL
POISSON
TWEEDIE
MULTINOMIAL
negbin_para_type Specify
Estimate
neghin_parameter B BREEN 1. DAEE— MRS
tweedie_parameter &S
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& 129: genlinnode @14 (44%:)

genlinnode J& 1 {11 JEPERGIA

link_function IDENTITY CLOGLOG: HAMAATEL,
CLOGLOG LOGC: Xk,
LOG NEGBIN: Iz,
LOGC NLOGLOG: FlH %4,
LOGIT CUMCAUCHIT: 2 Cauchit,
NEGBIN CUMCLOGLOG: ZEFHE MUK,
NLOGLOG CUMLOGIT: ZEMorxt#k,
ODDSPOWER CUMNLOGLOG: RTINS EK,
PROBIT CUMPROBIT: ZEFIMEZR,
POWER
CUMCAUCHIT
CUMCLOGLOG
CUMLOGIT
CUMNLOGLOG
CUMPROBIT

power e BT AL

method Hybrid
Fisher
NewtonRaphson

max_fisher_ iterations e BREEN 1; HAarrEEE,

scale_method

MaxLikelihoodEstimate

Deviance
PearsonChiSquare
FixedValue
scale_value e EER 1; BIRT 0,
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& 129: genlinnode @14 (44%:)

genlinnode J& 1 {11 JEPERGIA
covariance_matrix ModelEstimator
RobustEstimator
max_iterations B BRE(EN 100; XV AR,
max_step_halving e BRAEN 5; AR IEREEL
check_separation R&
start_iteration e BREE 20; XAV IEEEEL,
estimates_change FRi&
estimates_change_min B+ HE{EH 1E-006; (N IEEL
estimates_change_type Absolute
Relative
loglikelihood_change PR
loglikelihood_change_min | (¥ R TR fef BB
loglikelihood_change_typ [Absolute
e
Relative
hessian_convergence PR
hessian_convergence_min |%& SR R R R
hessian_convergence_type [Absolute
Relative
case_summary bR
contrast_matrices bR
descriptive_statistics ) T
estimable_functions Fr&
model_info Rk
iteration_history Fri&
goodness_of_fit bR
print_interval Br BREEN 1; VAU EEEEL,
model_summary ) T
lagrange_multiplier FRi&
parameter_estimates PR
include_exponential bR
covariance_estimates bRk
correlation_estimates bR
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& 129: genlinnode @14 (44%:)

genlinnode J& 1 {11 JEPERGIA
analysis_type Typel

TypelIIl

TypeIAndTypelIl
statistics Wald

LR
citype Wald

Profile
tolerancelevel Br & {ERZ 0.0001,
confidence_interval e HEEZ 95,

loglikelihood_function Full

Kernel

singularity_tolerance 1E-007
1E-008
1E-009
1E-010
1E-011

1E-012

value_order Ascending
Descending

DataOrder

calculate_variable_impor [#R&E
tance

calculate_raw_propensiti |fri&
es

calculate_adjusted_prope |#ri&
nsities

adjusted_propensity_part |Test
ition
Validation
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glmmnode E1&

J7XERMER G (GLMM) § e 7ERMERRRY, 1S HARR DV IRIES 0, @ feE
Ve AUEERE PR B R A BAMERSE, FF EIERTREM G, | EAPEIR SN =5
' T AR, I A L AT AR B L E A R R ) B O e PR

& 130: glmmnode B4

glmmnode J&M: {[1 JETERGA

residual_subject_spec ghEkfk. XEEEN D RFERNEAS, AE
M — i e BRI F K,

repeated_measures gEf{k, XL B B T AR IR B A LIE,

residual_group_spec

[field1 ... fieldN]

XIE T CEE RN T E SR

MEEHT B

residual_covariance_type

Diagonal

AR1

ARMA11
COMPOUND_SYMMETRY
IDENTITY

TOEPLITZ
UNSTRUCTURED

VARIANCE_COMPONENTS

TEETRAERI P77 22458

custom_target

PR

FEAHZ M FAE L3 RUE X B AR
(false) M target_field f&5EM
FEM B (true)s

nce

target_field TE ZHEBMRNFE (R
custom_target 5 true) ,
use_trials Fr& Faor B b g —HIRE R AR A%
HER, BEMHATEE R EI
INFEEE, HREEN false,
use_field_or_value Field ErEMHTE (g B2EREE
RIEEL
Value
trials_field TE B T E L
trials_value B HWER TR, WREEE
1, BRaB/IMER 1o
use_custom_target_refere [#ri& R ERZSERBHT 2K EBir, Gt

AE N false,
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& 130: glmmnode B4 (4442

glmmnode J& 1 1H JEPERIA
target_reference_value string BERNZER (R
use_custom_target_reference A
true) .
dist_link_combination Nominal EFMER AR AR, 3k
Custom A] LUEE
Logit target_distribution AHRMLHIFIFE
ERlESpH i
GammalLog
Binomiallogit
PoissonLog
BinomialProbit
NegbinLog
BinomiallLogC
Custom
target_distribution Normal 2 dist_link_combination#y
Custom I HARMER 731,
Binomial
Multinomial
Gamma
Inverse
NegativeBinomial
Poisson
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& 130: glmmnode B4 (4442

glmmnode &1 & JEPERA
link_function_type Identity LR AT BER
{E SRS P As &
LogC W target_distribution 9
Binomial, ARZMEA] A
Log g BT ] SEER PR K
W target_distribution A
. Al N
CLOGLOG g}&’%gmlal ZAMNHEAE, ARALE
CLOGLOG, CAUCHIT, LOGIT,
Logit NLOGLOG ¢ PROBIT,
W target_distribution A
NLOGLOG Binomial 8% X
Multinomial ZAMIAEMIE, ARAME
Al DAE A
PROBIT IDENTITY. LOG 5% POWER.
POWER
CAUCHIT
link_function_param e T AR R S EE, Y
normal link_function =
link_function_type &y POWER WA
EH,
use_predefined_inputs Fr& FERE BN F BRI L E SO
FERITE (true) 2K H
fixed effects list HJFE
(false), GitA1H false,
fixed_effects_list gEr{L W% use_predefined_inputs K
false, ALIEERHANTEHIEREE
BN T B o
use_intercept bRk WA true (BE) , ALEHRFH
FEEEE,
random_effects list gEftk VERBENLIRE N 5 € B F-EX A1 3R o
regression_weight_field |7 XEHE I E T BN T,
use_offset None ferunfs Emf%. {E None TR ANE

offset_value

offset_field

M5,

offset_value

oy

use_offset &EN offset_value
I FH A A ME

offset_field

TR

use_offset &N offset_field
N TR ERFER,
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& 130: glmmnode B4 (4442

glmmnode &1 8 JEPERIA
target_category_order Ascending DR ERRHEFEIY, {H Data f57E
ﬁﬁ?ﬁli‘ﬁ?ﬁ"]ﬂ%ﬂlﬁﬁo A ER
Descending Ascending.
Data
inputs_category_order Ascending R & T, {8 Data &
%@ﬁ%ﬁi‘%*ﬂ’\]ﬁ?ﬂlﬁﬁ} A {EN
Descending Ascending,
Data
max_iterations B HETEEHI TR RIEIREL, EHREE
¥, BEEN 100,
confidence_level B X2 T AR R B X R THE
BREEIG, R, mKEN
100, HRE{EN 95,
degrees_of_freedom_metho |Fixed eI B U DU T B A
d 5,
Varied
test_fixed effects_coeff |Model XTI RS T ZRERER T
ecients %o
Robust
use_p_converge PR T8 S LT,
p_converge e 23 H AT IE B,
p_converge_type Absolute
Relative
use_l_converge Frik FH T X BRI S I,
1_converge e = EERENXEE
1_converge_type Absolute
Relative
use_h_converge Frk FHT Hessian WS 3ETH,
h_converge e S H BT IEE,
h_converge_type Absolute
Relative
max_fisher_steps B
singularity_tolerance e
use_model_name PRk fem 2 BRI E E IR (true) 2

FEHARSAE RIS IR (false), $REHE
A false,
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& 130: glmmnode B4 (4442

glmmnode J&: 8 JE R R
model_name string % use_model_name N true, FF4
Fig e (5 FH AR A FR
confidence onProbability TEIE BE A E M & AL
REE S RE TR 2 %,
onIncrease
score_category_probabili |#ri WMRA true, WHTIHEARARCHIAE
ties %, EEN false,
max_categories B LIES
score_category_probabilities
H true, IBAFEERFERARITHIEL.
score_propensity PR Wy true, WEAFRIC BARTBA R
mIPEsy, fERFEEER N “true” AT RE
P
emeans structure X T E R BN RPN 77 KT,
fEE B A UL AR EIE,
covariance_list structure T [EE RN AR H NS ST,
FEE H ARG THA bR AR 2 8 F S ET
= B IE XHE,
mean_scale Original feE 2REEMmNRGRE (Bd) &
TENRAE SR R B 4R T SR T I BR Y
Transformed {H
comparison_adjustment_me |LSD Xt 2206 B A TR 36 B (5 P A
thod ik
SEQBONFERRONT
SEQSIDAK

gle B

GLE §"J& 7 EeMEBA, DARE HAnn] A ARIEAS 0 A, IS8 E B IR KBS A T
L WRAMMR, FEHMWMERRENSS, |~ ERIER A BRI 7 AR, ALk
' PEEF R 2R RS A B E B 2 s,

xR 131:gle B

gle @Mt {11 JE PERIA

custom_target FRi& FERHR T BT RUE B (false) B
EH target_field fEEMEHIHFR
(true),

target_field EA2 BHEBMRITE (WHE custom_target h
true) ,

use_trials Fri& Feor H bR 2 — IR 5 H & A AR 2

i, 2 T E B hn 7B ek
H, ThEEN false,
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R 131: gle B4 (44R)

gle J@1E 8 JEPERGIA
use_trials_field or_val |Field ferEHTEER E) BREREEHE
ue i
Value
trials_field T Ieer B T I
trials_value B HEA et wREEIHENE, A
w&/IMEHN 10
use_custom_target_refer |[#ri& e ERIZE R T 7K R, TEEN
ence false,
target_reference_value |[string FUERANZSE LG (R
use_custom_target_reference Hy
true) ,
dist_link_combination NormalIdentity EARME R 30 Y A AR
Gammalog %P CUSTOM A] LAFRAE
target_distribution FT{RHLIIFIRIEE
PoissonLog I3
NegbinlLog
TweedieIldentity
NominallLogit
Binomiallogit
BinomialProbit
BinomiallogC
CUSTOM
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R 131: gle B4 (44R)

gle @Mk 8 JEPERGIA
target_distribution Normal Y dist_link_combination & Custom At
HARMER 71,
Binomial
Multinomial
Gamma

INVERSE_GAUSS

NEG_BINOMIAL

Poisson

TWEEDIE

UNKNOWN
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R 131: gle B4 (44R)

GEN_LOGIT

CUMUL_LOGIT

CUMUL_PROBIT

CUMUL_COMPL_LOG_L

0G

CUMUL_NEG_LOG_LOG

CUMUL_CAUCHIT

gle itk fii [IEn
link_function_type UNKNOWN X2 T B ARE S A sAH S 1 B R
¥, W target_distributionh
IDENTITY Binomial, ARAMH] A :
LOG UNKNOWN
LOGIT IDENTITY
PROBIT LOG
COMPL_LOG_LOG LOGIT
POWER PROBIT
LOG COMPL COMPL_LOG_LOG
NEG_LOG_LOG POWER
0DDS_POWER LOG_COMPL
NEG_BINOMIAL NEG_LOG_LOG
0DDS_POWER

N target_distribution
NEG_BINOMIAL, HRZM&EwTDAHEH :

NEG_BINOMIAL.

R target_distribution 5 UNKNOWN,
AR 2SR DA -

GEN_LOGIT
CUMUL_LOGIT
CUMUL_PROBIT
CUMUL_COMPL_LOG_LOG
CUMUL_NEG_LOG_LOG

CUMUL_CAUCHIT

link_function_param

By

B A Tweedie Z8UH, 104
normal_link_function &
link_function_type & POWER A&
H
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R 131: gle B4 (44R)

gle @1k 8 JEPERGIA
tweedie_param e+ FUEAR R RS EBUE, (OERT
dist_link_combination i&&H
TweedieIdentity &
link_function_type 7 TWEEDIE 1%
o
use_predefined_inputs Frik TR N - B R R B O N FER
T (true) EKH
fixed_effects_list HJ7Ek (false),
model effects list 5L W use_predefined_inputs iy false,
TETEE B AR N, = B i N 7 B o
use_intercept Fr& RN true (GRE) , LRI EIFREL
B,
regression_weight_field |FEk XBRE A E T BT B
use_offset None feranfaifeEmi. {8 None AN i
%,
Value
Variable
offset_value I use_offset IXEN offset_value HH{#HH
R AE,
offset_field T use_offset IXE N offset_field AT
RS AN 7B
target_category_order Ascending SREVRHEFE T, SREERN
Ascending,
Descending
inputs_category_order Ascending AR & HEE T, SREER
Ascending,
Descending
max_iterations B HWEIEBEHI TR RERIREL, JEFUREL; 6
A{EN 100,
confidence_level e XA T EER A X B THEN BEE
2l AEREEL; EBOR(EM 100, SREED
95,
test_fixed_effects_coef [Model XTI ESEL T 5 2R T
fecients
Robust
detect_outliers Fri& B true I, BB EIRERZ 00X 740 PASMR
FIrE o Am R R B B
conduct_trend_analysis |#ri& BN true I, WEIES KBS BTS2

*ﬁo
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R 131: gle B4 (44R)

gle @1k

=1

JEPERA

estimation_method

FISHER_SCORING

NEWTON_RAPHSON

TRERA G TR,

HYBRID
max_fisher_iterations B RARIERRE (R EH FISHER_SCORING
estimation_method) . &/IMENO, &K
B4 20,
scale_parameter_method MLE fEEEH T RESEN T .
FIXED
DEVIANCE

PEARSON_CHISQUARE

scale_value Br V24 scale_parameter_method Z &N
Fixed I ATH,

negative_binomial_metho | . FeE BT A I B 28 T T

d FIXED

negative_binomial_value |%(F {4 negative_binomial_method &N
Fixed IATH,

non_neg_least_squares bRk BHPITIEE/NE . BPEEDN false,

use_p_converge bri& T SEIRSIETT,

p_converge S = HEAEATIE(E,

p_converge_type PR True FR4aXf, False FRAHXS

use_l_converge bRk FH T X EACSR I S 3ZE 10,

1_converge e 73 BT IE B,

1_converge_type PR True F/RAEXS, False FRtEXT

use_h_converge Fr& FF Hessian WS IETI,

h_converge S = HEAEAIEE,

h_converge_type PR True FR4aXf, False FRAHXS

max_iterations I IRTEEPITH R IR EL, AR ik
A1 100,

sing_tolerance B

use_model selection bRk B S8 S EREAE S 7T R

method LASSO TfiE AT (E AU B 77 1k (AN SRAE

ELASTIC_NET
FORWARD_STEPWISE
RIDGE

Ridge, ABAMEMNILTTIE) -
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R 131: gle B4 (44R)

gle @1k

JEPERA

detect_two_way_interact
ions

{E4 True I, B B Ak A\ 7B A
AR AI 22 B

ET e s VAN G I Vel b NS R )
BN ) ELE method Jymaraisb i,
Lasso 3PS, A 15 A e

automatic_penalty_param
s

{4 AL method A Lasso B 58 4: [ 4% st
AT

{5 FH It BRI BRRT DABI NS Lasso BRSHPE 2825 &
BT IE RS B

GUERAEN True, B2RMEMEREE, WR(1E
N False, ARAKEHTIZE, FHHEREA
SEHlE,

lasso_penalty_param

AV YA method o Lasso BR 38 H: 4% 3
H automatic_penalty_params 5 False

AR, 4 Lasso HEETT S EUE.

elastic_net_penalty_par
aml

{4 AR method 4 Lasso B34 M 4% 3
H automatic_penalty_params A False

AR, Vs Res2E 1 fa0E T S EUE,

elastic_net_penalty_par
am2

AR method 24 Lasso BGHEMIZ%H:
H automatic_penalty_params & False

AT, gt mgEE 2 e S S5,

probability_entry

=PI method AFAATS I AR, #HXf
RN AL, HEE f GEHARIER KT

probability_removal

= PniE method ANFAATS AW, #HXf
RUNLRR, 7€ f GEitARIER) T MK,

use_max_effects

{4 FiE method ARG N A AT,
JaH max_effects #%#4,

SMEN False I, Frfl & ABE ROV BV <5
TR R ) S O BB

max_effects

i
s

FERE 5 A AT AT 2D AR A 77 TR N R B RSN B

use_max_steps

=]
C

JE F max_steps ##1F,

S{EN False I, SREDIEREVETRMES
TR TR RTS8 5 ) =A% R S A

max_steps

fae i AR AT method I BEHIT B
R EREL

use_model_name

TR MR AHEE —MERIFR (true), T2
HEHARSGLERAIAFR (false), GREEN

false,
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R 131: gle B4 (44R)

gle @1k {i JEPERGIA
model _name string W% use_model_name N true, ILIEE
i FH BB A4 78
usePI Fr& WHAEN true, HB2NGTHHE PN &%
%,
kmeansnode E1¥
K-Means 1 AU EIBERREIARF A EERE) o AP E EENRIKE,
(% KICSKIER DAL R, DIARRRESD, HEF— S IAOCEESo S, k-
means T RSN —REHEIRE S SINUG], EHANRKETGSE, mEEREESER AT
BRI,

Nl

node = stream.create("kmeans", "My node")

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("inputs", ["Cholesterol", "BP", "Drug", "Na", "K",
IIAgeII])

# "Model" tab

node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "Kmeans_allinputs")
node.setPropertyValue("num_clusters", 9)
node.setPropertyValue("gen_distance", True)
node.setPropertyValue("cluster_label", "Number")
node.setPropertyValue("label prefix", "Kmeans_")
node.setPropertyValue("optimize", "Speed")

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("stop_on", "Custom")
node.setPropertyValue("max_iterations", 10)
node.setPropertyValue("tolerance", 3.0)
node.setPropertyValue("encoding_value", 0.3)

& 132: kmeansnode B4

kmeansnode J& 1k {é JE g
inputs [field] ... fieldN] K-means HABITE— RFH AN F B LT

RED, EHNMEAERTER, AME
PR E TR 7B, AXREZE
B, HSHTM % 189 Ty Ttk

TREM .

num_clusters e
gen_distance Fri&
cluster_label String

Number
label_prefix string
mode Simple

Expert
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& 132: kmeansnode B4 (4k48)

kmeansnode & 1H JE SR
stop_on Default
Custom
max_iterations BF
tolerance e
encoding_value B+
optimize Speed Tk sim 7 X2 2N
ﬁo
Memory
kmeansasnode Bt

EREE R B E NIUE LB, SPSS

Modeler H1f] K-Means-AS 15 fifdi i Spark #7281, A% K-Means BiERIE4IE
&, 2 https://spark.apache.org/docs/2.2.0/ml-clustering.html, EER, K-

K K-Means Z%ﬁ-iﬁﬁﬁ i %@@%&Z—o

Means-AS i 5 H 30 7 2L B AT IR G Y .

X 133: kmeansasnode B4

kmeansasnode &% & JE AR

roleUse string f67E predefined R AT X
i, $87E custom FREHEHIFERS
fic, HRE{EN predefined,

autoModel 1/R1E 87 true RNFEHRE LFR ($S-
prediction) HT#TAERAIPESFER,
fe® false FRERERIZHR, E
{EH true,

features FE T AR TEAIRIFR (R
roleUse EHIXE N custom) ,

name string WA R FR (AR
autoModel B E N false) ,

clustersNum R BORREEH, EEN S5,

initMode string WAL B, RIRERI(E N k-means | |
8¢ random, HRE{EN k-means]| |

initSteps B PG BRE (A0SR initMode BN
k-means||) . GREERN 2,

advancedSettings fi/R1E f&0E true FoRikL RAIY DN EM AT H,
A E N false,

maxIteration R BRI FIERIREL REEN 20,

tolerance string FILEREZE, FIRERVIREN
1.0E-1. 1.0E-2, ... 1.0E-6, H#
{EN 1.0E-4,
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& 133: kmeansasnode B (448

kmeansasnode J& 1% 1H JEPERIA

setSeed f/RM1E HaE true RonflEHERIBENIAF, B
HAEN false,

randomSeed B ﬁ%’”ﬁ;ﬁﬂﬁ? (I setSeed JEMN
true) .

knnnode E%

The k-BRITAHRBTTER (KNN) 7 s R8T A0 S I E P 2% B 2 ) o 5 HL R AT Y K

:-: DMRRAEANEE G k EEED o OIMNMERM B8, mARLIEME
[
N/l
node = stream.create("knn", "My node")
# Objectives tab
node.setPropertyValue("objective", "Custom")

# Settings tab - Neighbors panel
node.setPropertyValue("automatic_k_selection", False)
node.setPropertyValue("fixed_k", 2)
node.setPropertyValue("weight_by_importance", True)

# Settings tab - Analyze panel
node.setPropertyValue("save_distances", True)

2 134: knnnode B4
knnnode J& 1% H JEPERA
analysis PredictTarget
IdentifyNeighbozrs
objective Balance
Speed
Accuracy
Custom
normalize_ranges Fr&
use_case_labels Fr& HEIERER TR T —ME,
case_labels field TE
identify_focal_cases tri& HEIEMER T B N —NE,
focal cases_field FE
automatic_k_selection Fr&
fixed_k B HEY automatic_k_selectio X
False B8,
minimum_k B HEY automatic_k_selectio X
True WA & .
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R 134: knnnode B4 (44%)

knnnode J& 1k 1H JE TR IR
maximum_k B
distance_computation Euclidean

CityBlock
weight_by_importance FR&
range_predictions Mean

Median

perform_feature_selectio [#Iri&

n

forced_entry_inputs [field1 ... fieldN]

stop_on_error_ratio ) T

number_to_select B

minimum_change B

validation_fold_assign_b |#ri&

y_field

number_of_folds e HEY
validation_fold_assign_by_fie
1d }y False WA BH

set_random_seed ) T

random_seed P&

folds_field TE HEY
validation_fold_assign_by_£fie
1d H True A5 H

all_probabilities FRi&

save_distances FrRi&

calculate_raw_propensiti |fii&
es

calculate_adjusted_prope |tri&
nsities

adjusted_propensity_part |Test
ition
Validation

kohonennode E1%

. Kohonen ¥ s R B —FIphEe 2%, a2 2% AT F TR e SRR R B8 22 B,
= BEMZEUIZRSE G, MBI IC SR N AR f A TR X R B, 22 R A IC SR U B A b
- I, A DOEE AL T BT AT INE A SRR ER H AR B

TCo IXRFIEAE BRI R B A AT 11
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N/l

node = stream.create("kohonen", "My node")

## "Model" tab

node.setPropertyValue("use_model_name", False)
node.setPropertyValue("model_name", "Symbolic Cluster")
node.setPropertyValue("stop_on", "Time")
node.setPropertyValue("time", 1)
node.setPropertyValue("set_random_seed", True)
node.setPropertyValue("random_seed", 12345)
node.setPropertyValue("optimize", "Speed")

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("width", 3)
node.setPropertyValue("length", 3)
node.setPropertyValue("decay_style", "Exponential")
node.setPropertyValue("phasel_neighborhood", 3)
node.setPropertyValue("phasel_eta", 0.5)
node.setPropertyValue("phasel_cycles", 10)
node.setPropertyValue ("phase2_neighborhood", 1)
node.setPropertyValue("phase2_eta", 0.2)
node.setPropertyValue("phase2_cycles", 75)

3R 135: kohonennode B4

kohonennode J&1%: fH JE RS IR
inputs [field ... fieldN] Kohonen B A\ FERRI%5R, 1H
AMEH IR, AMEFHSERFINE T,
AREZELR, ESH I 5 189 1Y
PR SUBME o
continue R
show_feedback bri&
stop_on Default
Time
time B
optimize Speed ;Hﬂ THEENA R 7 2R RN
Memory
cluster_label VR
mode Simple
Expert
width B
length B
decay_style Linear
Exponential
phasel_neighborhood B
phasel_eta e
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X 135: kohonennode B4 (4k4%)

kohonennode J& 1% 1H J@ VA
phasel_cycles e
phase2_neighborhood B+
phase2_eta e
phase2_cycles e

linearnode Ei4%

N/l

node = stream.create("linear",

# Build Options tab - Objectives panel

node.setPropertyValue("objective",
# Build Options tab - Model Selection panel
"BestSubsets")

node.setPropertyValue("model_selection",

"My node")
"Standard")

LRAE RN AREARYE B bR 5 — D DN AL & 2 [RIATERIMESC ok I S H AR,

node.setPropertyValue("criteria_best_subsets", "ASE")

# Build Options tab - Ensembles panel
node.setPropertyValue("combining_rule_categorical", "HighestMeanProbability")
3 136: linearnode B4

linearnode J& 1k {8 JE A

target T feE A BT

inputs [field1 ... fieldN] AR FH P 2% i 7 B

continue_training_existi
ng_model

bRk

objective Standard psm I FIEH KIEHES, FINFRE
Server £,
Bagging
Boosting
psm
use_auto_data_preparatio [Iri&
n
confidence_level P&
model_selection ForwardStepwise
BestSubsets
None
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& 136: linearnode B (4442)

linearnode Jg1% 1H JEPERA
criteria_forward_stepwis [AICC
e
Fstatistics
AdjustedRSquare
ASE
probability_entry Br
probability_removal e
use_max_effects ) TV
max_effects S
use_max_steps PR
max_steps Hr
criteria_best_subsets AICC
AdjustedRSquare
ASE
combining_rule_continuou |Mean
s
Median
component_models_n e
use_random_seed TS
random_seed G
use_custom_model_name FR&
custom_model _name string
use_custom_name ) TV
custom_name string
tooltip string
keywords string
annotation string
linearasnode E1¥

LRME R BARIARSE H AR5 — s il AL B 2[RI LMok 2R P 5% H Aro
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&K 137: linearasnode B4

linearasnode J&1%: {11 JEPERGIA
target T faE B HhRT B
inputs [field1 ... fieldN] A FH ) TN AE B B
weight_field FE A B Y AT B
custom_fields PRk B {EN TRUE,
intercept bRk B (EN TRUE,
detect_2way_interaction [#ri& ELHEENARE, $RE{EN TRUE,
cin Br F T B S E Ak Y B X ]
EHEEART 0 H/hT 100 ffE, GRE(E
79 95,
factor_order ascending 3 RTINS EHE T T, SREES
ascending,
descending
var_select_method ForwardStepwise FERABANERE T, TPEEN
ForwardStepwise,
BestSubsets
none
criteria_for forward ste |AICC FH 1 Bz [ R RN 52 B A
pwise BRI RRA N SIS . REERN
Fstatistics AdjustedRSquare,
AdjustedRSquare
ASE
pin G R R IAA /N A E pin F
{BEE p EHIRNY, SREER
0.05,
pout Hr FREBREA R BA KT IHAEE pout
{HIY p (EREMIRN, SREEHN
0.10,
use_custom_max_effects Frs TE A B AP B B KON B, 1
H1H9 FALSE,
max_effects e FUE R AR R I R RNV 2, Bk
AEN 1,
use_custom_max_steps bri& BOMHHRABE, SREEN
FALSE,
max_steps S PHEIRE L Z BN R R, R

BN 1o
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% 137: linearasnode B4 (4442)
linearasnode &1k 1H JE TR IR
criteria_for_best_subset |AICC FERANGEAHTT. SEEN
s AdjustedRSquare,
AdjustedRSquare
ASE

logregnode B 1%

Logistic [IF@—RFiit 751k, Bl iRiEm A7 BRI EXNICSRT 2K, B 5L%MH

ra VA, ERHH 2K H AR BRI A 2 3T
E2UiEawN(]|
node = stream.create("logreg", "My node")

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["BP", "Cholesterol", "Age"])
node.setPropertyValue("partition", "Test")

# "Model" tab

node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "Log_reg Drug")
node.setPropertyValue("use_partitioned_data", True)
node.setPropertyValue("method", "Stepwise")
node.setPropertyValue("logistic_procedure", "Multinomial")
node.setPropertyValue("multinomial_base_category", "BP")
node.setPropertyValue("model_type", "FullFactorial")
node.setPropertyValue("custom_terms", [["BP", "Sex"], ["Age"], ["Na", "K"I11)
node.setPropertyValue("include_constant", False)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("scale", "Pearson")
node.setPropertyValue("scale_value", 3.0)
node.setPropertyValue("all_probabilities", True)
node.setPropertyValue("tolerance", "1.0E-7")

# "Convergence..." section
node.setPropertyValue("max_iterations", 50)
node.setPropertyValue("max_steps", 3)
node.setPropertyValue("l_converge", "1.0E-3")
node.setPropertyValue("p_converge", "1.0E-7")
node.setPropertyValue("delta", 0.03)

# "Output..." section

node.setPropertyValue ("summary", True)
node.setPropertyValue("likelihood_ratio", True)
node.setPropertyValue("asymptotic_correlation", True)
node.setPropertyValue("goodness_fit", True)
node.setPropertyValue("iteration_history", True)
node.setPropertyValue("history_steps", 3)
node.setPropertyValue("parameters", True)
node.setPropertyValue("confidence_interval", 90)
node.setPropertyValue("asymptotic_covariance", True)
node.setPropertyValue("classification_table", True)

# "Stepping" options
node.setPropertyValue("min_texms", 7)
node.setPropertyValue("use_max_terms", True)
node.setPropertyValue("max_terms", 10)
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node.setPropertyValue("probability_entry", 3)
node.setPropertyValue("probability_removal", 5)

node.setPropertyValue("requirements", "Containment")
Z IR
node = stream.create("logreg", "My node")

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Cholesterol")
node.setPropertyValue("inputs", ["BP", "Dxug", "Age"])
node.setPropertyValue("partition", "Test")

# "Model" tab

node.setPropertyValue("use_model_name", False)

node.setPropertyValue("model_name", "Log_reg Cholesterol")
node.setPropertyValue("multinomial_base_category", "BP")
node.setPropertyValue("use_partitioned_data", True)
node.setPropertyValue("binomial_method", "Forwards")
node.setPropertyValue("logistic_procedure", "Binomial")
node.setPropertyValue("binomial_categorical_input", "Sex")
node.setKeyedPropertyValue("binomial_input_contrast", "Sex", "Simple")

node.setKeyedPropertyValue("binomial_input_category", "Sex", "Last")
node.setPropertyValue("include_constant", False)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("scale", "Pearson")
node.setPropertyValue("scale_value", 3.0)
node.setPropertyValue("all_probabilities", True)
node.setPropertyValue("tolerance", "1.0E-7")

# "Convergence..." section
node.setPropertyValue("max_iterations", 50)
node.setPropertyValue("l_converge", "1.0E-3")
node.setPropertyValue("p_converge", "1.0E-7")

# "Output..." section

node.setPropertyValue("binomial output_display", "at_each_step")
node.setPropertyValue("binomial_goodness_of_fit", True)
node.setPropertyValue("binomial_iteration_history", True)
node.setPropertyValue("binomial_parameters", True)
node.setPropertyValue("binomial_ci_enable", True)
node.setPropertyValue("binomial _ci", 85)

# "Stepping" options
node.setPropertyValue("binomial_removal_criterion", "LR")
node.setPropertyValue("binomial_probability_removal", 0.2)

7% 138: logregnode B4

logregnode J&M: {1 JE PERIA
target T Logistic [AIJAREA TR ZE— 1 BART2EL DA

NPT, AMERRAM
WETER, AREZEER, ESHIEE
55189 WY MAMEET mUE S o

logistic_procedure Binomial
Multinomial

include_constant bri&

mode Simple
Expert
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& 138: logregnode B4 (44R)

logregnode Jg 1k 1H JRPERIA
method Enter
Stepwise
Forwards
Backwards
BackwardsStepwise
binomial_method Enter
Forwards
Backwards
model_type MainEffects ¥ FullFactorial f5@ s
I, BIEEYESE T RE5E, DRkt
FullFactorial AZiB1T, mefH Enter ik,
Custon QSRR AETIE O Custom, fHAA
FaE el T B, WA 1 R AR,
custom_terms [[BP Sex][BP][Age]]
multinomial_base_categor |string feE e =525,
y
binomial_categorical_inp |string
ut
binomial_input_contrast |Indicator SREANEEEN, BTiEEW IR
TEXf o
Simple
Difference
Helmert
Repeated
Polynomial
Deviation
binomial_input_category |First XES KM ANERESE, HTiEc
IE ZE L,
Last
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& 138: logregnode B4 (44R)

logregnode J& 1t {11 JE PSR

scale None
UserDefined
Pearson
Deviance

scale_value Br

all_probabilities ) TV

tolerance 1.0E-5
1.0E-6
1.0E-7
1.0E-8
1.0E-9
1.0E-10

min_terms Hr

use_max_terms ) TV

max_terms P&

entry_criterion Score
LR

removal _criterion LR
Wald

probability_entry Br

probability_removal e

binomial_probability_ent |

ry

binomial_probability_rem |#(F

oval

requirements HierarchyDiscrete
HierarchyAll
Containment
None

max_iterations P&

5513 & A

ey

SN
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& 138: logregnode B (442)
logregnode J& 1% 1H JE PSR
max_steps Hr
p_converge 1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
0
1_convezrge 1.0E-1
1.0E-2
1.0E-3
1.0E-4
1.0E-5
0]
delta ez
iteration_history Fr&
history_steps 7
summary PR
likelihood_ratio Fri&
asymptotic_correlation FR&
goodness_fit bR
parameters ) TV
confidence_interval 7
asymptotic_covariance PR
classification_table Fri&
stepwise_summary FR&
info_criteria ) TV
monotonicity_measures R&
binomial_output_display |at_each_step
at_last_step
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& 138: logregnode B4 (44R)

es

logregnode J& 1t {11 JE PERIA
binomial_goodness_of_fit [#iri&
binomial_parameters bR
binomial_iteration_histo [#R:&
ry
binomial classification_ |#ri&
plots
binomial ci_enable bri&
binomial_ci e
binomial_residual outliers
all
binomial_residual_enable |tri&
binomial_outlier_thresho |#(F
1d
binomial_classification_ [#(F
cutoff
binomial_removal _criteri |[LR
on
Wald
Conditional
calculate_variable_impor |#ri&
tance
calculate_raw_propensiti |iri&

Isvmnode 1%

\ B SRR AR (LSVM) TR, AT UK SR 7 W, it ERlE, LSVM
s MR, HHAI DS REBIEER SR, S KEIRIEIEE,

& 139: Isvmnode B1%

1svmnode J& 1 1H JR YA

intercept PR e R, SREER
True,

target_order Ascending FeE T EARIHEE Y, AT i%
SLER, RRESILI SRE{E

Descending Ascending,
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R 139: [svmnode B4 (44L)

1svmnode J&: 1 JE PR IR
precision Br 4 B BB &= 0l

Continuous WA#H, +5E5(HE
IR 28, &/
B0, MXERKNE, tREEN

0.1,
exclude_missing_value |#ri& BN True B, SRATMBAANME
s Bk, BBAKHERRIC SR, BREER

False,
penalty_function L1 fEE AT AT R B R A, B

Bl L2,

L2
lambda &S ¥ ) =5
calculate_variable_im [#ri& A SORE B B A I AR
portance IR ITURE 7R — 5K B 2R 5 B PEA

R A3 Pt 2 B O AR G B 22
Mo TEER, NTREHER, R
PN B E M (Rl AT
BARGER) AT RETR 2 AL PRAC KN
A, FEHEELT, Ml EE
FON LA TR HPIRAS, &
B E M AEN T RRYIREAR,

neuralnetnode B4

Rl AT R A T BA IS 9R D RERTHTIRCAR R BRI 48 BT ), HRLE = —75 (neuralnetwork) Hhi
1TeR.  RUEEAPRRT DAREFH e AR A KA BRI X Hb oy, (EBAT TR DR BAIAS 57 O o P BTl AR
XELRE T IERTRA R IEAIE R M ES %,

N/l

node = stream.create("neuralnet", "My node")

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("targets", ["Drug"])
node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
# "Model" tab

node.setPropertyValue("use_partitioned_data", True)
node.setPropertyValue("method", "Dynamic")
node.setPropertyValue("train_pct", 30)
node.setPropertyValue("set_random_seed", True)
node.setPropertyValue ("random_seed", 12345)
node.setPropertyValue("stop_on", "Time")
node.setPropertyValue("accuracy", 95)
node.setPropertyValue("cycles", 200)
node.setPropertyValue("time", 3)
node.setPropertyValue("optimize", "Speed")

# "Multiple Method Expert Optlons" section
node.setPropertyValue("m_topologies", "5 30 5; 2 20 3, 1 10 1")
node.setPropertyValue("m_non_pyramids", False)
node.setPropertyValue("m_persistence", 100)
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R 140: neuralnetnode EB4%

neuralnetnode J& 1k 1H
targets [field1 ... fieldN] “PHZILE" T R AR E— D E A BT
Eﬁw\&g/l\ﬁ%/l\%ﬁ)\?&‘o 2 MmE A
RNNEFER, AXEZER, ESH
T 5 189 T TAHEY B
method Quick
Dynamic
Multiple
Prune
ExhaustivePrune
RBFN
prevent_overtrain Fri&
train_pct B
set_random_seed bR
random_seed Br
mode Simple
Expert
stop_on Default
Accuracy
Cycles
Time
accuracy BE 2 1R
cycles I IR HA%L
time e WIZRITE] (P80 S
continue FrRi&
show_feedback ) TV
binary_encode ) T
use_last _model ) Vo
gen_logfile FRi&
logfile_name string
alpha B
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3R 140: neuralnetnode B4 (44%)
neuralnetnode J&1%: 1H JEPERIA
initial_eta e
high_eta B+
low_eta BE
eta_decay_cycles I
hid_layers One
Two
Three
hl units_one Br
hl units_two PG
hl units_three b g
persistence B
m_topologies string
m_non_pyramids PR
m_persistence e
p_hid_layers One
Two
Three
p_hl_units_one BF
p_hl_units_two ez
p_hl_units_three Br
p_persistence g
p_hid_rate bt
p_hid_pers ez
p_inp_rate e
p_inp_pers Hx
p_overall pers ez
r_persistence e
r_num_clusters I
r_eta_auto Fr&
r_alpha B
Tr_eta Br
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3R 140: neuralnetnode B (444kL)

neuralnetnode J& 1% 1H JE R R
optimize Speed AT @i 7y R E I ZEN
%o
Memozry
calculate_variable_impor |#ri e E MR T AERTARA A A
tance sensitivity_analysis @M., 1%
XHFIHEE, HEEH
calculate_variable_importance
calculate_raw_propensiti |#ri&
es
calculate_adjusted_prope |#ri&
nsities
adjusted_propensity_part |Test
ition
Validation

neuralnetworknode B4

\ FRZE 47T (8 AR N NSRRI A A R 1 75 2R T AR, AR e 3 A
T;&_, PR BT ML TR RIE WY EE R A BT T, M es 2 DiResERH)
—fEREAL TS, R ERD RIS EECE RN AT DO H AT I 2R o

N/l

node = stream.create("neuralnetwork", "My node")
# Build Options tab - Objectives panel
node.setPropertyValue("objective",

# Build Options tab - Ensembles panel
node.setPropertyValue("combining_rule_categorical", "HighestMeanProbability")

"Standard")

3R 141: neuralnetworknode &1

neuralnetworknode J&1: 8 JE R IR

targets [field1 ... fieldN] f6E HbnB.

inputs [field1 ... fieldN] PR (e FH A T A e B

splits [field] ... fieldN FEE— TR EER T,

use_partition

bRk

FEST X B, MG AT i R
PN ZR3 X AR T AR AR,

continue bR ko) R A AR,
objective Standard psm A THEERIEHESE, FNFRE
Server &,
Bagging
Boosting
psm
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3R 141: neuralnetworknode B (444%)

neuralnetworknode &1k

1

JE A

method

MultilayerPerceptron

RadialBasisFunction
use_custom_layers PR
first_layer_units e
second_layer_units e
use_max_time ) TV
max_time b g
use_max_cycles TS
max_cycles e
use_min_accuracy ) ¥
min_accuracy Br
combining_rule_categoric |Voting
al

HighestProbability

HighestMeanProbabilit
y

combining_rule_continuou |Mean
s
Median

component_models_n G
overfit_prevention_pct e
use_random_seed bR

random_seed P&
missing_values listwiseDeletion

missingValueImputatio
n

use_model name fh/RME

model_name string

confidence onProbability
onIncrease

score_category_probabili |fri&

ties

max_categories BF

score_propensity Fri&
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3R 141: neuralnetworknode B (444%)

neuralnetworknode J& 1H JEPERA
use_custom_name ) v
custom_name string
tooltip string
keywords string
annotation string

questnode B1¥

QUEST i s IR TATEE ISR B — e 2Kk,  IE77 IR0 H T2 B KM C&R

QUEST

B AT AT AR AOAL BRI (B], R R 70 7T TR A RS 2 DUE SRS e 21

AEIEA. MATERAIDUREEE (8% , HERTERLIIZEDNHK. FrEnEl

#Z—7ThY,
N/l

node =
node.
node.
node.
node.
node.
node.
node.
node.
node.
node.
node.
node.
node.

stream.create("quest",
setPropertyValue("custom_fields", True)
setPropertyValue("target", "Drug")

setPropertyValue ("inputs",
setPropertyValue("model_output_type",
setPropertyValue("use_tree_directives", True)
setPropertyValue ("max_surrogates", 5)
setPropertyValue("split_alpha", 0.03)
setPropertyValue ("use_percentage", False)

setPropertyValue("min_parent_records_abs", 40)
setPropertyValue("min_child_records_abs", 30)
setPropertyValue("prune_tree", True)
setPropertyValue("use_std_err", True)
setPropertyValue("std_err_multiplier", 3)

"My node")

[IIAgeII' IINaII' IIKII' “ChOleSte]’_’Ol“, IIBPII])

"InteractiveBuilder")

& 142: questnode B4

questnode J& 1k {11 JEPERGIA
target FE QUEST BT ZH — HIRFER A —1
HEPMMATR, A DA E MR
B, AXEZER, ESHEM S 189
DU T s s o
continue_training_existi |tri&
ng_model
objective Standard psm I TAEHE KIEES, [FINFRE
Server %%,
Boosting
Bagging
psm
model_output_type Single
InteractiveBuilder
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& 142: questnode B (44E)

HighestMeanProbabilit
y

questnode J& 1k {11 JEPERGIA
use_tree_directives bR
tree_directives string
use_max_depth Default
Custom
max_depth B BRARIRE, M 0% 1000, 1XFE
use_max_depth = Custom K,
prune_tree PR BEIH, DARRIS LA,
use_std_err bri& &N ZE FREIRE)
std_err_multiplier B RAKZEH,
max_surrogates G AR,
use_percentage FR&
min_parent_records_pc e
min_child_records_pc B+
min_parent_records_abs I
min_child_records_abs B
use_costs PR
costs gERgfL. SER B
priors Data
Equal
Custom
custom_priors A gERLETE,
adjust_priors Fri&
trails e FA T HEE B AL RO B
set_ensemble_method Voting R EFRRIERE SR,
HighestProbability

range_ensemble_method Mean ZESE HARIEE & HHRLI,
Median

large_boost bRt R R HOEHEER N A HEH

split_alpha B T EI) B K,

train_pct e ikt ERIE RS
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& 142: questnode B (44E)

questnode J& 1k {11 JEPERGIA
set_random_seed PRk 2 Tl Rk I,
seed Br
calculate_variable_impor [#i&E
tance
calculate_raw_propensiti |fri&
es
calculate_adjusted_prope |Fri&
nsities
adjusted_propensity_part |Test
ition
Validation
randomtrees E1¥

“BEALR T RSB C&RT T (02, “BEALR” Y sl 5 EAC B s LA A
," MR, FAE SPSS Modeler VA7 FRESANAY I H & E a5 T~ AR, “REALR 1
SRR A R AT DA ARSI EEA T P00 B SR PR SRR, I 1R B 2D PRI R PR [
ARAETEEE, W75 IR 7 DORZRIC SR EIN 221 B, QRBP4
FRMIMEES R T B bR B —DRE 2, IRARASRIZT RMONats,  Biniim
ANTFEAIDRETERE 2 (B, AFpeibnid) ; Fra &It —seor#l (MY
DEAPDTH) -

K 143: randomtrees &%

randomtrees Jg 1k {1 JETEHIA

target T TE“BEALR 7 iHp, AR AN HAR
FEUN—PNERZMMATE, AL
TEEMBETE, AXEZER, EHSMN
F 5 189 T TAFEET R
P o

number_of_models B T AR B R BT AR H A R AR
.

use_number_of_predictors |#ri& iR |
number_of_predictors,

number_of_predictors B FERELEA R o0 A 2R I L5 P ) ol 2
2=

use_stop_rule_for_accura |Hii& WELE R TCIESR MR A 1R AR

cy iaf:e

sample_size e TRV INHAR AT DAYE i b FRAE KBRS I 1

MAE,
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X 143: randomtrees | (444E)

randomtrees J& 1k

JE A

handle_imbalanced_data

QUARAEL HAR R RPE FIPRGETR, JF
HFrREE RS AR as R R
N, IR R AT SRR BASR P
HAITHY Bootstrap SRAE AT HER RN
Rttt B PRIEERACEE, DA
TR AR TR 45 SR PP R SE R L BIRR 73 3
A AR KRR,

use_weighted_sampling

N False I, &1 AL &K DAR —
BERBENUEI TIERE, N True I, =%
A5 B A TAR BB IBCRT I 4%

max_node_number

£iE34

SV IR ROR T R, G12R
TR BN RS T, AR 2
KL,

max_depth

B

PRI A2 L AT BRI TR

min_child_node_size

e

FES 7 ST R G SR VF 71 AR AE
AR/ NEREL, IR F R EERIIE R
BT A EEREH, AR
AR

use_costs

Rk

costs

gEktk

gifgteE i, %2 3 MEH AT
R KBME, PIMEFSA QR
HR) o filan:

tree.setPropertyValue("costs",
[["drugA", "drugB", 3.0], ["drugX",
"drugY", 4.0]])

default_cost_increase

none

linear

square

custom

SO A HFRiE .

B R R A R E

max_pct_missing

£

A ST N AR BRIAEL T o5 7 o b
AR ERIE, BRARHERRIER A, &
/IMEHN 0, FKRIEN 100,

exclude_single_cat_pct

£ie34

RN FANEFRRYICR A b T
AR ERIME, AR WAL EE
PREDTEL BvMEN 1, mKEN
99,

max_category_number

£iE34

GUR BRI T IE, ABAK
MR PRI 7B f/IMEN
20

min_field_variation

REEMES T B R R BUNT I
{H, 2R MR AR R 5 B
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X 143: randomtrees | (444E)

randomtrees gtk {11 JEPERGIA
num_bins B PSR IESE M NH RN A, &

BT ANENIEL; ETON:
2. 4. 5, 10, 20. 25. 508{ 100,
topN R e BRGNS R, BREEN
50, f/IMEN 1, #A{EN 1000,

regressionnode [E1%
CRPEEIR — R FROGEHROR, ISR DIl & A AR A T,
| RN 5 AR D> i 4 (5 92 b L D 22 52,

TE: FEARRBIEATRR,  “[EI77 R Lt e AT BB MNIRETT 46 R MR R A TR 1 ]
IS

BN/l

node = stream.create("regression", "My node")

# "Fields" tab
node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Age")
node.setPropertyValue("inputs", ["Na", "K"])
node.setPropertyValue("partition", "Test")
node.setPropertyValue("use_weight", True)
node.setPropertyValue("weight_field", "Drug")

# "Model" tab
node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "Regression Age")
node.setPropertyValue("use_partitioned_data", Tzrue)
node.setPropertyValue("method", "Stepwise")
node.setPropertyValue("include_constant", False)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("complete_records", False)
node.setPropertyValue("tolerance", "1.0E-3")

# "Stepping..." section
node.setPropertyValue("stepping_method", "Probability")
node.setPropertyValue("probability_entry", 0.77)
node.setPropertyValue("probability removal", 0.88)
node.setPropertyValue("F_value_entry", 7.0)
node.setPropertyValue("F_value_removal", 8.0)

# "Output..." section
node.setPropertyValue("model_fit", True)
node.setPropertyValue("r_squared_change", True)
node.setPropertyValue("selection_criteria", True)
node.setPropertyValue("descriptives", True)
node.setPropertyValue("p_correlations", True)
node.setPropertyValue("collinearity_diagnostics", True)
node.setPropertyValue("confidence_interval", True)
node.setPropertyValue("covariance_matrix", True)
node.setPropertyValue("durbin_watson", True)
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& 144: regressionnode B1%

regressionnode J&1k

1

JE A

target

TR

[EARBA R — A H bR T B AR — Bk
ZPMMATBL 9N, ERTDMEENE
TR, AXREZER, B2 E
189 TRy TSt nUE Mty o

method

Enter
Stepwise
Backwards

Forwards

include_constant

bR

use_weight

PR

weight_field

TE

mode

Simple

Expert

complete_records

P&

tolerance

1.0E-1

1.0E-2

1.0E-3

1.0E-4

1.0E-5

1.0E-6

1.0E-7

1.0E-8

1.0E-9

1.0E-10

1.0E-11

1.0E-12

THEEANG SR B RIGEK,

stepping_method

useP

useF

useP : fHH F UM

useF: #H F{E
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K 144: regressionnode B (4442)

regressionnode J& 1k {11 JEPERGIA
probability_entry Hr
probability_removal G
F_value_entry PGS
F_value_removal e
selection_criteria PR
confidence_interval Fri&
covariance_matrix bR

collinearity_diagnostics |tri&

regression_coefficients |#ini&

exclude_ fields bri&

durbin_watson TS

model_fit T

r_squared_change bR

p_correlations PR

descriptives ) T

calculate_variable_impor |#ii&

tance

sequencenode %
7B AT R I SR B 5 N 1A) G S B R HR B SCIER I, 82— &A1 AT
) AIFRIUI Y & AE I E S &, B, — PNESE T TR0 K% 7T REAE SR IWY)

N SERIZUE, FRAIT LT CARMA SCEREIN &%, ZBIA M — M E ML
T EERFS.

AN/l

node = stream.create("sequence", "My node")

# "Fields" tab

node.setPropertyValue("id_field", "Age")
node.setPropertyValue("contiguous", True)
node.setPropertyValue("use_time_field", True)
node.setPropertyValue("time_field", "Datel")
node.setPropertyValue("content_fields", ["Dxrug", "BP"])
node.setPropertyValue("partition", "Test")

# "Model" tab
node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "Sequence_test")
node.setPropertyValue("use_partitioned_data", False)
node.setPropertyValue("min_supp", 15.0)
node.setPropertyValue("min_conf", 14.0)
node.setPropertyValue("max_size", 7)
node.setPropertyValue("max_predictions", 5)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("use_max_duration", True)
node.setPropertyValue("max_duration", 3.0)
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node.setPropertyValue("use_pruning", True)
node.setPropertyValue("pruning_value", 4.0)
node.setPropertyValue("set_mem_sequences", True)
node.setPropertyValue("mem_sequences", 5.0)
node.setPropertyValue("use_gaps", True)
node.setPropertyValue("min_item_gap", 20.0)
node.setPropertyValue("max_item_gap", 30.0)

& 145: sequencenode B4

sequencenode J&1: {11 JEPERGIA

id_field FE ZOEFIRNE, EFREEE— MR
T LA — N ANERIN AR, PAK
— PN INEFR, MEANEFKR
MR FER, AREZER, EEHE
5 189 TR TASLEEY BT

time_field FER

use_time_field bri&

content_fields [field1 ... fieldN]

contiguous Fri&

min_supp Hr

min_conf Br

max_size PGS

max_predictions e

mode Simple

Expert

use_max_duration PR

max_duration S

use_gaps Fri&

min_item_gap Hr

max_item_gap ez

use_pruning R&

pruning_value e

set_mem_sequences PRk

mem_sequences B

slrmnode Bt

B RARR (SLRM) 7 s AT A TR — M0 5 BB E s/ D R LT EL A A
1-::3 AL JE A, TCR G A R X A T BT IR B AT X AR AT BT PP A
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N/l

node = stream.create("slrm", "My node")
node.setPropertyValue("target", "Offer")
node.setPropertyValue("target_response", "Response")
node.setPropertyValue("inputs", [“Cust_ID", "Age", "Ave_Bal"])

K 146: slrmnode B4
slrmnode J& 1 & JEPERA

target FE H AR B b 52 44 X7 Bl s 7 B
A AR ER T B, AREZER,
TES 3 5 189 TIHY T HLE sty

RIBMES o
target_response T Bl by vt
continue_training_existi |fRi&
ng_model
target_field_values Frik Use all: f#Hk BRI 2HE,

Specify: EFEFTFRIVE,

target_field_values_spec |[[fieldl... fieldn]

ify

include_model_assessment |#iri&

model _assessment_random_ |#(¥ TR SEEY
seed

model_assessment_sample_ |#(# WA T
size

model assessment_iterati |#(F EREL
ons

display_model_evaluation |fri&

max_predictions e

randomization G

scoring_random_seed P&

sort Ascending e S B IE o =i 2 B AR AT
Descending

model_reliability R&

calculate_variable_impor |#ii&
tance

statisticsmodelnode B1¥

_ Statistics AT RIS IEITIZI T4 K PMML [ IBM SPSS Statistics I #2771
) AEFREE, G AR EE IBM SPSS Statistics FYYFATEIIAR,
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HRUTEBHEE, ES0% 378 Tl Fstatisticsmodelnode &1

stpnode E14%
e SA-MREN (STP) A A S (R, T ATE (R | TR
@)  nomrRimE S ONEERETSAVSH, KoM B R
BRI FUOMEL, 5V BTACIR, T DA BRI 43 7o 8 P TR B A FE T
BUAL ) BRI

&K 147: stpnode B 1%

stpnode J& 1k Bgm JE PERIA

FBOET

target T o B bR B

location T BRI B 7B, H v A
= RF

location_label T X BB R R 2R B,
FFHRIE Llocation FRIEERAINL
=

time_field EA2 BRI A 7B, RArHHESR

TSN 7B, I AFHEIALL
ORI, B, WA B
e

inputs [field1 ... fieldn] LPNEAS ORI

Ff ) ) PR e T

interval_type_timestamp Years
Quarters
Months
Weeks
Days
Hours
Minutes

Seconds
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& 147: stpnode B (4k4E)

stpnode J& 1k BmIo JEPERGA
interval_type_date Years
Quarters
Months
Weeks
Days
interval_type_time Hours FRAIAIE STP T HHE RN AR 5|
HEFENISIE PR
Minutes
Seconds
interval_type_integer Periods B EEF SR BN Rl RIRG, AT

(XBRITRIR G 7B, BEf7
fi#)

FARERR BT IR oA A
time_field MFERITEMERAY,

period_start

£34

start_month

January
February
March
April
May

June
July
August
September
October
November

December

BRI e RS (A, Bl
w, WHILE N March, HEEIE
EHME —&Id®%N January, BB
LRGBS AT 4K IE 5, HEM=
EBiR GiEavA G
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& 147: stpnode B (4k4E)

stpnode J& 1k BmIo JEPERGA
week_begins_on Sunday STP HRIBELIE QI AT ] 2 5 | YD
Ro
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
days_per_week B s/MERN L, RKENT, HEHN
1,
hours_per_day B AR R G /N8, aniR
LIS E R 10, ARZAEELE
day_begins_at IREITFEETR
SRS 10 VNI, RIEBKES
day_begins_at {HPEACH) F—
(EE
day_begins_at 00:00 BB G RN, B 5 RS LG /N
1,
01:00
02:00
03:00
23:00
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& 147: stpnode B (4k4E)

stpnode &1k

B

JE A

interval_increment

10

12

15

20

30

I B IR E X e, TR
E TR BURE A R 5 RIAL
Ho Eitt, XTHEE 30 MnE
FR2E%Y seconds, HALKEERR 30

PO MEHECIEZRS ],

data_matches_interval

i /RME

MREEA N, BB E M
interval_type R H{EM A
RIRGHEAT,

MERHIEC A Mg, A
interval_type PARATAAIHE%
BE5HIECE, 2GR E
'Y B DARH 1E % R el

K@ IR BN Y B AT E LR
i,

agg_range_default

Sum

Mean

Min

Max

Median

1stQuartile

3rdQuartile

TR FH 3885 5 BRI R A TS
Jiike  RUIWE S EE RIS AR
PR ESE 7 BORE i AL fa e 9 77
IEHATICE
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& 147: stpnode B (4k4E)

method], []..]
/R
[['x5'

'"FirstQuartile']['x4'
"Sum']]

stpnode a1k Bkl JE PR
custom_agg [[field, aggregation |&iMLEMH::

MAZE: custom_agg
filan:

set :stpnode.custom_agg =

[

[fieldl function]
[field2 function]
1

Hr function BEGZFENE
CEE[: NN SNESE &S

BRI+
include_intercept PR
max_autoregressive_lag B R/AME 1, BKRIEDSG, HEHN 1
X2 T A 7% B S R SR 2K
I, WRILEN S5, BLRER
AT 5 SRICFAESF AT, AR
PR EREERTE € DR B & IFE
A BRI P JC R AR AR i
TV I AR LR,
estimation_method Parametric FH X 23 (Rl 75 22 M R A T I A Y
Ttk
Nonparametric
parametric_model Gaussian Parametric Z RV 7 ZEREI T
2,
Exponential
PoweredExponential
exponential_power e PoweredExponential A%
KA, B/IMERN 1, BKEN 2
EERIETT R
max_missing_values B A RV B BRRAE RV IC AT &
A K E 77 b,
significance B FEEH ) R RIS A 6 ) 2 3 1 K
', FEE STP AL A P AT RS
(FFER IS LR R, ROV F
R RAB T RE) WEEEE,
LTRSS
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& 147: stpnode B (4k4E)

stpnode J& 1k BmIo JEPERGA

model_specifications PR

temporal_summary T

location_summary PR JUE “fr B R BT
i,

model_quality ) TV

test_mean_structure bri&

mean_structure_coefficients |#fris

autoregressive_coefficients [#r&

test_decay_space FRi&

parametric_spatial_covarian [#Ri&

ce
correlations_heat_map T
correlations_map FR&
location_clusters PR
similarity_threshold G XE—NEE, BRLEEE, A
MR R AR, AR
=
max_number_clusters B A DAELFEFEA A iy Y H SR 2R H
1 B
BRI T
use_model name PR
model name string
uncertainty_factor e &/MEN 0, AMEN 100, RIE
R F AR A E M (55
3R A, BRI LR
FRo
svmnode B1%
C R AIEAL (SVM) T, ATRUSE SR A, MRt ERlE, SYM T DLS %
“\‘5 BIRERLGEH, FlanABLLE & A K& N FERIEIEE,
ANl
node = stream.create("svm", "My node")

# Expert tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("all_probabilities", True)
node.setPropertyValue("kernel", "Polynomial")
node.setPropertyValue("gamma", 1.5)
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X 148: symnode B%

svmnode &1k {H JE PR
all_probabilities TV
stopping_criteria 1.0E-1 it G R A oGy A = RPN
1.0E-2
1.0E-3 (default)
1.0E-4
1.0E-5
1.0E-6
regularization ¥ HFRH C 2EL,
precision e Y HFRT BRI 2= 2% 501
Continuous A f# .,
kernel RBF (&) FH 25 # 1 PAAZ R B 28
Polynomial
Sigmoid
Linear
rbf_gamma e {XAE kernel J RBF HH#EH,
gamma e {XFE kernel iy Polynomial 8%
Sigmoid Wi,
bias B
degree e {NTE kernel 25 Polynomial K
fEH,
calculate_variable_im [#ri&
portance
calculate_raw_propens |[#ri&
ities
——
calculate_adjusted_ bﬁﬂb
propensities
adjusted_propensity_p |Test
artition
Validation
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tcmnode 1%

S 1R] PR RO AR 2 2R BN () e R FR R B S R SR R, AEI (RN R SRR A, 5

B E—HETA, PAGXEE EARE— IR N, A5, IRy E i AIE
R I TR P AR 3 HALELAEREE 5 H AR KRG R oy L Ao
& 149: tcmnode B1%
tcmnode JE 1% 18 JEPEAA
custom_fields /R
dimensionlist [dimension1 ... dimensionN]
data_struct Multiple
Single
metric_fields T
both_target_and_input [f1... fN]
targets [f1... fN]
candidate_inputs [f1... fN]
forced_inputs [f1...fN]
use_timestamp Timestamp
Period
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& 149: tcmnode B4 (44R)

tcmnode J& 1%

1

JE A

input_interval

None

Unknown

Year

Quarter

Month

Week

Day

Hour
Hour_nonperiod
Minute
Minute_nonperiod
Second

Second_nonperiod

period_field string
period_start_value B
num_days_per_week B
start_day_of_week Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
num_hours_per_day B
start_hour_of_day B
timestamp_increments BHL
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& 149: tcmnode B4 (44R)

tcmnode JE

1

JE A

cyclic_increments

£

cyclic_periods

LIES

output_interval

None

Year

Quarter

Month

Week

Day

Hour

Minute

Second

is_same_interval

Same

Notsame

cross_hour

fi/RME

aggregate_and_distribute

IES

aggregate_default

Mean

Sum

Mode

Min

Max

distribute_default

Mean

Sum
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& 149: tcmnode B4 (44R)

tcmnode Jg& 1% {i JE PR

group_default Mean
Sum
Mode
Min

Max

missing_imput Linear_interp
Series_mean
K_mean
K_meridian

Linear_trend

None
k_mean_param B
k_median_param B

missing_value_threshold [#&%

conf_level B
max_num_predictor B
max_lag B
epsilon e
threshold B
is_re_est ff/RME
num_targets B
percent_targets B
fields_display Hl|2%
series_display B7IES
network_graph_for_target |fi/R{H
sign_level _for_target B
fit_and_outlier_for_targ |fi/R{H
et

sum_and_para_for_target |fi/R{H

impact_diag_for_target 1h/RME
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& 149: tcmnode B4 (44R)

tcmnode JE 1k 1H JEPERA
impact_diag_type_for_tar [Effect
get
Cause
Both
impact_diag_level_for_ta |k
rget
series_plot_for_target 1hi/R1E
res_plot_for_target /R1E
top_input_for_target fh/RIE
forecast_table_for_targe |#i/R{H
t
same_as_for_target fh/RME
network_graph_for_series |fi/R{H
sign_level_for_series B
fit_and_outlier_for_seri |#i/R{H
es
sum_and_para_for_series |fi/R{H
impact_diagram_for_serie |fi/R{E
s
impact_diagram_type_for_ |[Effect
series
Cause
Both
impact_diagram_level_for |%¥K
_series
series_plot_for_series 1h/R1E
residual_plot_for_series |fi/RIH
forecast_table for serie |fi/R{H
s
outlier_root_cause_analy 1i/R1E
sis
causal levels L
outlier_table Interactive
Pivot
Both
IMSp_error /R
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& 149: temnode B (4F4R)
tcmnode JE 1k 1H JEPERA
bic i/RME
T_square /R1E
outliers_over_time fh/RME
series_transormation fh/RME
use_estimation_period 1hi/R1E
estimation_period Times
Observation
observations HllZ
observations_type Latest
Earliest
observations_num B
observations_exclude B
extend_records_into_futu [fi/R{H
re
forecastperiods BHL
max_num_distinct_values |%¥{
display_targets FIXEDNUMBER
PERCENTAGE
goodness_fit_measure ROOTMEAN
BIC
RSQUARE
top_input_for_series f/RME
aic i/RME
rmse i/RME

ts B

~ I TR 00 s A TS TR P A R S T i, s & B [RS8 T 19(E
(ARIMA) tRAIFI 245 8 ARIMA  (RIZSHRIRE0) R, FFAERARSKRIERERITINEGE, 1t
“IN A8 RRAELT SPSS Modeler VA8 HORHER(E A B SERT“IN TR F 41" T i, 1B
&, HBGHTIN R 1 5 B TEAF IBM SPSS Analytic Server RIRE ) SRAL A%
{8, FFAE SPSS Modeler V17 HEsANATH AR a8 R A AR,
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R 150:ts B

ts @tk 1H JE PR R
targets FE “IF A2 R AT AT
—PEZ A ER, Ao
LA — P E MRS
B AL &, A
RN EFR, AXE
ZER, BZHTEE
189 TIHY Mt
B .
candidate_inputs [field1 ... fieldN] B i (5 P ) A\ s T
TETE,
use_period ) T
date_time_field EA5
input_interval None
Unknown
Year
Quarter
Month
Week
Day
Hour
Hour_nonperiod
Minute
Minute_nonperiod
Second
Second_nonperiod
period_field FE
period_start_value B
num_days_per_week B
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x 150: ts B (%52

ts @k

=1

JE A A

start_day_of_week

Sunday
Monday
Tuesday
Wednesday
Thursday
Friday

Saturday

num_hours_per_day

£

start_hour_of_day

B

timestamp_increments

L34

cyclic_increments

L2

cyclic_periods

IES

output_interval

None

Year

Quarter

Month

Week

Day

Hour

Minute

Second

is_same_interval

PR

cross_hour

PR

aggregate_and_distribute

IES
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x 150: ts B (%52

ts Jafk: =1 JE A

aggregate_default Mean
Sum
Mode
Min

Max

distribute_default Mean

Sum

group_default Mean
Sum
Mode
Min

Max

missing_imput Linear_interp
Series_mean
K_mean
K_median

Linear_trend

k_span_points B
use_estimation_period bri&
estimation_period Observations
Times
date_estimation S2ES NAEMEH
date_time_field IN#]
H
period_estimation 2B NTEME A use_period
AT H
observations_type Latest
Earliest
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& 150: ts B (H#4)
ts JETE 1H R ER (B
observations_num B
observations_exclude I
method ExpertModeler
Exsmooth
Arima
expert_modeler_method ExpertModeler
Exsmooth
Arima
consider_seasonal ) VA
detect_outliers ) TV
expert_outlier_additive ) TV
expert_outlier_level_shift Fri&
expert_outlier_innovational PR
expert_outlier_level_shift T
expert_outlier_transient ) T
expert_outlier_seasonal_additive Fr&
expert_outlier_local_trend Fri&
expert_outlier_additive_patch Fri&
consider_newesmodels ) TV
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x 150: ts B (%52

ts @tk 1H JE PR R
exsmooth_model_type Simple ISPl =1 G (= TR TN
H1EN Simple,
HoltsLinearTrend
BrownsLinearTrend
DampedTzend
SimpleSeasonal
WintersAdditive

WintersMultiplicativ
e

DampedTrendAdditive

DampedTrendMultiplic
ative

MultiplicativeTrendA
dditive

MultiplicativeSeason
al

MultiplicativeTrendM
ultiplicative

MultiplicativeTzrend
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x 150: ts B (%52

ts JETE 1H JR YA
futureValue_type_method Compute SR Compute,
ARG AN &
specify I A “ ARRAE”
XNT A&, &A]
DA BRI F R F A T I 18
(ZH. BRI
RILfE) , s
specify DAFBhHIA
B, ZHERNTEMNE
M, B
extend_metric_value
s @, Bilan:
set :ts.futureValue_t
ype_method="specify"
set :ts.extend_metric
_values=[{'Market_1',
"USER_SPECIFY"',
[ll2l3]}l
{'Market_2', 'MOST_REC
ENT_VALUE', ''%,
{'Market_3', 'RECENT_P
OINTS_MEAN', ''%]
exsmooth_transformation_type None
SquareRoot
Naturallog
arima.p B
arima.d BEL
arima.q B
arima.sp B
arima.sd B
arima.sq B
arima_transformation_type None
SquareRoot
Naturallog
arima_include_constant br&
tf_arima.p. fieldname I F T4 R %R
tf_arima.d. fieldname B F T 56 0 bR £
tf_arima.q. fieldname B F T bR £
tf_arima.sp. fieldname B FA T4 bR £
tf_arima.sd. fieldname B P T 464 bR £
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x 150: ts B (%52

ts @tk 1H JR YA

tf_arima.sq. fieldname B F T bR £

tf_arima.delay. fieldname B FA T bR £

tf_arima.transformation_type. None FH T 50K 58,

fieldname

SquareRoot
NaturallLog

arima_detect_outliers PR

arima_outlier_additive bR

arima_outlier_level shift bRk

arima_outlier_innovational Fris

arima_outlier transient bri&

arima_outlier_seasonal_additive Fri&

arima_outlier_local_trend Fri&

arima_outlier_additive_patch bRk

max_lags B

cal PI Fris

conf_limit_pct S

events T

continue Fri&

scoring_model_only bR HATaskE &m) i
[ P 37 AR,

forecastperiods B

extend_records_into_future ) T

extend_metric_values TE FRVHE PN A B R AR
HKAH,

conf_limits Fri&

noise_res Fri&

max_models_output B FH il A R4
BIEE, ShAER
10, ANSRAEA AL
ot taE, AMLBRIAR
K EoRTER, AT
RFE55.
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timeseriesnode B (R

™ T MG IS A 41715 fAE SPSS Modeler VA8 M AHERAEH, F BB B1EF]
F IBM SPSS Analytic Server FURE 7 FHACIEAEHRE A3 Y “INF R 2710 9 i

I TR P 2T sl T I TR SRR AR EC TR R, Be i [ [l R S A8 T (E
(ARIMA) FAUR1 2275 & ARIMA (RIZEHepRi$) B8, HASCRRMERERI AR, 1E
ISF ) P 21071 i Z AT 26200 i T R B 79 Ao

N
node = stream.create("timeseries", "My node")
node.setPropertyValue("method", "Exsmooth")
node.setPropertyValue ("exsmooth_model_type", "HoltsLineaxrTrend")
node.setPropertyValue ("exsmooth_transformation_type", "None")
& 151: timeseriesnode B 1%
timeseriesnode J&: {1 JEPERIA
targets T “INF 18] 5101 R AT AT
— e Z M ER, AIRAE
T%1&“Eﬁﬁ—fl\ﬁjzg/l\¢ﬁ‘ﬁ)\?
BAE NS &, AN
RN EFE, BXRE
ZER, ESRFEE
189 DU TaHEisi fd
B .
continue ) TV
method ExpertModeler
Exsmooth
Arima
Reuse
expert_modeler_method T
consider_seasonal bri&
detect_outliers bri&
expert_outlier_additive PR
expert_outlier_level_shift PR
expert_outlier_innovational T
expert_outlier_level_shift ) T
expert_outlier_transient Fr&
expert_outlier_seasonal_additive bri&
expert_outlier_local_trend bri&
expert_outlier_additive_patch PR
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% 151: timeseriesnode B (44R)
timeseriesnode JE 1t 1H JE PR R
exsmooth_model_type Simple
HoltsLinearTrend
BrownsLinearTrend
DampedTzend
SimpleSeasonal
WintersAdditive
WintersMultiplicativ
e
exsmooth_transformation_type None
SquareRoot
NaturallLog
arima_p B
arima_d B
arima_q B
arima_sp B
arima_sd B
arima_sq B
arima_transformation_type None
SquareRoot
Naturallog
arima_include_constant T
tf_arima_p. fieldname B F T 564 bR £
tf_arima_d. fieldname B F TR 58
tf_arima_q. fieldname B F TR 58
tf_arima_sp. fieldname B F T 56 0 bR £,
tf_arima_sd. fieldname B F TR 5L
tf_arima_sq. fieldname B FA T bR £
tf_arima_delay. fieldname B F T 564 bR £

513 B A AR
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& 151: timeseriesnode @M (4k4%)

timeseriesnode JE 1t 8 JEPERGIA
tf_arima_transformation_type. None F T R L
fieldname

SquareRoot

Naturallog
arima_detect_outlier_mode None

Automatic
arima_outlier_additive ) T
arima_outlier level shift ) TV
arima_outlier_innovational Fri&
arima_outlier_transient L TV
arima_outlier_seasonal_additive bRk
arima_outlier_local_trend T
arima_outlier_additive_patch Fris
conf_limit_pct S
max_lags T
events T
scoring_model_only bR RATaskE &m) i

[ B AR,

treeas B¢

: Bt AS %5 SRUTBIAT I CHAID 40 (B2, “Bf AS” 4 5 S 7E AL B LA DA QI 2
A MW, FETE SPSS Modeler VL7 FRERANER L 2 S0 or R KA, B
(R R 7745 (CHAID) JIRBIRLALARS, MTIARUHERE,  AF CHAID [yIX — (i i o]
FERRAR e, R SR S BT DL I, ERRRI A BT DU

uE (&8 s,

HIRARE, (HIHRIN K,

Exhaustive CHAID 52 CHAID W& IERR, EXFTE o Ei1THE

R 152: treeas B

treeas @1k & JE TR A

target E424 1E Tree-AS 7 sifH, CHAID fAIFEEI M
DNEHRM— PR DNA T, ER] P
EEMRTE, AXEZER, B3
W 5E 189 Y TAFEET S8
1 .

method chaid

exhaustive_chaid

max_depth BHL

BRAPHARE (M0 #F20) , SEEN
5,

288 IBM SPSS Modeler 18.5 Python [iIA sl F1 B 511k 45 7




K 152: treeas B (4h4)

treeas Jatk {11 JEPERGIA
num_bins L2 PSR IESE M NH RN A, &
BEH T AL 1m0
2. 4, 5, 10, 20, 25, 50&{ 100,
record_threshold B IOSRE, TEIREIHEEE N N e
PSR MASE T p AELDTH N RN K
/N BEE(ESN 1,000,000; TERE R
10,000 HF I8 KB
split_alpha PGS RIS E MK, ZEAHS T 0.01
#10.99 ZH],
merge_alpha e EBHMEFEMKE, ZELHNT 0.01
F10.99 ZJdl,
bonferroni_adjustment PR f#iFH Bonferroni {2 14% &2 4 (E,
effect_size_threshold_co |4+ WETEAIES Bt s &7
nt A RN R/ NEIE, I (BT
0.01 f10.99 Z A,
effect_size_threshold ca %% WE KBRS RS IR
t IR A NBIE,  IZENF 0.01
F10.99 ZHl,
split_merged_categories |Fri& TRV E BRI T FE 2 H,
grouping_sig_level e FA T QoAnT T2 RT s s R i S
Y R
chi_square pearson XEHTHERASRIIIN T

likelihood_ratio

Pearson B{ALIZR L

minimum_record_use

use_percentage

use_absolute

min_parent_records_pc e EEN 2, B/IMEN L, BKEN
100, MEN 1, 5 AN ET
FRIr o

min_child_records_pc B+ EEN 1. B/IMEN L, BKEN
100, HEH 1,

min_parent_records_abs e E{ER 100, &/AMER 1, &KER
100, HEN 1, RFHZENTET
THI X,

min_child_records_abs 7 BEMEHN 50, wAMEN 1, &AEN
100, EHN 1,

epsilon I HAZE B TA AR A B NS

max_iterations e W S e RIEARIRER

use_costs Frk
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& 152: treeas B (H4)
treeas Jatk {11 JEPERGIA
costs el girgeEtE, 82 3 MEHRRHIZ
o LBRMA. TUMEFIRCA (SR
BIR) o filan:
tree.setPropertyValue("costs",
[["drugA", "drugB", 3.0], ["drugX",
"drugY", 4.0]])
default_cost_increase none e AHE F EARE A,
linear B AR R AR A {E
square
custom
calculate_conf ) ¥
display_rule_id PR TEVE PR — 15, g
RS LR 280 s AR,
twostepnode B1%

Nl

node = stream.create("twostep", "My node")
node.setPropertyValue("custom_fields", Txue)

node.setPropertyValue("inputs", ["Age",

node.setPropertyValue("partition", "Test")
node.setPropertyValue("use_model_name", False)

22K, TwoStep B —MILA, &t
RALER & 17 B KR B R 42

TwoStep U I EITTTR, B Dol PRdaEIE, DAER A5 A B &
MNTEMNFREES, B SHHBRRETTERTFRE S P EIHNERN
e MIEREHE B M TR EREE. B bi&

“Na", "BP"])

node.setPropertyValue("model_name", "TwoStep_Drug")
node.setPropertyValue("use_partitioned_data", True)

node.setPropertyValue("exclude_outliers", True)
node.setPropertyValue("cluster_label", "String")

node.setPropertyValue("label_prefix", "TwoStep_")

node.setPropertyValue("cluster_num_auto", False)
node.setPropertyValue("max_num_clusters", 9)
node.setPropertyValue("min_num_clusters", 3)

node.setPropertyValue("num_clusters", 7)

& 153: twostepnode B

twostepnode &1 [ JE PEid

inputs [field ... fieldN] TwoStep A FH i A FBRII%IR, H
AMER EbR, AR E 7 BRI T
B, AXEZER, ESHEWE 189
U TAFEEE U S

standardize Fri&
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& 153: twostepnode B (442)
twostepnode J& 1k {11 JEPERGIA
exclude_outliers bR
percentage B+
cluster_num_auto ) T
min_num_clusters e
max_num_clusters B
num_clusters e
cluster_label String

Number
label_prefix string
distance_measure Euclidean

Loglikelihood
clustering_criterion AIC

BIC

twostepAS B1%

“THREZE-PMRRLE, ATEREIEETERANHENEASH (IR
ISR R A 2 D AR RHE A B TE SRR, HIaNAbIE 7 264 S:
L, REHEN A NEE AR,

& 154: twostepAS B

twostepAs J& %k 1H JEPERGA
inputs [f1... fN] TwoStepAS BRI F —41|
WANTE, [EAEMHBR
FEB. ANRBINET M
IRT B,
use_predefined_roles /R1E BREMEN True
use_custom_field_assignments fh/R1E TRE{EN False
cluster_num_auto /R E B (G4 True
min_num_clusters integer Default=2
max_num_clusters integer Default=15
num_clusters integer Default=5
clustering_criterion AIC
BIC
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& 154: twostepAS B (4h4E)

twostepAS J& Tk 1" JEPERGIA
automatic_clustering_method use_clustering_criterion_settin

g

Distance_jump

Minimum

Maximum
feature_importance_method use_clustering_criterion_settin

g

effect_size
use_random_seed 1a/RIE
random_seed integer
distance_measure Euclidean

Loglikelihood
include_outlier_clusters /R 1E BRE(EN True
num_cases_in_feature_tree_leaf_i |integer Default=10
s_less_than
top_perc_outliers integer Default=5
initial_dist_change_threshold integer Default=0
leaf_node_maximum_branches integer Default=8
non_leaf_node_maximum_branches integer Default=8
max_tree_depth integer Default=3
adjustment_weight_on_measurement |integer Default=6
_level
memory_allocation_mb e Default=512
delayed_split h/R1E BREEN True
fields_to_standardize [f1...fN]
adaptive_feature_selection f/R1E HUBEN True
featureMisPercent integer Default=70
coefRange By Default=0.05
percCasesSingleCategory integer Default=95
numCases integer Default=24
include_model_specifications /R BREEN True
include_record_summary fhi/R1E BREMEN True
include_field transformations /R 1E BRE(EN True
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& 154: twostepAS B (4h4E)

twostepAS J& Tk 1" JEPERGIA
excluded_inputs TA/RIE BREEN True
evaluate_model_quality f/R1E B (G4 True
show_feature_importance bar /R1E HS(E R True
chart
show_feature_importance_ fh/R1E HREER True
word_cloud
show_outlier clusters fi/R1E HREER True
interactive_table_and_chart
show_outlier_clusters_pivot_tabl | #i/R{E BRE(EN True
e
across_cluster_feature_importanc | fi/R{H BRAEN True
e
across_cluster_profiles_pivot_ta | fi/R{E BRE(EHN True
ble
withinprofiles /RIE B (G4 True
cluster_distances fh/R1E HREER True
cluster_label String

Number
label_prefix String
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9 14 75 BRI s

R B S HAY SMHREREE. AXREZER, ESHIE 58 63 i NEM T AUENE .

applyanomalydetectionnode [E1¥

SEARG AT T AR S AT, ZER AR GR I 2 FR N applyanomalydetectionnode,
GRS BT ARG HANE 2GR, ESH % 189 iy lanomalydetectionnode J& £

& 155: applyanomalydetectionnode &%
applyanomalydetectionnode J&1: |f{fi JE PR IR
anomaly_score_method FlagAndScore |ffiE Il g T 7)o
FlagOnly
ScoreOnly
num_fields B BIRETFE,
discard_records bR fEmB o M H R TR %
discard_anomalous_records bR BREFRFEICFHEREFIERFEICS,
HEN off, REEFERFIIR, &
M, WRER on, MLKEFHFHICTEK, X
WEAMT discard_records BN, A4
Je L 1

applyapriorinode B1%

A Apriori BT A AR Apriori BAUEL,  IZBRIHL AR HR A applyapriorinode, A 9w E AT £
AREHANEZEE, ESMH $E 191 711 Tapriorinode JE& 1

& 156: applyapriorinode B1%
applyapriorinode Jg1k 18 JEPERGIA
max_predictions B (BE0)
ignore_unmatached Fri&
allow_repeats bri&
check_basket NoPrediction

s

Predictions

NoCheck




& 156: applyapriorinode B4 (444%)

applyapriorinode J&1%:

{1

JE A

criterion

Confidence
Support
RuleSupport
Lift

Deployabilit
Yy

applyassociationrulesnode [E1%

“ORBRHIN BB R DA T AE SO A B, 2 BB LI AR 4 8708 applyassociationrulesnode,
BRI BT B SRR EZEE, 1ESM % 192 111 Tassociationrulesnode JEME)

3% 157: applyassociationrulesnode 1%

applyassociationrulesn |##ig3am JE PR IR
ode JE 1t
max_predictions B AT DA FH T BB B AR i KRR E
criterion Confidence i scin i nas WG ORI TR =
Rulesupport
Lift
Conditionsupport
Deployability
allow_repeats f/R1E TR 2 5 R AR =] BRI B A6 1R 0 e
check_input NoPredictions
Predictions
NoCheck

applyautoclassifiernode E1%

“Hal Ry BT SR TR B KA BRI, BRTIERAGIIA L FR Y applyautoclassifiernode.
ARG ST A H SAARREAMEE, 1E26E 195 1Y Tautoclassifiernode E S o
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3 158: applyautoclassifiernode &1

applyautoclassifiernode J& | fii JE PSR
T
flag_ensemble_method Voting F67E F T e BT 1 7

EvaluationWeightedVoting
ConfidencelWeightedVoting

RawPropensityWeightedVoti
ng

HighestConfidence

AverageRawPropensity

EHEE B HAR RS BN, A
KM HAIIRE,

flag_evaluation_selection |Accuracy HETGE H FArE HbR, PARE

RN PA I A T PR A A
AUC_ROC o

filter_individual_model_o |#ri& FEE B 5 M AN MBI 45

utput e

is_ensemble_update Fri& BHES: ARSI, DU
PRI 2 ENE B sy
MRS INAE R, IFf
F iR AL BRI LA A
REARI I £

is_auto_ensemble_weights_ |fri& Jo B SR A E E TR,

reevaluation

use_accumulated_factor Fri& BT H T E R,

accumulated_factor

number (double)

BKIEH 0.99, B/MEN
0.85,

use_accumulated_reducing

PR

BRI R SR TR A
TR ek

accumulated_reducing_limi
t

number (double)

BAREN0.7, &/IMENO. 1,

use_accumulated_weighted_ |#ri& ST PRGN & B TG HIAY
evaluation B TTENE AR T RN 2 5,
flag_voting_tie_selection |Random MREIEREHTETTE, LIEER
REEWTTE, ACSIEER Hirng
HighestConfidence PRGBS, AP HIZE,
RawPropensity
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& 158: applyautoclassifiernode B (4+42)

applyautoclassifiernode J& | fii JE PSR
T
set_ensemble_method Voting F67E F T e BT 1 7

YRR BFRAEREFERN, A
o~ -
EvaluationWeightedVoting SBERE,

ConfidencelWeightedVoting

HighestConfidence
set_voting_tie_selection |Random WREEER L, At ER
RERTTE. AR ER B inE
HighestConfidence LN TN, AN AR E,

applyautoclusternode Bt

AT DA E Bh 2 AT O AR A B B ER 28R, IR AR 2 FR A applyautoclusternode,
IR HA g 1, A BT S E BRI AN E 2E R, E2M%E 197 1Y Tautoclusternode
JE Y

applyautonumericnode E14%

AT DA B Bh U AT RORAE AR B B R, AR AR 44 5 R
applyautonumericnode, X5 BT R B SIARNEAEE, ESMHE 199 01 Fautonumericnode
B .

& 159: applyautonumericnode &%
applyautonumericnode &% |1 JE PEAiA

calculate_standard_error |iri&

applybayesnetnode E1%

JECET DAfSE FH “ DUHBT 0 6% AR Rk AR B DU I 28 " A B B, AR B B L AR 44 R
applybayesnetnode, H %45 EET R H S HANIEHAGEE, 1ESMHEE 201 11 bayesnetnode J&

My .

7% 160: applybayesnetnode &%

applybayesnetnode J& {H JEPERGIA
all_probabilities ) TV

raw_propensity &

adjusted_propensity bri&

calculate_raw_propensiti |tri&
es

calculate_adjusted_prope |tri&
nsities
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applyc50node Ef%

A H] C5.0 BT s AR AR C5.0 IARUER, IZAIUERIIIA SRR applyc50node, H X9wE HALT /i H S
AREEHER, ESHEE 203 TIHY c50node &1 o

2 161: applyc50node B14%

applyc50node &1 {11 JEPERGIA
sql_generate udf AT IR EREHRITHIRIA SQL ARk
Wi, SREEN udf,
Never
NoMissingValues
calculate_conf PR JAH SQL AR ATH ;B MR B R E
AT ARG LR AR BRI AR A
calculate_raw_propensiti |tri&

es

calculate_adjusted_prope |tri&
nsities

applycarmanode Et%

AJ{H A CARMA EAETT fiZE Al CARMA BRI, AN IR R4 applycarmanode,  HARERIELG A H
EME, BXRGE BT SN E BEANEAEE, ESMSE 204 7119 Fcarmanode &M .

applycartnode B1%

A C&R BT R ZE il C&R BERERIER, RN FR N applycartnode, K45 BT H
SHANTEMNER, E26H% 205 1Y Tcartnode JE1HS

& 162: applycartnode @1

applycartnode Jg@ 1k {[1 JETERIA
enable_sql_generation Never T IR E RS THARIAY SQL A= pltisk
T,
MissingValues
NoMissingValues
calculate_conf Frk JEH SQL ARG AT ; HEMKEEE
BT R EAE TR AR IR
display_rule_id PR EVED R PRI — MR, R
05753 BB Y 2606 19 R BIAR IR,
calculate_raw_propensiti |fRi&
es
calculate_adjusted_prope |tri&
nsities
applychaidnode EB1%

A CHAID AR TT s 2B A CHAID #EBUEL, AR IHIA L RN applychaidnode, 6 FYm5 AT mi
HESMAREAEE, ESMHE 208 TR Tchaidnode B
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& 163: applychaidnode B4

applychaidnode J& 1% {11 JEPERGIA
enable_sql_generation Never T IR ERN S THIRAY SQL 4= plik
T,
MissingValues
calculate_cont Fri&
display_rule_id PRk EED R — 17, gD

T BC RN AR T R AR,

calculate_raw_propensiti [#Iri&
es

calculate_adjusted_prope |tri&
nsities

applycoxregnode ¥

A Cox BT AR AR Cox RBEAUER, IZABUNINIA L H70 applycoxregnode, B R%Hn'E BT i H &
HARIEE R, 1ESHE 210 TAY Tcoxregnode JEM &

& 164: applycoxregnode &%
applycoxregnode Ja 1k {11 JEPERGIA
future_time_as Intervals
Fields
time_interval e
num_future_times B
time_field E424
past_survival_time TE
all_probabilities PR
cumulative_hazard PR

applydecisionlistnode E1¥

DRRANFEBTT s m] T2 R RS AR R, I BRI RN applydecisionlistnode, %445
BT R H SRR RN E R, 1205 213 11HY Tdecisionlistnode J& 11 .

3 165: applydecisionlistnode &%

applydecisionlistnode )8 |{ii JRPERA
T
enable_sql_generation Frk {ENER, IBM SPSS Modeler &24180K

RAHNFA A HER] SOL,

calculate_raw_propensiti |fri&
es

calculate_adjusted_prope |#ri&
nsities
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applydiscriminantnode B1%

I FNEAEY s AT 2R A BRI S, BRI AR RN applydiscriminantnode, 1 R4n5 BB i
H B ARG, E25% 214 7AY Tdiscriminantnode J&14J

& 166: applydiscriminantnode &%

applydiscriminantnode J& |f{ii JEPERGIA
T

calculate_raw_propensiti [#Fri&

es

calculate_adjusted_prope |tri&
nsities

applyextension 1%

R AR S 2 FRN applyextension, B 45
T R E AN EZER, ESH E 216 T
Fextensionmodelnode J&14J

@q YA ] DA T AR Ry e R A

Python for Spark {3l

JHHHE script example for Python for Spark
applyModel = stream.findByType ("extension_apply", None)

score_script = """

import json

import spss.pyspark.runtime

from pyspark.mllib.regression import LabeledPoint
from pyspark.mllib.linalg import DenseVector

from pyspark.mllib.tree import DecisionTreeModel

from pyspark.sql.types import StringType, StructField

cxt = spss.pyspark.runtime.getContext()

if cxt.isComputeDataModelOnly():
_schema = cxt.getSparkInputSchema()
_schema.fields.append(StructField("Prediction", StringType(), nullable=True))
cxt.setSparkOutputSchema (_schema)

else:

df = cxt.getSparkInputData()

_modelPath = cxt.getModelContentToPath("TreeModel")
metadata = json.loads(cxt.getModelContentToString("model.dm"))

schema = df.dtypes[:]
target = "Drug"
predictors = ["Age", "BP", "Sex", "Cholesterol",6 "Na", "K"]

lookup = {%
for i in range(0,len(schema)):
lookup[schema[i][0]] = i

def row2lLabeledPoint(dm,lookup,target,predictors, row):
target_index = lookup[target]
tval = dm[target_index].index(row[target_index])
pvals = []
for predictor in predictors:
predictor_index = lookup[predictor]
if isinstance(dm[predictor_index],list):
pval = row[predictor_index] in dm[predictor_index] and
dm[predictor_index].index(row[predictor_index]) or -1
else:
pval = row[predictor_index]
pvals.append(pval)
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return LabeledPoint(tval, DenseVector(pvals))

# convert dataframe to an RDD containing LabeledPoint

lps = df.rdd.map(lambda row: row2LabeledPoint(metadata,lookup,target,predictors,row))
treeModel = DecisionTreeModel.load(cxt.getSparkContext(), _modelPath);

# score the model, produces an RDD containing just double values

predictions = treeModel.predict(lps.map(lambda 1lp: 1lp.features))

def addPrediction(x,dm,lookup,target):
result = []
for _idx in range(0, len(x[0])):
result.append(x[0] [_idx])
result.append(dm[lookup[target]] [int(x[1])])
return result

_schema = cxt.getSparkInputSchema()

_schema.fields.append(StructField("Prediction", StringType(), nullable=True))
rdd2 = df.rdd.zip(predictions).map(lambda x:addPrediction(x, metadata, lookup, target))
outDF = cxt.getSparkSQLContext().createDataFrame(rdd2, _schema)

cxt.setSparkOutputData (outDF)

applyModel.setPropertyValue("python_syntax", score_script)

R fjl

JHHHE script example for R
applyModel.setPropertyValue("r_syntax",
result<-predict(modelerModel, newdata=modelerData)
modelerData<-cbind(modelerData,result)

varl<-c(fieldName="NaPrediction",6 fieldlLabel="",6fieldStorage="real", fieldMeasure="",

fieldFormat="",6fieldRole="")
modelerDataModel<-data.frame(modelerDataModel,varl)""")

& 167: applyextension &%

applyextension g1k H JE P

r_syntax string XA THATHEAIE 0 R A
E

python_syntax string FF AL ] Python IIARYRE
.

use_batch_size bR SOV AL T,

batch_size I FeE EAAERTE B MR EE D 5%

e

convert_flags

I TR ibn il 7 B

StringsAndDoubles
LogicalValues
convert_missing PR TR R AE R4 9 R NA BRI
7,
convert_datetime Fris HED A T/ B A H A H HAN ]
AR LY R H /I IS
o
convert_datetime_class POSTIXct IX LRI T @ B0 H sk H 1
POSIX1t I TEl A& SRR B R 9 28 =X

applyfactornode E1%

“ LG oA B AR AT AR R T AT/ TR TR, AR BRI RN
applyfactornode, IHRIRIH HAMENE, HXHEEEET S ESAREAER, HESHE 218 1K

Ffactornode @14 .
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applyfeatureselectionnode 4%

“RHIEZE R B sUnT B AR BRI B A A B, IR AR 2 8RR applyfeatureselectionnode, A
Kedm'E AT R H S HANTEAGEE, 1ESHEE 220 T Tfeatureselectionnode JE TS o

& 168: applyfeatureselectionnode &1

applyfeatureselectionnod |1{i JE PR IR

e @tk

selected_ranked_fields FEEEARAIN Y AR R & WAL B P
B,

selected_screened_fields FEE AL VE A H A & IR LE EL i &~
B,

applygeneralizedlinearnode B1%

“JTSERNE (genlin)” AT AURT FFAE BT SRR, BRI AR AL R
applygeneralizedlinearnode, X495 BT R H SHANIEMEE, EHSHE 222 T Tgenlinnode J&
T o

% 169: applygeneralizedlinearnode &%

applygeneralizedlinearno |{H JEPERA
de 1k

calculate_raw_propensiti |tri&
es

calculate_adjusted_prope |tri&
nsities

applygsimmnode Bt

GLMM &7 s n] T4 A GLMM AU Z BRI AR 2 F58 applyglmmnode, X951 mi H
EAREAEE, E2ME 227 W1 Fglmmnode B

& 170: applyglmmnode &%

applyglmmnode )&%k {11 JETEHIA

confidence onProbability THE IR B E B R A B AR
REE R &S E TN 2 %,

onIncrease

score_category_probabili [#ri& WREE R True, WL RERE

ties FRITNER, KA —
B, SRE{EN False,

max_categories B FPIIMER R AR H, Y
score_category_probabilities
M True WA,

score_propensity PR WRIEEE R True, L NEEFREHR

AR AL R R AARIE BE 5y (“True” 45 51
FIRTREME) o WIRSXATERR, N
AR 2RI 73 DX 7= A VR S5 )
Wiy, HRE{EN False,
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& 170: applyglmmnode B14% (444:)

applyglmmnode Jg& 1% {11 JEPERGIA
enable_sql_generation udf FFERPITHARNIZE SQL A RGEIT,
XL I B IR B im ] SPSS®
native Modeler Server TE5riERC A (WIHREE

B2 8E T IR ia Rl e IR ) AT
PE5y, B AE SPSS Modeler MBI
TFo

FEEN udf,

applysle Bt¥

A DURE GLE SRR UM TAE K GLE BAUBR, A RIBRAIAIA il 4 W% applygle, X5 BB RH 5
IAREZER, HZH 2 231 11 Tgle B/t .

& 171: applygle Bt

applygle J@: {H JETER IR
enable_sql_generation udf HFLERPITHIRIZ & SQL 4= Bi%EIi,
PR 52 BRI H SPSS Modeler
native Server PEMGERLAS (UNSIEHZR|LEE T
P IERLAREARE) AT, B8
1£ SPSS Modeler PES

applysmm Ef%

AR ST R T A RSITR AR, WRURAAAR G S ZF5N applygmm,  FEFHEPELE
V18.2.1.1 I RA A M, AXHGEEET R ESWANEZER, H26 5 381 Y Fgmm &

T

& 172: applygmm @&

applygmm Jg@ Bmkal JE PR
centers

item_count

total

dimension

components

partition

applykmeansnode B1%

K-Means #4615 0] F FAE R K-Means B84, BRI IIA R4 applykmeansnode,  HEAEAUELE
BHAMENM, BXHTEET S B SHANITENEE, ESHE 238 71 Fkmeansnode JEM) .

applyknnnode E1¥

KNN Z#E7 s rT AR AR KNN BRI, AR A B FR 2 applyknnnode, 8 9m5 BAETT i E SR
AHEAZE, ESHE 240 511 Tknnnode 1
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2= 173: applyknnnode B4
applyknnnode Jg&: {11 JEPERGIA
all_probabilities ) v
save_distances ) TV
applykohonennode &%

Kohonen EAET s ] 425K Kohonen BB, AR IAIA L FR A applykohonennode, AU HL %
BHAMEMY, XS5BT HESHANEAEE, E2MSE 203 1A Fc50node B

applylinearnode Et¥

AT P e BT R AR R MR, AU AR 4 F7CN applylinearnode, 6 %445 A5 il H S 1
AIEAE R, TESHE 243 71 Tlinearnode B

% 174: applylinearnode B1%

linearx @1t { JEPERGIA
use_custom_name bR
custom_name string
enable_sql_generation udf HFLERPITHARIZ & SQL 4= Bi%EIi,
T3 T [ 325 2 B i SPSS®
native Modeler Server iE5iERLEy (TSR EE

B2 TIPS BRI BGR ) AT
P4y, 1E SPSS Modeler NEFIESy, BE
puresql HEREFISER I SOL 153,

R E udf,

applylinearasnode Et%

Linear-AS B s AT FI T4 AR ME AS BIFIBE, IO IR HIS4F1 0 applylinearasnode, 1345
BBUTA SIANEHER, 205 244 51 Tinearasnode /&1L o

& 175: applylinearasnode B
applylinearasnode J81 {1 JE PEAid
enable_sql_generation udf B ER udf,
native
applylogregnode B4

faA] DA ] “Logistic [B] TR EAEHS kAR i “ Logistic BRI 28R L I A TRl
applylogregnode, HXYmE BT M H HHIANIEAEE, 1ESHSE 246 71 Clogregnode B

& 176: applylogregnode B4

applylogregnode Ja 1k {11 JEPERGIA
calculate_raw_propensiti |ini&
es
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& 176: applylogregnode B (4£42)
applylogregnode Ja 1t {11 JEPERGIA
calculate_conf ) ¥
enable_sql_generation ) TV
applylsvmnode E1%

AT DAGEA] LSVM BT sk AL R LSVM BBURIER,  HARRIER A IANA il 24 5N applylsvmnode, HX9w 5 A
TRESWANEZER, E2S6 5 251 5119 llsvmnode JEMES .

& 177: applylsvmnode B
applylsvmnode Jg@ 1k {I1 JETPERA
calculate_raw_propensities |#ri& fEE = ARG A,
enable_sql_generation udf fEE AR ERCR (RE %A T
PEor. AR THRIE O IE R B ANt
native (R

applyneuralnetnode E14%

PRI 2 AT P T A RIS R, IR I 44 FR N applyneuralnetnode, K%
HEET S ESARTEAEE, ESH%E 252 51K neuralnetnode J&M) o

TR FEHRAThR PR A T BAA R SR RERIF A I Rh M 28 AU, FFRAE T —17 (applyneuralnetwork)
T, RETCHTRRATIRRT A, (BT SEHAA DL RIS, AL CREE 1 JERTRRASHI
MEEUMISE, HIERERIAITHRH A S,

& 178: applyneuralnetnode B4

applyneuralnetnode J&1k {H JETERGIA
calculate_conf bR JEFH SQLAERKIN AT A ; @ MBS R
R RETE A IR
enable_sql_generation ) TV
nn_score_method Difference
SoftMax

calculate_raw_propensiti |fri&
es

calculate_adjusted_prope |#ri&
nsities

applyneuralnetworknode EB1#

A5 FH AR RN 288 AR A PR I 28 A B, IR LA 4 FR8 applyneuralnetworknode, Xt
HET S EHBRMEMANEZEE, 1E2M neuralnetworknode &%,

7% 179: applyneuralnetworknode &%

applyneuralnetworknode J& | {ii JR YRR
i 3
use_custom_name ) T
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& 179: applyneuralnetworknode @M (4¥4%)

applyneuralnetworknode J& |1 JE TR IR
T
custom_name string
confidence onProbability
onIncrease

score_category_probabili |#ri&

ties
max_categories B+
score_propensity R&
enable_sql_generation udf HFLERPITHARIZ & SQL 4= Bk,
TX L T A IR B R R FE i A SPSS®
native Modeler Server PE/MERCA (WIREE
BB 2L TIPSR AR R ) AT
P4y, 1F SPSS Modeler NEBIFESy, BR
puresql X FIBAR - SQL IT-5%,
BAER udt,
applyocsvmnode [E1%

FA2R SVM T il T A A A2 SYM BRAIER, IR IRIA S 5 S50 applyocsvmnode, AR A
Hittgtt, AXRMWETERTAESNANEZEE, 1ESH % 385 1A Focsvmnode J&MES .

applyquestnode Et%

A {HFH QUEST AR 1Y i dE i QUEST #AER, ZBIRIEL AL TR N applyquestnode, 6 XYmE HAE T mL
HEHAREAER, 5255 257 WA Tquestnode B4

& 180: applyquestnode B1%

applyquestnode J& 1k {11 JEPERGIA
enable_sql_generation Never T IR ERN S THRAY SQL 42 pli%k
T,
MissingValues
NoMissingValues
calculate_conf ) TV
display_rule_id PR EIE PRI — N7, RonED

RS LR A 280 1 RAIFRIR

calculate_raw_propensiti |tri&
es

calculate_adjusted_prope |tri&
nsities
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applyr Bt

“R AT AT AR AR R ARBUEE, IRTUEREIRAAR GRil 4 AR  applyr. AR5 AT R E S IIA
EEAER, E2ME 202 TTAY Tbuildr 81 .

* 181: applyr B

applyzx @ LIz JE PR

score_syntax string XZATHATHREAIEH R A
Eio

convert_flags StringsAndDoubles IR I T bR S B

LogicalValues

convert_datetime Fri& R TR B A H BAEE H BAR A
MR B R H /I RIS
o

convert_datetime_class POSTIXct IX LRI T @ B H sk H 1

POSIXLt I fEIAS A2 B i oA 288 2

convert_missing FRa& TR RAE AN R NA ERYIE
7,

use_batch_size Fris J& AL B

batch_size B fEE B ES MR BRI R
544

applyrandomtrees B1%

A] DA FH “BEATUR AR sk AR BRBEA RSN B, A BB A Y I 24 888 applyrandomtrees, %4
HEETRESMANEZEE, 1ESMH % 259 719 Frandomtrees JE1H

& 182: applyrandomtrees B1%

applyrandomtrees Jg 1k {11 JEPERGIA
calculate_conf Frik L M B T S A AR R AR
W,
enable_sql_generation udf HFLERPITHIRIZ & SQL 4= Bi%EIi,
PR SEHER B [ F SPSS Modeler
native Server MWEoriGERCey (ANSRIERRIZAE T

PEOIEECAS BRI ) TRy, B
1E SPSS Modeler NIE43

asapplyregressionnode Et¥

“ERME O] AT AT AR AR MR AR, AR AR B FR N applyregressionnode, AR
B E HMEN, XS EET R ESMANIEAGEE, ESHSE 261 71 Tregressionnode JE 1

applyselflearningnode Ei¥

“ B 2N B AR (SLRM)” AR s AT 4R R SLRM BRI, iR B N RHIAR 22 )
applyselflearningnode, %45 BT R B B HANIEAEE, 1H2HE 264 TN Tslrmnode JEM) o
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2% 183: applyselflearningnode B4
applyselflearningnode J&: 8 JE PR IR
max_predictions &
randomization G
scoring_random_seed e
sort ascending BRI BRIy i mid R R R
descending
model_reliability PR BB BT R AR A ] SRR I T
1EM,
applysequencenode E1¥

R AT R AR R YA R, IR BIAR 2 FR N applysequencenode,  MARRIHLG A H
g, BXE BT HE BARNTEAEE, E2FSE 263 LAY Fsequencenode JE 1) o
applysvmnode Et¥

ERTLAGEA SVM FREETT RORAE AR SVM RRBIER, IZBRIBR AR 4 H7 N applysvmnode, %45 ST
HEMARTFEAMER, HSME 271 78 Fsvmnode B .

& 184: applysvmnode &%
applysvmnode J&: H JE PR IR

all_probabilities TV

calculate_raw_propensities [#ri&

calculate_adjusted_propensi |#ri&
ties

applystpnode Et%

STP 5T s A] AR T AR B DGR BR iR A i A B e b B i . ISR B AR 4 AR
9 applystpnode, BXRIWE BT R EGHANEZEE, ESH 5 266 71 Tstpnode JEM o

& 185: applystpnode B 4%

applystpnode J&: BmIm JE PERIA
uncertainty_factor T/R{E w&/IMEN 0, EA(EHN 100,
applytcmnode Et%

B [ DR SR AR ABE (TCM) AT s m] 2B A TCM AU, AR E I B AR Gw il 2 7R applytcmnode, B %
YE BT R E AN ESZEE, 1ES0M % 273 1WA Ttemnode B

& 186: applytcmnode B4

applytcmnode &1k 18 JE PR IR
ext_future /R1E

ext_future_num T
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& 186: applytcmnode B (4t42)
applytcmnode J&: {11 JEPERGA
noise_res A/RIE
conf_limits /R
target_fields HlIZ
target_series Hl|F
applyts B1%

“IN IR P2 ERASETY U RT T AR IR AL 27 R B, ISR I A Gl 4 W70 applyts. ARG E AT
RESMARNEZER, ESH H 278 TIH Its B/ .

& 187: applyts B4

applyts &k H JEPERGA
extend_records_into_future |f/R{H
ext_future_num B

compute_future_values_input |fi/R{H

forecastperiods B
noise_res h/R1E
conf_limits /R
target_fields HlIZ
target_series HlIZ
includeTargets T

applytimeseriesnode B (R#EF)

“BF R A AT A AT AR I TR A1) AR, I BRI AR 2 F7 R applytimeseriesnode, 6 4w
HEGTS HESHARTEAER, ESHE 286 TifY) Mtimeseriesnode @M (RHEF) 1 .

2% 188: applytimeseriesnode &%
applytimeseriesnode J& 8 JEPERGIA
calculate_conf TV
calculate_residuals T
applytreeas B1¥

Tree-AS EAETT Al T4 Tree-AS FAUEL,  ABTRIEL ARG HI 2 FRN applytreenas, B RYmSE AR
TEEHEHANEZEE, B2 5 288 WA ltreeas B

2 189: applytreeas B

applytreeas Jaft {11 JEPERGIA
calculate_conf PRk I Mt B T B S A AR R AR
W,
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& 189: applytreeas B (442)

applytreeas Jafk {11 JEPERGIA

display_rule_id Fri& EFEDEH PRI — N, R
107 LR 280515 R AR I,

enable_sql_generation udf HFERPITHIRIZ & SQL 4= Bk,
PR G HERN B A SPSS Modeler

native Server TR/ IGERCAY (WIRIERER LT

P IEELARIEARE) ATy, B
1£ SPSS Modeler PES

applytwostepnode B

TR RO AR R AR, R R AR B FR R applytwostepnode, AR HoAth
B, ARmEEET S ESHAREAER, ESHE 290 T Mtwostepnode BT

applytwostepAS Ei¥

— R AS AR ST T AR R AS BB, HARTBR I SR | 4 RO applytwostepAS, B Kgw S AR
TR ESWAREIER, E265 291 519 ltwostepAS J&M) .

& 190: applytwostepAS B 1%

applytwostepAS J& 1k {11 JEPERGIA
enable_sql_generation udf FFAERPITHARNIZE SQL A RGEIT,
XL O] IR B im A SPSS®
native Modeler Server TE5 &R (WIHREE

PRBILE T PG A BRI BT
PPy, BUEAE SPSS Modeler R
I3

FEEN udf,

applyxgboosttreenode Et¥

XGBoost Tree 1 /i A] T4 ik XGBoost Tree B8R,  HAAIELINIAYRE 54 applyxgboosttreenode.
TRAPEMTE 18.2.0.1 H#l, AXREEEETRBESHANEZER, 1HSH F 392 i
Ixgboosttreenode J&1%J o

& 191: applyxgboosttreenode &%
applyxgboosttreenode @t | HdlIA JR YRR

use_model_name

model_name

applyxgboostlinearnode B1%

XGBoost Linear 7 si0] Fl T4 i XGBoost Linear %I, AR IIHIAYGR S 2 FRN
applyxgboostlinearnode, HHEMHIGHHMEME, ARWMEEE T HBSHMANEZEE, BSHH
391 Bif¥ Txgboostlinearnode &1
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hdbscannugget B 1%

HDBSCAN 11 s iT F T4 i HDBSCAN B8UER,  HAEARIEIHIAR GRS 4888 hdbscannugget, IARRIER%E
GHMEMY, FXRESEETEBESMANEZEE, ESH % 381 WA Fhdbscannode B4

kdeapply B1%

A ] KDE SR R AR KDE ASERUER,  ARTUERATINA G S A5 0 kdeapply, A RS BB RE S
WAREE, B2 383 T Tkdemodel B

& 192: kdeapply B1%

kdeapply J&: s JEPERIA
outLogDensity f/RME F6E True 58 False DATEfH AL & 5k

PRHGHEE, SREEDN False,

MV18.2.1.1 FHh, HimA
out_log_density

312 IBM SPSS Modeler 18.5 Python i w 1 B 3L 45



4 15 5 BRAEAEY sk

IBM SPSS Modeler 32455 8w At p 12 At BEE 2 e Fn g TRAHER R, U5 Microsoft SQL Server
Analysis Services, Oracle Data Mining, #1IBM Netezza Analytics, #&r] DAf# ] IBM SPSS Modeler [ f
& B A EEE R R A AR AR AR T I 70 3B AT ASE AT A H N 8 MEIE I 9 S A SR A A 15
PNEAE PEARTRY,

Bian, HEIZERIIABIA T AR IBM SPSS Modeler IiAgw S FLE SR A7 Microsoft (R S5 AY:

stream = modeler.script.stream()
msbuilder = stream.createAt("mstreenode", "MSBuilder", 200, 200)

msbuilder.setPropertyValue("analysis_server_name", 'localhost')
msbuilder.setPropertyValue("analysis_database_name", 'TESTDB')
msbuilder.setPropertyValue("mode", 'Expert')
msbuilder.setPropertyValue("datasource", 'LocalServer')
msbuilder.setPropertyValue("target", 'Drug')
msbuilder.setPropertyValue("inputs", ['Age', 'Sex'])
msbuilder.setPropertyValue("unique_field", 'IDX')
msbuilder.setPropertyValue("custom_fields", True)
msbuilder.setPropexrtyValue("model_name", 'MSDRUG')

typenode = stream.findByType("type", None)

stream.link(typenode, msbuilder)

results = []

msbuilder.run(results)

msapplier = stream.createModelApplierAt(results[0], "Drug", 200, 300)
tablenode = stream.createAt("table", "Results", 300, 300)
stream.linkBetween(msapplier, typenode, tablenode)
msapplier.setPropertyValue("sql_generate", True)

tablenode.run([])

Microsoft EIERNT RE%

Microsoft EET 2B

BRREMYE
Microsoft & R T sl I A LB AN R AR,

& 193: N F Microsoft T @M%

25 3E Microsoft 15 gt 1 JR P

analysis_database_name string Analysis Services £ I TR,

analysis_server_name string Analysis Services FHLHIZFR,

use_transactional_data Fr& Fa7E i NEHE = R RS I B FH S5

inputs 2 FAEEARAVE AT B

target FE TE;J”' FEB (RERAT“MS BK"5K“Fh 2K

unique_field FE KT B,

msas_parameters et ALl Hik2H, AXEZEE, E2MRIEM % 315 11
rasziu .




& 193: RNE Microsoft T RB M (4r4R)

N1t Microsoft 15 )@ 1k & JE Pk
with_drillthrough Fri& GHATIRNET B 1L,
MS JRE
%HE N mstreenode KA i@ X B KEM:, TBSRAT LA L Microsoft J& M,
MS B3
%A N msclusternode RRATT i€ L EKENE, ESRATTH LI /AL Microsoft &%,
MS XEXFRN
PAURREE B M ] 28548 msassocnode B9 i
& 194: msassocnode &%
msassocnode J& 1k & Ja Pk
id_field £ FRIREAE I 55
trans_inputs H|FR HEBIER N T
transactional_target T B CESEGE)
MsS thE=R DA
%A N msbayesnode KRBT RUE L EIKE M, TESFARTH LA Microsoft J& 14,
MS 1% [E1/3
#%H N msregressionnode AT SUE X EMKEME, TESFIATIH LA LE Microsoft &1,
MS R4
%A N msneuralnetworknode KR fiE X B KEM:, 1BESRATI LM/ Microsoft J& 4,
MS Logistic [A])3
#HE N mslogisticnode BB e L EKE M, TESRATI LA 3 Microsoft J& 1,
MS Bial =51
AN mstimeseriesnode FBUMYTT AUE L EMREME, ESFARTH LI AT Microsoft J& 14,
MS 5

PUNREE B MR 2840 mssequenceclusternode AT A

& 195: mssequenceclusternode B

mssequenceclusternode &1k 1H JE T B

id_field TE PRIREHEH I S5
input_fields $2IES HEBAREANTFEL,
sequence_field T JFAIR I,

314 IBM SPSS Modeler 18.5 Python i 4w Il B 3L 45 5



& 195: mssequenceclusternode B (4k4E)

mssequenceclusternode J&M: H JE PR B
target_field FE B GRISEER)

BiEs¥

A Microsoft BB FERAIRAIE G 7] DA#H msas_parameters JBMRIZBWRIESEL, HlU0:

stream = modeler.script.stream()
msregressionnode = stream.findByType("msregression", None)
msregressionnode.setPropertyValue("msas_parameters"”,

[ ["MAXIMUM_INPUT_ATTRIBUTES", 255],
["MAXIMUM_OUTPUT_ATTRIBUTES", 255]1)

XESHIRE SQL Server, EEBR N RAHXSE, EHRITIN IR

1. R R IR SR A
2. FTIT R BAE PR IR Mo

3. WBHRTR S R8I g — N R,

4. NRABRIIRAPIEE—NERER,
5. A il DASK P B8R TR M

6. MM HJE MERY Microsoft EidfE AT i,

7. ST ER R
8. 1R LR IETIF,

AN 2 BoRIZCT TR msas_parameters &1,

Microsoft {£ BV B 1%
fii ] Microsoft £ 2 i sy s QI AR L B R A1 g 1
MS R
R 196: MS REEHEM
applymstreenode Jg& 1k H iR
analysis_database_name string A} DAEHEAE I AN T AT IR 53
HE M FHRIR Analysis Services 3B R4
o
analysis_server_name string Analysis 5528 EHLHIFE,
datasource string SQL Server ODBC #(#E 15 44%% (DSN) HI%4FF
sql_generate FRi& JAF SQL A2k
udf
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MS Z1%[E]Y3

® 197: MS &4 EV3AB M

applymsregressionnode J&M: |1 iR

analysis_database_name string A DAE AR I HON LT RO TR0
L) 1 AR Analysis Services B E 44
1188

analysis_server_name string Analysis k5528 EALHIEFR,

MS $HEZ LS

& 198: MS HEZWLEE 4

applymsneuralnetworknode |{H i)

Ja Tk

analysis_database_name string ] DAE AR IR AN e SO TR
& M FFRIR Analysis Services £ ZER44
o

analysis_server_name string Analysis 5528 EHLAIFE,

MS Logistic [@])3

& 199: MS Logistic [B)AB 14

applymslogisticnode J&: {1 fifiid

analysis_database_name string A DAEFETE T HON I RO T
e FH THRIR Analysis Services $dE ZER) 44
i 8

analysis_server_name string Analysis A5 %8 EALHISAFR,

MsS BBl F%!

& 200: MS BYEIFE SR 14

applymstimeseriesnode &1 |1 fifiid

analysis_database_name string A DAE AR IR AN LT RO TR0
)BT HRIR Analysis Services $EZERI 4
Ro

analysis_server_name string Analysis k5528 EALHIEFR,

start_from

new_predictio
n

TERE R T AR IIIEZ P S Fil,

historical_
prediction
new_step BF TE AR T4 I 1A B
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& 200: MS BB FIBIE (H5R)
applymstimeseriesnode J&1: |1 fifiik
historical_step B TE S SR -4 B TR B
end_step e TE S ES RN 1] B o
MS FFHIEEE
*® 201: MS FHIREREM
applymssequenceclusternod |{f fiiik
e J@fk
analysis_database_name string A DAE AR R HON LT RO TR0
%E'lﬁ)ﬂ?l:ﬁiﬂ Analysis Services #(E 114
Mo
analysis_server_name string Analysis 5528 EHLAIEFR,
Oracle BB T R EME
Oracle ZET REM
Oracle ¥t B T s AL @ N R AR,
& 202: ~H Oracle T RBE M4
223 oracle Vi gt 1H JeE P LA
target FE
inputs FEIFIFR
partition FE I TR BEE 70 XA RIBIREA, DA T84
MY ZR, Ada sk .
datasource
username
password
epassword
use_model name PR
model_name string B E 2 FR o
use_partitioned_data PRk WMSE T 5 X 7B, NIRRT RSN ZR 5>
DX AR5t T A
unique_field FE
auto_data_prep Fri& JAFEEEF Oracle HahEdEHERIIEE ((UEH T
11g BARE) .
costs ghkafk. KU R R
[[drugA drugB 1.5] [drugA drugC
2,117, Hr (] Ay B AR E R SRR AR

55 15 B BT mE T 317



R 202: At Oracle TR (d4L)

A3k Oracle Tini@ it {1 JE Pk B RH
mode Simple WHTESA T B TEHFRERVAREE, ARIEE R
Simple, =S BIRHLEM,
Expert

use_prediction_probability |#ri

prediction_probability string
use_prediction_set ) TV
Oracle fhZE 14

AN oranbnode M s R B MW RATR:

& 203: oranbnode B1%
oranbnode J& 1% H JeE 1 BERA
singleton_threshold G 0.0-1.0*
pairwise_threshold P& 0.0-1.0*
priors Data
Equal
Custom
custom_priors Etialle F AN NS E
set :oranbnode.custom_priors =
[[drugA 1][drugB 2][drugC 3] [drugX
47 [drugY 5]]

* N5 mode &N Simple, NIZBS)E M.

Oracle Adaptive Bayes
KAy oraabnnode YT AT AT A JE AN R AR :

& 204: oraabnnode @14
oraabnnode J& 1 Iz JE A
model_type SingleFeature

MultiFeature

NaiveBayes
use_execution_time_limit PR *
execution_time_limit B HEVHRT 0, *
max_naive_bayes_predictors |##% HVHRT 0, *
max_predictors BEL ENHKT 0, *
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3R 204: oraabnnode B4% (4¥42)

oraabnnode J&: 1H JE kB
priors Data
Equal
Custom
custom_priors gEgfe AT N RISERILE 1 -
set :oraabnnode.custom_priors =
[[drugA 1][drugB 2][drugC 3][drugX
4] [drugy 5]1]

* 1% mode &N Simple, NIZHE)E M,

Oracle Z3Fm=H

HHUR orasvmnode 1T SR JE AN R AR :

& 205: orasvmnode B4

orasvmnode J&: 1H JE PR
active_learning Enable

Disable
kernel_function Linear

Gaussian

System
normalization_method zscore

minmax

none
kernel cache size T {OEH TN, EBHKT

0, *

convergence_tolerance e BELHKRT 0, *
use_standard_deviation bR UERS & AZ, *
standard_deviation T BELHKT 0, *
use_epsilon PR P& TR, *
epsilon I EWBHART 0, *
use_complexity_factor bri& *
complexity_factor e *
use_outlier_rate bR fUE R TR R, *
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3R 205: orasvmnode B4 (444L)

orasvmnode J&: H JE PE B
outlier_ rate 7 fUEH T 8RR, 0.0-1.0*
weights Data
Equal
Custom
custom_weights AL RN LA 1
set :orasvmnode.custom_we
ights = [[drugA 1][drugB
2] [drugC 3][drugX 4]
[drugY 5]]
* N5 mode X'E H Simple, NIZMEJE M,
Oracle | X 4EHIEE
KA oraglmnode B Y AT FE MEAN R AR :
& 206: oraglmnode B4
oraglmnode JE 1 H JE PR B
normalization_method zscore
minmax
none
missing_value_handling ReplaceWithMean
UseCompleteRecoxds
use_row_weights T *
row_weights_field T *
save_row_diagnostics bri& *
row_diagnostics_table string *
coefficient_confidence e+ *
use_reference_category Fra& *
reference_category string *
ridge_regression Auto *
Off
On
parameter_value B}y *
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& 206: oraglmnode B (444R)

oraglmnode JE1: H JE PE B
vif_for_ridge ¥ *
* 1% mode &N Simple, NIZHE)E M,
Oracle R
JHH oradecisiontreenode [¥75 s ] FEMEAD RFR:

2 207: oradecisiontreenode @

oradecisiontreenode JEft |{i JE P B
use_costs bri&

impurity_metric Entropy

Gini

term_max_depth B 2-20*
term_minpct_node B 0.0-10.0*
term_minpct_split e 0.0-20.0*
term_minrec_node B BELHKT 0, *
term_minrec_split B EWHHART 0, *
display_rule_ids T *

* N5 mode XB N Simple, WIZHEJE M,

Oracle O-Cluster

HKAN oraoclusternode FYT A AT B D R :

3R 208: oraoclusternode B4

oraoclusternode &1k 1 JE P LA
max_num_clusters B {HHRT 0,
max_buffer B EVHART 0, *
sensitivity I 0.0-1.0*

* 405 mode &N Simple, NIZME)E I,
Oracle KMeans
KA orakmeansnode A7 A AT B PEAN T AR :

& 209: orakmeansnode B

orakmeansnode Jg 1% (<1 JE P BEIH
num_clusters B HVHRT 0,
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& 209: orakmeansnode B4 (4442)

orakmeansnode J& 1 1" JE P H
normalization_method zscore
minmax
none
distance_function Euclidean
Cosine
iterations B 0-20*
conv_tolerance e 0.0-0.5.*
split_criterion Variance & {EN Variance, *
Size
num_bins TR HVBHARTF 0, *
block_growth B 1-5*
min_pct_attr_support B 0.0-1.0.*
* QN5 mode E N Simple, N2 &M,
Oracle NMF
FKAIN oranmEnode BT AT FHE AN R :
& 210: oranmfnode @14
oranmfnode &1k {1 JE PR
normalization_method minmax
none
use_num_features T *
num_features B 0-1, GhEEHBEIERELIEMGIHEH, *
random_seed B+ *
num_iterations B 0-500.*
conv_tolerance e+ 0.0-0.5*
display_all_features T *

* N5 mode X'E N Simple, NIZHEJEME,

Oracle Apriori

HHUK oraapriorinode YT AT FE AN RAR:
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& 211: oraapriorinode B1%

oraapriorinode J&: {11 JE Pk B
content_field T

id_field FE

max_rule_length B 2-20,
min_confidence v 0.0-1.0,
min_support BF 0.0-1.0,
use_transactional_data PR

Oracle &/M#iR{<E (MDL)
A NEAN oramd1lnode B SE X EARE M,

Oracle B EEH (AI)

HKAN oraainode MY s R H RN FA7R:

THS AR SLHR @] Oracle J& M,

K 212: oraainode B

oraainode &1k 18 JE Pk B
custom_fields Fr& WA true, NIARVFHERYFTT S5 E BAR,
ANMEM TR, 8N false, NIFFARE Lt
AL ) R B,
selection_mode ImportancelLe
vel
ImportanceVa
lue
TopN
select_important Fra& 1f selection_mode BB N
Importancelevel I, $HERBIEFEE"F
Bz,
important_label string fa e BB HERRIR A
select_marginal FRa& £ selection_mode X BN
Importancelevel B}, $8EREIEF LR T
B
marginal_label string FaE AR HEFR IR
important_above BE 0.0-1.0,
select_unimportant Fra& £ selection_mode iXBE N
Importancelevel I, fEEBMIERREE”
T
unimportant_label string fEE “INE B HRRRIFRES
unimportant_below B 0.0-1.0,
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& 212: oraainode B (4#4L)

oraainode g1 1H JEEBEH
importance_value e 1f selection_mode BB N
ImportanceValue iy, f8@&@E A9 F1E,
32 M\ 0 2] 100 HYfHE,
top_n 2 1£ selection_mode BN TopN i, IEEE
ERR > YA, #2352 0 2] 1000 HIfES
Oracle {RBIR B

£ Oracle BRI A AL EA T OB M,

Oracle thZ= M4k

%6 N applyoranbnode ZRAIAYT s X EKE M

Oracle Adaptive Bayes

%N applyoraabnnode S8R sE BRI ME,

Oracle Z}Fm=H

%6 N applyorasvmnode BB siE X BARIE 1,

Oracle R

HA1% applyoradecisiontreenode 3 s AT A E MR RAfR:

& 213: applyoradecisiontreenode &%

applyoradecisiontreenode Jaft: H JE PEBERH
use_costs TR
display_rule_ids FRi&

Oracle O-Cluster

%A N applyoraoclusternode 2BUAYH siE X BRI M,

Oracle KMeans

% H N applyorakmeansnode S8R sE X EIRIE M,

Oracle NMF

NHEMHT applyoranmfnode 287UAH A5

& 214: applyoranmfnode B4

applyoranmfnode J&1%

fi

JE LB

display_all_features

PRk

Oracle Apriori
RERICANRE R F T IAIA
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Oracle MDL
AR HASRE R F T RIA,

IBM Netezza Analytics BiET S 21

Netezza BiED S EH
IBM Netezza FEFE AT sS AL E WA RATR,

R 215: ANt Netezza T 2B

N1t Netezza Ti @ik

J& PE LA

custom_fields

GOSN true, W ARVFEDN YT RHEE HAR, HAR
Hth 7B, RN false, NIEEASKE LA
A AT B

inputs

[field1 ... fieldn]

RRPU I P A o A BT 2 R 7 B

target

TE

HirnsE (LK) o

record_id

TE

M IEFARR 7 B,

use_upstream_connection

Pk

WMSA true (BRE) |, ABLEREVEAR(E BAE LT
g%, 1EfEE T move_data_to_connection
AR

move_data_connection

PR

WA true, NPKEIEFRZIZEIH connection f5&E
HIEIEE, TEFRE T

use_upstream_connection B AR,

connection

g5

X2 F TAEMEREEI) Netezza B RS R R,
S W I =Ry P S

['odbc' '<dsn>' '<username>'
'<catname>' '<conn_attribs>'
false]]

'<psw>'
[true]

Hr:

<dsn> ZHIETHRAR

<username> Fll <psw> JEEIE N F 2R
<catname> J& HRA R

<conn_attribs> ZiERE M

true | false {EREETFEEN.

table_name

string

IXJR TR R R 2 R A4 PR

use_model_name

PR

WERH true, HHH model_name 8 EHIZFRIEN
FHIZFR, N RS0 2RI R,

model_name

string

BRI E il 4 5

include_input_fields

PR

IR true, [ NFHEIBFTERATE, SNMXEE
A=) record_id FIFEL
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Netezza ;R &

HAN netezzadectreenode HI s R B MEAN RAfR:

R 216: netezzadectreenode &%

netezzadectreenode JE Tk fE JE LB

impurity_measure Entropy X ZE RN &, TRk AR A B
o IE,

Gini

max_tree_depth Lo T DA BN B RIIEL, ik
HEN 62 (BRAFEEHE)

min_improvement_splits e+ THEAT 57 BRI Z0 6 R Y B AR 2 ek
. HE{EDN 0.01,

min_instances_split B A DUHAT 73 BIRT R SRR H
IO, SREEN 2 (BUNATRE
B .

weights Ektk B RAAEAANE, W
iR )E
set :netezza_dectree.weig
hts = [[drugA 0.3][drugB
0.6]]
BB LA R ES T 1,

pruning_measure Acc BRE(EN Ace (MERAME) o iR
SE N BTN R A E B A

WAce N, AIfEH wAce (IMBURSHAES)

B

prune_tree_options allTrainingData EBOT, A

partitionTrainingData

useOtherTable

allTrainingData &fliitHiRY
FEaE, A
partitionTrainingData k&
E B AGEIRNE b, 5
useOtherTable REHAFEHIEE
B E R B SE,

perc_training_data

e

U prune_tree_options %
BH
partitionTrainingData, N
ﬁiﬁﬁ?ﬂll%ﬂ%ﬁ%ﬁﬁ A E

prune_seed

EiE3

£ prune_tree_options i%#
iy partitionTrainingData
I, FHTEE 5 Hras RARE LA
¥, HAEEZ 1.

pruning_table

string

X2 TR AR I R O B
BRI R AR,

compute_probabilities

PR

IR true, ABLKAEREFER
Al (R FB AR P B
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Netezza K-Means

A H netezzakmeansnode YT LAY AT BT RATR:

X 217: netezzakmeansnode B4

netezzakmeansnode J& 1 {1 JE P
distance_measure Euclidean X2 H T B 2 TR B B B T 2 0 75 T
Manhattan
Canberra
maximum
num_clusters B FOIRAVRRE, SEEN 3.
max_iterations B BIRIERIREL, BRGNS 2 5ELE; SREER
50
rand_seed B XEHTERI i R shaEn
12345,
Netezza D1M+HTFISE

HKHIN netezzabayesnode M7 s R B MW RAT/R:

& 218: netezzabayesnode &1t

netezzabayesnode J& 1k 1H JE PEBEHH

base_index B X — NN FBARENR RN, AT TAEE
L OBREEN 777,

sample_size B JEPEE H ARE RN RAER /DN, B & ED8 10,000,

display_additional_infor [#ni& WIEA true, WITETHBXTEAE A BoREIMA S

mation o

type_of_prediction best BUE IR LA best (RAMHRMIFELRE) |
neighbors (FHAMERIIIAGHMN) 58 nn-neighbors

neighbors (AE=SHELRME)

nn-neighbors

Netezza #M3E D1 +Hf

HHUR netezzanaivebayesnode I sl AT B LW NFR:

3R 219: netezzanaivebayesnode 1%

netezzanaivebayesnode J& |[{& JE 1 e

i 3

compute_probabilities bR WA true, MLKERBEREEID HEXR) FELA
ST 7 B

use_m_estimation Fri& WA true, NI m-estimation AR DG Gt &

LIRSS TR
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Netezza KNN

AN netezzaknnnode BT SRR B M0 R

X 220: netezzaknnnode B4

netezzaknnnode & {1 JE P
weights ikt XTSI RIEENENSEEN, wEl:
set :netezzaknnnode.weights = [[drugA
0.3][drugB 0.6]]
distance_measure Euclidean X2 H T A 2 R B B T I & 1 7
Manhattan
Canberra
Maximum
num_nearest_neighbors B FrELME R BT AT T REL; ShEER 3.
standardize_measurements |#ris WA true, ABLIEHAEEE 2RI, MNIESHANT
BRI BB TAR L
use_coresets Fr& N true, WA KBIEHEE OB RAE TR S

TR,

Netezza TN

AA K netezzadivclusternode KT AR E U FAR:

< 221: netezzadivclusternode B 14

netezzadivclusternode J& |ffi JE i
163
distance_measure Euclidean TX TR TN A 2 (B B B T 2 1 75
Manhattan
Canberra
Maximum
max_iterations B TEARAI R 12 1 E RIS T IR R BEIEE IR, A E
79 56
max_tree_depth T ] DO BHRESR 0 I BRRIGNEL, BREER 3.
rand_seed B RENLETT, FTESI9Hr; SE{EN 12345,
min_instances_split B Al AR BB/ INCSREL, BRE{E 5.
level B BRI RIED BB RG], SEERN -1
Netezza PCA

KA netezzapcanode WY AT B MEUD RAR
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& 222: netezzapcanode B¢

netezzapcanode J& 1k 1H JE 1 BERH

center_data bR W true (FRAEE) , ABLERITEIESES (R
NENEHEDE”) , REEHITIH,

perform_data_scaling bR WA true, ARATEATRIPUTEIRIAE,, IXAEM
AT RAJRAER PAAN [R] SR A 0 2 AN [ 2% 2 IS ) AT A

force_eigensolve br& N true, WA RAERMER PR EREIRE
Bt

pc_number B FUEBIRERE R0 F RN E BEER 1.

Netezza [A])3#7

BHIHN netezzaregtreenode M7 sl ] B MEW NA/R:

3 223: netezzaregtreenode [&1

netezzaregtreenode &1k 1H JE T B
max_tree_depth I PTERR T iR AT AR 2 e R
BIEL; SREEDN 10,
split_evaluation_measure |Variance KRN, TR 2 E R i B
EAE, SREE CYRTHE—IED)
J& Variance,
min_improvement_splits e TER R TR 23 R 2 2 k>
FIA R/ N
min_instances_split B A AR 73 B9 e/ NIE SR
pruning_measure mse SERBET A
r2
pearson
spearman
prune_tree_options allTrainingData BREENT, HH

partitionTrainingData

useOtherTable

allTrainingData A%l
FEHAEE, A
partitionTrainingData ¥kf§
EZE GBI E T, 5
useOtherTable R FHIREHEE
Bm FE R SRR

perc_training_data

e

WS prune_tree_options %
E°N PercTrainingData, N5
TE FFINERIIE AR 5 B E 2 b

prune_seed

k24

{£ prune_tree_options i%#
5 PercTrainingData i, AT
HEIERIIBENIR T, BREE

2 Lo

pruning_table

string

R TAG THRRDRE  R A FRE
BTER SR AR AR,
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& 223: netezzaregtreenode @14 (444:)

netezzaregtreenode &1k H JE PE B
compute_probabilities Fra& AR true, MFEE N I%OFETER
IR E 2RI 7T 2,

Netezza £t%[E]/3

AN netezzalineregressionnode AU s A] A& a0 RATR:

& 224: netezzalineregressionnode B 1%

netezzalineregressionnod |{H JE 1 BERH

e Bk

use_svd bR R true, NI H“F B R EREAS R GEHE
B, DAESE = s A B A

include_intercept bRk W true (FREE) , ACLIEE AR HERE,

calculate_model_diagnost [#ri& R true, NI FEIZWE R,

ics

Netezza BFja]F%!

HAH netezzatimeseriesnode KT IR E U FAR:

7k 225: netezzatimeseriesnode B4

netezzatimeseriesnode JB1%: |1 JE A

time_points FE i AN BB N | 721 RS H BE
s R,

time_series_ids FE AT ENRIFYIFRIN; 1
i N LS % /NI R] 271 {5

model_table T X2 T 1% Netezza it ] 57145
IR E 2R

description_table FE X2 B S I A A AR R IR A
AR TR,

seasonal_adjustment_table | FF% X2 ERNAIR, ZERAT
FETE BB T A D R
IR L1 2R 1 A R

algorithm_name SpectralAnalysis B X2 H TN B A SRR FL A,

spectral

ExponentialSmoothing 5%
esmoothing

ARIMA

SeasonalTrendDecompositio

n 8¢ std
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R 225: netezzatimeseriesnode B (4k4k%)

netezzatimeseriesnode J81E |1f JE PR
trend_name N FEE R R
A N- 7
DA A - it
M DA - ZER AN
DM M- e
DM - {3
seasonality_type N FEECE IR A
A N-7C
M A -
M- ek
interpolation_method linear B HEE T T
cubicspline
exponentialspline
timerange_setting SD FA 15 B 2 AN (R Y -
SP SD - HARGHE (LA R 2%

TR EEEED

SP - @I earliest_time
fl latest_time #55E
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R 225: netezzatimeseriesnode B (4k4k%)

netezzatimeseriesnode J81E |1f JE PR
earliest_time BE HaaEMARE (R
latest_time - timerange_setting N SP) ,
i Fe RO time_points fA,
Fisf ]
#lan, iR time_points FEXf
i A1 BT SHE, IBaERNIZEH,
il
set
NZ_DT1.timerange_setting
= 'SP

set NZ_DTl.earliest_time
= '1921-01-01"'

set NZ_DT1l.latest_time =
'2121-01-01"
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R 225: netezzatimeseriesnode B (4k4k%)

netezzatimeseriesnode &1k

1

JEPEBL

arima_setting

SD

SP

FIFi%E ARIMA B (104
algorithm_name ¥'E 5 ARIMA
INAEA) -

SD - HASGHIE
SP- A feE

W% arima_setting = SP, i#
Y SHCRG BT ENE
éjﬂiﬁo N NCIE| ==+

7

set NZ_DT1.algoxrithm_name
= 'arima'

set NZ_DT1l.arima_setting
= 'GP’

set NZ_DT1.p_symbol
'lesseq'’

set NZ_DT1.p = '4'

set NZ_DT1.d_symbol
'lesseq’

set NZ_DT1.d = '2'

set NZ_DT1.q_symbol
‘lesseq’

set NZ_DTl1.q = '4'

p_symbol

d_symbol

q_symbol

sp_symbol

sd_symbol

sq_symbol

less

eq

lesseq

ARIMA - 2% p. d. g. sp. sd
fl sq WIzsBEFRT:

less - /N F
eq-%T

lesseq - /NTEEET

p

ks

ARIMA - HaIRBARAE= M2
£,

Eice

ARIMA - JEZ=5 IR AEME,

£

ARIMA - BRIHh B2 5 S ERE B
SERMERTRVIEZE T EEE,
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R 225: netezzatimeseriesnode B (4k4k%)

netezzatimeseriesnode J&1%: |1 JE PR
sp B ARIMA - B3I KRERIZ AR,
sq B ARIMA - = PEIRAE(E,
sd B ARIMA - BRI R B 35 (ER% 5))
SESEMT T EEE
advanced_setting SD WE N b P =IO A
SP SD - HHAGHE

SP - A FIEIT period.
units_period
forecast_setting 87,

R

set
NZ_DT1.advanced_setting
1 SP 1

set NZ_DT1.period =5

set NZ_DT1.units_period

1 d 1
period B FHRBNEKE, 5
units_period —iig®, A&
TR0,
units_period ms period MIFRIRHANL:
s ms - Z#
min s -
h min - 738
d h - /N
wk d-H
q wk - 21
y q-
y - 4

plan, xTEENREEY, N
period fiif 1, FHxf
units_period ffifH wk.
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R 225: netezzatimeseriesnode B (4k4k%)

es

netezzatimeseriesnode J81E |1f JE PR
forecast_setting forecasthorizon Fia & qn el AT
forecasttimes
forecast_horizon B 4N forecast_setting =
forecasthorizon, FFAFEEM
I & R A
Il ¥ 2N JEAE time_points fH,
e fan, s time_points EA4230)
TR SE, LR R E A,
forecast_times B W forecast_setting =
forecasttimes, ABAfEEHT
Fi AT B
B 1] M NEE time_points fH,
T Blan, W time_points FEHL
TR M, TR S
include_history bRt ferB A S E B R A S R
include_interpolated_valu |frik BN E B RS ER H H,

4%k include_history B
false, NIAEH,

Netezza |~ X &%

KAL) netezzaglmnode HYT Y AT FHJE PRGN R AR

r 226: netezza GLM BE

netezzaglmnode J& 1k 1H JE Pk
dist_family bernoulli AR BREEDY
bernoulli,
gaussian
poisson
negativebinomial
wald
gamma
dist_params S BERHNMSEE, (S

distribution
Negativebinomial A&,
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R 226: netezza GLM [EM (dk4x)

netezzaglmnode J&1%

1

JEPEBL

trials

£

¥4 distribution A
Binomial WA IEH, 4 HAnRmA
N AR AEAE — ARG FR SR
i, target FEELSHMEL,
trials FERHEZIAEREL

model_table

X2 T 170 Netezza | SCER MRS
RINEARE SR

maxit

EE34

BEN AT RIERIREL; thE
&4 20,

eps

FEERRKIREME (DRI TER
w), BEIMES, BENERE
HERARILELRRY, ShEER -3,
XFoR 1E-3, F10.001,

tol

WEHE (ARYERRE) , KT
BRI IRZPIFAN 0 1H,
EEN -7, RREEAKT
1E-7 (8 0.0000001) , MI#HL
HAREE,
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R 226: netezza GLM [EM (dk4x)

netezzaglmnode J&

1

JEPEBL

link_func

identity
inverse
invnegative
invsquare
sqrt
power
oddspower
log

clog
loglog
cloglog
logit
probit
gaussit
cauchit
canbinom
cangeom

cannegbinom

FEH R RS, BEEN
logit,

link_params

e

FERA R RS EUE, 10
link_function & power 5%
oddspower A& .,
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R 226: netezza GLM [B1 (44
netezzaglmnode J& 1k H JE PE B
interaction fEEFEB 2R H, colnames
[[[colnames1],[levels1]], g ety
[[colnames2],[levels2]], f’fﬁi%gﬂ?nﬁ’ 1M level XfF
...,[[colnamesN],[levelsN]],] ISRELCEVLNE
R
[L["K","BP","Sex","K"],
[0,0,0,01],
[["Age","Na"], [0,0]]]
intercept PR WY true, NITEEAIFPEIEE
i
Netezza {REIRENH
Netezza E#E BRI A H B A0 R,
R 227: A Netezza 1R B M
i@H Netezza BifIHLgE 14 1H JE P
connection string X2 T BRI Netezza BUE FE %R
TV,
table_name string X I8 H T 1 BRI R EE R 2 FR

AR B o 1 55 A AT T AR
FRALERAIRAZ AR R TR,

R 228: Netezza t &RV A Z TR

B A A4 PR

LR applynetezzadectreenode
K-Means applynetezzakmeansnode
D57 X 8% applynetezzabayesnode

ARZE DLH-Hr applynetezzanaivebayesnode
KNN applynetezzaknnnode
FHRARE applynetezzadivclusternode
PCA applynetezzapcanode

EIPEIN) applynetezzaregtreenode

S AKaEVE| applynetezzalineregressionnode
I 1] 51 applynetezzatimeseriesnode
I kM applynetezzaglmnode
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4 16 5 fith 1 U Tk

R SRR S HA A AR MRS A AN, BT R PE AR E R BT RO T, TR 1 (X
MRIGI M XENERFRBEF S H I E RSB E H.

AR A T AT AR AR G T R 1

analysisnode B1%
“OA T RO TR AR SO PR RE ST “Or AT KRBT — N B S DR
O\ PRIIME AT SERRE Z RIS FRECES,  EATTE AT DA A B 3 A TAE B LR
ol
node = stream.create("analysis", "My node")

# "Analysis" tab

node.setPropertyValue("coincidence", True)
node.setPropertyValue("performance", True)
node.setPropertyValue("confidence", True)
node.setPropertyValue("threshold", 75)
node.setPropertyValue("improve_accuracy", 3)
node.setPropertyValue("inc_user_measure", True)

# "Define User Measure..."
node.setPropertyValue("user_if", "@TARGET = @PREDICTED")
node.setPropertyValue("user_then", "101")
node.setPropertyValue("user_else", "1")
node.setPropertyValue("user_compute", ["Mean", "Sum"])
node.setPropertyValue("by_fields", ["Drug"])

# "Output" tab

node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full_filename", "C:/output/analysis_out.html")

& 229: analysisnode B4

analysisnode J&: BmImy JETER IR
output_mode Screen FH 487 M 77 s Fp A B
HH BEAMLE,
File
use_output_name Frs feE R A H B E X4,
output_name string W5 use_output_name N
H, WHEZEMEHNAR,
output_format Text (.txt) T HaE i 2R,

HTML (.html)

Output (.cou)

by_fields 5%

full_filename string WIER B EL., BUEE HTML
e e SR 4
%O




& 229: analysisnode B (4F4E)

analysisnode J& 1% BmI JEPERGIA

coincidence Fri&

performance bR

evaluation_binary T

confidence bri&

threshold e

improve_accuracy bt

field detection_method Metadata Hff e N 7 B 5 J 46 B AR B DT

BoAY 77, 1EHEE Metadata

Name 3¢ Name,

inc_user_measure PR

user_if expr

user_then expr

user_else expr

user_compute [Mean Sum Min
Max SDev]

dataauditnode E1%

N/l

— “BERARR T AT R BRI 2, RSN TERICES. BT EMO A
L AR KERHE, SREMRERNEE. SRERES THRREVEMS, rETHE
F BT T AR SE BRI B AN B A5 19

filenode = stream.createAt("variablefile", "File", 100, 100)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIN")

node

= stream.createAt("dataaudit", "My node", 196, 100)

stream.link(filenode, node)

node.
node.
node.

node

setPropertyValue("custom_fields", Txue)
setPropertyValue("fields", ["Age", "Na", "K"])
setPropertyValue("display_graphs", True)

.setPropertyValue("basic_stats", True)

node.setPropertyValue("advanced_stats", True)
node.setPropertyValue("median_stats", False)
node.setPropertyValue("calculate", ["Count", "Breakdown"])
node.setPropertyValue("outlier_detection_method", "std")
node.setPropertyValue("outlier_detection_std_outlier", 1.0)
node.setPropertyValue("outlier_detection_std_extreme", 3.0)
node.setPropertyValue("output_mode", "Screen")

& 230: dataauditnode B4

dataauditnode J@ 1 B JEPEHGIA
custom_fields PR

fields [field1 ... fieldN]

overlay FE
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X 230: dataauditnode B4 (44%)

dataauditnode Jg@ 1 Bkl JE A
display_graphs Flag T8 A fan A RE R A BT
SETAZI
basic_stats ) VA
advanced_stats ) TV
median_stats PR
calculate Count AT HERAE, EEEMRRT
ﬁﬁﬂiqﬂﬂ’ﬂ—ﬁ\ P, B
Breakdown &R
outlier detection_method std FF e & BHE AR E ARSI 75
%o
iqr
outlier detection_std outlier BT LIEPS
outlier_detection_metho
d /& std, BafaeHTEXNE
FHEREE,
outlier detection_std_extreme e LIS
outlier_detection_metho
d /& std, ABataEH T & X
{BEREUE,
outlier_detection_iqr_outlier e LIS
outlier_detection_metho
d 2 iqr, BAtEERTENE
BHEMIEUE,
outlier_detection_iqr_extreme e LIRS
outlier_detection_metho
d 2 iqr, BBAFEER TE XK
{ERVEUE,
use_output_name bR feE R A BE A 4.
output_name string W5 use_output_name Ny
H, NWHEE LA,
output_mode Screen FTHE@ M1 s AL Y
T EFRE,
File

output_format

Formatted (.tab)
Delimited (.csv)
HTML (html)

Output (.cou)

AT aEimtHRA,

paginate_output

PR

24 output_format & HTML
INF, s 59 DL,
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& 230: dataauditnode B (44L)

dataauditnode J&1%: Bkl JE A

lines_per_page e 5 paginate_output —if#
HI, $8E 8 T I T
.

full_filename string

extensionoutputnode Ef%

B A& E S ES R 8¢ Python for Spark JHIA,

A] DASE ™ R 71 R A BT o Y e A
@: Ko otk A DURSOR, el DUZ2ER, i
KB E IR B AR LT R 546, ATRURE
e H ERE R B S
Python for Spark 3/l

JHHHE script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension_output", "extension_output")
node.setPropertyValue ("syntax_type", "Python")

python_script = """
impOIt json
import spss.pyspark.runtime

cxt = spss.pyspark.runtime.getContext()
df = cxt.getSparkInputData()

schema = df.dtypes[:]

print df

node.setPropertyValue ("python_syntax", python_script)

R 351

JHHHE script example for R
node.setPropertyValue ("syntax_type", "R")
node.setPropertyValue("r_syntax", "print(modelerData$Age)")

& 231: extensionoutputnode B 1%

extensionoutputnode JE 1 BmIo JEPERGIA

syntax_type R FEE BT A - R 162
Python (R ZHEE) .

Python

r_syntax string X T TR R A
.

python_syntax string FTFRAIE S () Python BN g
&%,

hY — = L
convert_flags T — IR I TR S TR
LogicalValues
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& 231: extensionoutputnode B (442)
extensionoutputnode JE BmI JEPERGIA
convert_missing PR TR (B 754509 R NA HRY
I,
convert_datetime Fris R TR 2 A H BAEL H B
S B4 9 R H A/
[S1E 5w
convert_datetime_class POSIXCE XL I T4 e 2% H s H
POSIX1t HA A RS SRR AR RO H A0
ﬁo
output_to Screen feEki kA (Screen 5
File File) .
output_type F— feE BB R AR Kt
Text
full filename string FH T PR A mic B AR S 44
graph_file_type HTHL B SR SRR (Lhtml
cou 8 .cou) ,
text_file_type HTHL FEE SCAR B R SR
TEXT (.html, .txt= .cou) ,
cou
kdeexport B1¥
Kernel Density Estimation (KDE)® {# ] Ball Tree 2% KD Tree &% DUHATRCRE 1, I
Jﬂk SEETIREFS]. FHE TREMSIREESEMS, ETHEMSTRERNE (B, KDE)

SRR T HicA R — SRR 7775, SPSS Modeler HH) KDE E2A5A1 KDE A4
SRUATT KDE FERIROFHEME S, TR Python AT,

& 232: kdeexport B4

kdeexport Jatk byt | JE PR IR

bandwidth Double HEEN 1.

kernel string BFEHAMANK: gaussian 8{ tophat,
HhE{EN gaussian,

algorithm string SHHM B kd_tree. ball tree
8 auto, FHE{EN auto,
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& 232: kdeexport B (44E)

kdeexport J& 1k bi8 |

JE A

metric string

AN AN EE, T
kd_tree Bk, MPATRIUETIEESE:
Euclidean. Chebyshev,
Cityblock. Minkowski,
Manhattan. Infinity. P, L28k L1,
T ball_tree Hik, MPARIUE TIE
$: Euclidian, Braycurtis,
Chebyshev, Canberra., Cityblock,
Dice. Hamming, Infinity.
Jaccard, L1, L2, Minkowski,
Matching., Manhattan. P.
Rogersanimoto. Russellrao.
Sokalmichener., Sokalsneath B¢
Kulsinski, #R&{EN Euclidean,

atol Float

MBS RIENAZE, BRNAZER
K SFBOERIAT, GREEN 0.0,

rtol Float

IEBRIE RN A2, BRRAZEER
R FBCERIAT, HRE(EN 1E-8,

breadthFirst fh/R1E

BN True DA EIRIETTHE, RE
N False DAEFIIRELIL TR, BREEN

Trueo

Eicsd

LeafSize

JRIEMEIH- RN, BREED 40,

AIRE R MERE,

HERIE

pValue Double

FeE K Minkowski FF R B EE A “P
H”, BREEN 1.5,

matrixnode B4

NGl

node = stream.create("matrix", "My node")
# "Settings" tab
node.setPropertyValue("fields", "Numerics")
node.setPropertyValue("row", "K")
node.setPropertyValue("column", "Na")
node.setPropertyValue("cell contents",
node.
node.setPropertyValue("function", "Sum")
# "Appearance" tab
node.setPropertyValue("sort_mode",
node.setPropertyValue("highlight_top", 1)
node.setPropertyValue("highlight_bottom", 5)
node.setPropertyValue("display", ["Counts",
node.setPropertyValue("include_totals", True)
# "Output" tab
node.setPropertyValue("full_filename",
node.setPropertyValue("output_format",
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"Expected",

GEFE T RAE R, HTERTERZANXR, REATERANMISTERZEA
AIRR, (HbA] USRS 7 BREE T T B A R,

"Function")
setPropertyValue ("function_field", "Age")

"Ascending")

"Residuals"])

"C:/output/matrix_output.html")
"HTML")




node.setPropertyValue("paginate_output", True)
node.setPropertyValue("lines_per_page", 50)

& 233: matrixnode B4

matrixnode &1k gl JEPERGIA
fields Selected
Flags
Numerics
Tow FE
column FE
include_missing_values Fris feEEETIS SR A e S H
PSR (ZBH) MRGREE
(Z{8) .
cell_contents CrossTabs
Function
function_field string
function Sum
Mean
Min
Max
SDev
sort_mode Unsorted
Ascending
Descending
highlight_top e WRAEE, NHNEH,
highlight_bottom S WMERAEE, NINE,
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& 233: matrixnode B4 (4F4L)

Delimited (.csv)
HTML (.html)

Output (.cou)

matrixnode J&1: BmI JEPERGIA
display [Counts
Expected
Residuals
RowPct
ColumnPct
TotalPct]
include_totals Fr&
use_output_name bR fEE R A A BE 4.
output_name string W5 use_output_name N
H, NHFEE AR,
output_mode Screen F 82 M 1 s AR B i
HEERMLE,
File
output_format Formatted (tab) |MTHaEkHIZAL,
Formatted 1 Delimited %
AR AT BT

transposed, TS rA[#EFR
TR,

paginate_output bR 2 output_format /& HTML
INF, st 59 DL,

lines_per_page PG 5 paginate_output —ifif
R, F8& 8 DT R T
.

full_filename string

meansnode B

LA AR 2 [ B 7 BN Z AT P E(E LR, DRSS 2 5 7 £ B
ﬁﬁ. 25, BN, AT DA RAEH RE R TAIWON, BB RR BRI H & UL
= NGEEZIEH 2 P BN T EERR

ANl
node = stream.create("means", "My node")
node.setPropertyValue("means_mode", "BetweenFields")

node.setPropertyValue("paired_fields", [["OPEN_BAL", "CURR_BAL"]])
node.setPropertyValue("label_correlations", True)
node.setPropertyValue("output_view", "Advanced")
node.setPropertyValue("output_mode", "File")
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node.setPropertyValue("output_format", "HTML")

node.setPropertyValue("full _filename",

"C:/output/means_output.html")

R 234: meansnode B4

meansnode J& gy JE A
means_mode BetweenGroups FEE AR _ LB ATRIIES T
AL,
BetweenFields
test_fields [fieldl ... F6E Y means_mode ZEN
fieldn] BetweenGroups M A%
B,
grouping_field FE fEE P HF,

paired_fields

[[fieldl field2]

[field3 field4]

F6EY means_mode ZEN
BetweenFields (i A
Bext

]

label _correlations bR FEELE PR S TR AH AR
%, ANfE means_mode % &
5 BetweenFields WA M A
g HE,

correlation_mode Probability fEE MR I R 4e N B
Ko

Absolute

weak_label string

medium_label string

strong_label string

weak_below_probability I 24 correlation_mode iZE N
Probability i, fEEFGHER
7 FE, X020 E 12
RIF—/ME, #i40 0.90,

strong_above_probability e SRS FUE,

weak_below_absolute S 24 correlation_mode EE N
Absolute I, f5EIFHFAID
FE, XZE 0 F 1 2|
—/Md, 141 0.90,

strong_above_absolute B SRAH 53 FHES

unimportant_label string

marginal_label string

important_label string

unimportant_below 7 RFREEEN S FE, X
2 0 2l 1 Z A —ME, fFlan
0.90,

important_above e
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X 234: meansnode B4 (4k4)

Delimited (.csv)
HTML (html)

Output (.cou)

meansnode J& 1k BmIo JEPERGIA
use_output_name bRk feE R A BE A 4.
output_name string fEH TR,
output_mode Screen FE 2 M 0 1 R AR RS L Y
AR E,
File
output_format Formatted (.tab) g e b 2R A

full_filename string
output_view Simple FeE £ P R A R IS R
AR
Advanced
reportnode B14%

‘M n A BRI S, Hp S EESOR, BdlE M5 B BRI H M RIS,

A AT DA P SCABRARA S E 1 5 RS K, AE ST ORISR AL, JEI e
FRE A HTML ARIC AN AE “far "1 I B BT, m] DURERISCAM K, AT
S AP CLEM FOAFORE & BdREM H A A A o

Nl

node = stream.create("report", "My node")
node.setPropertyValue("output_format", "HTML")

node.setPropertyValue("full_filename", "C:/report_output.html")

node.setPropertyValue("lines_per_page", 50)

node.setPropertyValue("title", "Report node created by a script")

node.setPropertyValue("highlights", False)

& 235: reportnode @14
reportnode &1 BmImy JE TR IR
output_mode Screen T8 @ M T s AR Y
B FRA E
File
output_format HTML (.html) T eE SR a,
Text (.txt)
Output (.cou)
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& 235: reportnode B4 (4442)

reportnode J& Tk BmIo JEPERGIA

format Auto Tk A shig Bt Xic 2
AR RS HTML BB

Custom Hitg o EEABRFE HTML

RIEHE, 1EfEE Custom,

use_output_name bRk feE RO A B E X4,

output_name string W5 use_output_name N
H, NHEE AR,

text string

full_filename string

highlights PR

title string

lines_per_page B

routputnode B4

I B CRER] RIAA, ATCAREA“R ft
R ORI TR BRI ZE B 0T A H AT LA
XA, WAILUREY, HHasnEE B s g
AU HAETTR AR 5356, AT DOt EEDE A 2 S fFs

& 236: routputnode B4

routputnode J& 1k BmIy JE TR IR
syntax string

convert_flags StringsAndDoubles

LogicalValues
convert_datetime ) TV
convert_datetime_class —

POSIX1t
convert_missing FR&
output_name e

Custom
custom_name string
output_to .

File
output_type Graph

Text
full_filename string
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node.setKeyedPropertyValue("globals", "Na",
node.setKeyedPropertyValue("globals", "K", ["Max",
node.setKeyedPropertyValue("globals", "Age", ["Max",

node.setPropertyValue("clear_first", False)
node.setPropertyValue("show_preview", True)

[IIMaXII ,

& 236: routputnode B (442)
routputnode J& 1% Bssnl JE AR
graph_file_type -
cou
text_file_type -
TEXT
cou
setglobalsnode B1%
W E 2 RRT S EAMEIEIF B /E CLEM FIAAX P A RICEE, #lan, &aT DUE
&) PRI SOk 2o R I T BRI GELHE B, A B
@GLOBAL_MEAN (age), 7f CLEM FiAR A {# FAER AR EII(E,
Gl
node = stream.create("setglobals", "My node")

"Sum"' IIMeanII])

IISumII' IIMeanII])

usumu' "Mean", HSDeVu])

& 237: setglobalsnode @14

setglobalsnode Jg@ B JRPERA
globals [Sum Mean Min ZifgJEtE, fEHAp, LIERT
Max SDev] MBS | BRI TR

node.setKeyedPropertyVa
lue(
||g10ba15||, "Age",
["MaX", "Sum",
"Mean", "SDev"])

clear_first ) VA

show_preview T

simevalnode B1¥

RELUEAL 1 RO BTN HAR BTG, IF s % EAR 5B A FAH

i) PSR,

& 238: simevalnode &%

simevalnode &1 sy JE A
target FE
iteration T
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3+ 238: simevalnode 8% (442)

simevalnode JE1: B JEPERA
presorted_by_iteration f/RIE
max_iterations PG
tornado_fields [field1...fieldN]
plot_pdf ff/RME
plot_cdf fh/R1E
show_ref_mean f/RME
show_ref_median f/RIE
show_ref_sigma h/RIE
num_ref_sigma PG
show_ref_pct ff/RME
ref_pct_bottom e
ref_pct_top e
show_ref_custom f/RIE

ref_custom_values

[numberl...numberN]

category_values

Category
Probabilities
Both

category_groups

Categories
Iterations

create_pct_table

fi/jME

pct_table

Quartiles
Intervals
Custom

pct_intervals_num

e

pct_custom_values

[numberl...numberN]

simfitnode E1%

“PERELETN RE SN FERPEIRS A, AR S0 BT
W, FREREDS DA AR N TE. AR5, RTRMER “BHUA R mORAE R

EVLSGIEN

& 239: simfitnode B

simfitnode JE1%: B J@PEAIA
build e

XMLExport

Both
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& 239: simfitnode B4 (44%:)
simfitnode J@: BmIo JEPERGIA
use_source_node_name f/RIE
source_node_name string TELEAR Rk B BT A R T A E
HRo
use_cases AL
LimitFirstN
use_case_limit B
fit_criterion AndersonDarling
KolmogorovSmirnov
num_bins B
parameter_xml_filename string
generate_parameter_import f/RME

statisticsnode B{%

2X| R,

“GEHE N RV B T T BRI R AT EE R

EHES N FERICESH DN T

ol

node = stream.create("statistics", "My node")

# "Settings" tab

node.setPropertyValue("examine", ["Age", "BP", "Drug"])
node.setPropertyValue("statistics", ["mean", "sum", "sdev"])

node.setPropertyValue("correlate",
# "Correlation Labels..." section
node.
node.
node.
node.
node.setPropertyValue("medium_label",
node.setPropertyValue("strong_label",
# "Output" tab

node.setPropertyValue("full_filename",
node.setPropertyValue("output_format",

setPropertyValue ("weak_label",

[IIBPII, IIDIugII])

setPropertyValue("label_correlations", True)
setPropertyValue ("weak_below_absolute", 0.25)
"lower quartile")
setPropertyValue ("strong_above_absolute", 0.75)

"middle quartiles")
"upper quartile")

“c:/output/statistics_output.html")
"HTML")

2% 240: statisticsnode B1%
statisticsnode Jatk BmIo JEPERGIA
use_output_name bR fee R A BE R 4.
output_name string W5 use_output_name Ny
H, NWHEE AR,
output_mode Screen T8 N T r A AL Y
T EFRE,
File
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R 240: statisticsnode &% (4k4L)

statisticsnode &1k BiRR JE PR IR
output_format Text (.txt) HTHaE R4,

HTML (.html)

Output (.cou)

full_filename string
examine 5|2k
correlate Hl|2k
statistics [count mean sum

min max range
variance sdev
semean median
mode]

correlation_mode Probability fae At RIE 24 ER N

Ko
Absolute

label_correlations ) ¥

weak_label string

medium_label string

strong_label string

weak_below_probability e Y correlation_mode &N
Probability i}, fe@39tH%
o FE, XUAUZE0F 1~
A —ME, 14N 0.90,

strong_above_probability G SR Y o FE

weak_below_absolute B 24 correlation_mode BN
Absolute I, fEEIFHIEHI7
FUE, XU 0 3| 1 Z[EIRY
—/ME, il 0.90,

strong_above_absolute B SEAE AT 7 FHE,

statisticsoutputnode B1%

Statistics i H 15 £ AT JE B IBM SPSS Statistics I #2 A4 #1751 IBM SPSS Modeler %%

=1 $E. AT DLV VE S KR IBM SPSS Statistics 4 Mt i, 5 S S IBM SPSS
e Statistics BRI R AR,

ArRETEBHNEER, ESMHE 378 TN Tstatisticsoutputnode JE 1 o
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tablenode Ei%

— RN AT R TRHIE, KRR T DU ASSIE,  ER A RR
BEA o S T RATA RS 2 S K R, 5 AR B

N/l

node = stream.create("table", "My node")
node.setPropertyValue("highlight_expr", "Age > 30")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("transpose_data", True)
node.setPropertyValue("full_filename", "C:/output/table_output.htm")
node.setPropertyValue("paginate_output", True)
node.setPropertyValue("lines_per_page", 50)

R 241: tablenode B

tablenode J& 1k BmIm JEPERGIA
full _filename string WREWE., FHEE HTML Frd, )
e PEFE S FR
use_output_name Fris feE R A H B E X4,
output_name string W5 use_output_name NE, Nif5
JE fi FH N A2 H8
output_mode Screen T8 M T s A AR RS i LE Y
HAr(iE,
File

output_format

Formatted (.tab)
Delimited (.csv)
HTML (.Atml)

Output (.cou)

AT aEim kA,

transpose_data bri& SHETEERYE, FITRRTE, 5
FRIET,

paginate_output FRi& Y output_format /& HTML i, fi
it oL,

lines_per_page e 5 paginate_output —jif N,
FeE B TP AT

highlight_expr string

output string HIEME, PIEREEA B R R

JE—RHIGIH,

value_labels

[[Value LabelString]

[Value LabelString] ...]

MFMEXTEERE,
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R 241: tablenode B (4442)

tablenode J& 1% b/ 6 Sl Ja VA
display_places B NFEEE BRI N (T
LA REAL fEIERYFER) o (H -1 4%
i IR A (E,
export_places HEL NFEEES I/ NE (VAT
DA REAL 7B FEY) o {HY -1 I
i IR A (E,
decimal_separator DEFAULT NFEEE TR R (T A
REAL fZERFER) o
PERIOD
COMMA
date_format  DOMIYY" MBI E H RS ((UHT L DATE
"MMDDYY" 8¢ TIMESTAMP TZEHIFED o
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"
DAY
MONTH
"DD-MM-YY"
“DD-MM-YYYY"
“MM-DD-YY"
"MM-DD-YYYY"
“DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
“DD.MM.YY"
“DD.MM.YYYY"
“MM.DD.YYYY"
“DD.MON. YY"
"DD.MON.YYYY"
"DD/MM/YY"
“DD/MM/YYYY"
“MM/DD/YY"
"MM/DD/YYYY"
“DD/MON/YY"
“DD/MON/YYYY"
MON  YYYY
q Q YYYY
ww WK YYYY
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R 241: tablenode B (4442)

"(H)H: (M)M: (S)S"
"(H)H: (M)M*"
"(M)M: (S)S"
"HH.MM.SS*"
"HH.MM"

"MM.SS*"
"(H)H.(M)M. (S)S"
"(H)H. (M)M*"

"(M)M. (S)S"

tablenode JB1% B Ja TR
time_format "HHMMSS" R B BRI (VHTF DA TIME
¢ TIMESTAMP #6807 ER)
"HHMM"
"MMSS"
"HH:MM:SS"
"HH:MM"
"MM:SS"

column_width

B

NFBRBEINTEE, (HN -1 T
HITEE R E N Auto,

justify

AUTO

CENTER

LEFT

RIGHT

NF B EFIRN TR

transformnode E1%

R R RV SR B AR S R, RS RN TR B

fix)+
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N/l

node = stream.create("transform", "My node")
node.setPropertyValue("fields", ["AGE", "INCOME"])
node.setPropertyValue("formula", "Select")
node.setPropertyValue("formula_log_n", Txue)

node.

setPropertyValue("formula_log_n_offset", 1)

& 242: transformnode &%

transformnode JE 1 Bim Ry ERER L
fields [ field1... fieldn] B E R 5B
formula A1l FORN R 2R HE 27 E 1Y
i,
Select
formula_inverse Fria& FORIE S ML FH I AR
formula_inverse_offset e TN AR SRR
&, BRAEAFHEE, SNIEIA
TEHNIZEN 0,
formula_log_n Fris Forea MEH log , ik,
formula_log_n_offset PG
formula_log_10 bri& TR N log 10 2,
formula_log_10_offset e
formula_exponential bRk iﬂ—?%@ﬁjﬁﬁﬁﬂa‘ﬁl (ex) &
formula_square_root bR FRINIE 7S N A - T AR AR #R
use_output_name Fris feE RO A B E X4,
output_name string WS use_output_name HEH,
TIIHE 72 4 F B 44 77
output_mode Screen FH 487 M 77 s Fp AR B
Y B AR E
File
output_format HTML (.html) HTHa7E Rt 284,

Output (.cou)

paginate_output PR 4 output_format /2 HTML
IF, (99 0L,

lines_per_page G 5 paginate_output —ifif
RN, f8& 8 M T RAT
.

full _filename string FENEAE S R A A S

%O
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% 17 %‘ﬁ ﬂa‘tﬂ%Jb\\E

(i3

BASHTREMNE

DU @M A T A S 7

R 243: NHEETREM

Ja {iE ] ERER L

publish_path string i N BEA AR I EUG AN S B Y
rootname % #7,

publish_metadata Fri& FEE B A AT AR R G A A A i DA
FeA BRI B e B s S

publish_use_parameters PR FEERGE *par X ETRSE.

publish_parameters FIVERYFR fEE B IEN S,

execute_mode export_data FEEBPAT Y MM AL, ERER
F319 RN B B R A i

publish

asexport Bi%

&R DAM#EF Analytic Server S5 Hi7E Hadoop 73 s\ X84t (HDFS) FizdfTii.

il

node.setPropertyValue("use_default_as", False)

node.setPropertyValue("connection",
["false","9.119.141.141","9080", "analyticserver", "ibm", "admin", "admin",6 "false

"’""’""’""’""])

& 244: asexport B

asexport @1k BmpRmy ERER L

data_source string BHEIR TR

export_mode string FeE 2R S HHIEHE append FE]
BEAER, 2 ovexrwrite I H
BT,

use_default_as fh/R1E WMHE N True, AL2KAEHR
% 2% options. cfg XHFHRECE
& Analytic Server J&H%, HR
BN False, 1B AT A
i,




R 244: asexport B (44R)

"string","string", "string

","StIing",
"string" ,"string","stzrin
gll , "S'tIing" , "S'tIing"]

asexport JBME BmIm JE PERIA
connection ["string", "string", "strin |IXZHLE Analytic Server Ef1E
g", HEERFIREME. Xy

["is_secure_connect",
"server_url",
"server_port",
"context_root",
"consumer", "user_name",
"password", "use-
kerberos-auth",
"kerberos-krb5-config-
file-path", "kerberos-
jaas-config-file-path",
"kerberos-krb5-service-
principal-name", "enable-
kerberos-debug"], HA:
is_secure_connect: fERER
L%, IFHZ true B2
false, use-kerberos-auth:
feR B E A Kerberos IAIE, H
{8} true 8 false, enable-
kerberos-debug: fEREAff
F Kerberos INIERITEEAR R, H
{E0 true 8¢ false,

cognosexportnode B 1%

XF I, 40E X Cognos 741 ODBC ##%,

Cognos iEiE
Cognos ERZIE MM T,
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& 245: cognosexportnode &%

cognosexportnode J&

L5

BRR

JE A

cognos_connection

["string","flag","string","string","string"]

SIFEME, HAEE Cognos ik
FIEBEMER. 8!

["Cognos_server_URL",

login_mode, "namespace",
"username", "password"]
Hrp:

Cognos_server_URL 2 ETEN
Cognos ARk55 251 URL,

login_mode fa~& & 5 FH B 44 %
Sk, JHN true 8¢ false; W
B true, BANKLANFEIZEN

namespace fEEH THFRFS =L
SINER R T,

username fl password & HFE xR
Cognos RS 2209 P RIS,

I R] DA AR 77 5ORE X

login_mode:

- anonymousMode, #i#0:
['Cognos_server_url',
"anonymousMode ',
"namespace", "username",
"password"]

« credentialMode, fil4:
['Cognos_server_url',

‘credentialMode’,
“namespace", "username",
"password"]

. storedCredentialMode, #
4n: ['Cognos_server_url',
'storedCredentialMode’,
"stored_credential_name"]

Hr
stored_credential_name &7

fiBZEFR Cognos EUFHIAFR,
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& 245: cognosexportnode B4 (4442)

cognosexportnode & | %5 JEPERGIA

T

cognos_package_nam |[string BRI EF HEIRY Cognos HHEHAY
e FELFIAAR, Bl :

/Public Folders/MyPackage

cognos_datasource |[string

cognos_export_mode [Publish

ExportFile

cognos_filename string

ODBC ¥
ODBC i#EHE S F—T 4% databaseexportnode EIMAHE, H AL datasource EIHETRL

databaseexportnode Bt

BT 7 R EEES ASFS ODBC FRERIRAREURTR. v 75 A\ ODBC i

% VOSBRI, RSO AT S A YRR,

N/l

Assumes a datasource named "MyDatasource" has been configured

stream = modeler.script.stream()

db_exportnode = stream.createAt("databaseexport", "DB Export", 200, 200)
applynn = stream.findByType("applyneuralnetwork", None)
stream.link(applynn, db_exportnode)

# Export tab

db_exportnode.setPropertyValue("username", "user")
db_exportnode.setPropertyValue ("datasource", "MyDatasource")
db_exportnode.setPropertyValue("password", "passwoxrd")
db_exportnode.setPropertyValue("table_name", "predictions")
db_exportnode.setPropertyValue("write_mode", "Create")

db_exportnode.setPropertyValue("generate_import", Tzrue)
db_exportnode.setPropertyValue ("drop_existing_table", True)
db_exportnode.setPropertyValue("delete_existing_rows", True)
db_exportnode.setPropertyValue("default_string_size", 32)

# Schema dialog

db_exportnode.setKeyedPropertyValue("type", "region", "VARCHAR(10)")
db_exportnode.setKeyedPropertyValue ("export_db_primarykey", "id", True)
db_exportnode.setPropertyValue ("use_custom_create_table_command", Tzrue)
db_exportnode.setPropertyValue("“custom_create_table_command", "My SQL Code")

# Indexes dialog
db_exportnode.setPropertyValue("use_custom_create_index_command", True)
db_exportnode.setPropertyValue("custom_create_index_command", "CREATE BITMAP
INDEX <index-name>

ON <table-name> <(index-columns)>")

362 IBM SPSS Modeler 18.5 Python im0 B 3L 45



db_exportnode.setKeyedPropertyValue("indexes",

"region"]])

“MYINDEX", ["fields", ["id",

& 246: databaseexportnode &%

databaseexportnode &1k BmIm JR YRR
datasource string
username string
password string
epassword string EPUTIERE, R HE, 2
RIS, TEMHC T A R
B TR, BXEZE
B, HSRE8 5 45 T TR
Zaue T I TN
table_name string
write_mode Create
Append
Merge
map string FH TR0 7 B A4 PR e st 21550 247
PR ({NAE write_mode
Merge KB FABR)
NTEH, A BN ML
AReFH, FAREPINEERNF
BRI 8 41
key_fields SZIES feEH TR TE; map BIELE
TR IHEITAE £ 2 H R R N2
join Database
Add
drop_existing_table T
delete_existing_rows Fri&
default_string_size B
type TR BB S5 JE 1,
generate_import Fri&
use_custom_create_table c |tri& i custom_create_table JEEE
ommand MbRifE CREATE TABLE SQL i
2o
custom_create_table_comma |string EE TR m PRI CREATE
nd TABLE SQL @2 ffif,
use_batch bR NI E MR B R A B N E Y & 2

eI, Use_batch 4 true I
AR B THR A2 1 T EE,
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& 246: databaseexportnode [ (4r42)

databaseexportnode J& 1k BmI JE PERIA
batch_size B FEEETER BN N R R IE AR
F)fasreyd
bulk_loading off feE it /EINEARAL, Ty
7 ODBC 1 External AyHfihiZk
0DBC I,
External
not_logged FrRa&
odbc_binding Row ferE @it ODBC & & H
BATHRE BRSNS E
Column
loader_delimit_mode Tab X FEEANRRE R I BN E, e
TETE AP, 158 Other i&
Space 7]
Other loader_other_delimiter

JE LA E AT, BIanES
(o

loader_other_delimiter string

specify_data_file PR FREN True B ATEEE REEY
data_file @1, fExEMAn]
Ei=yatin=e- YN bie LN EEPN:D]
R FERIR,

data_file string

specify_loader_program FrRa& FRAEN True I RIS T HHY
loader_program @M, Ei%&E
PEHR] DAFE B SN AR P A ER
FEFF AR,

loader_program string

gen_logfile bR PRGN True I RTEEE R EAY
logfile_name, TEIZ/EMEHA]
PAFEEMRSS #8 LAY SR AR AAE
RS IR H &,

logfile_name string

check_table_size Fris bR True I AR VR TSRAGEE DA
W EREE R R/ NG 5
IBM SPSS Modeler S 1744
¥

loader_options string e ERE PR HASEL, BN
-comment fl -specialdir,

export_db_primarykey bR B ETF B RGBT MY,
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& 246: databaseexportnode [ (4r42)

databaseexportnode J& 1k BmI JE PERIA

use_custom_create_index_c |tri& WEARERN true, WAMERSI

ommand JE FHEE X SOL,

custom_create_index_comma |string MESHBENX SQLE, fsxH

nd TOIERGIH SOL ¥, (Al
FreE &I, ZErHER, R
FirRe )

indexes.INDEXNAME.fields DB B E E YR 5 [ FFH1 R 2
BEERRTIFNFE S,

INDEXNAME FRa& T 5 FEEE AR E 2R 5 A E il

"use_custom_create_ SQOL, EZM FRZEHRE,

index_command"

INDEXNAME string fREHTHEERIINEE X SQL,

"custom_create_index_comm B2 NRZJERHA,

and"

indexes.INDEXNAME.remove |#ris WA True, ALKMERGIHEH
BEriEERNERS .

table_space string feE Kol R =,

use_partition PR g e ROl A A 7 B

partition_field string feE S BB NE,

e N T HEEE R, &n] AR EH A 4600 S B a8 dmER  (Fln, SQL A CREATE TABLE
MYTABLE (...) COMPRESS YES; WJZERIN) , N 7T ZHrbIRE, 2t 7B M use_compression #l

compression_mode, 1 RFIR,

&= 247 7T E48IN8ER databaseexportnode B 1%

databaseexportnode &1k B JEPERA
use_compression fh/R1E WRILEN True, HAKLASHIN#ITE

T AR,
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R 247 7T E48IN8ER databaseexportnode B4 (4k4R)

databaseexportnode J& 1k bi8 | JEPERGA

compression_mode Row W HE SQL Server FHE M EAGI A,
Page
Default B'E Oracle BUEEREZEIG, HITE,

{E OLTP, Query_High,
Query_LowArchive_High

Direct_Load_Opera
- --P Archive_Low /DA% Oracle 11gR2,

tions
All_Operations
Basic

OLTP
Query_High
Query_Low

Archive_High

Archive_Low

EoRUAE AR E RS | Ell CREATE INDEX &Il :

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX",
["use_custom_create_index_command",

True] )db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX",
["custom_create_index_command",

"CREATE BITMAP INDEX <index-name> ON <table-name> <(index-columns)>"1])

B#, A DOEIE RIR e Rt

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["fields":["id",
"region"],

"use_custom_create_index_command":True,
"custom_create_index_command":"CREATE INDEX <index-name> ON

<table-name> <(index-columns)>"1])

datacollectionexportnode &%

: HRUCHE S DL S T A R R R, SRR A,
W RO Data Library.

N/l

stream = modeler.script.stream()

datacollectionexportnode = stream.createAt("datacollectionexport", "Data
Collection", 200, 200)
datacollectionexportnode.setPropertyValue("metadata_file", "c:\\museums.mdd")
datacollectionexportnode.setPropertyValue("merge_metadata", "Overwrite")
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datacollectionexportnode.setPropertyValue("casedata_file", "c:\

\museumdata.sav")

datacollectionexportnode.setPropertyValue("generate_import", True)
datacollectionexpoxrtnode.setPropertyValue("enable_system_variables", Txue)

& 248: datacollectionexportnode &%

datacollectionexportnode J&1 BimIoy JE PR
metadata_file string B SR TTEEE TR,
merge_metadata Overwrite
MergeCurrent
enable_system_variables bri& FBESHI .mdd XHR=E N
BRI RoL R,
casedata_file string B HMIESER .sav KR
HAFRo
generate_import bR

excelexportnode B4

Excel §:H 7 sifE Microsoft Excel i HHEHE, x1sx A&, B RIEFEHIT

EXCELT e UG B3R5 Excel HHTH S B SO,

Nl

stream = modeler.script.stream()

excelexportnode = stream.createAt("excelexport", "Excel", 200, 200)
excelexportnode.setPropertyValue("full_filename", "C:/output/myexport.xlsx")
excelexportnode.setPropertyValue("excel_file_type", "Excel2007")

excelexportnode.setPropertyValue("inc_field_names", True)
excelexportnode.setPropertyValue("inc_labels_as_cell_notes", False)
excelexportnode.setPropertyValue ("launch_application", True)
excelexportnode.setPropertyValue("generate_import", True)

& 249: excelexportnode @1

excelexportnode J&E 1k iR JETEHEA
full_filename string
excel_file_type Excel2007
export_mode Create
Append
inc_field_names bR fEEFERA RG] IEESTETE
EHIE—1TH,
start_cell string feE S HI A B ITHS,
worksheet_name string BE N TAERAIR,
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& 249: excelexportnode @14 (444:)

excelexportnode J&1% BimpRny J@ VA i

launch_application Fra& feE R A NAELE RS LA
Excel, THEFRE, WHLE“HBIMN
R MIERE (“TH"3H8 >
“HEBINAEE) HHEE S5
Excel M1,

generate_import Fri& FEE 2 15 A ORI B 2
PE SR Excel ST R,

extensionexportnode &%

E@_ B RS H S, AT BUZAT R 5% Python for
& Spark AR S HEHE
Python for Spark 3{jl

JHHHE script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension_export", "extension_export")
node.setPropertyValue ("syntax_type", "Python")

python_script = """import spss.pyspark.runtime

from pyspark.sql import SQLContext

from pyspark.sql.types import =

cxt = spss.pyspark.runtime.getContext()
df = cxt.getSparkInputDatal()

print df.dtypes[:]

_newDF = df.select("Age", "Drug")

print _newDF.dtypes[:]

df.select("Age", "Drug").write.save('"c:/data/ageAndDrug.json", format="json")

node.setPropertyValue ("python_syntax", python_script)

R 351

JHHHE script example for R
node.setPropertyValue ("syntax_type", "R")
node.setPropertyValue("r_syntax", """write.csv(modelerData,

"C:/export.csv")""")

2 250: extensionexportnode @14

extensionexportnode J& 1t BmIo JEPERGIA

syntax_type R FeE BT NHA - R 162
Python (R ZHLEE) -

Python

r_syntax string ZIATH R IR E1ETE,

python_syntax string %ﬁﬁﬁ’ﬂ Python BIAYw 5 15
%0
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& 250: extensionexportnode [B14% (4¥47)
extensionexportnode J& 1t BmIo JEPERGIA
convert_flags StringsAndDoubles IR TR S 7 B
LogicalValues
convert_missing Fria& TR RAE R R NA B/
T,
convert_datetime bRk R A TR B A H s H BN
S &4 R H A/
[Ef =5 v
convert_datetime_class POSIXCE IXEEE I T4 2% H s H
POSIX1t BRI RIS YA R RO A%
o
jsonexportnode B1%
JSON S-H 15 55 DA ISON 4% =k Hi Bz
[SON]
& 251: jsonexportnode B
jsonexportnode J& 1k BmImy JEPERGIA
full filename string e (EHERER) S
string_format b &€ JSON FrFEtE, HE
{EN records,
&
generate_import FRi& FEE 25 A R B 3 2
PESCHFRI“ISON SN TR, R
H{E N False,
outputfilenode Bt
. SEH S-S s BER R 2 AR s, e T ST HE M e T
R AR AR B .
il

stream = modeler.script.stream()

outputfile = stream.createAt("outputfile", "File Output", 200, 200)
outputfile.setPropertyValue("full_filename", "c:/output/flatfile_output.txt")
outputfile.setPropertyValue("write_mode", "Append")
outputfile.setPropertyValue("inc_field_names", False)
outputfile.setPropexrtyValue("use_newline_after_recoxrds", False)
outputfile.setPropertyValue("delimit_mode", "Tab")
outputfile.setPropertyValue("other_delimitexr", ",")
outputfile.setPropertyValue("quote_mode", "Double")
outputfile.setPropertyValue("other_quote", "x")
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outputfile.setPropertyValue("decimal_symbol", "Period")
outputfile.setPropertyValue("generate_import", True)

& 252: outputfilenode BT
outputfilenode J& 1k BmImy JE e IR
full filename string SRR FR
write_mode Overwrite
Append
inc_field names ) VA
use_newline_after records bri&
delimit_mode Comma
Tab
Space
Other
other_delimiter CHAR
quote_mode None
Single
Double
Other
other_quote bR
generate_import FR&
encoding StreamDefault
SystemDefault
"UTF-8"
sasexportnode B1%
“SAS T s DA SAS MU B, DAMERAZEIERA SAS 8i# 5 SAS A NIK
E&* i, $RAE=H SAS St/ SAS for Windows/0S2. SAS for UNIX B¢ SAS
V7/8,
NGl

stream = modeler.script.stream()

sasexportnode = stream.createAt("sasexport", "SAS Export", 200, 200)
sasexportnode.setPropertyValue("full_filename", "c:/output/
SAS_output.sas7bdat")

sasexportnode.setPropertyValue("format", "SAS8")
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sasexportnode.setPropertyValue("export_names",

"NamesAndLabels")

sasexportnode.setPropertyValue("generate_import", True)

& 253: sasexportnode B

sasexportnode &1 BmImy JE e IR
format Windows RIS B AR L
UNIX
SAS7
SAS8
full_filename string
export_names NamesAndLabels |HF¥FE4 M IBM SPSS
Modeler F)5:H FHLE 2] IBM
NamesAslabels SPSS Statistics B SAS fJ2E &
A,
generate_import PR

statisticsexportnode B4

. . Statistics 5 Hi ¥ £ LA IBM SPSS Statistics .sav 8% .zsav &k HHEdE, . sav
&% . zsav XA DA IBM SPSS Statistics Base FIE = fyiE, XM EHT IBM

SPSS Modeler H I E# % 17 A AIRS K

HRRTREHREE, ESME 379 LAY statisticsexportnode &M

tmlodataexport FEEE

IBM Cognos TM1 S H{ 5 s L Cognos TM1 i 4 AT DU EUIA% 2R 5 B,

& 254: tmlodataexport T EEM

tmlodataexport 1)@k b TR JE A
credential_type inputCredential & | A FHEREIERT,

storedCredential

input_credential Hl|£% ¥ credential_type & inputCredential
N; $8EE. AP &M%,

stored_credential_name string 1E credential _type /
storedCredential i, 57 C&DS AR%s#s L
FUERIAFR,

selected_cube T FREUE S MBI 2 AEEIRE AR, Hlan:

TM1_export.setPropertyValue("selec
ted_cube",

“plan_BudgetPlan")
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& 254: tmlodataexport T5 5

[BI1% (45

tmlodataexport Vi@

B

EiR

_mapping

spss_field_to_tml_element |%I

TR TML TTR DR i 2 AEER S
K 4 SR . 18
[[[Field_1, Dimension_1, False],
[Element_1, Dimension_2,

Truel], ...], [[Field_2,
ExistMeasureElement, False],
[Field_3, NewMeasureElement,
Truel, ...]1]

FAE 2 AT HERMHE R AIR, HHITR
AL Bt 1|24 FEE 0 7 T AR 7R3l 2

L IR ([[Field_1,
Dimension_1, False], [Element_1,
Dimension_2, True]l, ...]) T TM1 4k
JEE LR R

BH— 3 EYIRIEREEMGER. =1
REA TR EGIER THEITE, Fla:
"[Field_1, Dimension_1, False]" Fm
Field_1 Mgtz

Dimension_1; "[Element_1,
Dimension_2, True]" Fitxt
Dimension_2 i&# Element_1,

w20 AR ([[Field_2,
ExistMeasureElement, False],
[Field_3, NewMeasureElement,

};rée] , .. ]) T TML S AR T ST
B 3 EYIRIERMETEMNER, F=
MiRMEH T RHRZ TR,
"[Field_2, ExistMeasureElement,
False]" #/R Field_2 WG
ExistMeasureElement; "[Field_3,
NewMeasureElement, Truel" Fmr
NewMeasureElement T IETE
selected_measure HIEFRAVRISLERE, T
Field_3 BRETEIT,

selected_measure string feE M =4,
aN/IE
setPropertyValue("selected_measure
", "Measures")

connection_type AdminServer fEmiERR A, BRE{EN AdminServer,

TM1Server

admin_host string REST API Y FEALAM URL, 4R
connection_type & AdminServer, Nt
BRI,

server_name string M admin_host HiEEER TM1 ARS5 451044
FR. U5 connection_type /&
AdminServer, WEMZHFERN,

server_url string TM1 AR%5%% REST API i URL, W5

connection_type /& TM1Server, MitjEM:
BT,

372 IBM SPSS Modeler 18.5 Python i w 1 B 3L 45




tmlexport TRBE (FHE)

: a - IBM Cognos TM1 S:Hi 17 s P Cognos TM1 Eif & r] DA% 20 S B,

1 %77 RTE Modeler 18.0 HHARHER A, B IR FRZ tm1odataexport,

& 255: tmlexport TR E4E

tmlexport 1)@k B JEYERA
pm_host string ¥ (UERF V16.0 F1 V17.0,

FAHA4. Bilgn:
TM1_export.setPropertyValue("pm_ho

st", 'http://9.191.86.82:9510/
pmhub/pm")

tml_connection ["field""field", ... ,"fi | (GERT v16.0 F1V17.0,
eld"]

SIRENE, HPEE TML RS eSSMIEZIEA(E
B, #=X k: [ "TM1_Server_ Name",
"tml_ username", "tml_password"]

g
TM1_export.setPropertyValue("tml_c
onnection", ['Planning Sample',
"admin" "apple"])

selected_cube FE SRR S D BN 2 4E BRI AR, Hlan:
TM1_export.setPropertyValue("selec
ted_cube", "plan_BudgetPlan")
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= 255: tmlexport T 2B (4A4R)

tmlexpoxt Vi E Tk

B

EiR

spssfield_tmlelement_mapp
ing

IES

TR TML TTER DR i 2 4EER S
K A4 R . 18
[[[Field_1, Dimension_1, False],
[Element_1, Dimension_2,

Truel], ...], [[Field_2,
ExistMeasureElement, False],
[Field_3, NewMeasureElement,
Truel, ...]1]

A 2 MR TR E R, RHTTRg
FIERER NV T LATRER 2 SRl

Rl AR ([[Field_1,
Dimension_1, False], [Element_1,
Dimension_2, Truel, ...]) AT TM1 4k
JEE B R

B 3 EYIRIEREEMGER. F=1Mm
REA TR ERIER THEITE, Fla:
"[Field_1, Dimension_1, False]" Fm
Field_1 Mgtz

Dimension_1; "[Element_1,
Dimension_2, True]" FEtxt
Dimension_2 i%&# Element_1,

R 2 BAFIFR: ([[Field_2,
ExistMeasureElement, False],
[Field_ 3, NewMeasureElement,
Tzuel..1) T TML MR
/o

F— 3 EYFRERNETEMNEE. F=
MiRMEH TR Z O TE,
"[Field_2, ExistMeasureElement,
False]" /R Field 2 BRE%
ExistMeasureElement; "[Field_3,
NewMeasureElement, Truel" FR
NewMeasureElement FEE1E
selected_measure HIEEERIEHERE 1M
Field_3 MLg4%IE,

selected_measure

string

faE MY,

il
setPropertyValue("selected_measure
", "Measures")
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xmlexportnode [E14%

“XML S 779 mURE R DL XML AU EI S, B RN REAE XML IR R, DR S:
<XML> H E R SRR 2 R

N/l

stream = modeler.script.stream()

xmlexportnode = stream.createAt("xmlexport", "XML Export", 200, 200)
xmlexportnode.setPropertyValue("full_filename", "c:/export/data.xml")
xmlexportnode.setPropertyValue("map", [["/catalog/book/genre", "genre"]l, ["/
catalog/book/title", "title"]1])

& 256: xmlexportnode B

xmlexportnode J&1k B3 JEPERGA

full_filename string (TR XML S H SR e BB AT
%o

use_xml_schema bR fEEREGHA XML (XSD 8¢ DTD X
) i S HEHR NS,

full_schema_filename string FEF K XSD B¢ DTD SR 52 2 B 12 FI S

W4, 3R use_xml_schema &N
true, MHAFE,

generate_import FRa& AR 25 H BRSO R B R A XML
TR

records string FORILRIA A XPath FIEF,

map string BB XML &54,
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'H 18 %3 IBM SPSS Statistics 11 M1k

statisticsimportnode B1%

P Statistics X1 M IBM SPSS Statistics 1Y .sav 3¢ .zsav L& AN ARTELE IBM
SPSS Modeler HFINEF X (WAEHAR ) SEEEE,

Nl
stream = modeler.script.stream()
statisticsimportnode = stream.createAt("statisticsimport", "SAV Import",
200, 200)

statisticsimportnode.setPropertyValue("full_filename", "C:/data/drugln.sav")
statisticsimportnode.setPropertyValue("import_names", True)
statisticsimportnode.setPropertyValue("import_data", True)

& 257: statisticsimportnode &%

statisticsimportnode @1k | £ JEPERGIA

full_filename string sERE M (AR S

password string 2, password SEUNIITE

file_encrypted 2L E,

file_encrypted PR e R 2 BRI,

import_names NamesAndLabels SEFEAR B A RN I T T
LabelsAsNames

import_data DataAndLabels ACPERIFREE 77 1o
LabelsAsData

use_field format_ for stor |fh/RIE 8 E S AN 27 f#H IBM SPSS Statistics

age FEAEUE R

statisticstransformnode EB1¥

Statistics #4117 skt X} IBM SPSS Modeler HI 2R IFIZ I TATIZN) IBM SPSS
=) Statistics IB%Em <, T AFE%E IBM SPSS Statistics I AT EIA,

3

N/l

stream = modeler.script.stream()

statisticstransformnode = stream.createAt("statisticstransform",

"Transform", 200, 200)

statisticstransformnode.setPropertyValue("syntax", "COMPUTE NewVar = Na +
K.")

statisticstransformnode.setKeyedPropertyValue("new_name", "“NewVar", "Mixed
Drugs")

statisticstransformnode.setPropertyValue("check_before_saving", True)




& 258: statisticstransformnode @14

statisticstransformnode J&: BmIo JEPERGIA
syntax string
check_before_saving Fris TRAF i AT R g ik E i AT

Ko WFIEIRTCRL, W& ER
—FREIRIE R,

default_include Fri& BXEZER, ESHREH S
144 Tiff) Tfilternode E1J .
include bR BXRELER, WEHIEE
144 711 Tilternode J@1%J o
new_name string BXREZER, B2HEH S

144 Tiff) Tfilternode BMJ o

statisticsmodelnode B1¥

: Statistics A&7 s HIRREASIE I IZ1T4E L PMML 19 IBM SPSS Statistics i F2 5 Hi
) REFREEE, T RS IBM SPSS Statistics HYF AT EIA,

N/l

stream = modeler.script.stream()
statisticsmodelnode = stream.createAt("statisticsmodel", "Model", 200, 200)
statisticsmodelnode.setPropertyValue("syntax", "COMPUTE NewVar = Na + K.")

statisticsmodelnode.setKeyedPropertyValue("new_name", "NewVar", "Mixed

Drugs")

statisticsmodelnode Jg& 1k BmIm JE A

syntax string

default_include FRi& BXEZER, ESREE S
144 7R [filternode J&1%J .

include bR BXREZER, BT S
144 i) Tilternode J@&1J

new_name string BXEZER, ESHEE S
144 i) Tilternode @ 1J »

statisticsoutputnode B1%

; ' Statistics i H 37 A A JE F IBM SPSS Statistics i 2 LAS M 75 IBM SPSS Modeler %
7] 2, ALY AR IBM SPSS Statistics ZHHd A2, I /572 % IBM SPSS
e Statistics FJF ] R4S,

N/l

stream = modeler.script.stream()

statisticsoutputnode = stream.createAt("statisticsoutput"”, "Output", 200,
200)

statisticsoutputnode.setPropertyValue("syntax", "SORT CASES BY Age(A) Sex(A)
BP(A) Cholesterol(A)")
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statisticsoutputnode.setPropertyValue("use_output_name", False)
statisticsoutputnode.setPropertyValue("output_mode", "File")
statisticsoutputnode.setPropertyValue("full_filename", "Cases by Age, Sex
and Medical History")

statisticsoutputnode.setPropertyValue("file_type", "HTML")

& 259: statisticsoutputnode B4
statisticsoutputnode J&E 1k BmRR JETEHA
mode Dialog 1%$%“IBM SPSS Statistics Xfif
N TR Bl VB T e B
Syntax
syntax string
use_output_name R
output_name string
output_mode Screen
File
full_filename string
file_type HTML
SPV
SPW

statisticsexportnode E1%

Statistics §:H{ 5 £ LA IBM SPSS Statistics .sav B¢ .zsav &R L HEE, . sav
8% . zsav XXfFA] DAH] IBM SPSS Statistics Base FIE 7= i, XEHT IBM
SPSS Modeler H I EE A7 SIS

N/l

stream = modeler.script.stream()

statisticsexportnode = stream.createAt("statisticsexport", "Export", 200,
200)

statisticsexportnode.setPropertyValue("full_filename", "c:/output/
SPSS_Statistics_out.sav")
statisticsexportnode.setPropertyValue("field_names", "Names")
statisticsexportnode.setPropertyValue("launch_application", True)
statisticsexportnode.setPropertyValue("generate_import", True)

& 260: statisticsexportnode @M

statisticsexportn | £ER JEPERGIA
ode JE 1k
full_filename string
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& 260: statisticsexportnode B1% (444E)

statisticsexportn | £l H JETERGA
ode JB 1%
file_type sav PA sav B¢ zsav A8 TERTE SR, Bildn:
zsav statisticsexportnode.setPropertyValue("file_
typell , n Sa\lll )
encrypt_file bRk FER SR A B RSRF
password string .

launch_applicatio | fri&
n

export_names NamesAndLabels | FF¥# B4 M IBM SPSS Modeler 15 H Hf i 2| 1BM
SPSS Statistics 2% SAS FJZ B4,

NamesAslLabels

generate_import P&
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5 19 ¥ Python 1 )@ M:

smm B4

Gaussian Mixture® fELZE— MR HEE NG REE N &SI MRS R
> BHERFTEEES. AT DVRR BRI X K-Means K DAL EH XEHERIT

i 2R D SGB R S i FuLEI{E R, SPSS Modeler #f Gaussian Mixture i

MNTT Gaussian Mixture JERIRORHERE IS5 7 sfdif Python #7528,

& 261: gmm B
gmm J& M B JEPERIA
use_partition 1/R1E BN True 8 False DT 2 A H Y
X¥#E, BRE{EN False,
covariance_type string $87 Full, Tied. Diag ={ Spherical
DA BT 2,
number_component B fEEH FIREHAMHEENEES, B/MER
1, BREEN 2,
component_lable /R1E FEE True AR SRR IR B N TFIFER, 5
HEE False AR ERIRE I E NET
& {EN False,
label_prefix string ARMEH AR RS, IR nfEER]
%o
enable_random_seed /R W RARELAE AR, IBAFEE True,
RE{EN False,
random_seed I R AR, HR2fe e B T ARk
HUFEAHEEEL,
tol double FEEWSHE, HAERN 0.000.1,
max_iter B FEEBEPITIRRERIRE, A EN
100,
init_params string BEBEMHNVIE S, XN
Kmeans B¢ Random,
warm_start f/R1E f67E True DMERBFIIEIIBIEN T —1
PIEHRYGE, GhEER False,
hdbscannode B1%
Hierarchical Density-Based Spatial Clustering (HDBSCAN)® fifi Fij JE Ui B2 5] ke A R 5K
ﬁ'n EEAIR R EX N, SPSS Modeler H1f) HDBSCAN i si/A7F HDBSCAN FERI#Z

OFHERE 28, I KDL Python SEBR,  YE—JFEA T BEHESRAI AN, ]
USSR IEE i R R SR IR AN R R4

& 262: hdbscannode B4%

hdbscannode Jg 1 B JE A

inputs FE T RERMATFE,




X 262: hdbscannode [B1% (4¥4%)

hdbscannode &1 bi8 | JEPERGA

useHPO f/R1E 67 true o false nJ 8 FHBZE T
Rbfopt MBSk (HPO), kAl H
NEMEAESEA S, EEATEREAR S
PR E(RIIRZER, HEED false,

min_cluster_size I BRI, IETEEEE, TEERN
5.

min_samples B =P RAIZO R Z T, AR R
B, IETEERE. MRKERNO, Bk
i min_cluster_size, HRE{EN 0,

algorithm string fEERMEHEHNED: best. generic,
prims_kdtree, prims_balltree,
boruvka_kdtree
boruvka_balltree, HRE{EN best,

metric string FEE THEARHEEE S22 (8] ) i T N P 2
fFFMFEFR: euclidean, cityblock.
L1, L2, manhattan. braycurtis,
canberra. chebyshev,
correlation. minkowski &%
sqeuclidean, HHAE{EN euclidean,

useStringlLabel /R1E B true RREHFRRREIRE, 15E
false HREAETFRINE, HEEN
false,

stringlLabelPrefix string QR useStringlabel ZEILEN
true, EANFHFERERISIEEME, WA
HiZRN cluster,

approx_min_span_tree /R1E f8E true FRREEZIEME/ NERNT, $EE
false FRIEA S L EUERRIE,
SREEN true,

cluster_selection_method |string FE B ZL A IR 7 TR N SRR e R RS
eom 8¢ leaf, HRE{EN eom (“BiEid|”
B

allow_single_cluster fh/R1E {8E true FRRAVFRRRLER, thEHE
y false,

p_value Double MEREN minkowski A TR, HiETE
A p value, BAEEN 1.5,

leaf_size B A EMEE (boruvka_kdtree 8
boruvka_balltree) i, Et&EMMTY
RS, BREEN 40,

outputValidity 1/R1E f87E true 5 false, DAIEHIZE KGR
PEFERR” E R EAE TR R,

outputCondensed h/RME 87 true o false, DIEHIIREH “BE
B E R AR i

outputSinglelinkage T/R1E {6 true 8 false, DAISHIZEG 1 HEk

S B R AR AR
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% 262: hdbscannode B (4442
hdbscannode &1 B JE PR IR
outputMinSpan 1/R1E f87E true 5 false, DAIEHIZE KB/
A R [ R AR LA AR R,
is_split £ V18.2.1.1 HHTH,
kdemodel 1%

Kernel Density Estimation (KDE)® {# ] Ball Tree 2% KD Tree &% DB TRCRE ), I
ﬂ_{ SNBSS, FAE TSR RS, ETHEMTEN L (Flal, KDE)

il T A I — S E R TIE,

SPSS Modeler H1f] KDE Z:A5f1 KDE #5407

SUATT KDE ERIROFHEME S, 1R Python MEATSEEL,

K 263: kdemodel B4

kdemodel &%

B

JE A

bandwidth

Double

ERE{EN 1,

kernel

string

FEARNK: gaussian, tophat,
epanechnikov, exponential,
linear o cosine, HRE{EN

gaussian,

algorithm

string

M ETE: kd_tree. ball_tree
8¢ auto, HRE{EN auto.

metric

string

e AN EEHNERE, YT
kd_tree ik, MUUNIUHATIZS:
Euclidean. Chebyshev,
Cityblock, Minkowski,
Manhattan., Infinity. P, L2 8¢ L1,
XTF ball_tree Hik, MPARIUATIE
$: Euclidian, Braycurtis,
Chebyshev, Canberra., Cityblock,
Dice. Hamming, Infinity.
Jaccard, L1, L2, Minkowski,
Matching., Manhattan. P,
Rogersanimoto, Russellrao.
Sokalmichener, Sokalsneath B¢
Kulsinski, Ht&{EN Euclidean,

atol

Float

RS RNEN B E, BRNAEZER
R FBEERIAT, BREEN 0.0,

rtol

Float

BRI AZ, BRHAZEH
K SFBOERIIT, GRE(EN 1E-8,

breadthFirst

MV18.2.1.1 FFeh, EmEHN
breadth_first

fi/RME

BN True DA BRI, KE
N False DAEFIIREILIETTTER, SRE{EN

True,

LeafSize

MV18.2.1.1 JF4h, =N

leaf_size

B

JREREIH RN, BREEN 40, HEXUE

A RE R MTERE,
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R 263: kdemodel B4 (4k48R)

kdemodel J&1k: gk JE VA iR
pValue Double FEEW Minkowski FH T &N I “P

H”, #REEN 1.5,

custom_name

default_node_name

use_HPO

kdeexport [E1¥

Kernel Density Estimation (KDE)© {# ] Ball Tree B¢ KD Tree B DU TRCR A, I
A SEATWERES], BHE TARMBORERISNES, HTHATER % (HI4, KDE)
SERIAT HicA A — B E B 775,  SPSS Modeler H11) KDE EA5A1 KDE T

SRUATT KDE FERIRBORHERH S

T3 s F Python 47528,

& 264: kdeexport B

kdeexpoxt J& 1

Bk

Ja At

bandwidth

Double

ERE{EN 1,

kernel

string

FEHMMNZ: gaussian 5 tophat,
HE{EN gaussian,

algorithm

string

FHEFHM T kd_tree. ball_tree
8 auto, HREEDY auto,

metric

string

A AN AN EE, T
kd_tree Bk, MPATRIURE TIEESE:
Euclidean. Chebyshev,
Cityblock. Minkowski,
Manhattan. Infinity. P, L28k L1,
AT ball_tree Hik, MPARIUHTIE
$: Euclidian, Braycurtis,
Chebyshev, Canberra, Cityblock,
Dice. Hamming. Infinity.
Jaccard. L1. L2, Minkowski,
Matching. Manhattan. P,
Rogersanimoto. Russellrao.
Sokalmichener, Sokalsneath B¢
Kulsinski, #t&{EN Euclidean,

atol

Float

BRI RAAN R, BRIEZEER
R FBEERIAT, BRE(EN 0.0,

rtol

Float

BRI RAEN A E, RN AEZER
R FBCERIAT, HRE(EN 1E-8,

breadthFirst

fi/RME

REN True DM LA, RE
N False DAMEFIIREALI LT, BREEN

TIer

LeafSize

B

JRER IR, BREEN 40, HXUE

A RESE A A PERE,

pValue

Double

fe7E % Minkowskd FH T B 0 “P
B, SREEN 1.5,
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gsmm B

Gaussian Mixture® ALZ— MERER | HE N REERN &I AR S ER
> SHAERTEEIE S, A PUERSEEIANZS X K-Means BRE DI &H X EHRII

T =GRS R S T O RI{E R, SPSS Modeler H1f Gaussian Mixture 7

/AT Gaussian Mixture ERIZORHERTE S8 T s# H Python 17558,

& 265: gmm B

gmm J& Pk B3 JETERGA

use_partition fi/RIE BE N True 5k False IS EZSHH D
XEdE, HREEN False,

covariance_type string {87 Full, Tied. Diag 8k Spherical
DA B W77 A,

number_component B fEE H TR G A ENES, BvIMEN
1, BRAEEN 2,

component_lable /R1E FEE True USRS IR E N RS, 5
FEE False AR ERBHIRE I E N E T
E{E )Y False,

label prefix string WRAEHFrF R, AR n e
%

enable_random_seed fi/R1E ARAE S FHBEV AT, ABATETE True,
HE{EN False,

random_seed B SRAEHBENUR 7, ABAFEE S T4 RkbE
NUFEA LR,

tol double faE WSIME, BREEDY 0.000. 1,

max_iter B FEEEPITHIRARIERIREL, TREEN
100,

init_params string WEZEHHNYISE S, 1k
Kmeans B{ Random,

warm_start h/RME 87 True DMERHEMIIEBRIEN T —1
PIEFE AR PG, GEER False,

ocsvmnode B4

‘ AR SVM T i IR E A B, W AR AEREN, TR E A
ﬁ BIPOLFR, DUERE SR TR S 7728, SPSS Modeler FHEIXA™ B2%
SVM BT SR TE Python S, I HFEZME A scikit-1earn® Python %,

& 266: ocsvmnode B4

ocsvmnode Jg 1t Bmal JE PR

role_use string {67 predefined DAMFFHTIE XA, 5
& custon b 1L,

MV18.21.0 THE, B I cosvon PHERIERIFROTRC. Bt

custom_fields

splits TE XTI BRR T B RIS R
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R 266: ocsvmnode B (44)

ocsvmnode J& 1k B JEPERGA
use_partition f/R1E BT true B false, BRE{EN true,

GUIRIEN true, ABATEMTEBIRIN, K
A FHIZREHE

mode_type string X, AIRERYME Y simple B¢
expert, WIHRIETE simple, HFLKEEEH
“LRETF LGS

stopping_criteria string XERIAICBUEFAR R, AIRERE
1.0E-1, 1.0E-2, 1.0E-3, 1.0E-4,
1.0E-5801.0E-6, HRE{EN 1.0E-3,

precision Float EIHFEE (nu)o  IZREEIRRIS R &2
BOnAR, EEERT 0 H/NTFEHET 1.0
EE, TREERN 0.1,

kernel string FHERIEPRAZEE, RIRERES
linear, poly. rbf, sigmoid =k
precomputed, FREEN rbf,

enable_gamma f/R(E JAH gamma 2%k, EHEE true 5
false, HRE{E true,
gamma Float {EHA N xhf, poly Fl sigmoid J5H

S, R enable_gamma L E
9 false, AL MSECRKIEEN auto,
ARLE R true, IBAEEERN 0.1,

coefd Float X B ER BRI, {XEFXT poly
NAZHT sigmoid WAZG LS8, BLEE
H0.0,

degree TR Z I NAZ R B EL,  {E X poly N
RIS, EfEeEmEg, aEE
3,

shrinking fhi/RME HFiaE a2 Mg/ e gk, &
8 true B¢ false, HLE(EN false,

enable cache_size fi/R{E JiH cache_size &%, 1E1RE true 5¢
false, #AH{EN false,

cache_size Float XBEPZEFRIAR/N (MB), SREEN
200,

pc_type string XRFHATAPRERIERIREY, AIREANETTN
independent 5 general,

lines_amount B XEBEUSTERY LR RITS, EHEE
T 1 A1 1000 Z RIRELEL,

lines_fields_custom h/RME FTEH lines_fields &%, #n]a

WS HdEE = TR E R A R E T
B, WMRIEEN false, LK RATE
TR, WRIZEN true, AT REH
lines_fields 2R E N TE, N THREME
RE, KPR 20 MFE,

lines_fields TE RN E S B LR B PRI
IES
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R 266: ocsvmnode B (44)

ocsvmnode J& 1k bi8 | JEPERGA
enable_graphic fh/R1E EHEE true 8L false, EHEIEHH

(AN SRAB T IN TRIFD RS E R, 1
FEHIEDD

enable_hpo /R1E $67E true 5§ false DAS FHEZEER HPO &
Wi, WHRIEN true, ALKEN A
Rbfopt DA &k “ B 2 SVM BiAY
XAARI AP ERARLR target_objval
ZHUE X B SAE,

target_objval Float PAVEE LI EARREUE R THEARRIAR
RIRERIRR) (B, RASEE) o W
REREEARF, ALK S EE AR
H (Fan, 0.00) .

max_iterations G2 BRI RORIR AL, BRE(EN
1000,
max_evaluations G2 SRR R BORIE R IR AR S, HP AR

TEREETE, BB 300,

rfnode B14%
‘_E BEATLARPRTY o 5 FE BT R S AR R A A5 BRI 9 SE B, SPSS Modeler FRIT
I “BERLARAR SRAB T AUZTE Python SRR, FEHFRE scikit-1learn® Python
JEO
& 267: rfnode B
rfnode Bt byt | JEPERIA
role use string {67 predefined DAMERATIE XA, 5
HHEE custom DA A ERIF B B, Gk
HH predefined,
inputs FE RS L PNINESS S
splits FE X BT BRI T B FR SR,
n_estimators B TR RN AR, BREE 10,
specify_max_depth 1/R1E feE EHIEARIRE, WHRA false, A4
KRN REEMMAN A yaigeE B2
A SR INT
min_samples_split, HR&E{EN
false,
max_depth B MR KIRE, BREEN 10,
min_samples_leaf B BN RN, BEEER 1o
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& 267: rfnode B (4k4R)

rfnode &1k bi8 | JEPERGA
max_features string EERRED BN EE EIRHMEEE,

« NN auto, LN
max_features=sqrt(n_features)
CHTor2Es) M
max_features=sqrt(n_features) CtfF[H]
1)

« N sqrt, Mah
max_features=sqrt(n_features)

« BN 1og2, LN
max_features=1og2
(n_features),

HREEN auto,

bootstrap /R1E TERFRMII, (] Bootstrap FEAR, HE
fﬁyﬂ tIer

oob_score f/RIE i S AMEASR AL FLIZ (L O R IERATE,  Bh
H1EN false,

extreme h/R1E AR RELR, SRE(ER false,

use_random_seed f/R1E feE Rl EHIEE R, & EN false,

random_seed B IX TR AL B I A F A R LB R 7, 1S
TE (TARBE 2L,

cache_size Float XBAZEFERAR/N (MB), GREEN
200,

enable_random_seed fi/RI1E T 5 H random_seed 2, 187 true
& false, HREH{EN false,

enable_hpo /R1E 8% true B¢ false DAF FHEKEE A HPO &

Wi, GSRIZEN true, ALKNH
Rbfopt PAH afiE “ e BEA AR RY
XAREIH P HEH AT target_objval
SEUE X B S AH,

target_objval Float ARSI B PREREUE (BETREA B
MIEEIRZR)  (Bln, RAEEE) . W3R
BARERA, LGISBOLE AE N E
(Bilgn, 0.01)

max_iterations B ZEBR I R RIE IR, SEERN
1000,
max_evaluations B ZEBA R BCRIE R BRI EL, HA R

RIRFEMERTE, BRETE 300,

smotenode B¢

BBV EERIS RAERIK (Synthetic Minority Over-sampling Technique, SMOTE) 13 i1

@9 BT T B BER R I RS, BRI T H T IR =TT
SPSS Modeler Hf) SMOTE {if2 17 siff Python H5CER, I HFEE imbalanced-
learn® Python %,
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R 268: smotenode B %

M V18.2.1.1 FF4h, EMELH

use_partition

smotenode J& 1% Bimpmy JE ERIA

target_field FE HARTEL,

MV18.2.1.1 FF4h, BN

target

sample_ratio string HFREHERERE, WMNMETmDBIR“E
3))”(sample_ratio_auto) FI“iX &Lt
#”(sample_ratio_manual),

sample_ratio_value Float bR 2 DB RIREAR LS 2 B IR
AKEz b, BEIAT 0 I NTEET
1, HH{EHN auto,

enable_random_seed h/R1E WERIRE N true, IBLKEEH
random_seed B,

random_seed R X2 FHBEALEC T A B 5 A

k_neighbours L IX B TR EE B AR B S AR JE &R
&=, GAE{EN 5,

m_neighbours L X R THE RS DEREAL T RERIRE
HRIEPENEE, AT SMOTE Hikk
BN borderlinel fl borderline2
I, A B HED, SEER 10,

algorithm_kind string SMOTE BiEHEAY: regular.,
borderlinel 8¢ borderline2,

MV18.2.1.1 Fih, EHmaHN

algorithm

usepartition f/RIE WMRILE R true, IBAICEIIGEIEH T

ﬁ@*@@o ﬂfé\'fg% tIer

tsnenode Ei%

@ ORI (CSNE) T AR TR, SRR R R
* HATREME, I t-SNE 14 AT7E SPSS Modeler & Python {7523 AL E:

scikit-learn® Python J#,

K 269: tsnenode B 4%

tsnenode gk byt | JE PR IR

mode_type string 6 simple 8¢ expert 77,

n_components string MRS RIN4EE (2D 8¢ 3D) ., $8E 2 8
3, BREERN 2,

method string {6 barnes_hut 8k exact, HAEEN

barnes_hut,
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X 269: tsnenode B4% (4¥4)

tsnenode Jg& bi8 | JEPERGA

init string BV, f8¢ random 8 pca, HE
{E>% random,

target_field string BbRF B R, 1EH B 2o et
K, WEKfEE BT, A BG4S

MV18.2.1.1 FFth, EasK AR

target

perplexity Float IR 2% i 5 LAt & b S B Fh (o A B 4R
TLREEM, EE, BIEEEK, #E
R EREBCR,  1E% EIERE 5 A1 50 Z Al
B, SRE{EN 30,

early_exaggeration Float Pl g R H ) B AR RTE N R ZS A H Y
BEBEIRME 2 RN E, EE
H12.0,

learning_rate Float HREEN 200,

n_iter B AR RIEARIR S, Z=/DIRE N 250,
A {EHN 1000,

angle Float A R R AIZE P T R Y AR R N
feE 0-1 JURINMIE, #AEERN 0.5,

enable_random_seed /R BN true LU random_seed 2%,
& E N false,

random_seed B FH HRIBENE R, BRE{EDY None,

n_iter_without_progress T ANERENRARIERIRE, FEERN
300,

min_grad_norm string W RER AR EE R T L EE, AbA iR =
1k, BRE{EN 1.0E-7, AIREROEELES:
« 1.0E-1
« 1.0E-2
« 1.0E-3
«1.0E-4
« 1.0E-5
- 1.0E-6
« 1.0E-7
- 1.0E-8

isGridSearch f/RIE WEN true DMERHZ MR R REHRIT
t-SNE, St#E{EN false,

output_Rename /R WNRAHEIR LB IR, APATEE true,
HHETEE false LHAIMAHE, SLEE
 false,

output_to string }87 Screen 5k Output, HREMEN
Screen,

full filename string fEE R 4.
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X 269: tsnenode B4% (4¥4)

tsnenode Ja 1 B JE PR IR
output_file_type string Fth S8, F5E HTML BF Output

object, HRE{EIY HTML,

xghoostlinearnode B 1%

XGBoost Linear® J& {4 L A5 A F RS AR RO BE TR A AR m sl R A HIE
a PUER A RS 5902K88, AEEENIRMEIRZK ISR 2K88H, SPSS Modeler H1f)
XGBoost Linear i sif#ifl Python #1758,

& 270: xgboostlinearnode [E1%

xghoostlinearnode J&1k B JEPER IR

TargetField FE

MV18.2.1.1 F4h, HwsH

target

InputFields FE

M V18.2.1.1 JHig, HEinH

inputs

alpha double X2 alpha &1 A R =% 1HHEER
g, 0BER(E, SREEN O,

lambda double IX72 lambda &R A RIS, EHiEE
EfEs, 08ERE, REEN L

lambdaBias double X2 lambda fREZLMERARK S, 18
fERAEMEL, SEEN 0,

numBoostRound B BRIR R T NIEE, TEfREN T
111000 Z[FAIKME. GREEN 10,

MV18.2.1.1 F4h, HEmHN

num_boost_round

objectiveType string MBS EREE, ATRERIE N
reg:linear. reg:logistic.
reg:gamma, reg:tweedie.
count:poisson, rank:pairwise.
binary:logistic 8 multi, EHHFE,
ANTFR& EbR, HAEEfEAH
binary:logistic 8 multi, WIREH
T multi, AAITERERFGER
multi:softmax fl multi:softprob
XGBoost HARIAL,

random_seed B REALERD T AT T 0 F1 9999999 Z [H]

R, BRETEDN 0,
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& 270: xghoostlinearnode &M (4k4%)

xghoostlinearnode J& 1k bi8 | JEPERGA
useHPO h/RME $87E true B false DAS FHEZEFH HPO i%

Wi, GSIREN true, ALKNH
Rbfopt DA BhE& K “FeE” B2 SVM B
XAAE| P #H target_objval 38

T L ETBRA R 08
xghoosttreenode E1¥

XGBoOSt Tree® {4 ISV (K AU REVE LA RO, $RTHE0: DA

pad (7R 1995258, RIS B IIRIELRE 03 5K 8, XGBoost Tree EATIRR

P RIENE, FREE TR N TR PR FERMSEL, it SPSS Modeler 1
) XGBoost Tree i VT R TROLIIRERIE FISE, 5 s Python M TSEEL,

& 271: xgboosttreenode &%

xghoosttreenode Jafk BmIm JEPERGIA
TargetField FE HiRFE,

MV18.2.1.1 FF4h, =i h
target

InputFields FE WmANFB.

MV18.2.1.1 FF4h, EMEN
inputs

treeMethod string TR 75 1%, RIRERIMEDN auto,
exact 8¢ approx, HLE{EN autos

MV18.2.1.1 FF4h, EMELNH

tree_method

numBoostRound I AW A-& ANIREME, EREN T
111000 Z[HHME, GLEEN 10,

MV18.2.1.1 FF4h, EMELH

num_boost_round

maxDepth B PRIV RIRE, TEEEE 1 8 m
{EH, ERE(EN 6,

MV18.2.1.1 R, HandA
max_depth

minChildWeight double P KA RN T E,  1ETEE(E 0 B
EfE. BREEN 1.
MV18.2.1.1 4R, HEamdH

min_child_weight

maxDeltaStep double ISR R A EDE, 1HHEEE 0 5L
Wi, SYE{EN 0,
M V18.2.1.1 JHg, HEffH

max_delta_step
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& 271: xgboosttreenode B (444R)

xgboosttreenode J& % B JaPERIA

objectiveType string FIMESBERER, RIREREN
reg:linear, reg:logistic.

MV18.2.1.1 FFts, Eash reg:gamma, reg:tweidie\

: : count:poisson. rank:pairwise,

objective_type binary:logistic 8 multi, EEE,
NT iR EbR, HEEEEAH
binary:logistic 8 multi, NS
T multi, ARAGEREERK TR
multi:softmax flmulti:softprob
XGBoost HIRKEAY,

earlyStopping /R1E AR LR, BEEN
False,

M V18.2.1.1 JFtg, =N

early_stopping

earlyStoppingRounds B WIEH IR R E R/ DE S MERTE 1L & AR
A REdREIEI, BREER 10,

MV18.2.1.1 i, HEmfH

early_stopping_rounds

evaluationDataRatio double AT RIS RA M A BIER LR, hE(E
0.3

MV18.2.1.1 R, HEndH

evaluation_data_ratio

random_seed B BENLERNF. AR T 0 F1 9999999 Z[H
T, BREEN O,

sampleSize double AT G EEHTFREAR, ERENT
0.1F11.0 ZAAME, HREENO.1,

MV18.2.1.1 R, HEadH

sample_size

eta double AT ERE T eta, WEIEENT O
1 ZAME, BREERN 0.3,

gamma double AT S g, 1EHEE Lk
¥, OEEKME, SHEEN 6.

colsSampleRatio double AT IS HIFIREAR ez
%?’a‘ﬁﬁ? 0.01F11 ZAMME, SHE{E

MV18.2.1.1 FFi, s 7L

col_sample_ratio

colsSamplelLevel double T ELEFIREAR (25
H) o EEENT 0.01 1 1 ZHHIME,

MV18.2.0.1 Fth, BN R E 1o

col_sample_level

lambda double AT zdld B A lambda,  1ETEE LA
W, OEBEKE, SEEN L

alpha double AT tld ERl AR alpha, BT EEMAEL

T, OEEAR(E, EREEN 0.
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& 271: xgboosttreenode B (444R)

MV18.2.1.1 FF4h, BN
scale_pos_weight

xghoosttreenode Ja Tk bi8 | JEPERGA
scalePosWeight double F T A BRSSO I o AN R,

BREEN 1o

use_HPO

Eat vis.2.1.1 Hrig
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¥ 20 1 Spark 1 B

isotonicasnode B4

;20 EEUETEIEE RSN, SPSS Modeler i) Isotonic-AS 1 A Spark TS
gAs B, AXRBEFEVHBEZENIEMEE, 1525 https://spark.apache.org/docs/2.2.0/

mllib-isotonic-regression.html,

& 272: isotonicasnode B

isotonicasnode &1t B JR YRR

label string B A HITE T R R RS &,

features string e RRE &,

weightCol string WEFRNRENET. REEN 1.

isotonic /R1E B MR isotonic B2
antitonic,

featureIndex L 4Nk featuresCol BEEF, LIS
MRRIRER RG], BREEDR 0,

kmeansasnode EBi4%
K-Means B HMNRRELE 2 —, BEEIESRERZ N IE LXK, SPSS
K Modeler Ff#] K-Means-AS 15 sif# ] Spark 17558, Bk K-Means B LRI
K&, &3 https://spark.apache.org/docs/2.2.0/ml-clustering.html, EER, K-

Means-AS 17 ;i H 81473 2848 E A T AR AL

& 273: kmeansasnode &%

kmeansasnode J&: {1 JETERGA
roleUse string F67€ predefined FREHTE XA

1, $87E custom FIREHERFE S
fic, BRE{EN predefined,

autoModel f/R1E 67 true REHRE LFR ($S-
prediction) FFHAERIITEDFE,
T false FRH I EHILHR, &

{EH true,
features FE HTF AN TFEAIRYIFR (R
roleUse BHIZEN custom) ,
name string WAE R PR BRI 2R (TR
autoModel EM:i%E N false)
clustersNum L HOIEMREKEH, HEER 5.
initMode string WAL RS, AIRERIESN k-means | |

8¢ random, #E{EN k-means]| |



https://spark.apache.org/docs/2.2.0/mllib-isotonic-regression.html
https://spark.apache.org/docs/2.2.0/mllib-isotonic-regression.html
https://spark.apache.org/docs/2.2.0/ml-clustering.html

R 273: kmeansasnode B4 (44L)

kmeansasnode &% & JE AR

initSteps B PIE A BRE (A0SR initMode BN
k-means||) . GREERN 2,

advancedSettings i/RME FEE true RoRIE NI EMER]
A E N false,

maxIteration R BRI KIERIREL, REEN 20,

tolerance string FILEREZE, FIRERVIREN
1.0E-1. 1.0E-2, ... 1.0E-6, H#H
{EN 1.0E-4,

setSeed fhi/R1E 8E true FoREHERIFENIA T, B
H{E N false,

randomSeed T EHIFENR - (AR setSeed BN
tIUe) o

multilayerperceptronnode &%

—J2#%, SPSS Modeler #1f1J MultiLayerPerceptron-AS i siffifl Spark #7528, &
X2 E RGNSy 88 (MLPC) ITELIME R, B2 https://spark.apache.org/docs/
latest/ml-classification-regression.html#multilayer-perceptron-classifier,

ﬁ ZREAAT TR T RIB A THEMLAt i as, KRS MRAM, SREEEREIT

& 274: multilayerperceptronnode /&%

gllétilayerperceptronnode B JEPEIA

features T FAVETII A ) — DB DT

label T FAVETIEIN EARAY 7B

layers[0] B ZHEZHEAERER, BEEN L

layers[1l..<latest-1>] B P B, SREEN 1o

layers[<latest>] B R, BREEN 1.

seed B JE HIREA AT

maxiter L EHUTHIRRIER IS, TREEDR 10,
xgboostasnode E1¥

M INEIRARR K45 H, XGBoost EHREMIRIEME, IR TRZN T RZE
R P skiE T8 225, K SPSS Modeler #1f) XGBoost-AS 7 s R T 03
BERIH IS5, 1£ Spark FSEZHl XGBoost-AS 1 5,

ﬁ XGBoost ZRE T RIANEMEI, IR IELIENTTAES 80K, REke

7 275: xgboostasnode &%

xghoostasnode J& 1k B3 JETERA
target_field FE BRI 7 B ARSI
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& 275: xgboostasnode B (442)

xghoostasnode J& 1k

B

JE A

input_fields

TE

LN 2SN TE

nWorkers

B

T 1)IIZk XGBoost BRI TAEFE P HYEL
B, BREEN L,

numThreadPerTask

B

AT ESAES, SEEN
1,

useExternalMemozry

fi/RME

O ERINTE N E NG, BYE{EN

False,

boosterType

string

SRR AIEEL, ATAIEDTY
ghtree. gblinear sk dart, HEMEN
ghtree,

numBoostRound

B

TR AR AN, 1EfEE(E 0 8 &
fH, #EEN 10,

scalePosWeight

double

AT IEAE R A E R P, ShE(E
M 1o

randomseed

B

X2 MR A AR R BIR T BRE
BN 0,

objectiveType

string

¥ >]Btr. FIRERVEN reg:linear.
reg:logistic. reg:gamma.
reg:tweedie. rank:pairwise.
binary:logistic 8 multi, EHFE,
MRS ER, HAEEH
binary:logistic 8 multi, WIRHEH
T multi, APATFREERKER
multi:softmax flmulti:softprob
XGBoost HAnEAY, HRE(EDN
reg:linear,

evalMetric

string

AT RIESIRIHEE R, RIEER, &
SECERE E R, PIRERYMEDY rmse. mae.
logloss. error. merror,
mlogloss., auc. ndcg., map Bk gamma-
deviance, BRE{EN rmse,

lambda

double

XA RAER L2 MIEARTE,  HRIE
R RSY, B EETEE, 0 8
BERME, EREEN 1.

alpha

double

AXRMER) L1 EARTE, S RIER
BRI LRSY, BT, 0sEX
{EHo SRETEN 0,

lambdaBias

double

IR RFEEATEIN L2 N ARIE, R
i gblinear fR AN, AR
lambda R ZZ&MARANSEETH, BHEE
AT, 0 8E KE, SREEN 0,
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& 275: xgboostasnode B (442)

xghoostasnode J& 1%k byt JEPERGA
treeMethod string WM gbtree 8 dart $2F-A128AY, TR

2T AE BRI 77 15280 (DA RIS
Hibz=%0 7TH. efaeB RN
XGBoost Tree &% %, ATHIETTN
auto. exact B{ approx, HRE{EN

auto,

maxDepth B MR RIRE, EfEEME 2 siEEE, Gt
AEHN 6,

minChildWeight double TIRAFTZEAILBINE (hessian) ATHR/NE
Mo IHHEEE 0 BHEEE, SREEN 1.

maxDeltaStep double FOVF T AR (A R 105 B A e K0 R
&, EEEE 0 BEEE, SREEN 0,

sampleSize double FREAFRINGLBIR R, BiEENT
0.1/ 1.0 ZMAIME, HREEN 1.0,

eta double X2 BE A A R TR 1S E LA R K
s, EEENT 0 f L ZFME, BhE
BN 0.3,

gamma double BRI AN RO THE— 2 2y X

HIER/ MR/,  IBTEE MY, 0 8L
BERE, SREEN 6,

colsSampleRatio double S BRI TR FAEARLLER, ETEEN
T 0.01 M1 ZHAME, SEEN 1.

colsSampleLevel double BAIRNH N7 BN FREAR LR,
HIEENT 0.01 f1 1 ZRIMME, BREE
N 1o

normalizeType string ARAHE A dart 82 A1, HR4 L dart 2
BHLAT =4 dart Z80TH. WSERE
PR RETE, TE1EE tree 8¢ forest,
HEEN tree,

sampleType string SRAEE LRI, EHEE uniform 58
weighted, BRE{EN uniform,

rateDrop double dart IRANISHNERR, HEENT
0.0 1.0 ZMAME, HREEN 0.0,

skipDrop double FORPS ZF IR D dart F2ANLISEL
ERENT 0.0 1.0 ZARME, HLE(E
0.0,
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921 % @y stk

DRAGEA BT AR TR, R R TR T R

+* 276: ZKin@BT B4
JE kAR JETEREF R JETEHA
execute_method Script
Normal
script string
BhRsH

A I8 AR LR A rh Q1 B B T RS
mySuperNode.setParameterValue("minvalue", 30)
] DU U B RS EUE:

value mySuperNode.getParameterValue("minvalue")

ERIRETR
] PAEEA findByType() BREAEFLHH A T

source_supernode = modeler.script.stream().findByType("source_super", None)
process_supernode = modeler.script.stream().findByType("process_super", None)
terminal_supernode = modeler.script.stream().findByType("terminal_super",
None)

IREEHETRANENE

AJ DU 5 A F AN s A R R B B R B T S R E T e . B, BORAE — N A,
ﬁﬁlﬂ%ﬂ‘%ﬁ“ﬁﬁimﬁlﬁ"*ﬁﬁLxumﬁz?}% af DE wluﬂ%@#*ﬁzma&%ﬁﬂ%{éﬁ%ﬁxﬁﬁx#ﬁﬁ%ﬂ ({%
FH full_filename EMEIEE) , W RAIR:

childDiagram = source_supernode.getChildDiagram()
varfilenode = childDiagram.findByType("variablefile", None)
varfilenode.setPropertyValue("full_filename", "c:/mydata.txt")

EET R

R %)\)\;&FFZIL‘GIJ@;*E FNHAZE, Ion] DOs G T s, A B G R sk DAL R
SERARIE, TR s AR T A R N - %H/ﬁiﬁu& EREAST AL, Wlan, WA ET
FEAETT A

process_supernode = modeler.script.stream().createAt("process_super", "My
SuperNode", 200, 200)

childDiagram = process_supernode.getChildDiagram()

filternode = childDiagram.createAt("filter", "My Filter", 100, 100)
childDiagram.linkFromInputConnector(filternode)
childDiagram.linkToOutputConnector(filternode)
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bk A A5

AR5 42 At IBM SPSS Modeler H-1i s I A il 4 75 | .o

IRBBRBFR

BRI (WA BRI AT DAFRBHATS H, BREHE T SR A R — . FRIIHERN 2895 H
B i

THER, XELFRE AT ARENERM (62T IBM SPSS Modeler @A BA) HREALE, Z5IHE
ZUSMENRAEATIE R S, IRAEM S5 —EL apply. . . ISR,

I FEEERR, EBEZAFNSADRS I AR, DO %5 iR,

R 277 1RBRE (BEEAR)

BRI iy
anomalydetection B

Apriori Apriori
autoclassifier Hzhor2Kes
autocluster Hzh%k
autonumeric Hsh T
bayesnet DU X 2%
c50 C5.0

carma Carma

cart C&R
chaid CHAID
coxreg Cox [H])
decisionlist RRFNZR
discriminant Hl

K+ PCA/A+
featureselection FHIEIERE
genlin IR
glmm GLMM
kmeans K-Means
knn k- FHAR TR
kohonen Kohonen

S s s

logreg Logistic [A]14
neuralnetwork FREE 2%
quest QUEST




& 277 REREM (BIERERAR) G5

BRI By

S| PRI
3 izl

slrm SEALvE LT

statisticsmodel

IBM SPSS Statistics &7

SVM XFAENL
timeseries SopE)EZl]
twostep R

* 278 {RBRZIT (BUBEEIZIERR)

BRI B

db2imcluster

IBM ISW B2k

db2imlog IBM ISW Logistic [A]/5
db2imnb IBM ISW AhR UL
db2imreg IBM ISW [H]1H
db2imtree IBM ISW JLER#E
msassoc MS SRR
msbayes MS F2E DLH-Hr
mscluster MS HK

mslogistic MS Logistic [A]]
msneuralnetwork MS TR 2%
msregression MS £
mssequencecluster MS JPHII 5k
mstimeseries MS I [ 51
mstree MS R
netezzabayes Netezza DIM-Hi£%
netezzadectree Netezza M
netezzadivcluster Netezza 733430k
netezzaglm Netezza |~ £k
netezzakmeans Netezza K-Means
netezzaknn Netezza KNN
netezzalineregression Netezza £/t [Al)
netezzanaivebayes Netezza Ah35 VU5
netezzapca Netezza PCA
netezzaregtree Netezza [A] )7
netezzatimeseries Netezza W [H] 74|
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& 278 REURZ M (MIEERIEERR) (#5)

BRI PR U

oraabn Oracle Adaptive Bayes
oraai Oracle AL
oradecisiontree Oracle (R

oraglm Oracle GLM
orakmeans Oracle k-Means

oranb Oracle #h3E DLt
oranmf Oracle NMF

oraocluster

Oracle O-Cluster

orasvm

Oracle SVM

i 5 B B IR R

{58 PRI A S 2B AT A TR AN, S5 07ER:
DR AR, B 1 G Al A AR I RO A R A AR

S EE G AL PR B T :
1. MRS :

TH > H ik
2. BHEANET

SRVFEEBRAIRATRES S BT,
U I E—H9 24 R

3. IR R VR DARR A A BRI ) R 4

TEEARBARAERLS | I, BRI T4 M7E SPSS Modeler 5 IBM SPSS Collaboration and Deployment
Services ZRIFTREA TN, SPSS Modeler AR ML T B e Al By IR,  HIETUE B 305 e [F 4 1
AL (Fan, PAEIS IR TIRM, DUERREAERARFEIES) . {HZ, 1£ IBM SPSS Collaboration
and Deployment Services HIE1T[E— AN, HIETATTH, @GS 0OEH AR E dr 44 DR
MERAT RIS, SE B EIEAGG RAERR Y ais! (Flan, ¥ clear generated

palette iBf)) , AJLDUBEGIXAME DL

bt SRR R

N T IR

NI T TR R N SRR R e TR A

& 279: W R IR NGB LR T R

analysisoutput T
collectionoutput eSS
dataauditoutput BRI
distributionoutput Paxiil
evaluationoutput TEAd
histogramoutput HITE
matrixoutput HERE
meansoutput FE

B A 45 H 403



xR 279: N RER LR BB LR AT 2 (4hER)

multiplotoutput ZERUE

plotoutput gt A

qualityoutput 55

reportdocumentoutput WS RAARET A, B TR S AR
reportoutput s

statisticsprocedureoutput FIHER it

statisticsoutput FKIHMER

tableoutput =

timeplotoutput I 1] O

weboutput 2%
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i B MIHBIA ZidilliZ#2 2] Python JHIAS Ziill

|B RS EFS A

AFiHE ML IBM SPSS Modeler ' Python BIA 4w -5 IHRAIAR Zw il 2 [RI 22 702, FRHROLE S anfani [H A
TN Python ARG R, EATH, BIEHREFRME SPSS Modeler [HA2 IR Python fi 1113,

—RER
[HI AR FE TR AR E LEE THRERSAMOHA, REQS Lol
if...then...else...endif fl for...endfor) , 1EIHMIARGIERIT, FHHgEHIEFERER L,
£ Python fIAYRHIH, 4EdtE RN, It HIE TR —ZEIATAHE R —H A0 7481,

T SHIFIREG Python fURIIN, G55/ INVORIE, TEGWIRAST, [ tab ZEUERYTT ] RE S A SR 48 HERITT
BLKR—1E, (HE, Python IIARERGER, XERARRIXEATM G A RBIT,

74wl £ XX

BAIA bR SOE TR LTI ORASE, BN, TR TIIAR RSO . BN, FEIRRIA S5
o, ETRSORREEE, RXERE BRE FUEA AR A T RS R SR TIZ AR R

1£ Python BIAZw IR, AR LR SO@Id modeler. script #E DR R 72024, #Ian, Python Ji
ARA] DA DA AR 375 [R) PR T I B AR ()37 -

s = modeler.script.stream()

SRJE, AT DA IR [E] 0 SR8 5 i X A R L

i TS5 ERER
ARSI @, R EHAT B — (T DUR B SO TS (T S FF, fin:

connect 'Type':typenode to :filternode
rename :derivenode as "Compute Total"

Python fifi Fi il A IS E SCRR RO G (BB, RN 5R) Pl FHRYEREL, fBildn:

stream = modeler.script.stream()

typenode = stream.findByType("type", "Type)
filternode = stream.findByType("filtexr", None)
stream.link(typenode, filternode)
derive.setlLabel ("Compute Total")

EMERE
IBM SPSS Modeler Fi—%&5 FfSC FRITERE G2 1E Python JIA GRS B SMM L,  IXA] AR B AR
A SPSS Modeler [HIfIA A0 Python [iIA, PAfETE IBM SPSS Modeler 17 HH{#i A,

R 280: XFHEREMIHMAREIZ) Python BIZA 4RI HIBRET

[HRANAS il Python I il
B Bl 4 GELE]

R, N 0.003 ElE|




& 280: XFHARDIRHIZALRHIZ] Python B4R HIRIBRET (4k4R)

[FRAIAS il

Python JHIA gl

BAMSI ST E, fl4n ‘Hello’

GEG

T WEE ASCI PRI AT R I{E LA u 7E N
HIS, DABRTREAIZRRA Unicode,

W51 5FrFE, FHlan “Hello again”

GEC

TH: BEAE ASCII Y FAT B FHE{E LA u 7B
AIZ%, DAFRPRE(T#R34 Unicode,

KF1reR, filan

“""This is a string
that spans multiple
1ine5"""

GEIG

HF, Flan (1 2 3]

ARSI, fldlset x = 3

1THREET (\), Bl

set x = [1 2\
3 4]

PR, B

/* This is a long comment
over a line. %/

" This is a long comment
over a line. """

7R, Bt set x = 3 # make x 3

X = 3 4 make x 3

undef None
true True
false False

BEH

IBM SPSS Modeler H—2£45 I B AR @ 2 1E Python AR HIrh BE SRS, XAl AT B IE
SPSS Modeler IHIA R #28 Python A, PAETE IBM SPSS Modeler 17 H{#H,

& 281: EATHVIBMIZALREIZ] Python BZs4R I BIBRET

LIST1 + LIST2

[HRAIAS G il Python I il
NUM1 + NUM2 NUML + NUM2
LIST + ITEM LIST.append (ITEM)

LIST1.extend (LIST2)

NUML - NUM2 NUML - NUM2

LIST - ITEM LIST.remove (ITEM)
NUM1 * NUM2 NUM1 * NUM2
NUM1 / NUM2 NUM1 / NUM2
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% 281: IERFTHVIHBIALZESIZ Python I ZS4mHIRYBRET (4F4%)
[HIAIAS Gl Python [ il
/= I=
/==
X %% Y X %% Y
X <Y X <Y
X <=Y X <=Y
X>Y X>Y
X >=Y X >=Y
X div Y X//Y
X rem Y X %
X mod Y X %Y
and and
or or
not (EXPR) not EXPR

FHFEaMiEs

IBM SPSS Modeler Hi—2&5 S AFRITER G2 1E Python IRl A F @4,  IX AT DA B AL
H SPSS Modeler [HIfIA A0 Python [iIA, PAfETE IBM SPSS Modeler 17 HH{# A,

® 282: ZMHEAMEIFIBEIZASRSIZ] Python BIZ 4R HIBREY

[ FURANAS 2]

Python JHIA 2l

for VAR from INT1 to INT2

enafor

for VAR in range(INT1, INT2):

B

VAR = INT1
while VAR <= INT2:

VAR += 1

for VAR in LIST

enafor

for VAR in LIST:

for VAR in_fields_to NODE

enafor

for VAR in NODE.getInputDataModel():

for VAR in_fields_at NODE

enafor

for VAR in NODE.getOutputDataModel():
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® 282: ZFHEAMEIFNIBIZRSIZ Python BIZA4RHIRIBRET (4k42)

[HRAIAS 2 il Python [ il
if..then if ..
elseif.then elif .:
elge elge:
endEf
with TYPE OBJECT JERFRUIL
enawith

var VAR1 AN

3

FEIRIA w522 R Z B 2R T 7=, fln:

var mynode
set mynode = create typenode at 96 96

1E Python BAZw I, 2L RAEE O | FHNEATAE, Flan:
mynode = stream.createAt("type", "Type", 96, 96)
TEIHIA GRS, S A sBE BPRENZERNGIH, #ilan:

var mynode
set mynode = create typenode at 96 96
set "mynode.direction."Age" = Input

H5RNEIHAGRTIES —FE, £ Python BIAGEHIH, XASBLTRIE, HA0:

mynode = stream.createAt("type", "Type", 96, 96)
mynode.setKeyedPropertyValue("direction", "Age", "Input")

TR, WhRERE

TEIFMIA R I, SR RER (. M) @w e gem 78, flim, “RETTRER

derivenode 2£%!:
set feature_name_node = create derivenode at 96 96

Python H1fJ) IBM SPSS Modeler API X node J54%, FIL“IRAE"THEAAE derive KAL) Filn:

feature_name_node = stream.createAt("derive", "Feature", 96, 96)

[HRAIA il 5 Python RAIA il £ 22U 42 R rh O i — 22 e T BV D AR 2K,

BiE#

1 [HIAGm 1] Python BIARZw S, JEERAMHERA, Fla0, fEXRAEIAGmGIANES, TR HT R AT
EX S EREM N full_filename,
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TR5H

VP2 HIAA AR R FRE BRI R BT i, B, PHla < TS AR A R R
AR, ARG R RIS BT IR (B ) IREDVA, FH aail wBORE N ER (Wt
BIMAE)

set 'Type':typenode.direction."Age" = Input
set 'Type':typenode.direction."Drug" = Target

£ Python [IAZI, SAVCEAERT ANER, REEHAHTREREENELR, F1:

typenode = stream.findByType("type", "Type")
typenode.setKeyedPropertyValue("direction", "Age", "Input")
typenode.setKeyedPropertyValue("direction", "Drug", "Target")

H: fEARRI, "Target" MAH STEFERFHTISH,
A, Python BIA R # ] modeler.api #IFfIAH) ModelingRole K25,

HIR Python MIA Gl kA RTRE N BB, (HEREW SN EERBITINMERE, X2 E VB (T — IR
e FEIHBIAGHIREIH, R DR .

FAN, IEZFHZPRIRE R A (AT DAE YT SRR TR TR EE T mbsiR) o B, 7EIHIAYm ]
R

# id65EMPB9VL87 is the ID of a Type node
set @id65EMPB9VL87.direction."Age" = Input

PAT A 2R Python Bl o [R] — = 1] -

typenode = stream.findByID("id65EMPBOVL87")
typenode.setKeyedPropertyValue("direction", "Age", "Input")

RIFHIREREM

[AIIAZHIEH set S RIgEH, set M EIRAVIAIC A UBEME Lo UNIAIAER T MR RERTH]
TIREREERIAA R

set <node reference>.<property> = <value>
set <node reference>.<keyed-property>.<key> = <value>

1 Python IIAZRHIA, 3@ # %L setPropertyValue () fil setKeyedPropertyValue(), nJDASE
PRI —£55, .

object.setPropertyValue(property, value)
object.setKeyedPropertyValue(keyed-property, key, value)

TEIHIA GG, FTAEH get anS RSBV @ MEAE, Hlan:

var n v
set n = get node :filternode
set v = ~n.name

£ Python fHIA R, @4 FH R getPropertyValue (), AJDASEIR[FE—455, #l4n:

n
\

stream.findByType("filter", None)
n.getPropertyValue ("name")

btk B MIRIAAZwHIIER 2] Python A S| 409



YmAR

TEIHIA G, create i AT RIEH WAL, Hlan:

var agg select
set agg = create aggregatenode at 96 96
set select = create selectnode at 164 96

£ Python BIAGRHI, EAZROIET AR, Hld:

stream = modeler.script.stream()
agg = stream.createAt("aggregate", "Aggregate", 96, 96)
select = stream.createAt("select", "Select", 164, 96)

TEIHAGREIH, connect i Ml T O MU MRV EER:E, Hilan:
connect Aagg to Aselect

£ Python IAZR IH, link FAiEM T OIS MR, Hlan:
stream.link(agg, select)

TEIHMIAG SN, disconnect @ TRRE RZ RINVEERE, Bilan:
disconnect Aagg from Aselect

£ Python ISR HIH, unlink J7iEM TRREY R HAEER:, Hlan:
stream.unlink(agg, select)

TEIHIAZR G, position M T RUBAETRE A _L B M Uz [/, Bl

position "agg at 256 256
position ~agg between ~myselect and “mydistinct

£ Python fHIAgH, @ EHMNFARR L (setXYPosition fl setPositionBetween) , AJPA
SKHRE—S558, Bl

agg.setXYPosition (256, 256)
agg.setPositionBetween(myselect, mydistinct)

TIRRME

IBM SPSS Modeler Fi—2&45 FH I s @ S 7E Python IAZRHIF BA SIS, XA DUESB A G A
SPSS Modeler [HIARFH#8 Python IA, DA#ETE IBM SPSS Modeler 17 Hi#EH

& 283: TIRIR1FRIBRIALRHIZ Python RIZ<4m | HIBRST

[HIANA Gl Python JHIA il

reate n t x
create nodespec a y stream.create(type, name)

stream.createAt(type, name, x, y)
stream.createBetween(type, name, preNode,
postNode)
stream.createModelApplier(model, name)

connect fromNode to toNode stream.link(fromNode, toNode)
delete node stream.delete(node)

disable node stream.setEnabled(node, False)
enable node stream.setEnabled(node, True)
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& 283: TR ER AR ARSI R Python BIZS 2w ROBRET (4k4E)
[HRAIAS 2 il Python [ il

disconnect fromNode from toNode

stream.unlink(fromNode, toNode)
stream.disconnect(node)

duplicate node node.duplicate()

execute node
stream.runSelected(nodes, results)

stream.runAll(results)

flush node node.flushCache()

position node at x y node.setXYPosition(x, y)

position node between nodel and node2 |node.setPositionBetween(nodel, node2)

rename node as name node.setlLabel (name)

1BIF
TEIFRAIA R, SR N ARG :
o« WEAEIS, TERLAERA T, TR EAEM N REEGEE R TR E),
o FPHEIR, WABIAMER S TIED, DMER S ATESERIIE LR,
DA BAIAS 2 [ AR 25 1) 9 T HESAE EAR 81

for i from 1 to 10

println Ai
endfor

DA BAIAS 2 [ AR 25 1) 9 e SR AR 81

var items
set items = [a b ¢ d]

for i in items

println Ai
endfor

G34b, AT AE A AT AR A

o ARG AR R ARSI i % AR R P TIR ARG

o XHEANEUE T R T BT

Python ARG IS SRR RIATIEEA, DL RIASE Python BAIA Gl H B HHEUEIA R B -

i=1

while i <= 10:
print i
i+=1

PATBAIASZE Python BAA Gl (9 5 I B AR

items = [Ilall' Ilbll' “C“, Ildll]
for i in items:
print i
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FHVEIAER RIG, I HAES IBM SPSS Modeler API A& GG, MIEIRA] X2 MHIAGRSI A, AT
TREIERAA S A Python A S &l FH G 2 FIIEEAHE B 15 s i B AT IR

node = modeler.script.stream().findByType("filter", None)
for column in node.getOutputDataModel () .columnIterator():
print column.getColumnName ()

S
TR

PATHHDIAE, 2B RAL B O SO AR B R — D RE e, IS, AR
ZEH AP R, BE A H 9 U TR B A R

1 Python H, BUTIRAVEFEAFRE . BT A BRI B A H R DA I8 2 T R £ 21 2R 2R [,
IX 15 ] DASE AR AR (AR T 45 SR

[HRIA Gr il SR NI =R T a2

« execute_all, FTHATIRH BTG AT EA T80 1T o

« execute_script, ATHITIRHA (SHAPITIIZETLX) .

- execute node, FFHUTIEEIIT o

Python 1A G il S —2H 2R AL R :

« stream.runAll(results-list), HATHITIRAMIFTAE RIS T T o

« stream.runScript(results-list), HTFHITHAA (SHAPITINRETLR)

« stream.runSelected(node-array, results-list), AT SRIREIRFHITIEEN—HTT
==

YWO

« node.run(results-list), HATHPITIEERIT R,
TEIHMAH B DL A rEREEURIL I exit mid k& EmdT, Hilan:

exit 1

£ Python BIAZwHIF, {8 DA IAA AT SeEf A — &5 2R :

modeler.script.exit(1)

B X RS HTEEEEHRIRTR

FEIRIA IR, ] DA open an0FIDTFELA T, BRI TR, Fildn:

var s
set s = open stream "c:/my streams/modeling.str"

£ Python iIASHIH, FE— DA MNRIEEITVIRIE TaskRunner 3¢, F HiXPMIEATH T HUTRLIIE
%5, fan:

taskrunner = modeler.script.session().getTaskRunnex ()
s = taskrunner.openStreamFromFile("c:/my streams/modeling.str", True)

FEIHIIAGR G, ZRGFNR, A CAE save <, Bilan:

save stream s as "c:/my streams/new_modeling.str"
R Python BIA 75 15444 ] TaskRunner 2§, fil4n:

taskrunner.saveStreamToFile(s, "c:/my streams/new_modeling.stx")
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£ IBM SPSS Collaboration and Deployment Services Repository FI/ETE [HII AR HIHiET retrieve
fl store =¥, Hlun:

var s
set s = retrieve stream "/my repository folder/my_stream.str"
store stream s as "/my repository folder/my_stream_copy.str"

£ Python fEIAg I+, wTDOEIE S5 STERERAI7 6 X RIS RE, B4n:

session = modeler.script.session()

repo = session.getRepository()

s = repo.retrieveStream("/my repository folder/my_stream.str", None, None, True)
repo.storeStream(s, "/my repository folder/my_stream_copy.str", None)

Ve 7 T IV SR A 28017 DR VBT T L
TR(E

IBM SPSS Modeler Fi—L&% FH IR E @ S AE Python A S BE S M S, XA DSBS E
SPSS Modeler [HIfIA#:44 Python iiAR, PAETE IBM SPSS Modeler 17 H{#H,

& 284 TIR(ERVIBRIZASRHIZ] Python B ZS2k HlBYBRES

[HIAIA Gl Python I il

create stream DEFAULT_FILENAME taskrunner.createStream(name,
autoConnect, autoManage)

close stream stream.close()

clear stream stream.clear()

get stream stream TCEERI

load stream path TR

open stream path taskrunner.openStreamFromFile(path,
autoManage)

save stream as path taskrunner.saveStreamToFile(stream,
path)

retreive stream path repository.retreiveStream(path,
version, label, autoManage)

store stream as path repository.storeStream(stream, path,
label)

1REEYRME
IBM SPSS Modeler Ai— 45 FRRIEE T 2 1E Python ARG R B H@ <, XA AT BB BIE
SPSS Modeler [HIARF#8 Python A, DI#ETE IBM SPSS Modeler 17 H i,

7% 285: 1RAUREN BRI AR HIZ] Python B4 il HYBRET

[HIEA 2Rl Python JIHI A%l

open model path taskrunner.openModelFromFile(path,
autoManage)

save model as path taskrunner.saveModelToFile(model, path)

retrieve model path repository.retrieveModel (path, version,
label, autoManage)
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I 285: IREURIFRYIBRI AR HIE] Python BIZS 4w BOBRET (4F4%)

[FRAIAS il

Python JHIA 2l

store model as path

repository.storeModel (model, path,
Label)

iS5t iR(E

IBM SPSS Modeler Hi— 5 B SR HH i E a2 1E Python BIARZw I AR BE @GS, XA AR B R
A SPSS Modeler [HIA S8 Python IA, PAETE IBM SPSS Modeler 17 H i,

R 286: X1k R IERY BRI ARG E] Python B ZS 4w I BYBRSY

[FIRAIAS Gl

Python JI4 2l

open output path

taskrunner.openDocumentFromFile (path,
autoManage)

save output as path

taskrunner.saveDocumentToFile (output,
path)

retrieve output path

repository.retrieveDocument (path,
version, label, autoManage)

store output as path

repository.storeDocument (output, path,
Label)

|HE 74wl 5 Python 24wl Z BBV HAAE R

[HIIALR S AL PR IBM SPSS Modeler TAERYSZRF,  Python AR gl =4 BT AR I S0
[HIAAR R AL 7 HAPEAREN R (RAEAIRIAES) BI5KFf. IBM SPSS Modeler 8.0 JEHIMAS AR

RSN R,  Python BIAZRHIASTHHRE N R,

Python JlIAZwHITEAE T RNHIFTANZHRE, [HRIAZHHARIZ X LETRE:

- R EE X

o FHIRALTE

- BRIVt SR
o HNERREAN S =TT Hi R
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eI ]

ARG ERNEEER AR ARG W E Y, IBM AIRERIRELHMIE S TE AR, (B2, ArReHRE
A ZIE S B ShBI AR fARA, A REXSHIEAT I,

IBM A] RETE HoA [ 5 sl X AR EASCAY I IR B i, IRSSEINRE. A SRAEPITE X I8 AT A] RIS A Al
ARSSHIEE, BN IBM RRE I, (EMX IBM /=5, BPeiiss 5| FHIFER RS R L6
1 IBM 7 dh. BRPEUiRSS, HEAMRIC IBM BYRTRF I, AEMIFESEIRERT M. P eiRss, #RATLA
U IBM i, BB aiiRss. B2, THEFIRIEEE IBM 5, B eEdRss, WBHP BT

IBM AIREE A BUEAEHIE S A SN RHIRTL A, SREASHREHFAEWRE T T P X LA
EIYFRT,  fEn] ALAR IR 2RV rl & 31

IBM Director of Licensing

IBM Corporation

North Castle Drive, MD-NC119
Armonk, NY 10504-1785

us
ﬁiﬂ?ﬁ“ﬂ" (DBCS) 5 BRI &, 1BESEAEERSHIX A IBM AR AGRI TR, s BHEE G E
WZFE:

Intellectual Property Licensing

Legal and Intellectual Property Law

IBM Japan Ltd.

19-21, Nihonbashi-Hakozakicho, Chuo-ku
Tokyo 103-8510, Japan

INTERNATIONAL BUSINESS MACHINES CORPORATION“tZHIR" R EAR ARy, AMEEMFZRE (it
RIS SH) FIE, SEIEEARR TR SIERIMRN, EHEANEH TIRARE FIRRIE, HLs
BRI R R G AN R R BRI B S S AR IE, RIS &3] REANIE F T1E,

A B REE S FR T H A HER A T s ERIEE 1R, RIS RIS E A R X O gm AR
WA, IBM AT DARERS G A B R AR R (4 7= i f SR e A T RO8 RN /8B 0, AN S AT IE A,

AAG B E IBM Web 3l sSBEAR5 &SRR T 7 ER WA TR, ANDUEA] 77 378 4 X ARLE Web bl £
IRIE, ARLE Web 3l s ATERIAE AR IBM P2 iE R —E8 5, (HFARLE Web wh s R0 XU & 5
(ESi=n

IBM A] DA BN IE 24 T An] 75 2 A5 F o0 &2 S8 AR A AT AR S R T TE O S A 4B T Am] 54T

AR AR E TiE R2ERFNERE LIS FEM: () RFEM lENERmEMER (f4E
AREF) ZEHTE B, DA (i) R Css#ii)s BT HE R, 155 RIS

IBM Director of Licensing

IBM Corporation

North Castle Drive, MD-NC119
Armonk, NY 10504-1785

us

HEGESHE Y ISR, BRAEEEE TR —E 8@ A2, #RARISX 7T A E R

ARG R A VF AT RR e A HL BT A AT IR VR AT SRS B IBM R3S IBM & A R, IBM EIRRAR 7 R Al il el
(EAAIR SR AR A Sk

A5 | P ERERURER 22 PR BB ATIR,  SEPRAIPERESS SRl RES IR E FIEC B AIISE SR A T 5o

W R AF 1BM 77 {5 B2 XL SN R, © Rk BB A AT AT RIS RI BRI R, 1BM A Xt
XL A TIN,  ICIEA AR RERREIATE, SR e HeAR S TF IBM P~ SEIA I, A% dFE IBM
77 i PERE Y AN, 5 (A1 27 S AN R 32 H

KT IBM AR T TSGR A A A AT AT BER S el |l MASBATIEAL, B UXIGRR T BRI e,



AEEREEH WA SRR BIERIR G RRE, N TR ATREE R IR LR, REIFATRES
BN Al SRR AR, TR RN, 55K ASLS EAEE, SR A,

Etn

IBM. IBM #FRF1 ibm.com & International Business Machines Corp., 15 & BRVF 22 8 5 X I i O i pR et ik
bR, HAthr= SRR S A FRAT 2 IBM s A AR EFR, IBM RARATSRATYIZR ] M Web _LfY
“Copyright and trademark information”4b4£1%, WiE29: www.ibm.com/legal/copytrade.shtml,

Adobe. Adobe #tr. PostScript PAK PostScript #4772 Adobe Systems Incorporated 1E3EE 1,/ B H At
] R B X A T AR B R A

Intel, Intel ##R. IntelInside. IntelInside kR, Intel Centrino. Intel Centrino #{fR. Celeron. Intel
Xeon. Intel SpeedStep. Itanium Al Pentium /& Intel Corporation B¢ 3 7-/\ ] 75 35 [F o H At [ S sl X [
[EL AN RE S N EL S

Linux 4 Linus Torvalds 732 [EF1\ sk = 1 [F 52 sl H X I E R RS bR,

Microsoft, Windows, Windows NT I Windows 7/ Microsoft Corporation TE3&[E 1/ H fth[E 5 B [X
AR

UNIX J& The Open Group 7F3& 1 H [ 5 sl [X A7 bR
Java FIFTE ET Java HIFEHRAIERE Oracle /5 H /A TR FREE A & FRo

eSS

ARIE LU S M - 4R 371X 22 e 56 FR P RTAR

&SRt
IXEE LTRG-S RT IBM Web 3 s B A (0] {68 FH 25 3R AR 72

TAER

T DI RS HIRRII A AAERLPERER], (AR & A A, K2 IBM IR, SR
DS RS e ok LR HL o (5 T € e

A fER

AL ATAE BRI NERE S, R RIXE DY), (HATTE2RETE T ARE, KR 1BM BIRHE I,
fj’.’iﬁ%ﬂ%ﬂﬁﬂ@ﬁ%ﬁﬁ&%ﬁ@?ﬁ%@%, BB ERERI R INRE IL, 70 2 BRI 2 il P s H A A AT
/4

F

FRAEARVF IR T, SNAER T IXE RS EPEESIHERER. B8, RS ARIR R
HHEMVFAIAL, WFRlIESAR],  TCie B RIS & 1,

HEE IBM A NiX e BRI AOME FH S EHARSEE IBM HERIEFEST FidERER, IBM EERREGEEA
AT IR,

HEEE2BIEFTEIEAIERMZEN, SErEREEE CIAEAEM, EA R DITE, HOsEH %
sy

B/oho

IBM X IXEE RPN EAEEFIRIE, XL AR TE IR Fe 4, AMPAEMFMER CoieZ2inrice
FE ) PRIE, SR EARTRESHAIGEHME, AHMRANE M T 5 R E FIR R RIE,
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Special Characters

A RS
TR 99
R
R 92
ST P £
R 177

G317 R
R 169
SR R
1 339
SRR 5
Bt 192
TR
&1 296
B3R
R 114
TR R
&1 105
4
TR 344
P
TR 1 346
o - TR 5 £
R 266
o i e R 5 5
JE1E 109, 121
oINS TR 5 SR M 109
g A o
B 113
RS
1 368
RGN
1 86
g R T
AR 216
“f R
R 342
SR 1 5 5
Bt 128
SR A 51
AR R 122
B &
&1 351
DL 1 £
&1 350
DL
R 93
“EE AL
R 131
YRA R
[ IRED)
S
&1 106
“BX 53
R 111

“UPERPRE" T
JE M 150
“EE A
&M 340
“REARAT RS,
B 118
“EHAES
B 176
BT
B 148
“REEI S
B 157
BT RS,
B 105

“IBM SPSS Statistics 5 H{" ¥ 5

B 379
“R A5 A,

B 117
“RAGHE" I 5

T S I AR G 1] 14 202
“TWC SN ET A

B 97
et

TR 45, 58
W

Bt 348
DS o) 25 A5 75

TR gl 14 201, 298

ik 16
S
&1 356
it
B 13
ST 30
FRIR 17
bRk
SAfTEER 55
&% Mk 60
R o
JE 1 354
RINARTH 47
S8
155399
B 13
BT 26
RO
28399
W% 1,4,5,25
A E 399
i 25
R M 399
&1 399
(LS 17

Q% % 28-30
Q%K 21
B kA

JEA il 46

#3| 417



R 17
BAZK SYM T S
JE M 385
ST A
T R AR g 359
BERERE
JEIAS R EITEER 7
R T
JHIA R ETEER 6
EIf Web 7 /5
B 187
TE X5 22
ENFK 21
TE BN 22

Z B AS A
T R A gl 1 291, 311
RERTT -
T HAL R 58
U ETR7R AR RERES
RN 47
JSON WAEAY 50
XML WA 48
4 ASCII F£F 20
ST o
B 136
X R
JE1E 146
TR AT A
J@ 1% 381, 385
[E] 7 SO R
JE 1 88
Ve iy Tt
T R A g il Jg 1 222, 303
T R -

M55 405
TR 410
iRl 413
R 413
ZF1B4A] 407
AN HR(E 414
¥ 405
&R 407
BETT 406
8 405
Iy
IINEMA 45
jei e gy
T S I AR G 1) 14 189
[N
171
MRS 1
BRERT7
B
AT 5,
T8
83K 5, 6
JHIARYRE API

6
8

A Y%S API (4k5z)
B RS 38
REEEER 37
FESLIA 41
2 41
VRMEARNER 36
2ESE38
IKEE R 33
i 33
MSE 38
2JEfHE 41
il 33
%33
JTLEUE 34

FHIA G i
B R 1, 25
MAAT 46
IR 46
BT E 7
ERCHEF 6
MSZRHA 1, 25
HEA 1, 13

IHRAgRH 405-407, 410, 413, 414

A ABEE 5, 6
i1, 25
WHRATIBU 43
LFX%25

S 1 339
A4S 62
RHIE YRR 4
SIFRIT 5, 8
SR 63
4% 25

[ 5 55 167
EFETR 8

e 4
T 9
HhlkT 9

Python fiilA4l 405-407, 410, 413, 414

SuperNode i 25

S 30

BERE T4 29

47551 401

B RERE T 29

ik 30

i 30

{2431

TEIIAR AR 43

R S
S 14 359
R 189
HUTIEE 295

SRR 61

B Fea

N W S AR M 213, 300

S AR R 295
KA

&1 159
IEARE S
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PSR R (AR5

JE1E 145
[Pz

T R BA gl Jg 1 290, 311
5% 14 -

i
ZHEAML 61

fH AR 1, 25

B 65

M7 5,8
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